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Théo Jourdan
Sorbonne Université, CNRS, ISIR
Paris, France
jourdan@isir.upmc.fr

ABSTRACT

For several years, the various practices around ML tech-
niques have been increasingly present and diversified. How-
ever, the literature associated with these techniques rarely
reveals the cultural and political sides of these practices.
In order to explore how practitioners in the NIME commu-
nity engage with ML techniques, we conducted interviews
with seven researchers in the NIME community and anal-
ysed them through a thematic analysis. Firstly, we propose
findings at the level of the individual, resisting technologi-
cal determinism and redefining sense making in interactive
ML. Secondly, we propose findings at the level of the com-
munity, revealing mitigated adoption with respect to ML.
This paper aims to provide the community with some re-
flections on the use of ML in order to initiate a discussion
about cultural, political and ethical issues surrounding these
techniques as their use grows within the community.

Author Keywords

Cultural Studies, Science and Technology Studies, NIME,
Machine learning, Interview, Artificial Intelligence

CCS Concepts

eHuman-centered computing — Human computer interac-
tion (HCI); eApplied computing — Sound and music com-
puting;

1. INTRODUCTION

Machine Learning (ML) is among the technologies that have
received the greatest attention in the past decade in vari-
ous academic fields. ML research has grown exponentially.
Several scientific fields have appropriated the technology as
a necessary tool for inquiry and humanities and social sci-
ences have helped to situate the technology in a historical,
cultural, societal and political context. In this landscape,
the musical appropriation of ML has contributed to its tech-
nological and cultural development. However, while this
contribution is explicit in terms of scientific and artistic dis-
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semination, it remains implicit from a cultural and political
point of view within the community.

ML is primarily seen as a technique and the community
has explored its use as a tool to respond to its specific
needs. Early works employed ML to build gesture-sound
mappings. It was firstly used in early 1990s to create com-
plex mappings from high-level control parameters to sound
synthesis parameters [32} |L6]. Since then, building input-
output mappings with ML remains an important practice
for gestural sound control, facilitated through the creation
of toolkits [18] |21}, 9} 10]. Recently, applications and needs
have diversified with improvements in ML-based generative
algorithms. Applied to audio synthesis [42] |45] 22| [44] or
melodic sequences generation [4) |41} |39], they became a
tool to explore new sonic landscapes and develop rich in-
teraction styles. In addition, recent advances in ML have
allowed researchers to delegate a degree of autonomy to the
system in musical creation, thus exploring forms of musical
co-expression |4} [22] |14].

Although ML has become an important research inter-
est for the community, previous work does not yet provide
a basis for understanding the culture and politics of ML
within NIME. In this paper, our objective is to propose
a preliminary study to fill this gap. To do so, we con-
ducted seven semi-structured interviews of researchers or
artists of NIME community working with ML. Our main
contributions are of two kinds. Firstly, we analyse, based
on the experience and practices of the interviewees, the mul-
tidimensional relationship between humans and ML-based
artefacts, and highlight the progress and obstacles to these
specific interactions. Secondly, we explore the socio-cultural
implications behind the use of this technology, the ethical
issues it raises, which may potentially mitigate its use. More
broadly, the critical study of ML through the experiences
of NIME researchers can help the community to discuss the
benefits, challenges, and good practices related to this tech-
nology. As a preliminary qualitative investigation based on
seven interviews, the analysis does not intend to cover ex-
haustively these topics and discussions related to ML in the
NIME community, but gives first reading keys and future
research directions.

2. RELATED WORK

In this section we review previous work in cultural stud-
ies of science and technology within the NIME community
and then focus on reflections on the use of ML in arts and
technology.

2.1 Cultural and Science Studies and NIME

So far, NIME community has been looking at his own re-
search under the lens of cultural and science studies. The
community is scrutinized, the scientific and artistic objects



are situated [26, 24]. In doing so, these works propose to
reflect on matters that go beyond the themes of the field:
authors excavate political stances taken and intended |25
37], the social and environmental impact of NIME out-
comes [35], epistemological concerns about the field as a
dual scientific and artistic venue |25], or under-representation
and gender-related issues [2] |15} |20} [46]. In the following,
we present different research that highlight the intertwining
of societal, political, cultural and technical issues, brought
to light by a variety of analytical methods.

Hayes and Marquez-Borbon [25] conducted an analysis
of the field, involving their own first-person perspective as
researchers, teachers and artists. By grounding their essay
in the lineage between NIME and the Human-Computer
Interaction (HCI) field, they discussed socio-political con-
cerns (e.g. diverisity, gender, implicit power structures) and
epistemological concerns (e.g. methodology of inquiry, as-
sessment). The lineage with HCI can be sometimes seen
as problematic (due to its overwhelming neo-liberal agenda
[17]), but also be an ally as similar concerns have been iden-
tified in HCI literature (e.g. [3,29]). Supporting their anal-
ysis with works engaging feminist theory and cultural stud-
ies, the authors identified axes for action around a certain
number of themes (such as diversity and inclusion, quantifi-
cation or interdisciplinarity).

In addition, the NIME community does not evolve in iso-
lation, and sociopolitical account of its scientific and artistic
research can be analysed through external influences. In a
recent article, Morreale et al. [37] described musical instru-
ments as cultural artefacts, inherently political. They in-
spect the influence that NIME can have on other fields, pro-
moting, for instance, a non-techno-solutionist ethos. The
impact of NIME outside the community can also be anal-
ysed in terms of its impact on the environment and the
sustainability of the contributions it enables [35] [38].

This previous work shows the increasing need for reflect-
ing about NIME, as field and community. In this paper, we
contribute to this effort by bringing such methods into the
case study of ML, which helps us to draw out broader issues
and challenges for the community.

2.2 ML Studies in Arts and Technology

NIME has a number of works involving ML and AI at its
core, and some of them have been mentioned in the in-
troduction. Few works, however, discussed the technology
as the main object of inquiry. In this section, we report
previous works that are concerned with reflections about
the use of ML in NIME and Arts and Technology in gen-
eral. In a recent article, Fiebrink and Sonami [19] shared
their long-term personal experiences to better understand
what makes ML valuable for their research, performances
and compositions. The article was presented as a series of
questions submitted to the artist and a second series sub-
mitted to the technology creator. This article highlights the
strategies elaborated to use ML in creative practice on the
long run and informs design implications for ML-based mu-
sical systems. In parallel, Caramiaux and Donnarumma [11]
adopted a reflexive approach on their own practice through
the description of a long term researcher-artist collabora-
tion. The authors chose to adopt a mixed approach between
research-through-practice and artistic intervention in scien-
tific research. They discussed the epistemological implica-
tions of their approach, and its influence on the involvement
of ML, first as tool, then as an actor of the performance.
In the field of dance and technology, Fdili Alaoui [1] de-
scribed the collaboration between choreographer, dancer,
musician and developer to create a choreographic dance

piece. Through an artistic research methodology, the au-
thor analysed the interaction between technology (involving
ML) and the act of choreography. She discussed the ten-
sions emerging from the contradictory agenda of technology-
driven research often seen in HCI and art-making, provoking
the field of HCI on an epistemological opening of its ap-
proaches. Finally, Yoshida and Fukasawa [47] self-reflected
on the collaboration between an Al engineer and an artist
in the context of dance creation. For them, such collab-
oration goes beyond the simple use of technology in dance
and thus beyond a certain technological determinism. They
point out the incompatibility between the culture of Al as
a problem solver and the requirements of dance creation.

In summary, these works have made explicit often invis-
ible elements of the use of ML in art and music making,
through first-person inquiries. In this paper we propose
to broaden the spectrum by adopting an interview-based
method used in science and technology studies to make the
culture of ML in NIME more legible.

3. METHOD

To explore the culture and practice of NIME practitioners
with ML, we conducted a series of interviews of researchers
and artists of the community. In this section, we present
the method used and how the analysis has been conducted.

3.1 Participants

We interviewed seven researchers and artists being part
of the NIME community. All the persons interviewed are
anonymized in this article, they are differentiated by a num-
ber between one and seven (additional information on the
socio-demographic situation of the interviewees is given in
Section and @) Some of these practitioners were present
in the early days of the creation of NIME conference and are
particularly renowned for their work with ML in the field,
leading to seminal publications at NIME. Two of them are
newer in the community recently published in the confer-
ence. We contacted each interviewee via emails. Nine re-
searchers were contacted. Seven could be interviewed, two
were not available. Each interviewee received a consent form
authorizing us to record their voice, use the transcripts of
their interviews for research purposes. All the interviews
were conducted online using a secure video conferencing
tool. Each interview lasted approximately one hour.

3.2 Semi-structured interview

We conducted semi-structured interviews designed to ad-
dress the researchers’ personal experiences of using ML in
the context of NIME, their perceptions of the culture of
ML in the community, and the ethical issues that this tech-
nology may engender. More precisely, the interviews were
structured according to the following items:

e Introduction After introducing the project by the in-
terviewer, the interviewees were invited to give a gen-
eral introduction of themselves, explaining the role of
ML in their work and, if possible, describe an example
of projects that they consider important.

e Motivations and background We asked the interviewees
what motivated them in using ML, and how this has
evolved over time. We also asked about their back-
ground (e.g if they have training in ML or related
technical fields), what research literature on ML they
are interested in (i.e. technical, HCI, ethical, art, ...).



e Culture of the community We asked the researchers
about the use of ML at NIME, and the specificity of
this technology within the NIME community, com-
pared to other artistic and non-artistic communities.
We also asked them whether they considered ML to be
a common practice within the NIME community and
what might be the most significant bottlenecks in the
use of ML and, if so, whether they are on a technical
or cultural level.

e Practices and methodology We questioned the inter-
viewees if they consider having a practice of ML, then
asked to describe their workflow. We also focus on the
way they build or reuse datasets for their ML system.

e Actors around the development We asked who were
the other actors involved in the design of systems that
include ML in the research (e.g. artists, research col-
laborators, designers, etc.). The interviewees were in-
vited to describe the type of interaction they have with
each of them.

e Ethical concerns We asked interviewees if they follow
discussions, actions, and published works that may be
critical of ML or raise questions about its use. Then
we asked them how they include this consideration in
their research and, if so, what forms it takes. At last,
we asked how this discussion is addressed within the
NIME community.

The transcriptions of the interviews were carried out in
two stages. First, the interviews were automatically tran-
scribed using WhispeIEI running locally. Then each auto-
matically transcribed interview was manually corrected us-
ing the corresponding audio recording.

3.3 Data analysis

Based on the transcriptions, we conducted a thematic anal-
ysis, relying on the methodology proposed by Braun and
Clark [8]. Analysis of qualitative data began with familiari-
sation with the data by reading the transcripts twice. Then
the authors separately highlighted the relevant parts of the
interview and assigned a code to each highlighted part. A
code represents “the most basic segment, or element, of the
raw data or information that can be assessed in a meaningful
way regarding the phenomenon” |7]. Then the codes of both
authors were put together and discussed. Codes common
to both authors were retained. Codes identified by only one
of the two authors were discussed and retained if they were
collegially considered relevant. Then, the authors organised
separately the codes into themes. The development of the
themes represented the interpretation of the authors made
from the codes. Finally these themes were put together and
discussed until finding a consensus. We converged toward
two themes for this analysis, divided into five sub-themes
presented into two sections reported in Section [

4. INTERVIEW RESULTS

We identified two themes from the thematic analysis that
we report in this section. The themes are organized in two
sections. Firstly, we analyse the considerations made at the
level of the individual, researcher or artist. Secondly, we
report findings on the cultural perspective at the level of
the community.

"https://github.com/openai/whisper

4.1 Individual level

The first theme deals with the technological culture at the
level of the individual, whether a researcher or an artist.
We present three sub-themes that analyse the subjective
practices, the importance of the notion of embodiment and
sense making with the technology.

4.1.1 Between subjective and normative practices

The use of ML techniques is usually associated to stan-
dardised processes for building model architecture, training
models, and evaluating model performance. We found that
in the NIME community when this rigid process is brought
back into musical and interactive practices, it is transformed
and reappropriated according to the desires and needs of the
practitioners. P1 describe this process in his words:

“We can have an anti-program to the technology,
we take it and we misuse it and we reject the
script of the technology. And that’s where artists
come in, in a very interesting way and misuse
the technology.”

Anti-program refers to the terminology used by Latour [31]
to describe the ways in which users can bypass the use of
an innovation that does not conform to the original pre-
scription for its use. So there is no formal way of using ML
techniques in the NIME context, “it’s a fairly organic thing”
as P6 said. P2 talks about instead of focusing on technical
aspects, the goal is to “reuse and hack stuff that was already
kind of built and customize those to the specific use”.

Datasets to train ML systems are also subject to these
constraints. Indeed, the way the dataset is structured, what
information is given, implicitly prescribes how this dataset
should be used and may prevent a certain non-conforming
use. So practitioners do not necessarily have the same
point of view about re-using existing datasets or even shar-
ing datasets in the community. Firstly re-using and play-
ing with existing datasets can be seen as a form of re-
appropriation for personal purposes as describe P3 : “So
it would be interesting to have a kind of a pool, a NIME
pool of data, of different types of data and audio and other
stuff that people can use, reuse, and make their own data
sets”.

Other practitioners prefer to build their own database to
avoid normative behaviour stemming from data aggrega-
tion. They promote more personal practices as developed
P4: “So specifically in NIME, that’s why I'm sort of inter-
ested to do what I do in the project is to specifically say
this is not big data. You know, this is small data. This is
my data. This is myself as one person, not a whole pop-
ulation.”. Indeed, storing and sharing a dataset raises the
question on which norms, biases or standards this dataset
has been constructed. Choosing to work with their own,
and rather small, datasets, practitioners avoid the problem
of normativity and external biases that would stem from big
data, at the cost of not taking fully advantage of the latest
advances in ML and Al

4.1.2  The quest of embodiment

Embodiment generally refers to how our bodies and ac-
tive experiences shape our perception, feelings and think-
ing. Dourish [13] built the foundation of embodiment con-
cept for human-computer interaction. This concept allows
analyzing forms of participation and the settings in which
interactions occur. Describing how artifacts of everyday in-
teraction play different roles in different contexts and situa-
tions. Few studies have attempted to analyze the aspect of
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embodiment of machine learning for musical performance.
In music performance, embodiment can be seen as a par-
ticular relationship between the body and the instrument,
through the action-perception cycle, which makes the in-
strument an extension of the body [33]. This notion has a
certain importance at NIME, as P3 put it: “I think the clear
specificity is again, the interaction and embodiment aspect.
Embodiment aspect again, is very important in NIME.” But
the recent development of ML seems to show that this form
of interaction is not sufficiently developed according to P3:

“That’s kind of one of my main critiques about
recent developments [of ML], this lack of inter-
action, or lack of interactive resources of these
new models and systems. It’s so distant and dis-
embodied”

Thde |28] describes an embodied technology as transpar-
ent, in a sense that such a technology does not draw atten-
tion to itself but to the world it gives access through it. The
ability to expressively shape a musical performance, when
mediated by technology, implies real-time interaction capa-
bilities between the musician and sound objects [23]. In the
context of ML, this may mean the use of simple, lightweight
algorithms. As P4 puts it:

“A very simple regression model suddenly becomes
very musical, very powerful and satisfies for me
because what was interesting was the continuous
interaction and the ability to train on the fly.
And so these algorithms are light enough, you
can literally use them live on stage.”

The “liveliness and spontaneity” described by P4 does
not seem to have been achieved with the use of more com-
plex, higher-capacity, models such as deep learning meth-
ods, from the point of view of the practitioners. As P3 says
for example:

“I think, especially like this new, like deep learn-
ing, it’s still a kind of pain [...] to work with it
in real time. So it’s not that easy to make it in
as part of your daily practice.”

An embodied relation, that refers to an instrument as an
extension of the body, implies that the practitioners do not
focus on the instrument as a distinct object but rather on
the music itself [43]. To achieve that, practitioners seek to
better control the behavior of ML systems.

4.1.3 Sense making through interactive experience

The approach engaged by the practitioners when working
with ML systems is often by practicing it first. Practition-
ers’ backgrounds are diverse, such as HCI, music, philoso-
phy, computer science, but rarely ML. So they develop sense
making through experiencing the technology, as explained
P5 through the analogy with street musicians:

“We are like street musicians, I would say. You
know, we do not really have any training. We
just learn, I mean, we just actually really explore
the technology and we just dive in. [...] But we
have this intention to, try to learn as much as
that could be useful for us to do what we want to
do. So street musician once more. You learn on
the streets.

Therefore, the usefulness of technology necessarily in-
volves experimenting with it and not necessarily anticipat-
ing what could make sense for them. P1 explicitly describe
this sense making by practice in their words:

“There’s so many things that we can do, but
to really make something interesting and useful,
that has to be done. We have to do it. We can-
not just sit and philosophize about it, I think.”

Experimentation sometimes involves the difficulty of un-
derstanding or predicting the behavior of a complex ML
model in use, which is sometimes well-received because it
can trigger creative processes as explained P1: “And they
start to suddenly become very creative. And then you start
to get forms and playing with the sound that you put in,
your guitar sound, your expression, but it goes in directions
that are very surprising.”. P6 uses the term of serendipity
to describe this unplanned and sort of autonomous process
:“There’s lots of kind of serendipity, really interesting things
happening, it seemed like they had a life of their own.”.

Sense making is also important for practitioners to pro-
vide to the listeners or the audience an artistic creation
that is meaningful for them, as having a relation between
what you see and what you hear, as explained P3: “So when
we see a mechanical machine, we can see that certain things
turning, making sounds, so we can kind of make sense of the
process. But when there’s a software that generate things,
it’s very hard to make sense.”. P3 goes further by argu-
ing that this lack of sense-making can generate a form of
reluctance:

“ But then when you start using a more gener-
ative or agent-based processes, when you’re not
able to make that sense directly, then I realize
that some critics can arise.”

4.2 Community level

This section explores how the interviewees see ML at the
community level, especially they express their opinions about
the way ML is received and what critical and political re-
flections it provokes.

4.2.1 Tension between enthusiasm and skepticism

It is part of the culture of NIME to explore new technologies
to redefine what it means to make music:

“You can see every two or three years some new
technology emerges and you get a lot of new projects
around that technology in NIME. [...] I don’t
want to use the word fashion because it has neg-
ative connotations. It’s more like curiosity of
what is this new technology? What people are
thinking? What can it do for me? Let’s try.
Let’s explore it.” (P1)

However, the use of ML techniques can raise concerns as
they are now used in many fields and application areas, with
sometimes dramatic societal impacts when they lead to dis-
crimination of minorities or marginalised communities, or
to mass surveillance. It is therefore by default full of mean-
ing, as said P2 :“ people have a lot of opinions, even if they
don’t use it. And some very strong opinions and some peo-
ple don’t, of course, they really care. But I think most people
are thinking about it.” Specifically to the NIME community,
one of the criticisms is the use of the ML as an agent with
some autonomy that can be interacted with musically: “The
more the traditional art musicianship is more careful about
the ownership of the music, of the product. [...] And I think
tend to be a little careful about not sharing the ownership
with other entities like AI or something.” (P3).



The black-box effect when practitioners start working with
larger models pushes them to try to introduce more trans-
parency and explainability into the decisions made and the
musical interactions. This is a difficult process to conduct
and sometimes criticise when applied to the subjective pro-
cess of musical expression:

“I'm also using explainability. But when I ex-
plain these things to other people, they also get
mad. The word explainability is like, you know,
no, there’s nothing can be explainable. They say
that it’s kind of like subjective, that yeah, it is
subjective. That’s true. But more at least we
are aiming to make these things to be more con-
trollable, but more interpretable by human musi-
cians, so that they could understand or have an
idea how these systems response.” (P5).

4.2.2 Critical perspectives

The community has always been keen to reflect on its own
practices in terms of methodology and practice. But it is
only in the last few years that political issues have been
addressed. Workshops have been held, for example, on ac-
cessibility and gender inequality. The community has de-
veloped a strong ethical policy. However, it was noted that
issues specifically related to ML tools are rarely made ex-
plicit. For example P1 specifies:

“NIME has got an ethics committee, I'm not sure

if they have anything specific about machine learn-
ing and their ethics policy, I think it would be a

useful thing to do, but it also depends how much

machine learning is part of NIME, I wouldn’t say

it’s the dominant force at the moment, it proba-

bly will become more dominant.”

That being said, one of the first areas of criticism re-
garding the use of ML tools is energy consumption. In-
deed, recent models developed for the general public such
as GPT-3, ChatGPT or Stable Diffusion have shown that
they are capable of consuming an extremely large amount of
energy to operate. This issue also needs to be addressed in
the NIME community in terms of how models are designed,
trained and then used: “There is a more general discussion
about environmental impact of technology, or this technology
for marginalized people, or people that don’t have. And of
course, AI and machine learning are inevitable, you know,
and probably most critical. It’s not really frugal.” as ex-
pressed P3. Moreover, P7 refocuses the question around
the usefulness of these tools, and what purposes they are
used for: “Does it make sense in terms of resources, is it a
good use of resources at present to make music ?”.

As already pointed by P3 above, ML techniques raise
also the issue of unequal access to technologies. For some
years there has been a discourse that ML techniques, by
automating tasks, would make certain applications more
accessible because systems could be more customisable to
users’ specifications. Now this discourse has been widely
criticised, notably on accessibility but not only. P7 discuss
this issues related to the inequality of access:

“There’s a bit of an idea that finally we’re de-
veloping some sort of tools that could be ways of
bringing in musical or listening practices, in a
broader way. But perhaps we’re still recreating
an unequal system in relation to the people who
really have access to it. It’s rather at this level
that I think the questions lie.”

As a matter of fact, the resources needed to train latest
advances in ML research are beyond reach. P6 raised this
issue by saying: “So we’ve got a lot of kind of big style, deep
learning stuff going on at the moment, which is really won-
derful. But it’s also completely inaccessible for artists and
people without GPU farms.”. This trend raises questions
about the interest of using ML techniques for some projects
specific to the NIME community: “Would simpler systems
without machine learning would allow a better appropriation
to a wider audience, that’s more of a question.” (PT).

S. DISCUSSION

We propose to discuss the objective of researchers to break
out of the norms imposed by the technologies and focus on
the conflicting adoption of ML in the community.

5.1 Resisting normative technology

NIME practitioners have elicited ways they engage with
datasets involved in training ML models. Certain artists
and researchers may prefer to work on personal small data
that they can curate, in order to shape the behaviour of the
model on stage. Others may prefer to train high-capacity
models with aggregated data from their own archives. Au-
thoring is a fundamental element of their practice and au-
thoring stems from the need to avoid norms induced by the
technology. These norms conveyed by pre-trained models
do not come from the technology itself, as technology as an
isolated entity has no reality, but from the various cultural
and political human decisions that led to the final artefact
(the model). It seems that NIME practitioners resist this
and find their way through hacking and misuages. This ap-
proach was also taken by the artists using Al in visual arts
in the early days of Deep Learning [12], where the use of
this technology in an artistic context fell within the hacking
and crafting practices of ML as design material.

Through the practice of hacking and misusages, NIME
practitioners seem also to be free from a technological de-
terminism dictated by ML. This norm tends to be hijacked
by NIME practitioners, avoiding a techno-solutionist ten-
dency which wants that to a given problem, the answer
must be technological. However, this perspective is rarely
made explicit in their research writings, while it has a strong
political implication that is consistent with recent work in
the community [37]. NIME practitioners put the emphasis
on the interaction and the musical experience rather than
the technique used. In other words, the epistemology of
NIME does not stricly align with the one promoted in ML
research. There is therefore an interesting tension between
the use of technology that is by design normative and statis-
tical, and artistic and research needs that can be subjective
and open-ended.

5.2 Machine learning is political

We reported that there was a tension in the NIME com-
munity between, on the one hand, enthusiasm and curiosity
about a new technology and, on the other hand, scepticism
related to the socio-political forces underlying the technol-
ogy. Machine learning is a transformative technology that
can provide the community with ways to explore new forms
of sound expression and artistic creation. At the same time,
this technology has shown its downsides, in terms of the
inequalities it can create, and its growing ecological foot-
print [30]. Thus, beyond the fact that the technology is not
neutral, its use is not neutral either.

The problem of developing a complex ML system is re-



lated to the black box effect which implies that potential
biases, included in the system, are not necessarily explicit
and visible. For example, if a population category is not rep-
resented when building or reusing datasets, the behaviour of
the model will be affected. The development of more trans-
parent and documented systems makes it possible to make
explicit the researcher’s responsibility for the choices made
in training an ML system with specific datasets. Although
the consequences may seem less serious in music than in
critical applications such as health or justice, it is an is-
sue that is present in the NIME community, highlighting
its underlying ethics. NIME members have actively begun
to unpack and address some of these issues and tensions
through a workshop started in 2020 [34].

Finally, previous works in Science and Technology Stud-
ies (STS) and cultural studies have demonstrated that tech-
nologies are inherently value-laden, and these values are en-
coded in technological artifacts (see for instance |5 [40]).
These values have been criticized within the ML community,
pointing out, for example, how these technologies, originally
situated in Western socio-economic and socio-political con-
texts, could reproduce colonial power relations |36} [6]. Eth-
ical principles and values that guide thinking in Western
culture can be challenged or reinterpreted, especially in the
way ML is used for music. In this perspective, Huang et
al. [27] propose to illuminate ML practices with different
East Asian philosophical traditions to decentralise the de-
bate from Western philosophical thinking and advocate for
ethical pluralism in the field of AI applied to music. In a
complementary way, some authors from the NIME commu-
nity have noted the importance of a pluralism of perspec-
tives beyond Western thought [2].

5.3 Limitations

Our study has limitations that may open up opportunities
for further research. Firstly, we have intentionally selected
interviewees who chose to integrate ML in their practice, bi-
asing the discussion on more critical views on this technol-
ogy. It therefore deprives us of the discourse of the majority
of NIME researchers that do not use ML, and maybe some
of them that intentionally chose to not use it for explicit
reasons. We are also conscious that gender equality is not
respected between the seven interviewees due to deferred
interviews that could not be included in this study, biasing
also the topics covered in the analysis. This contribution is
therefore a first attempt to analyse the cultural underpin-
nings of ML in NIMEs and should therefore be extended to
other interviewees for a better representation of practices
and cultures.

6. ETHICAL STATEMENTS

Before conducting the interviews, we sought ethical clear-
ance from the Research Ethics Committee of Sorbonne Uni-
versity. The committee considered the methods, recruit-
ment strategies and treatment of personal data. A consent
sheet was signed by each interviewee, including the informa-
tion about the project and the data processing. It was also
specified to the interviewees that they could withdraw from
the project at any point in time. All personal information is
kept safely and anonymously. As a preliminary inquiry, this
paper analyzes a first series of interviews presented in this
paper that does not fully respect gender equality. The paper
also does not claim universality in terms of demographic and
socio-cultural representation as the interviewees are either
researchers or artists working in Western research centers.

7. CONCLUSION

Through this contribution, we sought to better understand
the culture and research practices in the NIME commu-
nity that feature ML technologies. Our results show, at the
level of the individual, a subjective engagement, resistant
to the normative constraints of the technology and seeking
to make sense of the technology through interaction. Fur-
thermore, our findings suggest that at the community level,
the adoption of ML is not a given. This technology is di-
vided between enthusiasm and skepticism, which leads to
the question of the socio-political implications of its use in
music making. This article therefore contributes to a crit-
ical study of the field with a focus on ML. In this way, it
contributes to the emerging work on the cultural, social and
political aspects of our research practice at the interface be-
tween art and technology.
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