
HAL Id: hal-05508518
https://hal.science/hal-05508518v1

Preprint submitted on 13 Feb 2026 (v1), last revised 20 Feb 2026 (v2)

HAL is a multi-disciplinary open access archive
for the deposit and dissemination of scientific re-
search documents, whether they are published or not.
The documentsmay come from teaching and research
institutions in France or abroad, or from public or pri-
vate research centers.

L’archive ouverte pluridisciplinaireHAL, est des-
tinée au dépôt et à la diffusion de documents scien-
tifiques de niveau recherche, publiés ou non, émanant
des établissements d’enseignement et de recherche
français ou étrangers, des laboratoires publics ou
privés.

Distributed under a Creative Commons CC BY-NC-ND 4.0 - Attribution - Non-commercial use - No
Derivative Works - International License

Algorithmic Reckonings: Artificial Intelligence, Ethical
Imperatives, and the Contested Future of Historical Memory

Hind Bouchareb, Frédéric Jurie

To cite this version:
Hind Bouchareb, Frédéric Jurie. Algorithmic Reckonings: Artificial Intelligence, Ethical Imperatives, and the
Contested Future of Historical Memory. 2026. ⟨hal-05508518v1⟩

https://hal.science/hal-05508518v1
https://creativecommons.org/licenses/by-nc-nd/4.0/
https://creativecommons.org/licenses/by-nc-nd/4.0/
https://creativecommons.org/licenses/by-nc-nd/4.0/
https://hal.archives-ouvertes.fr


Algorithmic Reckonings: Artificial Intelligence, Ethical
Imperatives, and the Contested Future of Historical Memory

Hind Bouchareb and Frederic Jurie
University of Caen Normandie

February 13, 2026

Abstract

Artificial Intelligence (AI) is rapidly transforming research paradigms across all
of historical inquiry, presenting both unprecedented opportunities and profound chal-
lenges. This paper investigates these complex implications through the specific and
revealing lens of the History of Memory. As a subfield focused on how societies con-
struct, contest, and make meaning of their pasts, it provides an ideal framework for
analyzing AI’s role not just as a research tool, but as an active agent in memory pro-
duction. By examining this dynamic, the paper addresses fundamental questions of
evidence, authority, and ethics that, while explored through memory studies, are vital
to the broader historical profession.

The paper dissects these core ethical issues, examining specific AI use cases—such
as natural language processing of testimonies and generative AI for synthetic mem-
ory objects—to illustrate their dual-edged nature. This analysis is further nuanced
by considering the performative turn in AI studies, recognizing AI not merely as a
representational tool but as an active agent in shaping how the past is remembered
and understood, thereby shifting mnemotechnic values [106]. It further explores how
AI reconfigures the politics of remembrance and the evolving role of the historian, ac-
knowledging that machine learning technologies are already impacting how we craft and
interpret the past [84].

Ultimately, this paper contends that responsible engagement with AI in Historical
Memory necessitates a proactive approach. By fostering critical wisdom and ethical
stewardship, historians can harness AI’s capabilities to enrich understanding and pro-
mote inclusivity. The future of memory in the algorithmic age hinges on the conscious
choices made to navigate this new terrain with the scholarly integrity and ethical re-
sponsibility required of all historical practice.

Keywords: History of Memory, Artificial Intelligence, Ethics, Digital Humanities, Collec-
tive Memory, Cultural Memory, Algorithmic Bias, Algorithmic Governance, Digital History,
Performativity.
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1 Introduction: Memory’s New Mirror – Reflecting Pasts in
the Age of AI

The study of the past is perpetually in dialogue with the present, not only in terms of the
questions asked but also the tools employed. The rapid ascent of Artificial Intelligence (AI)
promises to revolutionize historical research, offering unprecedented tools for analysis while
simultaneously posing profound ethical challenges. However, to fully grasp the nature of this
transformation, we must look beyond AI’s function as a mere analytical instrument for the
historian. This paper argues that the most revealing arena for examining AI’s impact is the
specific subfield of the History of Memory. By focusing on this domain, we can understand
AI not just as a new tool for*doing history, but as a powerful new force in the very making
of history and memory that societies live by.

To clarify this distinction: historical research, in its broadest sense, is the critical dis-
cipline of reconstructing and interpreting past events based on evidence. In contrast, the
History of Memory (HoM), which emerged prominently in the 1980s, shifts the focus from
“what actually happened” to how pasts are perceived, constructed, represented, and mobi-
lized in different social contexts [80, 123]. Drawing on the work of scholars like Maurice
Halbwachs and Pierre Nora, HoM investigates the social frameworks of collective recall, the
power dynamics of silencing and remembrance, and the creation of symbolic ‘lieux de mé-
moire‘ that anchor a society’s identity [75, 121, 175]. This subfield is therefore uniquely
equipped to analyze the rise of AI, because AI systems themselves are becoming powerful
new agents of memory production. They do not simply analyze the past; they generate
narratives, simulate experiences, and curate information, thereby actively shaping how the
past is understood. The core ethical dilemmas of AI—bias, misrepresentation, power, and
the construction of authority—are the very same themes that have animated the History of
Memory for decades. This paper therefore uses the History of Memory as a critical lens to
dissect AI’s impact, contending that while our focus is specific, the questions raised about
evidence, interpretation, and professional ethics have crucial implications for the entire his-
torical profession.

The scholarly community is beginning to grapple with these profound changes. In a
foundational contribution, Schuh [160] theorizes AI not merely as a tool, but as a new
form of "artificial memory" itself, arguing that its "analogical" logic of generation marks a
fundamental departure from the "archival logic" of traditional repositories. While Schuh’s
work provides a vital theoretical diagnosis of this new memory agent and its governance
challenges, this paper takes a different, though complementary, approach. Our focus is less
on the ontology of AI-as-memory and more on the direct, practical, and ethical consequences
this shift entails for the historical profession. By using the History of Memory (HoM) as
a critical lens, we aim to develop a tangible framework to guide historians, archivists, and
educators as they navigate the perils and potentials of their evolving craft.

However, this article argues that we need to move beyond a purely representational
understanding of AI’s role. Drawing upon the work of Matei [106], we contend that AI,
particularly generative AI, is fundamentally changing the nature of collective memory by
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shifting history from an object of media representation to an object of algorithmic perfor-
mativity. This "performativity turn" necessitates a re-evaluation of existing ethical frame-
works and the development of new guidelines that address the unique challenges posed by
AI’s active role in shaping historical narratives. The logic here extends the concept of "pro-
cedural rhetoric," which argues that computational systems persuade and make arguments
not through text or images, but through the very rules and processes they enact [21]. In
this light, an AI model is not just representing the past; its algorithms are performing an
interpretation of it, embedding choices about what matters, what to connect, and what to
foreground. Addressing the unique challenges posed by this active role in shaping historical
narratives is therefore a central task for the profession. While AI offers unprecedented op-
portunities for historical research, Kansteiner [84] cautions against the uncritical belief that
Large Language Models (LLMs) can fully automate the production of knowledge or replace
the nuanced judgement of historians. The discipline must remain wary of issues such as his-
torical accuracy and a variety of additional complex variables, including environmental and
social factors. Moreover, the rise of powerful LLMs offers historians a new conversational
approach for exploring historical data, though challenges related to their training data and
potential biases must be carefully considered. As Garcia and Weilbach [61] demonstrate,
LLMs augmented with specialized academic sources can provide accessible and effective
research assistance, prompting a reevaluation of traditional research methods.

1.1 The “Why Now?” Factor: A Confluence of Memory and Machine

The current moment is particularly ripe for an inquiry into AI’s role in historical memory.
Several converging factors underscore this urgency. Firstly, there is an undeniable societal
and academic preoccupation with memory, often termed the “memory boom” [186]. This
"memory boom" is also fueled by a paradigm shift confronting memory institutions, partic-
ularly in Europe: the imminent loss of the last living witnesses to the major conflicts of the
20th century. For history and memory museums, the question of how to fill the void left by
the subjective and embodied voice of survivors has become a central challenge. Faced with
the political and societal imperative of the "duty of memory" (devoir de mémoire), which
demands ever more engaging forms of transmission, Artificial Intelligence is seen as one of
the few solutions capable of preserving the pedagogical power of personal testimony. It offers
the promise of a mediation that simulates a human interaction, thus responding to the need
to make History more personal and accessible to new generations. From debates over na-
tional monuments and historical apologies to the proliferation of museums and testimonial
archives, societies globally are grappling with how to remember, represent, and reckon with
their pasts. Secondly, the capabilities of AI, particularly in areas like deep learning, natural
language processing (NLP), and generative models (e.g., LLMs), have advanced at an aston-
ishing pace [69]. These technologies are no longer confined to specialized scientific domains
but are increasingly accessible and applied within digital humanities research, offering new
ways to process and interpret vast quantities of historical data [14, 168]. Thirdly, the digiti-
zation of historical sources (whether manuscripts, prints, images, recordings or artifacts) has
created immense datasets that are often too large for traditional humanistic analysis alone,
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making computational approaches, including AI, increasingly attractive and, in some cases,
necessary [140, 51]. This confluence creates both unprecedented opportunities for memory
studies and significant new responsibilities for scholars engaging with these powerful tools.

1.2 Defining the Terrain: History of Memory as Critical Inquiry

To understand the implications of AI, we must first delineate the field it seeks to engage: the
History of Memory (HoM). Emerging prominently in the 1980s, HoM shifts the focus from
simply reconstructing “what actually happened” to examining how pasts are perceived, con-
structed, represented, and mobilized in different historical and social contexts [80].Répétition
d’une phrase utilisée plus haut Drawing on foundational work by sociologists like Maurice
Halbwachs, who emphasized the social frameworks that shape individual and collective re-
call [75], HoM scholars investigate memory not as a passive mirror of the past but as an
active process of selection, interpretation, and narration. Pierre Nora’s concept of lieux de
mémoire (sites of memory) highlighted how modern societies, supposedly having lost or-
ganic “environments of memory” (milieux de mémoire), actively create sites—monuments,
archives, commemorations—to anchor and articulate collective memory [121]. This field is
inherently critical, attuned to the power dynamics involved in memory making: what is re-
membered, what is forgotten (or silenced), by whom, and for what purposes [175]. Cultural
memory, as explored by Jan and Aleida Assmann, further distinguishes between commu-
nicative memory (everyday, short-term) and cultural memory (institutionalized, long-term),
which is mediated through texts, rituals, and monuments, forming a society’s understanding
of its foundational past [6]. It is this complex, contested, and power-laden understanding of
memory that AI now confronts.

1.3 Defining the Tool: Understanding Artificial Intelligence in a Human-
ities Context

Artificial Intelligence, in its contemporary application, refers to computational systems de-
signed to perform tasks that typically require human intelligence. For the purposes of this
paper, key AI subfields include: Machine Learning (ML), where systems learn from data
without being explicitly programmed, encompassing supervised learning (learning from la-
beled data) and unsupervised learning (finding patterns in unlabeled data) [153]. Natural
Language Processing (NLP) enables computers to process, understand, and generate hu-
man language, crucial for analyzing textual archives of memory. Computer Vision allows
machines to interpret and understand information from images and videos, relevant for
studying visual cultures of memory. More recently, Large Language Models (LLMs) and
other Generative AI models have demonstrated remarkable abilities to generate novel text,
images, and even code, opening new avenues for creating representations of the past, albeit
with significant ethical considerations [9]. It is crucial for humanists to understand that AI
systems are not sentient entities possessing understanding in a human sense; rather, they
are sophisticated pattern-recognition and prediction tools, whose outputs are fundamentally
shaped by the data they are trained on and the algorithms that govern them [37].
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1.4 Thesis Statement & Argument Roadmap

This paper argues that while artificial intelligence offers transformative tools for exploring,
analyzing, and even generating representations of historical memory, its integration into the
field necessitates a profound ethical reckoning and a critical recalibration of historical prac-
tice. AI does not merely offer new methods; it has the potential to reshape the very nature of
memory practices, the epistemological foundations of historical claims based on its outputs,
and the power dynamics inherent in the construction and dissemination of past narratives.
This performative dimension of AI [106] requires that, without critical engagement, AI risks
amplifying historical silences, entrenching biased interpretations, creating new forms of dig-
ital misrepresentation, and undermining the historian’s role as a nuanced interpreter of the
past.

To develop this argument, this paper will proceed as follows: Part I, “Reconfiguring the
Archives and Narratives of Memory,” will examine AI’s potential to expand the scope of
memory studies and delve into specific use cases, from textual analysis to generative AI,
while simultaneously highlighting the fundamental ethical challenges related to bias, au-
thenticity, and privacy. Part II, “The Algorithmic Politics of Remembrance,” will explore
how AI intersects with power dynamics, focusing on issues of control, algorithmic canon-
ization, manipulation, and the tensions between the “right to be forgotten” and the “duty
to remember.” Part III, “The Historian’s Evolving Craft,” will consider the changing role
of the historian, emphasizing critical AI literacy, interdisciplinarity, and the responsibilities
associated with archival practices in an AI era. Part IV, “Towards Ethical Stewardship,”
will propose a framework of points to consider for the responsible use of AI in History of
Memory research, advocating for proactive professional engagement and illustrating these
points with case studies. Ultimately, this paper contends that navigating the algorithmic
age requires historians to be not just users of AI, but its critical interrogators and ethical
guides, ensuring that technology serves to enrich, rather than erode, our understanding of
the multifaceted pasts we inherit and construct.

Part I

Reconfiguring the Archives and Narratives
of Memory: AI’s Potential and Perils

2 Expanding the Scope: AI’s Potential and Positive Applica-
tions

The advent of sophisticated Artificial Intelligence tools offers the field of History of Mem-
ory unprecedented opportunities to expand its analytical scope and deepen its inquiries.
For a discipline that grapples with vast and often diffuse traces of the past—from extensive
archival collections to the ephemeral digital footprints of contemporary commemoration—AI
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presents capabilities that can augment, and in some cases transform, the historian’s tradi-
tional toolkit. This section will explore several key areas where AI’s capacity to process,
analyze, and represent memory at scale can make significant positive contributions, illus-
trated by real-world applications.

2.1 Analyzing Vast Textual and Visual Corpora at Scale

One of the most immediate benefits of AI is its ability to process and find patterns within
datasets of a magnitude that would be prohibitive for individual researchers or even large
teams [104]. This enhanced scale and efficiency in analysis allows for the processing of
millions of words or images far more rapidly than human researchers. For instance, tasks
previously unimaginable, such as analyzing the entire digitized archive of the USC Shoah
Foundation’s testimonies or the vast digitized newspaper archives described by Terras [172]
and Robertson and Zaragoza [146] for recurring themes, become feasible [152]. Transfer
learning methods are improving the ability of Named Entity Recognition (NER) models
to decipher historical texts, even with scarce annotated data and language variations [88].
Similarly, computer vision techniques enable the large-scale analysis of iconographic trends
by training models to identify specific symbols across thousands of images, allowing quanti-
tative tracking of shifts in the visual language of public memory [105].

A prime example of this is the Living with Machines project, a collaboration between
historians and data scientists that used AI to analyze historical newspapers and other textual
sources from the 19th century [1, 171]. By employing Natural Language Processing (NLP),
the project uncovered new patterns in industrialization, labor, and social change, providing
fresh insights into the social and economic impacts of the Industrial Revolution in Britain
[171]. Similar efforts to create large-scale structured databases of historical news, like the
Newswire dataset, aim to facilitate diverse research but also highlight the need for careful
consideration of inherent biases [163].

2.2 Identifying Latent Patterns and Uncovering Hidden Connections

Beyond simple keyword searching, AI can facilitate more nuanced analyses. Sentiment
analysis tools, while requiring careful calibration, can offer insights into the emotional tenor
of texts related to specific memories [98, 114]. Topic modeling algorithms like LDA can
uncover latent thematic structures or narrative frames within document sets that might
be missed by close reading alone, allowing historians to map the conceptual landscape of
memory discourses [19, 83]. In the visual domain, AI can aid in the detection of stylistic
evolutio [117], analyzing features in art or photography to identify stylistic clusters and
trace evolving conventions in commemorative art [48]. This allows historians to use NLP
to track the evolution of public discourse surrounding specific historical events, revealing
shifts in commemorative language over time [72]. In the same vein, LLMs are now being
used to assist research directly, with frameworks like HistoLens [189] combining NER and
knowledge graph construction, and COSMOS [190] extracting life trajectories.
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In the visual domain, AI can aid in detecting stylistic evolution, analyzing features in art
to identify stylistic clusters [48], or using Content-Based Image Retrieval (CBIR) to uncover
visual connections between disparate records [40]. Foundation models are now also being
used to create image datasets directly from historical documents [74]. Furthermore, network
analysis, powered by AI algorithms, can map and visualize relationships between individuals,
organizations, texts, and concepts within a memory field [148]. This can illuminate hidden
power structures, the flow of ideas, or connections between disparate actors in a social
movement [148, 22]. Combining AI with GIS also enables geospatial analysis of memory
sites, examining their spatial distribution to understand the formation or contestation of
memory in specific regions [71].

2.3 Enhancing Accessibility, Discovery, and Preservation

AI holds significant promise for making memory archives more accessible, discoverable,
and durable. Advanced semantic search functionalities can help researchers and the public
navigate vast digital collections more effectively [165], while AI-driven tools can automate
the creation of detailed metadata, tag content, and suggest connections between disparate
archival items, potentially uncovering forgotten voices [33, 143]. AI can also connect dis-
parate archival holdings through linked data initiatives, helping researchers trace individuals
across institutions [78]. For audiovisual archives, AI-driven automated transcription and in-
dexing can dramatically increase searchability [93]. AI-powered translation tools, while
imperfect, can begin to break down linguistic barriers, facilitating comparative studies of
memory across different cultural contexts [27, 89, 54].

The Transkribus platform is a widely adopted successful example, using AI-powered
Handwritten Text Recognition (HTR) to transcribe and make accessible vast collections of
historical documents. By allowing users to train custom models, it tailors the transcription
process to specific historical contexts, and has been instrumental in digitizing sources like the
Archives of the Spanish Inquisition [138, 64]. In the realm of preservation and reconstruction,
the Rekrei project uses crowdsourced images and AI to digitally recreate cultural heritage
sites and artifacts destroyed by conflict or natural disasters. It provides a powerful tool
for preserving cultural memory and fostering global awareness of heritage loss by offering
virtual access to lost treasures from the Mosul Museum or the Notre-Dame Cathedral [144].

2.4 Generating New Forms of Engagement and Interpretation

The rise of generative AI opens a new frontier for actively creating novel representations
of and interactions with the past. This technology enables new forms of engagement and
potentially historical empathy through tools like interactive chatbots "embodying" historical
figures or AI-generated first-person narratives based on historical data [86]. These tools can
foster different kinds of intuitive grasp of past perspectives, assuming careful design.

A landmark example of this new form of engagement is the USC Shoah Foundation’s
"Dimensions in Testimony" project. This initiative uses AI to create interactive biographies,
allowing museum visitors and students to ask questions and receive real-time responses from
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a video projection of a Holocaust survivor. By drawing from a vast database of pre-recorded
interviews, the system creates a compelling illusion of a live conversation, fostering a powerful
sense of personal connection and historical empathy. This innovative approach promises
to preserve the pedagogical power of survivor testimony for future generations, long after
the survivors themselves are gone. While ethically complex—a point we will return to—it
represents a profound shift in how we might engage with personal memory and difficult
pasts.

This approach is not limited to the memory of genocide. A similar and innovative project
has been implemented at the Lewarde Historical Mining Centre in Northern France. The
"À la rencontre des anciens mineurs" (Meeting the Former Miners)1 installation uses AI to
allow visitors to ask questions, with the system responding by playing specific excerpts from
oral testimonies gathered by the museum. This example, rooted in social and industrial his-
tory, demonstrates that these AI-assisted testimony technologies are becoming increasingly
common mediation tools for a wide range of memories, seeking to compensate for the loss
of direct witnesses and to keep a disappearing culture and experience alive.

AI also allows for visualizing lost or inaccessible pasts by creating plausible reconstruc-
tions of historical sites or scenes lacking visual evidence, which can aid interpretation and
public understanding [43, 120]. Furthermore, carefully designed AI simulations can serve
as educational tools for exploring "What If" scenarios, fostering a deeper understanding of
historical causality and contingency. While the potential for misuse is significant, these ca-
pabilities, when harnessed responsibly, mark a profound shift in how societies can creatively
explore, learn from, and engage with their histories.

3 Navigating the Perils: Ethical Risks and Methodological
Challenges

The transformative potential of Artificial Intelligence detailed in the previous section is
inextricably linked to profound ethical and methodological challenges. The deployment of
AI in the sensitive domain of historical memory is fraught with risks that demand critical
attention, as they can significantly distort how the past is understood, perpetuate historical
injustices, and create new forms of epistemic corruption. This section dissects these core
perils, using examples of controversial projects to illustrate the real-world consequences of
incautious implementation.

3.1 Algorithmic Bias, Misrepresentation, and Decontextualization

A primary danger of using AI in historical memory is the risk of inheriting, amplifying, and
"laundering" biases present in the archival record [119, 37]. Models trained on historically
biased texts or images can perpetuate stereotypes and underrepresent marginalized voices
[9]. Since archives often over-represent dominant groups [175], applying AI tools without

1https://www.chm-lewarde.com/fr/nouveau-a-la-rencontre-des-anciens-mineurs-le-dispositif-numerique/
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critical intervention can make marginalized memories even less visible. Beyond the content
biases within archives, AI is confronted with an even more fundamental methodological bias:
that of the medium itself. Archives, in their modern Western conception, are predominantly
written documents. This primacy of the written word systematically excludes societies
whose modes of transmitting history and memory are based on orality, as is the case in many
cultures. An AI trained on digitized textual corpora is therefore structurally incapable of
grasping this ’immaterial memory.’ In the post-colonial context, for example, the history
of local populations remains largely inaudible because it did not leave conventional written
traces. A major challenge, therefore, is to consider how to integrate these non-textual
forms of memory into databases that can be used by AI without denaturing them. This
can manifest as systematic misrepresentation or erasure. A stark example is the Faces of
the Past project, which used facial recognition on historical photographs. The project
faced severe criticism for its poor performance on non-European faces, reflecting the well-
documented biases in facial recognition technology and underscoring the risk of using tools
that algorithmically erase or misidentify certain communities [136, 150, 28, 5].

Similarly, AI-driven narrative generation can produce biased accounts. The Deep His-
tory project, which aimed to generate historical narratives from large text datasets, was
criticized for producing stories that reinforced existing biases and stereotypes, lacking the
nuance and context essential for responsible historical interpretation [116]. This highlights
the broader risks of oversimplification and decontextualization, where reducing complex hu-
man narratives to quantifiable data points strips away crucial context and the ineffable
aspects of lived experience [134, 139]. The emphasis on aggregate patterns can lead to the
loss of the individual voice and subjectivity, inadvertently obscuring uniqueness, agency, and
culturally specific forms of expression vital to memory.

3.2 Erosion of Authenticity, Trivialization, and Manipulation

Generative AI’s capacity to create highly plausible synthetic content poses a severe threat
to the integrity of the historical record. The potential for "Deepfake History"—the creation
of entirely fabricated but realistic-looking narratives, images, or videos—risks a profound
erosion of public trust and blurs the lines between evidence and fabrication [50, 183, 177,
67]. Reducing complex historical figures to simplified AI outputs risks trivialization and mis-
representation, as generative models suffer from bias amplification and a lack of contextual
understanding regarding sensitive historical aspects [9, 182]. This is compounded by the
"black box" nature of many AI models, where the inability to scrutinize how a conclusion
is reached hinders critical assessment and validation [151, 112]. Interventions like AI-driven
colorization or "enhancement" of historical media create ambiguous digital artifacts, al-
tering their historical aura and potentially misleading viewers by creating a false sense of
immediacy [99]. This debate moved from the theoretical to the mainstream with Peter
Jackson’s 2018 film, "They Shall Not Grow Old." The project employed sophisticated AI to
colorize, stabilize, and even estimate the correct frame rate of World War I footage, creating
a startlingly immediate viewing experience. The real-world implications of this erosion of
authenticity are already visible on major platforms. Schuh [160] provides a detailed case
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study of an AI-retouched photograph of France Gall and Serge Gainsbourg on Wikimedia
Commons. The image was not only colorized but also had its background completely erased
and its resolution "enhanced," creating an artifact that was factually inaccurate yet visu-
ally plausible. Crucially, Schuh highlights the subsequent debate among Wikipedia editors,
which pitted archival principles of documentary traceability against a "realist" desire for a
higher-quality image, regardless of its artificial origins. This example perfectly illustrates
how AI tools create ambiguous digital objects and force communities to negotiate new, and
often contradictory, standards of historical truthfulness in the public sphere. Furthermore,
creating "digital revenants" of historical figures for interactive experiences raises serious
ethical issues regarding consent and respect for the dead and their descendants [109]. Inter-
ventions like AI-driven "restorations" of historical media create ambiguous digital artifacts,
altering their historical aura and potentially misleading viewers [11, 99].

Furthermore, interactive AI experiences dealing with trauma could lead to emotional
manipulation or unintended psychological impact if not designed with ethical safeguards
[157, 127]. Creating "digital revenants" raises serious ethical issues regarding consent and
respect for the dead [109], while the concentration of AI development raises concerns about
corporate or state shaping of historical storytelling [192, 37, 13].

3.3 Privacy, Consent, and Data Protection Concerns

Many memory archives contain sensitive personal information, and applying AI to them
introduces significant privacy risks. Even ostensibly anonymized data can sometimes be
re-identified through AI-powered analysis, challenging the adequacy of past consent agree-
ments made before such technologies were conceivable [122, 191]. This is particularly acute
in network analysis of sensitive activities, such as mapping connections between activists or
dissenters, which could pose surveillance risks or generate spurious correlations [180]. An-
alyzing personal testimonies also raises major data protection concerns, demanding strict
adherence to regulations like GDPR and ethical protocols for anonymization. The funda-
mental "Garbage In, Garbage Out" principle applies: the quality of any AI analysis, and its
ethical standing, hinges entirely on the quality and ethical sourcing of its input data [155].

The fundamental "Garbage In, Garbage Out" principle therefore applies with particular
acuity. The quality of any AI analysis, and its ethical standing, hinges entirely on the quality
and ethical sourcing of its input data [155]. This principle, however, must be expanded to
include not only erroneous information but also the societal silences and ’lies’ inscribed
within the archives. For instance, it is only very recently, nearly 80 years after the events,
that French women have begun to testify about rapes committed by Allied soldiers during
the Liberation in 1944-45. An AI trained on the archives and press of that era would
inevitably inherit the societal taboo and produce a biased vision of the ’liberators,’ ignoring
violence that only delayed testimony could reveal. The archive is not a fixed truth, and AI
risks petrifying silences that are, in fact, temporary social constructs.
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3.4 Inaccuracy, Nuance, and the Loss of Authorial Voice

The factual accuracy of generative AI is a primary methodological concern. Several studies
have shown that the answers provided by various generative AIs to factual history questions
can be imprecise, if not completely wrong [29, 77]. A combined lack of data and embedded
biases can lead to these "hallucinations" [103]. If "factual accuracy alone does not guaran-
tee good history" [159, p.27], it is nevertheless an essential prerequisite. This problem is
magnified by the strong authoritative dimension of AI-generated statements, which can be
accepted uncritically due to automation bias. Indeed, whereas a neural network "sees only
in shades of grey" [158], the outputs of generative AI systems often conceal the probabilistic
nature of their calculations behind an enunciation in the indicative mood, rather than the
conditional mood.

This risk of inaccuracy extends to tools like AI-powered translation. NMT systems still
struggle with complex syntax, cultural idioms, irony, and the emotional tones crucial in
memory-laden texts, potentially flattening a source’s specificity and leading to misinterpre-
tation [16]. Bias in translation models is also a major issue, as they can replicate gender,
racial, or cultural biases present in their training corpora [156, 137]. The ease of use of these
tools can create an "illusion of unmediated access" and "translation goggles," leading to the
uncritical acceptance of machine-generated output. This loss of nuance and potential for
error represents a failure to respect the integrity of the source material and the voice of the
original author.

Lessons from the Field

The case studies explored offer valuable lessons. Ensuring transparency and accountabil-
ity is paramount; projects must meticulously document data sources, methodologies, and
assumptions, as exemplified by Transkribus and Living with Machines [62]. As El-Deeb
et al. [42] note, the "black box" nature of some algorithms necessitates clear explanations.
Addressing bias and representation requires active measures, including diverse datasets,
community involvement, and techniques like intersectional bias detection [28]. Ultimately,
these perils highlight that balancing automation with human oversight is crucial. While
AI can automate research tasks, human historians must remain central to interpretation
and contextualization, ensuring that technology serves, rather than subverts, the goals of
responsible historical inquiry, a discussion that continues to evolve in forums on the topic
[108].

4 The Nature of AI-Generated “Memory”: Representation,
Simulation, or Artifact?

Beyond analyzing existing traces of memory, the recent surge in generative Artificial Intelli-
gence capabilities—particularly Large Language Models (LLMs) and image/video synthesis
tools—introduces a novel and complex dimension to the study of historical memory: the
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AI-generated “memory” object itself. When an AI system produces a narrative of a histor-
ical event it was not witness to, a “restored” and colorized photograph of a past scene, or
an interactive chatbot embodying a historical figure, what is the epistemological and onto-
logical status of this output? Is it a new form of historical representation, a sophisticated
simulation, a digital artifact with its own unique properties, or something else entirely? This
section critically examines these questions, exploring how AI-generated content challenges
and potentially reconfigures our understanding of memory, authenticity, and the historian’s
relationship to the past, particularly through the lens of AI’s performative capacity [106].

A primary concern revolves around the concept of representation. Traditionally, his-
torical representations (texts, images, monuments) are understood as human-mediated in-
terpretations of the past, shaped by evidence, authorial intent, cultural context, and the
conventions of the medium [184]. While these representations are never direct transcrip-
tions of reality, they maintain a traceable, albeit complex, link to human agency and source
material. AI-generated content, however, complicates this model. An LLM generating a
historical narrative does so by learning statistical patterns from vast datasets. Its internal
architecture does not function like a database of facts, but more like a complex system of
layered "key-value memories" [63]. This means the model "recalls" information by activat-
ing and combining learned patterns, rather than retrieving a discrete, preserved source. The
resulting output may be coherent and plausible, but its connection to specific evidence is
probabilistic and diffuse, posing a fundamental challenge to historical methods of verification
and citation. AI-generated content, however, complicates this model. An LLM generating
a historical narrative does so by learning statistical patterns from vast datasets of text, not
by engaging in critical source evaluation or possessing intentionality in the human sense [9].
The “knowledge” it produces is a probabilistic amalgamation of its training data, potentially
leading to outputs that are plausible and coherent yet factually inaccurate, anachronistic,
or imbued with the biases inherent in that data [182]. This raises the question: can such an
output be considered a historical representation in the same vein as a historian’s monograph,
or is it more akin to a sophisticated form of automated pastiche?

The notion of simulation also comes to the fore. AI can create highly immersive and in-
teractive "experiences" of the past, such as virtual reality reconstructions of historical sites
populated by AI-driven characters or chatbots designed to mimic historical personalities
[86, 85]. These simulations can offer engaging pedagogical tools or novel ways to explore
historical environments, potentially enhancing presence and learning [187, 139]. However,
they also risk blurring the lines between historical reconstruction and fictional enactment.
The perceived realism of an AI simulation might lead users, particularly those without deep
historical literacy, to accept the simulated experience as an unproblematic reflection of past
reality, obscuring the interpretative choices, simplifications, and potential inaccuracies em-
bedded within the simulation’s design [56]. As Ian Bogost argues in the context of procedural
rhetoric, simulations make arguments through their underlying rules and processes [21]; un-
derstanding the “arguments” made by AI memory simulations becomes a critical task for
historians.

Alternatively, AI-generated content can be viewed as a new category of digital artifact,
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possessing its own distinct characteristics and “aura,” or lack thereof, in a Benjaminian
sense [11]. An AI-colorized photograph is not the original photograph, nor is it a human
artist’s interpretation of color; it is a new object created through algorithmic processes.
Its historical value may lie less in its claim to accurately represent the past’s chromatic
reality and more in what it reveals about contemporary desires for historical immediacy, the
capabilities of AI technology at a given point, and the cultural assumptions embedded in
the colorization algorithms [99]. These AI-generated artifacts become, in themselves, objects
worthy of historical study, reflecting the ways a society uses technology to engage with, and
reconstruct, its memory. They could even be considered new forms of Pierre Nora’s lieux
de mémoire—sites where collective memory crystallizes, albeit in a digitally native and
algorithmically mediated form [121]. If so, their analysis demands attention not just to
their content, but to their mode of production, their algorithmic underpinnings, and their
reception. Generative models like GANs [70] are increasingly used for such reconstructions,
for example, in architecture [43, 120], pushing the boundaries of what constitutes a historical
artifact.

Engaging with AI-generated “memory” requires historians to develop new critical litera-
cies. It necessitates a shift from primarily analyzing human-authored representations of the
past to also interrogating the processes, biases, and epistemological claims of non-human,
algorithmic "authors." The allure of AI’s productive power must be tempered by a rigorous
examination of what these generated outputs truly represent, how they function as simu-
lations, and what their status as novel digital artifacts means for the practice of history
and the social life of memory. Ignoring these questions risks a future where algorithmically
constructed pasts, detached from critical historical inquiry, gain unmerited authority and
shape collective understanding in ways that are opaque and potentially misleading.

Ultimately, this distinction between representation, simulation, and artifact highlights a
fundamental shift in the media logic of memory. Schuh [160] powerfully articulates this as
a move from an "archival logic" to a "logic of analogical generation." Traditional historical
artifacts, even when digitized, are rooted in an archival logic of preserving, retrieving, and
decoding stable information. In contrast, AI-generated content follows an analogical logic,
where a probabilistic model reconfigures vast training data into a novel output that mimics
the past without being a direct trace of it. Understanding this distinction is crucial for
historians, as it reframes our task from interpreting evidence to critiquing the very processes
of its algorithmic generation.
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Part II

The Algorithmic Politics of Remembrance:
Power, Control, and the Contested
Construction of Pasts

5 Fundamental Ethical Challenges in AI’s Interaction with
Memory Archives

The preceding exploration of AI use cases within historical memory studies has highlighted a
recurring tension: the transformative potential of these technologies is inextricably linked to
profound ethical challenges. While some risks are specific to particular applications, several
fundamental ethical issues permeate AI’s interaction with memory archives more broadly.
These challenges demand critical attention, as they can significantly impact how the past
is understood, represented, and preserved, potentially perpetuating historical injustices or
creating new forms of epistemic distortion. This section will synthesize and delve deeper
into three core areas of ethical concern: algorithmic bias and the perpetuation of historical
silences; issues of authenticity, aura, and the "black box" of AI interpretation; and the
complexities of privacy and data subjectivity in AI-driven memory work.

5.1 Algorithmic Bias and Historical Silences

Archives are not neutral repositories; they are products of power, selection, and interpre-
tation, often marginalizing or silencing certain groups [175, 167]. Historians have long
developed critical methodologies for "reading against the archival grain" to uncover the
lives of those systematically erased by the historical record, such as the enslaved women
whose fragmented stories [59] painstakingly reconstructs from violent and dehumanizing
colonial documents. The danger of AI is that it is computationally incapable of this critical,
counter-hegemonic reading. Instead, if applied uncritically, AI systems trained on these bi-
ased archives risk both replicating and amplifying these historical imbalances on an unprece-
dented scale. A core problem is the inheritance and amplification of bias. Machine learning
models learn from their input data; if trained on archives reflecting colonial perspectives,
for instance, they are likely to reproduce those perspectives, potentially marginalizing other
experiences and effectively "laundering" historical biases under a veneer of algorithmic ob-
jectivity [119, 37]. This can lead to direct representational harms, where biased AI systems
produce skewed depictions of historical groups or events. For example, facial recognition sys-
tems trained on limited demographics may misidentify individuals from underrepresented
groups in historical photos [28], or NLP models might perpetuate stereotypes found in
training data. Furthermore, the development and application of AI tools can exacerbate the
digital divide in memory [25, 17]. Resource-intensive AI development, concentrated in dom-
inant institutions, risks further marginalizing the memories of less-resourced communities
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or the Global South, as choices about digitization and AI application become acts of power.
While efforts exist, the challenge of debiasing AI remains technically complex and often only
partially successful [58, 162], complicated by the fraught interpretive act of defining "fair-
ness" in diverse historical contexts [57, 8]. Intersectional approaches are crucial, recognizing
compounded biases across race, gender, and class [38]. The difficulty lies in the ability to
translate the concept of intersectionality into quantitative methods, particularly when it is
seen as a strategy for optimizing an algorithm rather than as an “analytical sensibility” [124].
In order to guard against the risk of ethics washing, or more specifically fairness washing, it
is necessary to question the conceptual framework and technical measures implemented to
limit bias. As Youjin Kong has clearly shown, three major problems coexist: the reduction
of intersectionality to the consideration of several categories or social attributes, without
taking into account overlaps and reinforcement of oppressions; the difficulty of determining
the combinations of attributes to “protect”, at the risk of defining too many sub-groups or
selecting only the variables deemed statistically important (gender and race, for example);
the reduction of fairness to distributive justice. Kong advocates for a “strong fairness in AI”,
which would not only mitigate biases, but also seek to counter the mechanisms of oppression
present in society [90]. In the field of history, this means using AI to promote the history of
minority groups, for example by increasing the visibility and discoverability of their archives
in digital repositories compared with the average, and not just by guaranteeing them the
same visibility as data from majority groups.

To counter this risk of petrifying historical silences, a proactive approach is necessary.
This first involves broadening the very definition of ’archives’ usable by AI beyond just
public, predominantly administrative, records. It becomes imperative to integrate a greater
diversity of sources—private archives, corporate records, association papers, collections of
oral testimonies such as those at France’s INA—in order to multiply perspectives. Further-
more, a mitigation strategy could consist of enriching AI models by training (or fine-tuning)
them on a corpus of recognized historical scholarship validated by the scientific community.
This approach would allow the AI to benefit from already contextualized analyses. It is
not, however, without risk: it could lead to the algorithmic canonization of certain his-
toriographical schools or the reproduction of outdated interpretations if the corpus is not
carefully selected and updated.

5.2 Authenticity, Aura, and the “Black Box” of AI Interpretation

AI’s capacity to generate or alter content, combined with the opacity of its decision-making,
raises critical questions about authenticity and trustworthiness. There is a significant risk
of the erosion of historical authenticity and the "Liar’s Dividend." AI-generated deepfakes
can blur lines between genuine artifacts and fabrications [50], not only enabling deliber-
ate misinformation but also fostering generalized skepticism towards all historical evidence,
making factual grounding difficult [31]. Blockchain verification systems are explored as a
countermeasure but are not foolproof [30]. AI interventions like colorization also create
objects with an altered aura. Following Benjamin [11], these AI-mediated artifacts have a
complex, potentially misleading relationship to the original, raising questions about whether
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they offer closeness to the past or interpose an ahistorical algorithmic layer [99]. The "black
box" problem and interpretive opacity compound these issues [32]. The difficulty in under-
standing how complex AI models arrive at conclusions [151, 97] hinders critical assessment,
validation, and integration into nuanced historical arguments, challenging methodological
norms of transparency. Explainable AI (XAI) techniques aim to address this but are not
universally applicable [115]. This opacity, coupled with perceived sophistication, can lead
to algorithmic authority and the risk of de-skilling, where historians might uncritically ac-
cept AI findings or become overly reliant on tools without fully grasping their limitations.
Moreover, historical proof relies on citing and critically analysing primary sources, which
generative AIs generally do not allow. However, RAGs could offer historians a suitable solu-
tion, enabling them to benefit from the advantages offered by LLMs [132], while maintaining
a focus on the primary source.

5.3 Privacy, Data Subjectivity, and the Ethics of AI in Memory Work

Memory archives frequently contain sensitive personal information, demanding careful ethi-
cal consideration when AI is applied. Re-identification and anonymity challenges are signif-
icant; even ostensibly anonymized data can sometimes be re-identified through AI linking
disparate datasets or inferring identities from subtle patterns, particularly in rich personal
archives [122]. This raises questions about informed consent in the age of AI. Historical sub-
jects who contributed to archives previously could not have foreseen current AI capabilities,
challenging the adequacy of past consent and highlighting researchers’ ethical responsibili-
ties [191]. AI’s capacity for algorithmic profiling and inference of sensitive attributes (like
political affiliation or health status) from historical data, even if not explicitly stated, poses
potential harms if such inferred data is used or publicized. The tension between the "Right
to be Forgotten" and AI’s "Total Recall" capacity is exacerbated [52], as AI makes perpet-
ual access and recirculation of potentially painful past information easier, conflicting with
needs for reconciliation or privacy [107]. Regulations like GDPR [181] and techniques like
differential privacy [47] aim to protect individuals. GDPR, as well as multiple national pri-
vacy laws, only concern living individuals. Similarly, IRBs and RECs are only concerned
with the protection of living research participants. When the rights of the dead are consid-
ered, it is generally about how the disclosure of certain information could harm their living
relatives. Several historians, notably Antoon De Baets, have asked which rights the dead
might have, and which obligations historians should respect regarding to them. In the name
of the posthumous dignity of the dead, De Baets asserts that historians have a "duty to
weigh the privacy and reputation of the dead against the public interest" when deciding
which information to disclose [41, p.123]. This also means that it is sometimes necessary
to pseudonymize the data acquired on the dead, although no legislation requires it. As is
often the case, the use of AI does not change the nature of the problem, but amplifies it,
both because the volume of digital traces left by an individual, sometimes without being
aware of it, is increasing, and because the technological capacity to retrieve and collate data
linked to a person is constantly improving. AI makes it all the more necessary to reflect
on the dignity of the dead, and on the limits to be set to the historian’s work in exploiting
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data acquired without the authorization of the people concerned, particularly if they were
not public figures. Finally, applying AI to archives documenting trauma requires respect
for vulnerable populations and traumatic memories, guided by an ethics of care to avoid
re-traumatization, disrespect, or exploitation, potentially necessitating community consul-
tation and trauma-informed design [176]. Addressing these fundamental challenges requires
ongoing critical reflection, interdisciplinary dialogue, and the development of robust ethical
frameworks by the historical profession.

6 Revisiting Power in HoM: From Human Actors to Algorith-
mic Governance

A central tenet of the History of Memory (HoM) is its critical attention to the operations
of power in shaping what is remembered, how it is remembered, by whom, and for what
purposes [123, 55]. Historians of memory have long investigated how states, social groups,
institutions, and individuals vie to establish dominant narratives of the past, often marginal-
izing or actively suppressing alternative or counter-memories [175]. This "politics of regret,"
of commemoration, and of forgetting is a fundamental aspect of how societies construct their
identities and legitimize present conditions [34]. The introduction of Artificial Intelligence
into this already contested terrain does not merely add a new tool; it potentially introduces
new actors, new forms of control, and new mechanisms of "algorithmic governance" over
historical memory [188], compelling a revisitation of how power operates in the digital age.

Traditionally, the power to shape collective memory was often associated with control
over key institutions and media: archives, educational curricula, state-sponsored commem-
orations, museums, and mass media [3]. Those who controlled these "means of memory
production" could exert significant influence over public understanding of the past. While
these traditional loci of power remain vital, AI introduces new dimensions. Firstly, power
becomes embedded in code and data; it is not just wielded by human actors using technology,
but resides within the algorithms and datasets themselves [119, 37]. Design choices about
data inclusion, parameters, and optimization objectives are inherently political, systemati-
cally privileging certain memories. Secondly, we witness the rise of new "Memory Keepers."
Large tech corporations controlling dominant AI platforms (search engines, social media,
generative models) act as powerful, often unaccountable, arbiters of historical information
[66], their algorithmic curation subtly shaping public interpretation. This shift of power
to platform corporations has been a long-term development. As Vaidhyanathan [178] in-
fluentially argued, the "Googlization of everything" represents a profound restructuring of
how we access knowledge, where public information is filtered through a system optimized
for commercial engagement rather than scholarly or civic principles. Applied to historical
memory, this means that the "relevance" of the past is increasingly determined by opaque,
corporate-owned algorithms, turning public memory itself into a curated and monetizable
product. Thirdly, AI enables automated decision-making in memory dissemination. Algo-
rithmic gatekeeping prioritizes certain narratives as "relevant" or "authoritative," shifting
from explicit human editorial control to a more diffuse, data-driven, and potentially less
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contestable form of power. Finally, the scale and speed of algorithmic influence are unprece-
dented. AI can amplify narratives—accurate or misleading—far faster and more broadly
than traditional media, potentially overwhelming nuanced accounts and introducing new
challenges like viral deepfakes.

This shift necessitates an expansion of HoM’s analytical framework. While continuing to
scrutinize the actions of human agents (states, activists, communities), historians of memory
must now also critically examine the "agency" of algorithms, the political economy of AI
development, and the ways in which algorithmic systems reconfigure the power dynamics
within the field of memory. The subsequent sections in this part will explore how these new
algorithmic power dynamics manifest in issues such as the (re)centralization of memory pro-
duction, the risks of algorithmic canonization and manipulation, and the ongoing struggle
over the "right to be forgotten" versus the "duty to remember" in an AI-suffused world. Un-
derstanding these algorithmic dimensions of power is crucial for grasping the contemporary
politics of historical remembrance.

7 AI and the (Re)Centralization of Memory Production and
Dissemination

The historical study of memory has often tracked the interplay between centralized forces
(e.g., state narratives, national museums) and decentralized memory practices (e.g., local
communities, family histories, grassroots movements). The advent of digital technologies,
particularly the early internet and social media, was initially heralded by some as a democ-
ratizing force, potentially allowing for a wider proliferation of diverse and counter-memories
[82]. However, the development and deployment of sophisticated Artificial Intelligence sys-
tems, especially those requiring vast computational resources and massive datasets, raise
concerns about a potential (re)centralization of power over the means of memory produc-
tion, curation, and dissemination, albeit in new forms.

This (re)centralization trend stems from several factors. The concentration of AI devel-
opment and infrastructure places cutting-edge research, particularly for large-scale models,
predominantly within a few large tech corporations and state-backed initiatives [37, 36].
These entities control the necessary computational power, proprietary datasets, and en-
gineering talent, meaning the tools shaping historical memory are owned by a select few
whose interests may not align with broader societal needs. This trend can be understood
as a form of "digital extractivism" applied to collective memory [160] . In this model,
vast public and historical datasets—including centuries of digitized cultural heritage—are
treated as a raw resource, a form of "memory capital," to be extracted and refined by a few
powerful private entities. These corporations then control not only the proprietary models
but also the "actionable memory" these models produce, effectively commercializing access
to our collective past and shaping it according to their own logics. This is reinforced by
proprietary algorithms and "walled gardens" of data. Many AI platforms operate as "black
boxes," their algorithms and training data opaque [129]. When used to surface historical
information (e.g., search results), the criteria are often hidden, potentially biasing access
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towards platform-mediated interpretations. Furthermore, the power of default settings and
algorithmic paternalism subtly guides users towards certain content or interpretations [188].
These defaults, operating at scale, can have a widespread centralizing effect on public his-
torical consciousness, reflecting platform priorities rather than diverse scholarship. We also
see increasing state adoption of AI for "official" memory projects, such as national digital
archives with AI interpretation layers or tools to combat "historical revisionism" (as defined
by the state). This represents a powerful new form of centralized memory control, risking
the codification of state-sanctioned narratives [46, 96]. Finally, significant economic barriers
to independent AI-powered memory work exist. The computational resources needed for
large models or datasets can be prohibitive for smaller institutions, archives, or community
projects, particularly in the Global South, leading to a de facto centralization where only
well-funded entities can fully leverage AI’s potential.

This (re)centralization dynamic does not necessarily negate the potential for AI to be
used by smaller actors or for counter-hegemonic memory work. Open-source models, commu-
nity data initiatives, and critical AI literacy can offer pathways for resistance and alternative
uses. This (re)centralization dynamic does not necessarily negate the potential for AI to
be used by smaller actors or for counter-hegemonic memory work. Open-source models,
community data initiatives, and critical AI literacy can offer pathways for resistance and
alternative uses. Projects like the BigScience Workshop’s BLOOM model [94] demonstrate
that large-scale, multilingual AI development can be achieved through open, collaborative,
and non-commercial efforts, providing a crucial alternative to the proprietary systems of
large tech corporations. However, the dominant trend towards concentration of AI power
poses a significant challenge to the diversity and democratic contestation of historical mem-
ory. It underscores the need for critical scrutiny of who owns and controls the algorithmic
infrastructure shaping our engagement with the past, and for advocating for more equitable
access and transparent governance of these powerful new "means of memory production."

8 Ethical Quagmires in Algorithmic Memory Politics

The increasing entanglement of Artificial Intelligence with the production, dissemination,
and governance of historical memory gives rise to a host of complex ethical quagmires specif-
ically situated at the intersection of algorithms and memory politics. These are not merely
technical issues but deeply political ones, as AI systems become implicated in shaping pub-
lic understanding of the past, legitimizing certain narratives, and potentially marginalizing
others. This section examines several key ethical challenges that emerge when AI is deployed
within the contested arena of historical memory.

8.1 Algorithmic Canonization and the “Objectivity Trap”

AI systems, particularly those powering search engines, recommendation algorithms, or even
generative models creating historical summaries, can inadvertently or intentionally lead to
an "algorithmic canonization" of certain historical interpretations or memories. This arises
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partly from the illusion of neutrality, where algorithms are often perceived by the public as
objective arbiters of information [65, 4]. When AI consistently prioritizes certain historical
sources or narratives, these can gain an unwarranted aura of authority, becoming de facto
"official" versions, even if they reflect biases. This process often involves reinforcing domi-
nant narratives, as AI models trained predominantly on mainstream historical accounts or
archives tend to reproduce established societal memories, making it harder for alternative or
marginalized memories to gain visibility [119]. Furthermore, the "filter bubble" effect, driven
by personalization algorithms, can extend to historical understanding, predominantly expos-
ing users to interpretations aligning with their existing beliefs and limiting engagement with
diverse perspectives, potentially polarizing historical understanding [126, 169]. Ultimately,
algorithmic canonization poses significant challenges to pluralism in memory. By flattening
the inherent complexity and contestation of historical memory, it risks promoting singu-
lar or oversimplified understandings at the expense of scholarly debate and diverse lived
experiences.

8.2 Manipulation, Misinformation, and “Deepfake Memory”

The capacity of AI to generate highly realistic synthetic content (deepfakes) and to dis-
seminate information (and misinformation) at scale poses a severe threat to the integrity of
historical memory and its political uses. Malicious actors can engage in the weaponization of
AI for historical revisionism, creating and propagating fabricated "evidence" like fake pho-
tos or synthetic accounts to promote political agendas, deny atrocities, or rewrite national
histories [50, 183, 67]. The proliferation of such AI-generated misinformation contributes to
an erosion of trust in historical sources more broadly, making it difficult to establish shared
factual bases for discussing the past and benefiting those who wish to sow confusion (the
"liar’s dividend") [31, 149]. AI can also power automated propaganda and influence opera-
tions related to historical events, tailoring messages to specific audiences and overwhelming
online discussions with biased or false narratives to manipulate public opinion. AI can there-
fore address the three levels of abuse and irresponsible use of history identified by Antoon
de Baets: heuristic (irresponsible destruction, collection and use of sources; fabrication of
sources); epistemological (irresponsible description and analysis of data); and pragmatic (lies
about oneself or works; censorship of works; providers of information, assignments, contracts
and funding; editors and publishers; peer reviewers; and audiences) [41, p.17-22, 182].

Compounding these threats is the difficulty of detection and attribution; identifying so-
phisticated AI-generated misinformation is technically challenging, and attributing it to
specific actors is often even harder, making accountability elusive. Although assessing in-
tent was important for distinguishing between recklessness, negligence and deception, it will
become increasingly difficult to characterise the misuse of history from a moral and legal
perspective. While irresponsible or malicious uses of history are not new, AI introduces
many new challenges by operating on a vast scale and blurring the lines of responsibility.

However, it is crucial to note that AI acts here as a powerful amplifier of a pre-existing
phenomenon rather than the creator of the problem. The manipulation of history for political
or commercial ends is an old practice. A contemporary case in point in France is the Puy
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du Fou theme park, which disseminates a biased, counter-revolutionary, and ultra-Catholic
vision of French history to a very wide audience under the guise of entertainment. Millions of
visitors, often lacking the tools of historical criticism, absorb this narrative as factual truth.
AI, in this context, can be understood as an uncritical visitor: it is incapable of distinguishing
a rigorous reconstruction from effective propaganda. If trained on corpora that include
such popular and biased productions, it risks reproducing and massively disseminating this
misinformation, lending it a new form of algorithmic authority [15].

8.3 Algorithmic Discrimination and Representational Harms in Memory

The biases embedded in AI systems, as discussed earlier, can translate into direct forms of
algorithmic discrimination and representational harm when applied to historical memory,
particularly for marginalized communities. This can manifest as systematic misrepresenta-
tion or erasure. If AI models are trained on data that underrepresents or stereotypically
portrays certain groups (e.g., ethnic minorities, women, LGBTQ+ individuals), the resulting
AI-driven narratives, search results, or visual representations may perpetuate these harms,
effectively distorting or erasing their memories [10, 76, 170]. Algorithmic systems might
also create differential access to memory resources, inadvertently making materials related
to dominant groups more discoverable than those pertaining to marginalized communities,
thus fostering an unequal digital landscape. Applying biased AI tools within sensitive his-
torical contexts, such as archives related to genocide or colonial violence, carries a high risk
of causing profound offense and re-traumatization if outputs are inaccurate, disrespectful,
or perpetuate harmful stereotypes.

8.4 The Algorithmic “Right to be Forgotten” vs. the “Duty to Remem-
ber”

The tension between societal needs for forgetting (for reconciliation, privacy, moving on)
and the ethical or political "duty to remember" certain pasts (for prevention, justice, iden-
tity) is significantly complicated by AI’s capabilities [100, 53]. AI’s capacity for "total re-
call"—storing, processing, and retrieving vast amounts of historical data efficiently—can
make it difficult for individuals or societies to move beyond past events, as previously
obscured information becomes perpetually accessible [107]. This poses challenges to the
individual "Right to be Forgotten," as AI-driven search and aggregation make it harder for
individuals to de-index or reduce the accessibility of certain aspects of their past, even if his-
torically recorded. Moreover, AI can become a tool for enforcing or resisting state-mandated
forgetting/remembering, used by states to selectively erase or suppress memories, or con-
versely, to ensure constant remembrance of sanctioned narratives, turning AI into a battle-
ground for memory control. This highlights the complex ethics of algorithmic forgetting : if
AI systems are designed to "forget," the criteria used are ethically and politically charged,
raising concerns about censorship and the erasure of inconvenient truths or marginalized
histories. The right to be forgotten poses an ethical challenge for historians, who must per-
form a "balancing test to determine whether omitting sensitive facts and opinions about the
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dead, the benefit gained in terms of privacy and reputation protection outweighs the harm
inflicted on freedom of expression and historical truth" [41, p.130]. This raises the question
of whether such ethical judgments could or should be entrusted to AI. While research in
this field is progressing, AI moral decision-making currently lacks a consensus on the princi-
ples and criteria needed, whereas human moral decision-making often depends more heavily
on contextual factors [141]. Navigating these ethical quagmires requires not only technical
solutions but also robust public debate, democratic oversight, and a renewed commitment
from historians to critically engage with the political and ethical dimensions of AI’s growing
influence on historical memory.

8.5 Environmental and Societal Costs as Political Choices

A focus on the ethics of AI that is limited to data and algorithms is incomplete. It is para-
doxical to question the content of AI outputs while ignoring the profound environmental
and societal consequences of the systems that produce them. The decision to invest in and
deploy AI is not merely a methodological choice but a political act with significant, often
hidden, material costs [37]. These considerations are especially critical for memory institu-
tions like archives and libraries, whose core mission often includes long-term preservation
and equitable access.

First, the environmental footprint of large-scale AI is immense and globally unequal. The
production of AI hardware relies on the extraction of minerals, often under exploitative labor
conditions. The training and operation of complex models, particularly LLMs, consume
vast amounts of energy and water for data center cooling [9]. Finally, the rapid cycle of
technological obsolescence contributes to a growing e-waste crisis, the burdens of which are
disproportionately borne by communities in the Global South. As Crawford [37] argues in
Atlas of AI, this asymmetry in environmental harm mirrors the asymmetries of power seen in
data production, creating new forms of resource colonialism under the guise of technological
progress. An ethical assessment of an AI project in historical memory must therefore account
for its position within this global chain of extraction and disposal.

Second, the financial investment required for AI creates significant opportunity costs
within cultural heritage institutions. The high cost of computational infrastructure (e.g.,
GPU clusters), specialized software, and expert staff (whether recruiting expert staff or
upskilling current one) represents a major reallocation of resources. For an archive or uni-
versity, funding a large AI initiative may mean defunding other vital areas: the conservation
of fragile physical artifacts, the digitization of less "AI-friendly" collections, or the hiring of
more archivists or public-facing staff. These budgetary decisions are de facto statements of
institutional priority, potentially valuing computational analysis over other forms of histor-
ical labor and preservation.

Conversely, while AI is often framed as a strategic necessity in an era of shrinking cultural
and humanities budgets, the economic narrative of technological efficiency is more complex.
Like previous digital transformation efforts, AI-powered platforms such as Transkribus are
rarely one-time investments and may not deliver the promised cost savings. Initial enthu-
siasm about AI-driven metadata generation or transcription must be tempered by careful
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economic analysis. The apparent efficiency gains can mask substantial hidden costs: ongoing
software licenses, computational resources, technical staff training, and long-term dependen-
cies on proprietary AI companies. Further research is needed to comprehensively assess the
real economic impacts, examining not just immediate operational costs but also the broader
institutional implications of technological dependence [24, 68]. From this perspective, AI
emerges not as a straightforward solution to budget constraints, but as a nuanced techno-
logical intervention requiring critical and sustained economic scrutiny.

Ultimately, navigating these realities requires transparency and a conscious weighing
of trade-offs. The allure of innovation cannot be a sufficient justification on its own. In-
stitutions must critically assess whether the potential for new discoveries and efficiencies
afforded by AI outweighs the environmental impact and the opportunity costs for other
essential forms of historical and archival work. These are not technical questions, but fun-
damental political and ethical questions about what aspects of the past we choose to invest
in, and how.

Part III

The Historian’s Evolving Craft: Agency,
Responsibility, and Methodological Futures
in an AI-Infused World

9 The Indispensable Historian: Critical Judgment in an Age
of Intelligent Machines (The Historian’s Role)

The integration of Artificial Intelligence into the study of historical memory, with its atten-
dant promises and perils, necessitates a profound reflection on the role and responsibilities
of the historian. Far from rendering the historian obsolete, the age of intelligent machines
underscores the indispensable nature of human critical judgment, contextual understand-
ing, ethical awareness, and interpretive skill. AI can be a powerful tool, but it remains
just that—a tool. Its effective and ethical deployment in historical inquiry depends entirely
on the historian’s capacity to guide its application, scrutinize its outputs, and situate its
"findings" within broader humanistic frameworks. This section argues that the historian’s
role evolves to become not only a user of AI but, more crucially, its critical interrogator,
ethical navigator, and thoughtful curator.

Central to this evolving role is the continued application of core historical skills, albeit
extended to new domains. Source criticism in the algorithmic age remains fundamental [20,
174]. Historians must now evaluate not only traditional evidence but also the "algorith-
mic sources"—the training data, model architecture, parameters, and potential biases of AI
tools—requiring a new layer of methodological rigor. Equally vital is contextualization as
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a core humanistic contribution. While AI excels at pattern recognition, it lacks the deep
understanding of historical periods, cultural nuances, and human motivations that informs
historical interpretation. The historian’s ability to contextualize AI-derived patterns and
integrate them into richer narratives remains a uniquely human task [72]. Furthermore,
historians serve as the interpreter, not merely a data processor. Constructing coherent,
meaningful, evidence-based arguments involves synthesis, narrative construction, and theo-
retical engagement far beyond AI’s current capabilities [140]. Historians must now evaluate
not only traditional evidence but also the "algorithmic sources"—the training data, model
architecture, parameters, and potential biases of AI tools. This is not merely a technical
task but a critical, interpretive one. As Ramsay [142] has argued for the digital humanities,
the act of building and deconstructing computational systems is itself a form of scholarly
argument. To ethically use AI, therefore, historians must be able to critically assess the
"interpretive choices" embedded within the algorithm itself.

The rise of AI also introduces new responsibilities. Historians must engage in ethical
navigation and responsible stewardship, ensuring their use of AI respects privacy, avoids
harm, and promotes honest engagement with the past, including transparency about tool
usage and limitations [2]. When AI generates content, the historian becomes a critical
curator and critique of AI-generated "memories," evaluating their accuracy, plausibility, and
underlying assumptions, and clearly distinguishing them from human scholarship. Finally,
historians have a role in advocating for transparency and accountability in AI for history,
contributing to public understanding of AI’s limitations and calling for accountability when
it distorts the past. In essence, the AI era demands an "augmented historian"—digitally
literate yet grounded in critical inquiry, ethical reflection, and nuanced interpretation.

10 Fostering Critical AI Literacy and Interdisciplinarity

The responsible and effective integration of Artificial Intelligence into the study of historical
memory necessitates more than just individual historians honing their critical judgment; it
demands a broader cultivation of "critical AI literacy" within the historical profession and
a fundamental commitment to interdisciplinary collaboration. Navigating the complexities
of AI—its technical underpinnings, its embedded biases, its societal implications, and its
potential for historical inquiry—cannot be achieved in disciplinary isolation. Historians
must engage with experts from other fields, and the profession as a whole must invest in
developing new pedagogical approaches and research methodologies.

10.1 Developing Critical AI Literacy for Historians

Critical AI literacy for historians extends beyond merely knowing how to operate specific
AI software or tools. It involves a deeper, more conceptual understanding. Historians
need a foundational grasp of core AI concepts and limitations, including what AI can and
cannot do, how models are trained, the risk of confusion between correlation and causation,
and the probabilistic nature of many systems, recognizing that AI processes patterns, not
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"understands" history [26]. Crucially, this includes recognizing algorithmic bias and its
historical roots, identifying potential biases stemming from training data or design choices,
and understanding how these distort analysis [119, 10]. Historians must be equipped for
evaluating the epistemological claims of AI outputs, critically assessing their methodological
underpinnings rather than accepting them at face value. This literacy also encompasses
ethical reasoning and AI governance awareness, understanding broader debates around AI
ethics (privacy, fairness, etc.) and relevant governance frameworks. Finally, integrating AI
into historical pedagogy is essential, preparing future historians to engage thoughtfully with
these technologies by incorporating critical AI literacy into curricula [125]. However, initial
training is not enough, especially when the pace of technological innovation is accelerating.
Initiatives to share open-access learning resources, such as Programming Historian2, should
be encouraged.

10.2 The Imperative of Interdisciplinary Collaboration

The multifaceted challenges and opportunities presented by AI in historical memory stud-
ies necessitate robust collaboration across disciplinary boundaries. Historians cannot and
should not attempt to become AI experts in isolation, nor can computer scientists fully
grasp the nuances of historical inquiry or memory theory without humanistic input. Essen-
tial partnerships include those between historians and computer scientists/data scientists
to develop useful and ethically sound tools, combining domain expertise with technical skill
[14, 147, 1]. Engagement with ethicists and legal scholars is vital for navigating the pro-
found ethical and legal questions raised by AI concerning bias, privacy, and misinformation.
Collaboration with archivists and librarians is key, as these professionals curate, preserve,
and provide access to the data AI relies on and grapple with AI’s implications for infor-
mation management [33]. For projects dealing with sensitive memories, involving affected
communities through participatory design is ethically imperative to ensure respect, accuracy,
and alignment with community interests [166, 35, 18]. Fostering such collaboration requires
building interdisciplinary research centers and training programs, with institutional support
for joint projects and hybrid training [7, 130, 128]. Embracing critical AI literacy and gen-
uine interdisciplinarity is essential for conducting rigorous, ethical, and relevant historical
memory research in the 21st century.

10.3 Mediation as an Ethical and Practical Imperative

Finally, beyond the training of historians and interdisciplinary collaboration, the responsible
integration of AI, particularly in public-facing memory projects (museums, online platforms,
educational applications), demands a third pillar: mediation. Mediation is the active process
by which an institution explains and contextualizes not only the historical content but also
the tools used to present it. In the case of AI, this means not simply offering a ’magical’
experience, but making the tool’s functioning transparent: explaining what data it was

2https://programminghistorian.org/
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trained on, what its known biases are, and what its limitations are. This approach transforms
the user, whether a visitor or a student, from a passive consumer into a critical and conscious
actor, capable of understanding that the tool is not an oracle but the result of a series of
human, technical, and ethical choices.

11 Archiving the Algorithm: Long-Term Preservation and
Methodological Transparency (Long-term preservation)

The increasing use of Artificial Intelligence in historical memory research introduces new and
complex challenges for long-term preservation, methodological transparency, and the future
citability and critique of AI-assisted scholarship. Traditional historical scholarship relies
on the citability of sources and the transparency of methods, allowing future historians
to re-examine evidence and reinterpret arguments. If AI-driven historical "findings" are
to become a legitimate and enduring part of the scholarly record, then the "algorithmic
black box" must, to the greatest extent possible, be made archivable, understandable, and
re-analyzable by future generations of researchers. This necessitates a concerted effort to
develop best practices for "archiving the algorithm" itself, alongside the data it processes
and the interpretations it generates.

A primary obstacle is the ephemerality of AI models and software environments. Com-
plex AI architectures often depend on specific software libraries and hardware configurations
that rapidly become obsolete, threatening long-term reproducibility [79]. Essential for fu-
ture understanding is preserving training data and its provenance. Since model outputs
are fundamentally shaped by training data, future historians need access to the specific
dataset version used, along with comprehensive metadata on its origin, scope, limitations,
and pre-processing steps [185, 135]. Methodological transparency also requires document-
ing model architecture, parameters, and code, including the rationale behind design choices,
to enable future researchers to understand how results were generated [133]. Frameworks
like "model cards" and "datasheets for datasets" offer useful approaches [111, 62]. How-
ever, the challenge of archiving large-scale models and datasets presents significant technical
and financial hurdles for traditional institutions [110]. These preservation efforts must also
navigate ethical considerations in archiving AI and data, particularly regarding privacy in
sensitive datasets and the handling of proprietary models. The ultimate goal is ensuring
future re-interpretability and critical engagement, allowing historians not just to replicate
but to critically re-engage with past AI-assisted research in light of new knowledge. Achiev-
ing this requires developing new archival practices and infrastructures, potentially involv-
ing techniques like emulation or containerization, through collaboration between historians,
archivists, librarians, and computer scientists [45, 44, 49]. Failure to address these issues
risks creating an opaque and ephemeral body of scholarship.

28



12 Navigating Professional Ethics and Responsibilities

The integration of Artificial Intelligence into historical memory research not only reshapes
methodologies but also places new demands on the professional ethics and responsibilities
of historians.

While historians and applied AI ethicists come from vastly different traditions, it may be
worthwhile to compare the ethical frameworks that have emerged in each field in recent years.
International recommendations on trustworthy AI have proliferated, and these guidelines
have increasingly been applied to the humanities as well. However, it is important to note
that there is no universal consensus on ethical codification within the historical profession.
Internationally, few historians’ associations or societies have chosen to adopt formal codes
of ethics. Antoon De Baets’s observation in 2009 regarding the paucity of ethical reflection
in the actual practice of historical research remains valid [41, p.173].

One commonality between historians’ ethics and AI ethics is a tendency to prioritize
processual ethics over procedural ethics as practiced by research ethics committees or in-
stitutional review boards. While some have argued for the complementarity of these two
approaches, it is true that both historical research and AI development frequently fall out-
side the purview of formal ethical oversight bodies, unless they involve living human subjects
or personal data.

Existing codes of conduct, such as the American Historical Association’s Statement on
Standards of Professional Conduct, emphasize principles of integrity, honesty in research,
respect for evidence, and responsible engagement with the public [2]. These foundational
principles remain paramount and must be thoughtfully applied and extended to the novel
challenges posed by AI. This section examines key areas where historians’ professional ethics
are particularly tested by the use of AI in memory work, focusing on accountability, the
implications for scholarly labor (deskilling vs. upskilling), and issues of equity and access
[101].

12.1 Accountability and Liability in AI-Assisted Historical Work

The use of AI, especially complex or "black box" models, raises critical questions about
accountability when historical interpretations or representations generated with AI assis-
tance prove to be flawed, biased, or harmful. Historians hold responsibility for algorithmic
outputs; they cannot abdicate accountability for their claims or evidence simply because AI
was involved [12]. This necessitates a deep understanding of the tools and a critical stance.
Transparency in method and limitations is crucial for professional integrity, requiring clear
disclosure of AI methodologies, datasets, parameters, and known biases to allow for peer
review. If AI-assisted work causes harm, historians have an ethical duty toward addressing
algorithmic harms by acknowledging, correcting, and mitigating issues, potentially involv-
ing revisions or engagement with affected communities. In collaborative projects, navigating
shared responsibility is essential; clear agreements on roles, responsibilities, and ethical over-
sight are needed from the outset when working with computer scientists and others [164].
Ethical issues are all the more acute in public history projects, where sources of funding and

29



their links with historical supervision need to be made explicit [87, 154].

12.2 Deskilling vs. Upskilling: The Impact of AI on Historical Labor and
Training

The increasing sophistication of AI tools raises questions about their impact on the nature
of historical labor and the skills required of future historians. There is potential for deskilling
certain tasks, as AI might automate routine activities like basic searching or transcription.
While this could free up time, over-reliance risks diminishing core competencies if not man-
aged carefully. More significantly, AI necessitates the need for new skills and "upskilling"
among historians, including critical AI literacy, data management, understanding computa-
tional methods, and effective interdisciplinary collaboration [14]. This requires adaptation
in graduate training and professional development. Consequently, there may be a need for
redefining scholarly contribution and value to recognize the intellectual labor involved in
designing AI projects, curating data, and interpreting complex outputs [173]. Amidst this
technological shift, it remains vital to maintain a humanistic focus, ensuring that training
prioritizes critical thinking, nuanced interpretation, ethical reasoning, and deep contextual
knowledge, with technology serving, not supplanting, these core skills.

Since the debate initiated by Franco Moretti around the notion of distant reading, more
and more voices from digital humanities have called for "a space for quantitatively minded
digital scholarship that goes beyond the trend of big data, allowing us to craft digital
hermeneutic strategies for a handful of texts or even for just one" [155]. Whether this
approach is referred to as “mixed methods” or “scalable reading” [92], it always aims to see
digital analysis tools not as an end, but as a means among others.

Unlike the algorithmic and visualization tools that have characterized the digital hu-
manities, the development of AI in historical research will not replay the debate between
quantitativists and qualitativists. As we have seen, its applications lie not only in the pro-
cessing of massive corpora, but also in the renewed questioning and analysis of single texts,
insinuating themselves even into the writing practices of historians.

12.3 Equity of Access and the Digital Divide in AI-Powered Memory
Research

The benefits of AI in historical memory research risk being unevenly distributed, potentially
exacerbating existing inequalities. Unequal access to computational resources and expertise
creates barriers for scholars at smaller institutions, independent researchers, or those in the
Global South, potentially establishing new hierarchies in knowledge production [113]. Even
supposedly bias in "open" resources can be problematic, as open-source models or public
datasets may still carry embedded biases or require significant technical know-how, limit-
ing true accessibility. Furthermore, the question of whose memories are AI-ready arises,
as digitization efforts often focus on dominant cultures or well-funded institutions, leav-
ing other memories in analog obscurity and further marginalizing them. Addressing these
inequities requires promoting open science and equitable collaboration. Professional organi-
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zations and funding agencies have a responsibility to support initiatives that foster more
equitable access to AI tools, data, and training, encourage inclusive collaborations, and
prioritize projects addressing historical silences or empowering marginalized communities.
Ultimately, navigating these professional responsibilities requires proactive, reflective, and
collective engagement from historians.

Part IV

Towards Ethical Stewardship: A Framework
for Critical Practice with AI in Historical
Memory

13 Recapitulation of Core Ethical Dilemmas at the Intersec-
tion of AI and HoM

The preceding analysis has navigated the complex and rapidly evolving landscape where
Artificial Intelligence intersects with the History of Memory. We have explored AI’s trans-
formative potential to expand the scale and scope of memory research—from processing vast
textual and visual archives to generating novel interactive experiences with the past. How-
ever, woven throughout this exploration has been a consistent thread of profound ethical
dilemmas that demand careful consideration and proactive engagement from the histori-
cal profession. Before proposing a framework for critical practice, it is pertinent to briefly
recapitulate these core ethical challenges.

These challenges coalesce around several key themes. Bias, representation, and historical
justice remain primary concerns, given the risk of AI inheriting, amplifying, and "launder-
ing" historical biases, leading to misrepresentation or erasure of marginalized memories and
perpetuating injustices. Issues of authenticity, interpretation, and epistemological integrity
arise from AI’s capacity for synthetic content generation and its opaque interpretive pro-
cesses, threatening historical authenticity, eroding public trust, and challenging scholarly
norms. The concentration of AI development raises questions about power, control, and
algorithmic governance of memory, including risks of (re)centralization, algorithmic can-
onization, and manipulation. The application of AI to archives containing personal data
necessitates careful navigation of privacy, consent, and data subjectivity, complicated by
AI’s "total recall" capacity. Finally, these factors impose new demands regarding profes-
sional responsibility, accountability, and equity on historians, requiring critical AI literacy,
transparency, and attention to potential deskilling or exacerbation of inequalities. These
interwoven dilemmas underscore that AI is a powerful socio-technical force requiring ethical
stewardship guided by rigor, fairness, transparency, and a commitment to historical truth.
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14 A Proposed Framework: Points to Consider When Using
AI for Historical Memory Research

Navigating the complex ethical and methodological landscape at the intersection of Artifi-
cial Intelligence and the History of Memory requires a proactive and principled approach
from researchers, archivists, educators, and institutions. Building upon the critical analysis
presented in this paper, this section proposes a framework of key points to consider when
conceptualizing, developing, deploying, or evaluating AI applications within historical mem-
ory studies. These points are intended not as rigid regulations, but as a heuristic guide
to foster responsible innovation, critical reflection, and ethical stewardship. They can be
adapted and expanded based on the specific context of the research or project.

I. Data Governance, Provenance, and Bias Mitigation

The foundation of any AI system is its data. Ensuring ethical and rigorous data practices
is paramount.

A.1 Conduct Thorough Provenance Audits for Training Data: Meticulously document the
origin, scope, collection methods, and known limitations or biases of all datasets used
to train or inform AI models. The history of large open datasets like "The Pile" [60],
which faced challenges due to the inclusion of copyrighted and problematic content
scraped from the web, underscores the critical importance of this step. Understand
the historical context of the archive’s creation [167]. Prioritize documentation quality
over dataset size, “only creating datasets as large as can be sufficiently documented”
[9].

A.2 Implement Bias Detection and Mitigation Strategies: Actively seek to identify po-
tential demographic, ideological, or representational biases within datasets. Where
feasible and appropriate, employ technical or methodological strategies to mitigate
these biases, while acknowledging that perfect "debiasing" is often elusive [57].

A.3 Prioritize Representativeness and Inclusivity in Data Collection and Curation: When
creating new datasets or digitizing archives for AI use, strive for representativeness and
actively seek out sources that can counter historical silences and include marginalized
voices [39]. Document any gaps.

A.4 Adhere to Data Privacy and Protection Regulations: Ensure full compliance with rel-
evant data protection laws (e.g., GDPR) and ethical guidelines for handling personal
or sensitive information within historical memory archives, especially when using AI
for analysis or dissemination [191, 118].

A.5 Utilize Datasheets for Datasets: Adopt practices like "Datasheets for Datasets" to sys-
tematically document the motivation, composition, collection process, recommended
uses, and potential risks of datasets used in AI-driven memory research [62].
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A.6 Assess the financial and environmental costs: Consider the impact of institutional
financial choices and benchmark the energy consumption of the project. Take these
dimensions into account in the ethical assessment of project risks and benefits [9]

II. Algorithmic Transparency, Explainability, and Validation

The "black box" nature of some AI systems challenges scholarly norms of transparency and
verifiability.

B.1 Strive for Algorithmic Transparency and Explainability (XAI): Where possible, favor
AI models whose decision-making processes are more interpretable. When using com-
plex models, explore XAI techniques to gain insights into how outputs are generated,
and clearly communicate the level of opacity involved [151, 145].

B.2 Document Model Design, Parameters, and Limitations: Provide detailed documenta-
tion of the AI model’s architecture, algorithms, chosen parameters, and the specific
version of software/libraries used. Clearly state the model’s known limitations and the
scope of its applicability. Practices like "Model Cards" can be beneficial [111].

B.3 Validate AI Outputs Rigorously Against Diverse Historical Evidence: Do not accept
AI-generated "findings" or representations at face value. Triangulate AI outputs with
traditional historical sources, qualitative analysis, and expert domain knowledge. Sub-
ject AI-assisted historical claims to rigorous peer review [23].

B.4 Distinguish Between Correlation and Causation: Be cautious about inferring historical
causation from statistical correlations identified by AI. Algorithmic patterns require
careful historical interpretation to establish their meaning and significance [131].

III. Human Oversight, Agency, and Critical Interpretation

AI should augment, not replace, human historical judgment and ethical reasoning.

C.1 Maintain the Historian’s Critical Role in the Loop: Ensure that human historians with
relevant domain expertise and ethical awareness are actively involved in all stages of
an AI project—from design and data selection to interpretation of results and dissem-
ination.

C.2 Establish Mechanisms for Correction and Contestation of AI Outputs: Develop pro-
cesses for identifying, correcting, and publicly acknowledging errors or biases in AI-
generated historical content or analysis. Allow for contestation and alternative inter-
pretations [81].

C.3 Clearly Label AI-Generated or AI-Assisted Content: Transparently identify historical
content (narratives, images, analyses) that has been wholly or substantially generated
or modified by AI to avoid misleading audiences about its provenance and nature [102].
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C.4 Prioritize Interpretive Depth over Computational Scale: While AI allows for analysis
at scale, ensure that this does not come at the expense of nuanced historical inter-
pretation, contextual understanding, and engagement with the complexity of human
experience in the past.

IV. Stakeholder Engagement, Community Consultation, and Social Re-
sponsibility

AI-driven memory work has societal implications that extend beyond academia.

D.1 Engage with Affected Communities, Especially for Sensitive Memories: For projects
dealing with traumatic, contested, or culturally sensitive memories, consult and collab-
orate with relevant stakeholder communities (e.g., victim groups, descendant commu-
nities, indigenous peoples) to ensure respectful, ethical, and meaningful engagement
[166].

D.2 Consider Co-Design and Participatory Approaches: Where appropriate, involve com-
munity members in the design and development of AI tools or memory projects to
ensure they align with community needs, values, and perspectives [35].

D.3 Assess Potential Societal Impacts and Dual-Use Concerns: Reflect on the broader
societal implications of the AI research, including potential misuse of the technology
or its findings (e.g., for political manipulation, perpetuation of stereotypes) [161].

D.4 Promote Public Understanding and Critical AI Literacy: Historians have a role in
educating the public about how AI is being used to interpret and represent the past,
fostering critical engagement rather than passive consumption of AI-generated histor-
ical content.

D.5 Implement Active Mediation Strategies for the Public: For any project using AI that is
intended for a non-expert audience, develop and implement clear mediation strategies.
These should explain in an accessible manner how the AI tool works, the data it
is based on, its limitations, and its potential biases. The goal is to foster critical
literacy among users and to ensure that engagement with the past remains a reflective
experience rather than a passive consumption of algorithmic content.

V. Professional Development, Collaboration, and Preservation

The historical profession must adapt to responsibly integrate AI.

E.1 Invest in Critical AI Literacy Training for Historians: Support the development of
pedagogical resources and training programs to equip historians with the necessary
skills to understand, use, and critique AI.

E.2 Foster Equitable Interdisciplinary Collaboration: Encourage and support genuine col-
laborations between historians, computer scientists, ethicists, archivists, and other
relevant experts, based on mutual respect and shared goals.
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E.3 Develop Standards for Archiving AI Models, Data, and Code: Promote and adopt
practices for the long-term preservation and accessibility of AI-related research mate-
rials to ensure reproducibility, future critique, and methodological transparency [133,
79].

E.4 Advocate for Ethical AI Governance and Public Interest Technology: Encourage his-
torical associations and individual scholars to contribute to broader discussions about
ethical AI governance and the development of AI in the public interest.

This framework is intended to stimulate ongoing discussion and adaptation. As AI
technologies continue to evolve, so too must our ethical and methodological considerations
for their application in the sensitive and vital work of historical memory.

15 A Call for Proactive Professional Engagement and Guide-
line Development

The framework of considerations outlined above provides a starting point for individual
researchers and project teams. However, addressing these profound challenges requires a
collective, proactive engagement from the historical profession. This call for critical self-
reflection is part of a larger tradition within digital scholarship. More than a decade ago,
Liu2012culturalcriticism challenged the digital humanities to move beyond the mere
instrumental use of tools and to critically engage with the political, social, and cultural
infrastructures that sustain them. In the age of AI, this imperative is more urgent than
ever; simply reacting to technological developments as they arise is insufficient.

The framework of considerations outlined above provides a starting point for individual
researchers and project teams. However, addressing the profound ethical and methodolog-
ical challenges posed by Artificial Intelligence at its intersection with historical memory
requires more than individual vigilance; it necessitates a collective, proactive, and sustained
engagement from the historical profession as a whole. Simply reacting to technological
developments as they arise is insufficient. Instead, historical associations, academic depart-
ments, journals, and funding agencies must take a leading role in fostering critical dialogue,
developing ethical guidelines, and shaping the responsible integration of AI into historical
practice.

Several key areas warrant focused professional attention:

• Development of Ethical Guidelines and Best Practices: Professional historical orga-
nizations (such as the American Historical Association, the Royal Historical Society,
and their international counterparts) should consider developing specific addenda or
supplementary guidelines to their existing codes of conduct that directly address the
ethical use of AI in historical research, teaching, and public engagement [2, 73]. These
guidelines could draw upon frameworks similar to the one proposed in this paper, tai-
lored to the specific needs and values of the historical discipline. This might include
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recommendations on data provenance, algorithmic transparency, bias mitigation, con-
sent, and the responsible representation of AI-generated historical content. In doing
so, they would not be starting from scratch, but could learn from the ongoing, real-
world negotiations within other knowledge communities. The Wikimedia Foundation,
for instance, has already established detailed internal guidelines concerning the use of
AI for image retouching and text generation, mandating human review, clear label-
ing, and justification for any alterations. These community-led efforts highlight the
pressing need for such protocols and can serve as a valuable model for the historical
profession.

• Fostering Interdisciplinary Dialogue and Training Initiatives: The profession should
actively promote and fund workshops, conferences, and training initiatives that bring
together historians, computer scientists, ethicists, archivists, and community stake-
holders to discuss AI’s impact on history and memory. Graduate programs in history
need to consider how to integrate critical AI literacy and digital methodologies into
their curricula [14, 147].

• Supporting Open Science and Equitable Access: Historical associations and funding
bodies can play a crucial role in advocating for and supporting open-source AI tools,
open datasets (where ethically appropriate), and infrastructures that promote equi-
table access to computational resources for historical research, particularly for scholars
from under-resourced institutions or the Global South [113].

• Establishing Peer Review Standards for AI-Assisted Scholarship: History journals and
academic presses will need to develop clear standards for the peer review of scholar-
ship that employs AI methodologies. This includes expectations for methodological
transparency, documentation of data and code, and critical assessment of algorithmic
choices and outputs. Reviewers with relevant digital and AI literacy will be increas-
ingly necessary.

• Public Engagement and Education on AI and History: Historians have a vital role to
play in educating the public about the capabilities and limitations of AI in interpret-
ing the past, the risks of AI-driven historical misinformation, and the importance of
critical thinking when encountering AI-generated historical content [179]. Professional
organizations can support public history initiatives that address these issues.

• Advocacy for Ethical AI Governance Beyond Academia: The historical profession
should consider lending its voice and expertise to broader societal discussions about
the ethical governance of AI, particularly concerning issues of historical truth, cultural
heritage, and the potential for AI to be used for political manipulation or the distor-
tion of memory. Historians can offer valuable long-term perspectives on the societal
consequences of new technologies.

• Ongoing Monitoring and Adaptation: Given the rapid pace of AI development, any
guidelines or best practices established will require ongoing review and adaptation.
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The historical profession needs to create mechanisms for continuously monitoring AI’s
evolving impact on historical memory studies and updating its ethical and method-
ological responses accordingly.

Proactive engagement is not merely about mitigating risks; it is also about responsibly
harnessing AI’s potential to enrich historical understanding and make the study of memory
more inclusive and impactful. By taking collective ownership of these challenges and oppor-
tunities, the historical profession can help ensure that the integration of AI into its practices
is guided by scholarly integrity, ethical responsibility, and a commitment to serving the pub-
lic good. The alternative is to cede the shaping of our algorithmic engagement with the past
to purely technological or commercial imperatives, a prospect that carries significant risks
for the future of historical knowledge and memory.

Conclusion: Memory’s Future, Historians’ Choices – Navigat-
ing the Algorithmic Age with Critical Wisdom

The encroachment of Artificial Intelligence into nearly every facet of human endeavor
presents both exhilarating prospects and profound anxieties. For the History of Memory, a
field dedicated to understanding how societies construct, contest, and make meaning of their
pasts, AI offers a powerful, yet ethically fraught, new frontier. This paper has navigated
this evolving terrain, charting AI’s potential to revolutionize research methodologies—from
analyzing vast archives at unprecedented scale to generating novel forms of engagement with
historical narratives—while simultaneously dissecting the complex ethical dilemmas that ac-
company these advancements. We have seen how AI can risk amplifying historical biases,
eroding notions of authenticity, reconfiguring power dynamics in memory production, and
challenging the very nature of historical inquiry and professional responsibility. The perfor-
mative turn, as articulated by Matei [106], further compels us to recognize AI not merely as
a representational tool but as an active agent in shaping how the past is remembered and
understood.

At its core, the intersection of AI and historical memory compels us to confront fun-
damental questions about knowledge, power, and representation. The allure of algorithmic
efficiency and the promise of uncovering hidden patterns in the past must be tempered by
a critical awareness of AI’s limitations, its embedded biases, and its potential for misuse.
AI systems are not neutral conduits to the past; they are socio-technical artifacts shaped
by human choices, commercial interests, and existing societal inequalities. Their outputs,
therefore, require the same, if not more, rigorous scrutiny that historians apply to any other
source or interpretation [95, 91].

The path forward is not one of Luddite rejection nor of uncritical adoption. Instead,
it demands a nuanced and proactive engagement from historians, characterized by critical
AI literacy, a commitment to interdisciplinary collaboration, and an unwavering adherence
to ethical principles. The historian’s role, far from being diminished, becomes even more
crucial: as a critical interrogator of algorithmic claims, an ethical navigator of complex data
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landscapes, a thoughtful curator of AI-generated content, and a vital public intellectual
helping society understand how its memories are being shaped by these new technologies.
The "Points to Consider" framework proposed herein offers a practical starting point for
this engagement, but it must be complemented by a collective professional commitment
to developing robust guidelines, fostering equitable access, and adapting pedagogical and
research practices.

Ultimately, the future of historical memory in an algorithmic age will be determined by
the choices historians make today. Will we cede the interpretation and representation of
the past to opaque algorithms and powerful tech platforms, or will we actively shape the
development and deployment of AI in ways that enhance historical understanding, promote
justice, and preserve the integrity of our discipline? The challenge is to harness AI’s capabil-
ities responsibly, ensuring that it serves as a tool for deeper insight and broader inclusivity,
rather than a force that flattens complexity, silences dissent, or distorts our collective grasp
of the past. Navigating this new era requires not just technical skill, but critical wisdom—a
wisdom rooted in the enduring humanistic values of evidence-based inquiry, ethical reflec-
tion, and a profound respect for the multifaceted human experiences that constitute history
itself. The future of memory is not predetermined by technology; it is, and must remain, a
domain of critical human choice and scholarly responsibility.
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