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A matching pursuit approach
to the geophysical inverse problem
of seismic travel time tomography
under the ray theory approximation

N. Schneider*, V. Michel*, K. Sigloch" and E. J. Totten?

Seismic travel time tomography is a geophysical imaging method to infer
the 3-D interior structure of the solid Earth. Most commonly formulated
as a linear(ized) inverse problem, it maps differences between observed
and expected wave travel times to interior regions where waves propagate
faster or slower than the expected average. The Earth’s interior is typically
parametrized by a single kind of localized basis function. Here we present
an alternative approach that uses matching pursuits on large dictionaries
of basis functions.

Within the past decade the (Learning) Inverse Problem Matching Pur-
suits ((L)IPMPs) have been developed. They combine global and local
trial functions. An approximation is built in a so-called best basis, chosen
iteratively from an intentionally overcomplete set or dictionary. In each
iteration, the choice for the next best basis element reduces the Tikhonov—
Phillips functional. This is in contrast to classical methods that use either
global or local basis functions. The LIPMPs have proven its applicability
in inverse problems like the downward continuation of the gravitational
potential as well as the MEG-/EEG-problem from medical imaging.

Here, we remodel the Learning Regularized Functional Matching Pur-
suit (LRFMP), which is one of the LIPMPs, for travel time tomogra-
phy in a ray theoretical setting. In particular, we introduce the operator,
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some possible trial functions and the regularization. We show a numeri-
cal proof of concept for artificial travel time delays obtained from a con-
trived model for velocity differences. The corresponding code is available
athttps://doi.org/10.5281/zenodo.8227888|under the licence CC-BY-
NC-SA 3.0 DE.
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1. Introduction

Seismic travel time tomography serves to infer the 3-D interior structure of the solid
Earth. For this, it measures the characteristics of seismic waves that propagate through
the Earth’s deep interior, between sources (earthquakes) and receivers (seismometers)
that are located at or near the surface. The most widely practised approach solves a
linearized inverse problem, where measured travel times of waves propagating through
the real, heterogeneous interior deviate moderately from forward-modelled travel times
through a spherically symmetric reference Earth model.This reference velocity model
is updated with moderate 3-D variations, in a linear inversion step that attributes
travel time anomalies (observed minus predicted) to discrete regions where wave ve-
locities must be moderately faster or slower than in the reference model. The quanti-
tative connection is made by means of efficiently computed sensitivity kernels, see|Aki
and Richards| [2009],|Amirbekyan||2007|, Ben-Menahem and Singh||2000|,|Dahlen and
Tromp|[1998|, [Dahlen et al.| [2000], Nolet|[2008].

In particular, a spherically symmetric, non-rotating, elastic and isotropic spherical
shell (SNREI) model like the IASP91, see Kennett and Engdahl|[1991|, is usually used.
When comparing modelled travel times with true measurements, we expect a travel
time difference caused by anomalies within the Earth. Specifically, for total body-
wave travel times of hundreds to 1000 s, the unexplained travel time delay is typically
fractions of a second to several seconds. Travel time tomography aims to approximate
these deviations in the velocity field from the corresponding delays. Thus, travel time
tomography is an inverse problem. Unfortunately, there are not many theoretical
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results known about it. In particular, for practical purposes, we are lacking a singular
value decomposition. Moreover, it is known that, in practice, the inverse problem is
ill-posed because, e.g. the solution is non-unique. For details, see e.g.
. Nonetheless, it is approached with an infinite or more accurate, but also
more demanding finite frequency strategy, [Dahlen and Tromp| [1998], [Hosseini et al.|
[2020], Marquering et al.|[1998|/1999],|Nolet|[2008],|Sigloch|[2008],|Tian et al.|[2007a|b,
|Yomogida/ |% As can be seen at https://www.earth.ox.ac.uk/~smachine/cgi/
index.php, currently there exists a range of detailed interior Earth velocity deviation
models instead of one standard model.

Taking a closer look at these models raises a few questions: tetrahedra, voxels,
spherical harmonics are chosen mostly for computational convenience and not due
to a physical motivation. Moreover, mantle anomalies are a-priori expected to be
wider in horizontal dimensions than in the vertical dimension. This puts not only
the type of chosen basis into question but also their specific geometry. Further, the
characteristics of the structure of the Earth are still unknown. Hence, it might be
potentially better to restrict basis functions as less as possible but let the data itself
choose suitable functions. This is especially interesting since some areas of the mantle
are very well illuminated, others very poorly. However, we do not expect fundamental
changes in convection style in different places due to the general viscosity of the mantle.
Hence, unsampled blanks might be filled more physically plausibly if the approximation
method is free to choose types of basis functions taking into account the whole data
distribution at once. This motivated us to apply a different type of approximation
method for inverse problems to travel time tomography which appears to be suitable to
tackle these challenges of parameterization, underdeterminedness and regularization.

Here, we propose to use the Learning Regularized Functional Matching Pursuit
(LRFMP) which is one of the (Learning) Inverse Problem Matching Pursuit ((L)IPMP)
algorithms. The LRFMP is the realization of the RFMP with a learning add-on. The
RFMP algorithm iteratively approximates the solution of an inverse problem by min-
imizing the corresponding Tikhonov—Phillips functional. The unique characteristic of
the (L)IPMPs as well as the REMP, is that the obtained approximation will be given
in a so-called best basis of dictionary elements. The dictionary is an intentionally
redundant set of diverse trial functions. Here, we consider orthogonal polynomials
and linear tesseroid-based finite element hat functions (FEHFs). The best basis is
usually also made of all types of trial functions given in the dictionary. The learning
add-on enables the method to choose the best basis out of infinitely many trial func-
tions. More details on the methods can be found in|Berkel et al.||2011], [Fischer| [2011],
Fischer and Michel| 2012} 2013alb], |Gutting et al.|[2017],|Kontak [2018], Kontak and
Michel [2018l |2019ﬂ, Michel| 2015|, Michel and Orzlowski |2017], |Michel and Schneider
[2020], Michel and Telschow| [2014}/2016|, Leweke|[2018], [Prakash et al.[[2020], |Schnei-
\der|[2020],|Schneider and Michel|[2022|, Telschow| [2014], Telschow et al.|[2018|. These
publications also show that these methods have already been successfully applied to
inverse problems in geodesy and medical imaging as well as for normal mode tomog-
raphy. Here, we will shortly introduce them as well in in particular with an
emphasis on adjustments made for travel time tomography. Regarding the theory, a
focus is set on the derivation of certain gradients and inner products needed for this
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adjustment given in These computations are provided as supplementary
material in the appendix of this paper.

We demonstrate this new method on inversions for synthetic (i.e., invented) whole-
mantle test structures, using realistic sampling geometries, i.e. actual earthquake-to-
receiver paths that have yielded high-quality travel time data for tomography in the
ISC-EHB catalogue. For the latter, see e.g. |The International Seismological Centre|
[(ISC)||2022], |Weston et al.|[2018§].

In we introduce the mathematical inverse problem of the travel time
tomography. Afterwards, we present our choices of dictionary elements in
Further, we compute regularization terms related to a Sobolev space of these trial
functions. Next, we introduce the LRFMP in and show a first proof of
concept in [Section 5| In|Appendix A| the interested reader will find more details on
certain mathematical derivations regarding the trial functions and the methods. The
corresponding code is available at https://doi.org/10.5281/zenodo . 8227888 under
licence the CC-BY-NC-SA 3.0 DE.

1.1. Notation

The set of positive integers is denoted by N. If we include 0, we use Ny. For integers,
we write Z. For the set of real numbers, we use R. The d-dimensional Euclidean space
is called R%. Only positive real numbers are collected in Ry . For € R3, we can use
the common spherical coordinate transformation

rv/1 —t2 cos(p)
z(r,,0) = | rv/1 —t2sin(yp)

rt

for the radius r € Ry, the longitude ¢ € [0,2n[ and the latitude 8 € [0, 7] which
yields the polar distance cos(d) =t € [—1,1]. A radius is denoted by R € R, and the
corresponding ball with radius R is defined by Bg == {z € R® : |z| < R}. If R =1,
we also abbreviate B := B;. Thus, a point £(p,t) € OB C R? is given by

V1 —t2cos(p)
€(e,t) = | V1I—t2sin(p)

t

Moreover, a well-known local orthonormal basis in R? is defined by the vectors

V1 =12 cos(¢p) —sin(p) —tcos(p)
(g, t) = | VI—=1Zsin(p) |, e?(p.t) = [ cos(y) |, '(p,t) = | —tsin(y) |,
. 0 V-2

see, for instance, .
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2. Seismic travel time tomography

Seismic travel time tomography estimates the propagation velocity of seismic (P-)waves
as a function of spatial location inside the solid Earth. The sensitivity of travel time
measurements to Earth structures along the wave propagation path is volumetrically
extended in practice, but can often be reasonably approximated as an (infinitely nar-
row) ray, in analogy to optical ray theory. Here we consider only (seismic) ray theory
for P-waves, although our approach could be extended to less approximative sensitivity
modelling, such as Born/finite-frequency approximations, see e. g.[Dahlen et al.| [2000],
and to S- or other wave types. As we aim here for a proof of concept, we consider the
accuracy of the classical ray theoretical infinite-frequency approach as adequate. For
one seismic ray X between seismic source and receiver, the mathematical relationship
between its travel time ¢ and the (P-)wave velocity ¢ (and its slowness .S, respectively),
is given by the Eikonal equation, see e.g. |Dahlen and Tromp| |1998], [Michel| [2022],
Nolet|[|2008],

1
e(X(s))

= 5(X(s)) = |Vx(X(s))],

where X : [0, R] — R? and the arc length s is chosen to parametrize X. We repara-
meterize the ray here by a parameter ¢ € [0,1] such that X : [0,1] — R3 has the same
curve, that is X([0,1]) = X([0, R]). The specific choice of the parameter transfor-
mation s <> t depends on the implementation of the numerically calculated ray. The
Eikonal equation yields the non-linear inverse problem

/gso?(s)) do(X(s) = p(X(R) & / S(X(H) [X'(B)]dt = (X)) (1)
with
(1) = / X () dr. (2)

Due to the difficulty of non-linear inverse problems, is usually linearized: instead of
approximating the slowness S itself, we consider the deviation 65 between reality and
a reference model, see e.g. |[Amirbekyan [2007], [Nolet| [2008|. This yields the seismic
ray perturbation operator (SPO) given by

(7 49) (%) = | 158 (Rusl) s = 60 (Fr(R)

where X ref Stands for the ray obtained from a reference model and parameterized with
the arc length s between 0 and its total arc length R. Moreover, % = tobs — Yref 18
the delay of the observed and (due to the reference model) expected travel time. The
more rays we consider, the better our approximation of 65 can be. Thus, in practice,
we use a family of rays {X,ef,; }i=1,..c With respect to a set of source-receiver pairs

{ (B0, Xeera®) }

yeeey
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and consider the Discretized SPO (DSPO)

(74 68) (Xoar) = [ 708 (Ruans ) ds = 005 (Rura)

0

1
= /0 05 (Xrer,i()) | Xtop i (8)] At = 600 (Xier,i(1))

T 65 = S
with s as in s(1) = R, T7 = (T3)i=1,...¢ and 6¢= == (093 (Xyet,i(1)))i=1,....c. Our

aim is then to construct an approximation

I
i=1

for I € N, «a; € R and some trial functions d;. Note that, in seismology, instead of
considering 05, the velocity anomaly (deviation from the reference velocity) is often
considered. In our approach, this means, we would have to reformulate our approxima-
tion in the following way: if we obtain S as the linear combination, we approximate

sg= L1 _ _cTCer
& Cref CCref
This reformulates to
1
0S + = -
Cref &

Thus, after approximating 4.5, we would transform it via

0S ( c— cmf) € — Cref de
_ _ = _.

- = _
05 + Cref CCref

Cref c

for a better comparability in the geophysical community. Since we are using here
a non-real, artificial deviation model (see [Section 5.1), we abstain from this explicit

reformulation but consider the numerator naturally in our resolution test.

3. Trial functions

We utilize two types of trial functions in our methods: global orthogonal polynomials
and compactly supported linear finite element hat functions. We first present their
definition and give examples of them.

3.1. Definition and examples

3.1.1. Tesseroid-based finite element hat functions

For a general introduction to finite elements, see e.g. |Braess|[2007], |Grossmann et al.
[2007],|Johnson| [2009], |Schwarz and Kockler| [2011]. Regarding trial functions, we are
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Figure 1: Example of an FEHF. We show N(5096.8,0,0),(955.65,x/4,0.25) for the depth
slices (left, middle and right) at the following radial distances to the centre
of the Earth in km: 3193.1, 3482.0 and 3770.9 (first row), 4059.8, 4348.7
and 4637.6 (second row), 4926.5, 5215.4 and 5504.3 (third row), 5793.2,
6082.1 and 6371.0 (last row). The colour scales are adjusted for a better
comparability.
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interested in composite hat functions on tesseroids as the finite elements. Thus, in the
sequel, we speak of finite element hat functions (FEHFs).

In seismology, using tetrahedra as finite elements are common, see e.g. |Hosseini et al.
[2020], |Sigloch| [2008], | Tian et al.| [2007afb|. We change the underlying finite element
structure here because, from a seismological perspective, there is no physical need
to use tetrahedra. Tesseroids, see |[Fukushima||2018|, are rectangular parallelepipeds
defined by upper and lower bounds with respect to the radius, the longitude and the
latitude. Thus, a tesseroid may be even more reasonable than tetrahedra: such an
underlying structure would be a realization of the interior of the Earth being struc-
tured or layered by gravitation. Moreover, the depth of the mantle (&~ 2 900 km) is
much smaller than the circumference of the Earth (= 40 000 km). Hence, the size of
the heterogeneities in the mantle is smaller in the depth than it is latitudinally and
longitudinally.

For the definition of a tesseroid, we obviously have six degrees of freedom. Due
to the composite nature of the FEHFs, we move from the boundary-based view to a
centre-based one. Then, the degrees of freedom are its radial centre R and its distance
to each side AR as well as the longitudinal and latitudinal centres ® and T and their
respective distances to each side A® and AT. The natural constraints of a tesseroid
are

R € [pR,R] = [Rmin, Rmax], 0<er <AR<R/2,
® € [0,27] = [Pmin, Pmax], 0<ep <AD <, (3)
Te[-1+ep,1—er] = [Tmin, Timaxl, 0<er < AT <0.5.

Note that, with p € [0,1], we control the maximal possible depth of the tesseroids.
For instance, if we set p = 3482/6371 = 0.54654, we allow the FEHF as deep as
the core-mantle boundary. Further note that due to singularities at the poles, see

Appendix A.3| we need to stay away from the theoretically possible bounds %1 in the

latitudinal case. We can identify (in polar coordinates) the ball with the domain

D=[0.R]x [P.P+2r]x[-1,1] with P {&Jm
™

the difference domain as

AD = [eg,R/2] X [, 71| X [eT,0.5]
= [€Rr, Rmax/2] X [€, Pmax/2] X [e7, (Tmax + €1)/2]

and the tesseroid as

E = [max(Rumin, R — AR), min(Ryax, R + AR)]
X [® — AD, & + AD]
X [max(Tmin, T — AT), min(Tax, T+ AT)].
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For the sake of brevity, let a := (a;)j=1,2,3 = (r,¢,t), A= (4;)j=1,23 = (R, ®,T), AA =
(AAj)j=1,2,3 = (AR, Aq), AT’)7

Amin = (PR7 Pa -1+ 6T) = (Rmim (I)mim Tmin)7

Amax = (R7 P+ 2777 1—- 6T) = (RlnaX7 (I)ma)u 71max)

and the Cartesian product
3
supp 4 aa(a) = [ [ max(Aminj, A — (AA);), min(Amax j, 4; + (AA);)] = E.
j=1

With these definitions, we can consider the FEHFs. Commonly used in seismology
are Lagrange finite element basis function, see|Tian et al.| [2007a/b|. Finite element
basis functions for cuboids are given, for instance, in|Mazdziarz [2010]. We take the
linear examples from there. Via translation to supp4 A4 and the general notation just
introduced, we then obtain the dictionary elements

3
AA; — |a; — A
Naaa(@(a)) = Nror).arasear) (r&@,1) = Xsupp, aa (@) [ [ %7

j=1 J

(4)
where x denotes the characteristic function and z(a) = r{(yp,t) € Br. The FEHF
N4 a4 attains its maximum in A, which is the centre of the respective volume element.
It holds Naaa(A) = 1. The function linearly decreases towards zero when moving
towards A + AA. It is constant zero outside of the volume element. Thus, it is only
piecewise constant. An example is given in Note that, in this example, we
see that the hat is clearly visible. However, this shows that, though the theoretical
support of an FEHF is a tesseroid, its visible support appears smaller.

3.1.2. Polynomials

For polynomials on a ball with radius R, we consider the system
G}m,n,j (Tf(SZ% t))
r n
= PP (I(0) (5) Yo (€(01)

T\ 2 ™
= p’m,npy(nO’nJrl/Q) (2 (ﬁ) - 1) (ﬁ) qn]Pn,\ﬂ(t)

r\" . .
= P P (1)) () s Pt (0 Trig i)

with the normalization factors

dm+2n+3 and 2n 41 (n — |j))!
m,n — = 1 n.i = o= A -
Pron =\ 7R3 g = Anlil ar (n+Jj])!

V2cos(jp), j<0
1, j=0
V2sin(jp), j >0
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Figure 2: Example of a polynomial. We show Géz,l for the depth slices (left, middle
and right) at the following radial distances to the centre of the Earth in
km: 3193.1, 3482.0 and 3770.9 (first row), 4059.8, 4348.7 and 4637.6 (second
row), 4926.5, 5215.4 and 5504.3 (third row), 5793.2, 6082.1 and 6371.0 (last
row). The colour scales are adjusted for a better comparability.

10
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for m, n € Ny, j € Z, |j| < n and where P,S{l’ﬁ) denotes a Jacobi polynomial, Y, ;
a spherical harmonic and P, ; an associated Legendre function. As can be seen
here, we use fully normalized spherical harmonics in our implementation. For details
on those composite functions, see e.g. |Abramowitz and Stegun|[1972|, [Freeden et al.|
[1998|, Freeden and Gutting|[2013|,|Freeden and Schreiner| [2009], Magnus et al.| [1966],
Michel|[2022], Miiller| [1966|,|Szegd| [1975. The functions G were investigated first by
Ballani et al.|[1993], [Dufour| [1977], [Michel| [2013|. For generalizations of this system,
see [Dunkel and Xu|[2014] as well as Michel and Orzlowski|[2016]. Note that every G
is an algebraic polynomial in R? and is, therefore, well-defined on the whole ball. An

example is given in

3.2. A dictionary

With these two types of trial functions, we now build a so-called dictionary D which is
an intentionally redundant set of functions. In the sequel, we work with the following
dictionary

Gm,n]ar = {G}n,n,j : m, neNg, m<M, n<N, jeZ, |j|<n},
[Alpenr == {Naaa : A€ D, AA € AD},
D = D™ =[Gy n]a1 U [Alrenr.

We see that the trial function classes [Ga, n]ar and [A]pgur are defined via the charac-
teristic parameters of the trial functions. Note that the parameters of the FEHFs are
continuous while those of the polynomials are discrete. We allow polynomials up to
a maximum radial and angular degree. Theoretically, we could also allow m, n € Ny
and, thus, let [Gas n]cr be infinite. In practice, however, this is not sensible as we
will see later. Note, however, that [A]pgar is truly infinite. We discuss the dictionary
again in a larger context below when we introduce our approximation methods.

3.3. Regularization terms

As we are considering an ill-posed inverse problem, from a mathematical point of view,
it is inevitable to include a regularization. For our approach, we use the Tikhonov—
Phillips regularization. Thus, we need to determine a suitable function space for the
penalty term. We decided to use the H; (B)-Sobolev space, seelAdams and Fournier|
[2003|, Bhattacharyyal[2012], Braess||2007|, Heuser|[2006|, Schwarz and Kéckler|[2011],
|Werner| [2018|, [Yosida||1995]. The regularization terms are then obtained via

(dirdj)e, = (DOd;, DOd;) +(DWd;, DDd; )

L2(B,R) L2(B,R3)
= <di7 dj>L2(]B7]R) + <Vzdi7 VrdJ')LZ(]BRS) (5)

for two dictionary elements d;, d; € D. We have to determine these inner products
for the different cases of dictionary elements in D. We start with the determination of

11
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the gradients. For the FEHFs, we obtain

Vieto)yN(R,®,1),(AR,AD,AT) (T, 0, 1)

= Xsupp[(R,‘F,T)—(AR,A@,AT),(R,@,TH»(AR,A@,AT)] (7”, ¥ t)

" (ET [—sgn(r— R)]A® — |p—®| AT — |t — T

AR Ad AT
N lgv 1 AR-—|r—R|[—sgn(p —®) AT — [t —T|
1 —1¢2 AR AD AT
1, AR —|r — R| A® — |p — ®| [-sgn(t — T)]
2ot /1 g2 .
e PTTAR AD AT

The derivation of this formula is done straightforwardly and can be found in
For the polynomials, we have

va(%t)Gin,n,j (Tf((p, t))
0
= <axk Gin,n,j (Tf(@v t)))

n—1
+ G PO UI0) () Patn (O Trig(ie)E(e01)
) n—1 1 . .
FRPITPUO) (g) = Pain (0 Trig(—i0)e? (0,)
1 n—1
+EP,(,?7”+1/2) (I(r)) (%) V1-— t2P7’L’|j|(t)Trig(jgo)e%gp,t))
4
= pm,nQn,j Z G}m,n,j;p(rg((p7 t))7 (6)
p=1
with
4
I'(r) = Ri?. (7)

The computation of this gradient is shown in in detail. In both cases,

note that £ = €7, ¥ and ! are vectors.

Then, we obtain the following values for the inner products. The detailed derivation

12
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is given in For two polynomials, we have

(G, Gy, s -

m,n,j’

= (5m m/(sn n’(sj j’ + (Sn n’5j,j’pm,npm’,n

/ !
{R\[ ( P, n+1/2)( )) (Pﬁ’”*l/”(u)) (1+u)n+3/2 du
2” —1

Rn ! n ,n
271\/» [(P(o +1/2)( )) P,(r? +1/2)( )

/
+POnH1/2) () (PT(nO/,n+1/2)(u)) ] 1+ w2 du

Rn(2n+1) [* n e
R [ RS e ) (140 ).

where d,, denotes the Kronecker Delta. Note that the remaining integrals must be
computed numerically due to the exponents of (1 + u). For two FEHFSs, we obtain

(Na,aa;s Narany ), @)

[ Bl AGAY e K] (),
i=1 lba_,l» AA](AA])/ 1: J= 273 J

2 k=1
+Z/ e ak _Ak) Sgn(zlll ,A;“) alk k=2, day
( k) 1 _ a%7 k‘ — 3
3 ubg, N 1 . B
I [ A A OAY A [ sk,
j=1, jk / lba A4, (A4;) 1, else

where lb,, and ub,, are the lower and upper bound with respect to the dimension a; of
the intersection of the respective domains of the FEHFs N4 a4 and Nar (aa)y- Note
that we need to determine these boundaries as well as the critical points in between
them.

13



N. Schneider, V. Michel, K. Sigloch and E. Totten:
A matching pursuit approach to the geophysical inverse problem of seismic travel
time tomography under the ray theory approximation

At last, we consider the mixed case of a FEHF and a polynomial. This yields

<NA,AA7 G}n,’n7j>'H1(]B)

ub
"AR—|r—R n T\"
:pm,nQn,j/ A|R ‘P,S?’ *1/2)(1(7")) (ﬁ) 2dr
ub ub
*AD — | —D| . . CAT — |t =T
2 7P T Flip e L I = T
X /lbv AD rig(jp)dyp /th AT )51 (L) dE

/
Py()g),n+1/2) (I(ak))) I’(ak) (%) ai

3 uba)C _ " o
~ Pm.ndn,j Z/ sgn(ae = Aw) |y O () (%) nak, k=14 dq,
P/ TN Adg JTrig(—ja), k=2
(1 —a?)P] (), k=3
s PR (1)) ()", =1
y / i AA; — |a; — Ay Trig(ja;), =2 das
Bl AA; P, ;1(a;), i=3k=1 i
i=1,i#£k lba, v 1 A1l .
’ mpn,u‘(al), 7,:3,l€22

where lb, = lby, = max(Rmin, R — AR), ub, = ub,, = min(Rpax, R+ AR), lb, =
lbg, = ® — AP, ub, = uby,, = &+ AP, b, = lb,, = max(Tyin, T — AT) and
ubs = ubg, = min(Tmax, T + AT). Note that we use the same notation as in@ The
longitudinal integrals can be derived analytically (see. The radial and
the latitudinal integrals must be computed numerically. Note that, in our experience, it
is difficult but critical for our approach to determine the most efficient implementation
for the latitudinal integrals.

4. The (Learning) Inverse Problem Matching Pursuits

Next, we introduce our suggested algorithms for the approximation of ill-posed inverse
problems: the (Learning) Inverse Problem Matching Pursuits ((L)IPMPs). The IPMPs
include: the Regularized Functional Matching Pursuit (RFMP) and the Regularized
Orthogonal Functional Matching Pursuit (ROFMP). The LIPMPs are the respective
counterparts that include a learning add-on: the LRFMP and the LROFMP. Note
that there also exists the Regularized Weak Functional Matching Pursuit (RWFMP)
whose idea can be included in the LRFMP and the LROFMP quite naturally as we
explain below. To the best of our knowledge, the Geomathematics Group Siegen is
among the first to adapt these algorithms for inverse problems. For more details and
applications, see/Berkel et al.|[2011],|Fischer|[2011], |Fischer and Michel|[2012|2013alb,

Gutting et al.| [2017, |Kontak| [2018],|Kontak and Michel [2018][2019], |[Michel| [2015],

Michel and Orzlowski|[2017],|Michel and Schneider|[2020],|Michel and Telschow|{2014]

2016], \Leweke| [2018], Prakash et al.| [2020], |Schneider| [2020], |Schneider and Michell

[2022], |Telschow||2014], | Telschow et al.|[2018]. We concentrate here on the LRFMP
because it appears to be more suitable for travel time tomography due to its efficiency.

14



N. Schneider, V. Michel, K. Sigloch and E. Totten:
A matching pursuit approach to the geophysical inverse problem of seismic travel
time tomography under the ray theory approximation

For this method, we introduce here the characteristics relevant for understanding and
those that are newly adjusted to the particular problem at hand. Note, however, that
the transfer of the latter to the LROFMP is straightforward and an implementation
of it is included in the corresponding source code. We also direct the reader to the

notations given in |Section 2

4.1. The (Learning) Regularized Functional Matching Pursuit

The RFMPs tackles inverse problems, such as the discretized, linearized travel time
tomography problem 7505 = d1)=, which are often ill-posed by nature. The inevitable
regularization for such kind of problems is implemented as a Tikhonov—Phillips reg-
ularization in these methods. This is an established and well-performing choice for
many ill-posed inverse problems, see e.g. |Engl et al.|[1996|, Hofmann|[1999], Kirsch
{1996, |Louis| [1989)], |Rieder| [2003]. An approximation f* of the solution f is then
found as the minimizer of the Tikhonov-Phillips functional. In particular, with the
H1 (B) Sobolev space introduced above, in the REMP, we aim to determine f* such
that

169 = T2 " lze + M Moy mys A>0, (®)

is minimized. The first term is usually called the data misfit while the latter is the
penalty term. Note that the corresponding Tikhonov—Phillips functional consists for-
mally of only one penalty term instead of two (for smoothing and damping) as com-
monly used in seismology, see e.g. |Charléty et al.| [2013], |Hosseini et al.| [2020]. We
choose the H; (B)-Sobolev space for regularization here because we considered FEHFs
for the approximation and they are tightly connected to (classical) Sobolev spaces.
As we saw in the respective inner product is a sum of the L2 (B,R)- and the
L2 (B,RB)—inner product due to which we re-enact the trade-off between smoothing
and damping. Thus, this difference is only minor.

However, there is a more important difference betweenand the common seismolog-
ical approach and it lies within the data misfit: due to uncertainties within the data,
seismologists usually consider the (reduced) x? in the computation process as well as
for model selection (via the L-curve) instead of the pure residual dip4 — T f*, see e.g.
Hosseini et al.|[2020]. Mathematically, they are connected as follows:

L ((60m), — T2F\° 1| o0m — Tof
2 _ = i al _ =
Xred - Z ; ( > - E H o

g;

2

RE

with

g ag;

b1 =TS (<6w1>i - -ﬁf*)
=1 l

.

where o; € Ry denotes the (known) uncertainty with respect to the i-th measure-
ment. As the uncertainty within the data cannot be circumvented, we, therefore,
adjust the Tikhonov—Phillips functional considered in the RFMP for the case of travel
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time tomography as well. Therefore, in the sequel, we consider the noise-cognizant
Tikhonov-Phillips functional

o = Taf*
g

2

%12
+Alf Hyl(m)’ A >0,
R¢

which shall be minimized in the RFMP. The minimizer f* is then obtained iteratively
as a linear combination of weighted dictionary elements d,, € D. Let N denote the
current (or final) iteration. Then we have

N
fN = fO +Zandn
n=1

in the case of the REFMP. Here, fy denotes a first approximation which is often the
zero approximation in practice. As the dictionary is made of global polynomials and
local FEHFS, also the approximation consists — in all probability — of both types of
trial functions.

The noise-cognizant Tikhonov—Phillips functional of the N-th step transfers then to

N _ 2
(0,d) o | =0T

Z+)\\|fN+ad\|ih(B), A >0, (9)
R

RNt = RN —an 1 Trdnyt = 0% — TAfn

for the RFMP and with R® = dvyq—7T=f; which yields R’ = y if f; = 0. The main ques-
tion is how to choose the dictionary element dy11 € D and the corresponding weight
an+1 € R such that the corresponding Tikhonov—Phillips functional is minimized.
Similarly as in the literature on the (L)IPMPs, we can exchange the minimization of

the noise-cognizant Tikhonov—Phillips functional by an equivalent maximization of the
objective functions, see [Appendix A.4|for details:

N 2
RFMP(d; N) = (<RT’%>W *MfN’dmlﬂB)) . (An(a))? (10)
S Td ||2 2 T By(d)

|| o H]Rf +)\||dHH1(]B)

The weights are then easily obtained via

s e An(dn41)
Nt By(dn+1)

In practice, the IPMPs need termination and model selection criteria. As imple-
mented for the Tikhonov—Phillips functional, we adjust them here as well. Usually, in
seismological experiments, we would strive to let y2, reach 1. This should yield the
best trade-off between data (mis)fit, accuracy and smoothing. For the contrived data
we use here, however, we have the uncertainty is assumed to be ¢ = 1s. This enables
us to consider the relative data error || RY||ge/||R°||ge (as usually done in an IPMP)
instead. In our experiments, we additionally perturb the delay vector with simulated
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noise. This again allows us to terminate the algorithm if the relative data error falls
below this noise level. To avoid endless iterations for inappropriate parameters, we
also set a maximum number of iterations. Among those models fy obtained for di-
verse regularization parameter A\, we select the one (i.e. the regularization parameter)
which yields the lowest relative root mean square error

" AY 21))? 1/2

for k € N, where f is the (exact) solution which we use for our test and is given on
the points z?.

The IPMPs use by definition a finite dictionary Dfi* ¢ D = D™, In this case, the
maximization of can be done by pairwise comparisons. However, this means that
D" must be chosen a-priori either automatically or manually. The latter cannot be
recommended in the case of the travel time tomography because a) we are inexperi-
enced regarding which trial functions are needed as this is a novel application for the
methods; b) the size of Dfin grows tremendously due to the six characteristic parame-
ters of the FEHFs; and c) a possible bias by the choice of Dfi" cannot be quantified. In
search of an automation of the a-priori choice, the LIPMPs were developed, see |Michel
and Schneider||2020], |Schneider| [2020}, |Schneider and Michel| [2022|. They follow the
same routine as the IPMPs but include an additional learning add-on. Then, the
a-priori dictionary choice is negligible. Though they do produce a learnt dictionary
which can be used as an automatically chosen one in the IPMPs, they also proved
to be useful as standalone approximation algorithms. Thus, in our experiment, we
include the learning add-on, that is, we use the LRFMP.

4.2. The learning add-on

The idea is to allow all possible trial functions and, thus, use the infinite dictionary
D. As we saw before, D includes infinitely many trial functions of those types with
continuous characteristic parameters, i.e. here the FEHFs. If the characteristic pa-
rameters are discrete as here with the polynomials, we still allow only a finite set. In
each iteration, we determine optimized dictionary elements (or candidates) for each
type of trial functions separately. Together they form again a very small, finite dic-
tionary of candidates from which we obtain the overall most suitable function. Thus,
the learning add-on is the determination of the finite dictionary of candidates in each
iteration.

Recall that we allow polynomials up to a maximally possible radial and angular de-
gree. The global trial functions in the dictionary are usually chosen to reconstruct
global trends and, thus, high degrees and orders are often negligible. Hence, it suffices
to consider some maximum radial and angular degree. Theoretically, these maximally
possible degrees can be chosen to be very high such that the methods can learn a max-
imally needed radial and angular degree, see [Schneider| [2020], |Schneider and Michel
[2022|. Tt remains to be seen whether this can be done in practice for travel time
tomography due to efficiency reasons (the curse of dimensionality occurs here: the set
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of all (Cartesian) polynomials G}n,n.j with degree < N has a size of O(N?), see|Michel
[1999]). Note that, due to the finiteness, we can still obtain the maximizer of by
pairwise comparisons. Further, we can still use the common preprocessing routine of
the IPMPs for the polynomials and improve efficiency in this way. Practically, this
means we define a finite starting dictionary D® which contains at least the chosen
polynomials from D.

In the case of the FEHFs, we use the truly infinite set of possible trial functions
[A]reur. The main challenge here is to maximizeamong all possible FEHFs. As
a matter of fact, this is a non-linear constraint optimization problem with the objec-
tive function RFMP(Ny a4; N) — max! For maximizing RFMP(N4 a4; V), recall the
corresponding constraints with respect to A and AA given in We can solve this
maximization with any kind of established optimization routine. For instance, meth-
ods from the NLOpt library, see|Johnson|[2019], can be utilized. Note, however, that a
gradient-based approach cannot be used here because it would necessitate the compu-
tation of the gradient of RFMP (N4 a4;N) with respect to (A, AA). Unfortunately,
this is not possible for practical purposes due to the absolute value in the definition
of the function, see Further, from experience, we propose a 2-step-optimization
procedure. First, we use a global method. Then we refine this solution by using a local
counterpart starting from the former solution. This also enables us to soften the accu-
racy of the global optimization technique (i.e. its termination criteria) which decreases
the runtime. Note that softening the termination criteria of the optimization is similar
to including a weakness parameter as in the RWFMP. Also note that both solutions
are inserted into the dictionary of candidates. Moreover, if the global method needs a
starting point, we should insert a few FEHFSs in the starting dictionary for this reason
as well. Further note that this starting solution can also be included in the dictionary
of candidates but should generally not be chosen, i.e. this starting solution should not
have a major influence on the learnt approximation in general.

4.3. Additional divide-and-conquer strategy for travel time
tomography

We experienced that the optimization within the learning add-on is slowed down —
amongst others — by the use of many rays at once. Thus, we considered how to
sensibly use fewer rays at once while taking a numerically significant number of rays
into account. This yields an additional divide-and-conquer strategy for our challenge
at hand which proved to be helpful in practice. The main idea is to start with a low
number of rays. In our experiments, we started with 1000 rays. If the relative data
error falls below a certain threshold such as 50% then we add the next package of 1000
rays to our consideration. We consider then the first 2000 rays in our algorithm with
the exception of optimization of the FEHFs where we consider only the latest package
of 1000 rays.

We are aware that this is a quite manual approach with certain seemingly arbitrary
parameters. In the meantime, we also considered other aspects that concerned the
efficiency such that it seems now to be possible to increase, for instance, the size of
each ray package. This may form the basis of future research.
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5. Numerical implementation and tests

In this section, we show a numerical proof of concept for our TTIPMP code. We first
introduce our experiment setting for reproducibility and afterwards our numerical
results. Note that the corresponding code is available at https://doi.org/10.5281/
zenodo .8227888|under licence the CC-BY-NC-SA 3.0 DE.

5.1. Chosen Earthquake data and specific experiment setting

0.00 001 0.02 003
60°N

60°S

0.00 001 0.02 0.03
60°N

60°S

0.00 001 0.02 003

Figure 3: Resolution test input model for P-velocity consisting of two plumes below
the Volcanic Eifel and Yellowstone volcano. We show the depth slices (left,
middle and right) at the following radial distances to the centre of the Earth
in km: 3193.1, 3482.0 and 3770.9 (first row), 4059.8, 4348.7 and 4637.6
(second row), 4926.5, 5215.4 and 5504.3 (third row), 5793.2, 6082.1 and
6371.0 (last row).

We use the unit ball for our practical computations and show here the approximation
of synthetic input structures modelled on mantle plumes, i.e. seismically slow, vertical,
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columnar features that extend from the core-mantle boundary to the surface, as a
model for the deviation of the slowness in the interior of the Earth. That is, we
show here a resolution test. The plumes are constructed to extend from the core-
mantle boundary up to the Earth’s surface. They lie below the Volcanic Eifel and the
Yellowstone volcano. Note that thin, vertically continuous plume conduits are among
the structures suspected to occur in the real Earth. For a visualization of this model,
This enables us to compute a relative root mean square error as given in [(11)[where
we use a grid of Kk = 12 - 65341 = 784 092 data points. This grid is given as 12 layers
of an equi-angular grid, commonly also called a Driscoll-Healy grid, see e. g.
|and Healy| [1994], Michel||2013], of 361 - 181 grid points. The data is perturbed with
5% Gaussian noise, such that we have perturbed data y° given by

Y2 =y - (14+0.05-¢;)

for the unperturbed data y; = (T f) (oini) and a unit normally distributed random
number &;.

As we aim for a proof of concept, it suffices to consider a ray theoretical setting and the
ISC-EHB seismic meta-data, see| The International Seismological Centre (ISC)|[2022,
Weston et al.|[2018]. Note that these data were among others also used in [Hosseini
et al. M In particular, we are using the ISC-EHB meta-data from 1998 to 2016,
respectively, but only the P waves. Note, however, due to the divide-and-conquer
strategy, we might not use all rays from these years in practice. At most we have used
318542 rays. According to our strategy, we start with rays in 2016 and add further
rays by moving back in time.

We correct these data with all necessary seismological corrections. The corrections
are done in line with the tomography workflows exhibited in |Hosseini et al. [2020],
|[Mohammadzaheri et al.| [2021], | Tsekhmistrenko et al.| [2021]. Moreover, with these
meta-data, we have a constant uncertainty o; = 1s,4 = 1,...,£. In general, we cannot
expect the rays to illuminate the Earth evenly. That is, we have to take into account
that all of our meta-data — the receiving seismological stations as well as the rays
themselves — will be poorly-distributed to a certain extent. In particular, the path
coverage is sparse in shallow depths under the largely uninstrumented oceans as well
as in the deepest parts of the mantle since we exclude core-diffracted body-wave paths.
For a visualization of the ISC-EHB meta-data rays, see

We solve the latitudinal integrals in the inner products of a polynomial and an FEHF
with a GauB-Legendre quadrature rule of 106 points and use an adaptive Gauf-Kronrod
quadrature rule with an integration error of 10~* anywhere else (i.e. for the DSPO as
well as for other integrals in the inner products). In particular, the latter is necessary
for efficiency reasons. We set eg = € = ez = 1072 and p = 3482/6371. Recall that
this sets the lower bound for the value of R of an FEHF to the core-mantle boundary in
our setting. We use the GN_DIRECT_L and the LN_SBPLX algorithm for the global
and local optimization in the learning add-on. We terminate the global algorithm if
succeeding iterates vary less than 107 (i.e. xtolrel = 10™%) or succeeding function
values vary less than 10° (i.e. ftol.rel = 10°). We terminate the local algorithm if
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successive iterates vary less than 1078 or successive function values vary less than
10~%. In analogy to Schneider| [2020], |Schneider and Michel [2022|, we terminate the
optimization after 10000 evaluations of the objective function or 600 s computation
time. From experience, these termination criteria ensure that the optimization happens
within a suitable time frame. Further, the loss in accuracy is negligible for our proof
of concept. For more information on the termination criteria of the optimization
methods, see|Johnson|[2019|. We terminate the LRFMP either after 300 iterations, or
if ||[RY||ge/||yllge is less than the noise level or greater than 2 or if |x2,,; — 1| < 1075.
As a finite (starting) dictionary, we utilize

[QS,S]GI = {(manvj) -m,n € N07 m S 57 n S 53 ] € ZO7 |j| S n},
[Alrear = {(4,AA4) : A€ D,, AA=AD,},

3482 2889 i
D, =42202 L 20 g4l x T =04
» {6371+25484 = 7}X{2 = }

1 — e
x{—1+eT+(2i)Z:z’= ,...,4},
T
2889 w 1 —ep
AD, =)=
r (25484’2’ 2 )

D = [G]a1 U [A]lrenF-
Note that pR = 3482/6371, R = 1.0 and, thus, R — pR = 2889/6371 in our setting.

5.2. Synthetic inversion tests

We chose the regularization parameter to be 1073||y||ge as this produced the lowest
RRMSE among the tested values of parameters. The experiment terminated after 300
iterations with an RRMSE of 0.881173 and a relative data error of 0.154958. The
absolute approximation error is shown in We scaled the figures to the size of
the solution for better comparability (compare colour scales in |[Figure 3|and|Figure 5.
We note that the errors are low for intermediate depths, where our teleseismic body
wave paths sample the mantle most extensively, and higher for large and shallow
depths. Recall that we have very unregularly distributed data (see .

In particular, at the distances from 3770.9 km to 4926.5 km to the centre, we see
only very little remaining errors, and some of the errors are simply due to boundary
effects since the method is unable to recover the precise geometry of the plumes.
Moreover, those are close to the plumes, i.e. the region where our structure is given.
Also in larger depths (distances 3193.1 km and 3482.0 km to the centre) the main
errors are situated in the Northern hemisphere. Since there is practically no data,
see in these depths, the method cannot register that the plumes are cut
of at the core-mantle-boundary and, further, it does not introduce random artefacts
there but continues the structures. We assume that using additionally core-diffracted
waves as well would erase the errors in these depths. In shallower depths (distances
5215.4 km to 6082.1 km to the centre), we also see a similar continuing behaviour
of the approximation. Comparing the approximation in these depths with the data
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(i) 5171-5371

(m) 5971-6171 (n) 6171-6371

Figure 4: Distribution of ISC-EHB meta-data rays in the given depth ranges. Depth
in km as the distance to the Earth’s centre.
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Figure 5: Absolute approximation error for the approximation of the plumes model
given in We show the depth slices (left, middle and right) at the
following radial distances to the centre of the Earth in km: 3193.1, 3482.0 and
3770.9 (first row), 4059.8, 4348.7 and 4637.6 (second row), 4926.5, 5215.4 and
5504.3 (third row), 5793.2, 6082.1 and 6371.0 (last row). The colour scales
are adjusted for a better comparability.
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Figure 6: Chosen polynomials for the given radial degrees m.
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Figure 7: Chosen FEHFs within the given depth range (in terms of distances to
the centre of the Earth): the positions of the dots refer to the positions
of the tesseroids’ centre and the colours refer to their size in the three
polar-coordinate directions, namely AR (left column), A® (middle) and AT
(right).
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Figure 8: Illustration of the chosen FEHFs (see also|Figure 7).
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Figure 9: FEHFs of the starting dictionary within the given depth ranges (the illus-
tration is analogous to[Figure 7|and [Figure 8).
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distribution, we observe that the errors do not increase as rapidly as the data becomes
sparse. Hence, also here we have a continuation of structure within sparser data regions
without many artefacts. The errors increase in particular below the Southern Pacific
at radii 5504.3 km and 5793.2 km, which is typically not a very active seismic region
and the data is not well-distributed there. Unfortunately, at the Earth’s surface we
have many artefacts. As the sparsity there is extremely high, we assume that a certain
sparsity level can also be a limit to the method. However, note that the Earth’s surface
represents also the boundary of the considered regions and boundaries are known to
possibly introduce additional challenges in approximation tasks.

In|Figure 6] [Figure 7]and [Figure 8| we show the chosen dictionary elements. Further,
in [Figure 9} we provide a comparison to the FEHFs that were given in the starting
dictionary. First of all, we note that the method chooses both local and global func-
tions, much more polynomials than FEHFs to be precise. In particular, higher degrees
and orders are preferred in general. This supports the idea that, due to the irregularly
distributed data, the method uses global functions which fill empty blanks with similar
structures as in regions with many data. This is at least the case, as long as there are
enough data points nearby such as in medium depths. Thus, it would be interesting to
investigate how the method would work with even higher degrees and orders. Maybe
it would choose even less FEFHs then. Regarding the chosen FEHFs, we see that the
LRFMP finds optimal ones in depths where more data is given though also there are
not many selected. In regions where the data is sparse, the method falls back to the
FEHFs given in the starting dictionary. In general this is not really desired. Note,
however, that this also happens majorly near the Earth’s surface which represents a
specific challenge as discussed above. However, since the FEHFs are also generally less
often chosen, this outcome suggests that FEHFs may not be the best choice within the
LRFMP for travel time tomography but with only sparse data the polynomials are also
not suitable. It remains a question for future research to determine which alternative
types of trial functions in the dictionary can yield better numerical results. For other
applications such as gravitational field modelling, the LREFMP proved to perform well
for the combination of orthogonal polynomials (spherical harmonics in this case) and
localized scaling functions and wavelets constructed from reproducing kernels, see e.g.
Schneider et al.|[2023]. However, the analogues of such kernels on balls are connected
to essentially higher numerical costs, which is why we had not chosen them for our first
experiments demonstrated here. Therefore, they might be promising but it remains
open to improve the efficiency of their numerical calculation and integration.

Hence, we observe that the LRFMP can provide the possibility to reconstruct plumes
within the Earth and constrain errors to their spatial locale, though the method cer-
tainly leaves the potential for further improvements.

6. Discussion
The underlying inverse problem, travel time tomography, is ill-posed. Unfortunately,

we lack other, helpful theoretical insights into this problem such as a singular value
decomposition of the corresponding operator which makes the numerical computations
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rather time-consuming. Due to the lack of numerically exploitable properties of the
respective operator, we have to take special care on how to use a sensible amount of
rays in practice. The amount we use here is, as far as we know, sufficient for global
models. However, the number of rays has already provided a numerical challenge to
the used inversion method.

Thus, for now and as we just started our development, we aimed for a proof of concept
and not novel seismological insights here. Hence, the use of a ray theoretical setting is
sufficient for now, in particular, as a finite frequency ansatz would even include more
computational challenges.

All in all, the applicability of the LREMP to travel time tomography is demonstrated
quite fairly given the irregularly distributed data. Nonetheless, there are a number of
open questions for future research.

First of all, we note that we should harmonize the used perturbation noise and the
uncertainty o in future experiments. For use with real data, corrections for earthquake
hypocentres (’source relocations’) will need to be added in an efficient manner. Another
crucial aspect that emerges from the result is the question which trial functions are
best for this inverse problem. Though we tried FEHFs in order to obtain a model that
is comparable with other approaches, the results point towards a different dictionary
for future research. In general, we conclude that the LIPMPs can promise to provide
an alternative numerical regularization method in comparison to other methods for
travel time tomography. However, for achieving a competing status, the method still
needs to be further enhanced.

7. Conclusion and Outlook

Here, we proposed to use the LRFMP algorithm which yields an approximation in a
chosen best basis of dictionary elements. For the latter, we allowed polynomials as
well as tesseroid-based linear finite element hat functions in order to include global and
local trial functions in the dictionary. As this is the first application of the LRFMP to
travel time tomography, we aimed for a proof of concept and follow the ray-theoretical
approach.

We presented here the method in general with an emphasis on aspects that have to
be remodelled for travel time tomography. These are — besides the choice of dictionary
elements — the choice of a regularization space and the practical use of a necessary
amount of data. For the former, we chose a Sobolev space due to the deep mathematical
connections between finite elements and these spaces. For the latter, we introduced
an additional divide-and-conquer strategy which allowed us to consider packages of
rays iteratively and, in this way, overall consider a suitable amount of rays to obtain
a proof of concept.

In our experiments, we considered a contrived Earth model consisting of two cone-
shaped plumes between the core-mantle boundary and the Earth’s surface. Our results
showed that the LRFMP is able to reconstruct such structures. The approximation
contains more errors where the data is rather sparse.

Thus, future research could deal with a parameter study for the divide-and-conquer
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strategy in combination with other accuracy-lowering and efficiency-improving ap-
proaches as well as tackling more complicated contrived Earth models.
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N. Schneider, V. Michel, K. Sigloch and E. Totten:
A matching pursuit approach to the geophysical inverse problem of seismic travel
time tomography under the ray theory approximation

A. Mathematical derivation of specific terms

A.1. Derivation of VN4 a4

As we are using the gradient in the LZ2 (IB%,]Rﬂ—integrals7 we need the version of V in spherical

coordinates:
17} 1 17} 1 1 7] 17}
v, ="+ V=" + = [&¥ — t\/lftQ—)
Let) =€ 8r+r c Br+r (E V1—1¢2 3¢+5 ot

see, e.g. |Freeden et al.|[1998], |Freeden and Gutting||[2013|, |Michel|[2013|. Then, for an FEHF, we
obtain

Vieo,) N(r,2,1),(AR,A0,47) (1, ¢, 1)
= XSupp((R,®,T)—(AR,A®,AT),(R,®,T)+(AR,A®,AT)] (r, ¢, t)
.0
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almost everywhere because

9 AA — \ak — Ag| _ _%‘ak — Ag| _ —sgn(ak — Ak)
day, AA, B AAy B AAy '

Note that this is only piecewise continuous with respect to the differentiated component but it is still
continuous for the other components.

A.2. Derivation of VG!

m,n,j

Similarly, for the polynomials with n > 1, we obtain
Vré(%’,t)Gin,n,j(Tf(Wvt))
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with

() L i=1
#" '7{\/n(n+ D, =23, (13)

and the vector spherical harmonics y,, )1, see e.g. |Dahlen and Tromp| |1998 , [Freeden and Gutting|

[2013I,|F‘reeden and Schrelnerl OO |M1che1|[2022| Morse and Feshbach||1953a/b|. In the case n =0,
the angular derivative as well as the derivative of (r/R)™ does not exist:

o 1_,
Vet G 00(r€(0,0) = pmo [ 55+ 19 PP (1) Yo.(e(o.0)

= Dm0 [5 r9 L 1v*} PO (1(r)) —
T

or \/Tr
— o (Pf,?'”“‘) <I<r)>) r'(r) (ug“) W)€ ). (14)

Note that |(14)|can be written in the form |(12)|due to the multiplication with 0 (2nd term) and by

defining y,° = 0 (3rd term). Hence, the gradient |(12)|is well-defined for all 7 and all possible m, n
and j. For practical purposes, we need to specify the gradient in more detail:
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= sy [ (P2 100)) 10 (1) Pass OTrieG)E(0.0)
n— 1
2P (1)) (ﬁ) P 310 Trig ()€, )

w2 aen ()
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r
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= Pm,nln,j Z Gin,n,j;p(rg(ga t))
p=1
Note that the well-definedness of the terms
P15 (1) Y
7 _ 2 p!
N and 1—t Pn?\j\(t)

used only for n > 1 was already discussed in . The latter can also be computed
with the respective algorithm given there. We discuss the former here in a bit more detail as this
increases the efficiency in our implementation. Away from the poles, the term can be calculated
straightforwardly. In a neighbourhood of the North and South Pole (i.e. for ¢ — +1), we obtain

. . . . 0 .
i Dol (@) 091072 pla gy = [imenn (1-2)" B0 = LD, 1l =1
e R/ - R e 0, lil > 1,

where the lower row holds because every derivative of a Legendre polynomial is bounded in [—1,1]
for trivial reasons.

A.3. Derivation of regularization terms

At first, we list certain trigonometric identities that we will need hereafter:

sin(a) + sin(8) = 2sin (ﬂ) cos (O‘ — ﬁ) ,  sin(a) —sin(B) = 2cos (#) sin (a — ﬁ) )

2 2 2
cos(a) 4 cos(B) = 2cos (QT%) cos (a ; B) , cos(a) —cos(B) = —2sin (#) cos (a ; ﬂ) ,
1 1
sin(a) sin(B) = 5 (cos (aw — B) — cos (e + B)), cos(a) cos(B) = 5 (cos (a — B) + cos (a + B)),
1 12
sin(a) cos(B) = 5 (sin (a — B) —sin (a + B)), /sin(ac) cos(z)dz = w,
/zsin(a:c)dz _ sm(;x) B :ccos(ax)’ /zcos(am)dz _ cos(;zz) n xsm(ax)’
a a a a
in(2 in(2
/sinz(q:)dw = g — smi I), /cosz(q:)dz = g + #
‘We have to discuss the following inner products
I
<Gm nj' G ’"/’j/>H1 ) <NA,AA7NA’,(AA)’>H1 <NA,AA7 Gm,n,j>H1
which practically means computing
1
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37



N. Schneider, V. Michel, K. Sigloch and E. Totten:
A matching pursuit approach to the geophysical inverse problem of seismic travel
time tomography under the ray theory approximation

We start with two polynomials. We have
<Gm n,j’ /’"/’j/>L2(]E,]R) = SM,m/(S"y"/&jaj/

due to the fact that they constitute a basis system in L2 (B,R). Next, we consider the vectorial inner
product of their gradients. Note that the vector spherical harmonics are orthonormal with respect to

their degrees, order and type. With and the substitution 7 = R4/ (1 4+ u)/2, we obtain from

1 1
QA E /L L2(a.9)

= 6n,n’5j,j’pm,npm',n

X {/R [(Pfr?mﬂ/z) (I(r)))ll’(r) (%)n + %pﬁg,nﬂ/z) () (%)n71:|
0

x [(Pi?/”“/ 2160 10) () + RS 4w (%)H} rar

+ (ué?))Q/R {%PS&""“”) (I(r)) (%)H_l} [%Pﬁfz"“”) (I(r)) (%)n_l} r2dr]
0

=0y 7L/6] j'Pm.nPm/ n

x {(u&“f /0 S (e ) v (£ (R0 ) 1) ()
() /0 . (P aen) 1o (£)" w2 aey (£) e
w0 /ORRP<°"“/2’<I( ()" (R aen) v (&) e
(1) /0 " ot 1) (£)" mpsr ey (L)

+ () REREE (&) & e (L) v

=0y 71,’5] j'Pm.nPm/ n

x { / (P12 aen) (PO aen) @ (&) e
0
T /0 : [(PRem272 ) B0 ey
P (1) (P8 o) T (5) T e

R 2n
+ (n2+n(n+1))/ pLon+1/2) (I(r))Pﬁf,’”“/” (I1(r)) (%) dr:|

0

38



N. Schneider, V. Michel, K. Sigloch and E. Totten:
A matching pursuit approach to the geophysical inverse problem of seismic travel
time tomography under the ray theory approximation

= Op,n’0j,/Pm,nPm/ n

X [/R (p},?’"ﬂ/m (j(r))), (prsqo/nﬂ/z) (I(r)))/ 1322 (%)Qn .
0 N |
+ E/O [(P}f’"ﬂ/z) (I(T))) PORHD) (1)

R
/ 2n—1
+POT2) (1)) (Pif’,’"“/?) (1(7«))) } —lig (%) r2dr

R 2n
+ (n* +n?+n) / PR 1) PP 100) (1) dr}
0

= 6n,n/ 05,5/ Pm,nPm/ n

R , .
X [16/0 (Pﬁ?’"ﬂm) (I(r))) (PS/JH»I/Q) (I(r))) (ﬁ)g +4dr

R I
+4n/ [(Pyﬁ?’"“”’ (I(r))) PO (1(r))
0
P2 (1) (B ) | (£) "
R ( /2) © /2) 2n
T (2n24n / PO (1)) PO 1y (L dr:|
( ) 0 " (R)

= 0,705,/ Pm,nPm/ n

! n
< 116 (PTS?'"HM)(u)), (P(O,’n+l/2)(u))/ (1 +u) 2R 2
-1 m 2 4 1+u

1
n 4n/ [(P$,7L+1/2) (u))/ PO+ ()
—1

’ n+1
(0,n+1/2) (0,n+1/2) 1+ u) R 2
P, P n d
o (U)(m (U)):|( 2 4 1+uu

1 n
+ (n(2n + 1)) P,E,?’ﬂ+l/2)(u)P(O,’"+1/2>(u) (1 +u) E 2 du
-1 " 2 4 14+u

= 5n,n’ 6j,j'pm,npm’,n

! / / n+3/2
x {4R/ (Py(,?,nJrl/?)(u)) (P,i?/"ﬂ/z)(u)) (1 ; u) du
-1
1 ’
+R’Il/ |:(PTS?:TL+1/2>(U)) P’,(:/,n+l/2)(u)
-1
’ n+1/2
+ PO+ () (P$,7L+1/2) (u)) } (1 —|2- u) du

L n—1/2
n Rn(2n+1) / P,(,?’"“/?)(u)P(O,’"“/Q) (w) (1 + u) du]
4 1 m -

2

39



N. Schneider, V. Michel, K. Sigloch and E. Totten:
A matching pursuit approach to the geophysical inverse problem of seismic travel
time tomography under the ray theory approximation

= 5n,n'6j,j’pm,npm’,n

1
2 ’ !/ .
X {Rznf (P2 ) (PO ) (14 0™ du
-1

1
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Next, we discuss the inner products of two finite element hat functions. Generally, we have

PO () PO () (1 4 )2 du
—1

<NA,AA, Nar(aay >L2(B R)

3
[AA; —la; — ASII[(AA;) — la; — A%]]
B /Bxs”ppf"“ (@)Xsupp a7, (a.ay (@) H AA;(AA;) d
j=1
3

_ H ubaj [AA; — laj — A;[J[(AA ) — |aj — AS] { a2,j=1, }da‘

» AA;(AA;) L j=23f""
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where lb, denotes the lower and ub, the upper bound of the respective a;-integral. That is, principally,
we have (informally speaking)

[Ib,ub] = suppy a4 N SUpP A/ (A A)’

though we have to take a detailed look on the case ag if P # P’ (see below). As a generalization, we
consider the integrals

/ " AX — o= XAXY — 2= X)] (16)
1

. AX(AX)

for ¢ € No (here, in particular, ¢ = 0 and ¢ = 2) in the sequel. Then, the L2 (B, R)-integral is obtained
as the product of this integral for all variables = = a;, j = 1,2,3. At first, we need to consider how
the lower and upper bounds are defined. Furthermore, because the FEHFs are piecewise defined, we
have to determine these critical points in between lb, and ub; as well. At last, we need to discuss
the remaining integrals.
For x = a1 = r and * = a3 = t, there are three cases depending on X, AX, X’ and (AX)’ that we
have to consider:
(a) suppx ax =[X — AX, X + AX]
(a.1) suppx/ (axy = [X' = (AX), X + (AX)']
(a.2) SUPPx/,(AX)" = [Xmin, X' + (AX)]
(a.3) SUPPx/ (AX) = [X' = (AX)', Xmax]
(b) suppx ax = [Xmin, X + AX]
(b.1) suppxs (axy = [X' = (AX), X'+ (AX)']
(b.2) suppx/ (axy = [Xmin, X' + (AX)']
(c:3) suppx/ (ax) = [X' — (AX), Xmax]
(c) suppx ax = [X — AX, Xmax]
(c.1) suppx/ (ax)y = [X' = (AX), X'+ (AX)']
(c.2) SUpPPx/,(AX) = [Xmin, X' + (AX)]
(c.3) suppxs (axy = [X' = (AX)", Xmax]
In any of these cases, we obtain the lower bound as

lby = max[max(Xmin, X — AX), max(Xmin, X' — (AX)")] 17)
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and the upper bound as
uby = min[min(Xmax, X + AX), min(Xmax, X' + (AX))] (18)

Note that if lby > ubs (componentwise), the intersection is the empty set and the integral vanishes.
For © = ag = ¢, we also have three relevant cases:
(a) sgn(P) = —1 = suppx ax = [max(—m, X — AX), min(m, X + AX)]
(a.1) sgn(P’) = =1 = suppxs (ax)y = [max(—m, X’ — (AX)’), min(m, X + (AX)")]
(a.2) sgn(P’) =0 = suppy/ (ax) = [max(0, X — (AX)"), min(27, X + (AX)")]
(a.3) sgn(P’) =1 = suppxs (ax) = [max(m, X' — (AX)"), min(3m, X + (AX)")]
(b) sgn(P) =0 = suppx ax = [max(0, X — AX), min(27, X + AX)]
(b.1) sgn(P’) = —1 = suppx/ ax)y = [max(—m, X' — (AX)"), min(m, X + (AX)")]
(b2) sgn(P') =0 = suppy (axy = [max(0, X — (AX)), min(2r, X + (AX))]
(b.3) sgn(P’') = 1= suppx/ (axy = [max(m, X’ — (AX)’), min(3m, X + (AX)")]
(c) sgn(P) =1 = suppx ax = [max(m, X — AX), min(37, X + AX A)]
(c.1) sgn(P’') = —1 = suppx/ (ax)y = [max(—m, X' — (AX)"), min(r, X 4+ (AX)")]
(c:2) sgn(P’') =0 = suppx/ (ax)y = [max(0, X — (AX)"), min(2m, X + (AX)’)]
(c:3) sgn(P’) =1= suppx/ (ax)y = [max(m, X’ — (AX)'), min(3m, X + (AX)')]
If sgn(P) = sgn(P’) (i.e. the cases (—1,—1), (0,0) and (1,1)), we obtain the same lower and
upper bound as in and respectively, but with the respective Xmin € {—m7,0,7}. If
sgn(P) = —sgn(P’) while sgn(P) # sgn(P’) (i.e. the cases (1,—1) and (—1,1)), we shift one of
them about 27 and obtain that sgn(P) = sgn(P’) (and P = P’). Last but not least, we have the
cases (0,1), (1,0), (0,—1) and (—1,0), i.e. where one, let it be sgn(P), equals zero and the other
one, here sgn(P’), is £1. If sgn(P’) = —1, then we can cut the support suppx/ axy C [-m,7]
from the left-hand side at 0 and shift the part that is in [—7,0] into [m,27]. Then, we obtain
supps)?,iffzdx), = [X' — (AX) + 27, min(X’ + (AX)’ + 27, 27)] U [max(0, X' — (AX)"), X' + (AX)].
As a consequence, we obtain possibly two lower and upper bounds via

[X' — (AX)" 4 27, min(X’ + (AX)' + 27,27)] Nsuppx ax
and
[max(0, X’ — (AX)), X' + (AX)'] Nsuppx ax-
In particular, we have

Ib, — ( max[max(0, X — AX), X’ — (AX)' 4 2n] )
7 \max[max(0, X — AX), max(0, X’ — (AX)")]

and the upper bound as

b — min[min(27, X + AX), min(X’ + (AX)" + 2w, 27)]
Uz = min[min(2r, X + AX), X’ 4+ (AX)'] :

If sgn(P’) = 1, we cut its domain at 27 and shift the part that is in [2m,37] into [0,7]. Thus,

analogously, we obtain suppi?,i’ffzdx), = [X’' - (AX),min(2m, X’ + (AX)’)] U [max(0, X' — (AX)' —
2m), X' + (AX)" — 2n] and
b — max[max(0, X — AX), X' — (AX)']
7 \max[max(0, X — AX),max(0, X’ — (AX)" — 27)]

and the upper bound as

b — min[min(27, X + AX), min(2m, X’ + (AX)')]
e =\ min[min(2m, X + AX), X' + (AX) —27] )

For the cases where sgn(P’) = 0 and sgn(P) = £1, we obtain analogous solutions (exchange X with
X', AX with (AX)" and vice versa). Note again that, in all cases, if lby > ub; (componentwise), the
intersection is the empty set and the integral vanishes.

We explain the following steps of determining critical points and deriving the remaining integrals
only for the case where we have one integration interval [lbs,ubz]. If we have two, we can execute
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these steps for both separately and add the integral values to obtain the value of with respect to
T =az = .

Critical points here are those points between the lower and upper bound(s) where one of the FEHF
turn from increase to decrease of the hat (always with respect to a fixed dimension). Here is how to
determine them. The critical points can obviously only be from {X, X + AX, X'/, X’ £ (AX)'}.
Thus, we sort them for increasing order and then check each value whether it is in [lbg, ubz]. For
practical purposes, it is sensible to count how many critical points — including lb, and ub, — we have.
Let this count be I < 6. In the sequel, we set p; for a critical point: by < p; <ubg, i =1,...,1, I <6.
Note that it cannot be more than 6 different critical points because of the definition of b and ub. The
integrals inare7 thus, equal to

S /Pi+1 [AX — o = XJUAX) — |z = X"|] o,
im1 /P AX(AX) .

Note, that if two critical points p; and p;+1 coincide, then the respective integral from p; to p;+1
vanishes. Thus, we do not have to take care of this situation by ourselves. We first consider the
following

-1 /pi+1 [AX — |o = X[[(AX) —|o = X']] .~
v AX(AX)
i=1 " Pi
N [T AX = sen(e = X)(@ = XJAX) —sgn(e = X))@ = X0)]
= ‘ AX(AX)
i=1 " Pi
" +
AX | T @=X)| [(ax) || @=X)

I—1 .
Dit1 + _
= E z4dz,
AX(AX)
i=1 Y Pi

where the last two cases must coincide. Note that we need to determine the values of —sgn(z — X)
and —sgn(z — X’) for this. For x = a1 = r and @ = a3 = ¢, the sign value can be obtained
straightforwardly. Similarly, this holds for z = a2 = ¢ if (P, P’) ¢ {(0,1), (1,0), (0,—1), (-1,0)},
that is, if we exclude the cases where we shifted the support of one FEHF in order to obtain the upper
and lower bound. In the latter cases, we have to shift P or P’ here accordingly to the shift done
before to obtain the correct sign values. In practice, we can also shift P or P’ once in the beginning
of the computation of the inner product as well.

For readability, we only consider the integration of z¢W (z; X, AX, X', (AX)’) defined in

+ +
AX |- | (z=X)| |(AX) |—| (z = X")

- + gy — qW(z;X,AX,X/,(AX)')d
X xr = xr X
AX(AX) AX(AX)
1
= W/mqw (z;X, AX, X', (AX)') dz
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in the sequel. We obtain

/ SIW (2 X, AX, X', (AX)) d
S ()
o (e l]or) (o)
s el e)
QISR
([ el

+ - - 1

IQ+1 / /

o (x[g]an) ([ ) ) et
+ - - + +

= <[+] (g+2)(g+1)z? { ] (g+3)(g+ 1z ({Jr} X [Jr} X' {Jr AX [+} (AX)/>
- + + + -

+ , rat+1

Tl @+ G G oa

With these values the L2 (B,R) inner product of two FEHFs is fully discussed. For the respective
L2 (IB,]R3) inner product, we obtain

++ |

(q+3)(q+ Dat? (

+ 1+
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Note that [b, = lbg,,uby = ubg,,lby = lba,,uby = ubg,,lby = lbg; and uby = ubg,. We see that
also this integral fragments with respect to the variables a;, j = 1,2, 3, and the only integrals left for
a discussion are of the form

_ _ /
sgn(z — X)sgn(z — X )quz,
AX(AX)

again for ¢ € Np, here in particular ¢ = 0 and ¢ = 2, and

1 AT —|t—T|(AT) — \th’|dt
1—t2 AT ATy '
For each integral between two critical points, we obtain
1
sgn(z—X)sgn(a:—X/)qum:i 1 2de — + xzat
AX(AX) AX(AX) (¢ +1)AX(AX)

in the first case and

W (5T, AT, T, (AT))

1—¢2
+ o2 |F ‘ - - + +
= + —| — | |+| T |+| T |+]| AT |+]| (AT)
1 1—1¢2 _
+ + + +
+] [— -
+ T|+| AT | | T |+| (AT") | dt
| 1—¢2 + _
+ -] log (1—t2) - - + +
= [+ (atanh(t) —t) |+ — +| T |+| T |+]| AT |+| (AT’
- -] + + + -
+ — —
+ | atanh(t) | T |+ | AT T |+ | (AT
— + —

in the second case. Note that the latter is obviously not well-defined for ¢ = £1 due to the logarithm
which is why we have to diminish the domain for this variable in practice.
At last, we consider the mixed cases. We obtain

<NA,AA7 GEnm,.i>L2(B,R)

3 in(Amax,A; +AA;
min(Ama A HAA) A4 — o — Ay

AA;
1 Y max(Amin,Aj—AAj) J

2 o
1 ai, gJ=1
Ginom j(x(a1,a2,a3)) { L i= 2,3} da,

)

J

min(Rmax, R+ AR)

AR — — n

= Pm,nqn,j 7}% |7‘ Rl Py(r?’n+1/2) (I(T‘)) L T2d7"

s 5J AR R
max(Romin, R~ AR)

P+AP
AP — |- .
X / #Trlg(w)dw
P

A® Ad
min(Tmax,T+AT) AT — |t _ T‘
x TP"»U‘(t)dt'
max(Tmin,T—AT)
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We immediately see that the integrals with respect to r and t cannot be calculated analytically.
However, as they are one-dimensional integrals, they can easily be integrated numerically, e.g. with
suitable software libraries. With respect to the p-integral, we obtain

AP —p—D| . . AP —sgn(p — Q) (= @) .
bl S Y = Tr
3 ig(je) 3 ig(j)
Psgn(p — P L. sgn(p — @ L.
= (1 + %) Trig(je) — % Trig(jp)-
Thus, the following cases remain:
A A cos(jp) | wsin(ig) .
‘ o V2pcos(je), j <0 vz [ j21+2 72 i<0
LG, ) = | oTrig(ie)de = @, j=0,dp= _ _?so, _ j=0
V2psin(je), >0 ﬁ[““ﬂ#,%}’ i>0
and
V2cos(jp), j<0 ?sin(jap), Jj<0
I2(j,¢) i=/Trig(js0)ds0=/ 1, j=0,de= ®, j=0
V2sin(jp), j>0 —Y2 cos(jp), >0
This yields
P+AD AD—|p—d|
—ag  ig(ie)de
P—AD
ToAb - AT NG o]
= TTrlg(Jso)d<P + TTrlg(Jso)d<p
DP—AD D
P D+AD
AP+ —D A —p+D_
:/ SN Tng(]cp)d<p+/ v Trig(je)de
D—AD P
P D+AD
¢ ® ) iy o » o
= (1_7+7 T‘rlg(1<ﬂ)ds0+/ (1+7_7) Trig(je)de
/cp_M> AD T AD o AD  AD
1 . ] . 1 . P .
— a0 a0+ (1= 55 ) RUPIEan— 35 hGAIET + (14 10 ) RGPS
1 ®
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AD 1(]7 ) ( A@) 2(.]7 )
1 o 1 ®
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22 01G.0)+ (1= 2o ) BG0) + 22 11G,2) — (14 50 ) 16, ®)
1 o
- —N(,®+A® 14+ — | L@, ® + A®
NG )+(+A¢) 23, @ + AD)
1 ® 2 20
=—— LGP -AD) — (1— — | LG, ® — A®) + —1,(j,®) — —I2(j, @
N ) ( M) 2(J )+ 11 ®) = 5120, ®)

1

AD

[}
Ii(j,®+ A®) + (1 + E) I(j,® + Ad).

For the gradients, we have similarly
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Note that, for practical purposes, we still have to compute 8 different integrals for this term.
Moreover, the integrals with respect to a1 = r and a3z = t can still only be computed via numerical
integration. For the case as = ¢, we obtain

D+AD sgn(g& - <I)) Ll 1 P+AD 1
/ ——— ——jTrig(—jp)de :/ ijTrig(fM)dwf/ EjTrig(fjso)dqﬁ
3] D

—AD AP D—AP A

j D DP+AD
= Trig(—jp)de f/ Trig(fjso)dw)
Ad (/{‘)—A(I) D

= = (@Ua(=5i @) — La(—js & — A®) — Io(—j; & + AP))

and

D+AP

AP —|o—D| . .

/ #Tﬁg(yw)w,
D—-AP

which we have already discussed above.

A.4. Derivation of objective functions RFMP(-;-) and ROFMP(;)
and related coefficients

We start with RFMP. The respective noise-cognizant Tikhonov-Phillips functional is given in by

RN —a75d ||
a

TM(fn + ad; Ta A, 8¢, 0) = FAfN Fadlfy, @, A>0,

RE

RN*1 = RN —an 1 TRdNy1 = 0% — TAfn1-

We now aim to determine (a,d), « € R, d € D which minimizes J5M. We start as follows:

2

+ AN + adll3, &)

N _
0= LI (fy + ads Ta, A, 8, 0) = — ||| =0T
da oo o

R¢

o |||lrV]? <RN T—|d>2 L || THd ||?
= — — —20( —,— +a®||—
[ole" T || e o T [ e o |lre
AN 30 @) + 207 (s D3y, ) + A 113, ) ]
RN Tad\’ Td|[? 2 2
=—2( = 1 2 || 2= 2X (fn, d 20\ ||d .
oo )t O’H v HRﬁ N )i, @) + 200 1l 2
This yields
RN THd 2 A )2
o e ), My )
R
AN41 =

[ 3412, + M 12, )
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Inserting this value into JM (fx + ad; T, A, 8¢, o), we obtain
TM (N + ani1d; T3, A, 69, 0)
2 2
RN TRd 5 THd||?
= —2aN41{ — — tanp || —
o o o |lge
R R¢

+A HfNHiLl(m;) +2an41 A (fw, d)%l(]}g) +afA ||d||§{1(13)

RN

(o2

2
RN
= HU + M N 8y
Ré
RN THd 2 2
<TT> = AN Doy N 2
_ R? RT Tad —A{fw, d)2
Tad |2 2 o’ o NS (B)
[ 55{|e + M 13, ) B¢
RN T4d 2 2 2
<?’%> 7>‘<fN7d>H1(TB§) T4d 2
- A L
Tod |2 2 | Hi(B)
([ 735 e + Ml s E
N 2 2
) (25530~ A iw
Lol VYT -
=\ N3y @) ~ 12
R¢ [ 554|e + M i3, ey

=T (fx_1 + andy; T, A, 0%, 0) — REMP(d; N).

Note that J5M (fy_1 + andn; TH, A, 09, o) is fixed in the (N + 1)-th iteration. Thus, we see that,
if we maximize RFMP(-;-) as defined in|(10)] we minimize the noise-cognizant Tikkhonov-Phillips
functional in the (NN + 1)-th iteration.

Similarly, in the ROFMP, we consider the noise-cognizant Tikhonov-Phillips functional

2
RN — aPy, L TAd
T (1 +ad TN s,0) = | ——

o

2
+AHf§VN’+a(dfb£3V)<d))H ,
. H1(B)

RN+1L.— gN _ a%v++11>77v1#7:|dN+1 =6 — ﬁf}vﬁtnv

for A > 0. Confer[Section 4.1|for a full definition. Again, we first consider the minimizer with respect

to a:

0= BQJSM (f;%N) + ad;T-[,A,aw,a)
o

N 2 N vaﬁd 2 PVLT-|d 2
K 1 piad ,QQ<R7,N7> ““QHN
oo T || o o RS o R¢
N 2 N N 2 N 2
+/\’ bie )H +2a)\<f](v ) d— bl >(d)> +a2)\Hd—b$l )(d)H
H1(B) H1(B) H1(B)
N PyiTAd\ 2 Py TAd ||?
:,2<R7’N7> toal| 8T
o (e RZ RZ

2 2
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H1(B) H1(B)
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which yields

P, Tad\ 2 2
<¥, 4 > A (1.a- @)
_ (N1 R? H1(B)
DzN+1—aN+l = P T ) .
yL /7 (N)
| e
RY H1(B)
Inserting agv++11) in J5M (f](\,N) + ad; T, )\,(Sw,a), we obtain
T (1 + a8V ds 72, 80,0 )
2 d 2 d 2
o s e T ) (e P a
g RE + g o RE + g RE
2 2
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o 2 R
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(e o
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Py TAd 2 2
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BN vy ] AP gy ()
o o N s i (B)
_||BY <N>H N R! '
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+

= J5M (f](\,J\:l> +al0 i d; T, 89, o‘) — ROFMP(d; N).
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