Abderrahmane Jahmane 
email: a.jahmane@ipag.fr
  
Brahim 
  
Brahim Gaies 
email: b.gaies@ipag.fr
  
  
  
  
  
financial performance: Linear, non-linear and spillover effects -The case of the CAC 40 companies

Keywords: financial instability, corporate social responsibility, corporate financial performance, endogeneity, generalized method of moments (GMM) JEL: G30, G34, F41, C02

niveau recherche, publiés ou non, émanant des établissements d'enseignement et de recherche français ou étrangers, des laboratoires publics ou privés.

Introduction

In recent decades, we have moved from a financial representation of corporate performance to more comprehensive concepts including environmental, governmental and social dimensions (e.g. [START_REF] Cumby | Non-financial performance measures in the Canadian biotechnology industry[END_REF][START_REF] Said | An empirical investigation of the performance consequences of nonfinancial measures[END_REF][START_REF] Gomes | An examination of manufacturing organizations' performance evaluation: Analysis, implications and a framework for future research[END_REF][START_REF] Bruna | Conducting a Diversity Policy as a Management Change Agent: A Key Issue to an Organisation's Performance[END_REF]. As a result, the involvement of companies in a CSR process should not only increase shareholder value, but also indicate in a preventive manner the risks faced by the company, which makes it possible to better manage them (e.g. [START_REF] Cazal | RSE et parties prenantes : une entreprise contractuelle et universelle ? VIIIème Université de printemps de l'audit social[END_REF][START_REF] Jahmane | La fidélisation des parties prenantes centrales (Actionnaires et Personnels) et leur impact sur la performance financière de l'entreprise[END_REF][START_REF] Brown | CSR and stakeholder theory: A tale of Adam Smith[END_REF]. In this sense, [START_REF] Hohnen | Corporate Social Responsibility. An implementation guide for business[END_REF] and [START_REF] Simionescu | Corporate social responsibility and financial crisis[END_REF] argue that companies with a high level of CSR are able to anticipate changes in their socio-cultural, economic, political-legal and ecological macro-environment because they are "ear to the ground". This is the case not only for male but also for female directors [START_REF] Bruna | Women directors and CSR: Evidence from corporate social disclosure of french companies. Corporate Social Responsibility and Human Resource Management: A Diversity Perspective[END_REF][START_REF] Manita | Board gender diversity and ESG disclosure: Evidence from the USA[END_REF]. Therefore, it must be assumed that CSR should mitigate the negative impact of macroeconomic instability on the financial performance of the companies involved in this process.

As an emblematic figure of contemporary macroeconomic instability, financial instability, and mainly the banking crisis, which threatens the financial performance of companies, in this case those listed on the stock exchange [START_REF] Gaies | Globalisation financière et croissance dans les pays en développement: mise en évidence des effets sur l'instabilité financière et l'instabilité monétaire[END_REF]Gaies et al. 2019a). The social and ethical irresponsibility of companies and the lack of institutional regulation are identified as the main factors of this chronic disease of the current capitalist system [START_REF] Gaies | Banking crises in developing countries-What crucial role of exchange rate stability and external liabilities?[END_REF]. On this basis, it is a matter of interest to control whether CSR is a mitigating factor for the negative effects of banking crises on the CFP of publicly traded companies. All the more so since recent empirical analyses do not always validate this result, while case studies over the last 40 years and numerous meta-analyses (e.g. [START_REF] Endrikat | Making sense of conflicting empirical findings: A meta-analytic review of the relationship between corporate environmental and financial performance[END_REF] demonstrate a positive relationship between CSR and CFP. Indeed, the nature of the relationship depends on several factors that vary from one study to another, namely the sample, the estimation method, the indicators used and the time horizon [START_REF] Rost | Reporting biases in empirical management research: The example of win-win corporate social responsibility[END_REF]. For example, in recent literature, [START_REF] Yang | Exploring CSR and financial performance of full-service and low-cost air carriers[END_REF] demonstrated a positive CFP-CSR relationship in the aviation sector. Using the same framework and introducing econometric corrections for endogeneity bias, Ben [START_REF] Lahouel | Accounting for endogeneity and the dynamics of corporate social-corporate financial performance relationship[END_REF] demonstrate that the relationship found by their predecessors is insignificant. In addition, since the recent international financial crisis, shareholders of large publicly traded companies have begun to reconsider their CSR processes in several developed countries [START_REF] Arevalo | The Impact of the Crisis on Corporate Responsibility: The Case of UN Global Compact Participants in the USA[END_REF]. For example, [START_REF] Reynaud | Discours sur la RSE dans le processus de légitimation de la banque[END_REF] show that following the 2008 banking crisis, French banks developed a communication policy based on their CSR performance to regain their legitimacy. They also highlight the scarcity of studies on the relationship between the CSR and banking crises.

This study is the first -to our knowledge -to analyze the linear, non-linear and spillover effects of CSR on the CFP through its interaction with macro financial instability. Indeed, previous studies have rarely used a dynamic approach combined with panel data (see Table 1 below), as one of the complications that makes such an approach difficult is the presence of endogeneity [START_REF] Lahouel | Accounting for endogeneity and the dynamics of corporate social-corporate financial performance relationship[END_REF].Thus, by using a dynamic analysis with panel data for French CAC 40 companies over the period 2002-2017, as well as the GMM system estimator to avoid the endogeneity problem, we examine not only the direct linear effect of CSR on the CFP, but also its non-linear and spillover effects through its interaction with banking crises. Our results are both original and intriguing. They highlight an overall positive impact of CSR on the CFP. However, this impact can be divided into two different effects. A direct but nonlinear positive effect and a positive spillover effect, reducing the negative impact of banking crises on the CFP. 

Methodology

2.1.Database and sample

We select data on CAC 40 companies from two databases: Thomson Reuters ASSET4/ESG and Thomson Reuters Datastream. Due to the unavailability of data for some years and for the company "HERMES INTL", we cover the period 2002-2017 for 39/40 CAC 40 companies. The use of an unbalanced panel is consistent with the studies of [START_REF] Yang | Exploring CSR and financial performance of full-service and low-cost air carriers[END_REF] and Ben [START_REF] Lahouel | Accounting for endogeneity and the dynamics of corporate social-corporate financial performance relationship[END_REF] and explains the slight variation in the number of observations from one regression to another in our study (see Tables below). The choice of CAC 40 companies is based on the studies by [START_REF] Husser | CSR and sustainable development: are the concepts compatible?[END_REF] and [START_REF] Arjaliès | The use of management control systems to manage CSR strategy: A levers of control perspective[END_REF], which stipulate that they are a representative sample of large French listed companies.

2.2.Variables

• CFP: According to [START_REF] Yang | Exploring CSR and financial performance of full-service and low-cost air carriers[END_REF] and Ben [START_REF] Lahouel | Accounting for endogeneity and the dynamics of corporate social-corporate financial performance relationship[END_REF], the company's financial performance can be quantified either through accounting or market-based measures. In order to take into account the advantages and disadvantages of each of the two types of CFP variables and following recent empirical studies (e.g., Kim et al., 2014;[START_REF] Seo | Synergy of corporate social responsibility and service quality for airlines: The moderating role of carrier type[END_REF][START_REF] Ding | Does it pay to be different? Relative CSR and its impact on firm value[END_REF][START_REF] Yang | Exploring CSR and financial performance of full-service and low-cost air carriers[END_REF][START_REF] Lahouel | Accounting for endogeneity and the dynamics of corporate social-corporate financial performance relationship[END_REF], we selected ROA and ROE as accounting measures indicating the company's profitability, and Tobin's Q as an indicator of the company's market-based financial performance. The construction of these indicators is as follows:

ROA = operating income (t) / total assets (t) ROE = net income (t) / shareholders' equity for the year (t-1) Tobin's Q = (Long-term Debts(t) + value of outstanding preferred stock(t) + Market value(t)) / Total assets(t)

• CSR and control variables In order to measure the impact of CSR on the CFP, we selected Thomson Reuters ASSET4/ESG's CSR indicator, which combines overall environmental, social and governance performance scores. This indicator was used by Kim et al. (2014), [START_REF] Seo | Synergy of corporate social responsibility and service quality for airlines: The moderating role of carrier type[END_REF], [START_REF] Yang | Exploring CSR and financial performance of full-service and low-cost air carriers[END_REF] and Ben [START_REF] Lahouel | Accounting for endogeneity and the dynamics of corporate social-corporate financial performance relationship[END_REF]. In addition, in these studies, three control variables were selected as CFP determinants. These are the size (SIZE: the value of the company) and age (AGE: in number of years) of the company, as well as its leverage effect (LEV: the ratio of total liabilities to total assets).

• Financial instability According to [START_REF] Hnatkovska | Managing Economic Volatility and Crises: A Practitioner's Guide[END_REF], [START_REF] Aghion | Exchange rate volatility and productivity growth: The role of financial development[END_REF], [START_REF] Gaies | Globalisation financière et croissance dans les pays en développement: mise en évidence des effets sur l'instabilité financière et l'instabilité monétaire[END_REF], [START_REF] Gaies | Banking crises in developing countries-What crucial role of exchange rate stability and external liabilities?[END_REF] and [START_REF] Gaies | Financial Openness and Growth in Developing Countries[END_REF], financial instability is either of the "normal" or the "crisis" type. While the former is more repetitive in frequency and therefore more durable, the latter is larger and shorter in duration. Thus, instabilities in the financial cycle of the "crisis" type are mainly banking crises. We align ourselves with the previous literature and note that the banking crisis indicator (CRISIS) takes on the value of "1" in a crisis year and "0" when financial instability does not reach the crisis level.

2.3.Models and estimation method • Models

In order to capture the linear, non-linear and spillover effects of CSR on the CFP through its interaction with banking crises, we specify four models based on the variables presented above. • Estimation method To estimate our four dynamic models specified in panel data, we use the GMM system method developed by [START_REF] Arellano | Some tests of specification for panel data: Monte Carlo evidence and an application to employment equations[END_REF], [START_REF] Arellano | Another look at the instrumental variable estimation of errorcomponents models[END_REF] and [START_REF] Blundell | Initial conditions and moment restrictions in dynamic panel data models[END_REF] with two-step estimates following the methodology proposed by [START_REF] Windmeijer | A finite sample correction for the variance of linear efficient two-step GMM estimators[END_REF] to promote its robustness. This choice follows the recommendations of Ben [START_REF] Lahouel | Accounting for endogeneity and the dynamics of corporate social-corporate financial performance relationship[END_REF] since the GMM system method solves the potential problem of endogeneity, especially since one of our explanatory variables is the lagged dependent variable. In addition, the individual dimension of our panel, which is broader than its time dimension (T < N), justifies the choice of the GMM system estimator (Roodman, 2009a;[START_REF] Roodman | How to do xtabond2: An introduction to difference and system GMM in Stata[END_REF].

Results

3.1.Descriptive statistics and correlations

Table 2 below highlights the descriptive statistics on the variables used in our models, as well as the correlations between them. The standard deviations (Std. Dev.) of the dependent variables do not exceed twice their average (mean), indicating a relative homogeneity of financial performance among the companies in our sample, particularly for ROA and TobinQ. In addition, the absolute values of the Pearson coefficients between the independent variables are less than 0.5. This is a presumption that there is no multicollinearity problem in our regressions. The results of the Variance Inflation Factor test, which indicate Mean VIF values close to 1, corroborate this assumption. 3 below), we begin by estimating model (1) without the interest variables (CSR and CRISIS) and by excluding and then reinserting the lagged dependent variables (L.ROA, L.ROE and L.TobinQ). This provides a first intuition on the sign of the coefficients of the control variables, as well as an idea on the relevance of dynamic specification, including the lagged dependent variables to the right of the estimated equation.

The estimates are conducted by the Panel Corrected Standard Errors (PSCE) estimator since our criterion for choosing between the dynamic model and the static model is the coefficient of determination (R-squared), which is not generated by the GMM estimator. However, the GMM estimator is more efficient than standard estimators, such as the PSCE estimator, and therefore we will use its outputs to interpret the relationships between our variables. In addition, before applying the PSCE estimator, we performed the same regressions with a fixed-effects estimator, as suggested by the Hausman-test values (P-values < 5%) included in Table 3. Nevertheless, this estimator is not efficient because of the existence of heteroskedasticity and autocorrelation problems of errors revealed by the Wooldridge and Wald tests (P-values < 5%). To overcome this limitation, we opted for the PSCE estimator as suggested by [START_REF] Greene | Econometric Analysis[END_REF].

Table 3 below shows negative and generally significant coefficients for the variables L.ROE, LEV and AGE. In contrast, L.ROA and L.TobinQ have positive and significant coefficients, while SIZE only seems to have a positive and significant impact on TobinQ. The R-squared values indicate that the dynamic specification is more representative of the CFP-CSR relationship than the static specification (0.5320< 0.7340; 0.1667 < 0.5991; 0.3495< 0.8796). The Chi2-statistic proves that all regressions are globally statistically significant and the slight variation in the number of observations refers to our unbalanced panel.

Table 3. Lagged and Control variables 3.3.Dynamic panel data regressions -Linear and non-linear effects Table 4 below presents the GMM system regressions for models (1) and (3) capturing the linear and non-linear effects of CSR on the CFP respectively. Columns 1, 3 and 5 show a nonsignificant effect of CSR on ROA, a positive and significant effect of CSR on ROE and a negative but slightly significant effect of CSR on TobinQ. Overall, this indicates that the linear effect of CSR on the CFP is relatively significant only for ROE. In columns 2 and 4, it appears that the coefficients of CSR 2 are negative and significant while those of CSR are positive and significant. This means that CSR has a positive impact on ROA and ROE, but this effect is non-linear. This relationship is not significant for TobinQ. negatively affect the CFP regardless of the indicator (ROA, ROE or TobinQ). SIZE has a positive effect on TobinQ but does not seem to have a significant impact on ROA and ROE. Overall, AGE does not seem to be a significant determinant of ROA and TobinQ, however, the variable seems to have a negative impact on ROE. The models are estimated by the Two-step system GMM with [START_REF] Windmeijer | A finite sample correction for the variance of linear efficient two-step GMM estimators[END_REF] small sample robust correction. Standard errors are presented in brackets below the corresponding coefficient. Time and fixed effects are included in all regressions. Symbols *, ** and *** mean the variable is significant at 10%, 5% and at 1%, respectively.

3.4.Dynamic panel data regressions -Spillover effect The results of the GMM system regressions for models (2) and (4), which capture the spillover effect of CSR on the CFP through its interaction with the banking crisis, are presented in Table 5 below. When we focus on columns 2, 3 and 4 of the table, we find that the coefficients of the CSR variable are positive and significant, those of the CRISIS variable are negative and significant and the coefficients of the CSR x CRISIS interaction term are positive and significant. Based on the positive sign of the CFP's partial derivative (ROA and ROE) relative to CRISIS, this result shows that the negative effect of CRISIS on ROA and ROE is less (more) significant when the CSR level is higher (lower) in CAC 40 companies (Gaies et al., 2019c). In other words, CSR positively affects ROA and ROE by reducing the negative effect of CRISIS. This is a positive spillover effect of CSR on the CFP. However, this effect is not significant for the TobinQ-CSR relationship.

Moreover, like Table 4, Table 5 shows that the past value of ROA and TobinQ positively impacts their present value, while the temporal dynamic relationship of ROE is negative. In addition, leverage appears to be a negative and significant determinant of the CFP, while the company size appears to have a positive and significant impact on TobinQ, but not on ROA and ROE. On the other hand, the age of the company seems to negatively affect ROE, but not ROA and TobinQ. The models are estimated by the Two-step system GMM with [START_REF] Windmeijer | A finite sample correction for the variance of linear efficient two-step GMM estimators[END_REF] small sample robust correction. Standard errors are presented in brackets below the corresponding coefficient. Time and fixed effects are included in all regressions. Symbols *, ** and *** mean the variable significant is at 10%, 5% and at 1%, respectively.

Conclusion and recommendation

This study is the first to have examined the effect of CSR on the CFP through its interaction with macroeconomic financial instability. It focused not only on the linear effect of CSR on the CFP, but also on its non-linear effect and then on its spillover effect in the case of CAC 40 companies between 2002 and 2017. The use of the GMM system method allowed the endogeneity problem to be solved and thus to estimate a set of dynamic panel specifications. The estimation results showed that CSR positively affects the ROA and ROE of CAC 40 companies in two different ways: directly, through a positive but non-linear effect, and indirectly, through a spillover effect, which consists in reducing the negative effect of banking crises. Thus, CAC companies should continue and develop their CSR process. The French government should therefore encourage standardization processes at national and European level, in order to define a common framework for CSR communication, and thus ensure harmonization of the information published. Furthermore, as the positive effect of CSR on the CFP is non-linear, CAC 40 companies should anticipate and well forecast the cost of future social business projects. This enables risks to be identified upstream of projects and guarantees a high return on investment.

3. 2 .

 2 Dynamic panel data regressions -Lagged and Control variables In line with the empirical approach of Ben Lahouel et al. (2019) (Table

Table 1 . Summary of recent research on the impact of CSR on CFP Study Firm/period Method Effect of CSR on CFP Addressing endogeneity bias

 1 

	Ali et al. (2020)		3400 SSE (Shanghai Stock Exchange) listed	Radom effects (RE) and fixed effects (FE) Two-	Direct, indirect, linear	Yes
				firms / 2009-18.	stage least-squares (2SLS), Ordinary least	and positive		
					squares (OLS)				
	Ben Lahouel et al.	28 Airlines / 2004 -17	Generalized method of moments (GMM)	Direct,	linear	and	Yes
	(2019)					mixed			
	Obafemi (2018)		21 Money deposit banks in Nigeria / 2010 -14	RE and FE	Direct,	linear	and	No
						positive			
	Maqbool		and	28 BSE (Bombay Stock Exchange) Indian	OLS	Direct,	linear	and	No
	Zameer (2018)		commercial banks / 2007-16		positive			
	Chung-Jen et al.	1461non-financial firms / 2003-09	OLS	Direct,	linear	and	No
	(2018)					mixed			
	Yang and Baasandorj	16 Airlines / 2006-15	FE	Direct,	linear	and	No
	(2017)					positive			
	Utz (2017)		229 firms for Asia-Pacific, 836 firms for Europe,	OLS	Direct,	linear	and	No
				397 for Japan, and 1117 firms for the U.S / 2003		mixed			
				-15					
	Wang and Sarkis	The top 500 Green	FE	Direct, indirect, linear	No
	(2017)			companies in the U.S / 2009 -13		and positive		
	Attig et al. (2016)	3,040 U.S. firms / 1991-10	2SLS, limited information maximum likelihood	Direct,	linear	and	Yes
					(LIML)	positive			
					(GMM)				
	Xiong et al. (2016)	30 international construction companies / 2007 -	RE, FE, OLS	Direct, indirect, linear,	No
				13		non-linear and positive	
	Simionescu	and	19 BSE (Bucharest Stock	OLS	Direct,	linear	and	No
	Dumitrescu (2014)	Exchange) Romanian companies / 2006 -12		positive			
	Attig et al. (2013)	1,585 U.S firms / 1991-10	OLS	Direct, indirect, linear	No
						and positive		
	Lioui and Sharma	3100 KLD firms / 1991 -07	FE	Direct, indirect, linear	No
	(2012)					and mixed			
	Inoue	and	Lee,	74 Airlines, 59 casinos, 51 hotels and 183	OLS	Direct,	linear	and	No
	(2011)			restaurants / 1991 -07		mixed			
	Kang et al. (2010)	80 firms listed on the S&P500 and Russell 3000	OLS	Direct,	linear	and	No
				Indices /1999 -07		positive			

  CFPit alternately represents the Financial Performance indicators, namely ROA, ROE and TobinQ. CVit includes the set of control variables, namely the age of the company, its size and the leverage effect. The i and t indices refer to companies (i = 1, 2, ...

			Model (1): Direct linear effect of CSR on the CFP
		CFP it =	+ CFPit-1+	CSRit + CRISISit + CVit + εit
			Model (2): Linear spillover effect of CSR on the CFP
	CFP it =	+ CFPit-1+	CSRit + CRISISit +	(CRISIS x CSR)it + CVit + εit
			Model (3): Direct non-linear effect of CSR on the CFP
	CFP it =	+ CFPit-1+	CSRit +	CRISISit +	CSR 2	it + CVit + εit
			Model (4): Non-linear spillover effect of CSR on the CFP
	CFP it =	+ CFPit-1+		CSRit + CRISISit+ (CRISIS x CSR)it +	CSR 2 it +
							CVit + εit

k, ..., N) and periods (t = 1, 2, ... k, ..., T). εit is a composite error term.

Table 2 .

 2 Descriptive statistics and correlations

	Variable	Mean	Std. Dev.	1	2	3	4	5	6	7	8
	1.ROA	0.0519	0.0543	1.0000							
	(Mean VIF = 1.07)										
	2.ROE	0.1126	0.2520	0.4468* 1.0000						
	(Mean VIF = 1.07)										
	3. TobinQ	0.9502	0.5958	0.5411* 0.0744* 1.0000					
	(Mean VIF = 1.08)										
	4.CSR	69.7608 11.7713 -0.0959* -0.0757* -0.0730* 1.0000				
	5.SIZE	16.9473 1.0996	0.0590* 0.0816* -0.0078 0.2459* 1.0000			
	6.LEV	55.0760 182.3009 -0.1891* -0.0205 -0.2595* 0.0649* 0.2631* 1.0000		
	7.AGE	88.9473 64.8406 -0.0553* -0.0555* -0.1004* 0.0913* 0.0236 -0.0352* 1.0000	
	8. CRISIS	0.125	0.3309	-0.0820* 0.0380* -0.0886* -0.0200 -0.0665* 0.1056* -0.0058 1.0000

Data 2002Data -2017;; N = 39; Std. Dev.

is the standard deviation. Symbol * means that the correlation coefficient of Pearson is significant at 5%. VIF is the Variance Inflation Factor.

Table 4

 4 also shows that the past value of ROA and TobinQ positively impacts their present value. In contrast, this relationship seems to be negative in the case of ROE. LEV and CRISIS The models are estimated by the Panel Corrected Standard Errors (PSCE) estimator. Standard errors are presented in brackets below the corresponding coefficient. Symbols *, ** and *** mean the variable is significant at 10%, 5% and at 1%, respectively.

		Dependent: ROA	Dependent: ROE	Dependent: TobinQ
	Column	(1)	(2)	(3)	(4)	(5)	(6)
	L.ROA		0.3825***				
			(0.0639)				
	L.ROE				-0.3367***		
					(0.0482)		
	L.TobinQ						0.5780***
							(0.0420)
	SIZE	0.0018	-0.0020	0.0125	0.0073	0.0803***	0.0426***
		(0.0024)	(0.0022)	(0.0160)	(0.0122)	(0.0226)	(0.0132)
	LEV	-0.0257*** -0.0210*** -0.0424*** -0.0392*** -0.2305*** -0.1352***
		(0.0019)	(0.0020)	(0.0081)	(0.0081)	(0.0184)	(0.0139)
	AGE	-0.0019	-0.0026*	-0.0804*	-0.0402**	-0.0670**	-0.0294**
		(0.0021)	(0.0015)	(0.0446)	(0.0177)	(0.0292)	(0.0128)
	Constant	0.1144***	0.1468***	0.3971**	0.3409*	0.5861	0.2267
		(0.0394)	(0.0359)	(0.1789)	(0.1965)	(0.3767)	(0.1891)
	Observations	482	480	482	480	480	478
	R-squared	0.5320	0.7340	0.1667	0.5991	0.3495	0.8796
	Chi2-statistic	198.1	370.9	30.34	74.45	158.1	953.6
	Hausman-test	0.0000	0.0000	0.0000	0.0000	0.0000	0.0000
	Wooldridge-test	0.0051	0.0008	0.0000	0.0000	0.0002	0.0008
	Wald-test	0.0000	0.0000	0.0000	0.0000	0.0000	0.0000

Table 4 .

 4 CSR & CFP -Linear and non-linear effects

		Dependent: ROA	Dependent: ROE	Dependent: TobinQ
	Column	(1)	(2)	(3)	(4)	(5)	(6)
	L.ROA	0.3566*** 0.3043***				
		(0.0398)	(0.0225)				
	L.ROE			-0.2647***	0.0595		
				(0.0033)	(0.0436)		
	L.TobinQ					0.3593*** 0.4360***
						(0.0169)	(0.0151)
	CSR	0.0122	1.2115*** 0.3959***	6.8766***	-0.5037*	-2.7614
		(0.0135)	(0.1581)	(0.0800)	(0.5481)	(0.2497)	(3.2459)
	CSR 2		-0.1517***		-0.8500***		0.2683
			(0.0195)		(0.0657)		(0.4023)
	SIZE	-0.0035	0.0010	-0.0020	0.0444***	0.2505*** 0.2562***
		(0.0045)	(0.0011)	(0.0177)	(0.0089)	(0.0370)	(0.0292)
	LEV	-0.0194*** -0.0194*** -0.0485*** -0.0258*** -0.2924*** -0.1244***
		(0.0028)	(0.0010)	(0.0061)	(0.0083)	(0.0511)	(0.0172)
	AGE	-0.0141	0.0071	-0.7751***	0.0153	-0.1289	-0.1006
		(0.0190)	(0.0058)	(0.0465)	(0.0134)	(0.2627)	(0.1500)
	CRISIS	-0.0056*** -0.0062*** -0.0134*** -0.0098*** -0.0824*** -0.0943***
		(0.0019)	(0.0014)	(0.0049)	(0.0030)	(0.0277)	(0.0146)
	Constant	0.1692**	-2.3511*** 2.0329*** -14.4727***	-0.0812	3.8238
		(0.0686)	(0.3344)	(0.4919)	(1.2562)	(1.1144)	(7.0535)
	Observations	469	469	469	469	467	467
	Fixed effect	Yes	Yes	Yes	Yes	Yes	Yes
	AR2 P-value	0.108	0.198	0.857	0.375	0.539	0.109
	Hansen P-value	0.174	0.971	0.360	0.605	0.513	0.316

Table 5 .

 5 CSR & CFP -Spillover effect

		Dependent: ROA	Dependent: ROE	Dependent: TobinQ
	Column	(1)	(2)	(3)	(4)	(5)	(6)
	L.ROA	0.3631***	0.3011***				
		(0.0253)	(0.0213)				
	L.ROE			-0.2561*** -0.1553***		
				(0.0057)	(0.0096)		
	L.TobinQ					0.2323**	0.1181
						(0.1060)	(0.0746)
	CSR	-0.0041	1.1805***	0.3339***	0.7701**	-0.4893	0.5748
		(0.0132)	(0.1632)	(0.0660)	(0.3449)	(0.3920)	(6.5312)
	CSR 2		-0.1475***		-0.1266***		-0.1391
			(0.0198)		(0.0415)		(0.7885)
	SIZE	-0.0047	0.0011	-0.0086	0.0280***	0.1525**	0.1544***
		(0.0030)	(0.0012)	(0.0057)	(0.0065)	(0.0643)	(0.0553)
	LEV	-0.0197*** -0.0187*** -0.0689*** -0.0710*** -0.1616*** -0.1759***
		(0.0029)	(0.0019)	(0.0052)	(0.0025)	(0.0449)	(0.0301)
	AGE	0.0028	-0.0024	-0.7198*** -0.0668***	0.1201	0.0783
		(0.0145)	(0.0034)	(0.0323)	(0.0084)	(0.1435)	(0.1189)
	CRISIS	-0.					

1068*** -0.1373** -1.3585** -1.5313*** -2.6762*** -2.2468**

  

		(0.0353)	(0.0542)	(0.5563)	(0.1664)	(0.9699)	(0.8694)
	CSR x CRISIS 0.0242***	0.0311**	0.3160**	0.3635***	0.6080**	0.5117**
		(0.0084)	(0.0128)	(0.1316)	(0.0393)	(0.2256)	(0.2019)
	Constant	0.1875**	-2.2581*** 2.1998***	-0.8092	0.1699	-1.5429
		(0.0721)	(0.3370)	(0.3114)	(0.7115)	(0.8659)	(13.8318)
	Observations	469	469	469	469	467	467
	Fixed effect	Yes	Yes	Yes	Yes	Yes	Yes
	AR2 P-value	0.139	0.173	0.249	0.757	0.557	0.922
	Hansen P-value	0.391	0.951	0.949	0.767	0.371	0.348