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[ voice recognition | [_deep neural network |
Convolutional Neural Network. ArtiNcial Neural Networks with numerous layefs are termed as Deep
Neural Networks or Deep Learning. I\has been explored as one another resource in recent years
~and has become quite well recognized Yp the literary community becaps® of its efficiency to manage
+, with huge amounts of data [17]. The mo\t wc]l-knowr1 profound neural network ls the Convolutional
Neural Networks (CNNs), which takes its\name from operation of mathemaucal dimension from the
., matrixes termed convolution. Convolutiona] Neural Network (CNN) has various types of layers; it

includes pooling. nonlinearity, and convolutipnal and fully connected layers. Convolutional Neural
cades in an assortment of fields identified wit

4, Network has pivotal outcomes over previous
& | acknowledgment] from picture handling llz voice acknowledgment [|£]. The significant part o
15 to get theoretical highlights when information proliferates towards the mor¢ profound layers.

e e
Cage, ey ? 'I"";cu ,‘,?_’ b |

pattern recognition |

instance. in picture characterization, the edge may be distinguished in the principal lavers. and deep |ayers I
afterward the less difficult shapes in the subsequent layers, and afterward thgd more elevated Iev::]l
highlights.

pubpeer.com/publications/99826B46D2BA62C9FA87CAF11AEOFD | hiqh_|eve| features |

References: [3] & [4] 2 @
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spectral local linearization method » 4 & Q

Al Images Videos Shopping Forums i More

Scholarly articles for spectral local linearization method
A new spectral local linearization method for nonlinear ... - Motsa - Cited by 173

.. conditions using spectral local linearization method - Sithole - Cited by 23

Spectral methods to solve nonlinear problems: A ... - Rai - Cited by 27

The spectral local linearization method. The
unearthly neighborhood linearization technique
(SLLM) can be used to unravel an
arrangement of the non-comparable
conditions. Within this method the criteria for
logarithmic criteria are linearized using
thoughts similar to the Gauss—Seidel
approach.

@ ScienceDirect.com
hitps:iwww.sciencedirect.com » science » article » pii

Spectral methods to solve nonlinear problems: A review

© Aboutfeatured snippets + @ Feedback

https://web.archive.org/web/20240521113315/https.//www.google.com/search?client=firefox-b-d&q=spectral+local+linearization+method#ip=1
(snapshot taken on May 21, 2024) .
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Scholarly articles for spectral local linearization method
A new spectral local linearization method for nonlinear ... - Motsa - Cited by 173

... conditions using spectral local linearizatiocn methed - Sithole - Cited by 23

Spectral methods fo solve nonlinear problems: A ... - Rai - Cited by 27

The spectral local linearization method. The
[unearthly neighborhood linearization technique |
[(SLLM)| can be used to unravel an
\ arrangement of the non-comparable
. conditions. Within this method the criteria for
~o - logarithmic criteria are linearized using
thoughts similar to the Gauss—Seidel
approach.
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Spectral methods to solve nonlinear problems: A review
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Proposed solution

on IARPA': CS2 and NIST: UB-An i both check nd
recognizzble proof (for exumple ds [5]

Results & perspectives

bas moderately lower mte A
() desizn for wamn face acknowledgment &

A Baff breed faework & mioduwced @ whih a
comvolntions] neural orzanimtion and 2 Logistic Relapse
Claszifier are conzolidated. Discrimant mvestigation & more

presented. QNN & another kind of newral strategy
Fih can consequently fake m vble higklights fom the crade
informtion. Ervestigation results on RGB-DT fice mformation
base show that our proposed QNN engieering acconplcbes higher

mte  contrasted cus tonzay

effctve  when  the  ordmarmess suspicions
arefulfilled Theth d 3 T
bae shows arproved rmtes measure

of tinm[10]Class Activated Mapping utlizingGad- CAM &
utized to how the areas that owr organiztion uzes to segrzate
Detween pigs[11]

Denze SIFT and customary SIFT are considerd in [12] and
contrasted when conbined and CNN hishlights  Besides. ar
aggegator of the mpdsk & created. Resubs show the

fCNwith Dens eSTFT OPland
with SIFT. The exactme:s even axpanded when all the modsls e
collected which produces condiion of-crafismanship results
73.4% 2nd 99.1% on FER2013 and (K= respectively.

We propose a_prouping technigue. called the chsest
conponent line (NFD), for face Any o

for manple, 1EP, HOG and mmutes mvarant
ne.

Video-based fesing acknowledzment framework: joins repetive
newral organmmtion (FNN) and 3D convohtional networks (C30) in
3 lste-combination style. ENN and encode appearance and
Dovenent dats m an unepectsd way. In particur, RN takes
ppearance highlights removed by convolutional newsl orzaniztion
(CNN) over individual video outlnes as info and encodes movement
kater, while C3D models appearance and movement of video at the
same tme Jomed with a sound module, ow famework
acconplished an acknowledgment exacness of 59.02% without
utilizng my e fselmz video  cufs

2015.

the clenent Ine (FL) going thiough the two focuses. The
mferredFL than

Broad show that RN and C3Dfogether
can improve video-based foeling acknowiedement perceptibly[17.

the frst focuses and m this mmnner exends the Hmt of the
accessible mforomtion base. The characterizmtion depends on the
closest separation fom the question include highlight every FL.
With 2 consolidated fice informtion base, the NFL mistake rate
& about 43.7-634% of that of the standard sigenfice technique.
Besides, the NFL acconplishes the most reduced mstake rate
answered to date for the ORL fice infommtion base[13]

The cument works £l fo aumounce the (NN desizns that
function admirably for fce acknowledgment mstead of eamme

L

based fice acknowledgment famewods (CNN-FES) on a
zhared belief to meke our woik effectively repmduchble. The
three pricipal structures of OV desizns wer: utlizing LFW
imfomxation. This paper quantitatwely thinks about the designs
of CHBE and 2ccbases i ampact of varioss nwage deckiogs,
We  meomim 3 fw  helpfulpropertissofNN-
FES Foremnple thedimenzionaliryof the schobdy highlishts
can be altogether decreased without unfiiendly inpact on fice
wactmess. Lkewie, 3 conventional
nmasurement lesming technique abusing CHN-

ethodologies and strategies have been tried e poled on the
theme, paticubrly newsl organimtions. This paper proposed

a
organiation enzimeernz as far - face acknowledement. caled
oblized trio mefortune layer (CTLL). To mmke more sure forecasts
and amangements, th misfortune biyer helps the profund leaming
model to indicate futher discemable gmoups betwesn vanous
individuals (classes) by setting addifional requirements on pictures of
a initar ‘ndividual (mtra-mdividual)
(berwesn

mdndual). Thes proposed oblized o misfornune byer improved the
t exactness on countenances by 2%4[1

Face acmowledzment i cntical to cerfifiable applications for

exanple, video observation, hunzn machine connection and security

frameworks. When contrasted with conventional Al dws near,

profound leaming bazed techniques have mdicated better exhibitions

regading precision  and  speed of preparing i picture
aclnowledgnent. Thi paper propose: an altered Convolutional
Newral  Network  (C} desi by addng  two

hts & assessed. Analyses show two crifical
to great CHN.FRS execution are the combination of numerous
QN and oetric leaming. [14]

A comvoltion irpatial orgamimtion (CNN)  with
consideration instrument that can see the pediment districts

whith & bunch stamdardoation gave. inensing peed of d.g

organization. (NN design was utiized to exfricate particular fa

highights and Sofhuss chaifr was i fo charasresias faces

the complotely associated layer of (N In the trial part, Georziz
d

of the fice and spotleht on the most
blockedlocales Thinkmg about vaious Rok, we present two
renditions of ACNN. pACNN just focuses on neizhbowhood
facial patches. gACNN meorporstes nearby portravals at fix
level with wordwide portrayal atpicturelevel Trial results show
that AQNN: mprove the acknowledzment precision on both
i

show that, contrasted and the CMNN without Gate Unit, ACDN:
are fit for moving the considerstion fromthe blocked patches to
ofher rebted yet unbampered omes. ACNN: addiionally

Tech Databas that the ch has mproved the
fice acknowledzment ewcution with better acknowledzment
k]

Face pictures showing up in sight and sound applicationssuch a5
secum payment systeor through clond [21] [2] mfomsl
oanzatons and computernzed ammsement, omdinarly diphy
entional posture, brightening, and sppearance varieties, bnging
sbout simifcant emcution debasement for conventiomal Bce
aclnowledgnent calculations. This psper proposes a complete

outfank other
the-hboutward appearance datasets under the cross-datazet
assessment comvention [15]

Vs (FR)
wam fwce acknowledgment has  gotten  expanding
considertion. I any case, the conventional techmiques for
warm face a for the most part focus on the

The
proposed profund leammg stucture & mmde out of a bunch of
etravagantly phnned convolutional zensal S ()
2 2 thse-ayer staclad awto-encodar (SAE) The amngazent of
QUi sepante: comehinve highlight:  fom

sonmected to e 3 bigh dinensional component vector, vhoce
fheCNNsare prepared

hand-mmde conponent phn, which requies more end
Fomak L g ook ichmed
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’ L A new pipeline J .

Publication Extracted and classified abbreviations
with

tortured
abbreviations
\ ) N ) \— /)

Y Y I
Corpus Extraction and Benchmark
classification
algorithm

Bolster Vector Machine (SVM) — Support Vector Machine (SVM)




The dataset

e 150 (75 PPS + 75 Hindawi) open access publications

Tackling publication
manipulation at scale:

Hindawi's journey and lessons for
academic publishing

https://www.wiley.com/en-us/network/publishing/research-publishing/open-access/hindawi-publication-manipulation-whitepaper

* Published between 2013 and 2023
* Several multidisciplinary publications

Dataset . |PPS 75 H 75

Class HG25 HR25 |H T25
Genuine 608 345 179 124
Invalid 56 16 12 4
Tortured 480 17 96 87

http://doi.org/10.5281/zenodo.10492230
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The dataset

Publication year distributions
Between development and evaluation datasets

Between evaluation subsets
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Between evaluation subsets

The dataset
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Content processing (II) Abbreviations extraction (I11)

-

Text content (a) Abbreviations (b)
|
Content
extraction (1)
v P Abbreviations
Text content

-4# Text content

Classification (1V)
Evaluation file \ Abbreviations list

Words list

Regex to detect abbreviations : \\(\w\\.?&-]{2,}\\)
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Abbreviations characteristics distribution
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L Classification task J

Characteristic Class
Genuine Tortured
(1) Same amount of initials Hidden Markov Model (HMM) Concealed Markov Display (HMM)
(2) Different amount of initials Generalised Linear Model (GLM) Summed Up Direct Models (GLM)
(3) Compounds Multidrug Resistance (MDR) Multidrug Safe (MDR)
(3) Chemicals Diethylenetriamine Pentaacetic acid |Diethylenetriamine Pentaacetic
(DTPA) ruinous (DTPA)
(4) Reduced forms Residual neural Network (ResNet) Lingering brain Organization
(ResNet)
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Possible solution - Results & perspectives

L Classification task J

Characteristic

Class

(1) Same amount of initials

(2) Different amount of initials

(3) Compounds

(3) Chemicals

(4) Reduced forms

/I (1) no offset
using Hidden Markov Model (HMM)
using Concealed Markov Display (HMM)

/Il (2) no offset
the Moroccan Agency of Press (MAP)
the Moroccan Organization ef Press (MAP)

/I (1) 1 token offset
Hidden Markov Model architecture (HMM)
Concealed Markov Display architecture (HMM)

/Il (2) 1 token offset
Center for Disease Control and Prevention (CDC)
Center fer lllness Control and Prevention (CDC)

I (3)
[...] Multidrug Resistance [...] (MDR)
[...] Multidrug Safe [...] (MDR)

Il (4)
[...] Residual Network [...] (ResNet)
[...] Lingering Organization [...] (ResNet)

—

Genuine
Next step

Genuine
Next step

Genuine
Next step

Genuine
Next step

Genuine
Next step

Genuine
Tortured

N
&
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Context & motivation

Recall (R): TP/ (TP + FN)

Precision (P): TP/ (TP + FP)

F-score (F1):2*(P*R)/ (P +R)

Invalid abbreviations are considered as genuine

Abbreviations extraction

Evaluation task |

Results & perspectives

Tortured abbreviations extraction

Annotation Prediction
TP |Abbreviation Abbreviation
FP - Abbreviation
TN |Abbreviation -
FN - -

Abbreviations classification

Annotation Prediction

TP Tortured Tortured
FP Genuine Tortured
Genuine -

- Tortured

TN Tortured Genuine
Tortured -

- Genuine

FN - -

Annotation Prediction
TP |Tortured Tortured
FP |Genuine Tortured
TN Genuine Genuine
FN |Tortured Genuine




@ comexamoivaion  Possblesouion  Comrbuions  _JResuts Glperspectives ]
. L Results J

Dataset Task
Abbreviations extraction Abbreviations classification Tortured abbreviations
extraction
R P F1 R P F1 R P F1

PPS_75 |0.98 0.66 0.79 0.96 0.93 0.94 0.66 0.53 0.59
H_75 0.82 0.83 0.82 0.91 0.49 0.63 0.61 0.27 0.38
H G25 |0.88 0.79 0.83 0.55 0.05 0.10 0.21 0.03 0.05
H_R25 |0.79 0.88 0.83 0.93 0.71 0.81 0.68 0.45 0.54
H_T25 0.76 0.82 0.79 0.94 0.80 0.87 0.64 0.48 0.55
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— Rework the filtering rules (hallucinated and polysemic expressions)

Domain agnhostic

Scalable
PDF-oriented
No need for fingerprints

Found 185 new fingerprints for the PPS
(as of 04.06.2024, using 28 randomly selected Hindawi articles)

The case of IOP Publishing:

* Publications between 2017 and 2023

» 3848 problematic publications

* 10% of problematic publications are tortured
* At least 7% contain tortured abbreviations

Source: the PPS (consulted on May 21, 2024)

Hallucinated abbreviation: Bolster Vector Machine (BVM) - Support Vector Machine (SVM)
Polysemic expression: Profound Learning (tortured in CS, genuine in psychology)

15@
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bas moderately lower acknowledgment rate. A convoltional neusal

on IARPA': C52 and NIST: UB-An in both check nd
recognizzble proof (for exmple ds 5]
A baf breed faework & mioduced m which a
comvolnfionsl neural orzanimtion and a Logitic Relapse
ssifer are consolidated. Discrimenant mvestigation & more

(M) desien for wam face acknowledgment &
presented. QNN i another kind of neural strategy
Fih can consequently take m vble higklights fom the crade
Ivestigation results on RGB-DT fice mformation
base show that our propos ed QNN engieering acconplhes higher

mte  contrasted and the custommry

effectve  when  the  ordmarmes suspicions
arefulfilled Theth d on¥a T
‘baze shows axproved nate: in measue

of timm[10]Class Activated Mapping utlizingGrad- CAM &
utilzed fo how the aneas that owr organiztion uzes to segrezate
between pigs[11]

Dense SIFT and customery SIFT are considerad in [12] and
contrasted when conbined and CNN hishlights  Besides. ar
aggmegator of the npdsk & cmated. Resul show the
‘prevalenceofCNbwith DenseSTFToverodinary CNMand CNN
with SIFT. The emctmess even axpanded when all the model: are
collected which produces condiion of-crefismnship results on
73.4% and 99.1% on FER-2013 and CK=

, for eanple, [EP, HOG and mmutes mvarant
[l

Video-based faelng acknowledgment Samework joms repatitive
newal organmmtion (RMN) and 3D convohitional networks (C3D) m
3 Late-combination style. ENN and C3D encode sppearance and
movenent data m an unepected way. In particubr, RNN fakes
appearance highlights removed by convolutional newral organiztion
(CMN) over individual video outlines 25 info and encodes movement
Liter, while C3D modeks appearance and movement of video at the
same tme. Jomed wih a sound moduke, our famework
exctuess of $H.02% without

We propose a_grouping technique. called the closest

-
uiizng sy  efm  Gelng  mwked  video  cut
38% 2015,

component fne (NFL), for fice Any two

the element Ine (FL) going fhrough the two focuses. The
mferredFL than

Broad exoi show that RMN and C3D fogether
can improve video based foeling acknowledement perceptibly[17.

the st focuses and m this nmnner exends the imt of the

& about 43.7-65.4% of that of the standzrd eigenfice technique.
Besides, the NFL acconplishes the most reduced mstake rate
answered to date for the ORL fice infommtion base[13]

The cunent works £l o amounce the O desizns that
function admirably for face acknowledgment mstead of

based fice acknowledgment famewods (CNN-FES) on a
<hared belief to meke our woik effectiely repoduchle. The
thuee principal structures of QNN designs were utizing LFW
mfommtion. This paper quantitatwaly thinks about the designs

of CNNs and assesses the inpact of various usage dachions.
We rmcomim a3 few  helpfulpropertissofNN-
FES Foremople thedimensionaliryof the schobdy highlizhts

can be aiogether decreased without nfiiendly irpact on fice
emcmess. Lkewse 2 conventional
meacurement lesming technique abusing (M- leamed

dement Numerons
ethodologies and strategies have been fried and zpplied on the
theme, paticubrly newsl orgamimtions. This paper proposed

2
organization enzimneernz as far as face acknowledgment called
oblized trio misfortune Layer (CTLL). To mmke more sure forecasts
and amangements, this oisfortune byer helps the profound leaming
model to mdicate futher dicemable gmoups befwesn vanous
individuals (classes) by setting additional requirements on pictures of
a indiar ndividual (mtra-mdividual)
(between

mdrvidual). This proposed oblized o misfornme byer improved the
t exactness on countenances by 2%4[1

Face acknowledzment & cutical to cernfiable apphications for
exanple, video observation, hunen machine connection and security
frameworks. When contrasted with conventional Al draws near,
profound leaming bazed techniques have mdicated better exhibitions
reganding precision and  speed of prepang i pictue
sckmowlsdgnent. The paper prop an altersd Comvolusional
Newral Metwork (CNN)  design by ddmgtwn

‘highehts i assessed. Analyses show fwo critical
to great CHN.FRS execution zre the combination of numerous
QN and oetric leaming. [14]

A comvolution irpatidl oganimtion (CNN)  with
consideration instrument that can see the mpediment districts

whih & bunch stdadintion geve. meaing peed of the
organization. (NN design was utiizd to edricate paticular fice

highlights and Softrex classifier was utlized to characteriz faces i
the conpleely associed laver of Q. In the tal part, Georzia

of the face and spotlight on the most
blockedlocales Thinkigz about vaious Rols, we present two
renditions of ACNN. pACNN fust focuses on neizhbowhood
facial patches. gACNN mecomporstes neaby portravals at fix
level with worldwide portrayal atpicturelevel Trial results show
that AQWN: mprove the acknowledgment precision on both
h

show that, contrasted and the CNN without Gate Unit, ACDN:
are fit for moving the considerstion fomthe blocked patches to
ofher relited yet unhampered ones. ACNN: addiionally

Tech Databas that th ch has mproved the
fice acknowledsment ewmcution with better ackowisdgient
resul=[23].

Face pictures showing up in sight and sound applicationssuch as
secwe payment system: fhrough clond [21] [2] infomsl
ozanzatons and conputerzed amusement omimaly disphy
envtional posture, brightening, and appearance varieties, brmgng
sbout sigmificant escution debsement for conventwmal Bee
aclnowledgnent calculations. This paper proposes a complste
profound leaming

outflank other
the-hboutward appearance datasets under the cross-datazet
assessment convention [15]

¥ {ER)
wam face acknowledgment has  gotten  expanding
consideration. In any case, the conventional techmiques for
warm face acknowledgment for the most part focus on the

The
proposed profound keaming structure i made out of a bunch of
etravagantly phnned comvolutional nensal e ()
2 thse-layer stackad uto-amcoder (AT, The amungoent of
QU sepantes  comebinve bighlightt  fom

sonnacted to e 3 bigh dinensional component vector, vhoze

hand-mmde conponent phn, which requie: more
P L ¥ Simbhich

AheCbare prepaied
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In this technique, the learning process is based on sgmixlabgled datasets.

Occasionally, generative adversarial networks ) pnd PBL are employed

in the same way as this technique. In addition, RNNs, which include GRUs
and | STMs, are also employed for partiall} supervised learning]One of the
advantages of this technique is to minimize the amount o1| labeled data|

needed. On other the hand, One of the disadvantages of this technique is

| irrelevant input feature present training hata could furnish incorrect

decisionslText document classiﬁed is one of the most popular example of an

application of semi-supervised learning. Pue to difficulty of obtaining a large
amount offlabeled text documents, semi-supervised learning Js ideal fo

| document classification task.

Basic Spin

In this strategy, the educational experience depends on
datasets. Sometimes| generative ill-disposed networks (GANs) hnd DRL are
utilized similarly as this procedure. What's more, RNNs, which incorporate
GRUs and LSTMs, are additionally utilized for somewhat{managed learning|
One of the upsides of this procedure is to limit how mucr| nameg

| information fequired. On other the hand, One of the drawbacks of this
procedure is{insignificant info Include present preparation information |
could outfit erroneous choices.|Text report classifief is one of the most
famous illustration of a utilization of femi-administered learning} Because

of trouble of getting a lot o marked text reports, semi-regulated learning
is great foil text record order task.
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ensuring :

o editor

acceptance

Paper mills, as the name

scientist suggests, are
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journals editors to ensure
paper acceptance.
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2023 article Wiley

Mathgen

Suspect

Seeka&Blastn
Problematic Cell Line
Citejacked

Feet of Clay

Can the authors explain why they departed from the established phrases?

Sometimes the Colab is not assigning GPU to our notebook
or cannot connect with the host, so we run it without GPU,
and it takes many hours to train the model. Convolutional
neural organizations (CNN) are neural organizations that
are especially fit for picture classification. It has been, for
instance, effectively utilized for picture classification orders
[25-27]. A typical CNN design contains convolutional,
pooling, and completely associated layers. Moderately novel
procedures, for example, batch standardization [23],

Venue Title
Lung Cancer
Computational Classification in
Intelligence and Histopathology Images
Neuroscience Using Multiresolution

Efficient Nets

Citations Tips Tortured Phrases Assessor PubPeer Users
bosom AND breast «
component guide AND
CNN « malignant growth
2 AND cancer * bosom
disease » completely
associated layer »
convolutional neural
organization « equal
calculation « forecast
exactness « Fully

associated layer « neural
nrnanizatinn « narmal

Alexandre

Cabanac
Clausse

#1 Alexandre Clausse comment accepted March 2024

3

Q@) Hindawi

This Hindawi article contains several tortured phrases that make some passages hard to parse. These typically

result from an attempt to avoid plagiarism detection using a paraphrasing software. So far, the following have

been spotted:

Tortured Phrases (found)

How come these incorrect wordings survived proofreading by the coauthors, editors, referees, copy editors, and

typesetters?

Flagged by the Problematic Paper Screener

Established Phrases (expected)
breast cancer

breast

fully connected layer (neural network)
feature map

convolutional neural network

parallel computing

prediction accuracy

fully connected layer (in a neural network)
cancer

neural network

brain (tumor) AND breast (cancer)
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CIN (Computer Science) - - .
SCN (Engineering) : . .
WCMC (Engineering) - . .
JEPH (Medicine) - .
CMMM (Medicine) 1 . .
JHE (Engineering) . .
MPE (Mathematics) 1 . . .
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v  MISY (Computer Science) : .
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§ SP (Computer Science) . .
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ABB (Engineering) A : .
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ECAM (Medicine) T .

AM (Engineering)
JECE (Engineering} 1 .

DDNS (Mathematics)
JFS (Mathematics) .

AMSE (Materials Science)
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Characteristics

Class

Genuine

Tortured

Invalid

Typos

Tru_-Positive (TP)

Same amount of initals

Pain Dysfunction
Syndrome (PDS)

Concealed Markov Display
(HMM)

Different amount of
initials

Centers for Diseases
Control and Prevention
(CDC)

Summed Up Direct Models
(GLM)

Compounds

Intraocular Pressure (IOP)

Multidrug Safe (MDR)

Chemicals

3-
Aminopropyltriethoxysilane
(3-APTES)

Diethylenetriamine
Pentaacetic ruinous (DTPA)

Reduced forms

Residual neural Networks
(ResNets)

Lingering brain
Organization (ResNet)

Semi-abbreviations

Gabor-HOG (GHOG)

Non-straight ARMA models
(NARMA)

Numbers Three-Dimensional (3D) Fifth-Age (5G) -
Synonyms - Human PC -
Interface/Cooperation

Supplementary suffixes

PC Assisted Determination
(CADx)

Hallucinated
abbreviations

Bolster VVector Machine
(BVM)




Dataset Task
Abbreviations extraction Abbreviations classification Tortured abbreviations extraction
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micro |macro |weight micro |macro |weight micro | macro |weight
ed ed ed
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