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StringTie2 annotation: potential inaccuracies

GenomiqueENS Specialization: Functional genomics projects across diverse organisms, from model  StringTie2lllis a good candidate for building a new annotation:

species to exotic ones Widely used for its flexibility with short and long reads, with or without annotations
- Bulk RNA sequencing: lllumina and Nanopore (ONT)

Known for being user-friendly and convenient for annotation tasks

* Single-Cell RNA sequencing: 10X Genomics with lllumina and ONT - Reference Annotation: Existing annotations needing improvement (Annot)

ONT since 2017: Enables transcript quantification without exon discrimination models + lllumina Bulk RNA-Seq Data: Sequenced in 2019, providing stranded short reads (SR)

« ONT Bulk RNA-Seq Data: Sequenced in 2021, providing long reads and restranded data (LR)

Available
inputs

In this poster:

. Impact of poor annotation, especially in single-cell experiments SingleCell counts on Reference annotation SingleCell counts on StringTie2 annotation (SR+annot)
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Majority of 10X single-cell data does not overlap with reference annotations, hindering quantification Integrated into many annotation pipelines (Funannotatel2l, PASAR], BRAKER34, nf-core/nanoseqfsl...)
= Annotations depend heavily on coding signals and protein databases (e.g., GALBA, GeneMark-ETP, = Pipelines supplement RNA-Seq data with protein data from related species and additional evidence

Augustus, BRAKER)

= Expect results to align more closely with experimental observations
= Consequently, non-model organisms often lack complete UTRs
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consensus transcript

In conclusion, a consensus between IsoQuant and RNA-Bloom strategies offers a promising and
balanced approach, leveraging the strengths of both tools.
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