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Introduction Step 3: Integrative cell-type specific markers
e The pancreatic ductal adenocarcinoma (PDAC) intra-tumor Extraction of robust integrative gene markers.
heterogeneity is a major pathological feature that can @ eo®ow-o0e@ffs 90 ¥ E¥
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confer aggressiveness and chemoresistance

Il

e Accuracy of bulk deconvolution algorithms to infer tumor
composition is currently limited.
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e [n this study, we provide a single-cell quantifier of PDAC tumor cell
heterogeneity including:
- A list of robust integrative cell-type markers.
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- Guidelines to assign single cell identities. -

- A benchmark of deconvolution tools applied to PDAC ¢ 5L T o LT LY e 0 gL LU
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Figure 3: Robust integrative cell-type markers. Heatmap of the newly generated cell-types
In this Stlld}@ we characterized a pOOl of 796,000 single cell RNA-Seq markers across averaged genetic profiles of integrated cell types. Markers were identified by applying the

from normal and tumoral pancreas from 12 different published studies. SCRAN workflow (Lun et al, 2016) after bootstrap sampling.

Step 4: Single cell identity assignment

d b First characterization

Acinar

apCAF

B cells

Basal

Classic

Dendritic cells Pror. of cells
Ductal - .
Endocrine o,
Endothelial cells
Fibro/Stellate

iICAF

Mono.Macro

myCAF

T cells

Unchar_cancer

0.8 -

m Robust_Markers
Literature_Markers

0.6 -

it @ @ =M ¥y T EF & 0@ + QU &

0.4 -

N
B (STEP 2) Single-cell data 0.2 -
% j integration l_

| scSorter celllD Posterior assighation

B = 0 Je

Misclassification Rate

Figure 4: Posterior cell assignment on Peng’s dataset. a) Misclassification rate using our

robust list of markers or the markers from the literature and the tools scSorter (Guo et al, 2021) or

(STEP 3) Generation of
integrative genetic markers of

cell type identities and false discoveries for each cell population using celllD and our robust markers.

cellID (Cortal et al 2021). b) Representation of the contingency table showing the proportion of true

Step 5 : Benchmark of deconvolution using the

new single-cell references
(STEP 4) Application to single- (STEP 5) Application to tumor
cell identity assignation micro-environment deconvolution
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Conclusion

- An integrative robust set of PDAC cell-type specific gene markers.

Figure 2: Cell-types identification and integration. Top panel: decision tree for cell type : . e
st P | | s e | P - The use of these signatures can help us understanding and finely quantifying
assignation. Bottom panel: Clustering of single cells data after integration of all studies together. Left

panel: UMAP of all identified cell-types, Right panel: UMAP of cells colored by their study of origin. tumor composition and pave the way to more efficient precision medicine.



