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Abstract

Let
(

u(t, x), t ≥ 0, x ∈ R
d
)

be the solution to the stochastic heat or wave equation driven by a
Gaussian noise which is white in time and white or correlated with respect to the spatial variable.
We consider the spatial average of the solution FR(t) = 1

σR

´

|x|≤R
(u(t, x)− 1) dx, where σ2

R
=

E
(

´

|x|≤R
(u(t, x)− 1) dx

)2

. It is known that, when R goes to infinity, FR(t) converges in law to a

standard Gaussian random variable Z. We show that the spatial average FR(t) is actually asymptotic
independent by the solution itself, at any time and at any point in space, meaning that the random
vector (FR(t), u(t, x0)) converges in distribution, as R →∞, to (Z, u(t, x0)), where Z is a standard
normal random variable independent of u(t, x0). By using the Stein-Malliavin calculus, we also
obtain the rate of convergence, under the Wasserstein distance, for this limit theorem.

2010 AMS Classification Numbers: 60H15, 60H07, 60G15, 60F05.

Key Words and Phrases: stochastic heat equation, stochastic wave equation; Malliavin deriva-
tive, Stein’s method; Wasserstein distance.

1 Introduction

In the last decade, a large number of research papers analyzed the asymptotic behavior of the solution
to various stochastic partial differential equations (SPDEs in the sequel). The context is as follows.
Consider a general SPDE of the form

Lu(t, x) = σ(u(t, x))Ẇ (t, x), t ≥ 0, x ∈ R
d, (1.1)

with initial condition u(0, x) = 1 for every x ∈ R
d. In (1.1), L is first or second order differential

operator with constant coefficients, σ : R → R is a globally Lipschitz function and W is a space-time
white noise (presented in the next section). The mild solution to (1.1) is expressed via the integral
equation

u(t, x) = 1 +

ˆ t

0

ˆ

Rd

G(t− s, x− y)σ(u(s, y))W (ds, dy), (1.2)
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where G is the Green kernel associated with the operator L (i.e. the solution of LG = δ0 in the sense
of distributions) and the stochastic integral with respect to W is the Dalang-Walsh stochastic integral
(see Section 2.1).

Assume that the exists a unique solution to (1.2) (which happens for the situations considered in
our work). The purpose is to study the asymptotic behavior, as R→∞, of the quantity

FR(t) =
1

σR

ˆ

|x|≤R
(u(t, x)− 1) dx, (1.3)

where σ2
R = E

(

´

|x|≤R (u(t, x)− 1) dx
)2

and | · | denotes the Euclidean norm in R
d. The functional

FR(t) is called the spatial average of the solution to the SPDE (1.1) at time t. In many situations, it
has been proven that, for fixed t > 0 (in the sequel, we denote by→(d) the convergence in distribution),

FR(t)→(d) Z ∼ N (0, 1),

and estimates for the total variation distance between the laws of FR(t) and Z ∼ N (0, 1) has been
obtained. For the case of the stochastic heat equation (i.e. L = ∂

∂t − 1
2∆ in (1.1), with ∆ the Laplacian

on R
d), we refer to the papers [13], [14] or [16], which treated the situations when the noise is white

or colored in space. The case of the stochastic wave equation (i.e. one takes L = ∂2

∂t2 −∆ in (1.1) and

we assume in addition ∂u
∂t (0, x) = 0 for every x ∈ R

d) with white noise in time, and white or correlated
spatial covariance, has been studied in [6], [11], [17]. More precise statements of the results obtained
for the heat and wave equations with white noise in time are presented in Theorem 1 and Theorem 2.
A large variety of other situations has been considered in the literature: the case of the fractional noise
in time in [2], [19], [16] or [18], the case of the fractional heat equation (i.e. the standard Laplacian is
replaced by the fractional Laplacian) in [1], the case of time-independent noise in [3], [4] and [5] or the
case of delta-initial condition in [7], [15].

In this work, we aim at studying the asymptotic independence between the spatial average FR(t)
given by (1.3) and the solution (1.2) itself at time t and at a fixed spatial point x0 ∈ R

d. In other
words, we show that, for every t > 0 and x ∈ R

d, the family of random vectors

(FR(t), u(t, x0), R > 0)

converges in distribution, as R→∞, to the random vector

(Z, u(t, x0)),

where Z ∼ N (0, 1) is independent of u(t, x0). This implies that the spatial average FR(t) is
asymptotically independent of the solution at any time and at any point in space. Intuitively, that means
that large values of the solution are unlikely to be accompaned by large values of the spatial average,
the exteme values of u have no effect on the behavior of the spatial average when the integration domain
in (1.3) becomes larger and larger. For a recent work on the concept of asymptotic independence, see
[10].

We treat several situations: the case of the (nonlinear) stochastic heat and wave equations with
space-time white noise and with white noise in time and correlated spatial covariance given by the
Riesz kernel. In all these situations, we prove that the functional FR(t) given by (1.3) is asymptotically
independent of u(t, x0) and in addition, we give estimates for the Wasserstein distance between the
probability distributions of (FR(t), u(t, x0)) and (Z, u(t, x0)) (where Z ∼ N (0, 1) is independent of
u(t, x0)), when R is large enough.

To prove these results, we use the variant of the Stein’s method recently developed in [20] and [21].
This method allows to give bounds, in terms of the Malliavin operators, for the Wasserstein distance
between the law of a random vector (X, Y ) (with components differentiable in the Malliavin sense)
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and the law of the vector (Z, Y ), with independent components and with Z a standard normal random
variable. We actually slightly adapt the method from [20] and [21], by considering the situation when
X is a Skorohod integral.

We organized our paper as follows. Section 2 constitutes a preliminary section where we describe
the main objects that appear in our work and we present our new results. In Section 3 we develop
our mathematical tools: we prove a new Stein-Malliavin bound to evaluate the Wasserstein distance
between the law of a random vector (X,Y), where X is a Skorohod integral and Y is an arbitrary d-
dimensional vector with components differentiable in the Malliavin sense, and the vector (Z, Y ), where
Z ∼ N (0, σ2) and Z,Y are independent. Section 4 contains the proofs of our main results while Section
5 is the Appendix where we included the basic elements of Malliavin calculus.

2 Preliminaries and goals of the paper

In this preliminary part, we present the stochastic heat and wave equations and some properties of their
solutions. We then recall some results obtained in the literature regarding the asymptotic behavior of
the spatial average for these equations and we also describe our new findings.

2.1 The Gaussian noise and the Dalang-Walsh stochastic integral

Let (Ω,F , P) a probability space. We consider an integer d > 1 and let Bb(Rd) be the set of bounded
Borel subsets of Rd. Consider the centered Gaussian field W = (W (t, A), t > 0, A ∈ Bb(Rd)) which is
white in time and colored in space by the Riesz kernel. That is, for every s, t > 0 and A, B ∈ Bb(Rd),
we have the following expression for the covariance of W

E[W (t, A)W (s, B)] = (s ∧ t)

ˆ

A

ˆ

B
fα(x− y) dx dy, (2.4)

where the function fα : Rd −→ R is given by

fα(x) =

{

1
|x|d−α if 0 < α < d

δ0(x) if α = 0.

When α = 0, we say that the noise is white in space, and then the covariance (2.4) reduces to

E[W (t, A)W (s, A)] = (s ∧ t) Leb(A ∩B), (2.5)

where Leb stands for the Lebesgue measure on R
d.

We define the Hilbert space H as the completion of the set
{

1[0,t] ⊗ 1A, t > 0, A ∈ Bb(Rd)
}

under

the scalar product, for all t, s > 0 and A, B ∈ Bb(Rd):

〈

1[0,t] ⊗ 1A, 1[0,s] ⊗ 1B

〉

H
:= (t ∧ s)

ˆ

A

ˆ

B
fα(x− y) dx dy.

Note that if α = 0 (the white-noise case), then H is simply L2(R+ ×R
d). We have, for f, g ∈ H,

〈f, g〉H =

ˆ ∞

0
ds

ˆ

Rd

dy

ˆ

Rd

dy′f(u, y)g(v, y′)fα(y − y′). (2.6)

If f = 1[0,t]⊗1A, we set W (f) := W (t, A) for t > 0 and A ∈ Bb(Rd). Then we extend this relation
to H, by linearity and density. In this way, the family (W (g), g ∈ H) becomes an isonormal process
(see also [22]). We denote by D and δ the Malliavin derivative and the Skorohod integral with respect
to W , see Section 5.
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For t > 0, denote by Ft the σ-algebra generated by the random variables (W (s, A), 0 ≤ s ≤
t, A ∈ Bb(Rd)). A stochastic field (X(t, y), t ≥ 0, y ∈ R

d) is said to be (Ft)t>0-adapted if X(t, x) is
Ft-measurable for every t ≥ 0 and for every x ∈ R

d. Consider a random field (X(t, y), t ≥ 0, y ∈ R
d),

jointly measurable and (Ft)t>0-adapted such that

E‖X‖2H = E

ˆ ∞

0
du

ˆ

Rd

dy

ˆ

Rd

dy′X(s, y)X(s, y′)fα(y − y′) <∞. (2.7)

For such a stochastic field, we can define the Dalang-Walsh integral (see [8] or [23])

ˆ ∞

0

ˆ

Rd

X(s, y)W (ds, dy).

This stochastic integral satisfies the Itô-type isometry

E

(
ˆ ∞

0

ˆ

Rd

X(s, y)W (ds, dy)

)2

= E‖X‖2H ,

where ‖ · ‖H = 〈·, ·〉H is the norm in H.

2.2 The stochastic heat and wave equations: Convergence of the spatial average

This part contains some basic facts concerning the heat and wave equations. We also recall the results
for the normal convergence of the spatial average, which constitute the starting of our investigation.

2.2.1 The heat equation

We consider the following heat equation: for all t > 0 and x ∈ R
d :

∂u

∂t
(t, x) =

1

2
∆u(t, x) + σ(u(t, x))Ẇ (t, x), (2.8)

with initial condition u(0, x) = 1 for all x ∈ R
d, where W is the noise having the correlation (2.4),

and σ : R −→ R is supposed to be globally Lipschitz. We understand the solution in the mild sense,
meaning that

u(t, x) = 1 +

ˆ t

0

ˆ

Rd

G(t− s, x− y)σ(u(s, y)) W (ds, dy), (2.9)

where the integral must be understood in the Dalang-Walsh sense (see Section 2.1)), and G is the Green
kernel given by, for all t > 0 and x ∈ R

d,

G(t, x) :=
e

−|x|2

2t

(2πt)
d
2

. (2.10)

This mild solution (2.9) exists if and only if d < 2 + α if α ∈ (0, d) i.e. W is a white-colored noise and
if and only if d = 1 when W is a space-time white noise (see for instance [8]). Note that G satisfies the
semi-group property

ˆ

Rd

G(t, x′ − y)G(s, y − x) dy = G(t + s, x′ − x), (2.11)

for every s, t ≥ 0 and x, x′ ∈ R
d. We have the following bound for all p > 1 and T > 0 (see e.g. [8] or

[22])
sup

06t6T
sup
x∈Rd

E [|u(t, x)|p] <∞. (2.12)
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The object of interest of this paper is the normalized spatial average of the solution, defined by
(1.3). In the case of the stochastic heat equation, we use the following notation: for every R > 0 and
t > 0, let

F H
R (t) :=

1

σR

ˆ

|x|6R
(u(t, x) − 1) dx, (2.13)

where σ2
R := Var

(

´

|x|6R(u(t, x)− 1) dx
)

. By a Fubini argument, and since the Dalang-Walsh integral

coincides with the Skorohod integral for adapted integrands (see (5.39)), we have

F H
R (t) = δ(vR,t),

where vR,t ∈ L2(R+ × R) is defined as

vR,t(s, y) :=
1

σR

(

ˆ

|x|6R
G(t− s, x− y) dx

)

σ(u(s, y))1[0,t](s). (2.14)

The following theorem has been proved in [13] and [14]. For now, and in the rest of a paper, C is a
strictly positive constant that could change from every line to an other.

Theorem 1. Let β := d − α ∈ (0, d], T > 0 and let v be defined on (2.14). Then for all t > 0 and
R > 0, F H

R (t) ∈ D
1,2. Moreover,

1. when β = d = 1 (i.e. α = 0, the white-noise case), there exists a constant C > 0 depending on T

such that for all R > 0 and t ∈ (0, T ]

dTV

(

F H
R (t),N (0, 1)

)

6

√

Var
[

〈

DF H
R (t), vR,t

〉

L2(R+×R)

]

6
C√
R

, (2.15)

where dTV is the total variation distance. Moreover, as R goes to ∞, σR ∼ C
√

R, where C

depends on T and α.

2. for 0 < α < d (the white-colored noise case), we have for some C > 0 depending on α and T :

dTV

(

F H
R (t),N (0, 1)

)

6

√

Var
[〈

DF H
R (t), vR,t

〉

H

]

6
C

R
β

2

. (2.16)

Moreover, as R goes to ∞, σR ∼ CR1− β

2 .

For the definition of the total variation distance dTV, we refer to e.g. [13]. However, we do not need
it in our work. One last very useful result is the following lemma allowing to estimate the Malliavin
derivative of u(t, x) in terms of the corresponding Green kernel. Those results are also derived in [13]
and [14].

Lemma 1. Let T > 0, t ∈ (0, T ] and x ∈ R
d. Then for all p > 2, u(t, x) ∈ D

1,p and for all s ∈ (0, T ]
and y ∈ R

d:

E [|Ds,yu(t, x)|p]
1

p 6 Cp,T G(t− s, x− y). (2.17)

2.2.2 The wave equation in dimension 1

We consider the following one-dimensional wave equation:

∂2u

∂t2
(t, x) =

∂2u

∂x2
(t, x) + σ(u(t, x))Ẇ (t, x), t ≥ 0, x ∈ R, (2.18)
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with initial condition u(0, x) = 1 and ∂u
∂t (0, x) = 0 for all x ∈ R, where W is the noise having the

covariance (2.4), and σ : R −→ R is supposed to be globally Lipschitz. We understand again the
solution in the mild sense, meaning that

u(t, x) = 1 +

ˆ t

0

ˆ

Rd

G1(t− s, x− y)σ(u(s, y)) W (ds, dy), (2.19)

where the integral W (ds, dy) is the Dalang-Walsh integral introduced in Section 2.1 and G1 is the
Green kernel given by for all t > 0 and x ∈ R

G1(t, x) :=
1

2
1{|x|6t}. (2.20)

Then we have the following bound for all p > 1 and T > 0 (see [8] or [22])

sup
06t6T

sup
x∈R

E
[

∣

∣u(t, x)
∣

∣

p
]

<∞. (2.21)

For every R > 0 and t > 0, we consider the spatial average of the solution

F W
R (t) :=

1

σR

ˆ R

−R
(u(t, x) − 1) dx, (2.22)

where σ2
R := Var

(

´ R
−R(u(t, x)− 1) dx

)

. We can write

F W
R (t) = δ(vR,t),

where

vR,t(s, y) :=
1

σR

(

ˆ R

−R
G1(t− s, x− y) dx

)

σ(u(s, y)) 1[0,t](s). (2.23)

The following theorem has been proved in the reference [11].

Theorem 2. Let β := 1− α ∈ [0, 1), and v defined on (2.23).

1. When β = 1 (the white-noise case), we have for all t > 0 and R large enough

dTV

(

F W
R (t),N (0, 1)

)

6

√

Var
[

〈

DF W
R (t), vR,t

〉

L2(R+×R)

]

6
C√
R

, (2.24)

Moreover, as R goes to ∞, σR ∼ C
√

R.

2. For 0 < α < 1 (the white-colored noise case), we have for all t > 0 and R large enough

dTV

(

F W
R (t),N (0, 1)

)

6

√

Var
[

〈

DF W
R (t), vR,t

〉

H

]

6
C

R
β

2

. (2.25)

Moreover, as R goes to ∞, σR ∼ CR1− β

2 .

As for the heat equation we have a lemma giving an estimate of the Malliavin derivative of the
solution (it has been proven in [11], Lemma 2.2).

Lemma 2. Let T > 0, t ∈ (0, T ] and x ∈ R
d. Then for all p > 2, u(t, x) ∈ D

1,p and for all s ∈ (0, T ]
and y ∈ R

d :

E
[

∣

∣Ds,yu(t, x)
∣

∣

p
]

1

p
6 Cp,T G1(t− s, x− y). (2.26)
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2.3 Results

We define first the distance we will work with. For every random variable X, real or vector valued, we
will denote by PX or L(X) its law. We define Lip(1) the set of functions h : R × R

d −→ R which are
Lipschitz continuous, with a Lipschitz constant less or equal to 1. In other words,

Lip(1) :=















h : R× R
d −→ R

∣

∣

∣

∣

∣

∣

∣

∣

sup
x,x′∈R

d+1

x 6=x
′

|h(x)− h(x′)|
|x− x′| 6 1















.

We define the Wasserstein distance for every random variable X,Y valued in R×R
d such that h(X) ∈

L1(P) and h(Y) ∈ L1(P) as :

dW
(L(X),L(Y)

)

:= sup
h∈Lip(1)

∣

∣

∣E[h(X)] −E[h(Y)]
∣

∣

∣.

We state the first main result which shows that the spatial average of the solution of the heat
equation is asymptotically independent of the solution itself.

Theorem 3. Let T > 0, F H
R =

(

F H
R (t), t ∈ [0, T ]

)

given by (2.13) and let x0 ∈ R be an arbitrary point.

β := d− α.

1. If β = d = 1, we have for every t ∈ (0, T ] and for R large,

dW

(

L
(

F H
R (t), u(t, x0)

)

,N (0, 1) ⊗ L(u(t, x0))
)

6
C√
R

, (2.27)

where C > 0 depends on T .

2. If 0 < α < d, then for R large enough,

dW

(

L
(

F H
R (t), u(t, x0)

)

,N (0, 1) ⊗ L(u(t, x0))
)

6
C

R
β

2

, (2.28)

where C > 0 depends on T and α.

A similar phenomenon happens in the case of the stochastic wave equation in spatial dimension
d = 1.

Theorem 4. Let T > 0, F W
R =

(

F W
R (t), t > 0

)

given by (2.22) and x0 ∈ R. Let β := 1− α

1. If β = 1, i.e. in the space-time white noise case, there exists a constant C > 0 depending on T

and x0 such that for every t ∈ (0, T ] and for all R > x0 + 2T :

dW

(

L
(

F W
R (t), u(t, x0)

)

,N (0, 1) ⊗ L(u(t, x0))
)

6
C√
R

; (2.29)

2. If 0 < α < 1 (the white colored noise case), then there exists a constant C > 0 depending on T ,
α and x0 such that for every t ∈ (0, T ] and for all R > x0 + 2T :

dW

(

L
(

F W
R (t), u(t, x0)

)

,N (0, 1) ⊗ L(u(t, x0))
)

6
C

R
β

2

. (2.30)
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3 A fundamental Stein’s bound

We begin our proofs by introducing a new Stein’s bound for a couple of random variables, by slightly
adapting a result from [21]. The main result of this section is Proposition 1, where we give a bound
for the Wasserstein distance between the law of (X,Y), where is X is a Skorohod integral, and the law
of (Z, Y ) with Z ∼ N (0, σ2) independent of Y. The idea to prove it is to use the following observation
(see for instance Lemmas 1 and 2 in [21], see also [20]): if X is a real random variable and Y a random
vector, then the couple (X,Y) is independent and X follows N (0, σ2) if and only if for every function
f : R× R

d −→ R belonging to a large class of function, we have

σ2E

[

∂f

∂x
(X,Y)

]

= E[Xf(X,Y)].

To the above identity, one can associate a Stein’s equation as follows: let h : R × R
d −→ R such that

E[|h(Z,Y)|] <∞, where Z ∼ N (0, σ2) is independent of Y. We set, for all x ∈ R and y ∈ R
d:

σ2 ∂f

∂x
(x, y) − xf(x, y) = h(x, y) −E[h(Z, y)]. (3.31)

We will use the following lemma, proved in Proposition 1 in [21].

Lemma 3. Let h : R→ R
d be of C1 with partial derivatives bounded by 1, the equation (3.31) admits

a unique bounded solution. Moreover, there exists a constant C > 0 which does not depend of h such
that

max

{

∥

∥

∥

∥

∂fh

∂x

∥

∥

∥

∥

∞
, max

16j6d

∥

∥

∥

∥

∥

∂fh

∂yj

∥

∥

∥

∥

∥

∞

}

6 C.

We can state and prove the following proposition, which constitutes a generalization of Proposition
2.2 in [13].

Proposition 1. Let X = δ(v), where v ∈ Dom(δ) ⊂ L2(Ω ×H) and let Y = (Y1, · · · , Yd) be a vector-
valued random variable. Suppose that E[X2] = σ2, X ∈ D

1,2 and Y = (Y1, ..., Yd) with Yj ∈ D
1,2 for

each j = 1, ..., d. Then we have

dW

(

L(X,Y),N
(

0, σ2
)

⊗ L(Y)
)

6 C







√

Var [〈DX, v〉H ] +
d
∑

j=1

√

E
[

〈v, DYj〉2H
]







. (3.32)

Proof. Suppose first that h is also C1 on R
d+1 and it has partial derivatives bounded by 1. Let

Z ∼ N (0, σ2
)

be a random variable independent of Y. Then, by the Stein’s equation (3.31)

E[h(X,Y)] −E[h(Z,Y)] = E
[

h(X,Y) −E[h(Z,Y)]
]

= E

[

σ2 ∂fh

∂x
(X,Y) −Xfh(X,Y)

]

= E

[

σ2 ∂fh

∂x
(X,Y)

]

−E [δ(v)fh(X,Y)] .

By duality formula (5.38) for the divergence operator and by chain rule of Malliavin derivative

E[h(X,Y)] −E[h(Z,Y)] = E

[

σ2 ∂fh

∂x
(X,Y)

]

−E [〈v, Dfh(X,Y)〉H ]

= E

[

∂fh

∂x
(X,Y)

(

σ2 − 〈v, DX〉
)

]

−
d
∑

j=1

E

[

∂fh

∂yj
(X,Y)〈v, DYj〉

]

.

8



Using again the duality relationship (5.38), we have

E[〈v, DX〉] = E[δ(v)2] = E[X2] = σ2,

we conclude by Cauchy–Schwarz inequality and by Lemma 3 that

∣

∣

∣E[h(X,Y)] −E[h(Z,Y)]
∣

∣

∣ 6 C







√

Var [〈DX, v〉H ] +
d
∑

j=1

√

E
[

〈v, DYj〉2H
]







, (3.33)

where the constant C does not depend on h. This inequality is true for every h ∈ Lip(1) being C1. For
a general h ∈ Lip(1), we approximate it for every ε > 0 by

hε(x, y) := E
[

h
(

x +
√

εN, y +
√

εN
)]

,

where N ∼ N (0, 1) and N ∼ Nd(0, Id) are independent. Then hε ∈ Lip(1) is C1 and uniformly
converges to h on R× R

d as ε goes to zero. Consequently, we get

∣

∣

∣E[h(X,Y)] −E[h(Z,Y)]
∣

∣

∣ 6 C







sup
R×Rd

∣

∣h− hε

∣

∣+
√

Var [〈DX, v〉H ] +
d
∑

j=1

√

E
[

〈v, DYj〉2H
]







.

Since this holds for every ε > 0, we conclude on (3.33) for every h ∈ Lip(1) by using the uniform
convergence of hε to h, and so in (3.32). ✷

4 Proofs

This section is consecrated to the proofs of our main results, Theorem 3 and Theorem 4. The two
proofs follow the same main line but the calculations are pretty different since they strongly depend on
the expression of the Green kernel.

4.1 Proof of Theorem 3

We separate the proofs of the cases when the noise is white or correlated with respect to the space
variable.

4.1.1 White noise case

We suppose that α = 0 and so d = 1. Let t ∈ [0, T ] and R > 0. Recall that F H
R (t) = δ(vR,t) where

vR,t ∈ L2(R+ × R) is defined by (2.14). Then, since F H
R (t) ∈ D

1,2, we apply Proposition 1 to get

dW

(

L
(

F H
R (t), u(x0, t)

)

, N (0, 1) ⊗ L(u(x0, t)
)

)

(4.34)

6 C

{

√

Var
[〈DF H

R (t), vR,t〉H
]

+

√

E
[

〈vR,t, Du(x0, t)〉2H
]

}

.

By Theorem 1, the first term satisfies

√

Var
[〈DF H

R (t), vR,t〉H
]

6
C√
R

.

All we need to do is to estimate the second term. By definition, we have

〈

vR,t, Du(t, x0)
〉

H
=

1

σR

ˆ R

−R

[

ˆ t

0

ˆ

R

σ(u(s, y))G(t − s, x− y) Ds,yu(t, x0) dyds

]

dx.

9



Hence, the expectation of the square of this term yields to, by using Cauchy–Schwarz inequality :

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

=
1

σ2
R

ˆ R

−R

ˆ R

−R

ˆ t

0

ˆ

R

ˆ t

0

ˆ

R

G(t− s, x− y)G(t− s′, x′ − y′)

· E
[

σ(u(s, y))Ds,yu(t, x0) σ(u(s′, y′))Ds′,y′u(t, x0)
]

dyds dy′ds′ dxdx′

6
1

σ2
R

ˆ R

−R

ˆ R

−R

ˆ t

0

ˆ

R

ˆ t

0

ˆ

R

G(t− s, x− y)G(t− s′, x′ − y′)

· E
[

σ(u(s, y))4
]

1

4
E
[

σ(u(s′, y′))4
]

1

4
E
[

Ds,yu(t, x0)4
]

1

4
E
[

Ds′,y′u(t, x0)4
]

1

4

dyds dy′ds′ dxdx′.

Since σ is globally Lipschitz (we denote by ‖σ‖Lip its Lipschitz constant), we have by using (2.21) that
for all s ∈ [0, t] and y ∈ R:

sup
06t6T

sup
y∈R

E
[

σ(u(s, y))4
]

6 8|σ(0)|4 + 8‖σ‖4Lip sup
06t6T

sup
x∈R

E
[

u(t, x)4
]

<∞. (4.35)

Moreover, by Lemma 1, we have for all s ∈ [0, t] and y ∈ R:

E
[

Ds,yu(t, x0)4
] 1

4
6 CG(t− s, x0 − y).

Consequently, we have

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

6
C

σ2
R

ˆ R

−R

ˆ R

−R

ˆ t

0

ˆ

R

ˆ t

0

ˆ

R

G(t− s, x− y)G(t− s′, x′ − y′)

G(t− s, x0 − y)G(t− s′, x0 − y′) dyds dy′ds′ dxdx′.

By semi-group property (2.11):

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

6
C

σ2
R

ˆ R

−R

ˆ R

−R

ˆ t

0

ˆ t

0
G(2(t− s), x− x0)G(2(t − s′), x′ − x0) dsds′ dxdx′.

To conclude, we do the majoration
´ R

−R 6
´

R
, we compute

´

R
G(2(t − s), x) dx = 2(t− s) and we find

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

6
C

σ2
R

6
C

R
,

by Theorem 1. Then the estimate (2.27) is obtained.

4.1.2 White-colored noise case

We suppose now that d > 1 and 0 < α < d. We still have F H
R (t) = δ(vR,t), with v defined in (2.14),

and the estimation (4.34). By Theorem 1, we have

√

Var
[〈DF H

R (t), vR,t〉H
]

6
C

R
β

2

.

So we focus on the second term. By the definition of the scalar product on H (see (2.6)),

〈

vR,t, Du(t, x0)
〉

H
=

1

σR

ˆ

|x|6R

[

ˆ t

0

ˆ

Rd

ˆ

Rd

σ(u(s, y))G(t − s, x− y) Ds,zu(t, x0)
dy dz

|y − z|β ds

]

dx.

10



By using Cauchy–Schwarz inequality, (4.35) and Lemma 1, we have

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

6
C

σ2
R

ˆ

|x|6R

ˆ

|x′|6R

ˆ t

0

ˆ

Rd

ˆ

Rd

ˆ t

0

ˆ

Rd

ˆ

Rd

G(t− s, x− y)G(t − s′, x′ − y′)

G(t− s, x0 − z)G(t − s′, x0 − z′)
dy dz

|y − z|β ds
dy′ dz′

|y′ − z′|β ds′ dx′ dx

=
C

σ2
R

(

ˆ

|x|6R

ˆ t

0

ˆ

Rd

ˆ

Rd

G(t− s, y)G(t− s, z)
dy dz

|z − y + (x− x0)|β ds dx

)2

=
C

σ2
R

(

ˆ

|x|6R

ˆ t

0
E

[

1
∣

∣x− x0 −
√

t− s(Z1 − Z2)
∣

∣

β

]

ds dx

)2

,

where Z1 and Z2 are independent and follows the standard d-dimensional Gaussian law Nd(0, Id). By
doing the change of variables x← x

R and using the fact that

sup
y∈Rd

ˆ

|x|61

dx

|x + y|β <∞,

we conclude that

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

6
CR2d−2β

σ2
R







ˆ t

0
E







ˆ

|x|61

dx
∣

∣

∣x− x0+
√

t−s(Z1−Z2)
R

∣

∣

∣

β






ds







2

6
CR2d−2β

σ2
R

.

By Theorem 1, σ2
R is equivalent to CR2d−β for R large, so we conclude that

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

6
C

Rβ
.

This leads to (2.28) and concludes the proof.

4.2 Proof of Theorem 4

The idea of the proof is the same as for the previous theorem, except that the semi-group property
does not hold for the Green kernel associated to the wave equation. Instead, we will compute explicitly
the integrals appearing in the proof.

4.2.1 White noise case

Suppose that α = 0 and d = 1. Then we write F W
R (t) = δ(vR,t), where vR,t is given by (2.23). Then, by

doing the same steps as in the proof of Theorem 3, by using Theorem 2 and Proposition 1, we only need

to focus on estimating E
[

〈vR,t, Du(t, x0)〉2
]

. With the use of Cauchy–Schwarz inequality, inequality

(4.35) that still holds for the wave equation and Lemma 2, we conclude that

E

[

〈

vR,t, Du(t, x0)
〉2
]

6
C

σ2
R

ˆ R

−R

ˆ R

−R

ˆ t

0

ˆ

R

ˆ t

0

ˆ

R

G1(t− s, x− y)G1(t− s′, x′ − y′)

G1(t− s, x0 − y)G1(t− s′, x0 − y′) dyds dy′ds′ dxdx′

=
C

σ2
R

(

ˆ R

−R

ˆ t

0

ˆ

R

G1(t− s, x− y)G1(t− s, x0 − y) dyds dx

)2

.
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We go on by computing this integral, by using the explicit expression of G1 given in (2.20). Then, we
have for s ∈ [0, t] and x ∈ R that

ˆ

R

G1(t− s, x− y)G1(t− s, x0 − y) dy

=
(

x0 − x− 2(t− s)
)

1[x0−2(t−s),x0](x) +
(

x− x0 − 2(t− s)
)

1[x0,x0+2(t−s)](x),

where, by convention, [a, b] = ∅ if a > b. Hence, we have for R > x0 + 2t :

E

[

〈

vR,t, Du(t, x0)
〉2
]

6
C

σ2
R

[

ˆ t

0

ˆ min{x0,R}

max{−R,x0−2(t−s)}
(x0 − x− 2(t− s)) dxds

+

ˆ t

0

ˆ min{x0+2(t−s),R}

max{−R,x0}
(x− x0 − 2(t− s)) dxds

]

=
C

σ2
R

[

ˆ t

0

ˆ x0

x0−2(t−s)
(x0 − x− 2(t− s)) dx ds

+

ˆ t

0

ˆ x0+2(t−s)

x0

(x− x0 − 2(t− s)) dx ds

]

=
C

σ2
R

.

By Theorem 2, σ2
R is equivalent to CR when R goes to infinity, so we conclude that

E

[

〈

vR,t, Du(t, x0)
〉2
]

6
C√
R

,

which proves the inequality (2.29).

4.2.2 White-colored noise case

Suppose that 0 < α < 1. By repeating the same steps as before, we have

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

6
C

σ2
R

(

ˆ R

−R

ˆ t

0

ˆ

R

ˆ

R

G1(t− s, x− y)G1(t− s, x0 − z)

|y − z|β dydz ds dx

)2

. (4.36)

We need to compute the double integral with respect to y and z.

Lemma 4. Let x ∈ R and s ∈ [0, t]. Then

(1− β)(2 − β)

ˆ

R

ˆ

R

G1(t− s, x− y)G1(t− s, x0 − z)

|y − z|β dydz

=
(

(x0 − x + 2(t− s))2−β + (x0 − x− 2(t− s))2−β − 2(x0 − x)2−β
)

1(−∞,x0−2(t−s))(x)

+
(

(x0 − x + 2(t− s))2−β + (x− x0 + 2(t− s))2−β − 2(x0 − x)2−β
)

1[x0−2(t−s),x0)(x)

+
(

(x− x0 + 2(t− s))2−β + (x0 − x + 2(t− s))2−β − 2(x− x0)2−β
)

1(x0,x0+2(t−s)](x)

+
(

(x− x0 + 2(t− s))2−β + (x− x0 − 2(t− s))2−β − 2(x− x0)2−β
)

1(x0+2(t−s),+∞)(x).
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Going back on (4.36), we actually have with the previous lemma, with R > x0 + 2t :

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

6
C

σ2
R

(

C ′ +

ˆ t

0

ˆ x0−2(t−s)

−R

(

(x0 − x + 2(t− s))2−β + (x0 − x− 2(t− s))2−β

−2(x0 − x)2−β
)

dxds

+

ˆ t

0

ˆ R

x0+2(t−s)

(

(x− x0 + 2(t− s))2−β + (x− x0 − 2(t− s))2−β − 2(x− x0)2−β
)

dxds

)2

,

where C ′ is another constant (with respect to R) that may depend on α, T, x0. Then

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

6
C

σ2
R

(

C ′ +

ˆ t

0

(

(x0 + R + 2(t− s))3−β + (x0 + R− 2(t− s))3−β − 2(x0 + R)3−β
)

ds

+

ˆ t

0

(

(R− x0 + 2(t− s))3−β + (R − x0 − 2(t− s))3−β − 2(R − x0)3−β
)

ds

)2

=
C

σ2
R

{

C ′ +
1

2(4 − β)

(

(x0 + R + 2t)4−β − (x0 + R)4−β − (x0 + R− 2t)4−β + (x0 + R)4−β
)

+
1

2(4− β)

(

(R − x0 + 2t)4−β − (R− x0)4−β − (R− x0 − 2t)4−β + (R − x0)4−β
)

+ 2t(x0 + R)3−β − 2t(R − x0)3−β

}2

=
C

σ2
R

{

C ′ +
1

2(4 − β)

(

(R + x0 + 2t)4−β − (R− (x0 + 2t))4−β

+ (R + 2t− x0)4−β − (R− (2t− x0))4−β
)

− 2t(x0 + R)3−β − 2t(R − x0)3−β

}2

.

By expanding (R + u)4−β = R4−β + u(4 − β)R3−β + u2 (4−β)(3−β)
2 R2−β + O(R1−β) when R grows to

infinity, and expanding (u + R)3−β too, we conclude that

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

6
C

σ2
R

(

C ′ + C ′′R1−β
)

6
CR2−2β

σ2
R

.

By Theorem 2, σ2
R is equivalent to CR2−β for R large. Consequently, we have

E

[

〈

vR,t, Du(t, x0)
〉2

H

]

6
C

σ2
R

(

C ′ + C ′′R1−β
)

6
C

Rβ
.

This concludes in (2.30), and the proof.

Let us end this section with some comments:

Remark 1. • In Theorems 3 and 4, the distance between the probability laws of (FR(t), u(t, x0))
and the random vector (Z, u(t, x0)), where Z ∼ N (0, 1) is independent of u(t, x0), is the sum of
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two terms: the first quantifies Wasserstein distance between FR(t) and Z and the second somehow
measures the correlation between the spatial average FR(t) and u(t, x0) when R is larger and larger.
It can be noticed from the proofs of Theorems 3 and 4 that these two terms are of the same order
when the integration domain becomes larger and larger (i.e. R→∞).

• In the case of the stochastic wave equation, we restricted to the situation when d = 1. This is
because our calculations strongly rely on the expression of the Green kernel G1. On the other
hand, it seems that the main idea used in this work could be extended to the case when the spatial
dimension is bigger than one.

5 Appendix: Malliavin calculus

Let us next describe the basic tools from Malliavin calculus needed in this work. We refer to [12] for
a detailed presentation. Let (W (h), h ∈ H) be an isonormal process, i.e. a centered Gaussian family
such that for every h, g ∈ H,

EW (h)W (g) = 〈h, g〉H ,

We introduce C∞
p (Rn) as the space of smooth functions with all their partial derivatives having at most

polynomial growth at infinity, and S as the space of simple random variables of the form

F = f(W (h1), . . . , W (hn)),

where f ∈ C∞
p (Rn) and hi ∈ H, 1 ≤ i ≤ n. Then the Malliavin derivative DF is defined as H-valued

random variable

DF =
n
∑

i=1

∂f

∂xi
(W (h1), . . . , W (hn))hi . (5.37)

For any p ≥ 1, the operator D is closable as an operator from Lp(Ω) into Lp(Ω; H). Then D
1,p is defined

as the completion of S with respect to the norm

‖F‖1,p = (E[|F |p] + E(‖DF‖pH))
1/p

.

The adjoint operator δ of the derivative is defined through the duality formula

E(δ(u)F ) = E(〈u, DF 〉H), (5.38)

valid for any F ∈ D
1,2 and any u ∈ Dom δ ⊂ L2(Ω; H). The operator δ is also called the Skorokhod

integral since, in the case of the standard Brownian motion, it coincides with an extension of the Itô
integral introduced by Skorokhod (see e,g, [12]).

In our context, the Hilbert space H coincides with L2(R+ × R) when W is space-time white
noise and it is characterized by the scalar product (2.6) when W is a white noise in time with spatial
covariance given by the Riesz kernel. In particular, for any adapted random field X which is jointly
measurable and satisfies (2.7) belongs to the domain of δ, and δ(X) coincides with the Walsh integral
(introduced in Section 2).

δ(X) =

ˆ ∞

0

ˆ

R

X(s, y)W (ds, dy). (5.39)
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