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Deeply rooted in the social disorganization theory, this article aims at studying the causal impact of local inequality, a main community structural factor, on individuals' fear of crime. Combining multiple datasets and focusing on the Mexican case, this study has several goals. First, we construct an innovative index of fear of crime composed of three dimensions: emotion, cognition and behavior. Second, we build measures of income and education inequality representative at the municipal level. Lastly, we assess the causal effect of inequalities on fear of crime, controlling both for the hierarchical structure of the data and endogeneity bias relying on two-stage least squares (2SLS) multilevel models. Our results suggest a strong positive linear relationship between municipal income inequality and fear of crime. However, the observed effect is stronger for the emotive and behavioral dimensions.

Concerning education inequality, we also find a positive impact on feeling of unsafety (emotive dimension), but of smaller magnitude, and on risk perception (cognitive dimension).

While our results are robust to different robustness checks for income inequality, they are less stable for education inequality.

Introduction

Fear of crime has important harmful consequences in societies. Individually, it can cause dramatic health problems, worsening physical, mental health and well-being. Indeed, it hinders life satisfaction and triggers more stress and even depression [START_REF] Michalos | Criminal victimization and the quality of life[END_REF][START_REF] Moore | The value of reducing fear: An analysis using the European Social Survey[END_REF]). Yet, feeling safe is one of the basic human needs, it is therefore necessary that every individual feels protected, physically and morally, to access upper needs such as esteem or self-actualization. Collectively, high levels of fear of crime erode social cohesion [START_REF] Corbacho | Crime and Erosion of Trust: Evidence for Latin America[END_REF] and cooperation between individuals. Trust in the institutions such as the justice system or the police is harmed [START_REF] Malone | The Verdict Is In: The Impact of Crime on Public Trust in Central American Justice Systems[END_REF]. It can also lead to massive population displacement and reduced economic opportunities. Thus, the human, economic and social costs of fear of crime are tremendous, hindering development.

However, fear of crime is a complex phenomenon composed of overlapping concepts with blurred contours. Currently, there is no consensus, neither in the theoretical nor in the empirical literature over its conceptualization and operationalization.

In the 1960-70's, the theoretical and empirical literature about the determinants of fear of crime was mainly interested in the effect of individual characteristics and a consensus was rapidly reached on a number of factors such as sex, age, education, income and past victimization (see [START_REF] Hale | Fear of crime: A review of the literature[END_REF] for a complete review). Progressively, some authors emphasize the importance to consider, in addition to individual characteristics, the neighboring environment while studying the different causes of fear of crime. Thus, research gradually opened up to collective determinants and this new empirical approach was favored by the rediscovery of the social disorganization theory by criminologists in the 1980's. Originally formulated to explain variation in levels of violence, this theory identifies structural factors at the neighborhood level leading to the disruption of the community social organization. Slowly emerged as well, the idea that fear of crime may be unrelated (or at least to a lesser extent than previously stated in the literature) to violence level [START_REF] Franklin | A Multilevel Analysis of the Vulnerability, Disorder, and Social Integration Models of Fear of Crime[END_REF][START_REF] Taylor | Testing Alternative Models of Fear of Crime[END_REF][START_REF] Vieno | Is Fear of Crime Mainly Social and Economic Insecurity in Disguise? A Multilevel Multinational Analysis[END_REF].

Empirical studies were primarily interested by the effect of traditional structural factors of social disorganization such as poverty, racial heterogeneity and neighborhood instability.

Inequality is also a key community feature but its impact on fear of crime is, to our knowledge, barely studied. Even if some studies do so, most of them focus on developed economies and on cross-country/region comparisons, neglecting the effect of community characteristics and mechanisms because of their highly aggregated scale of analysis. Besides, existing studies only pay attention to income inequality, neglecting the non-monetary dimensions of inequality. Lastly, only a few consider the three dimensions of fear of crime (emotion, cognition and behavior) simultaneously. Our empirical investigation aims to fill this literature gap.

This study focuses on the Mexican case. In common with most Latin American countries, Mexico has historically been known for its very high degree of income inequality. Despite a significant decline in the 2000s [START_REF] Lustig | Declining Inequality in Latin America in the 2000s: The Cases of Argentina, Brazil, and Mexico[END_REF], Mexico is still the fourth most unequal country of all OECD members, with a Gini index of 0.46 in 2014 (OECD, 2019). Violence is another challenge the country has to face. In Mexico, violence is historically related to drug-trafficking and organized crime, as the country is an important producer of illicit drugs and a major drug-trade junction thanks to its ideal geographic location between the United States and South America. Following the war on drugs launched by President Felipe Calderón in 2006, violence became even more prevalent. Indeed, conflicts intensified between rival drug-trafficking organizations or with military authorities in order to maintain control over territories, drug-trafficking routes or distribution centers. After a decrease until 2007, the death rate per homicide rose to reach its highest level recorded since 1990 in 2017, with 25.2 per 100 000 inhabitants (INEGI). This criminogenic context is also favored by the availability of illegal firearms from the United States. Fear of crime is a real plague as well, as in a society, its levels are even often higher than the actual crime rate [START_REF] Hale | Fear of crime: A review of the literature[END_REF]. In 2017, in Mexico, 63% of the survey respondents from the National Survey of Victimization and Perception of Public Security (Encuesta Nacional de Victimización y Percepción sobre Seguridad Pública, ENVIPE) declared feeling unsafe, in terms of delinquency, living in their municipality. Although the direct consequences of crime are not negligible, the damages of fear of crime are equally harmful. Even if the relation between inequality and crime in Mexico has already been deeply analyzed in the literature [START_REF] Enamorado | Income inequality and violent crime: Evidence from Mexico's drug war[END_REF][START_REF] Vilalta | What Explains Criminal Violence in Mexico City? A Test of Two Theories of Crime[END_REF], the effect of inequality on fear of crime remains poorly addressed.

From this perspective, the purpose of this article is to study the causal impact of different measures of inequality (income and education) at the municipal level on individual fear of crime. Combining multiple datasets, this study has three main contributions. First, we construct an innovative composite indicator of fear of crime through multiple correspondence analysis, trying to compensate for methodological gaps in the existing literature. Using the 2017 ENVIPE, our outcome measure is a multidimensional index combining the three components of fear of crime: emotion, cognition and behavior. Second, we construct representative measures of education and income inequalities for Mexican municipalities. For income inequality, we rely on small area estimation and combine data from the 2015 Inter-Census Survey (Encuesta Intercensal, EIC) and the 2016 National Survey of Household Income and Expenditure (Encuesta Nacional de Ingresos y Gastos de Hogares, ENIGH).

Third, relying on a two-stage least squares (2SLS) multilevel model, we assess the causal effect of inequality on fear of crime, controlling for the hierarchical structure of the data and endogeneity bias.

Our results suggest a strong positive linear relationship between municipal income inequalities and individual fear of crime, giving additional support to the existing empirical literature and confirming the damaging impact of this structural factor of social disorganization on fear of crime. However, the observed effect is stronger for the emotive and behavioral components of fear of crime. More precisely, income inequality significantly deteriorates one's feeling of safety in his municipality of residence and during his daily life activities (emotive dimension). It also favors the adoption of constrained behaviors and protective measures against crime (behavioral dimension). Focusing on education inequality, we also find a positive impact on feeling of unsafety, but of smaller magnitude. A positive influence on risk perception (cognitive dimension) is also detected, indicating that the latter relates more to education inequality than income inequality. Yet, if our results for income inequality are robust to the different robustness checks, for education inequality, results are less stable.

The rest of the article is structured as follows. Section 2 reviews the studies that link inequality and fear of crime, with a special focus on the underlying mechanisms and the social disorganization theory. Data and variables are described in Section 3. Section 4 lays out the empirical strategy, whereas Section 5 presents the main findings. Finally, Section 6 concludes.

Literature review

The social disorganization theory was originally formulated by sociologists from the "Chicago School" in order to explain variation in delinquency and crime rates. [START_REF] Shaw | Juvenile delinquency and urban areas[END_REF] identify three structural factors leading to the disruption of the community social organization: a precarious economic situation (poverty), ethnic heterogeneity and neighborhood instability. The neighborhood structure is thus identified as a cause of crime.

After being dormant, this theory reemerged in the 1980's and gained major attention from criminologists. The framework progressively expanded to include others community characteristics such as urbanization, family disruption or inequality. For example, [START_REF] Blau | The cost of inequality: metropolitan structure and violent crime[END_REF] were among the first to consider socio-economic inequalities as a key structural factor which could reduce social cohesion/integration and generate further social disorganization and violent crime.

The renewal of the social disorganization theory also owes a great deal to the pioneering work of [START_REF] Sampson | Community Structure and Crime: Testing Social-Disorganization Theory[END_REF] which tested the social disorganization theory as a relevant determinant of macro-level variations in crime rates. They considerably enriched the analysis, paying particular attention to the social mechanisms at work, binding community structural characteristics, social disorganization and crime rates. Defining social disorganization as the "inability of a community structure to realize the common values of its residents and maintain effective social controls" (Sampson & Groves, 1989, p. 777), they show that it mediates the effects of community structure on crime rates. Indeed, the concentration of structural disadvantages (such as low socio-economic status of the population, high residential mobility or racial segregation) leads to the absence of shared common values and impedes the development of formal or informal ties, weakening local social institutions. As a result, the community cannot address common problems nor exercise an effective informal social control over its members to prevent criminal behaviors. This lack of monitoring could burst into an increase in violence levels.

This framework was further refined and labeled as collective efficacy theory, an extension of the social disorganization and social capital theories. Sampson et al. first described it as the "social cohesion among neighbors combined with their willingness to intervene on behalf of the common good" (Sampson, Raudenbush, & Felton, 1997, p. 918), insisting on the role of mutual trust and solidarity. Analyzing residents from different Chicago neighborhoods, their results confirm previous works: the effect of neighborhood structural features on violence level is partially mediated through collective efficacy (measured as a combination of common values and informal social control). Another study of major importance, is the one by [START_REF] Morenoff | Neighborhood inequality, collective efficacy, and the spatial dynamics of urban violence[END_REF]. First, contrary to previous studies, they include inequality as a key community structural characteristic while analyzing homicide variations across neighborhoods of Chicago. Second, they find concentrated disadvantage, inequality in socioeconomic resources and collective efficacy to be each, directly and independently of the others, associated with homicide.

Social disorganization and collective efficacy theories were originally formulated to explain levels of violence. However, it slowly turns to the analysis of fear of crime as well. As collective efficacy emerged as the mechanism binding structural characteristics of social disorganization and crime-related outcomes, an important part of the literature started to test the effect of collective efficacy on fear of crime. This was favored by proxies for collective efficacy largely available and easily collected in victimization, public safety or crime surveys. This literature offers mixed results. Several studies confirm that an increased perception of collective efficacy diminishes fear of crime among residents [START_REF] Franklin | A Multilevel Analysis of the Vulnerability, Disorder, and Social Integration Models of Fear of Crime[END_REF][START_REF] Gibson | Social Integration, Individual Perceptions of Collective Efficacy, and Fear of Crime in Three Cities[END_REF][START_REF] Ruiz Pérez | Eficacia colectiva, cultura ciudadana y victimización: un análisis exploratorio sobre sus relaciones con diversas medidas del miedo al crimen[END_REF][START_REF] Zhao | An Examination of the Micro-Level Crime-Fear of Crime Link[END_REF]. In this first facet of the empirical literature, social integration through social ties, community cohesion and collective efficacy may act as inhibitors of fear. Indeed, this allows the implementation of mechanisms of informal social control and informal social support. Community residents also have better access to the information thanks to dense social networks and develop a higher sense of interpersonal trust. As a result, they may feel more protected in public spaces, expect support from the community in case of victimization and have a smaller perceived risk of personal victimization. However, this view is not unanimous in the empirical literature. Some studies found mixed results depending on the fear of crime measure used [START_REF] Rountree | Perceived Risk versus Fear of Crime: Empirical Evidence of Conceptually Distinct Reactions in Survey Data[END_REF][START_REF] Taylor | Testing Alternative Models of Fear of Crime[END_REF]) and more recent studies even found contrary results [START_REF] Ferguson | Modeling Fear of Crime in Dallas Neighborhoods[END_REF][START_REF] Roman | Fear of Walking Outdoors. A Multilevel Ecologic Analysis of Crime and Disorder[END_REF][START_REF] Villarreal | Social Cohesion , Criminal Victimization and Perceived Risk of Crime in Brazilian Neighborhoods[END_REF]. The main underlying idea explaining this effect is that in socially integrated neighborhoods, increased communication between residents can favor a greater spread of alarming, fake or exaggerated information on criminal activities or victimization risk. Thus, collective efficacy may not always reduce fear of crime but may exacerbate it as well.

By focusing heavily on collective efficacy mechanisms, these studies neglect the direct effect of structural factors on fear of crime. This is certainly due to the fact that they quasi-solely use individual survey data and thus are not able to take into account more aggregated structural features. They sometimes at best include them as controls for contextual effect but without focusing on their impact on fear of crime. Moreover, studies testing the impact of the structural factors of social disorganization on fear of crime mainly pay attention to the traditional community features mentioned in the literature, such as poverty, ethnic heterogeneity or family disruption. The effect of income inequality as a key structural characteristic is poorly considered however.

We posit that inequalities, as a factor of social disorganization, may influence fear of crime through the mediating role of collective efficacy. High levels of inequality are detrimental to social cohesion and trust among community members [START_REF] Alesina | Who trusts others?[END_REF]. Indeed, strong disparities and in particular socio-economic inequalities exacerbate perceived social differences, encouraging people to see each other as strangers [START_REF] Neckerman | Inequality: Causes and Consequences[END_REF]. Thus, inequality is expected to affect negatively social organization and collective efficacy.

However, the effect of collective efficacy on fear of crime may be ambiguous as explained above. Nevertheless, we expect a positive effect of inequality on fear of crime.

Studies focusing on the impact of inequality on fear of crime are scarce. Based on large available datasets, European countries are largely studied. [START_REF] Vieno | Is Fear of Crime Mainly Social and Economic Insecurity in Disguise? A Multilevel Multinational Analysis[END_REF] find a positive association between national levels of fear of crime and inequality. [START_REF] Kujala | Income Inequality, Poverty, and Fear of Crime in Europe[END_REF] emphasize similar results (even if moderate), employing various inequality measures at the national level for 20 European countries. At a more disaggregated level, [START_REF] Rueda | The Externalities of Inequality: Fear of Crime and Preferences for Redistribution in Western Europe[END_REF] observe that in western European regions with higher degrees of inequality, respondents are more afraid of crime. All these studies use a similar and unique question as their measure of fear of crime: "How safe do you feel walking alone in the area you live after dark?". Some scholars try however to enlarge the definition of fear of crime.

For instance, [START_REF] Vauclair | Income inequality and fear of crime across the European region[END_REF] focus on a composite index combining three different indicators to measure fear of crime and risk perception and find a positive impact of national inequality in 29 European countries. Lastly, the work of [START_REF] Chon | Perceived Risk of Burglary and Fear of Crime: Individualand Country-Level Mixed Modeling[END_REF], contrary to previous studies, makes the distinction between highly developed and less developed countries. Analyzing the impact of individual and country-level variables on fear of crime and risk perception, they do not emphasize any influence of income inequality, whatever the country of residence. These macro-studies, while relevant, only focus on developed economies and on cross-country/region analyses. Hence, they do not fit into the social disorganization and collective efficacy frameworks because of the highly aggregated scale of analysis.

Empirical works at a more disaggregated geographical level are even rarer because inequalities representative at such a scale are more difficult to measure. Yet, they are more grounded in the social disorganization theory and its underlying mechanisms. For example, at the level of 26 U.S. metropolitan areas, [START_REF] Collins | What effect does inequality have on residents' sense of safety? Exploring the mediating processes of social capital and civic engagement[END_REF] are interested in exploring the mediating role of social capital and civic engagement between inequality and sense of safety, in relation to the collective efficacy and social capital theory. They do not provide evidence for a direct effect of inequality levels on their measure of residents' sense of safety.

However, they found that as inequality increases, sense of safety is expected to decrease indirectly through the mediation role of social capital. Gaitán-Rossi and Shen (2018) study the effects of traditional individual predictors and municipality characteristics on fear of crime in Mexico´s urban population. Distinguishing the three components of fear of crime (emotion, cognition and behavior), they find that people living in more unequal municipalities report higher perceptions of risk. They also analyze the effect of collective organization indicators, at the municipal and individual levels and found that they positively influence fear of crime, showing that collective efficacy is not a protective factor of fear of crime in this particular context.

To sum up, the empirical literature analyzing the impact of inequalities on fear of crime is still emerging. It is interesting to note that existing studies only focus on income inequality and only a few consider the different dimensions of fear of crime. Moreover, evidence on developing countries and/or at a more disaggregated level is clearly lacking. Thus, one objective of this study is to fulfill these gaps. Our main aim is to highlight and quantify the direct effect of inequality on fear of crime. With the data at hands, we are unfortunately unable to test for possible transmission channels, in particular we cannot show that our favored channel, which operates through social disorganization and collective efficacy, is effectively at work. This is despite the fact that, by focusing on inequalities at the municipal level, our analysis fits with these two frameworks.

Data and variables

Fear of crime

For many years, and still today, fear of crime was measured by a single question (and the variants that may exist) namely: "How safe do you feel or how safe would you feel walking alone in your neighborhood at night?" (e.g. [START_REF] Garofalo | Victimization and the Fear of Crime[END_REF][START_REF] Box | Explaining fear of crime[END_REF]. This method is however very imperfect and many authors have formulated criticisms that tend to diminish the relevance of this type of question for measuring fear of crime [START_REF] Garofalo | Victimization and the Fear of Crime[END_REF]Ferraro & LaGrange, 1987;[START_REF] Rader | The threat of victimization: A theoretical reconceptualization of fear of crime[END_REF] and the results obtained so far.

Gradually, researchers insist on the fact that fear of crime is a multidimensional phenomenon [START_REF] Ferraro | The Measurement of Fear of Crime[END_REF][START_REF] Gabriel | The Psychology of Fear of Crime. Conceptual and Methodological Perspectives[END_REF][START_REF] Rader | The threat of victimization: A theoretical reconceptualization of fear of crime[END_REF][START_REF] Smith | Gender differences in risk perception and neutralizing fear of crime: Toward Resolving the Paradoxes[END_REF].

A theoretical consensus rapidly emerged on the necessity to distinguish the emotive dimension, which encompasses fear of crime, from the cognitive component representing risk perception [START_REF] Ferraro | The Measurement of Fear of Crime[END_REF][START_REF] Smith | Gender differences in risk perception and neutralizing fear of crime: Toward Resolving the Paradoxes[END_REF]. However, the operationalization of such a concept is way more hazardous and debated. Indeed there is a huge disagreement in empirical studies on the adequate indicators to measure each dimension.

One salient example is the use of questions relative to feeling of safety. It seems to be both a common measure of risk perception [START_REF] Krulichová | The relationship between fear of crime and risk perception across Europe[END_REF][START_REF] Rountree | Perceived Risk versus Fear of Crime: Empirical Evidence of Conceptually Distinct Reactions in Survey Data[END_REF][START_REF] Visser | Fear of Crime and Feelings of Unsafety in European Countries: Macro and Micro Explanations in Cross-National Perspective[END_REF] and fear of crime [START_REF] Chon | Perceived Risk of Burglary and Fear of Crime: Individualand Country-Level Mixed Modeling[END_REF][START_REF] Wyant | Multilevel Impacts of Perceived Incivilities and Perceptions of Crime Risk on Fear of Crime[END_REF]. Thus, concepts and indicators are often used interchangeably when referring to the emotive and cognitive dimensions [START_REF] Ferraro | The Measurement of Fear of Crime[END_REF]. Moreover, risk perception is mainly studied as a determinant of fear of crime [START_REF] Ferguson | Modeling Fear of Crime in Dallas Neighborhoods[END_REF][START_REF] Krulichová | The relationship between fear of crime and risk perception across Europe[END_REF][START_REF] Smith | Gender differences in risk perception and neutralizing fear of crime: Toward Resolving the Paradoxes[END_REF] but the reverse causal order is also verified [START_REF] Gabriel | The Psychology of Fear of Crime. Conceptual and Methodological Perspectives[END_REF][START_REF] Rader | An empirical assessment of the "threat of victimization": considering fear of crime, perceived risk, avoidance, and defensive behaviors[END_REF]. On the contrary, studies focusing on the behavioral component are rarer and mostly analyze it either as a cause or a consequence of fear of crime [START_REF] Ferguson | Modeling Fear of Crime in Dallas Neighborhoods[END_REF][START_REF] Liska | Fear of crime and constrained behavior specifying and estimating a reciprocal effects model[END_REF]. Only few recent works consider it as a proper dimension of fear of crime [START_REF] Roman | Fear of Walking Outdoors. A Multilevel Ecologic Analysis of Crime and Disorder[END_REF][START_REF] San-Juan | Self-protective behaviours against crime in urban settings: An empirical approach to vulnerability and victimization models[END_REF]).

Yet, some authors offer to consider the three dimensions of fear of crime simultaneously, reinforcing the multidimensionality of the concept and breaking with the traditional dependency relations established previously in the literature [START_REF] Gabriel | The Psychology of Fear of Crime. Conceptual and Methodological Perspectives[END_REF][START_REF] Rader | The threat of victimization: A theoretical reconceptualization of fear of crime[END_REF]. [START_REF] Gabriel | The Psychology of Fear of Crime. Conceptual and Methodological Perspectives[END_REF] were among the first to identify the three dimensions as complementary facets of fear of crime. Even if they acknowledge that fear of crime is mainly an emotive phenomenon, they note that this facet is always accompanied by a cognitive one and that the behavioral dimension is as well part of the concept. They consider that these three components are necessary conditions for the state of fear to be experienced. In the same vein, [START_REF] Rader | The threat of victimization: A theoretical reconceptualization of fear of crime[END_REF] proposes a broader concept called "threat of victimization" where fear of crime is only the emotive dimension. The cognitive (risk perception) and behavioral (constrained behaviors) components are also constitutive of it. In this new theoretical framework, the three dimensions of threat of victimization are interrelated because involved in reciprocal relations (for partial empirical evidence, see [START_REF] Rader | An empirical assessment of the "threat of victimization": considering fear of crime, perceived risk, avoidance, and defensive behaviors[END_REF]).

To sum up, we can say that fear of crime is a complex phenomenon composed of overlapping concepts with fuzzy contours. There is no consensus, neither in the theoretical nor the empirical literature, offering a wide range of conceptualizations and operationalizations of fear of crime. As stated by Farrall et al., "our understanding of the fear of crime is a product of the way it has been researched rather than the way it is" (Farrall, Bannister, Ditton, & Gilchrist, 1997, p. 658). One of the contributions of this paper lies in the construction of an innovative measure of fear of crime that tries to overcome previously exposed limitations.

The data for our fear of crime measurement come from the 2017 ENVIPE survey conducted by the National Institute of Statistics and Geography (Instituto Nacional de Estadística y Geografía, INEGI) of Mexico. One of the objectives of this rich survey is to measure the perception of public safety of the adult population, his degree of institutional trust and experiences with institutions in charge of public security and justice. The sampling unit is the dwelling unit. For every household in the selected dwellings, one person, aged 18 or more is interviewed. The survey is representative at the national and state levels.

As fear of crime is fundamentally a multidimensional phenomenon [START_REF] Rader | The threat of victimization: A theoretical reconceptualization of fear of crime[END_REF][START_REF] Gabriel | The Psychology of Fear of Crime. Conceptual and Methodological Perspectives[END_REF][START_REF] Smith | Gender differences in risk perception and neutralizing fear of crime: Toward Resolving the Paradoxes[END_REF]Ferraro and LaGrange, 1987), several variables are constitutive of it, but each considered individually cannot claim to be a sufficient measure of the phenomenon. 1 A global indicator will provide an overview of the different components of fear of crime, which allows us to observe and measure adequately a multitude of configurations and not just a simple dichotomous situation (fearful versus not fearful). Thus, our indicator takes into account all dimensions of fear of crime and synthesizes effectively all its manifestations. Besides, it also allows us to assess fear of crime intensity via a score. To construct this composite index of fear of crime, we rely on Multiple Correspondence Analysis (MCA) since the data consist of categorical variables. 2 The three dimensions used are: 1) Emotional component: this dimension relates to negative emotional reactions generated by crime and the symbols associated to it. Issues related to this dimension seek to capture whether individuals feel insecure or worry about crime.

2) Cognitive component: this is the risk perceived by individuals through the assessment of their extent and likelihood of being a victim of crime.

3) Behavioral component: it reflects the adoption of preventive and/or defensive behaviors for fear of being victimized. The goal is to avoid possible risks and/or protect oneself against crime.

For each of these three facets of fear of crime, we select different indicators from the ENVIPE survey, as shown in Table 1 (respectively two variables for the emotive and behavioral dimensions and one for the cognitive one). The weights assigned to each indicator based on the MCA are also reported. They are only derived from the first axis given its strong contribution to the total inertia (i.e. 90.19%). Categories with negative weights indicate fear of crime and vice versa. Categories with the highest weights (in bold) are a low feeling of municipal and everyday life insecurity, a low degree of risk perception and no constrained behaviors adopted. On the contrary, categories with the lowest weights (in italics) are a perception of high insecurity in the municipality and during everyday life, a strong subjective victimization probability and the adoption of many risk avoidance and protective behaviors.

For every individual, the fear of crime index is the weighted average of his answers. To facilitate the interpretation of our results, we rescale the fear of crime indicator as an index scoring from 0 to 1 such as 0 indicates the lowest level of fear in our sample and 1 suggests the highest level of fear.

(Insert Table 1)

To further investigate the effect of inequalities on fear of crime and to ease comparisons with other contexts, we also run econometric estimations on each variable of the index separately.

Nevertheless, it is important to keep in mind that replications are difficult to achieve because empirical studies resort to different surveys where questionnaires are distinct and not exactly similarly formulated.

Inequality variables

From a methodological perspective, measuring the distribution of intra-municipal inequality raises some important issues. Ideally, census data should be privileged to measure inequality at the municipal level, to the extent that doing so ensures representativeness at the municipal scale. This could be done for education inequality since information on educational attainment is available. Our measure of education inequality is the Gini index applied to the number of years of schooling available in the 2015 EIC survey. We calculate education Gini for individuals aged over 15 and use a formula that allows for 0-values. However, censuses are not suited for the measurement of income inequality because of the absence of income data collection. Household surveys are better suited in this regard but fail to be representative at a disaggregated level, such as municipalities. This is the reason why, in line with the pioneering work of [START_REF] Elbers | Mico-level estiamtion of poverty and inequality[END_REF], we apply small area estimation (SAE) techniques. The main objective of SAE is to combine census and survey data in order to simulate representative inequality measures at a spatially disaggregated level.

Several studies have applied SAE techniques to measure income inequality among Mexican municipalities (e.g. [START_REF] Enamorado | Income inequality and violent crime: Evidence from Mexico's drug war[END_REF]. In this study, we provide our own SAE estimates based on the combination of the 2015 EIC inter-census survey and the 2016 ENIGH household survey implemented by INEGI. Despite many recent refinements in SAE methods, we adopt the standard approach developed by [START_REF] Elbers | Mico-level estiamtion of poverty and inequality[END_REF] because of its multiple applications in poverty and inequality analysis. The methodology and its implementation are extensively described in the online supplementary material. From these SAE simulations, we generate our main measures of income inequality, calculated at the municipal level. We mainly use the Gini index but have also calculated the generalized entropy indices to test the robustness of our results.

Figures A1 andA2 in the Appendix report maps depicting the spatial distribution of education and income Gini across Mexican municipalities.

Control variables

Individual-level predictors (from 2017 ENVIPE)

Fear of crime is partly explained by individual experiences of crime. Because of its long lasting psychological and/or material consequences, victimization fosters feelings of vulnerability and insecurity among victims, reinforcing their fear of crime (e.g. [START_REF] Hale | Fear of crime: A review of the literature[END_REF].

We account for past household victimization with a dummy taking the value 1 if one of the household members was victim of a crime during 2016. Some population groups are more vulnerable to crime and, because they have a higher perception of their vulnerability, they feel less safe and express more fear toward crime. This is particularly true for women and the elderly (e.g. [START_REF] Pantazis | Fear of Crime", Vulnerability and Poverty[END_REF]. To control for that, we include the sex and age of individuals.

Finally, education and working are proxies for individual socio-economic status. People with low socio-economic status may have a low capacity of prevention and resilience, because of meager social and economic resources. As they are less vulnerable, they are supposed to be less fearful (e.g. [START_REF] Hale | Fear of crime: A review of the literature[END_REF]). Education is captured by a five-scale categorical variable (no education, primary, lower secondary, upper secondary and higher education). Activity status is measured with a dummy indicating if the individual was working the week before the interview.

Municipal-level predictors

Considering the neighboring environment while studying the different determinants of fear of crime is crucial. Back to the theory of social disorganization, Shaw and McKay (1940) have identified three structural factors leading to a disruption of community social organization: a precarious economic situation, ethnic heterogeneity and high residential mobility. This is why several variables related to social disorganization are included.

Population density comes from the 2015 EIC survey, as the participation rate of men aged between 15 and 29. We also use this database to get an index of ethno-linguistic fractionalization (Normalized Generalized Variance, NGV) 3 and to calculate a proxy for migration defined as the proportion of household heads living in a different municipality five years earlier, in 2010. Income represents the households' average annual income per capita in thousands of pesos estimated through SAE. We account for the exposure to violence with the 2015 average homicide rate per 100 000 inhabitants according to registration year (INEGI) and an index of prevalence of drug cartel. The latter was constructed from the UCDP Georeferenced Event Dataset (Uppsala University). This dummy gets the value of 1 if at least one event 4 involving a drug cartel was identified in the municipality in 2016. Security and justice are respectively the number of security and justice personnel employed by the municipality per 10 000 inhabitants. These variables indicate the willingness of the municipality to fight crime and delinquency and its implication in maintaining social order.

They are calculated for the year 2014, using the National Census of Municipal Governments and Delegation (Censo Nacional de Gobiernos Municipales y Delegacionales, 2015).

Descriptive statistics for each of the variables are reported in Table A1 in the Appendix.

Empirical strategy

One of the main methodological challenges of this study is both to control for the multilevel structure of the data (individuals nested within municipalities) and the endogeneity of our variable of interest. Addressing clustering in the analysis of hierarchical data is fundamental otherwise results may suffer from a lack of validity. If not, standard errors will be underestimated, leading to an overstatement of the statistical significance of coefficients [START_REF] Goldstein | Multilevel Statistical Models[END_REF]. This will affect in particular standard errors of the coefficients of higherlevel variables. To take into account the hierarchical structure of our data, we use a multilevel modelling approach, which provides many advantages. It generates statistically efficient estimates of regression coefficients, provides correct standard errors, confidence intervals and significance tests [START_REF] Goldstein | Multilevel Statistical Models[END_REF].

Dealing with endogeneity is another important issue. Indeed, we suspect that our different measures of inequality may be endogenous. The first reason is reverse causality. If people feel unsafe in their municipality of residence, the most prosperous citizens may move out to a more secure place [START_REF] Sampson | Linking the micro-and macro-level dimensions of lifestyle-routine activity and opportunity models of predatory victimization[END_REF]. The level of income inequality in a municipality will then be affected by the feeling of fear of its residents. This reasoning also applies to education inequality, as the most educated citizens may also have better facilities to move out if they feel insecure, modifying the municipal distribution of educational levels.

Potential biases may also arise due to omitted variables. According to the social disorganization and collective efficacy theories, community dynamics and interactions play an important role in shaping fear of crime [START_REF] Box | Explaining fear of crime[END_REF][START_REF] Collins | What effect does inequality have on residents' sense of safety? Exploring the mediating processes of social capital and civic engagement[END_REF][START_REF] Ferguson | Modeling Fear of Crime in Dallas Neighborhoods[END_REF]. However, these characteristics and in particular social ties, informal social control, civic engagement and collective efficacy are unobservable at the municipal level and plausibly correlated with income and education inequalities.

To assess correctly the causal impact of inequality levels on individuals' fear of crime, we adopt a multilevel model combined with a two-stage least squares (2SLS) procedure. In the first stage, we regress our inequality variable on all exogenous variables defined at the municipal level plus the selected instruments.

= + + + (2) 
Equation ( 2) models inequality levels for each municipality j ( ).

is a vector of municipal-level exogenous variables and is a vector of instruments. are municipal residuals.

Then, we use a multilevel model to allow for clustering of residents' fear of crime by municipality. Fear of crime for individual i living in municipality j ( ) is regressed on the predicted value of the endogenous variable ( ) obtained from the previous stage. In this specification, we add control variables at the individual ( ) and municipal ( ) levels.

are individual residuals and are municipal ones. The error terms are assumed to be normally distributed. Logit estimates in order to take into account the nature of the variables (i.e. one dummy and four ordinal variables, see Table 1).

= + + + + + (3) 
Identifying relevant instrumental variables is a difficult task as they have to satisfy two requirements: (i) being good predictors of the endogenous variable even after controlling for the exogenous regressors (instrument relevance) and (ii) having no direct effect on fear of crime other than through its influence on the endogenous variable (instrument exogeneity or exclusion restriction). This challenge is even more important when focusing on a spatially disaggregated level such as the municipality level for which little information is available.

Following the pioneering work of [START_REF] Easterly | Inequality does cause underdevelopment: Insights from a new instrument[END_REF] and in particular its underlying intuition, we use meteorological data as instruments to tackle endogeneity of inequality in our data. [START_REF] Sokoloff | Institutions, Factor Endowments, and Paths of Development in the New World[END_REF] have developed the idea that factor endowments in Latin American colonies historically contributed to the emergence of strong wealth, human capital, and political power inequalities, which are still deeply rooted nowadays. Because these countries had soil and climate well suited for cash crops such as sugarcane, cocoa and coffee, settlers set up large plantations relying on intensive slave labor. The resulting distribution of land, income and human capital was highly unequal. On the contrary, North America colonies' endowment favored family farms growing subsistence crops (wheat in particular), homogenous population and a relatively equal distribution of wealth. Even if Mexico was not historically known for high-scale sugarcane production relying on slavery, 5 factor endowments still played an important role in shaping inequality in the Mexican society [START_REF] Sokoloff | Institutions, Factor Endowments, and Paths of Development in the New World[END_REF]. At the time of the colonization, the country was rich of minerals resources and of a native population providing cheap and abundant labor. Spanish authorities awarded property titles to the early settlers, allowing the implementation of largescale agricultural exploitation and mines, concentrated in the hand of local elite. This resulted in a highly unequal distribution of land and wealth. After the independence, inequalities persisted as the elite maintained its dominant status and power. It could be argued that the agrarian reform implemented in 1911 during the Mexican Revolution may have lessened the legacies of colonization. However, it happened one century after the independence, leaving time for inequalities to become deeply entrenched in society.

Following this theory, [START_REF] Easterly | Inequality does cause underdevelopment: Insights from a new instrument[END_REF] These meteorological data intend to reflect the land endowment of every municipality and thus their historical path of inequality. 6

Results

The original sample is composed of 92,551 individuals. Following previous studies (e.g.

Gaitán-Rossi & Shen, 2018), we choose a threshold of at least 20 individuals per municipalities. Indeed, as most of the variability in our data occurs within municipalities, small clusters could bias the estimates. The final analysis sample contains, depending on the regression, between 71,665 and 73,368 individuals (or between 77% and 79% of the original sample) nested within 577 municipalities, covering every state of the country. Table 2 presents estimations for the impact of income and education inequalities on our individual index of fear of crime. Regressions (1) and ( 2) do neither control for endogeneity nor the hierarchical structure of the data, whereas regressions ( 5) and ( 6) do. Regressions (3) and ( 4) only take into account the multilevel nature of the data.

(Insert Table 2)

Individual level variables are found to be good predictors of fear of crime, most of them being significant at the 1% level whatever the econometric specification. However, if some exhibit the expected signs, such as gender and past victimization, others contradict previous findings.

For instance, a higher socioeconomic status goes together with more fear of crime, contradicting prior evidence. The effects of municipal control variables are sensitive to the different inequality measures (regressions ( 5) and ( 6)) but are globally in line with the literature.

Let now consider the influence of inequalities on fear of crime. To do so, we primarily focus on IV multilevel estimates (regressions ( 5) and ( 6)), the most relevant ones. For the income and education Gini, the F-statistics of the first-stage regressions are largely greater than 10 and the instruments are found to be good predictors of inequalities (Table A2 in the Appendix for more details). Positive and significant coefficients for the three instruments (except for altitude when instrumenting education inequality) suggest that meteorological and altitude variations strongly affected farming specialties across Mexican municipalities in the past (cash crops vs. feed crops) and then positively influenced local income or education inequalities.

The results show that income inequality has a positive and significant effect (at the 1% level) on fear of crime (regression ( 5)), meaning that people living in more unequal municipalities have a greater fear of crime. This effect is strong since a one-point increase in the Gini index leads to a 5-point rise in the fear of crime index. It is interesting to note that controlling for the endogeneity of income inequality clearly reinforces this impact. The size of the coefficient on the income Gini more than triples when using an IV approach (regression ( 5)) compared to OLS or multilevel estimates (regressions ( 1) and ( 3)). This result adds further evidence to the existing empirical literature on the link between income inequality and fear of crime found in other contexts [START_REF] Kujala | Income Inequality, Poverty, and Fear of Crime in Europe[END_REF][START_REF] Rueda | The Externalities of Inequality: Fear of Crime and Preferences for Redistribution in Western Europe[END_REF][START_REF] Vieno | Is Fear of Crime Mainly Social and Economic Insecurity in Disguise? A Multilevel Multinational Analysis[END_REF] and confirms the impact of the structural factors of social disorganization on fear of crime. On the contrary, we fail to emphasize any significant effect of municipal education inequality on the individual fear of crime when controlling for endogeneity issues (regression ( 6)) whereas a counter-intuitive negative effect is highlighted with OLS and multilevel estimates (regressions (2) and ( 4)).

To further investigate the effect of inequalities on the different dimensions of fear of crime, we run additional estimations for the five indicators making up our fear of crime index (Table 3). Income inequality significantly deteriorates (at the 1% level) one's feeling of safety in his municipality of residence and during his daily life activities (regressions (1) and ( 2)). For instance, a one-point increase in the income Gini index raises the probability of feeling unsafe in one's municipality by around 10 percentage points, all things being equal. In addition, higher level of income disparities also favors the adoption of constrained behaviors (regression (4)) and protective measures against crime (regression ( 5)). However, individual leaving in more unequal municipalities do not perceive their likelihood of being victim of a crime as higher than individuals leaving in less unequal municipalities (regression (3)). Thus, income inequality solely affects the emotive and behavioral facets of fear of crime. By encouraging relational distance, high levels of income inequality induce a lack of social cohesion, mutual trust and solidarity. In turn, it may accentuate worries and anxiety related to crime [START_REF] Vauclair | Income inequality and fear of crime across the European region[END_REF][START_REF] Vieno | Is Fear of Crime Mainly Social and Economic Insecurity in Disguise? A Multilevel Multinational Analysis[END_REF], leading individuals to feel insecure in their municipality of residence and during their daily life activities and adopt more constrained and protective behaviors even if they do not consider themselves more at risk of being victim of a crime than residents of a more equal municipality. It is quite surprising that individuals' risk perception remains unaffected by the level of income inequality in the municipality, taking its effects on the emotive and behavioral dimensions into consideration. Hence, the emotive and behavioral dimensions could be understood as more visceral, maybe irrational fears.

(Insert Table 3)

As income inequality, education inequality positively influences (at the 1% level) feeling of unsafety (regressions ( 6) and ( 7)). However, the effect is smaller in magnitude. A one-point increase in the education Gini index raises the probability of feeling unsafe in one's municipality by around 1 percentage point, all other things held constant. This is not surprising since the impact of inequality on individuals' fear of crime is highly related to their own perception and experience of inequality. Education inequality, unlike income inequality, is less visible (even if the two are closely related) and probably generates less frustration and envy. It could also be seen as more acceptable because due to meritocracy. People's perception of their victimization probability is also positively and significantly affected (at the 1% level) by education inequality (regression ( 8)). Individuals living in municipalities with stronger educational disparities feel more at risk of being the victim of a crime. Interestingly, this effect is not detected with income inequality, indicating that risk perception relates more to education inequality than income inequality. It may be argued that educational disparities, by harming collective efficacy, impede the implementation of effective informal social control mechanisms of crime and raise one's subjective probability of victimization. This finding calls for further research examining the social processes behind high levels of education inequality at the level of Mexican municipalities. Lastly, higher levels of education inequality surprisingly lead to a reduction of measures adopted to protect oneself against crime (regression ( 10)). This could be explained by the ambiguous effect of collective efficacy on fear of crime. Indeed, some studies highlight the fact that in highly socially integrated neighborhoods, increased communication between residents can favor a greater spread of alarming, fake or exaggerated information on criminal activities or victimization risk. Thus, in unequal municipalities, where collective efficacy is impaired, this pernicious effect may be curbed, reducing the adoption of protective measures by inhabitants [START_REF] Ferguson | Modeling Fear of Crime in Dallas Neighborhoods[END_REF]. This result reminds of the one obtained by Gaitán-Rossi and Shen ( 2018).

Yet, more research is needed to understand this counterintuitive effect and its potential underlying mechanisms.

To sum up, our results show that both income and education inequalities influence fear of crime even if their effects vary in magnitude, significance and sign depending on the dimension considered.

Robustness checks

We propose to explore further the impact of inequalities on fear of crime through several robustness checks. First, we estimate the effect of income inequality on fear of crime and its sub-dimensions using alternative inequality indices. Table A3 in the Appendix reports the estimations with the three well-known entropy indices: the mean log deviation GE(0), the Theil index GE(1) and half the squared coefficient of variation GE(2). Our results are fairly robust to these alternative inequality measures. GE(0) and GE(1) increase fear of crime, affecting primarily the emotive and behavioral components. This fully confirms our previous results. However, the latters are clearly less consistent when GE(2) is used as an alternative income inequality index. Let us recall that GE(0) and GE(1) are more sensitive to income differences in the bottom and middle of the distribution while GE(2) is more sensitive to income differences in the top of the distribution. This suggests that fear of crime and especially perception of public unsafety (either in the municipality of residence or during daily life activities) and the adoption of protective measures are mainly affected by income disparities observed in the lower and middle parts of the income distribution. This is quite intuitive, in particular when we refer to the different underlying mechanisms. Moreover, the results concerning the impact of GE(2) should be interpreted carefully as the F-statistic from the first stage regression is well below 10, indicating that the instruments are not relevant (Table A2).

Second, we propose to test the sensitivity of our results to the use of an alternative composite index of fear of crime. To ease comparisons, we have constructed a simplified index that does not include weights endogenously generated through MCA procedure. Our alternative measure is inspired by the Human Development Index and assigns an equal weight of onethird to each dimension (emotive, cognitive and behavioral). Regressions (1) and (2) in Table A4 in the Appendix report estimations with this alternative index. The results largely confirm our previous findings in terms of signs, magnitude and significance of the effects.

Third, the literature highlights the crucial role of poverty in the explanation of fear of crime [START_REF] Kujala | Income Inequality, Poverty, and Fear of Crime in Europe[END_REF][START_REF] Pantazis | Fear of Crime", Vulnerability and Poverty[END_REF]. Although our previous estimates partly control for poverty with the average per capita household income at the municipal level, we propose to further investigate its role. To do so, we include the municipal food income poverty rate (i.e. the official measure of extreme income poverty calculated by CONEVAL (Consejo Nacional de Evaluación de la Política de Desarrollo Social)) as a control variable instead of the average municipal income. Regressions (3) and ( 4) in Table A4 present these new estimates. Interestingly, the magnitude of the effect of income inequality is smaller, suggesting that, with our previous estimates, income inequality captured part of the effect of poverty. However, this does not call into question our results since the effect of income inequality remains positive and significant. Our findings for the education Gini tell a different story with a coefficient that becomes significant and negative (instead of non-significant).

This clearly indicates a greater sensitivity of our results for education inequality.

Fourth, for exploratory purposes, we also test the presence of a non-linear relationship between inequality and fear of crime. Regressions ( 5) and ( 6) in Table A4 report the results

for regressions with a quadratic specification for income and education inequalities. We fail to find any significant quadratic relationship between inequalities and fear of crime.

In a nutshell, our results for income inequality are robust to the different robustness checks.

For education inequality, however, our results appear to be less consistent.

Conclusion and discussion

The purpose of this article was to study in depth the causal impact of different types of This study enriches the empirical literature on the link between inequality and fear of crime for multiple reasons. Our investigation takes into account both individual and contextual factors. Thanks to the creation of an innovative index, we consider every dimension of fear of crime. It brings additional evidence while focusing on the particular context of developing countries, where little research on this issue was conducted until now. To our knowledge, this is also the first study combining different types of inequality.

Our results emphasize a positive linear relationship between municipal income inequality and individual fear of crime, giving additional support to the existing empirical literature. This effect is strong since a one-point increase in the Gini index leads to a 5-point rise in the fear of crime indicator, confirming the impact of the structural factors of social disorganization on fear of crime. Nevertheless, we fail to observe such an effect for education inequality. At a more disaggregated level, we highlight a positive impact of income inequality on the emotive and behavioral dimensions of fear of crime. This means that individuals living in municipalities with higher income disparities feel more unsecure, both in their municipality of residence and during their daily life activities, and adopt more constrained behaviors and protective measures against crime. Surprisingly, income inequality has no significant impact on risk perception. Education inequality positively influences feeling of unsafety, the effect being however smaller in magnitude. In addition and contrary to income inequality, education inequality affects positively one's subjective victimization probability. It also leads to a reduction of measures adopted to protect oneself against crime. While our findings for income inequality are fairly robust, results concerning education inequalities are less consistent among different robustness checks.

In line with research on the links between fear of crime, social disorganization and collective efficacy, there is a need for continued investigation to better understand the effect of inequality on fear of crime through these transmission channels. However, mechanisms binding contextual factors to individual outcomes are difficult to identify. Understanding how individuals experience and evaluate inequalities could increase our comprehension of how municipal-level inequality influences subjective fear of crime. Previous studies have already focused on the effect of inequality perception on redistribution preferences [START_REF] Gimpelson | Misperceiving inequality[END_REF], voting behavior, life satisfaction or trust [START_REF] Schneider | Income Inequality and its Consequences for Life Satisfaction: What Role do Social Cognitions Play?[END_REF][START_REF] Gallego | Inequality and the erosion of trust among the poor: Experimental evidence[END_REF].

But beliefs about income distribution are often inaccurate and differ from real inequality degrees [START_REF] Norton | Building a Better America-One Wealth Quintile at a Time[END_REF][START_REF] Hauser | Mis)perceptions of inequality[END_REF]. Actually, it depends on people's current position in the income distribution (Knell & Stix, 2017). For example, individuals with a higher socio-economic status may have a greater perception of income inequality [START_REF] Norton | Building a Better America-One Wealth Quintile at a Time[END_REF][START_REF] Schneider | Income Inequality and its Consequences for Life Satisfaction: What Role do Social Cognitions Play?[END_REF] and tend to legitimate inequalities more than those belonging to lower socio-economic status groups. But individuals assess as well very badly their own position in the income distribution, with poor people often overestimating their rank whereas rich people underestimate theirs [START_REF] Gimpelson | Misperceiving inequality[END_REF]. It would have been interesting to have data on the individual socio-economic status to determine if the impact of inequality on fear of crime is mediated by people's position in the income distribution.

Unfortunately, such data are not available from the ENVIPE survey. Perception of inequality is also related to the environment people evolve in. [START_REF] Mijs | The paradox of inequality: income inequality and belief in meritocracy go hand in hand[END_REF] finds that people living in more unequal societies have a higher tolerance of inequality because they perceive it as the result of a meritocratic process. Understanding how Mexicans perceive and experience inequalities is the next step, but is not an easy task. As Neckerman and Torche highlight, "we know very little about how people become aware of complex economic information, how quickly they revise this information when conditions change, how institutions mediate the acquisition and interpretation of economic information, and what kinds of biases might affect perceptions of inequality. Nor do we understand how people choose reference groups against which to evaluate their own status" (Neckerman & Torche, 2007, p. 349). That is why we encourage further research in that direction.

Finally, public policies aiming at fighting inequalities could be more effective to curb fear of crime than those targeting directly criminality. As surprising as it sounds in the Mexican context, "actual levels of crime should not be overlooked as a key determinant of fear of crime" [START_REF] Gaitán-Rossi | Fear of Crime in Mexico: The Impacts of Municipality Characteristics[END_REF]. Income inequality is also a well-known determinant of criminality and in particular homicide rate [START_REF] Enamorado | Income inequality and violent crime: Evidence from Mexico's drug war[END_REF][START_REF] Vilalta | What Explains Criminal Violence in Mexico City? A Test of Two Theories of Crime[END_REF].

As a result, reducing inequalities would be beneficial to tackle both criminality and fear of crime.

rich and complex information on a reduced number of axes. The contribution of each axis to the total variance, i.e. the percentage of information summarized, is determined endogenously. The higher the contribution, the more the axis is important in explaining the phenomenon. The MCA also allows to aggregate the different variables into a synthetic indicator by estimating a weighting system based on the coordinates of these variables on the different axes, generally the first and second ones, depending on their contribution to total inertia (for more details see [START_REF] Greenacre | Correspondence Analysis in Practice (Third)[END_REF].

3 NGV can be expressed as follows [START_REF] Budescu | How to measure diversity when you must[END_REF]:

= ( ) (1 -∑ ! ).
Where Pi is the proportion of people who belong to the ethnic group i and C in the number of groups. NGV measures "the probability that two randomly selected individuals from a particular population belong to different subgroups (…). A high value (probability) reflects a higher degree of diversity" (Budescu & Budescu, 2012, p. 217).

4 An event is defined as an incident where armed force was used by an organized actor against another organized actor, or against civilians, resulting in at least 1 direct death at a specific date and location. 

  This model allows the intercept to vary randomly across municipalities. As a result, the residual variance is decomposed into a between-municipality component (variance of the municipal-level residuals) and a within municipality component (variance of the individuallevel residuals). The standard errors of the second-stage estimates are adjusted via bootstrapping (500 replications) to account for the two-step estimation and obtain robust standard errors. When focusing separately on the five indicators making up our composite index of fear of crime, we adopt the same IV multilevel strategy but use Logit and ordered

  inequality (income and education), as structural factors of social disorganization at the municipal level, on individual fear of crime. Based on the combination of multiple datasets (the 2017 ENVIPE survey, the 2015 EIC survey and the 2016 ENIGH survey), we were able to construct (i) a new composite indicator of fear of crime trying to compensate for several gaps in the literature and (ii) representative measures of income and education inequality at the municipal level. Based on these variables, we examined the causal effect of inequalities on fear of crime, controlling for the hierarchical structure of the data and endogeneity bias, through IV multilevel models.

Figure A3 :

 A3 Figure A3: Yearly average amount of precipitation over the 1951-2010 period.

Figure A4 :

 A4 Figure A4: Yearly average temperature over the 1951-2010 period.

  uses measures of agricultural endowments to instrument inequality. In particular, he relies on geographical and meteorological data (such

as soil, rainfall, temperature and altitude) to predict the percentage of agricultural land suitable for growing wheat versus sugarcane in a country. Furthermore, he argues that despite being less precise than real production data, relying on meteorological measures ensures the exogeneity of the instruments. Such land suitability data are not available at the scale of Mexican municipalities. We were however able to collect weather data for 967 weather stations all over the territory. The data comes from the National Water Comission (Comisión Nacional del Agua, CONAGUA). It includes, for every station over the 1951-2010 period, the yearly average amount of precipitation, temperature and the altitude. Every municipality centroid is then matched with the nearest weather station based on latitude and longitude coordinates. Our data present a high variability at the municipal level (see Table

A1

in the Appendix for descriptive statistics and Figures A3 and A4 for cartographic representations).

Table 1 : Multiple correspondence analysis weights.

 1 

	Dimensions	Questions	Indicators	Category	Weights
		In terms of delinquency, do you consider that living in this municipality is safe or unsafe?	Municipality insecurity	0-Safe 1-Unsafe	1.225 -0.690
	Emotive	In terms of delinquency, tell me if you feel safe or unsafe in ... It has twelve items such as: street, market, public transportation, park etc.	Everyday life insecurity	0-Low 1-Medium low 2-Medium high 3-High	1.791 0.160 -0.681
					-1.260
	Cognitive	In what is left of 2017, near the places you move on or for the type of activities you do, do you believe this could happen to you? (1) Theft or assault in the street or in the public transportation; (2) Injuries due to physical aggression; (3) Extortion or kidnapping	Risk perception	0-Low 1-Medium low 2-Medium high 3-High	1.650 0.188 -0.413
		demanding money or goods.			-1.002
		During 2016, due to fear of being a victim of some crime (theft, assault, kidnapping, etc.), did you refrained from?: (1) Going out at night; (2) Visiting friends or family; (3) Using public transportation; (4) Going out for lunch or dinner; (5) Travelling in	Constrained behaviors (CB)	0-No CB 1-Few CB 2-Some CB 3-Many CB	1.481 0.407 -0.574 -1.377
	Behavioral	highway etc. During 2016, to protect yourself from delinquency,		0-No PM	0.614
		were any measures taken in this household such as: (1) changing or reinforcing doors or windows; (2) buying a watch dog; (4) carrying out joint actions installing alarms and/or surveillance camcorders; (3)	(PM) Protective measures	1-One PM 2-2 or more PM	-0.438 -1.161
		with your neighbors etc.			

Source: Authors' calculations based on ENVIPE.

Table 2 : Impact of income and education inequalities on fear of crime (OLS, multilevel and IV multilevel estimates).

 2 

		OLS	Multilevel	IV multilevel
		(1)	(2)	(3)	(4)	(5)	(6)
	Municipality-level predictors						
	Income Gini	1.3356***		1.4272***		5.0280***	
		(0.050)		(0.192)		(1.135)	
	Education Gini		-0.6541***		-0.5369***		0.3628
			(0.035)		(0.104)		(0.229)
	Density	0.0123***	0.0115***	0.0163***	0.0165***	0.0086***	0.0193***
		(0.000)	(0.000)	(0.002)	(0.003)	(0.003)	(0.003)
	Migration	0.1934***	-0.0022	0.2497***	0.0952	0.2494***	0.2860***
		(0.022)	(0.023)	(0.087)	(0.089)	(0.068)	(0.088)
	Income	-0.0012*** -0.0008*** -0.0010*** -0.0007*** -0.0034***	0.0008*
		(0.000)	(0.000)	(0.000)	(0.000)	(0.000)	(0.000)
	Ethno-linguistic fractionalization -0.1597*** -0.0580*** -0.0816***	-0.0029	-0.1139*** -0.0654**
		(0.009)	(0.009)	(0.0241)	(0.024)	(0.025)	(0.026)
	Homicide rate	0.0009***	0.0012***	0.0001	0.0004*	0.0004***	0.0002
		(0.000)	(0.000)	(0.000)	(0.000)	(0.000)	(0.000)
	Drug cartel	-0.0099*** -0.0186***	0.0039	0.0119	-0.0196	-0.0021
		(0.003)	(0.003)	(0.0147)	(0.015)	(0.012)	(0.014)
	Participation rate (for men 15-29)	0.0214 (0.017)	0.0835*** (0.017)	0.1073* (0.0586)	0.1173** (0.057)	0.1341*** (0.045)	0.1432*** (0.047)
	Security	0.0000**	-0.0000**	-0.0000	-0.0001	0.0000	-0.0001*
		(0.000)	(0.000)	(0.000)	(0.000)	(0.000)	(0.000)
	Justice	-0.0002*** -0.0003***	-0.0004*	-0.0005*	-0.0002	-0.0005**
		(0.000)	(0.000)	(0.000)	(0.000)	(0.000)	(0.000)
	Individual-level predictors						
	Female	0.0671***	0.0678***	0.0682***	0.0683***	0.0682***	0.0683***
		(0.002)	(0.002)	(0.002)	(0.003)	(0.002)	(0.003)
	Age	0.0076***	0.0075***	0.0072***	0.0073***	0.0072***	0.0073***
		(0.000)	(0.000)	(0.000)	(0.000)	(0.000)	(0.000)
	Age squared	-0.0001*** -0.0001*** -0.0000*** -0.0001***	-0.0000	-0.0001***
		(0.000)	(0.000)	(0.000)	(0.000)	(0.000)	(0.000)
	Education (Ref.=no education)						
	Primary	0.0536***	0.0460***	0.0533***	0.0526***	0.0533***	0.0533***
		(0.005)	(0.005)	(0.004)	(0.005)	(0.004)	(0.005)
	Lower secondary	0.0820***	0.0708***	0.0787***	0.0777***	0.0786***	0.0786***
		(0.005)	(0.005)	(0.005)	(0.005)	(0.005)	(0.005)
	Upper secondary	0.0859***	0.0754***	0.0800***	0.0790***	0.0800	0.0799***
		(0.005)	(0.005)	(0.006)	(0.006)	(0.006)	(0.006)
	Higher education	0.0865***	0.0778***	0.0821***	0.0812***	0.0821***	0.0820***
		(0.005)	(0.005)	(0.007)	(0.008)	(0.008)	(0.008)
	Working	0.0101***	0.0112***	0.0121***	0.0122***	0.0121***	0.0122***
		(0.002)	(0.002)	(0.002)	(0.002)	(0.002)	(0.002)
	Household victimization	0.1287***	0.1310***	0.1210***	0.1212***	0.1211***	0.1212***
		(0.002)	(0.002)	(0.002)	(0.003)	(0.002)	(0.003)
	Constant	-0.2769*** 0.4382*** -0.3660*** 0.3643*** -1.7278***	0.0090
		(0.022)	(0.017)	(0.079)	(0.050)	(0.428)	(0.100)
	Observations	71,665	71,665	71,665	71,665	71,665	71,665
	Number of groups	/	/	577	577	577	577
	Notes: Robust standard errors are reported into brackets. Level of statistical significance: 1% ***, 5%**, and 10%*.
	Source: Authors' calculations based on multiple datasets.				

Table 3 : Impact of income and education inequalities on the different dimensions of fear of crime (IV multilevel estimates).

 3 Robust standard errors are reported into brackets. In IV estimates, errors are clustered at the municipal level. Level of statistical significance: 1% ***, 5%**, and 10%*. (a) Binary Logit estimates (marginal effects are reported). (b) Ordered Logit estimates (coefficients are reported). Source: Authors' calculations based on multiple datasets.

		Emotive component	Cognitive component	Behavioral component
		Municipality insecurity a	Everyday life insecurity b	Risk perception b	Constrained behaviors b	Protective measures b
		(1)	(2)	(3)	(4)	(5)
	Income Gini	10.1432***	50.9873***	1.9699	10.6092***	20.7141***
		(0.957)	(3.619)	(3.851)	(3.511)	(3.941)
		(6)	(7)	(8)	(9)	(10)
	Education Gini	1.1249***	3.8042***	3.3155***	0.6746	-1.7833**
		(0.195)	(0.768)	(0.691)	(0.665)	(0.792)
	Control variables	Yes	Yes	Yes	Yes	Yes
	Observations	72,491	73,368	72,734	73,136	73,277
	Number of groups	577	577	577	577	577
	Notes:					

Table A1 :

 A1 Descriptive statistics.

	Person level variables		Mean	SD	Min	Max
	FOC index		0.551	0.275	0	1
	FOC alternative index		0.497	0.272	0	1
	Municipality insecurity		0.638	0.480	0	1
	Everyday life insecurity		1.491	1.121	0	3
	Risk perception		1.672	1.204	0	3
	Constrained behaviors		1.474	1.119	0	3
	Protective measures		0.655	0.850	0	2
	Female		0,538	0,499	0	1
	Age		43,218	17,265	18	98
	Education:	None	0.064	0.245	0	1
		Primary	0.260	0.438	0	1
		Lower secondary	0.295	0.456	0	1
		Upper secondary	0.177	0.381	0	1
		Higher education	0.204	0.403	0	1
	Working		0.664	0.473	0	1
	Household victimization		0.242	0.428	0	1
	Municipality level variables					
	Income Gini		0,393	0,025	0,327	0,799
	Education Gini		0,334	0,072	0,150	0,660
	GE(0)		0,264	0,043	0,181	1,398
	GE(1)		0,276	0,073	0,179	2,979
	GE(2)		0,479	1,265	0,210	48,658
	Density		0,296	1,208	0,000	16,818
	Migration		0,057	0,045	0,000	0,673
	Income		33,220	19,214	8,216	229,162
	Poverty		0.244	0.117	0	0.856
	NGV		0,155	0,210	0,000	0,998
	Homicide rate		30.057	38.900	1.245	537.634
	Drug cartel		0,027	0,162	0	1
	Participation rate (for men 15-29 y.o.)		0,526	0,114	0,054	0,802
	Security		211.018	298.523	0,000	3936.039
	Justice		39.603	127.104	0,000	2413.793
	Temperature		20,469	4,290	10	29,5
	Precipitation		1092,766	799,432	53,6	4217,3
	Altitude		1296,299	818,819	1,5	3008,275
	Source: Authors' calculations based on multiple datasets.					

Table A2 : First stage regressions (OLS).

 A2 Precipitation and Altitude have been divided by 1000 to rescale the values of coefficients. Robust standard errors are reported into brackets. Level of statistical significance: 1% ***, 5%**, and 10%*. Source: Authors' calculations based on multiple datasets.

		Income Gini	Education Gini	GE(0)	GE(1)	GE(2)
		(1)	(2)	(3)	(4)	(5)
	Precipitation	0.0034***	0.0193***	0.0055***	0.0046***	-0.0183
		(0.001)	(0.002)	(0.001)	(0.001)	(0.027)
	Temperature	0.0072***	0.0171***	0.0110***	0.0087**	-0.0517
		(0.002)	(0.004)	(0.002)	(0.003)	(0.065)
	Altitude	0.0051***	-0.0003	0.0078***	0.0090***	0.0121
		(0.001)	(0.002)	(0.001)	(0.002)	(0.036)
	Density	0.0015***	-0.0026**	0.0024***	0.0023**	0.0086
		(0.000)	(0.001)	(0.001)	(0.001)	(0.019)
	Migration rate	-0.0092	-0.1788***	-0.0269**	-0.0298	-0.3489
		(0.009)	(0.026)	(0.014)	(0.021)	(0.395)
	Income	0.0008***	-0.0019***	0.0013***	0.0010***	-0.0004
		(0.000)	(0.000)	(0.000)	(0.000)	(0.001)
	Ethno-linguistic fractionalization	0.0141***	0.0402***	0.0232***	0.0257***	0.1863*
		(0.002)	(0.006)	(0.003)	(0.005)	(0.098)
	Homicide rate	-0.0000***	0.0001***	-0.0000**	-0.0001*	0.0004
		(0.000)	(0.000)	(0.000)	(0.000)	(0.001)
	Drug cartel	0.0064***	0.0238***	0.0107***	0.0106*	0.0430
		(0.002)	(0.007)	(0.004)	(0.005)	(0.102)
	Participation rate (for men 15-29)	-0.0021	-0.0726***	-0.0088	-0.0085	-0.0880
		(0.004)	(0.011)	(0.006)	(0.009)	(0.175)
	Security	-0.0000***	-0.0000***	-0.0000***	-0.0000***	-0.0002**
		(0.000)	(0.000)	(0.000)	(0.000)	(0.000)
	Justice	-0.0000***	0.0001*	-0.0001***	-0.0001***	-0.0006
		(0.000)	(0.000)	(0.000)	(0.000)	(0.000)
	Constant	0.3500***	0.3853***	0.1946***	0.2220***	0.6667***
		(0.005)	(0.014)	(0.007)	(0.011)	(0.214)
	Observations	1,809	1,809	1,809	1,809	1,809
	F-statistic	115.68	214.90	134.11	42.07	1.49
	R-squared	0.4360	0.5895	0.4726	0.2194	0.0099
	Notes:					

Table A3 : Impact of different entropy indices on fear of crime and its sub-dimensions (IV multilevel estimates).

 A3 Robust standard errors are reported into brackets. In IV estimates, errors are clustered at the municipal level. Level of statistical significance: 1% ***, 5%**, and 10%*. (a) Binary Logit estimates (marginal effects are reported). (b) Ordered Logit estimates (coefficients are reported). Source: Authors' calculations based on multiple datasets.

			Emotive component	Cognitive component	Behavioral component
		FOC index	Municipality insecurity a	Everyday life insecurity b	Risk perception b	Constrained behaviors b	Protective measures b
	GE(0)	3.1988***	6.4422***	32.4313***	1.4235	6.7859*** 13.1638***
		(0.750)	(0.523)	(2.623)	(2.317)	(2.431)	(2.473)
	GE(1)	2.7978***	4.8196***	27.9781***	-3.4266	6.3514*** 17.2846***
		(0.681)	(0.551)	(2.108)	(2.137)	(1.981)	(2.061)
	GE(2)	-0.0147	-0.2974	-0.2589	-1.5062***	0.1127	1.8667***
		(0.103)	(0.084)	(0.277)	(0.323)	(0.291)	(0.297)
	Control variables	Yes	Yes	Yes	Yes	Yes	Yes
	Observations	71,665	72,491	73,368	72,734	73,136	73,277
	Number of groups	577	577	577	577	577	577
	Notes:						

Table A4 : Additional robustness checks (IV multilevel estimates).

 A4 Robust standard errors are reported into brackets. In IV estimates, errors are clustered at the municipal level. Level of statistical significance: 1% ***, 5%**, and 10%*. Source: Authors' calculations based on multiple datasets.

		Alternative FOC index	Poverty as an additional control	Quadratic relationship
		(1)	(2)	(3)	(4)	(5)	(6)
	Income Gini	4.1972***		0.9950***		-28.7447	
		(1.051)		(0.228)		(28.833)	
	Income Gini squared					40.3324	
						(34.541)	
	Education Gini		0.3405		-0.3045***		0.1119
			(0.215)		(0.074)		(1.437)
	Education Gini squared						-0.8533
							(2.050)
	Poverty			0.3951***	0.4080***		
				(0.042)	(0.041)		
	Control variables	Yes	Yes	Yes	Yes	Yes	Yes
	Observations	71,665	71,665	71,665	71,665	71,665	71,665
	Number of groups	577	577	577	577	577	577
	Notes:						

Trying to overcome these limits, some authors create composite indexes aggregating different questions instead of a single one. However, these studies do not pay particular attention to the different dimensions of fear of crime (Ruiz Pérez,

2010;[START_REF] Wyant | Multilevel Impacts of Perceived Incivilities and Perceptions of Crime Risk on Fear of Crime[END_REF] or at best focus solely on the emotive component[START_REF] Markowitz | Extending social disorganization theory: Modeling the relationships between cohesion, disorder, and fear[END_REF][START_REF] Vauclair | Income inequality and fear of crime across the European region[END_REF]).2 This method analyses the pattern of relationships between several categorical variables, allowing synthesizing

Note however that cash crops were still part of Mexican agriculture. For example, in 2012, the country was the

th world largest producer of sugarcane, using around 2.7% of its agricultural land (SIAP and SAGARPA).6 Other papers also use weather data as instrument for inequality and in particular rainfall. For example,[START_REF] Nepal | More Inequality, More Killings: The Maoist Insurgency in Nepal[END_REF] use rainfall shocks to instrument economic inequality. Although the underlying reasoning is slightly different,[START_REF] Ramcharan | Inequality and redistribution: evidence from u.s. counties and states, 1890 -1930[END_REF] uses weather and crop characteristics to instrument land inequality, their measure of wealth disparity.

Appendix