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The Role of Plausibility in Belief Formation

A Challenge to Gilbert's 'Spinozan' Account v According to Gilbert's (1991) 'Spinozan' view of belief formation, any novel proposition is initially encoded as true before being assessed. When reception of new content happens under cognitive load, the assessment stage may be bypassed, which results in content acceptance. v This seems at odds with the notion of plausibility. Claims that we encounter in the real world typically can be assigned some degree of plausibility, even if they are new to us.

People should be less prone to believe a prima facie implausible statement. e.g., "The speed limit on expressways in New Caledonia is 350… that's implausible… (and actually false!) Ø Goal: Explore the role of plausibility in formation of belief states towards new statements.

Gilbert's et al.'s (1990) 'Hopi Language Experiment':

1. Participants see a series of statements about the meaning of Hopi words; Some trials are followed by a TRUE/FALSE tag (indicating whether preceding statement was T/F); Some trials are disrupted by dual task (disruption). 2. Presented with statements seen during learning phase + new statements (foils), participants choose between 4 answers: true, false, never seen', no information'. 

Gilbert

DISCUSSION

v Patterns of correct identifications and reversals scores are not complementary.

v Results for reversals are in line with [H1]: answers reflect prior plausibility.

v Results for correct identifications show that participants have learnt somethingand don't merely evaluate statements according to plausibility. That guarantees that we are actually testing the effect of plausibility on encoding propositions (rather than merely on evaluating them when reading them for the first time).

Ø Surprise enhances memorisation of IT [H2]

Ø But, when statements are not correctly remembered, answers reflect prior plausibility rather than default acceptance [H1] Ø Explanation of discrepancy between CI and R patterns: surprise caused by the learning signal may explain why participants correctly identify IT as often as they do with PT and IF. But there is no reason why surprise should affect reversals.

v OSF pre-registered confirmatory study v Method: similar to expt 1, without disruption manipulation Ø All trials disrupted, 2x2 design v Results of planned analyses confirm findings of Experiment 1.

ØBut they misclassify more IT as false than IF as true, and than PT as false. EXPERIMENT 2

  et al.'s results show a truth bias: for statements learnt under cognitive load (disruption), participants misclassify more false statements as true than true statements as false. Our study: replication of Gilbert et al.'s (1990) 'Hopi Language experiment' with propositions involving real world materials, and an additional plausibility variable. relative plausibility of novel propositions impacts encoding. There are prima facie two, potentially conflicting, effects of (im)plausibility: v 'Default' encoding as true or false (acceptance or rejection) in line with plausibility Ø [H1] When learning under cognitive load, participants' later answers should reflect relative plausibility rather than default acceptance v Implausibility might raise interest and attention, all the more so when implausible statements appear to be true (surprise effect of the learning signal). Ø [H2] Implausible true statements overall better remembered EXPERIMENT 1 Predictions: Ø Replication of Gilbert's pattern for plausible statements (PF more often misclassified than PT when disruption) Ø Cancellation of Gilbert's effect for IF (at least as often correctly classified as IT) Ø Unclear for IT, because of conflicting effects of implausibility Ø 'Swapping' of Gilbert's pattern (better performance for IF than IT) or cancellation of the effect (equally good performance for IF and IT) HYPOTHESES Participants: 105, recruited via Amazon Mechanical Turk Design: 2x2x2 repeated measures design IV: plausibility (P or F), veracity (T or F), disruption (N [no disruption] or D). DV: scores of correct identification (CI) of true statements as true / of false as false and of reversals (R) of true as false / of false as true. Ø CI and R are not complementary, because of other response options. CI: unique measure of success; but failure can take different forms. Ø Key data are reversals (R): correspond to cases where participants remember having seen the statement and having been taught whether T or F, but are actually mistaken with regard to such truth value. Materials: 24 pairs of statements pre-tested for prior knowledge and plausibility. Each statement appears in both a true and a false version, with equivalent plausibility (for counterbalancing purposes). e.g.: In Florida/South Carolina, the law forbids single women to parachute on Sundays (implausible true / false). In Denmark/ Norway, drivers are supposed to drive their vehicles with their headlights on during the day as well (plausible true /false). Procedure: Adapted from Gilbert et al. (1990). Learning phase: each participant sees 24 critical statements (6 PT, 6 PF, 6 IT, 6 IF) + 12 fillers (no T/F tag) + 12 buffers. Half of the trials are disrupted by dual task. Test phase: 24 critical statements + 12 foils (not seen in learning phase).

  plausibility (p<.001), and interaction plausibility with veracity (p<.001). Overall (ignoring disruption): Effects of veracity on plausible statements (p<.001), and on implausible statements (p<.001): Ø more reversals of PF than of PT, and of IT than of IF. Effects of plausibility on true statements (p=.017), and on false statements (p<.001) Ø more reversals of IT than PT, and of PF than of IF.

METHOD Correct identifications: Main effects of disruption (p=.024), plausibility (p<.001), and veracity (p=.014).

  

	Overall (ignoring disruption):
	Effect of veracity on plausible statements (p=.007), but not
	on implausible statements
	Effect of plausibility on false statements (p<.001), but not
	significant on true statements.
	Ø

more correct identifications of PT than PF Ø more correct identifications of IF than PF Ø equal performance with PT, IT, and IF RESULTSTable 1 . Reversals (Experiment 1)
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	Condition	Mean score	Std deviation	Sample size
	NPT	.22 (7,3%)	.552	105
	DPT	.34 (11,3%)	.519	105
	NPF	.56 (18,7%)	.808	105
	DPF	.70 (23,3%)	.929	105
	NIT	.40 (13,3%)	.688	105
	DIT	.44 (14,7%)	.692	105
	NIF	.23 (7,7%)	.524	105
	DIF	.15 (5%)	.455	105

Table 2 . Correct identifications (Experiment 1)
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	Condition	Mean score	Std deviation	Sample size
	NPT	2,03 (67,7%)	.802	105
	DPT	1,83 (61%)	.925	105
	NPF	1,80 (60%)	.994	105
	DPF	1,54 (51,3%)	1.038	105
	NIT	2,14 (71,3%)	.893	105
	DIT	2,04 (68%)	.919	105
	NIF	2,05 (68,3%)	1.004	105
	DIF	2,08 (69,3%)	.895	105

Note. NPT= Non disrupted Plausible True; DPT= Disrupted Plausible True; NPF: Non disrupted Plausible False; DPF= Disrupted Plausible False; NIT=Non disrupted Implausible True; DIT= Disrupted Implausible True; NIF= Non disrupted Implausible False; DIF= Disrupted Implausible False. Maximum possible score in each condition: 3.

Table 3 . Remembered* (CI + Reversals)
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	Condition	Mean score	Std deviation Sample size
	PT	4.65 (77,5%)	1,113	106
	PF	4.51 (75%)	1,333	106
	IT	5.03 (83,8%)	1,142	106
	IF	4.5 (75%)	1,416	106

Table 4 . Correct Id among remembered* (CI + reversals)
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	Condition	Mean score	Std deviation Sample size
	PT	85,22%	21,4477	106
	PF	68,25%	31,46459	106
	IT	79,69%	28,97141	106
	IF	91,5%	19,22235	106