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A B S T R A C T

Managing the quality of parts produced by the Wire Arc Additive Manufacturing (WAAM) process presents a
significant challenge, particularly due to the complexity of thermal control. Effective thermal management is
crucial for minimizing defects, making fast and accurate thermal simulations essential for testing and optimizing
various manufacturing strategies. This article proposes a rapid simulation that decouples the calculation of heat
conduction from convection and radiation. The proposed simulation is described and validated against experi-
mental data. The influences of spatial and temporal discretization are examined. In conclusion, this developed
approach provides a fast and efficient simulation of a manufacturing strategy for improvement.

List of symbols

Symbols Descriptions Units

a Surface of a voxel face m2

c Specific heat capacity J/(kg.K)
E(t) Matrix of the energy field at time t J
f Function to convert energy to temperature -
h Heat transfer coefficient with air W/(m2. K)
I Welding intensity A
ke Heat kernel -
M(t) Matrix of the material field at time t -
N Number of elements deposited during the considered time

step.
-

q(x,y,z) Energy density of the Goldak heat source J/m3

Q Welding energy input during a Δt time step J
t Current time s
S(t) Matrix of exchange surfaces m2

T Temperature K
Tini Initial temperature of the start plate K
Δt Time step s
U Welding voltage V
V Voxel volume m3

α Thermal diffusivity m2/s
ε Emissivity -
λ Thermal conductivity W/(m.K)
η Welding energetic efficiency -
ρ Density kg/m3

σB Stefan-Boltzmann constant kg.s− 3.
K− 4

Notations.
Matrixis noted with a capital letter (e.g. M) and the element of this

matrix with the indexes i, j, k will be noted mi,j,k.

1. Introduction

The Wire Arc Additive Manufacturing (WAAM) process is a 3D
metal-printing technique that enables the fabrication of parts by adding
material. The material is fed to a welding torch in the form of wire and
then melted using an electric arc. The movement of the torch can be
controlled either by a CNC machine or a robot. The juxtaposition and
stacking of weld beads create the 3D volume that forms the final part.
One of the major advantages of this technique is its versatility allowing a
high material deposition rate of material and the fabrication of complex
shapes [1].

Controlling the quality of the parts produced by this process is crit-
ical, as a variety of defects can occur, including porosities, deformations,
oxidation, cracking, residual stress and delamination [2]. These defects
are primarily attributed to the thermal conditions during the fabrication
of the part [3], necessitating precise thermal control to achieve
near-net-shape geometry, as shown by [4]. Among the parameters
affecting thermal conditions, idle time (also called dwell time) directly
regulates the heat accumulation into the part by introducing a specific
waiting time before adding the next layer. Several studies have shown
the significant impact of this parameter on the quality of the produced
geometry [5–7] have also highlighted the influence of the initial
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Contents lists available at ScienceDirect

CIRP Journal of Manufacturing Science and Technology

journal homepage: www.elsevier.com/locate/cirpj

https://doi.org/10.1016/j.cirpj.2024.10.007
Received 12 April 2024; Received in revised form 20 September 2024; Accepted 10 October 2024

CIRP Journal of Manufacturing Science and Technology 55 (2024) 234–246 

Available online 19 October 2024 
1755-5817/© 2024 The Author(s). This is an open access article under the CC BY-NC-ND license ( http://creativecommons.org/licenses/by-nc-nd/4.0/ ). 

mailto:nicolas.beraud@univ-grenoble-alpes.fr
www.sciencedirect.com/science/journal/17555817
https://www.elsevier.com/locate/cirpj
https://doi.org/10.1016/j.cirpj.2024.10.007
https://doi.org/10.1016/j.cirpj.2024.10.007
https://doi.org/10.1016/j.cirpj.2024.10.007
http://crossmark.crossref.org/dialog/?doi=10.1016/j.cirpj.2024.10.007&domain=pdf
http://creativecommons.org/licenses/by-nc-nd/4.0/


temperature on the bead geometry. Additionally, [8,9] have investi-
gated how the heat and material quantities influence the overall thermal
state of the part, and consequently, its quality.

Thus, achieving a precise control of the thermal conditions is crucial
for ensuring the quality of the produced parts. The literature highlights
two main approaches for adjusting the value of these relevant parame-
ters according to the expected thermal state within the part: in-process
monitoring and thermal simulations.

In-process monitoring has been widely studied using various sensor
technologies. Pyrometers offer valuable insights into real-time temper-
ature monitoring within the part [10,11]. Other studies have focused on
the use of cameras to monitor the temperature, often near the melt pool
[12–14] or have explored the use of microbolometers [15–17] have
proposed a closed-loop system to adjust the process parameters based on
thermal measurements. Such a control can be integrated into commer-
cial solutions [18]. While these methods enable real-time management
of thermal conditions, they can be challenging to implement and do not
allow for offline tuning of the process. Thermal simulations address this
limitation by enabling comparison of different manufacturing strategies
and optimization of process parameters [19]. Several models have been
developed to simulate theWAAM process. These are mainly based on the
finite element methods (FEM) [20–23] and some on the finite difference
method [24]. Commercial software solutions, such as Simufact Additive
[25], tackle this challenge, though simulating a 100 mm bead can take
approximately 15 min for thermal analysis [26]. While these models are
relevant and accurate, the required computation times remain signifi-
cant. Since developing amanufacturing process often requires numerous
iterations to identify the optimal manufacturing parameters, the current
simulation times do not align with such uses. Reducing computation
times would not only facilitate real-time process simulations but also
open the door for integration with other learning-based methods.

Recent developments have introduced several approaches aimed at
reducing computation time in thermal simulations. As an illustration, it
can be cited the works of [27] using artificial neural networks to
compute the thermal states based on process parameters, while [28]
used a B-Spline model to enable quick interpolation of the thermal state.
These approaches are promising but require extensive finite element
simulations for training or model fitting, limiting their application to
specific geometries. Mesh-free methods based on spectral graph theory
[29] have been shown to cut computation time in half compared to FEM,
but still fall short of the speed needed for practical use. Similarly, other
techniques aimed at reducing FEM computation time as remeshing
method [30].

The main scientific challenge lies in formulating thermal simulation
methods for WAAM that are both fast and accurate, capable of accom-
modating various part geometries while facilitating quick optimization
of process parameters. This paper tackles the issue by developing an
original thermal simulation model for the WAAM process driven by
rapid calculation times, conducive to offline process optimization of
relevant manufacturing trajectories. These simulations could empower
users or algorithms to refine manufacturing strategies, adjusting weld-
ing parameters, torch trajectories, or inter-layer waiting times. To ach-
ieve this, a rapid thermal simulation model is introduced including a
sequential procedure to simulate the thermal conduction effect within
the part and in parallel convection and radiation exchanges. The con-
duction is simulated through a Gaussian convolution calculation and
leads to a drastic decrease of the computation times. The procedure is
detailed in Section 3. A comparison with full finite element simulations
and experimental data is provided in Section 4, validating the model’s
accuracy for WAAM operations. A quasi-real-time simulation is then
obtained. A sensitivity analysis is performed in Section 5, examining the
effects of mesh size and time step. Finally, we conclude with key insights
and suggestions for future research directions.

2. Development of fast thermal simulation

Modeling the WAAM process is a challenging task requiring the
management of various complex factors. These include the continuous
addition of material, the movement of the heat source for fusing the
material, the variation of material properties over a large range of
temperatures, and the modeling of the built plate, gas flow, and sub-
strate characteristics. Different approaches can be identified in the
literature to manage a balance between computational efficiency and
accuracy. Recent works have implemented spatial and temporal adap-
tative discretizationsto meet this critical objective [30,31]. Additionally,
advancements in numerical schemes, such as those proposed by [32] for
additive manufacturing processes (specifically powder bed fusion), have
shown potential in improving the efficiency of additive manufacturing
simulations. A state of-the art is available in the work of [33].

The main originality of this study lies in two key aspects. Firstly, it
involves parallel computation of heat conduction within the part and the
built plate, along with heat losses due to radiative and convective phe-
nomena. Second, the temperature field evaluation is based on convo-
lution product assuming a heat kernel function and Gaussian
distribution through the material over time. This section describes the
developed simulation process, including discretization method, state
initialization, and temporal evolution modeling. Fig. 1 shows a typical
example of manufactured geometry and the associated mesh used for its
simulation. The full manufacturing space is drawn in green color, and
the starting plate (the base structure where metal will be added) and the
manufactured part (a central wall) depicted in blue. To make more
tractable the numerical computation and straightforward implementa-
tion, the simulation method is formulated in matrix form. This approach
leverages widely available libraries for efficient matrix calculations.

2.1. Discretization

To compute the temperature field at any given point and time,
different steps and assumptions are required. The first step consists of
the discretization of the full manufacturing space into voxels as depicted
in Fig. 1. In the present case, the voxels are cubic in shape, simplifying
the use of regular matrices to represent spatial fields. Time is discretized
using a time step of Δt. Thus, the manufacturing space is modeled by two
matrices for each time step:

− A matrix representing the material filling information for each voxel
at the date t:

M(t)

with  m(t)xyz = 1 ↔ voxel filled with material

andm(t)xyz = 0 ↔ empty voxel (1)

Where x, y, z represents the coordinates of the center of the consid-
ered voxel.

− A matrix representing the energy of each voxel:

E(t)

such asm(t)xyz = 0→e(t)xyz = 0
and if m(t)xyz = 1→e(t)xyz ∕= 0 (2)

2.2. State initialization

The material and energy matrices are initialized at time t = 0, rep-
resenting the substrate upon which the part will be manufactured. For
all voxels representing the substrate m(0)xyz is set to 1 and the energy is
defined according to Eq. 3.
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For all  (x, y, z)  such as  m(0)xyz = 1 then  e(0)xyz = ρ(T).c(T).V.Tini

(3)

Where ρ(T) and c(T) represent the density and the specific heat capacity
as a function of the temperature, V is the voxel volume, Tini is the initial
temperature of the start plate and e(0)xyz corresponds to the energy of a
voxel at the initial temperature.

2.3. Temporal evolution modeling

Several phenomena must be modeled to compute the temperature
field of the part during the WAAM process, including:

− Material and energy input from the welding torch
− Energy loss from the part through convection and radiation
− Heat diffusion by conduction

One of the major proposals of this article for significantly reducing
calculation times is to separate the solving of the diffusion equation from
the calculation of radiation and convection with the external environ-
ment. Fig. 2 shows the process to obtain the energy and material matrix
at step time t + Δt. The following paragraphs describe the procedure in
detail.

2.3.1. Welding simulation
Both material inputs (from the molten wire) and energy input (from

the electric arc) need to be modeled to simulate the welding process.

Star�ng plate 

Full manufacturing space 
Manufactured wall 

Fig. 1. Description of the manufacturing space.

Fig. 2. Simulation process for calculating E(t + Δt).
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First, the matrix ΔM(t) is created with the same size as the matrix E(t)
and with all its elements set to 0, except those that have received ma-
terial between t and t+Δt which are set to 1. Then the matrix M(t+Δt)
can be expressed as in Eq. 4.

M(t + Δt) = M(t) + ΔM(t) (4)

Researches have focused on modeling the heat input of MIG pro-
cesses [34,35]. The energy distribution between the wire and the sub-
strate is well documented [22,36,37]. The useful power of the welding
station (Q) can be expressed as:

Q = η.U.I.Δt (5)

Where U represents the welding voltage, I the welding intensity and
η the welding energetic efficiency. The total welding energy is divided
into two components: one for heating the wire (Qwire), and another for
heating the substrate (Qsub). Based on previous studies ([22], [37]), the
sum of the two contributions equals the total useful energy of the
welding process (Q), which is assumed to be equally distributed between
them:

Q = Qwire +Qsub (6)

Qwire = Qsub =
1
2
Q (7)

The energy of the deposited elements is assigned through the matrix
ΔEwire(t), matrix with the same size as E(t) and its elements are defined
by Eq. 8.

ΔEwire(t) =
Q
2N

ΔM(t) (8)

Where N is the number of deposited elements during the time step.
[34] has shown that the energy brought to the substrate can be

modeled as a double ellipsoid. This can be discretized into the
ΔEsub(t, t+Δt) matrix, which has the same dimensions as E(t), defined
by the Eqs. 9 and 10.

Δesubxyz(t) =
∫

Voxel
q(x, y, z)dV (9)

Q
2
=

∑

Manufacturing space

Δesubxyz(t) (10)

Where q(x, y, z) represents the energy density distribution as defined
in the literature (a double ellipsoid distribution centered on the welding

point). Thus, the energy matrix after the welding modeling (Ew(t)) can
be expressed by Eq. 11.

Ew(t) = E(t)+ ΔEwire(t)+ΔEsub(t) (11)

2.3.2. Energy loss
Conduction through contact with external solids such as clamping

system or the manufacturing table, is not considered in this study. With
this assumption, the model represents a part isolated from other com-
ponents by refractory elements. So, the energy loss in the modeled part
occurs solely through two mechanisms: convection and radiation. The
matrix ΔEloss(t) represents the energy loss during the time step as the
sum of ΔEconv(t), corresponding to the energy lost by convection and Δ
Erad(t) corresponding to the energy lost by radiation (Eq. 12).

ΔEloss(t) = ΔEconv(t)+ΔErad(t) (12)

First, it is necessary to calculate the temperature field Tweld(t) from
the energy matrix. The link between energy and temperature is a
bijective function that can be established using material properties (ρ(T),
c(T), V) as described in equation 13. This bijection is illustrated Fig. 1..

Thus, the part temperature field Tweld(t) is calculated from the energy
matrix using Eq. 13.

ew(t) =
∫ Tweld(t)

0
ρ(T).c(T).V.dT

and

Tweld(t) = f(Ew(t)
)

(13)

The specific latent heat required for the phase change is also included
in the evolution of c(T), ensuring appropriate modeling of the phase
change.

The exchange due to convection (ΔEconv) is calculated as described in
Eq. 14.

ΔEconv = h.Δt.S(t) ⊙ (Tw(t) − Tamb ) (14)

Where⨀ is the Hadamard product, h is the transfer coefficient with air
(assumed to be constant regardless of the temperature), Tamb is the
ambient temperature and S(t) is the matrix with the same dimensions as
M(t), where each element contains the free surface area of the corre-
sponding voxel. Each element of S(t) is calculated as the product of the
area of a voxel face and the number of free faces (those in contact with
air). The calculation for each element of the S(t) matrix is detailed in Eq.
15.
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Fig. 3. Bijection between temperature and energy density.
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s(t)xyz =a
(
m(t)x+1yz +m(t)x− 1yz +m(t)xy+1z +m(t)xy− 1z

+m(t)xyz+1 +m(t)xyz− 1

) (15)

Where a is the surface area of one face of a voxel.
To simplify the calculation of radiation, it is assumed that all energy

is radiated outward to the workspace’s exterior at the temperature Tamb.
This approximation is effective for simple shapes with few sharp edges,
but may introduce more significant errors for complex geometries.
These assumptions lead to the formulation of Eq. 16.

ΔErad = σB.ε.Δt.S(T) ⊙
(
Tw(t)⊙4

− Tamb
4) (16)

Where ⨀ is the Hadamard power, σB is the Stefan-Boltzmann con-
stant, ε the emissivity (being constant regardless of the temperature).

2.3.3. Conduction calculation
An analytical solution for heat conduction is studied to enable a fast

calculation. The heat equation is established under three hypotheses as

outlined by [38]:

− Adiabatic condition: no exchange with the external environment.
− Constant material properties: thermal conductivity (λ), density, and

specific heat capacity are assumed to remain independent of both
position and temperature.

− Infinite domain.

Since the simulation of heat input and heat losses are simulated
separately (as shown in Fig. 2), the system can be considered adiabatic
during the conduction calculation phase. To simplify the use of the
analytical solution, thermal properties such as conductivity, density,
and thermal capacity are assumed to be constant. These properties are
set to values corresponding to the liquidus temperature, as this tem-
perature represents the point where the thermal gradient is most pro-
nounced near the weld bead, where conduction is most significant. This
assumption will be further addressed in Section 5. Under the adiabatic
condition, with constant material properties and an infinite domain,

Fig. 4. Illustration of Eq. 22 on a 2D example for finite and infinite domains.
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heat conduction is governed by the heat equation which corresponds to
a standard wave equation (Eq. 17).

∂u
∂t́ = α ∇u (17)

u(t́ = 0) = u0 (18)

Where u is the energy field,∇ is the Laplacian operator, and the thermal
diffusivity α = λl/(ρlcl). A known solution of this equation is given in Eq.
19 [38].

u(x, t́ ) =
1
̅̅̅̅̅̅̅̅̅̅̅
4πKt́

√

∫ +∞

− ∞
e−

(x− x́ )2

4αt́ u0dx́ (19)

This equation asserts that the solution to the heat transfer at time t́ is
the convolution of the initial data u0 with the Gaussian kernel. This can
be expressed in a discretized field according to Eq. 20.

u(tʹ) = u0 ⊗ ké (20)

Where ⊗ is the convolution operator and ké is the heat kernel for the
evolution between date 0 and t′. The heat kernel (ké ) is a Gaussian kernel
with a standard deviation σ́ =

̅̅̅̅̅
αt́

√
.

Eq. 21 extends this equation to a discrete field and by considering u0
= E(t) and tʹ = t + Δt.

Econd(t) = Ew(t) ⊗ ke (21)

With ke the heat kernel between t and t+Δt corresponding to a
Gaussian kernel with a standard deviation σ =

̅̅̅̅̅̅̅̅
αΔt

√
. Eq. 21 is valid

for an infinite domain.
For simulating the manufacturing of finite parts, the equation needs

to be adjusted to take into account the adiabatic boundary condition on
a bounded domain. Eq. 21 is adapted with an additional term as shown
in Eq. 22.

Econd(t) = Ew(t) ⊗ ke +(1 − M(t+Δt) ⊗ ke ) ⊙ Ew(t) (22)

With 1 being a matrix with the same dimensions as M and entirely
filled with 1. For a voxel fully surrounded by material, the solution is
equivalent to that of an infinite domain. Indeed, for a voxel of at the
center x, y, z, fully surrounded by material m(t + Δt)xyz ⊗ ke = 1.
Furthermore, this equation validates the energy conservation (Eq. 23).
∑

econdij =
∑

ewij (23)

To verify Eq. 22, let’s illustrate it with a 2D example using a 3 × 3
kernel for both infinite and finite solutions.

The following equations show all occurrences of the term ewij

− For infinite domain:
The terms of Econd(t) including occurrences of ewij can be expressed

as:

econdi− 1j− 1 = …+ ewijke11

…

econdij = …+ ewijke00 +…

…

econdi+1j+1 = ewijke− 1− 1 +… (24)

By summing all the econdij, we obtain:
∑

econd ij = ew ij

∑

m∈{− 1,0,1}

n∈{− 1,0,1}

ke mn + … (25)

By definition, the sum of all the terms of the heat kernel is equal to
1. So, we obtain the equation:
∑

econdij = ewij +… (26)

So, by proceeding in the same way for all ewij, we obtain Eq. 23
allowing to verify the energy conservation.

− For bounded domain

By applying Eq. 22, terms of Econd(t) including occurrences of ewij can
be expressed as:

econdi− 1j− 1 = …+ ewijke11 +…

econdi− 1j = …+ ewijke 10 +…

econdi− 1j+1 = …+ ewijke1− 1 +…

econdij− 1 = …+ ewijke01 +…

econdij = …+ewijke00 +…+ [1 − (ke− 1− 1 +ke0− 1 + ke− 10 + ke00 + ke− 1− 1 +

ke0− 1)]ewij

econdij− 1 = …+ ewijke0− 1 +…

econdi− 1j+1 = 0

econdij+1 = 0

econdi+1j+1 = 0 (27)

By summing all the econdij, we obtain the equation:

∑
econd ij = ewij

∑

m∈{0,1}

n∈{− 1,0,1}

ke mn +

⎡

⎢
⎢
⎢
⎢
⎣
1 −

∑

m∈{− 1,0}

n∈{− 1,0,1}

ke mn

⎤

⎥
⎥
⎥
⎥
⎦
ew ij +… (28)

As the Gaussian kernel is symmetric, so kemn = ke − mn, and then:
∑

m ∈ {0,1}
n ∈ { − 1,0, 1}

kemn =
∑

m ∈ { − 1, 0}
n ∈ { − 1,0, 1}

ke mn (29)

Eq. 28 can be simplified as follows:
∑

econd ij = ew ij +… (30)

By applying the same approach to all ewij, we derive Eq. 23.
Extending this method to three dimensions for each ewijk, we show en-
ergy conservation as defined in Eq. 23.

2.3.4. Calculation of next step energy
The evolution of energy at time step t+Δt can be calculated from

previous values as shown in Eq. 31.

E(t + Δt) = E(t) + ΔEloss(t) + Econd(t) (31)

By following the outlined procedure for each calculation step, the
manufacturing process of a part can be effectively simulated. The matrix
formulation simplifies implementation and enables fast calculation
using Python and dedicated libraries such as numpy and scipy. The heat
kernel convolution is easily calculated through the standard Gaussian
filter functionality from the ndimage module. Since the material’s ther-
mal properties are assumed constant for the conduction, a fixed kernel
size can be used, allowing the application of standard algorithms. Fig. 5
illustrates an example of the resulting temperature field at a specific
time step.
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3. Comparison with reference values

This section has two main objectives: first, to assess the accuracy of
the proposed simulation method by comparing it with experimental
data, and second, to evaluate its computation time relative to a standard
FEM approach. For this purpose, it is used the work of [36], which
presents a benchmark case involving the construction of a thin wall. This
study provides both experimental data and simulation results for the
manufacturing processes. The experimental data will be used to qualify
the accuracy of the proposed method, while the simulation results will
serve to quantify the reduction in computation time compared to the
FEM simulation.

3.1. Validation case

3.1.1. Experimental setup
The proposed experiment is the manufacturing of an 8-layer wall

using a zigzag welding strategy. The wall is built with a Yaskawa
MA1440 six-axis robot equipped with a two-axis positioner and a Fro-
nuis T.P.S. CMT 4000 Advanced welding station (Fig. 6). The wall is
made from aluminium alloy Al5356 and is built on a 250 mm × 250 mm
× 5 mm Al5083 substrate, initially maintained at 20 ◦C. To prevent
conduction with external solids, the substrate is placed on firebrick,
ensuring that energy loss occurs only through convection and radiation.

Key welding parameters, such as input power, travel speed, idle time,
acquisition duration, synergic Wire Feed Speed (WFS), and the balance
between Electrod Positive and Electrod Negatif (EP/EN) cycles are
detailed in Table 1. Fig. 7 illustrates the experimental setup, with six
thermocouples (P1 to P6) are placed to record the surface temperatures
of the part, with a data acquisition frequency of 4 Hz. These temperature
measurements will be used to validate the thermal simulation results.

3.2. Fast thermal model setup

The voxel size is set to 1 mm × 1 mm x 1 mm and the time step is
0.1 s. These values are consistent with those used in the finite elements
model described in [36], allowing a reliable comparison of calculation
time. The influence of these values will be discussed in the Section 5. To
maintain consistency with the reference [36], all other parameters,
including thermal-dependant thermal properties, are adopted from
[39]. These properties are used to establish the bijection between energy
density and temperature. As detailed in the dedicated section on con-
duction simulation, the size of the heat kernel is determined by material
properties that are assumed constant. In this case, properties at the
liquidus temperature are selected (Table 2). Goldak heat source pa-
rameters, used to define ΔEsub(t) values, are also chosen to align with the
reference data in [39]. The welding efficiency energy (η) is set to 0.83
[39], and the emissivity is set to 0.77, in agreement with [40].

3.3. Results

As previously depicted, the values from [36] will be used as the
reference for this study. This reference provides temperature measure-
ments from six thermocouples during the manufacturing of the wall, as
well as the calculation time to simulate the same manufacturing through
a standard FEM model. The proposed simulation will be compared on
two sides: firstly, on accuracy, and secondly on calculation.

3.3.1. Accuracy
One objective of the developed simulation is to be used to optimize

process parameters. In this section, we evaluate the accuracy of the
simulated temperature fields by comparing them to experimental data.
Fig. 8 shows the temperature evolution at points P1 to P6, where dashed
lines represent experimental values and solid lines correspond to simu-
lated values. For each point, the mean absolute deviation and the
Pearson coefficient are calculated. The Pearson coefficient is particularly
relevant for validating both the amplitude and synchronization of two
curves. Table 4 summarizes these results, showing that the maximum

Fig. 5. Example of temperature field at a given time step.

Fig. 6. Experimental WAAM system.
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mean deviation occurs at point P2, with a deviation of 32.1 ◦C, while the
lowest Pearson coefficient is 0.897 at point P4. Across all six points, the
average Pearson coefficient is 0.957, and the average of the mean ab-
solute deviation is 20.2 ◦C.

Points P1 and P3 exhibit half the number of temperature peaks
compares to P2, as they are located near the half-turn generated by the
zigzag welding strategy. This results in a noticeable asymmetry at P1
and P3, reflecting the approach and departure of the welding torch.
These characteristics are observed in both the simulated and measured
data. Additionally, the cooling rates and asymptotic temperature values
are well aligned between the two datasets, indicating good consistency.

3.3.2. Calculation time
Both simulations were executed on the same computer equipped

with an Intel Core i7–8700 CPU @ 3.20 GHz corresponding to 0.38
TFLOPS. For an experimental duration of 170 s, the FEM simulation
proposed by [36] required 12 000 s of computation time. In contrast, the
proposed simulation completed in 150 s, making it 80 times faster than
the reference FEM simulation and 1.13 times faster than the real process.

In comparison, commercial software like Simufact have a calculation
time about 15 min to simulation 100 mm of trajectory in thermal
simulation [26]. Given that the studied case involves a 640 mm trajec-
tory, this would result in an estimated calculation time of over 5 760 s,
making this approximately 38.4 times slower than the proposed simu-
lation, excluding the cooling phase.

4. Discussion

4.1. Comparison with FEM and experiment

In terms of accuracy, the proposed simulation exhibits performance
compatible with the objective of optimizing manufacturing parameters.
According to [41], a 100 ◦C variation in substrate temperature can result
in a change of approximately 0.5 mm in the deposited bead radius.
Therefore, the mean deviation of about 20 ◦C observed in the proposed
simulation is within an acceptable range. Moreover, the largest de-
viations are observed during temperature peaks while the overall curves
do not seem to drift, validating the model’s energy balance. Currently,
all parameter values are based on literature findings for both material
and process conditions. Calibrating these parameters based on the
experimental data could further improve accuracy, particularly in the
evaluation of the heat transfer coefficients and welding efficiency.

From a computational perspective, the proposed simulation offers a
significant time advantage over traditional finite element methods,
making it highly suitable for use in optimizing manufacturing parame-
ters, even in iterative processes. Additionally, its ability to run faster
than real time presents the opportunity for real-time adjustments during
the manufacturing process.

4.2. Influence of spatial and time discretization

The influence of time and spatial discretization on simulation accu-
racy and efficiency is examined. A reference configuration is selected
with a time increment of 0.1 s and a voxel size of 1 mm. Three criteria
are analyzed for this comparison: the mean absolute deviation between
calculated and measured temperatures at points P1 to P6, the mean
Pearson coefficient between calculated and measured temperatures at
these points, and the computing time on a given computer (detailed in
section 4.2.2). Variations in time increment are assessed with steps of

Table 1
Manufacturing parameters.

Parameters Input power (U.I) Travel speed Idle time Acquisition duration Synergic WFS EP/EN Synergy law

Units W mm/s s s m/min  CMT advanced
Values 960 10 2 170 5 + 1 1368

Fig. 7. Experimental design [36].

Table 2
Material properties [39].

Properties cl λl ρl h ε η

Units: J/(kg.K) W/(m.K) kg/m3 W/(m2. K) - -
Values: 1261 177 2549 20 0.77 0.83
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0.05, 0.1, and 0.2 s, while different spatial discretization are tested with
voxel sizes of 0.25, 0.5, and 1 mm. Table 4 presents the effects of these
parameters on the three criteria with the first row representing the
performance of the initial simulation setup.

The time step has a significant impact on the mean absolute devia-
tion, with smaller time steps enhancing model accuracy, validated by a
Pearson coefficient greater than 0.923, which indicate good frequency
synchronization. Increasing the time step slightly degrades this indica-
tor. As expected, the computing time is closely related to the time step
(Fig. 9). The voxel size, however, shows a negligible effect on the model

quality (mean absolute deviation and Pearson coefficient) within the
tested range. Computing time is mainly proportional to the number of
voxels, as expected (Fig. 9).

Points P1 to P6, though located at some distance from the welding
torch, provide useful comparison with experimental values. For process
optimization, the temperature field near the last layer is crucial.
Therefore, the impact of discretization on the temperature of the last
layer temperature will be evaluated. This involves monitoring the
temperature at point P7 over time after its activation (i.e. after the
welding torch has passed). Fig. 10 illustrates how discretization affects
this temperature, showing that the influence near the electric arc is
significantly the same as on other control points.

4.3. Influence of heat kernel size

According to the developed numerical scheme, the kernel size re-
mains constant during the conduction calculation regardless the tem-
perature evolution. It corresponds to the liquidus state. It is proposed to
study the modification of these properties according to the temperature
evolution.

Table 5 shows the evolution of material properties for both ambient
temperature (25 ◦C) and liquidus temperature (580 ◦C) according to
[39]. It illustrates the evolution of the heat kernel standard deviation
and the influence on the mean absolute deviation and the mean Pearson
coefficient. Fig. 11 shows the influence of the heat kernel standard

Fig. 8. Comparison between experimental values from [36] and values from developed simulation.

Table 4
Influence of time and spatial discretization.

Time
step
(s)

Voxel
size
(mm)

Mean
absolute
deviation
(◦C)

Mean
Pearson
coefficient

Number of
elements

Calculation
time (s)

0.1 1 20.2 0.958 1 587 600 150
0.05 0.5 17.0 0.968 12 096

192
2559

0.2 0.5 24.4 0.923 12 096
192

1057

0.1 0.25 19.7 0.951 94 376
376

19961

0.1 0.5 19.5 0.954 12 096
192

1519

Table 3
Comparison of experimental and simulation results.

Point: P1 P2 P3 P4 P5 P6 Mean on all points

Mean absolute deviation (◦C) 19.2 32.1 13.6 14.2 19.5 23.2 20.2
Mean Pearson coefficient 0.983 0.984 0.983 0.897 0.942 0.956 0.957
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deviation for material properties at 25 and 580 ◦C over time at point p7.
On all criteria, this influence remains very low validating the hypothesis
of maintaining constant material property during conduction
calculation.

4.4. Calculation time

Fig. 12 shows the distribution of the cumulative percentage of times
spent in each of the functions during model solving. Conduction simu-
lation accounts for 60.2 % of the cumulative computation time. Even if
the duration of the simulation is considerably shorter compared to FEM

one, improvements are possible:

− Parallelizing conduction and heat loss calculation could save
approximately 20 % of calculation time. Currently, these operations
are not parallelized, even though there is no dependency between
them. This will be a future improvement.

− Implementing more suitable data structures than matrices could
reduce the number of elements describing space without material.
For a voxel size equal to 1 mm, the matrix contains 1 587 600 ele-
ments, with 77 % being zero elements (corresponding to the sur-
rounding area of the built plate, green zone in Fig. 1). Using a more
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Fig. 9. Evolution of computing time according to time step and number of elements.

Fig. 10. Influence of discretization on temperature at point P7.

Table 5
Material properties according to temperature.

Properties T c λ ρ σ Mean absolute deviation Mean Pearson coefficient

Units: ◦C J/(kg.K) W/(m.K) kg/m3 - ◦C 
25 1096 144.6 2604 1.56.10− 3 22.6 0.940
580 1261 177 2549 1.66.10− 3 19.5 0.954
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appropriate data structure, storing information solely for material
elements, would speed up the neighborhood search (constituting
16 % of the computation time), and would also enable the use of
alternative computation methods for convolution with the heat
kernel.

5. Conclusion

This paper introduces a novel approach for rapid thermal simulation
of the WAAM process, aiming to enhance the comparison of various
manufacturing strategies such as trajectory, energy input, quantity of
deposited material, by assessing their impact on the thermal state of the
produced part to improve its overall quality. The proposed method has
been described in detail and the various assumptions regarding the
material and coefficient characteristics have been studied. Through
comparison with experimental data, the accuracy appears to be largely
satisfactory for optimizing manufacturing strategies. Computation times
have been compared with common FEM simulation for the same studied

case revealing that the proposed approach reduces computation time
significantly—up to 80 times faster, and even faster than real-time
WAAM operations. The influence of spatial and time discretization on
model accuracy and calculation time has also been analyzed and led to a
relevant compromise between calculation time and accuracy enabling
WAAM process optimization in both offline and inline conditions. This
paves the way for real-time optimization of operation by adjusting
interlayer waiting times or the welding energy input according to the
part geometry and manufacturing trajectory. The original main features
of the proposed simulation are decoupling the calculation of the energy
loss and the calculation of the conduction, the explicit matrix formula-
tion of the solution and the use of kernel convolution for simulating
conduction.

In this study a standard geometry (a thin wall) was used to able
comparison with existing results in the literature. To access the model’s
robustness, it will be necessary to validate this model on more complex
geometries. Numerical improvement regarding the data structure could
also lead to drastic computing time reductions. The use of voxel can be
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coupled with the adoption of non-matrix data structures like graphs
could help to reduce calculation time (by reducing the number of zero-
voxel manipulations) and facilitate the use of the method on more
complex geometries. Such improvements should make it possible to
create a rapid simulation tool that can be used on complex geometries,
giving WAAM manufacturers a real competitive advantage.
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