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Hatemeter' is a European project funded under the Rights, Equality and Citizenship Programme. The project aims to document, analyse and prevent hate speech on social media. It brings together researchers from several disciplines as well as NGOs in each of the three partner countries: Italy, France and Great Britain. Initially the researchers' efforts focused specifically on anti-Muslim hate speech on Twitter. Following the recommendations of NGOs active on the field, the Hatemeter Platform was developed. It allows the automatic collection of large amounts of data on social media. Thanks to it, a user can: identify potential hate messages in real time, visualize the data collected through different types of graphs, and receive suggestions for counternarratives writing. Used by Social Science researchers, it has proven to be an effective tool for exploring large amounts of data, identifying trends and then supporting more qualitative analytical approaches. For NGOs, it facilitates social media monitoring, stimulates and accelerates the training of operators who produce counter-narratives to fight hate speech.

(REC Action Grant, project reference: 764583). The present article is part of the dissemination phase of the project and aims to share the approach we followed and some of the results of the project. This article is an extended and improved version of the one presented at the TWSDetection-2020 workshop [START_REF] Laurent | Hatemeter Project: Analysis of hate speech on twitter at the crossroads of computer science, humanities and social sciences[END_REF]. The project ran for two years, from March 2018 to February 2020, with the main objective of creating an ICT tool (the Hatemeter Platform) to automatically collect data from social media, produce graphs to analyze this data and help users write counternarratives to the hate speech they encounter. To this end, the University of Trento, Italy, coordinating the project, the Capitole University of Toulouse, France, and the Teeside University, UK, brought together researchers in criminology, social sciences, law and linguistics. The Bruno Kessler Foundation (FBK), a research institute in Trento, was responsible for developing the Platform thanks to a team of NLP (Natural Language Processing) researchers.

The team's efforts have focused on the specific case of anti-Muslim hatred and exchanges on the social media Twitter. However, the project defined itself from the outset as a proposal for a methodology to analyze Internet discourse and is intended to evolve extending its activities to other hate speech (homophobia, anti-Semitism, etc.), in other EU countries and other social media (a YouTube video monitoring module was already added). This work is therefore either to be prolonged, within a research group called 'Hatemeter Lab', or to be replicated/improved by other research teams.

Steps of the project

The project can be divided into three main phases, over the first 6 months, each team studied the specific context of its country. This study included a state of the art of scientific literature, identification of the laws related to the subject and qualitative interviews with on the ground actors, engaged in the fight against discrimination and hate speech against Muslim. This step ended by writing advices and suggestions on the features of the Hatemeter Platform, in addition to its initial specifications.

Then, the development phase of the Platform was initiated and lasted about a year, including testing sessions with the NGOs partners in the three countries involved in the project. The main test phases took place at the end of January and in mid-June 2019, in each NGO's facilities, with operators and volunteers. After testing the tool, this operators and volunteers filled in reflexive evaluation survey to highlight the platform's strengths and weaknesses in terms of design, usability and efficiency, in order to guide developers to improve it. Criminologists and sociologists also provided feedback to the development team as new functionalities were added.

Finally, as a last step, each partner was able to use the platform to carry out its own analyses, with the main objective of producing counter-narratives, for NGOs, and understanding the construction and dynamics of hate speech for researchers. All results, the final report [START_REF]Hatemeter Project Homepage[END_REF], as well as intermediate reports and details on the Platform development can be found on the project website [START_REF] Di Nicola | HATEMETER: Hate speech tool for monitoring, analysing and tackling Anti-Muslim hatred online[END_REF].

Context of study

Specific History

We will briefly present the differences in the context and results of the project in the three countries involved and we will pay particular attention to the case of France.

Anti-Muslim discourses in Italy are very strongly associated with anti-migrant discourses as the country is experiencing the biggest migratory crisis in its recent history. Indeed, Italy occupies a crucial place on the road to the EU for populations coming from both Africa and the Middle East. Moreover, unlike other European countries that have had a Muslim population for several decades, the issues raised by the cohabitation between religions are relatively new in Italy [START_REF] Sciortino | Islamofobia all'italiana[END_REF] [START_REF] Serdar | Islamophobia in Western Europe: A Comparative, Multilevel Study[END_REF]. The concerns raised by both the humanitarian crisis and recent terrorist attacks in Europe are omnipresent in political discourse and the social media. This context facilitates the development of hate speech (xenophobia, anti-Muslim hatred, anti-Semitism, racism, etc.) [START_REF] Bortone | L'hate speech al tempo di Internet[END_REF].

The UK and France, for their part, share a colonial history which has led to greater ethnic and religious mixing, for decades, but which has sometimes given rise to contentious opposing these different populations. Both countries have also suffered directly and repeatedly from terrorist attacks perpetrated by extremists in recent years. This can also fuel discourse of mistrust towards Muslim citizens in general. However, differences in societal models (multiculturalism in the UK and secularism in France), policies, laws and history make the two grounds quite different, as we will see in the discourse analyses conducted with the Hatemeter Platform.

Previous research has shown that UK far right-wing groups (such as the English Defence League and Britain First) have quickly appropriated social media to develop systematic discourse to incite hatred against the Muslim population [7] [START_REF] Awan | The affinity between online and offline anti-Muslim hate crime: Dynamics and impacts[END_REF]. In addition, online spaces are often used to extend speech out of the realm of what is acceptable in the mass media, as well as to mix private and public affairs, gradually blurring traditional boundaries [START_REF] Allen | Findings from a Pilot Study on Opposing Dudley Mosque Using Facebook Groups as Both Site and Method for Research[END_REF]. The field of acceptable discourse within the spectrum of freedom of expression, limited both sides by the discourse of extremist groups, is sometimes referred as 'Overton window' [START_REF] Szalek | Some praxiological reflections on the so-called Overton window of political possibilities, framing and related problems[END_REF]. In another research, Dematteo illustrate how some far-right French and Italian groups play a role in shifting this so-called Overton window on the social media, following the idea mentioned previously of re-formatting public opinion by blurring or moving the traditional boundaries [START_REF] Dematteo | Marine + Matteo: L'étreinte populiste[END_REF].

French law context

In France, several laws play a role in how we can deal with online hate speech. First, hate speech directed against any person based on their origin or religion is strictly prohibited, both in the case of direct physical or verbal attack and in the case of incitement to hatred, including using electronic devices. This is stated by the Law of 1881 on media freedom [START_REF]Law on 'liberté de la presse[END_REF] and reinforce by a decree of the Penal Code from 2005 [START_REF][END_REF] that specify that these discourses are also forbidden in a private space.

Then, the Law on the Separation of Church and State is often used as a justification for excluding or demanding the exclusion from the public space of any person wearing visible religious symbols. In the case of French Muslim citizens, it is veiled women who are regularly targeted, although this law does indeed concern institutions and not individual citizens, whose freedom of worship is affirmed by the same law [START_REF]Law on ' la séparation des Eglises et de l'Etat[END_REF]. The debates around the interpretation of this law create perpetual controversy between different political groups and sometimes feed the hate speech on social media.

Finally, the Law on ethnical statistics can be both a protection and an additional difficulty to study and understand hate speech. As it prevents to gather any statistics on religion or ethnicity, it ensures a blind and ethical treatment between citizens when processing computerized data on a large scale [START_REF]Ordonnance on 'statistiques éthniques[END_REF]. However, the lack of official government statistics is often used by groups stigmatizing Muslims to exaggerate their numbers in France and give credence to the thesis of a massive cultural replacement that would threaten traditional French values. Despite this law, UK polling institutes can still carry out surveys on the Muslim population in France and on the estimation of this population by French. According to their study, the estimated rate of Muslims in France in 2016 was 31% while the actual rate was only 7.5% [START_REF] Duffy | Perceptions are not reality: what the world gets wrong[END_REF]. In addition, while the Muslim population in France at the end of 2017 was estimated at 5.7 million individuals, some far right groups predicted a number of 20 million [START_REF] Banet | 20 millions de musulmans en France ? Ils sont environ 4 fois moins, selon les estimations les plus sérieuses[END_REF]. This illustrates the use of the lack of data to play on the fear of a clash of civilizations, theorized by some far right-wing activists.

In July 2019, a new law was debated by the National Assembly, which should make hosts responsible for the hate content published on their platform, including social networks and media (Twitter, YouTube, Facebook) [START_REF]Law on 'Lutte contre la haine sur internet[END_REF]. The legislative field is therefore currently undergoing a transformation around these issues of hate speech, particularly online. It should be noted that the term 'Islamophobia' originally used in the draft law has been replaced by 'anti-Muslim hatred', for fear that there might be confusion between a ban on incitement to hatred against individuals and a ban on criticism of religion itself, which would not be compatible with freedom of opinion [19]. This illustrates the terminological disagreement surrounding incitement to hatred, which is difficult to resolve: much discrimination is indeed on a blurred line between hatred of a person because of their religion, racism, and hatred of religion that extends to the people practicing it. On this point, recent research analyzing the evolution of political discourse in the assembly [START_REF] Tahata | Définir « les Français », une question de race ? Analyse des formes de racisation dans les débats parlementaires sur la nationalité et l'immigration (1981-2012)[END_REF], as well as the discourse of extremist groups online [START_REF] Froio | Race, Religion, or Culture? Framing Islam between Racism and Neo-Racism in the Online Network of the French Far Right[END_REF], shows a tendency in hate speech directed against "the other", designated as a common enemy of the nation, to abandon biological racial criteria and rely increasingly on cultural and religious criteria.

The implications of Twitter analysis

As any other communication channel, Twitter is a tool that has its limits and rules. A message conveyed on Twitter is therefore, at least, affected by the media and in some cases quite far from the author's thinking, in order to serve their objectives. If it is presented as a tool for sharing information and opinions, Twitter is above all based on a system where access to information depends on the profiles followed by its users. This results in a race for audience and provokes the implementation of communication strategies.

One important characteristic is the maximum size of a Tweet, limited to 280 characters. If many users use the "thread" technique (responding to themselves to increase the possible length of their speech), the mechanics of the media still encourages to write in a concise and punchy way in order to be relayed, and therefore read. Longhi has studied the relationship between the form and content of a message and its effectiveness (number of responses and retweets) [START_REF] Longhi | Tweets politiques: corrélation entre forme linguistique et information véhiculée[END_REF]. He concluded that this effectiveness seems to be directly related to the controversial nature of its content. Other researchers have studied the propagation in social media of verified news and fake news and have shown that fake news will both reach more people and spread faster [START_REF] Vosoughi | The spread of true and false news online[END_REF].

According to our observations, other strategies, such as systematically responding to much more followed profiles by expressing an opposite opinion or exaggerating one's opinion, are widely used to increase one's visibility/number of followers. Finally, the use of subtle and understated discourse, or irony, knowing that the audience will understand the true intentions of the message, is used recurrently in the networks we observed and is a challenge both for automatic analysis and for human analysis, if they are unfamiliar with the community and the subject in question.

Hatemeter Platform

Interviews and preliminary observation

Before developing the platform, each research team conducted in-depth interviews with on the field actors in the three countries involved. These interviews allowed us to identify groups that produce anti-Muslim hate speech as well as the hashtags and keywords they use. In France, interviews and observations allowed us to identify two main forms of anti-Muslim hatred: first, impersonal discourse based on negative stereotypes associated mainly with North Africans descent and culture; secondly, cyber-harassment campaigns that target specific individuals, having appeared in the media as Muslim personalities. The main objective of such campaigns is to silence Muslim citizen and force them out of the public/media sphere. Generally, harassment follows a recurring pattern: a visible religious sign or reference appeared in a media. This sign is associated with a willingness of its bearer to proselytize and immediately seen as an indication of belonging to extremist movements. Finally, the person is quickly seen as an accomplice or sympathizer of terrorist groups. After being identified as a threat by a group of harassers, the victims can be pursued relentlessly, receiving private messages or numerous negatives comments under each of their Tweets. The private messages can go from insults to death threat. Some of the interviewees were exposed to such threat or/and have had their addresses or private photos revealed on harassers group pages. Figure 1 is an example of a message published on Twitter that illustrates the first type of process mentioned above. The text says that the strikes in the Paris metro in December 2019 are due to the fact that the employees are Muslims, that they despise Christmas and consider people as farm animals. Figure 2 is an example of the second type of process, in this case a cyber-harassment campaign conducted against employees of the Decathlon sports store, after it was announced that it would be selling a "hijab running", a veil for Muslim women suitable for running. In this private message, the employees are accused of complicity in a Muslim invasion, for the purpose of getting rich, and are threatened to be exterminated in crematoriums.

Interviews conducted in the three countries with associations working in the field reveal the absence of an automatic collection tool that would make it easier to identify both viral content and day-by-day posts inciting hatred against Muslims. In every country, interviewees note an increase in hate speech on social media and a difficulty in reporting it either to hosting platforms or to the justice system, as it is already the case for offline hate crimes. The NGOs interviewed being involved both online and offline in the field underline a continuity of hate speech between the two spaces, one of which can be reinforced by the other, with online events continuing with aggression and vice versa. The challenge for these associations is to respond to negative stereotypes and hatred rather than ignore them, to prevent these ideas from continuing to spread easily.

Platform Features

The Hatemeter Platform is a tool that serves three main purposes: to collect data on Twitter, stored in a database, to provide tools to its users in order to visualize this data, and to provide counter narratives to online hate speech. The platform has been developed by the FBK team, including Sara Tonelli and Marco Guerini (see [START_REF]Hatemeter Project Homepage[END_REF]).

The Platform collects data on Twitter and YouTube. For Twitter a list of hashtags/ keywords often used by hate groups is used, but also some more "neutral" hashtags that simply talk about anti-Muslim hatred (such as "Islamophobia"). In each language, all Tweets displaying the targeted hashtags and keywords are collected daily, along with metadata such as user, date, number of retweetings, number of responses, etc. All this information is then reused by the platform to create graphs allowing the user to analyze the discourse and the networks behind this discourse. These graphs also allow diachronic or synchronic comparisons. All features have been programmed to be as much as possible language-independent, available in Italian, French and English, they could easily be reused for additional languages.

The following Table 1 was elaborated by the FBK team, it summarizes the number of each kind of elements extracted from social media to build the Hatemeter database. The Platform includes five features applied on Twitter. Recent trends gives access to a list of all Tweets of the last 24 hours for a selected hashtag or keyword. This feature does not use the database but retrieves live messages from Twitter. The platform displays all tweets in a tab on the right side of the screen and also calculates a hashtags co-occurrence graph from the one chosen as the central node.

The Hashtags trends feature shows similar results, but based on the database. Messages that are no longer viewable on Twitter are therefore used to construct the co-occurrence graph for a hashtag/keyword and a period of interest. It is completed by day by day statistic and display of the most retweeted messages displaying this same hashtag (see Figure 3). The co-occurrence graph can be moved or zoomed and the nodes display the names of the hashtags they represent.

The Hate speakers feature looks exactly the same, choosing a hashtag/keyword for the desired 10-day period. The only difference is that the statistics and co-occurrence graph are for specific users rather than hashtags/keywords. This feature allows, on the one hand, to identify networks of people interacting and possibly specific groups holding a discourse on recurring themes. On the other hand, it allows to have statistics on the number of retweets around an individual and thus to discern the real influencers of those who follow them. This is also useful for estimating the audience of certain speeches, by coupling this data with a diachronic analysis, which can be carried out by keeping the same hashtags/keywords and changing the period of time observed. The Counter-narratives function allows the user to enter a hate message, either by typing it on the keyboard or by selecting it directly from one of the other features of the platform. The user is then presented with a list of four possible responses, from which they can choose, or decide to edit one. In this case, it can be saved in the database. It is this function of the platform that provides concrete assistance to operators in the prevention of hate speech. By providing standard counter-narratives messages the platform can guide users who want to intervene, when they discover incitement to hatred posts on social media, but do not know how to respond.

The database contains counter-narratives initially written by the operators of the three NGO partners in the project, based on stereotypical samples of hate speech. The platform associates each new hate message with one of its initial stereotypical messages, thanks to a similarity calculation based on the tf-idf formula, and can thus suggest the most relevant answers possible among those available. When the user is satisfied with their counter-narrative, they can copy/paste it to post it with their Twitter account (the Platform never publish something by itself).

Finally, the Alerts feature allows the user to view the number of Tweets with a selected hashtag/keyword, day by day, over the entire period of time it was present in the list monitored by the platform. Figure 4 is a view of this feature.

First results

Italy and the UK

Thanks to the Platform, Italian researchers identified three main themes generating anti-Muslim hate speech on Twitter. Firstly, tweets following terrorist attacks, secondly exchanges around the fear of foreigners and finally, concerns about the migration crisis, the latter two themes can be mixed together to give rise to the fear of being invaded. The recurring vocabulary of their corpus of analysis was classified into three categories: 'Us vs them', 'Dehumanising adjectives' ('parasitic', 'shit'...) and 'Social Threat' ('terrorist', 'invasion'...). According to Amnesty International Italy, which was our NGO partner in Italy, the analysis ran with the platform confirmed that politicians, even if they use a moderate tone in their Tweets contribute to a large part of the production of discriminatory content (one in five tweets).

For the English team, the main themes identified through the tool are: Muslims seen as invaders, Muslims seen as pedophiles or sexual exploiters, Islam seen as evil or as an ideological cult rather than a religion. They also find many uses of degrading adjectives or dehumanizing nouns to refer to Muslims. It should be noted that they also found traces of numerous counter-narratives, including ironic counter-narratives.

Finally, with regard to the English NGO involved in the project, Stop Hate UK, they reported many positive points about the use of the platform. According to them, using it well requires training, but it makes it easy to spot illegal content and hate groups on Twitter. Some operators have used the platform to report content or enter into discussions with users by offering counter narratives. The counter narratives tool makes it easier and faster to write counter speech, and it has been proven an excellent tool for training new operators.

France

The main themes in anti-Muslim hate speech, identified through the platform in France, are: Muslims seen as a threat associated with terrorist attacks, Muslims seen as a cultural invader who wants to impose their norms, and Muslims as delinquents. Regarding the second theme, it often takes two forms: the customs of Muslims, especially the wearing of the veil by women, are perceived as an attack on secularism, and Muslim organizations are perceived as politicized and extremist.

Seeing the potential of the platform as a tool to support qualitative analysis, we have determined a step-by-step methodology to make the best use of the platform's functionalities. Starting with a large-scale analysis of a Hashtag, with the 'Alert' feature and then determine how it is used, how often it is used, what audience it reaches, the user networks and finally, find examples of use for each Hashtag. It is even possible to understand better the group of interest by tracking back actual Twitter accounts.

On the figure 4, the alert function has been used on the hashtag 'Islamophobia'. It has made it possible to identify a number of events that are either the source of anti-Muslim discourse or, on the contrary, denounce anti-Muslim acts. Using then the Hashtags trends function, we were able to identify that the most important peak corresponds to the Christchurch attacks in New Zealand. The co-occurrence graph then allowed us to identify a hashtag often used in reaction to these attacks: '#grandremplacement'. Indeed, the terrorist who carried out these attacks had referred to the theory of the great replacement to justify them. As this theory was first formulated by a French extreme rightwing writer, this information provoked a huge reaction from both Muslim defenders and hate propagators in France.

Figure 5 shows the user co-occurrence network for #grandremplacement for a time-span showing a lot of exchanges, which we had identified earlier through the 'Alert' function. This network is very dense and shows communities organized around influencers, influencers relayed by scattered individuals and other isolated individuals. We can see two main influencers for the communities in brown (top right) and white (bottom right) and four influencers for the community in green. Going into detail, these communities represent different far right-wing groups, with slightly different ideology and themes. Interestingly, the user identified with the most connection (information we can have thanks to the table on the right) is none of the nodes salient on the graph, since he has been relayed by people from various political and ideological backgrounds, not linked to each other (we have blurred user names).

A qualitative analysis, done by looking at user profiles and their use of the hashtag #grandremplacement shows that it is used on a daily basis, relayed by a few dozen to a few hundred users per day. In addition, it is applied to various subjects that are not necessarily events on a national scale, always with the aim of denouncing an invasion, often by Muslims, which would be organized and harmful for 'native' European populations. Figure 6 gives two concrete examples of this hashtag use to manipulate information, following a near-conspiracy logic, to prove the harms of foreign cultures, while pretending to present only 'facts'. The Tweet on the left relays statistics concerning violence against women in France, and comments by saying that the 'Islamization' of society causes France to lose its women's right and other historical values. The Tweet on the right mentions the destruction of Middle Ages' bridge, in Belgium, in order to get bigger boats across the river. The user comments that it happens because the 'new' Belgians, from the 'great replacement', have no respect for historical heritage.

Pros and cons of the Platform

It is difficult to capture real hate speech through the search for keywords or hashtags because Twitter users do not want to be legally concerned and they are trying to avoid any obvious hate words. They will often resort to a subtle and sophisticated speech. Their tweets can hide behind the right to free speech to express some hateful views. They also can claim that they state a 'fact' to better give their opinion.

However, there is still a phenomenon well captured with our methodology: we can identify all the tweets that looks like an innocent content but are using a hashtag that specify their membership to a certain ideological group. Usually, this type of tweets makes not much sense unless we can understand what the hashtag referred to. Our methodology also allows us to regularly discover new hashtags thanks to our co-occurrence hashtag view. Then, we can expand our keywords/ hashtags list of collection. In general, the tone of a tweet is also difficult to determine, sometimes a Muslim defender will use a hashtag usually reserved for hate propagators in an ironic way and sometimes it will be the opposite. It is therefore interesting to collect a wide range of tweets in an automated manner, but never to abandon qualitative analysis to assess the real nature of the speeches.

In addition, in order to measure NGO operators' satisfaction with the platform, we asked them to rate 26 items using a satisfaction scale ranging from -3 to +3. These questions were grouped into categories: Attractiveness (is the design good?) Perspicuity (is it easy to use?), Efficiency (does it help to monitor hate speech?), Dependability (does the user feel in control of the tool?), Stimulation and Novelty. Statistical analysis of the results showed that one aspect was rated below average (Dependability), while the others were rated good to excellent (Stimulation and Novelty). This shows that a fairly simple tool focused on social media monitoring, visual representations and suggested responses, can be seen as new and stimulating for NGO operators who without a tool can be overwhelmed by the amount of hateful content and discouraged by the feeling of not having the means to respond. However, the poor assessment of dependability also shows that it is necessary both to train operators in the use of the tools provided to them, but also that the platform is not yet flexible enough in terms of user control over the content analyzed.

Discussion and perspectives

Although the project does not introduce major technological or theoretical innovations, its originality and interest lies in the multidisciplinary nature of the research teams, the cooperation with on the field NGOs to develop credible and applicable tools, and the international collaboration that makes it possible to highlight common needs as well as differences between European countries. The project also uncovers many questions inviting further research. It should be note that certain very recurrent themes are specific to a country, such as the theme of women veiled for France and that of Muslims portrayed as pedophiles in the UK. One hypothesis is that the stereotypes associated with the Muslim in each country are linked to historical events, origins of these populations and intra-national events. In our example, the prototypical Muslim populations in France are of North African origin, while the usual English stereotypes refer to Pakistani populations. Finally, the reference to pedophilia is due to cases of pedophile networks involving Pakistanis in England, while these cases had little echo in France. The methodology proposed by the Hatemeter project could be applied to other analytical work on other types of online hate speech. With the Platform system, interactions between qualitative researchers and developers must be frequent to keep the hashtags/ keywords in the database up to date. We could imagine automatic proposals made by the platform to update these lists, based on new hashtags appearing in the co-occurrence graphs of hashtags/keywords already monitored. The greatest research effort still needs to be made on the counter narratives. The idea of having them written by NGOs operators was good but limited: they must be trained, they must be able to step back on the subject to adopt the best reactions and they must have a minimal understanding of the haters and their background in order to communicate with their Twitter followers. However, some of the participants in the creation of the counter-narratives database were emotionally very involved in hate speech, and responses were produced that could reinforce the polarizing effect of online discussions, while not hindering hate. We have therefore filtered out the proposed counter-narratives by tagging messages (too emotional, too religious, etc) to limit this problem. Indeed, we assume that counternarratives are more directed at third parties than at influencers themselves, as they will be difficult to shake up in their ideology.

One of the interesting possibilities of this platform feature is the supervised machine learning that can take place when counter narratives are edited and saved in the database by a user. The platform makes it possible to retain both this modification and the hate message to which it had to respond. Then, thus improve the accuracy of the counter narratives suggestion tool as it goes along. However, an evaluation should be carried out on the counter narratives in order to take advantage of this functionality. The following ideas could be the subject of an effectiveness measure:

• The provision of graphics, or links to articles, that can be used to dismantle fake news or prove false stereotypes • The use of humor to demonstrate absurd reasoning • The use of positive narratives about success stories or the normal daily lives of those targeted by hate speech • Make reference to the similarity between the family histories of those targeted by hate and those of haters Recent work on countering fake news about science on social media suggests that two simple strategies for getting individuals to reconsider their point of view have a positive effect: reestablishing facts in the face of preconceived ideas and dismantling the rhetorical arguments of influencers [START_REF] Schmid | Effective strategies for rebutting science denialism in public discussions[END_REF]. It remains to be seen whether these methods may extend to stereotypes about populations rather than scientific findings.

In addition to these points, the platform is already, as it is currently presented, an interesting tool for the training of new NGOs operators and, although it has not been created for this purpose, a very interesting tool for Social Science researchers without computer science knowledge, to support and facilitate qualitative analyses of social media discourses.
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 1 Figure 1 A tweet, before being deleted, that illustrates stereotypical-based hate speech.
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 2 Figure 2 : Screenshot of a private message received by Decathlon employees, which have been shared on Twitter, that illustrates death threat associated to a so-called complicity with an Islamist invasion.
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 3 Figure 3: Screenshot of Hatemeter Platform, Hashtag trends for #remigration on the 07 September of 2019.
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 1 Figure 1 : Screenshot of Hatemeter Platform, 'Alerts' function applied on #Islamophobie.
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 2 Figure 2 : Screenshot of Hatemeter Platform, 'Hate speakers' function applied on #Grandremplacement.
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 3 Figure 3 : Screenshot of Twitter, two tweets that illustrate how the #grandremplacement hashtag is used to convince other users that Muslims are a threat to European civilization.

Table 1 .

 1 Number of social media posts in the database by type and language(11/2019) 

		Tweets	Replies	Retweets	N. of unique	YouTube	YouTube
					users	videos	comments
	French	159,822	272,847	1,222,710	261,039	782	101,982
	English	132,402	111,477	1,023,743	520,507	497	37,180
	Italian	33,736	28,362	179,834	47,816	611	32,655

The Hatemeter Project, subtitled 'Hate speech tool for monitoring, analysing and tackling Anti-Muslim hatred online' is a project with a The project was funded thank to the European Commission within the framework of the Rights, Equality and Citizenship Programme