HSIs can be represented as 2D arrays after rearranging the two pixel modes, then: -Pixels = Samples -Spectral bands = Features These arrays are processed using matrix techniques.

Tensor Representation:

By separating the features, we are able to extract meaningful patterns as well as observe some inter-feature relationships. Feature Extraction is done thanks to CP Decomposition (CPD). -Even though the image is vectorized, spatial information is not entirely lost thanks to using small neighborhoods for morphological filtering, which also ensures that the rank stays low.

-In order to extract the features, we use CPD with nonnegative constraints to ensure physical interpretability.

-Each column triplet {𝐚 :,𝐫 , 𝐛 :,𝐫 , 𝐜 :,𝐫 } of features represents a full material's spatial highlight, spectral reflectance, and morphological pattern.

-CPD is unique under only mild conditions. 

Feature
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