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We hypothesize and empirically establish that economic preferences for risk-taking in different subnational regions affect firm financing costs. We study this hypothesis by hand-matching firms' regions worldwide with the corresponding regional economic risk-taking preferences. We first show that higher regional risk-taking is positively associated with several measures of firm risk and investments. Subsequently, our baseline results show that credit and bond pricing increase when risk-taking preferences increase. For the loan of average size and maturity a onestandard-deviation increase in regional risk-taking increases interest expense by $0.54 million USD. We also find that these results are demand (firm)-driven and stronger for firms with more local shareholders.

Introduction

Firms in different regions of the world face considerably different financing costs. Recent explanations of these differences include the roles of country-specific macroeconomic risk and institutional quality [START_REF] Qian | How laws and institutions shape financial contracts: The case of bank loans[END_REF][START_REF] Delis | Democracy and credit[END_REF]. This paper offers another equally important explanation of these differences: regional economic risk-taking preferences.

We hypothesize and empirically establish that the aggregate (regional) variation in economic preferences for risk-taking affects key aspects of firms' risk and their financing costs. We show that the effect of risk-taking comes over and above the effects of firm-level risk-taking and other macroeconomic, cultural, and institutional determinants of financing costs.

A key economic theory on the evolution of risk-taking and its effects on entrepreneurial activity is by [START_REF] Galor | Evolution and the growth process: Natural selection of entrepreneurial traits[END_REF], who suggest that early societies with risk-tolerant populations trigger entrepreneurial activity and technological change. The intensity of this mechanism affects the contemporaneous entrepreneurial process given that this process becomes a hereditary embedded societal culture. In theory, this process is complementary but separate than the one on the role of institutions in shaping entrepreneurial activity.

Almost naturally in western-type finance-based economies, the shaping of investment decisions by risk-taking attitudes must play a key role in determining firms' corporate financing decisions over and above the idiosyncratic firm-level risk-related profiles. Specifically, societies characterized by economic risk-tolerance should take riskier investment projects with higher realization uncertainty but also with higher expected returns. In a nutshell, firms in these regions should be riskier, displaying higher volatility of cash flows and returns.

Given the higher investment risk and expected returns, firms should be willing to pay a higher interest rate on debt (e.g., on loans and bonds) to finance these projects, creating a demand-side effect running from risk-taking preferences to financing costs. In addition, such societal attitude toward economic risk-taking might create an embedded perception that entrepreneurial investments in these societies are inherently risky. Thus, the equilibrium cost of debt in the economically riskier regions is higher. Differently phrased, our key hypothesis states that firms in regions with higher risk-taking preferences might be subject to a "risk endowment," which leads to higher financing costs (loan and bond spreads). In turn, the firms' goal is that higher expected returns from financed investment projects overcompensate for the higher financing costs.

We test our hypothesis using the measure of economic preference for risk-taking in the Global Preferences Survey by [START_REF] Falk | Global evidence on economic preferences[END_REF]. This is the only study measuring an array of economic preferences across several countries and regions, explicitly distinguishing between economic preferences and relevant cultural attitudes. Importantly, Falk et al. provide all the underlying data at the individual-level, mapping individuals to specific subnational regions. This allows us to create an index of regional risk-taking preferences in many regions worldwide, as well as create additional indices of other economic preferences, such as trust, altruism, patience, etc.

Apart from their regional nature (as opposed to the country level), these economicpreference indices markedly differ from previous measures reflecting societal characteristics, most notably cultural measures from [START_REF] Hofstede | Culture's consequences: Comparing values, behaviors, institutions, and organizations across nations[END_REF] or [START_REF] Schwartz | An overview of the Schwartz theory of basic values[END_REF]. The distinction is important because, as we show in our empirical analysis, the previous measures capture societal aspects of culture (as opposed to the economic aspects of risk-taking).

Subsequently, we hand-match firms in the Compustat database to these regions and further merge the resulting sample with corporate (syndicated) loans and bonds data from 1996 to 2018. We use the loans dataset (firms from 192 regions in 35 countries) and the bonds dataset (U.S. firms only) to examine how risk-taking preferences affect financing costs (measured with loan and bond spreads).

Our identification strategy first exploits the different dimensions of our sample: risktaking preferences at the regional level and our outcome variables at the loan-level, bond-level, or firm-year level. This implies using several control variables and fixed effects, to account for a significant part of unobserved heterogeneity. Further, our analysis is robust to the inclusion of controls for other economic preferences (estimated at the regional level), culture (obtained from Hofstede and Schwartz), and several (literally dozens of) country-year controls (reflecting macroeconomic, institutional, constitutional, societal, and geographic dimensions).

We recognize, however, that unobserved region-specific heterogeneity might correlate with both regional risk-taking preferences and our outcome variables. As a remedy against such endogeneity issues, we use the changes in risk-taking preferences induced by folklore. Specifically, consistent with Michalopoulos and Xue (2021), we note that a predetermined variable that determines regional risk-taking preferences are folklore tales on which local heroes undergo successful or unsuccessful challenges. More successful (unsuccessful) challenges lead to higher risk tolerance (aversion). We show that this is the case in our data, while exploiting these folklore differences implies netting out the unobserved regional fixed effects.

Our empirical findings from all models show that higher regional risk-taking preferences increase loan and bond spreads. Economically, the OLS results show that a one-standarddeviation increase in regional risk-taking increases loan spread by approximately 5 basis points, which is equivalent to additional interest expense of $0.54 million USD for loans of average size and maturity. We also find additional loan costs in the form of higher loan fees. The equivalent results on bond spreads are even stronger, indicating a 7.8-basis-point increase for a onestandard-deviation increase in risk-taking preference and considerable increases in bond interest expense (also given the longer bond maturity compared to syndicated loan maturity). In fact, the OLS results are conservative compared to the results exploiting folklore. Importantly, our results are robust to the use of control variables from [START_REF] Hofstede | Culture's consequences: Comparing values, behaviors, institutions, and organizations across nations[END_REF] or [START_REF] Schwartz | An overview of the Schwartz theory of basic values[END_REF], with these controls barely correlating with loan and bond spreads. In an important extension that further pinpoints empirical identification but also explains our findings, we show that our results are mainly driven by firms with more noninstitutional (and thus likely local) shareholders. Overall, our findings are consistent with our hypothesis on the positive "risk endowment" effect on financing costs, reflecting the importance of economic preferences for risk-taking over and above societal preferences for risk-taking.

Placement in the literature. Our findings on the role of risk-taking preferences in shaping financing costs are consistent with the premise that collective economic risk-taking preferences formulate an economic environment of higher financial risk that is priced into credit and bond markets. This finding aligns with previous studies of corporate loan markets showing that country-specific characteristics (e.g., institutions, regulations, local demand, etc.) affect credit costs (e.g., [START_REF] Collin-Dufresne | The determinants of credit spread changes[END_REF][START_REF] Qian | How laws and institutions shape financial contracts: The case of bank loans[END_REF][START_REF] Chui | National culture and the cost of debt[END_REF][START_REF] Jiang | Earthly reward to the religious: Religiosity and the costs of public and private debt[END_REF][START_REF] Delis | Democracy and credit[END_REF][START_REF] Álvarez-Botas | Does trust matter for the cost of ×loans[END_REF].

Our paper also naturally relates to a voluminous literature that links a society's culture to corporate finance, which relies on indicators from Hofstede and Schwartz [START_REF] Chui | Individualism and momentum around the world[END_REF][START_REF] Aggarwal | Editorial: Culture and finance: An introduction[END_REF][START_REF] Rieger | Risk preferences around the world[END_REF][START_REF] Karolyi | The gravity of culture for finance[END_REF]. This literature empirically links societal cultural differences between countries (i.e., cultural proximity, cultural distance, or in levels) with finance-related elements such as loan contract terms [START_REF] Giannetti | Do cultural differences between contracting parties matter? Evidence from syndicated bank loans[END_REF][START_REF] Fishman | Cultural proximity and loan outcomes[END_REF]; corporate debt maturity [START_REF] Zheng | National culture and corporate debt maturity[END_REF]; domestic bank-risk [START_REF] Mourouzidou-Damtsa | National culture and bank risktaking[END_REF]; capital structure [START_REF] Chui | The determination of capital structure: Is national culture a missing piece to the puzzle[END_REF]; stock prices (e.g., [START_REF] Grinblatt | How distance, language, and culture influence stockholdings and trades[END_REF][START_REF] Guiso | Trusting the stock market[END_REF]; dividend policy [START_REF] Shao | National culture and dividend policy[END_REF]; international M&As [START_REF] Ahern | Lost in translation? The effect of cultural values on mergers around the world[END_REF]; hedging decisions [START_REF] Lievenbrück | Why do firms (not) hedge? Novel evidence on cultural influence[END_REF]; and external financing [START_REF] Boubakri | Culture and externally financed firm growth[END_REF].

Paper structure. The next section highlights the importance of measuring regional economic preferences for risk-taking, especially comparing these preferences to previous measures of culture. Section 3 analyzes the empirical model and data to study how risk-taking preferences affect financing costs, and it discusses the empirical results. Section 4 provides equivalent analysis and results on how risk-taking preferences affect firms' capital structure. Section 5 concludes the paper and analyzes the implications of our findings.

Regional risk-taking preferences

To measure economic risk-taking, we use the database in [START_REF] Falk | Global evidence on economic preferences[END_REF], namely the Global Preferences Survey (GPS). 1 This database is the only one that specifically measures economic preferences over risk-taking across several nations and subnational regions. 2 The GPS entails a global survey experiment, with a series of quantitative questions and one qualitative question.

The quantitative part concerns binary choices from a standard fixed lottery with payments (uncertain outcomes with higher return or certain outcomes with lower return). It asks individuals the following: "Please imagine the following situation. You can choose between a sure payment of a particular amount of money, or a draw, where you would have an equal chance of getting 1 Available at https://www.briq-institute.org/global-preferences/downloads. 2 A relevant and interesting study is by [START_REF] Rieger | Risk preferences around the world[END_REF], who conduct an international survey on risk preferences in 53 countries. They show that risk attitudes depend not only on economic conditions but also on cultural factors, as measured by the Hofstede dimensions of individualism and uncertainty avoidance. This study has a lower coverage than the one by [START_REF] Falk | Global evidence on economic preferences[END_REF], but most importantly does not allow the mapping of risk-taking preferences by region (thus significantly lowering the cross-sectional representation of our main explanatory variable). . amount x or getting nothing. We will present to you five different situations. What would you prefer: a draw with a 50% chance of receiving amount x, and the same 50% chance of receiving nothing, or the amount of y as a sure payment?" Choosing the lottery results in an increase in the expected value of the amount offered, thereby revealing the individual's propensity to take economic risk.

The qualitative item asks for the respondents' self-assessment of their willingness to take risks on an 11-point scale ("In general, how willing are you to take risks?"). The qualitative item and the outcome of the quantitative measure were combined through roughly equal weights.

Risk-taking preferences differ significantly across countries. Figure 1 shows these differences using a heat map that charts the relevant measure from the GPS (we do not have data for the uncharted countries). The figure reflects relatively small (but still existent) variation among the western-type economies and relatively large variation among Latin American and African countries.

[Insert Figure 1 here] Previous measures in the World Values Survey (WVS) or [START_REF] Hofstede | Culture's consequences: Comparing values, behaviors, institutions, and organizations across nations[END_REF] are rather distant from economics and reflect cultural/societal elements of risk-taking and not economic risk-taking. Specifically, the WVS asks whether "Adventure and taking risks are important to this person; to have an exciting life." This WVS question is from [START_REF] Schwartz | An overview of the Schwartz theory of basic values[END_REF] and captures a universal "value of stimulation." [START_REF] Hofstede | Culture's consequences: Comparing values, behaviors, institutions, and organizations across nations[END_REF] measures "uncertainty avoidance" with the following questions: i) "How often do you feel nervous or tense?"; (ii) "All in all, how would you describe your health these days?"; (iii) agreement with "One can be a good manager without having a precise answer to every question that a subordinate may raise about his or her work;" and (iv) agreement with "A company's or organization's rules should not be broken-not even when the employee thinks breaking the rule would be in the organization's best interest."

The GPS also constructs other economic preferences measures, namely patience, altruism, trust, and reciprocity. This offers the possibility to identify such preferences at the subnational regional level. As [START_REF] Becker | Ancient origins of the global variation in economic preferences[END_REF] show, this variation in population-level preferences is rooted in the migration patterns of early ancestors and can play an important role in determining contemporary economic outcomes.

The GPS includes two files: one with country-level information for 76 countries covering about 90% of the world's population, and one with individual-level information for 80,337 respondents in the interviews. We rely on the individual-level information because it allows for a subnational regional analysis based on the location of the firms in our sample. Specifically, the weights in this file allow for the calculation of regional-level economic preferences by multiplying weight by the individual's score for each measure and then averaging this product at the regional level for each variable. 3In our analysis, the outcome variables reflect firms' financing costs. We conduct our empirical analysis on two datasets. The first is a loan-level dataset from DealScan (enriched with firm-year information from Compustat) to examine how regional economic risk-taking preferences affect the cost of credit. The second is a bond-level dataset (also enriched with Compustat information) to examine the equivalent effect on bond pricing.

Matching data for firms and regions is a labor-intensive hand-matching process. For most countries, the GPS regions are the administrative regions of each country, whereas for the United States the GPS regions are the states. For the United States, we simply match state names between the two files. For the rest of the countries, we rely on internet sources, searching for the city and country name and using the word region as keyword search. For the very few cases where there are two or more cities with the same name in a country, or whenever there is a discrepancy between a city name and a country name in which the borrowing firm is incorporated (e.g., Montreal, France) we drop the relevant observation from the sample. Our regional risktaking economic preference measure, Regional risk-taking, is the variable of interest in our analysis. We also construct controls Regional patience, Regional altruism, and Regional trust.

These controls are important to saturate our model from the effect of different types of economic preferences. 4 Appendix Table A1 includes thorough definitions for these variables, and Table 1 reports summary statistics for the key variables of our empirical analysis.

[Insert Table 1 here] 

Economic risk-taking and firms' financing costs

Empirical models

According to our main hypothesis, the financial sector incorporates risk-taking preferences in the pricing of financial products. Two key corporate finance products are loans and bonds. We examine how Regional risk-taking affects the cost of loans using the following model:

.

(1)

In equation (1), Loan spread is the spread over the LIBOR (plus any facility fee) of a syndicated loan l given by bank b to firm f that is established in region r in year t. The control variables include other economic preferences variables (EP), along with vectors of loan (L), firm-year (F), bank-year (B), and country-year (C) variables. Equation (1) also includes several fixed effects, which help with empirical identification (thoroughly discussed in the next section). Finally, u is the stochastic disturbance.

Syndicated loans data are from DealScan, which is the most comprehensive loan-level dataset that covers loans in several countries. Our sample covers 1990-2018 and includes information for loan pricing and several loan characteristics (e.g., loan amount, maturity, the existence of collateral, covenants, etc.). We match borrowing firms to listed firms in the Compustat North America and Compustat Global databases using the DealScan-Compustat linking tool [START_REF] Chava | How does financing impact investment? The role of debt covenants[END_REF]. We exclude all financial and real estate firms. Similarly, we use the DealScan lender linking tool [START_REF] Schwert | Bank capital and lending relationships[END_REF] to import lender-identifying information from Compustat. 5 In this way, we enrich our dataset with financial characteristics for borrowers and lenders from the two Compustat databases, as well as borrower location (address, zip code, state for U.S. firms, country, etc.).

We consider syndicated loans where the borrower and the lender are in the same country, in order to avoid spillovers of economic preferences between two different countries. We find only a handful of firms that change locations (move to a different region). Furthermore, we limit the baseline analysis only to banks acting as lead arrangers, because these orchestrate syndication and negotiate loan terms with borrowing firms.6 

The Loan spread is a key loan characteristic reflecting riskiness, while also incorporating institutional and macroeconomic risk [START_REF] Delis | Democracy and credit[END_REF]. Thus, Loan spread should incorporate any region-specific economic preferences related to risk-taking. In further tests, we also use all-10 in-spread-undrawn (AISU), which includes the facility fee and the commitment fee on the unused amount of loan commitment.

Apart from controlling for economic preferences other than risk-taking (at the regional level), we include four groups of control variables (Appendix Table A1): loan-level variables, firm-year variables, bank-year variables, and country or country-year variables. Among these, we control for noneconomic cultural measures, such as the Hofstede's and Schwartz's scores.

Following our theoretical considerations, these measures should capture cultural/societal effects, purifying the effect of economic risk-taking on the cost of credit from such alternative explanations. At the country-year level, important controls are the level of economic development (GDP per capita), the GDP growth rate, and the mean loan spread across the syndicated loans originated in a country each year. In robustness tests, we also control for dozens of additional country or country-year variables (Appendix Table A2). Several of these controls reflect institutional quality; we do not use relevant variables in our baseline specifications, because they are highly correlated with GDP per capita.

The regional data on economic preferences substantially increase heterogeneity (compared to using country-level data) and, potentially, estimation precision. Panel A of Table 1 reports summary statistics for variables used in the loan-level analysis. In Table A3, we report country-specific details on our sample.

[Insert Table 1 about here]

In turn, we examine the effect of Regional risk-taking on bond pricing. Most of the literature on bond prices or yields uses U.S. bond data (e.g., [START_REF] Elton | Explaining the rate spread on corporate bonds[END_REF][START_REF] Collin-Dufresne | The determinants of credit spread changes[END_REF][START_REF] Ortiz-Molina | Top management incentives and the pricing of corporate public debt[END_REF][START_REF] Braun | Pricing in the primary market for cat bonds: New empirical evidence[END_REF], given data quality and availability issues. 7 For the bond-level and firm-level variables, we closely follow [START_REF] Ortiz-Molina | Top management incentives and the pricing of corporate public debt[END_REF] and estimate the following model:

- . (2) 
In equation ( 2), Bond spread is the spread of bond b issued by firm f established in region r in year t. The control variables include the same regional controls as in equation ( 1) for the United

States. We also control for vectors of bond (B) and firm (F) variables. Moreover, we include industry fixed effects and interstate division fixed effects to control for relevant time-invariant unobserved heterogeneity in bond pricing. 8 We also include year fixed effects. Panel B of Table 1 reports summary statistics for the U.S. bonds sample.

Firm-level investment and risk

We begin our empirical analysis by providing preliminary evidence that in regions with high risktaking firms take more investment risk and have more volatility in their liquidity and returns measures. To this end, we estimate firm-year models of capital expenditure (proxy for firm investment), current assets volatility (measure of liquidity risk), EBIT volatility (measure of firm risk), and dividend volatility (measure of shareholders' risk). The key explanatory variable is

Regional risk-taking, and we include all the firm-level, cultural, and macroeconomic covariates in Table A1 as controls. We also use industry, continent, and year fixed effects.

7 Studies using bond data by firms from other countries are rare (e.g., [START_REF] Gabbi | Which factors affect corporate bonds pricing? Empirical evidence from eurobonds primary market spreads[END_REF]. Other studies investigate the risk factors affecting the cross-section of bond returns (e.g., [START_REF] Bai | Common risk factors in the cross-section of corporate bond returns[END_REF] or explore bond spreads' predictive ability for economic fluctuations (e.g., [START_REF] Gilchrist | Credit spreads and business cycle fluctuations[END_REF].

8

For the delineation of U.S. interstate divisions, see: https://www2.census.gov/geo/pdfs/mapsdata/maps/reference/us_regdiv.pdf.

We report the results in Table 2. The first specification shows that in regions with higher risk-taking firms take on significantly higher capital expenditure (invest more). This is consistent with our premise that firms in societies characterized by economic risk tolerance undertake more investment. In columns 2 to 4, we show that this firm behavior is also consistent with higher realization uncertainty. Specifically, Regional risk-taking enters with statistically significant coefficients in specifications of firm liquidity risk (measured by current assets volatility), returns (EBIT) volatility, and dividend (shareholders' income) volatility.

Next, we consider Firm operating cash flow volatility, as a measure of operating risk. We find that a one standard deviation higher Regional risk-taking is associated with a 0.0009 higher cash flow volatility (=0.003×0.31), which is equivalent to approximately 5.8% higher for a firm with a mean cash flow volatility (=0.0009/0.016). This finding reinforces the positive correlation between regional risk-taking and firm risk. We uncover similar results when using firm R&D expenses and (mostly) patents, as measures of risky investments. In the R&D specification 6, the coefficient on Regional risk-taking is statistically significant at the 10% level. In the patents specification 7, the coefficient is statistically significant at the 1% level, with a one standard deviation increase corresponding to 14.5% higher patents (=0.467×0.31). These results highlight that in regions characterized by higher economic risk-taking, firms indeed have riskier behavior.

Baseline results from syndicated loans

We next estimate equation (1) with fixed effects OLS. We include loan-type fixed effects, which are important because loan facilities include credit lines and term loans that have fundamental differences in their contractual arrangements and pricing [START_REF] Berg | The total costs of corporate borrowing in the loan market: Don't ignore the fees[END_REF]. We also include loan purpose fixed effects, given the considerable differences in pricing loans with different objectives (e.g., loans for M&As have different risks compared to loans for working capital or other corporate purposes). Moreover, we include industry, continent, and year fixed effects to control for relevant common effects on loan pricing. We cluster standard errors by country (which is more conservative compared to clustering by region, as there might be within-country correlation of standard errors). Our results are robust to different choices.

Using loan-level data, several important control variables and several fixed effects already largely reduce omitted-variable bias. 9 The only possible such bias may emerge from unobserved regional characteristics that are not controlled for by our regional and country-year variables. As our empirical analysis shows, our OLS results compare very well with those from a model exploiting a regression adjustment / treatment heterogeneity.

Table 3 reports the results. In columns (1) to (4), we sequentially add control variables.

We begin with only the regional variables reflecting economic preferences, long-term orientation (a potentially important covariate to control for the mechanism analyzed by [START_REF] Galor | The agricultural origins of time preference[END_REF], and loan controls, and then we add firm-year controls, bank-year controls, and macroeconomic controls. Sequentially adding controls shows the robustness of our findings to variables used in the literature and that our results are not subject to a bad controls problem. The effect of the control variables is fully in line with the literature (e.g., [START_REF] Delis | Democracy and credit[END_REF][START_REF] Focarelli | The pricing effect of certification on syndicated loans[END_REF]. The most important control capturing differences in firms' macroeconomic environment is Borrower's country-year loan spread, which has a positive and highly significant coefficient.

Even though we are not interested in establishing causal effects between the regional control variables and the loan spread, the results reflect some interesting correlations. The negative coefficient on Regional patience shows that banks charge lower spreads to firms in regions in which individuals have long-term orientations. This finding is consistent with the neoclassical view of the time-preference theory on interest rates, in which firms that are more willing to borrow in the future (e.g., because their need for liquidity is not urgent) get better terms today. Moreover, the coefficient on regional trust is positive and significant, showing that higher trust implies originating (instead of denying) loans to riskier borrowers for which lending rates are higher. 10 Regional altruism loses its statistical significance once we add the macroeconomic controls. Last, Long-term orientation enters with a statistically insignificant coefficient once we add other macro covariates. Thus, long-term orientation does not seem to significantly correlate with loan pricing.

The coefficient is positive and statistically significant across all specifications.

Economically, according to the specification with all the controls (4), a one-standard-deviation increase in Regional risk-taking implies a higher Loan spread by 23.8 × 0.21 ≈ 5 basis points.

According to the summary statistics in Table 1, the average loan facility amounts to $255.8 million USD (the inverse log of 19.36) and has an average maturity of 4.24 years (50.88 / 12 months), which implies that 5 basis points translate to considerably higher loan costs of $0.54 million USD for loans of average size and maturity (0.0005 × 4.24 × $255.8 million USD).

[Insert Table 3 about here]

In principle, the identified effect can encompass both demand-side forces (reflecting e.g.

higher firm investment risk in the high risk-taking regions) and supply-side forces (reflecting equivalent bank investment risk). To identify which of the two forces prevails, we first buffer the loan supply effect by including in the baseline specification bank × year fixed effects, which control for the annually varying bank decisions. 11 The estimate on Regional risk-taking drops from 23.8 basis points to 19 basis points, implying that any statistically significant effect is firm (demand) driven. Moreover, we interact Regional risk-taking with bank characteristics (e.g., bank capital and liquidity) that reflect loan supply decisions (e.g., Jimenez et al., 2014). We do not find statistically significant coefficients on these interaction terms, corroborating that there is no significantly different loan supply curve for the high-risk regions vs. the low-risk regions.

Two clarifying issues are perhaps needed on loan supply. First, our findings do not necessarily mean that the equilibrium loan amount should also be higher if there was a significantly different loan supply curve (to the right) for the high-risk regions (that would correspond to a lower lending rate, ceteris paribus). Under the prevailing New-Keynesian credit view (e.g., [START_REF] Stiglitz | Toward a New Paradigm in Monetary Economics[END_REF], the loan supply curve is backward bending from a point onward to reflect that when interest rates are high banks lend less considering the higher probability of firm default (figure below). Second, our results reflect a movement along the loan supply curve due to a higher loan demand curve in the high-risk regions, not a change of the loan supply curve to the right (which would produce the lower lending rate and cost of debt). If anything, there might be a small (insignificant) lower loan supply curve for the high-risk regions reflecting that banks are unwilling to provide riskier credit. This is also consistent with the fact that syndicated loans are from large multinational lead banks with central credit risk offices that should not be affected by regional risk-taking preferences.

A first potential criticism of our findings is that captures the effect of other societal and cultural traits that are unrelated to economic preferences. In Table A4, we complement the array 11 The results are similar when further saturating the model with bank × quarter fixed effects.

of control variables in equation ( 1) with Hofstede's (Panel A) and Schwartz's (Panel B) measures. Hofstede's power distance, Uncertainty avoidance, and Indulgence load statistically significant in Panel A. Schwartz's mastery loads positively in Panel B, consistent with the idea that societies with individuals seeking success through personal action (possibly at the expense of others) tend to take more financial risk. Overall, our findings show that certain cultural elements that do not necessarily reflect economic preferences correlate significantly with loan spreads; however, the role of economic preferences over risk-taking is still highly relevant in explaining financing costs.

Next, we note that our baseline results are robust to the inclusion of all the country or country-year control variables listed in the Table A2 (results on all these variables are available on request). Most notably, our results are robust when controlling for creditor rights [START_REF] Qian | How laws and institutions shape financial contracts: The case of bank loans[END_REF], political rights (Qi et al., 2011), and democratic conditions [START_REF] Delis | Democracy and credit[END_REF].

For some of these variables our sample size is considerably smaller (due to missing observations), which also shows that our results are not driven by different sample sizes (we further show below that our results survive in different subsamples).

We conduct several additional robustness tests on equation 1, using specification (4) of Table 3 as benchmark. In the first three columns of Table A5, we cluster our standard errors by region, region × year, and country × year. Regional (as opposed to country) clustering might be important as this is the unit of Regional risk-taking (we prefer country-specific clustering in Table 3, as there might be within-country correlation of standard errors). In the last two columns, we additionally include country × year, industry × year or continent × year fixed effects. The country × year fixed effects especially capture a significant part of potential omitted-variable bias, including general unobserved cultural, societal, and macroeconomic country-year variables.

In column (1) Table A6, we first use weighted least squares, with the inverse of the country-specific number of observations to the total number of observations as weights. Given that a large share of the borrowing firms is from the U.S., we next examine whether our results hold in both the U.S. and the non-U.S. subsamples. The results in columns 2 and 3 of Table A6 show that this is indeed the case. An interesting finding is that in the non-U.S. sample, the coefficient on Regional risk-taking almost doubles. This is expected because of the significantly larger heterogeneity in regions worldwide compared to the United States. In columns 4 and 5 of Table A6, we split our sample into terms loans and credit lines (previously we control for differences via fixed effects). We find statistically significant results in both specifications, but the economic significance is much larger for term loans. This is consistent with the premise that credit lines provide unique value in solving information problems in lending and thus bear lower credit risk (e.g., [START_REF] Berger | Bank specialness, credit lines, and loan structure[END_REF]. Last, our results show that AISU also responds positively to regional risk-taking, implying that loan fees further add to the positive effect of Regional risktaking on the total cost of credit. 12,13 Another strand of relevant literature shows that religion affects risk-taking outcomes (e.g. [START_REF] Kumar | Religious beliefs, gambling attitudes, and financial market outcomes[END_REF], especially with regard to Catholic and Protestant populations (with Protestants being more risk averse) or when a country protects religiosity freedom. In that sense, religion might confound the effect of risk-taking on the cost of credit. Using data on religion from 12 Another potential criticism of our baseline findings is that we capture firm-specific (as opposed to region-specific) cultural risk, which might not be effectively controlled for by the firms' financial characteristics. In this respect, our study relates to [START_REF] Pan | Corporate risk culture[END_REF], who study corporate risk culture using information on directors' ancestry; and to [START_REF] Delis | The effect of board directors from countries with different genetic diversity levels on corporate performance[END_REF], who study diversity in the boardroom using information on directors' nationality. Following the idea of these studies, we create a firm-year risk-preferences variable by attaching the score of national risk-taking of the GPS to directors' nationality, which is obtained from BoardEx (the region of the directors' origin is not available). Subsequently, we use the mean score by firm-year as our measure of corporate risk culture. Given data availability, we limit this analysis to U.S. firms. Our results corroborate the view that firm-specific cultural risk is a statistically significant determinant of loan pricing but does not limit the effect of regional risk-taking. Specifically, a one standard deviation increase in firm-specific cultural risk yields a higher loan spread by 0.89 basis points. The equivalent effect of Regional risk-taking is 4.63 basis points and statistically significant at the 1% level. 13 All these sensitivity tests are robust to the use of our DID model.

several sources (available in the QoG database), we show in Appendix Table A7, that including such controls does not affect our main inferences (in fact the coefficient estimates on Regional risk-taking are considerably larger for this smaller dataset). The religion-related variables include

Religion fractionalization [START_REF] Alesina | Fractionalization[END_REF], Religion freedom (Comparative Constitutions Project), and the share of Catholics and Protestants in a country's population (LaPorta et al., 1999). All these variables enter the baseline model with statistically insignificant coefficients.14 

Exploiting folklore for empirical identification

Our key remedy against omitted-variable bias from unobserved regional characteristics that might correlate with both Regional risk-taking and financing costs is a specification reflecting the regression adjustment / treatment heterogeneity literature. The idea comes from a recent macroeconomics literature on folklore, which inter alia identifies origins of risk-taking.

According to Michalopoulos and Xue (2021), the traditional beliefs, customs, and stories of a local community passed through the generations by word of mouth directly affect contemporary risk-taking in local societies. Specifically, more risk-loving and entrepreneurial people grew up listening to stories wherein heroes successfully tackle challenging situations. In contrast, riskaverse and less entrepreneurial people grew up listening to stories wherein competitions and challenges are more likely to be harmful than beneficial. In our context, this creates exogenous variation in regional risk-taking (treatment heterogeneity based on relevant folklore) that is predetermined and exogenous to contemporary variables, especially given controls for the cultural and economic environment in the observed regions.

To this end, we interact Unsuccessful challenges (dummy equal to 1 for a ratio of unsuccessful to successful challenges encountered by local folklore heroes higher than its median; equal to zero for a ratio lower than its median) with Regional risk-taking in an equation otherwise equivalent to (1). We expect that the coefficient on this interaction term is negative and statistically significant, indicating that the impact of Regional risk-taking is less potent in regions with high Unsuccessful challenges. Based on Michalopoulos and Xue (2021) these are regions with risk averse and less entrepreneurial individuals.

The results in the first four columns of Table 4 replicate those of Table 3 and confirm our premise. The level effect of Regional risk-taking is still positive and statistically significant. The interaction term enters with a negative and statistically significant coefficient, suggesting that in regions with high unsuccessful challenges, the effect of regional risk-taking is less potent. These results survive when adding any of the control variables in Table A1, different clustering of standard errors (e.g., by region), etc. 15

[Insert Table 4 about here]

In specification 5, we additionally use country fixed effects, so that the main term on

Unsuccessful challenges drops out. The importance of this specification rests on the fact that the country fixed effects generate an additional level of differencing, and control for country heterogeneity. Evidently, changes in the results are minor. Last, in specification 6, we instead use Unsuccessful challenges as an instrumental variable in a two-stage least squares model. 15 In untubulated regressions, the results survive when using a triple differences estimator by adding a triple interaction term (and all main and double interactions) with a dummy variable that equals 1 if a country experienced the Columbian Exchange. Triple differences add another layer in the semi-natural experiment and improve the robustness of the results (e.g., [START_REF] Olden | The triple difference estimator[END_REF]. According to [START_REF] Galor | The agricultural origins of time preference[END_REF], countries that went through the exchange of seeds under the Columbian Exchange significantly improved their agricultural yield and this developed different economic time preferences (longer horizons). We hypothesize and confirm in our data that these countries are more risk averse because their people satisfied their nutrition needs and obtained sufficient income from agriculture. The opposite holds for countries that have not experienced the Columbian Exchange, who were seeking more risk in search for yield. The triple interaction term Regional risk-taking × Unsuccessful challenges × Columbian exchange is negative and statistically significant, further confirming our study's main result.

According to our discussion above, we assume that this variable satisfies the exclusion restriction because it is predetermined, affects Regional-risk-taking, and should not directly affect contemporary levels of loan spreads (it is unlikely that banks look at folklore to determine their loan pricing). Evidently, the statistical significance of the results is unchanged, the weak instrument tests easily pass the critical values (the statistical significance of the first stage is very high), and the estimated coefficient is somewhat larger (31 basis points compared to 24 in specification 4 of Table 3).

The role of institutional ownership

In this section, we address why debt is relatively more costly in regions with high risk-taking preferences. As suggested in our theoretical premises, we expect that the effect of risk-taking preferences on loan spreads is driven by regions with a higher percentage of local shareholders.

To this end, we collect data on firms' institutional ownership from FactSet, and argue that firms with more noninstitutional shareholders are usually local retail shareholders. We construct two dummy variables,16 using the mean of the percentage of shares held by noninstitutional shareholders (verified or adjusted) to the firm's total market value (see Table A1).

The results in Table 5 are consistent with our theoretical propositions. 17 The main term on regional risk-taking is still positive but marginally statistically insignificant. Its significance is absorbed by the interaction term Regional risk-taking × High noninstitutional shares, which

shows that firms with more noninstitutional shareholders (who are more likely local) take loans with approximately 22 basis points higher spreads. Even though we have access only to U.S. data on institutional shareholders, the results are very similar to our baseline.

[Insert Table 5 about here]

Evidence from the bond market

As suggested within the framework of equation ( 2), an important test to show that regional risktaking affects the terms of borrowing outside the credit market is to also look at the bond market.

We report the results in Table 6. Consistent with the results in the loan market, we find that higher regional risk-taking increases bond spreads. Economically, according to specification 1, a one-standard-deviation increase in Regional risk-taking implies a higher Loan spread of 38.839 × 0.20 ≈ 7.8 basis points. According to the summary statistics in Table 1, the average bond amounts to $361.4 million USD (the inverse log of 5.89) and has an average maturity of 10.8 years (129.14 / 12 months), which implies that the 7.8 basis points translate to considerably higher costs of $3.04 million USD for bonds with the average size and maturity (0.00078 × 10.8 × $361.4 million USD). Thus, in the bonds market, the economic effect of regional risk-taking on the overall cost of financing is even larger. 18[Insert Table 6 about here]

In column 2, we introduce a specification that uses the average of the bond and the loan spread of the borrowing firm as dependent variable (conditional on the existence of a loan spread or a bond spread or both). The coefficient on Regional risk-taking jumps to 53 basis points.

The cost of equity capital

A natural implication of our results is that the cost of equity capital should not respond as robustly to Regional risk-taking, so that the firms have incentives to lower debt in favor of equity.

To examine this premise, we estimate the implied cost of equity using the approaches by [START_REF] Claus | Equity premia as low as three percent? Evidence from analysts' earnings forecasts for domestic and international stock markets[END_REF] and [START_REF] Easton | PE ratios, PEG ratios, and estimating the implied expected rate of return on equity capital[END_REF]. Ben Nasr et al. ( 2012) and [START_REF] Hail | International differences in the cost of equity capital: Do legal institutions and securities regulation matter[END_REF] provide explicit definitions for the methods and variables. Our results are consistent with these studies, with our estimates showing an average cost of equity equal to 11.3% when using Claus and Thomas and 12.8% when using Easton.

Subsequently, we estimate equations equivalent to 3 but with the estimated cost of equity capital as dependent variable. We report the results in Table 9. We have fewer available observations, compared to the previous two tables, but in fact find that the estimates on Regional risk-taking are even more potent for the sample available in Table 9 (results available on request).

As expected, and consistent with the results on the cost of debt, the estimates on Regional risktaking in Table 9 are positive and statistically significant.

However, their economic relevance is considerably weaker than the results on the cost of debt. Specifically, a one standard deviation higher Regional risk taking (equal to 0.19 in this sample) implies a higher Cost of equity capital by 0.17% (0.19 × 0.008). With an average cost of equity equal to 11.3%, this estimate is very small compared to the equivalent of 2.6% uncovered in Table 3. These estimates are fully consistent with the premise that firms in riskier regions face higher debt costs (more so than equity costs) and substitute leverage for equity, also consistent with the trade-off theory (avoid higher default risk)."

[Insert Table 9 about here]

Conclusions and implications

Our study advances and empirically establishes the hypothesis that regional preferences for economic risk-taking work as an endowment that affects firms' financing costs. Using different samples of syndicated loans and bonds, we find that in regions with higher risk-taking preferences, both loan spreads and bond spreads are significantly higher. This implies that in such regions firms pay higher interest rates on debt. Thus, our findings unveil a mechanism through which established regional norms and behaviors regarding economic risk-taking affect the pricing of corporate debt.

Our findings have important interrelated implications. First, our findings open a discussion of whether a relocation decision would be pareto improving for certain firms to benefit from lower lending costs. Surprisingly, in the global sample of firms in our analysis, relocation happens for only an extremely small number of firms. Second, we uncover a new tradeoff in the literature between risk-taking preferences and debt. On one hand, under the real options theory, a general environment of risk-taking preferences is consistent with higher investment and returns in these regions. On the other hand, firms in regions with higher risk-taking have higher financing costs, which is consistent with lower investments and returns. Third, our analysis highlights that credit costs have deep-rooted determinants. The emergence of novel datasets characterizing economic preferences (as opposed to societal culture) is key to understanding this heterogeneity.

Along these lines, there are two fruitful avenues for future research. First, an interesting extension to this study would be to look more deeply into firms' capital structure (by studying leverage decisions), as well as the cost of raising equity capital (by studying granular data on initial and secondary public offerings). As this study already covers considerable ground, we leave this analysis for future research. Second, future studies can formally consider the potential causal effects of economic patience (long-term orientation) and trust in firms' corporate finance decisions. Using finer data to distinguish the role of regional risk-taking for firm managers with accumulated vs. innate abilities or relating these abilities back to the regions is also a fruitful extension. We leave these issues as desideratum for future research. The table reports coefficient estimates and t-statistics (in parentheses) from estimations using the syndicated loans sample. The specifications assume that specific folklore elements (the ratio of unsuccessful to successful challenges of folklore heroes) predetermine the relation between Regional risk-taking and the Loan spread (the dependent variable). Definitions for all variables are in Table A1. Estimation method is OLS in the first five specifications, with the fixed effects reported in the lower part of the table and robust standard errors clustered by country or region (as noted in the lower part of the table ). In all specifications the sample includes syndicated loan facilities where the borrower's country is the same as the lender's country, whereas only lead arrangers are considered. The bottom part of the table also reports the number of observations and number of clusters. The sample period is 1996-2018. The first four specifications exactly replicate those of Table 3. Specification 5 is as specification 4 but uses a country fixed effect instead of a continent fixed effect. Specification 6 uses Unsuccessful challenges as an instrumental variable in two-stage least squares. The ***, **, and * marks denote statistical significance at the 1%, 5%, and 10% levels, respectively.

( The table reports coefficient estimates and t-statistics (in parentheses) from estimations using the syndicated loans sample. The specifications assume that High noninstitutional shares affects the relation between Regional risk-taking and the Loan spread (the dependent variable). In column 1, High noninstitutional shares is constructed based on the adjusted measure and in column2 based on the reported measure. Definitions for all variables are in Table A1. Estimation method is OLS with the fixed effects reported in the lower part of the table and robust standard errors clustered by country or region (as noted in the lower part of the table ). In all specifications the sample includes syndicated loan facilities where the borrower and the lender are from the U.S., whereas only lead arrangers are considered. The bottom part of the table also reports the number of observations and the adjusted R-squared. The sample period is 1996-2018. The ***, **, and * marks denote statistical significance at the 1%, 5%, and 10% levels, respectively.

) (2) (3) (4) (5) 1 
(2) (4) The table reports coefficient estimates and t-statistics (in parentheses) from estimations using the USA bonds sample. The dependent variable in specification 1 is Bond spread and in specification 2 the average of the bond and loan spread (conditional on the existence of either a bond spread and a loan spread in the sample). Definitions for all variables are in Table A1. Both specifications include all the controls noted in Table A1. Estimation method is OLS with the fixed effects reported in the lower part of the The table reports coefficient estimates and t-statistics (in parentheses) from estimations using the Compustat sample. The dependent variable in column 1 is the Cost of equity capital estimated using the method of [START_REF] Claus | Equity premia as low as three percent? Evidence from analysts' earnings forecasts for domestic and international stock markets[END_REF]; in column 2 it is the one from the method of [START_REF] Easton | PE ratios, PEG ratios, and estimating the implied expected rate of return on equity capital[END_REF]. Definitions for all variables are in Table A1. Estimation method is OLS with the fixed effects reported in the lower part of the Economic risk-taking preferences, calculated at the regional level.

Regional patience Economic preferences over patience, calculated at the regional level.

Regional altruism Economic preferences over altruism, calculated at the regional level.

Regional trust Economic preferences over trust, calculated at the regional level. 

Panel B. Cultural variables

Panel C. Loan-level variables

Loan spread

DealScan

All-in-spread-drawn (in basis points), defined as the sum of the spread over LIBOR plus any facility fee.

All-in-spread undrawn (AISU) Natural logarithm of the all-in-spread-undrawn, defined as the facility fee and the commitment fee on the unused amount of loan commitment.

Loan amount

Natural logarithm of the syndicated loan facility amount (in USD).

Table A2. List of additional country-year control variables

The table provides a list of more than 100 control variables we use in additional regressions. We do not report the results from these regressions, but the effect of Regional risk-taking is similar or higher compared to that in our baseline regressions. In many respects, we use more than one variable (i.e., from a different source) for the same country-year characteristic (e.g., corruption 

Table 1 . Summary statistics of main variables

 1 The table reports basic summary statistics for the main variables in the three samples of our analysis. Definitions are in Appendix TableA1. The sample period is 1996-2018.

			Syndicated loans sample			USA bonds sample			Compustat sample	
		Obs.	Mean	St. Dev.	Min.	Max.	Obs.	Mean	St. Dev.	Min.	Max.	Obs.	Mean	St. Dev.	Min.	Max.
							Dependent variables								
	Loan spread	60,430 189.57 126.15	-200	1,400										
	Bond spread						13,275 182.03 175.71	-559	7,300					
	Firm capex to sales						13,275	0.23	2.38	-4.52	191.33					
	Firm current assets volatility											214,936 0.110	0.078	0.000	0.707
	Firm EBIT volatility						13,275	0.02	0.03	0	0.72	238,226	0.05	0.12	0.001	3.68
	Firm dividend volatility											266,057 0.037	0.082	0	1.706
	Firm operating cash flow vol.											177,367 0.016	0.025	0.000	1.188
	Firm R&D											113,860 24.07	5986	0	2949669
	Firm patents											30,863	2.63	2.02	0	10.54
						Explanatory variables								
	Regional risk-taking	60,430	0.12	0.21	-1.24	1.45	13,275	0.15	0.20	-1.01	1.45	238,226	0.01	0.31	-1.54	1.98
	Regional patience	60,430	0.80	0.36	-1.78	2.56	13,275	0.85	0.35	-1.78	2.56	238,226	0.50	0.45	-1.78	2.56
	Regional altruism	60,430	0.35	0.30	-1.23	2.03	13,275	0.46	0.28	-0.38	1.99	238,226	0.17	0.42	-1.94	2.03
	Regional trust	60,430	0.11	0.26	-2.31	0.99	13,275	0.10	0.25	-2.31	0.99	238,226	0.02	0.41	-2.40	1.96
	Hofstede's uncertainty avoidance	60,356 48.32	10.33	29	112						234,265 57.01	22.47	29	112
	Hofstede's long-term orientation	60,430 31.87	15.13	13	100						236,783 55.36	28.17	4	100
	Facility amount	60,430 19.36	1.72	3.72	24.62										
	Amount						13,275	5.89	1.61	0.22	10.80					
	Maturity	60,430 50.88	24.32	1	725	13,275 129.14 111.65	0.10	1,217.7					
	Firm book leverage	60,430	0.59	0.18	0	1	13,275	0.68	0.18	0.06	1					
	Firm market to book	60,430	2.94	4.63	0	94.19						238,226	2.35	3.85	0	81.97
	Firm EBIT	60,430	0.07	0.09	-5.89	1.70	13,275	0.08	0.04	-0.07	0.20	238,226	0.03	0.21	-7.96	4.31
	Firm asset tangibility						13,275	0.32	0.29	0	0.97	238,226	0.30	0.24	0	1
	Firm EBIT volatility						13,275	0.02	0.03	0	0.72	238,226	0.05	0.12	0	3.68
	Firm depreciation											238,226	0.04	0.03	-0.18	0.51
	Firm dividend to equity											238,226	0.03	0.09	-0.59	2.50
	Firm no research dummy						13,275	0.71	0.46	0	1	238,226	0.55	0.50	0	1
	Firm risk preferences	5,378	0.14	0.17	-1.01	1.45										
	Firm size	60,430	8.15	1.87	0.09	23.43 13,275	9.90	1.84	2.07	13.93	238,226	5.84	2.01	0.02	23.45
	Crop yield change	60,322	0.45	0.71	-0.72	3.36						238,226	0.44	1.01	-0.72	3.36

Table 2 . Risk-taking preferences and firm risk

 2 The table reports coefficient estimates and t-statistics (in parentheses) from estimations using the Compustat (firm-year) sample. The dependent variable is given on top of each specification. Definitions for all variables are in Appendix TableA1. Estimation method is OLS with the fixed effects in the lower part of the table and robust standard errors clustered by country. The specifications include all the firm-year control variables listed in Appendix TableA1. The sample period is 1996-2018. The lower part of the table also reports the number of observations, number of clusters, and the adjusted R-squared. The ***, **, and * marks denote statistical significance at the 1%, 5%, and 10% levels, respectively.

		(1)	(2)	(3)	(4)	(5)	(6)	(7)
		Firm capex	Firm current	Firm EBIT	Firm	Firm	R&D	Patents
		to sales	assets	volatility	dividend	operating cash	expenses	
			volatility		volatility	flow volatility		
	Regional risk-taking	0.006***	0.011***	0.021**	0.007**	0.003**	6.667*	0.467***
		(2.943)	(4.221)	(2.450)	(2.621)	(1.993)	(1.895)	(2.908)
	Regional patience	-0.000	-0.001	0.006	0.001	-0.003**	-0.060	-0.130
		(-0.026)	(-0.330)	(1.033)	(0.260)	(-2.022)	(-0.064)	(-0.923)
	Regional altruism	0.000	-0.000	-0.004	0.003	0.004**	3.639	-0.168
		(0.137)	(-0.082)	(-0.780)	(1.637)	(2.048)	(1.089)	(-1.714)
	Regional trust	0.003**	0.007***	-0.000	0.005**	-0.005***	-2.140	0.005
		(2.660)	(4.497)	(-0.033)	(2.115)	(-2.741)	(-0.842)	(0.036)
	Long-term orientation	0.016***	0.020***	0.005	-0.037***	0.001*	16.785	36.805***
		(2.866)	(3.417)	(0.467)	(-3.280)	(2.230)	(1.142)	(5.509)
	Observations	198,922	214,936	257,874	266,057	177,367	113,860	30,863
	No of clusters	52	52	52	52	48	47	49
	Controls	Yes	Yes	Yes	Yes	Yes	Yes	Yes
	Industry, Loan purpose,							Yes except
	Loan type, Continent,	Yes	Yes	Yes	Yes	Yes	Yes	for
	Year FE							continent
	Clustering	Country	Country	Country	Country	Country	Country	County
	Adj-R 2	0.340	0.249	0.419	0.099	0.066	0.045	0.671

Table 3 . Risk-taking preferences and loan spreads: Baseline results

 3 The table reports coefficient estimates and t-statistics (in parentheses) from estimations using the syndicated loans sample. The sample period is 1996-2018. The dependent variable is Loan spread. In all specifications the sample includes syndicated loan facilities where the borrower's country is the same as the lender's country, whereas as lenders only lead arranger banks are considered. Definitions for all variables are in Appendix TableA1. Estimation method is OLS with the fixed effects in the lower part of the table and robust standard errors clustered by country. Each specification includes the control variables given in the lower part of the table, and these controls are defined in TableA1. The lower part of the table also reports the number of observations, number of clusters, and the adjusted R-squared. The ***, **, and * marks denote statistical significance at the 1%, 5%, and 10% levels, respectively.

		(1)	(2)	(3)	(4)
	Regional risk-taking	14.359**	16.256***	25.046***	23.844***
		(2.692)	(3.389)	(5.886)	(7.637)
	Regional patience	-9.774***	-9.322***	-9.994***	-9.190***
		(-3.824)	(-4.188)	(-7.447)	(-10.478)
	Regional altruism	7.431*	5.177	1.414	1.147
		(1.814)	(1.517)	(0.735)	(0.731)
	Regional trust	18.288***	15.713**	16.479***	17.141***
		(2.877)	(2.469)	(4.520)	(4.779)
	Long-term orientation	-0.946*	-0.757*	-0.752*	0.282
		(-1.926)	(-1.965)	(-1.799)	(1.043)
	Observations	79,655	59,982	50,562	50,562
	No of clusters	52	52	52	52
	Loan controls	Yes	Yes	Yes	Yes
	Firm controls	No	Yes	Yes	Yes
	Bank controls	No	No	Yes	Yes
	Country controls	No	No	No	Yes
	Industry, Loan purpose, Loan type, Continent, Year FE	Yes	Yes	Yes	Yes
	Clustering	Country	Country	Country	Country
	Adj-R 2	0.477	0.511	0.536	0.544

Table 4 . Risk-taking preferences and loan spreads: Exploiting folklore for identification

 4 

Table 5 . Risk-taking preferences and loan spreads: Exploiting institutional ownership

 5 

	Regional risk-taking	149.491*** 141.451***	148.571***	96.621***	95.994***	30.794***
		(4.058)	(4.895)	(5.559)	(5.504)	(3.602)	(3.672)
	Unsuccessful challenges	-8.368	-6.576	-9.842	-6.912		
		(-1.038)	(-1.490)	(-0.979)	(-0.807)		
	Regional risk-taking ×	-141.777*** -132.771*** -127.461***	-74.720***	-75.315***	
	Unsuccessful challenges	(-3.636)	(-4.373)	(-4.747)	(-4.093)	(-2.863)	
	First-stage results						
	Unsuccessful challenges						0.146***
							(12.63)
	Observations	79,655	59,982	50,562	50,562	50,562	50,562
	No of clusters (countries or regions)	41	41	34	34	34	34
	Controls as in respective of Table 3	Yes	Yes	Yes	Yes	Yes	Yes
	Industry, Loan purpose, Loan type, Continent, Year FE	Yes	Yes	Yes	Yes	Yes	Yes
	Clustering	Country	Country	Country	Country	Country	Country
	Adj-R 2	0.481	0.515	0.538	0.545	0.548	

Table 6 . Risk-taking preferences and bond spreads

 6 

	Regional risk-taking	3.759	3.588
		(1.678)	(1.590)
	High noninstitutional shares	-5.669***	-5.826***
		(-6.497)	(-6.652)
	Regional risk-taking × High	22.048***	22.237***
	noninstitutional shares	(9.832)	(9.974)
	Observations	14,951	14,935
	Controls as in respective of Table 3	Yes	Yes
	Industry, Loan purpose, Loan type, Continent, Year FE	Yes	Yes
	Clustering	Country	Country
	Adj-R 2	0.610	0.609

Table 7 . Risk-taking preferences and the cost of equity capital

 7 table and robust standard errors clustered by state. The sample period is 1996-2018. The lower part of the table also reports the number of observations and the adjusted R-squared.

	The ***,

Table A1 . Variable definitions and sources

 A1 table and robust standard errors clustered by country. The sample period is 1996-2018. The lower part of the table also reports the number of observations and the adjusted R-squared. The ***, **, and * marks denote statistical significance at the 1%, 5%, and 10% levels,

	Variable	Source		Definition
		Panel A. Economic preferences variables
	Regional risk-taking	Global	
		Preferences	
		Survey (GPS)	
	respectively.	and authors'	
		calculations	(1)	(2)
	Regional risk-taking	0.008**	0.008**
			(2.011)	(2.121)
	Regional patience	0.001	0.020
			(1.383)	(0.577)
	Regional altruism	-0.002*	-0.023
			(1.705)	(-0.571)
	Regional trust		-0.001	-0.033
			(0.967)	(1.552)
	Long-term orientation	0.003**	0.002*
			(2.290)	(1.905)
	Observations		52,147	58,140
	Industry, U.S. interstate division, Year FE	Yes	Yes
	Clustering		Country	Country
	Adj-R 2		0.221	0.279

  Higher values indicate societies rely more on guidelines, laws, codes, and the "absolute truth," whereas lower values point to societies more accepting of differing views and ideas, and less regulations.

	Hofstede's power distance	Lower-hierarchy members of organizations (institutions) accept that power is
		unevenly distributed. Higher values indicate established and accepted social
		hierarchy; lower values indicate that people question hierarchy and try to
		distribute power.
	Hofstede's individualism	Peoples' degree of integration into groups. Higher values indicate
		individualism, providing emphasis on "I" vs. "we," whereas lower values
		indicate the opposite (i.e., collectivism).
	Hofstede's masculinity	Societal preferences for values such as achievement, heroism, material
		reward, etc. Higher values indicate a more "masculine society"; lower values
		indicate a more "feminine" society, where modesty and caring views are more
		prevalent.
	Hofstede's uncertainty avoidance Tolerance for uncertainty. Hofstede's long-term orientation Higher values points indicate long-term oriented societies in which problem-
		solving is viewed as a necessity; lower values indicate traditional values are
		more prevalent, usually lagging behind in terms of economic development.
	Hofstede's indulgence	Freedom to fulfil human desires. Higher values indicate more freedom; lower
		values indicate stricter social norms.
	Schwartz's harmony	The degree of harmony in societies. Higher values indicate greater emphasis
		on the group than on the individual.
	Schwartz's embeddedness	The degree of embeddedness in societies. Higher values indicate cultural
		values such as tradition, security, and obedience.
	Schwartz's hierarchy	The degree of hierarchy in societies. Higher values indicate that people accept
		their position in the hierarchy, are more modest, and have higher self-control.
	Schwartz's mastery	The degree of mastery in societies. Higher values indicate that success
		through personal action is more valued.
	Schwartz's affective autonomy	The degree of affective autonomy in societies. Higher values indicate that
		members have more freedom to seek enjoyment by any means without
		censure.
	Schwartz's intellectual autonomy	The degree of intellectual autonomy in societies. Higher values indicate more
		freedom to pursue independent ideas and thought.
	Schwartz's egalitarianism	The degree of egalitarianism in societies. Higher values indicate equality and
		more concerns for others.

Table A3 .

 A3 ). Abbreviation of sources: ICRG: International Country Risk Guide; FH: Freedom House; WB: World Bank (either World Development Indicators or Quality of Governance indices); HF: Heritage Foundation; SWIID: Standardized World Income Inequality Database; GFDD: Global Financial Development Database. Many of the variables below are % of GDP. Sample details Sample period for all three samples is 1996-2018.

		Syndicated		
	Variable	Source	Variable	Source
	Corruption	ICRG, FH, WB, HF	Bank accounts (per 1,000 people)	GFDD
	Rule of law	ICRG, FH, WB, HF	Bank branches (per 1,000 people)	GFDD
	Government quality	ICRG, FH, WB	Corporate bonds to total bonds	GFDD
	Ethnic fractionalization	Alesina et al. (2003)	Private credit by banks	GFDD
	Language fractionalization	Alesina et al. (2003)	Domestic credit to private sector	GFDD
	Religion fractionalization	Alesina et al. (2003)	Outstanding public debt to securities	GFDD
	Population size	WB	Syndicated loan issuance volume	Own calculations
	Population density	WB	Syndicated loan average maturity	Own calculations
	Population growth	WB	Bank net interest margin	GFDD
	Urban population	WB	Bank lending-deposit spread	GFDD
	Political terror	U.S. state department Bank return on assets	GFDD
	Armed forces	WB	Bank cost to income ratio	GFDD
	Military expenditure	WB	Foreign bank ownership	Claessens and Van Horen (2014)
	Average schooling (years)	Barro and Lee (2013) Bank Z-score	GFDD
	Average schooling (male and female) Barro and Lee (2013) Bank nonperforming loans ratio	GFDD
	Government education expenditure	UNESCO	Banking industry H-statistic	GFDD
	Age dependency (% of labor)	WB	Bank Lerner index	Delis et al. (2015), GFDD
	Agriculture value added	WB	Boone indicator	Delis et al. (2015), GFDD
	Birth rate (per 1,000 people)	WB	Remittance inflows	GFDD
	CO2 emissions	WB	Banking crisis dummy	GFDD
	Death rate (per 1,00 people)	WB	Consumer price index	GFDD
	DEC alternative conversion factor	WB	Capital stringency	Barth et al. (2013)
	External balance on goods & services WB	Bank activity restrictions	Barth et al. (2013)
	Electric power consumption	WB	Official bank supervisory powers	Barth et al. (2013)
	Various employment ratios	WB, IMF	Bank private monitoring	Barth et al. (2013)
	Consumption expenditure	WB	Bank external governance	Barth et al. (2013)
	Foreign direct investment inflows	WB	Bank deposit insurance	Barth et al. (2013)
	Fertility rate	WB	Bank entry requirements	Barth et al. (2013)
	Forest area	WB	Corporate tax rates	WB, OECD, Tax foundation
	Gini coefficient	SWIID	Business freedom	HF
	Lending interest rate	WB	Labor freedom	HF
	Deposit interest rate	WB	Trade freedom	HF
	Arable land	WB	Investment freedom	HF
	Life expectancy at birth	WB	Financial freedom	HF
	Infant mortality	WB	Tax burden	HF
	Creditor rights	Djankov et al. (2007) Government spending	HF, WB
	Official exchange rate	WB	Fiscal health	HF
	Country size	WB	Fiscal deficit	WB
	Longitude	G-Econ project	Fiscal debt	WB
	Terrain roughness	G-Econ project	Monetary freedom	HF

loans sample details Compustat sample details USA bonds sample details

  

	31 Morocco						203	0.09	7	43	31 New Mexico	19	0.14	4
	32 Netherlands	436	0.72	8	72	8	1,376	0.58	10	184	32 New York	1,650 12.43	135
	33 Nigeria	2	0	1	1	1	379	0.16	11	65	33 North Carolina	293	2.21	55
	Country 34 Pakistan 35 Peru	Obs. 3	% 0	No. of regions 1	No. of firms 1	No. of lenders 1	Obs. 1,468 119	% 0.62 0.05	No. of regions 4 4	No. of firms 211 46	State (region) 34 North Dakota 35 Ohio	Obs. 4 489	0.03 % 3.68	No. of 1 firms 99
	1 36 Philippines Argentina	1	0	1	1	1	237 721	0.1 0.3	4 2	50 120	1 Alabama 36 Oklahoma	105 172	0.79 1.3	13 32
	2 37 Poland Australia	1,193 32	1.97 0.05	8 2	92 6	26 4	5,425 373	2.28 0.16	13 15	810 140	2 Alaska 37 Oregon	1 83	0.01 0.63	1 12
	3 38 Portugal Austria	6 28	0.01 0.05	2 2	4 7	1 3	679 290	0.29 0.12	9 3	90 47	3 Arizona 38 Pennsylvania	87 431	0.66 3.25	25 77
	4 39 Romania Bangladesh						367 136	0.15 0.06	2 27	97 44	4 Arkansas 39 Rhode Island	108 84	0.81 0.63	12 7
	5 40 Russia Botswana	14	0.02	3	9	5	43 243	0.02 0.1	1 15	9 78	5 California 40 South Carolina	893 16	6.73 0.12	142 5
	6 41 Saudi Arabia Brazil	20 31	0.03 0.05	3 3	8 8	2 3	1,697 458	0.71 0.19	15 8	251 85	6 Colorado 41 South Dakota	188 14	1.42 0.11	55 5
	7 42 South Africa Canada	1,391 41	2.3 0.07	8 3	241 11	21 4	17,579 1,316	7.38 0.55	8 7	2,596 224	7 Connecticut 42 Tennessee	845 362	6.37 2.73	50 36
	8 43 South Korea Chile	288	0.48	5	36	14	227 11,335	0.1 4.76	8 15	94 1,494	8 Delaware 43 Texas	70 1,722 12.97 0.53	10 327
	9 44 Spain China	13 275	0.02 0.46	5 7	7 52	4 4	27,634 1,001	11.6 0.42	24 13	3,357 148	9 D. of Columbia 44 Utah	253 40	1.91 0.3	10 10
	10 Colombia 45 Sri Lanka						80 954	0.03 0.4	6 4	25 155	10 Florida 45 Vermont	528 3	3.98 0.02	84 1
	11 Czech Republic 46 Sweden	5 89	0.01 0.15	2 7	2 33	2 2	28 3,385	0.01 1.42	4 8	11 430	11 Georgia 46 Virginia	414 439	3.12 3.31	68 59
	12 Egypt 47 Switzerland	207	0.34	5	32	6	92 1,420	0.04 0.6	5 6	36 149	12 Hawaii 47 Washington	21 185	0.16 1.39	1 26
	13 Estonia 48 Tanzania						112 35	0.05 0.01	2 1	18 4	13 Idaho 48 West Virginia	29 10	0.22 0.08	7 3
	14 Finland 49 Thailand	51 11	0.08 0.02	1 2	21 4	4 2	1,493 1,913	0.63 0.8	4 15	159 419	14 Illinois 49 Wisconsin	818 130	6.16 0.98	117 36
	15 France 50 Turkey	1,397 36	2.31 0.06	12 1	161 5	12 6	2,332 307	0.98 0.13	21 9	549 84	15 Indiana	164	1.24	26
	16 Germany 51 Uganda	1,419	2.35	12	126	18	3,933 15	1.65 0.01	13 1	572 3	16 Iowa	78	0.59	9
	17 Ghana 52 Ukraine						42 6	0.02 0	3 3	10 4	17 Kansas	26	0.2	9
	18 Greece 53 United Arab	23	0.04	1	9	4	710 202	0.3 0.08	6 6	158 33	18 Kentucky	64	0.48	17
	19 Hungary Emirates 20 India 54 United Kingdom 21 Indonesia 55 United States 22 Israel 56 Venezuela 23 Italy 57 Vietnam 24 Japan 58 Zimbabwe 25 Jordan Total	12 261 3,157 7 48,845 1 131 980 60,430	0.02 0.43 5.22 0.01 80.83 0 0.22 1.62 100	1 8 12 1 50 1 4 6 192	3 66 397 3 6,088 1 23 171 7,710	3 20 31 2 399 1 8 20 646	98 11,849 11,200 655 74,226 31.16 0.04 4.97 4.7 0.27 980 0.41 1 0 1,528 0.64 105 0.04 46,406 19.48 45 0.02 130 0.05 238,226 100	4 20 12 7 51 6 1 16 13 10 2 3 509	19 1,769 1,480 186 9,676 218 1 293 74 3,599 14 41 30,609	19 Louisiana 20 Maine 21 Maryland 22 Massachusetts 23 Michigan 24 Minnesota 25 Mississippi	80 3 96 275 676 216 13 13,275	0.6 0.02 0.72 2.07 5.09 1.63 0.1 100	23 2 25 51 52 34 2 1,921
	26 Kazakhstan						7	0	3	3	26 Missouri	237	1.79	43
	27 Kenya						224	0.09	3	32	27 Nebraska	137	1.03	13
	28 Lithuania						79	0.03	8	20	28 Nevada	256	1.93	29
	29 Malawi						13	0.01	1	2	29 New Hampshire	11	0.08	6
	30 Mexico	24	0.04	4	9	4	315	0.13	7	80	30 New Jersey	437	3.29	55

Table A4 . Risk-taking preferences and loan spreads: Controlling for culture

 A4 The table reports coefficient estimates and t-statistics (in parentheses) from estimations using the syndicated loans sample. The dependent variable is Loan spread. In all specifications the sample includes syndicated loan facilities where the borrower's country is the same as the lender's country, whereas as lenders only lead arranger banks are considered. Definitions for all variables are in TableA1. Estimation method is OLS with the fixed effects in the lower part of the table and robust standard errors clustered by country. The sample period is 1996-2018. The lower part of the table also reports the number of observations, number of clusters, and the adjusted R-squared. The ***, **, and * marks denote statistical significance at the 1%, 5%, and 10% levels, respectively.

		Panel A. Hofstede's cultural dimension measures
		(1)	(2)	(3)	(4)	(5)
	Regional risk-taking	23.107*** 23.580*** 23.522*** 22.870*** 22.282***
		(7.969)	(7.763)	(7.984)	(8.350)	(10.433)
	Regional patience	-9.624*** -9.219*** -9.134*** -9.811*** -9.441***
		(-11.372)	(-10.755)	(-10.140)	(-11.169)	(-10.606)
	Regional altruism	0.566	1.080	1.271	0.425	1.804
		(0.377)	(0.709)	(1.028)	(0.281)	(1.340)
	Regional trust	15.593*** 17.039*** 16.896*** 15.561*** 15.236***
		(6.416)	(4.843)	(4.772)	(6.076)	(6.607)
	Long-term orientation	0.274	0.377	0.301	0.543	0.721**
		(0.928)	(1.070)	(1.102)	(1.668)	(2.256)
	Hofstede's power distance	-0.557***				
		(-2.826)				
	Hofstede's individualism		0.124			
			(0.336)			
	Hofstede's masculinity			-0.041		
				(-0.201)		
	Hofstede's uncertainty avoidance				-0.405**	
					(-2.170)	
	Hofstede's indulgence					0.776**
						(2.507)
	Observations	50,496	50,496	50,496	50,496	50,561
	No of clusters	31	31	31	31	34
	Control variables	Yes	Yes	Yes	Yes	Yes
	Industry, Loan purpose, Loan type, Continent, Year FE	Yes	Yes	Yes	Yes	Yes
	Clustering	Country	Country	Country	Country	Country
	Adj-R 2	0.545	0.544	0.544	0.545	0.544

Panel B. Schwartz's cultural value orientation scores

  

						(-0.223)		
	Schwartz's intellectual autonomy						-17.033	
							(-0.734)	
	Schwartz's egalitarianism							16.606
								(0.473)
	Observations	50,539	50,539	50,539	50,539	50,539	50,539	50,539
	No of clusters	33	33	33	33	33	33	33
	Control variables	Yes	Yes	Yes	Yes	Yes	Yes	Yes
	Industry, Loan purpose, Loan type, Continent, Year FE	Yes	Yes	Yes	Yes	Yes	Yes	Yes
	Clustering	Country	Country	Country	Country	Country	Country	Country
	Adj-R 2	0.544	0.544	0.544	0.545	0.544	0.544	0.544
		(1)	(2)	(3)	(4)	(5)	(6)	(7)
	Regional risk-taking	23.439*** 23.620*** 23.623*** 22.390*** 23.634*** 23.475*** 23.673***
		(7.763)	(7.788)	(7.746)	(8.998)	(7.779)	(7.597)	(7.650)
	Regional patience	-9.199*** -9.124*** -9.114*** -9.389*** -9.102***	-9.283***	-9.047***
		(-10.947)	(-9.809)	(-10.302)	(-11.714)	(-9.522)	(-11.922)	(-10.712)
	Regional altruism	0.929	1.047	1.203	0.263	1.066	0.488	1.103
		(0.605)	(0.710)	(0.798)	(0.177)	(0.701)	(0.356)	(0.694)
	Regional trust	16.864*** 17.036*** 16.909*** 14.713*** 16.985*** 16.778*** 16.902***
		(4.707)	(4.865)	(5.239)	(7.393)	(4.898)	(4.878)	(4.936)
	Long-term orientation	0.468	0.366	0.253	0.483*	0.306	0.493	0.229
		(1.303)	(0.766)	(0.730)	(1.760)	(1.067)	(1.477)	(0.809)
	Schwartz's harmony	-9.116						
		(-0.559)						
	Schwartz's embeddedness		5.890					
			(0.123)					
	Schwartz's hierarchy			-4.613				
				(-0.220)				
	Schwartz's mastery				84.781***			
					(3.440)			
	Schwartz's affective autonomy					-3.996		

Table A5 . Risk-taking preferences and loan spreads: Alternative clustering and more fixed effects

 A5 The table reports coefficient estimates and t-statistics (in parentheses) when employing alternative clustering and including additional fixed effects using the syndicated loans sample. In all specifications the sample includes syndicated loan facilities where the borrower's country is the same as the lender's country, whereas as lenders only lead arranger banks are considered. Definitions for all variables are in TableA1. Estimation method is OLS. The sample period is 1996-2018. The ***, **, and * marks denote statistical significance at the 1%, 5%, and 10% levels, respectively.

		(1)	(2)	(3)	(4)	(5)
	Regional risk-taking	23.844***	23.844***	22.510***	21.825***	23.331***
		(3.725)	(5.478)	(5.503)	(14.832)	(8.925)
	Regional patience	-9.190***	-9.190***	-9.238***	-10.125***	-8.747***
		(-3.377)	(-3.473)	(-3.283)	(-23.636)	(-11.828)
	Regional altruism	1.147	1.147	1.365	0.464	1.119
		(0.257)	(0.362)	(0.493)	(0.555)	(0.805)
	Regional trust	17.141***	17.141***	12.443***	11.541***	17.227***
		(3.977)	(4.934)	(4.520)	(8.714)	(5.164)
	Long-term orientation	0.282	0.282			0.364
		(1.317)	(1.569)			(1.567)
	Observations	50,562	50,562	50,560	50,471	50,558
	No of clusters	180	1,912	371	31	34
	Control variables	Yes	Yes	Yes	Yes	Yes
	FE	Loan type, loan purpose, industry, continent, year	Loan type, loan purpose, industry, continent, year	Loan type, loan purpose, industry, continent, year	Loan type, loan purpose, industry × year, country × year	Loan type, loan purpose, industry, continent × year
	Clustering	Region	Region x year	Country x year	Country	Country

Table A7 . Risk-taking preferences and loan spreads: The role of religion

 A7 The table reports coefficient estimates and t-statistics (in parentheses) to examine the role of religion in the relation between regional risk-taking and loan spreads. In all specifications the sample includes syndicated loan facilities where the borrower's country is the same as the lender's country, whereas as lenders only lead arranger banks are considered. Definitions for all variables are in TableA1. Estimation method is OLS. The sample period is 1996-2018. The ***, **, and * marks denote statistical significance at the 1%, 5%, and 10% levels, respectively.

		(1)	(2)	(3)	(4)
	Regional risk-taking	20.717***	23.504***	23.738***	24.225***
		(6.135)	(7.934)	(8.720)	(7.757)
	Religion	33.517			
	fractionalization	(1.352)			
	Religion freedom		0.138		
			(1.348)		
	Religion: Catholic			-0.283	
				(-1.521)	
	Religion: Protestant				0.360
					(1.226)
	Observations	44,732	50,552	49,238	49,238
	No of clusters	34	33	31	31
	Control variables	Yes	Yes	Yes	Yes
	Industry, Loan				
	purpose, Loan type,	Yes	Yes	Yes	Yes
	Continent, Year FE				
	Clustering	Country	Country	Country	Country

We verify the correctness of this procedure by calculating weight times individual score for each economic preference variable and then averaging the product at the country level. The resulting country-level variables are the same with those in the country-level file (for details, see online appendix AD.3 in[START_REF] Falk | Global evidence on economic preferences[END_REF].

The GPS dataset also includes measures for positive and negative reciprocity; however, we find that these measures do not correlate with loan spreads or affect the relation between loan spreads and economic risk-taking. Including them simply generates multicollinearity issues.

Because the DealScan lender-linking tool covers the period up to 2015, we fill-in the missing information up to 2018 using lender names.

Our baseline results remain unchanged when we relax this restriction.

Moreover, using loan-level data rules out other types of endogeneity stemming from simultaneity or reverse causality, as we do not expect that individual loan pricing systematically affects regional preferences more than economic risk-taking does. Further, it is unlikely that firms select regions based on risk-taking preferences. Risktaking preferences are long-lasting and predetermined, but we have almost zero relocation of firms in our sample (identifying relocations would be an interesting identification strategy).

A negative coefficient would also be intuitive, as higher trust by banks might imply lower spreads. This comes down to identifying causal effects on the influence of trust, which we leave for future research.

Albeit statistically insignificant, the coefficients have the expected signs, positive for regional fractionalization and higher share of Protestants (higher risk) and lower for higher share of Catholics (lower risk).

Constructing dummies improves the expositional brevity of our results. The equivalent results on continues variables are available on request.

Of course, direct comparisons with the full sample might not be useful (e.g., in terms of attributing all of the effect of regional risk-taking to local shareholders).

Symmetrically with the analysis on syndicated loans, in TableA7we report the results from several robustness tests on equation 2. The results are consistent with those in Table6. Other tests (e.g., using institutional ownership) are also available on request.

Online appendix

This appendix, intended for online use only, provides details for the samples used in our empirical analysis, as well as additional robustness tests.

Maturity

Loan maturity in months.

Collateral

Dummy equal to 1 for collateralized loans, and 0 otherwise.

Number of lenders

Number of banks in a syndicated loan.

Performance dummy

Dummy equal to 1 if the loan has performance pricing provisions and 0 otherwise.

Number of general covenants

Number of general covenants in a syndicated loan.

Loan purpose A series of dummy variables indicating loan purpose (e.g., corporate purpose, debt repayment, etc.). Loan type A series of dummy variables indicating loan type (e.g., bridge loan, revolver/line >= 1 year, term loan, etc.).

Panel D. Bond variables

Bond spread

SDC Platinum

Bond at-issue yield spread is calculated by subtracting the at-issue bond yield from the risk-free rate (Treasury yield) issued with comparable maturity at each given date. Treasury yields are the monthly Treasury benchmark yields with two, three, five, seven, 10, and 30-year coupon bonds.

Bond amount

Natural logarithm of the issue size of the bond (in million USD).

Maturity

Number of months for bond is issued.

Coupon

The coupon rate (in %) of the bond.

Bond rating Bond's credit rating from Moody's, transformed into a numerical scale of 1 (Aaa) to 21 (C). Authors' calculations.

Callability dummy

Dummy variable equal to 1 if the bond is callable before the maturity date and 0 otherwise.

Subordinated dummy

Dummy variable equal to 1 if the bond is subordinated, unsecured, or without collateral and 0 otherwise.

Private market dummy

Dummy variable equal to 1 if the bond is issued in a private market and 0 otherwise.

Panel E. Firm-year variables

Firm book leverage

Compustat

Firm's book value of debt to total assets.

Firm market to book

Firm's market to book ratio.

Firm EBIT Firm's earnings before interest and taxes (EBIT) to total assets.

Firm asset tangibility

Firm's property, plant, and equipment to total assets.

Firm EBIT volatility

Firm's EBIT volatility, calculated as a rolling four-year standard deviation estimate. Firm capex to sales Firm's capital expenditures to sales. Capital expenditures are the change in property, plant, and equipment from previous year plus depreciation and amortization.

Firm depreciation Firm's depreciation and amortization to total assets.

Firm dividend to equity

Firm's common dividends to book value of equity.

Firm dividend volatility

Calculated as the rolling four-year standard deviation of the ratio of a firm's common dividends to book value of equity.

Firm no research dummy

Dummy that takes the value of 1 if the firm does not report research expenses or these are zero, and 0 otherwise.

Firm size

Natural logarithm of the firm's total assets.

Firm current assets volatility

Calculated as the rolling four-year standard deviation of the ratio of a firm's current assets (liquid assets) to total sales.

Firm operating cash flow volatility

Calculated as the rolling four-year standard deviation of the ratio of a firm's operating cash flow to total sales.

R&D expenses

The ratio of firm expenses for R&D to total sales in million USD.

Patents

The natural logarithm of the stock of patents.

High noninstitutional shares FactSet Dummy equal to 1 if the ratio of the value of shares held by noninstitutional shareholders to the firm's total market value that is higher than its mean. Two variables are constructed one based on the market-value adjusted shares and one based on the reported shares.

Cost of equity capital Compustat, Refinitiv and own estimations

Two variables estimated based on the methods of [START_REF] Claus | Equity premia as low as three percent? Evidence from analysts' earnings forecasts for domestic and international stock markets[END_REF] and [START_REF] Easton | PE ratios, PEG ratios, and estimating the implied expected rate of return on equity capital[END_REF], respectively. Estimation details are provided in these papers and summarized in e.g. [START_REF] Hail | International differences in the cost of equity capital: Do legal institutions and securities regulation matter[END_REF]