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Introduction

Results

• Grouped forecasting errors

• Solid lines are with textual features, dashed lines are benchmark.

LSTM results with and without textual features

Remarks:

• Higher errors in the morning are with a high level of human activity.

• The improvements in the morning are more than 5%.

Important features:

• Sentiments: the minimum subjectivity value

• GloVe embeddings: weapons, transportation, and military dimensions.

• Compressed GloVe embeddings. 

Conclusions

• Text helps forecasting.

The textual features improve 3% from the LSTM benchmark on the average.

• Text has persistent trends. LSTM utilizes longer history of text, improving forecasting with public sentiment and more high-dimensional word representations in the news.

• Compressed textual features are with potential forecasting ability.

CNN autoencoder is used to obtain a more dense representation from word embeddings, improving the model forecasting skills.

• Text enhances the forecasting reliability.

Selected textual features improve forecasting at low quantiles, narrow the confidence intervals, and bring the forecasting distribution closer to the real one.

• Future work

Text from social media, multi-lingual senarios, multiple forecasting horizons, more granular level, etc.
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