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la diffusion de documents scientifiques de niveau recherche, publiés ou non, émanant des établissements d'enseignement et de recherche français ou étrangers, des laboratoires publics ou privés.

Experimental setting

• 4-fold Cross Validation (train on 3/4, test on 1/4, average)

• Optimize Area Under the Curve AUC) @ 1000 Find argmin 

{F(h) = rang(x i ), x i ∈ S train, rang(x i ) < 1, 000} • Performance indicator: recall @k rang(x i ), x i ∈ S test, rang(x i ) < k}

  Seeded Influencer Ranking Marco Bressan and Philippe Caillou and Cyril Furtlehner and Michèle Sebag and Fabien Barzic Goal Input: Given a social network (graph structure and message contents), expert labels a handful of persons (social nodes) as influencers Output: Learn An influence score and use it to retrieve other influencers. Social network: set S of persons, tweets (graph and contents), blogs, articles... Require: Seed Influencers: I ⊂ S 1: Build representation IR d : words of I -people, graph-based features, social-based features 2: Map each person x onto IR d 3: Find h : IR d → IR s.t.

	The SIR Algorithm
	Require:

h(x, x ∈ I ) >> h(x, x ∈ I ) 4: Use h as influence score 5: Return the top-k individuals according to h 6: Validation: rank of (hidden) test influencers Claim • Influencer identification is a supervised learning problem • from a social network, popularity and content-based feeatures

  Recall @10 . . . 10, 000 for PR, HR and High-Tech domains Recall sensitity w.r.t. feature categoryDiscussion• Supervised influencer identification is successfully validated • Model stability over folds for a single domain • Different models for different domains: no syntactic influence score.
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