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Abstract Ontology alignments enable agents to communicate while preserving
heterogeneity in their knowledge. Alignments may not be provided as input and
should be able to evolve when communication fails or when new information con-
tradicting the alignment is acquired. The Alignment Repair Game (ARG) has been
proposed for agents to simultaneously communicate and repair their alignments
through adaptation operators when communication failures occur. ARG has been
evaluated experimentally and the experiments showed that agents converge to-
wards successful communication and improve their alignments. However, whether
the adaptation operators are formally correct, complete or redundant could not
be established by experiments. We introduce a logical model, Dynamic Epistemic
Ontology Logic (DEOL), that enables us to answer these questions. This frame-
work allows us (1) to express the ontologies and alignments used via a faithful
translation from ARG to DEOL, (2) to model the ARG adaptation operators as
dynamic modalities and (3) to formally define and establish the correctness, partial
redundancy and incompleteness of the adaptation operators in ARG.

Keywords Ontology alignment - Alignment repair - Multi-agent systems - Agent
communication - Dynamic Epistemic Logic
1 Introduction

Agents may use ontologies or other logical representations of their knowledge of
the world they live in. In autonomous agent systems this may lead them to develop
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different ontologies. This heterogeneity causes a problem when agents try to com-
municate: how do agents understand each other if they express their knowledge in
different ways?

Ontology matching has been developed to allow agents with different knowledge
representations to communicate [23]. Ontology matching algorithms aim to find
relationships holding across entities of two ontologies, the ontology alignment. Yet,
ontology matching algorithms may output only partially correct or incomplete
alignments, and there may be situations in which agents constantly evolve their
ontologies requiring alignments to evolve accordingly. This means that alignments
have to evolve. One way for agents to achieve this is to adapt the alignments when
experience shows them that one of them is not correct.

These types of scenarios are of widespread application. For instance, one may
consider the situation where agents are taking care of a warehouse that contin-
uously has to take into account the references of new suppliers and to reclassify
them in function of different characteristics. Similarly, one may consider social
care robots that independently generalise from what they observe and have to
coordinate with different such robots. Of course, it is possible to shut down the
warehouse and to stop social care waiting for the re-engineering of a common
ontology. But this would not be very reactive, nor very open.

The Alignment Repair Game (ARG) [11,13], inspired by cultural language
evolution [24], is a model of such situations, used for performing simulations. It
allows agents to communicate and, in parallel, evolve their alignments through
local corrective actions whenever their communication fails. In ARG, the agents
are adaptive: they blindly apply adaptation operators that specify how to modify
the failing alignment.

ARG is used to assess the effect of different adaptation operators on agents’
knowledge. It was evaluated experimentally and the experiments showed that
the agents converge towards successful communication and improve their align-
ments [13]. However, experiments do not assess formal properties of operators, i.e.
whether they are logically correct, complete or redundant.

In this paper we introduce a logical model based on Dynamic Epistemic Logic
(DEL) [34] called Dynamic Epistemic Ontology Logic (DEOL) to answer this ques-
tion. In particular, DEOL enables us to express the ontologies and alignments via
a faithful translation and to model the ARG adaptation operators as dynamic
modalities. This allows us to formally define correctness, completeness and redun-
dancy for ARG and to use these definitions to prove that all but the add operator
are correct, that delete, addjoin and refine are redundant for one agent and
that all operators are incomplete.

The contributions of this paper are thus to (1) provide a logical framework
suitable to model the alignment repair game, (2) formally define the formal prop-
erties of the adaptation operators: correctness, redundancy and completeness, (3)
prove whether these properties hold for delete, add, addjoin, refine and refadd,
and finally (4) theoretically compare adaptive agents and logical agents.

We restrict the logical modelling to ARG, however, the techniques presented
here could be extended to establish formal properties of other games that are
designed for agents to improve alignments through interaction.

This paper is an extension of [5] which provides a precise definition of the game,
ontologies and alignments (dropping the adaptation operator replace without
loss of generality to gain clarity); a complete revised section of related work; a
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full definition of Dynamic Epistemic Ontology Logic (DEOL) and a proof of the
faithfulness of the translation from ARG to DEOL; and a broader discussion of
the significance and perspectives of this work.

In the remainder, we discuss the related work (§2) and provide the preliminar-
ies (§3): the Alignment Repair Game (§3.1-3.2) and Dynamic Epistemic Logic (§3.3).
We introduce DEOL (§4), translate ARG states to DEOL models and prove that
this translation is consequence-preserving (§5). Then, we define the formal prop-
erties of the adaptation operators and use these definitions to prove that all but
the add operator are correct, thatdelete, addjoin and refine are redundant for
one agent and that all operators are incomplete (§6). We conclude by discussing
the results and giving a perspective on future work (§7).

2 Related Work

In order to accomplish their tasks, agents often maintain a representation of
the world they live in. Using an ontology for that purpose is commonplace. Au-
tonomous agents, developed from different sources or learning autonomously, will
naturally have different ontologies. This heterogeneity is a problem, in particular
when agents need to communicate about this common environment [25].

Imposing a single universally shared ontology on agents would solve the prob-
lem but at the price of autonomy. It also violates the possibility of keeping part of
the ontology private. It is thus reasonable to consider that not all ontologies have
to be shared.

In consequence, a common method relies on ontology alignments [14] to ensure
agent intelligibility when communicating: alignments express relations between
concepts and relations that allow them to interpret other agents’ messages.

There are many different ways in which such alignments have been used. It
is possible to generate alignments beforehand and to use them, it is also possible
to create them or compose them on the fly. Anemone [31] matches ontologies on
the fly when agents need to communicate and cannot express themselves. Agents
will then exchange concept definitions or concept instances. Other approaches use
argumentation to accept or reject correspondences from a library of alignments [18,
26].

Such techniques consider the obtained alignment as correct and do not consider
modifying or repairing it dynamically. Different techniques have been proposed
to evolve alignments: gossiping amongst agents to reach global agreement [1],
logical repair to enforce consistency [19,16,22], or prevention of logical violations
to agents’ ontologies via conservativity principles [17]. Some have been integrated
with multi-agent systems via specific protocols [1,20].

These repair techniques are developed independently of agent interaction. How-
ever, it may not be realistic nor desirable for agents to stop interacting until the
repair is completed. To overcome this, interaction-situated semantic alignment was
proposed [2]. This is an ontology matching algorithm embedded in the interaction
protocols used by agents to communicate. Alignments are induced depending on
repeated successful interactions and failing interactions lead to revision. This pro-
posal was further advanced to repair alignments through their use and generalized
to less constrained protocols [2,8,9,10].
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The Alignment Repair Game (ARG) [11], taking inspiration from experimental
cultural language evolution [24] may be considered as belonging to this category
of approaches. It lets agents continuously play the game and systematically adapt
their alignments when a failure occurs. ARG has been used to experimentally
show that adaptive agents converge towards successful communication through
local corrective actions [13]. Yet, very little of the formal properties of the ARG
agents or adaptation operators were assessed formally. This is the purpose of the
current work.

3 Preliminaries

In this section, we first explain what is needed of ontologies and ontology align-
ments to explain ARG (§3.1). Then we describe the Alignment Repair Game as a
way for agents to evolve alignments (§3.2). Finally we give the syntax and seman-
tics of Dynamic Epistemic Logic (DEL) (§3.3). This logic is the basis for the logic
introduced later in this paper.

ARG may be described in different ways. We opted for a simple presenta-
tion that both strictly fits ARG and aligns well with the DEOL translation. This
involved two specific choices: having a unique namespace for objects, instead of
identifying objects with properties, and having a full network of monodirectional
alignments (ARG alignments).

3.1 Ontologies and alignments

Agents use ontologies to represent their knowledge of the world. An ontology is
based on a signature.

Definition 1 (Ontology signature) An ontology signature, or signature, is a
pair {(C, D) such that C is a set of class names, with T € C, and D is a set of object
names.

We use uppercase letters (C, D) to denote elements of C and lowercase letters
(0,0') to denote elements of D. Statements or formulas relate elements of a signa-
ture through relations of subsumption (C' = D or C' 2 D), disjointness (C ® D) or
membership (C(0)). We may say that C' is equivalent to D (C' = D) to abbreviate
ceDand DEC.

An ontology, denoted by O, over a signature, is a set of such statements con-
straining the interpretation of the objects and classes of the signature. Formally,
the ontology can be expressed as a knowledge base in Description Logics [3]. Here
we restrict ourselves to the very simple ontologies manipulated within ARG. They
express the minimum necessary to allow agents to play the game. They do not
consider roles, nor complex classes, and they are organised into dichotomic trees
which may be informally described as follows, given an ontology signature (C, D):

— Each class in C is assigned a node in a binary tree rooted at T, whenever a
class C' is a child of a class D, then C = D € O,

— for every C, D € C, if C and D are siblings then C® D € O,

— for every leaf C' of the tree, there exists o € D such that C'(o) € O, and
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— each o € D, is attached to a most specific node C, i.e. C'(0) € O.

This is illustrated by Figure 1. We will consider several agents, named a, b, c, etc.,
each having their own ontologies. We will use subscript to identify the associated
concepts: Oq, Ca, mygczq(C,0), ete.

o, T T, o,
Black,—© _ White, T Smally—2— Large,
A T A V N, e
sB, LB,  sw, 2w, ss,-@ 15, Ss1,-2 7L,

E A B A ©C A ] A D
Fig. 1 Two ARG ontologies, O, on the left and O on the right, and an alignment A, (in
dashed blue) between them. Membership between objects and classes are rendered by dotted
edges. The class names of the leaf classes have an intended use for the agents that use them:
SB, has the intended meaning of being the class, in agent a’s ontology, with all objects that
are both small and black; LW, all objects that are large and white; SS}, is the class, in agent

b’s ontology, with all objects that are small and squared; T'L; all objects that are triangular
and large; etc. Of course, these intended uses are not accessible for other agents.

ARG ontologies are formally defined in Definition 2 on which proofs are based.
Such constraints may be obtained in other ways, but the present ones are sufficient
for this paper.

Definition 2 (ARG ontology) An ARG ontology O over a signature {C, D) is
a finite set of axioms following the grammar:

ccD|Ce®D|C(o)
with C, D e C different class names and o € D an object name, such that:

1.vCel:TEC¢O0,

2. ¥VCeC\{T}3ADeC:CcDeO,

3. VD e C, either one of the following holds:
—3KC,CHYeCxCwithC2DeO,C'cDeOand C®C' €O, or
— #C e C such that C = D € O and 3o e D; D(o) € O.

4. Yoe D, C e C; C(o) € O;

YO eC, 3Co,...Cn; Vie [1,n], C; € Ci—1 € O and Cy = C = C;

6. O contains no other axiom.

o

The constraints in Definition 2 specify that (1) there is a most general class
, (2) each class, apart from T, has a unique class to which it is subsumed, (3)
all classes either have a unique pair of subclasses that are disjoint, or there is an
object that belongs to it, (4) each object has a unique class to which it belongs,
and (5) there is no cycle.
In the following, the word ‘ontology’ denotes an ARG ontology. Definition 2
constrains the syntax of ARG ontologies. An interpretation is provided to give
meaning to the elements of the signature.
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Definition 3 (Ontology Interpretation) Given a signature (C, D), an ontology
interpretation I is a tuple I = (A,.T) such that A is a non-empty domain, a set
of objects, and 1 is a function assigning to object names o € D an element of the
domain A (1 : D — A), and to class names C € C a subset of A (-f : ¢ — 24),
such that T = A.

Definition 4 (Formula Satisfiability) Let O be an ontology and let I be an
interpretation over its signature, satisfiability (=) is defined as follows:

I=CccDiff ¢' <D’
I=CoDifCc'AD! =y
IECo)iff o’ e Ot
We may use I = C = D whenever [ ECEDbutlItC2Dand Il =C§D
whenever I £ C' @ D and say that C' and D are overlapping.
As usual, an interpretation satisfying all the axioms of an ontology is called
a model of that ontology; an ontology for which there does not exist a model is
inconsistent; and an ontology O entails a statement ¢ if all models of the ontology

satisfy this statement (noted O & ¢).
In the case of ARG, ontologies always have models.

Proposition 1 FEvery ARG ontology is consistent.

This is a good reason for ARG agents to never change their ontologies.
We introduce some notation useful for defining ARG games precisely:

Definition 5 For any ARG ontology O of signature {C, D):

(a) For each class C' € C\{T}, the most specific superclass of C'is the class D € C
defined by:
OCcDandV¥(C'eC: OCc(C'=0Dc ('

It is denoted by msc(C).
(b) For each object o € D, the most specific class compatible with o is the class
C € O defined by:

OEC)andVC' eC: O C'(0)=0Cc=C'

It is denoted by msc(o).
(c) For each class C € C\{T} and for each object o € D, the most specific superclass
of C' compatible with o is D € C defined by:

OrCcDand Ok Do) andVC' eC: O C=C'AOC(0)= 0k DeC’

It is denoted by mscc(C, o).
(d) For each class C € C and each object o € D, the set of most general subclasses
of C' incompatible with o, is the set defined by:

{(DeC|lOEDC=C, O D),V eC: (OC' =cCrOKC'(0) =0k C' c D}

It is denoted by mgcx(C, o).
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Ezample 1 (Running example) Considering the ontologies of Figure 1, it can be
observed that:

— msc(SWeq) = Whiteq: the most specific superclass of SW;

— msc(n) = SW: the most specific class of A;

— msce(Blackq, ) = Tq: the most specific superclass of Black, compatible with
A, and

— mgcz(Smally, A) = {SSh}: the most general subclasses of Small, incompatible
with A.

These concepts are well-defined for ARG ontologies:

Lemma 1 For any ARG ontology O of signature {C,D):

(a) For all classes C € C\{T}, msc(C) exists and is unique;

(b) For all objects o € D, msc(o) exists and is unique;

(¢) For all classes C' € C\{T} and all objects o € D, mscc(C, 0) exists and is unique;
(d) For all classes C € C and all objects o € D, mgcx(C, o) exists and is unique.

Because agents use different vocabularies in their ontologies, they face prob-
lems when trying to communicate: how do they understand each other if they
express their knowledge in different ways? Alignments are tools that allow agents
to translate their knowledge with respect to the ontology of other agents, enabling
them to communicate with each other [14].

Definition 6 (Ontology Alignment) An alignment A, S Co x Cp x {E, 3}
between two ontologies O, and O over signatures (Cq,Dgs) and {Cp, Dp) is a set
of correspondences (Cy, Cp, Ry where C, and C} are class names belonging to C,
and Cp, respectively, and R € {&, 3}.

We also write Co RCYy € Agp for (Caq,Cp, R) € Agp. In this paper, alignments
are shared between the involved agents and we consider here that class names are
all disjoint (Cq n Cp = &) but object names are the same (Dg = Dy, = D).

The semantics for alignments used here is called the reduced semantics [14].
This semantics selects the pairs of models of each ontologies that satisfy the align-
ments.

However, in ARG, an agent is only aware of the constraints on her ontology.
She will thus interpret alignments only with respect to her ontology. For instance,
if (C,D,3)e Agp, CEC' € Oy and D' = D € Oy, then A, and both ontologies
O, and Oy entail C' 2 D’. However, the agents cannot access the other agents’
ontologies. This still means that agent a can deduce, from O, and A, that C' 2 D
(resp. b can deduce that C' 3 D’ from O, and Aap). Hence we define the notion of
local entailment that only one of the agents has access to.

Definition 7 (Local Correspondence Satisfiability) Given two ontologies O,
and Op and an interpretation I = <A7-I> of Og,. The interpretation I locally
satisfies a correspondence between C € Cq and D € Cp (noted =,) as follows:

Ie,CcDiff ¢’ < DV
I=,CaDiffc’ 2 D"

such that -7 is an extension of -! to Cq uCp.
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The definition can be rewritten for covering how b interprets Agp.

As usual, a local model of an alignment for an ontology O is a model of O
an extension of which locally satisfies all the correspondences of the alignment,
and a local model of an ontology O for an set of alignments £ is a model of O
an extension of which locally satisfies all the correspondences in all alignments
in £. An alignment is locally consistent if it has a local model (otherwise locally
inconsistent), an ontology is locally consistent for a set of alignments £ if it has
a local model for £, and a correspondence 7 is locally entailed for agent a by an
alignment A if it is satisfied in all of its local models (noted A =4 7).

Even such a restricted definition allows for agents to find out that there is no
model compatible with an alignment. Consider for instance, {C(0),C ® C’'} € O,
and {(C, D,),{(C’, D, 2>} € Aup, there can be no extension to Cp of a model of
O, satisfying both correspondences. This is a good reason why agents may want
to repair them.

We split the alignments used in ARG into two distinct alignments using only
the 3 relation. Any network of alignments may be rewritten with such conventions
[12]. Moreover, the alignments have to follow specific constraints allowing to always
find a single correspondence applicable for an object.

Definition 8 (ARG alignment) An alignment A,y S Cq x Cp x {3} between
two ARG ontologies O, and Oy, is an ARG alignment if

- <Ta7 Tby ;> € Aab7
— for each class D € Cp there is at most one class C' € C, such that (C, D, =) € Agp.

Globally, we will consider as ARG states specific networks of aligned ontologies.

Definition 9 (ARG State) An ARG state s, for a set A of agents, is the pair
s = <{Oa}a€A; {Aab}a,beA,a;&b>, such that

— O, is an ARG ontology associated to agent a € A;
— Agp is an ARG alignment between O, and Oy.

An ARG state is said locally consistent for a set of agents A if it is locally
consistent for each agent in A. We will say that an ARG state is globally consistent
if there exists a tuple (Ig)qe.a of models for each ontology O, which satisfies all
the correspondences of all alignments [12].

3.2 Alignment Repair Game

The Alignment Repair Game (ARG) is a protocol designed for adaptive agents to
evolve alignments between their ontologies through their use [11,13]. The aim of
ARG is to detect and repair mistakes in alignments whenever a communication
failure occurs through application of the adaptation operators. The idea is that
ultimately, by repeatedly playing ARG, the alignments will not cause failure any
more.

Definition 10 (Alignment Repair Game) The Alignment Repair Game is
played a fixed number of rounds from an initial ARG state by a set of agents A
with a common set D of object names from an ARG state s and for a chosen
operator.

At each round of the game:
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1. Two agents a,b € A with a # b and an object o € D are picked at random.

2. Agent a asks agent b to which class in her ontology the object o belongs ac-
cording to the alignment A,,. Agent b answers the most specific class Cy, that
is identified via: Oy &= Cy(0), (Ca,Cy, 2> € Aap, and AC; # Cp such that
(Cl,Cp, 2y € Agy and O = Cf & Ch,.

3. Agent a compares C, with the object o. If O, E C4(0), then the round is a
success, else if O, ¥ Cq(0) the round is a failure and an adaptation operator
a[{Cq, Cy, 3), 0] is applied to the alignment Agp.

As an illustration of one ARG round consider Example 2 that will serve as a
running example throughout this paper.

Ezample 2 (Running example) Let agent a and agent b play ARG where their
ontologies O, and Oy, are described in Figure 1.

The initial alignment A, is represented by the blue dashed correspondences
between classes of their ontologies. Now, consider two cases: the object A and the
object A. Let in both cases agent a ask agent b to which class the object belongs
in her ontology so that it can be translated to O, via the alignment. In both cases,
agent b will answer Small, as both objects belong to this class in O. However,
while for the object A the round would be successful (because O, & Blackq(A)), for
the object A a failure is reached (because Oq = Whiteq(2) A W hite, ® Black). In
the latter case an adaptation operator a[(Blackq, Smally, Z), A] has to be applied
to the alignment A, (see Example 3).

The agent behaviour, in this version of the game, is fully deterministic: given
the ordered structure of the ontology and the uniqueness of the eligible correspon-
dence in ARG alignments (granted by Definition 8), the agent does not choose the
correspondence to apply.

Adaptation operators specify, given the failure of correspondence (Cq, Cy, 3) €
Agp with object o, what the agents should do.

Definition 11 (Adaptation Operator) An adaptation operator « is an align-
ment transformer afc, 0] : Aqp — AL, where Agp and A, are alignments, c € Agp
and o is an object.

We also write « for afc, o] whenever ¢ and o are clear from the context.
In [11,13] the following adaptation operators a[(Cq, Cy, 2), 0] are introduced:

— delete[(Cq, Cy, 2), 0]: delete the correspondence (Cq, Ch, =) from Agp;

— add[(Cq, Ch, 2),0]: in addition to delete[{Cy,Cy,3), 0], add the correspon-
dence (mscq(Ca), Ch, 2) between C} and the most specific superclass of Cy;

— addjoin[(Cq, Cy, 3),0]: in addition to delete[(C,,Cy, 3),0], add the corre-
spondence {msccq(0,Cq), Cp, 2) between Cp and the most specific superclass
of C, that is compatible with the object o;

— refine[(Cq, Cy, 2),0]: in addition to delete[{Cq,Cy, 2),0], adds the corre-
spondences (C,, Cp, 2) between C, and all the most general subclasses Cj of
Cj that are not compatible with the object o (i.e. Oy ¥ Cj(0)) and which do
not already have a correspondence (C%, Cy, 2> € Aup;

— refadd[(Cq, Cy, 3),0]: the combination of the operators addjoin[{Cq,Cy, 2
% 0] and refine[{Cq, Ch, 2), 0].
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Formally, this amounts to:

delete[(Cq, Cp, 3),0](Aab) = Aabr\{{Ca, Cp, )}
add[{Cyq, Cy, 3),0]|(Asp) = delete[(Cq, Cp, 2),0](Aap) U {{Mmsca(Ca), Cp, 2)}
[(Cq,Cp,3),0](Aap) = delete[(Cq, Cp, 3D, 0](Aap) U {{mscca(0,Cq), Cp 2)}
refine[(Cq, Cp, 2),0](Aap) = delete[(Cq, Cp, 2),0](Aap)
U {(Ca, Cy, D)|Cy € mgewy,(Cy, 0) and 3C;;(Cy, Cy, 2) € Aap}
refadd[{Cq, Cp, 2), 0](Aqp) = addjoin[{Ca, Ch, 2),0](Asp) v refine[(Cq, Cp, 2), 0](Aap)

addjoin

As can be observed, some of the actions (add, addjoin) can only be performed
by agent a, who is the only one to know O, and some others (refine) can only be
performed by agent b, for symmetric reasons. Hence, the implementation of these
operators involves a gently asking b for performing refine, and part of refadd,
upon failure. Example 3 illustrates the application of these operators.

Ezample 8 (Running ezample) In the situation reached at the end of Example 2
with object A, an adaptation operator a[{Blackqs, Smally, 3), A] is applied to the
alignment A,p, deleting the initial correspondence and adding the following new
correspondences to the alignment:

— delete: none

— add: (T4, Smally, 2) (msca(Blacka) = Ta)
— addjoin: (T4, Smally, 3) (msceq (D, Blacke) = Ta)
— refine: (Blackq, SSy, 2) (mscep(Smally, A) = SSp)

— refadd: (T4, Smally, 3) and (Blackq, SSp, 2)

From the definition, every operator entails delete and refadd entails addjoin
and refine. The order of the actions that are performed by the adaptation oper-
ators does not matter. Figure 2 illustrates the effect of the adaptation operators.

Ty

U/ @\“ . (gad\j\(fadd”m) v

2 (refine) =D,

Fig. 2 Schematic diagram of the deleted (red, solid) and added correspondences (green and
dashed for add, green and dash-dotted for addjoin, blue and dotted for refine) by the different
adaptation operators in ARG.

The alignment repair game modifies the situation from ARG state to ARG
state, as expressed by Property 1.
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Property 1 (Operators preserve ARG stateness) Given an ARG state s and a fail-
ure of correspondence ¢ on object o, then ac, 0](s) is well-defined and is an ARG
state, for each operator o € {delete, add, addjoin, refine, refadd}.

For an ARG state s = ({Oa}aca; {Aab}a,be), We also write a[(Cq, Cy, R), 0](s)
for ({Oa}aea; {Azy}z ye a0y Via[(Ca, Cp, R), 0](Aap)}. Again, whenever the cor-
respondence and object are clear from the context, we also simply write a(s).

By playing ARG with different operators, they can be compared. In [11,13],
the operators are compared experimentally in terms of success rate (ratio of suc-
cesses over rounds played), semantic precision and recall with respect to the known
correct, reference alignment (the degree of correctness and completeness of the re-
sulting alignment) and convergence (the number of rounds needed to converge).
It was found that all the operators have a relatively high success rate, yet do not
reach 100% precision, and that recall and convergence both increases with opera-
tors that add new correspondences. The operator refadd, followed by add, shows
the highest semantic recall and add, the slowest convergence.

In order to study the formal properties of ARG adaptation operators, we in-
troduce dynamic epistemic logics.

3.3 Dynamic Epistemic Logic

Dynamic Epistemic Logics (DEL) are a family of modal logics describing informa-
tion flow in multi-agent systems. DEL has been widely used as a formal framework
to model agent communication [21,29,34], belief revision [27] and agent interac-
tion [28]. As such, it provides a solid basis to study knowledge and belief evolution
of logical agents playing ARG. Here we consider the syntax and semantics intro-
duced by [4].

Definition 12 (Syntax of DEL) The syntaz, Lpgr, of (multi-agent) DEL is
defined in the following way:

du=plory | —¢| Kad | Bag | [10]Y

where p € P is a proposition, K, and B, are the knowledge and belief operators
for each agent a and t¢ with { € {!, 1} the dynamic upgrades.

The connectives v and —, and the duals K a AB‘“ {(t¢) are deﬁnpd in the usual
way: ¢ v Y iff (= A —¢), ¢ > Y iff =@ v Y, Kap = ~Ka—¢, Bap = =Ba—9,
and {(f¢) = —[f¢]—¢. DEL models are based on Kripke frames with plausibility
relations where the dynamic modalities act as model transformers.

Definition 13 (DEL Model) A model of (multi-agent) DEL is a triple M =
W, (>a)aeca, V) where

— W is a non-empty set of worlds;

— (Za)aca S W x W are the plausibility relations on W, one for each agent, that
are converse well-founded, locally connected preorders;

— and V is a propositional valuation mapping propositions to sets of worlds in
which that proposition is true.
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The plausibility relation w >, v reads as “w is at least as plausible as v for
agent a” and the epistemic and doxastic relations are defined on W accordingly:
w ~qg UV iff ’l,U(éaU}a)'U (1)
w—qv iff ve Marg,|wlq (2)
where |w]|q is the information cell (or accessible cell) of agent a at state w and is
defined by:
fwla = fv e W | 0 ~q v} 3)
It follows from the properties of <, and >, that the relations ~, are reflexive,
transitive and symmetric, and the relations — are transitive, serial and Euclidean.
Therefore they satisfy the usual properties of knowledge and belief, respectively [7,
34].
Satisfiability is considered with respect to a pointed model (M, w) which as-
sociates a DEL model M with a world w.

Definition 14 (Satisfiability for DEL) Satisfiability for DEL by a pointed
model (M, w) is defined in the following way:

M,wEp iff weV(p)

MweE oAy iff M,wkE ¢ and M,w E ¢
M, wE —¢ iff MywH ¢

M,wE Ko iff Vost.w~qv: MuvE@
M,w = Be¢ iff Vost.w—oqv: MuoEe
M, w = [1¢]e iff M w

M,w = 16 iff M, w1

where !¢ and 1¢ are model transformers !¢ : M — M'® and 1¢ : M — M with

[lpl|lm = {we W | M,w k= ¢} such that

Announcement (!¢) Delete all ‘—¢-worlds from the model, i.e. W' = ||| a1,
w = v iff w =4 vand w,ve W', V() = V(D) A |9l|lm;

Conservative upgrade (1¢) Change the plausibility orders so that the best ‘¢’-
worlds become better than all other worlds, while the old ordering on the rest of
the worlds remains, i.e. W' = W, w =% v iff either w e Max<, (|v]a 0 ||@llMm)
or w =4 v, VI®(p) = V(p).

We also write f; ¢; 159 for the sequence of upgrades T, ¢ and then {42. The resulting

model MT1912% is equal to (MT19)2¥,

The intuition behind the different upgrades is that the trustworthiness of the
information source may vary: it may be considered from an infallible source (an-
nouncements), or from a trusted, but not infallible source (conservative upgrades).
For this reason, conservative upgrades only change the plausibility of worlds with-
out deleting any alternatives. This also means that an announcement !¢ can only
be validly performed on a model M if ¢ is true there. Since the worlds do not
change, it is not necessary to apply the announcements to w when interpreting
them.

A set of formulas is said inconsistent if there does not exist a pointed model
satisfying it. In the following, we say that a formula ¢ is a consequence of a set of
formulas I' (written I" = ¢) if every pointed model (M, w) satisfying all formulas
of I'; also satisfy ¢.
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4 Dynamic Epistemic Ontology Logic

Dynamic Epistemic Logic (DEL) is the study of epistemic, or more generally
modal, logics that are subjected to model-transforming actions. Modelling the
communication taking place in ARG requires a similar approach. Here, we intro-
duce Dynamic Epistemic Ontology Logic (DEOL) that is an extension of Dynamic
Epistemic Logic where the propositions are object classifications (C(x)) and class
relations (C' £ D and C @ D) of a Description Logic language. This is a minimal
Description Logic language, suitable for representing ARG states.

Definition 15 (Syntax of DEOL) The syntaz, LpEror, of (multi-agent) DEOL
is defined in the following way:

¢:=C(0) |CRD [ ¢ Atp | —¢ | Kad | Bat | [T0]Y)

Re{c,3,@}, te{,t}

where C,D, T € C, 0o € D, K, and B, are the knowledge and belief operators for
agent a and f¢ with € {!, 1} are the dynamic upgrades.

The connectives — and v and the duals KQ,BG7<T¢> for Kq, B and [f¢],
respectively, are defined as in the case for DEL.

The difference with DEL models is that instead of a valuation of propositions,
we consider a domain of interpretation A representing the objects and an inter-
pretation function I assigning to each world a function interpreting each class as
a set of objects of the domain.

Definition 16 (DEOL Model) A model of (multi-agent) DEOL is a quadruple
M= <VV7 (Za)aeA, A, I> where

— W is the set of states, or worlds;

— (Za)aea € W x W are the plausibility relations on W, one for each agent, that
are converse well-founded, locally connected preorders;

— A is the domain of interpretation;

— and I is an interpretation function such that I(w) = -» and -f» : C — P(A),
where it holds that T/» = A.

The semantics of DEOL is equivalent to that of DEL except that we now
have instance classifications C(0) and class relations C = D and C'@ D that are
interpreted by 1.

Definition 17 (Satisfiability for DEOL) Satisfiability for DEOL extends that
of DEL (Definition 14), with an interpretation function I instead of the valuation
V, by:

M, w = C(o) iff o'v et

MwE CcD it ¢ < D™

M,wE=CoD ifft ¢’ ~D" =g
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Notice that, again, we use M,w = C § D and say that “C and D overlap”
whenever M, w i C @ D, i.e. whenever C'» ~ DI» = .

As for DEL, a formula ¢ is a consequence of a set of formulas I" (written I" = ¢)
if every pointed model (M, w) satisfying all formulas of I, also satisfy ¢.

DEOL can be seen as a general purpose extension of DEL that could be used
to model other games. However, it has been designed to apply to ARG, hence it
may require further extensions.

5 Translation

In the previous section, we have introduced Dynamic Epistemic Ontology Logic as
a formal framework for knowledge and belief evolution in multi-agent systems that
make use of ontologies. We now apply this framework to the Alignment Repair
Game. More precisely, we define a translation from ARG states to DEOL theories
(85.1) and from adaptation operators for ARG to dynamic upgrades on DEOL
(85.2), see Figure 3. These translations are labeled by 7 and ¢, respectively.

This enables us to define and prove the correctness, redundancy and complete-
ness of the adaptation operators in the remainder of this paper.

ARG state (s) — T  ,DEOL theory (7(s))

ARG state (a(s)) — T . DEOL theory (7(a(s)))

Fig. 3 The translation from ARG states (s) to DEOL theories (7) and from adaptation
operators () to dynamic upgrades (9).

5.1 Translation of ARG states as epistemic axioms

To translate an ARG state to DEOL, we translate the axioms of each agent’s on-
tology as knowledge for this agent and each correspondence of alignments between
two agents’ ontologies as beliefs shared by both agents.

Definition 18 (Translation 7) The translation 7 from ARG states to DEOL
theories is defined by:

T({{Oa}aea, {Aabta,pea)) = U {Ka(@)|¢ € Oa}

acA

v U (Bay) A Bu()ly € Aas)
a,be A

Ezample 4 (Running example) In the running example, this means that the ax-
ioms SSpy £ Smally, Smally, = Ty, T'Sp(A), ete, of ontology Op become K3 (5SS, =
Smally), Kp(Smally, = Ty), Kp(T'Sy(A)), etc., in DEOL and the correspondences
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{(Blacka, Smally, 3, {Ta, Tp, 2) of the alignment A,p and (Tp, Ta,Z) of Ap, be-
come By (Blackqs = Smally) A By(Blacke 2 Smally), Ba(Ta 2 Ty) A Be(Ta 2 Tp)
and Ba(Ta E Tp) A Bp(Ta E Ty).

Figure 4 depicts the theory 7(s) from the perspective of agent a. That is, any
¢ such that K,¢ is drawn in black, and any v such that B,y is drawn in blue.

R
c, 3
Tb/i/// ,_,:::\;Tu
<& T y y
Smally-------—------- Black, 2 Wﬁitea
—A L/ N\ L/ N\
SB/@ LB,  SW @\LW
A o 2
. "/@a
@

Fig. 4 Initial knowledge (solid black lines) and belief (dashed blue lines) of agent a in the
Running example.

5.1.1 Faithfulness

Before we discuss the translation of the adaptation operators, a natural question
to ask is: is the translation of an ARG state faithful to this ARG state? More
precisely, can anything entailed independently from an ontology or an alignment
also be entailed by the transformation as knowledge and beliefs of the agent? If
the answer is yes, the translation is consequence preserving.

Proposition 2 (Consequence preservation) Let s be an ARG state for a set
of agents A, then, for each agent a € A,

Vo : if Og = ¢ then 7(s) E Koo (4)

and
Vy i if Aap Ea v then 7(s) E Bay (5)

where the left-hand = concerns entailment by ontologies and alignments (where =4
is entailment restricted to agent a) and the right-hand = concerns entailment in
DEOL.

Consequence preservation is formulated in this way, in two equations and agent
by agent, because this is the way that the ARG agents use information: they never
consider several alignments at once or the ontologies of other agents. No global
reasoning is possible to them.



16 Line van den Berg et al.

Proposition 2 shows that the translation preserves, modulo modalities, the
information that agents have. Given the structure of the translation, it does not
seem to introduce arbitrary information. But do the reverse of these statements,
let us call them strict adherence, hold?

Let us first consider the reverse of Equation 4. Whenever 7(s) has a model, i.e.
whenever it is consistent, it seems natural that this should hold. However, there
are cases where 7(s) does not have a model — so that anything can be deduced —
but the ontologies are consistent — so that not everything can be deduced. This
occurs, in particular, when ARG states are locally inconsistent.

Moreover, the converse also holds: whenever 7(s) has a model, then s must be
locally consistent.

Proposition 3 (Local consistence preservation) Let s be an ARG state for
a set of agents A. Then 7(s) has a model if and only if s is locally consistent.

Figure 5 shows how we can build a DEOL model {(M?, w?®) for a locally con-
sistent ARG state s with three agents. Essentially, the way to construct M?* is
to create a world that satisfies all the ontologies (this is well-defined because the
classes of the ontologies are disjoint) and for each agent a more plausible world
that satisfies her own ontology and alignments. The latter is achieved through,
for each agent a € A, choosing the interpretation at this more plausible world to
be an interpretation of O, locally satisfying all the alignments of a. Then indeed,
each agent knows her own ontology (it is true in all her accessible worlds, the two
worlds on top for agent a) and believes her alignments (they are true in the most
plausible world, the world on top right for agent a).

Fig. 5 A model of the ARG state with three agents, A = {a, b, c}. We write I 4 as abbreviation
for the interpretation that assigns to classes C' € C, and objects of D the standard interpretation
I, (Definition 25) for agent a.

Thus, local consistency is preserved from ARG to DEOL and vice versa and
there is a procedure to construct a DEOL model of a locally consistent ARG state
s such that it satisfies 7(s). Note that in case of locally consistent but globally
inconsistent state, it is possible for the DEOL translation to have a model. Consider
Example 5.

Ezample 5 Let s be the ARG state depicted in Figure 6 with three agents a, b and
c and their individual ontologies and alignments. It is clear that the alignments are
locally consistent, but not globally: combining the alighments we arrive at C' 2 A’
and C 2 A, whereas C @ C’ and none of these classes can be empty. However,
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since the alignments are locally consistent, there exists a model by Proposition 3.
And indeed, this is true because the alignments are private and hence each agent
only has access to the alignments in which that agent is involved. To illustrate,
agent a only has access to the blue and red alignments, but not green, in Figure 6,
agent b to the blue and green ones and agent c to the red and green ones.

-
To==onllllllll 2 T
17— \A//“g O
0. 2 A Oy
\‘\\\) . \\\ /// ///
| T.
CLcl
O

Fig. 6 The ontologies (black) of agent a (left), agent b (right) and agent ¢ (below) and the
alignments (blue, red or green, and dashed) between them that is globally inconsistent.

In that sense, DEOL is very faithful to the ARG agents who do not perform

any global reasoning.
Whenever 7(s) has a model, the reverse of Equation 4 holds. We call this strict

knowledge adherence: all knowledge of an agent is already entailed by her ontology.

Proposition 4 (Strict knowledge adherence) Let s be an ARG state locally
consistent for a set of agents A, then, for each agent a € A,

Vo 1 if T(s) £ Ka¢ then Oq = ¢ (6)
where the first = concerns entailment by DEOL and the second = concerns entail-
ment by ontologies.

Yet, the reverse for beliefs and alignments, Equation 5, does not hold. This is
because, on DEOL, agents may combine beliefs that are acquired from different
alignments to arrive at a new belief of a correspondence between two classes that
both belong to other agents’ ontologies and not their own. On ARG, however,
agents consider alignments one by one and do not combine the correspondences.
Hence some beliefs entailed by the translation may not be entailed by the align-
ment. Consider Example 6.

Example 6 Let s be the ARG state in Figure 6 with
Aap = {<T¢l7 Te, ;>} Apa = {<B7 AI) ;>a <Tb, Ta, ;>}
Abc = {<Tb7 TC: ;>} Acb = {<C/7 37 ;>7 <TCa Tb7 ;>}
Aac = {(Ta, Te, D)} Aca = {(C, A, 2),(Te, Ta, 2)}
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Then 7(s) &= Bp(B 2 A’) and 7(s) E By(C’' 2 B), so that 7(s) = By(C’ = A). But
it is clear that Ape Hp C' 2 A’ nor Ay Ky C' 2 A’ because A’,C’ ¢ Cp.

In summary, the translated ARG states are faithful to the initial ARG state
with the difference that agents in DEOL reason globally on agent alignments. This
is present in both the restriction of using locally consistent states and the absence
of strict belief adherence

Now that we have a faithful translation of ARG states to DEOL theories, we
consider translating the adaptation operators.

5.2 Translation of adaptation operators as dynamic upgrades

During the gameplay of ARG, agents communicate with each other and through
their communication, they learn new information. From a DEL standpoint, there
are two dynamic acts involved: the communication of Cy(0) in step 2 of ARG and
the adaptation operator applied in step 3 of ARG (see Definition 10). With a
formal model of ARG, we can now ask the question: how do these acts change the
knowledge and beliefs of the agents in the DEOL representation of ARG? And are
the adaptation operators as defined sufficient and complete to account for these
changes?

In order to answer these questions, we translate the communication taking
place in ARG, the adaptation operators, to dynamic upgrades on DEOL (accord-
ing to Figure 3). That is, one round of ARG, as defined in Definition 10 with
adaptation operator « applied to correspondence C, RCp, and object o, is a the-
ory transformation 6(a[{(Cq, Cp, 3), 0]) adding axioms for the communication that
occurs.

Definition 19 (ARG Dynamics in DEOL) Let T' = 7(s) be the DEOL theory
that is the translation of an ARG state s. Then §(a[(Cq,Cy,2),0]) : T — T’ is
a theory transformation, with adaptation operator «, correspondence {Cy, Cy, 3)
and object o, where T" is defined as:

_ { T U {[!Cy(0)] T} if Ou k= Calo)
T U A{[!Cu(0)]T, [d(al(Ca,Ch,2),0])] T} if Oa t# Ca(0)

where d(a[{Cq4, Cy, 3),0]) is a conservative upgrade of the correspondence deleted
or added by the adaptation operator a applied to {Cq,Cy, Z) with object o (see
Definition 20). We will also write d(a) whenever the correspondence and object
are clear from the context.

In the following we will also write T%(®) for the transformation & (o) applied to
T or simply T'¢#(°) (Tlcb(o)’d(a), respectively).

On a DEOL model M of T, the dynamic upgrades defined above (Definition 19)
act as model transformations !Cy(0) and !Cy(0); d(a[{Ca, Cy, 2), 0]), respectively,
where the latter is a sequence of upgrades applying first !C(0) to M followed by
d(a[(C4, Ch, 3, 0]). Thus, M is transformed to (M'C+(@))dal{Ca,Co,2)0])

The choice of the translation for the adaptation operators as logical dynamics
is quite natural: it is based on the order of dynamic acts on ARG and the trust-
worthyness of the statements. In ARG, first communication occurs and then belief
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reorganisation. C(0), which is communicated in step 2 of the game (Definition 10)
by agent b, is known to agent b because this is part of her ontology. This means
that announcing C}(0) is performed in complete confidence — it is hard informa-
tion, a fact — and therefore agent a has no reason to doubt about it. Then, the
adaptation operator d(a[{Cq, Cy, 2),0]) is applied as a belief revision strategy. It
specifies how to revise the alignment, which the agents believe to be true, upon a
communication failure. But compared to the statement C3(0), the correspondence
added by the adaptation operator is not necessarily correct and may prove to be
incorrect at a later stage of the game upon reaching a new communication fail-
ure. Therefore the corresponding DEOL upgrade for this correspondence is not an
announcement but a conservative upgrade — it is soft information, a belief.

Definition 20 (Adaptation Operators as Dynamic Upgrades) Let a cor-
respondence {Cy, Cp, 3), an object o, and an adaptation operator «, then d(«) is
defined as:

d(delete) = 1 (—(Cq = Cy))
d(add) = 1 (=(Cq =2 Cp) A mscq(Cq) 2 Cp)
d(addjoin) = 1 (—(Cq = Cy) A msceq(0,Cq) 2 Cp)
d(refine) = 1(—~(Ca 2 Cy) A AN CazCy)

C{?EM(,(C;,,O)

d(refadd) = 1(—(Ca 2 Cb) A mscca(0,Ca) 2Cy A\ Ca2Ch)
CreM(Ch,0)

where My, (Cy,0) = {C} € mgcxy(Ch,0) | HCh, Cp, 2> € Aup}.

In the following, we also write Cq 33 Cy for —=(Cq 2 Cy).

Again, as was the case for the adaptation operators on ARG states, the trans-
lated adaptation operators d(add), d(addjoin), d(refine) and d(refadd) entail
d(delete), and the translated adaptation operator d(refadd) entails d(addjoin)
and d(refine). This can be seen directly from Definition 20.

Ezample 7 (Running example - Success) When ARG is played with A, agent b
announces that |Small,(A) and the correspondence used is (Blackq, Smally, 3) €
Agp. This information is compatible with the information of agent a: Black, is
compatible with S B, i.e. the most specific class of A.

Compared to ARG where the round is now finished, there are additional
epistemic-doxastic changes on the corresponding DEOL model. The announce-
ment carries more information than just indicating that the round of ARG was a
success, it provides agent a with new knowledge: K,(Smally(A)). In other words,
agent a is now given concrete evidence that A is a member of Small,. Figure 4 can
be compared to Figure 7 for an overview of the changes to the epistemic-doxastic
state of agent a.

Ezample 8 (Running example - Failure) If instead ARG is played with A, the
round is a failure. Agent b announces !Small, (/) using the same correspondence
(Blackq, Smally,2) € Ayp. However, this information contradicts the knowledge
of agent a and, as a result, the correspondence (belief) of the alignment will be
dropped.



20 Line van den Berg et al.
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Fig. 7 The knowledge (solid black) and belief (dashed blue) of agent a of Example 2 after
the announcement !Small,(A).

However, this is not the only revised belief. The contradicted initial beliefs
turn into knowledge of their negation. For example, B,(—Smally(A)) becomes
Ko (Smally(£)) after the announcement. Compare also Figure 4 and Figure 8 for
an overview of the changes to the epistemic-doxastic state of agent a.

According to ARG, an adaptation operator is applied, which results in an
updated alignment as explained in Example 3. These correspondences should be
amongst the beliefs of the agents at the end of the round of ARG. However, for
some operators, the correspondences were already believed by agent a before the
adaptation operator is applied. We will see why in the next section.

S mal/lb/ I Black, W hite,
‘ s, & Lw,
A ’

Fig. 8 The knowledge (solid black) and belief (dashed blue) of agent a of Example 2 after
the announcement !Smally(A).
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The drawback of modelling the operators as announcements and conservative
upgrades is that they are model transformers and that therefore, when the ARG
state has no model in DEOL, the transformation yields no model. On the contrary,
in ARG, agents blindly apply operators without bothering about local or global
inconsistency. Experiments went as far as showing that a slightly improved version
of ARG (with relaxation) brings agents to a fully consistent state even when
starting with an inconsistent one [13]. This is not possible in the DEOL translation
because it is restricted to consistent states.

6 Formal properties of the Adaptation Operators

With the formal representation of ARG in DEOL we can explore the correctness,
redundancy and completeness of the operators. In particular, we show that all
the adaptation operators but add are correct, delete, addjoin and refine are
partially redundant and all adaptation operators are incomplete. To visualize this,
we use the diagram in Figure 3.

6.1 Correctness

To show that the adaptation operators are correct, we show that the diagram of
Figure 3 commutes. More precisely, that, from an ARG state s, by moving down
(«) and then right (7) we obtain DEOL axioms that are also obtained by moving
first right (7) and then down (d(a)).

Definition 21 (Correctness) An adaptation operator « is correct if and only if
¥s: (1(5))°) = 7(a(s)).

Proposition 5 (Correctness) The adaptation operators delete, addjoin, refine
and refadd are correct.

Yet, the adaptation operator add is not correct because it does not take into
account whether the most specific superclass of C, is consistent with the object
0. Moreover, if it is consistent, add is equivalent to addjoin.

Proposition 6 (Incorrectness of add) The adaptation operator o = add is in-
correct, i.e. 3s : (T(s))‘s(add) ¥ 7(add(s)), and Vs such that (T(s))‘;(add) = 7(add(s)):
add(s) = addjoin(s).

Proposition 6 is in line with initial predictions and experimental results [13]:
addjoin shows faster convergence to the same result than add. This is because
add can force false correspondences to be added to the alignment that can later
cause a failure. From these results, it is clear that for a logical agent, add should
be abandoned.
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6.2 Redundancy

The redundancy of some operators in the running example is not a coincidence.
For logical agents, i.e. DEOL agents, some adaptation operators are redundant for
every ARG state: delete and addjoin are redundant with respect to agent a and
refine is redundant with respect to agent b. Before we define this redundancy with
respect to one agent (partial redundancy), let us first consider what it means for an
operator to be redundant (with respect to both agents). An adaptation operator
a is redundant if and only if solely applying !Cy(0) to the DEOL translation of s
is already sufficient to obtain an interpretation of the DEOL translation of a(s).

Definition 22 (Redundancy) An adaptation operator « is redundant if and
only if Vs: (7(s))'“*(®) & 7(a(s)).

ARG state (s) - T . DEOL theory i> DEOL models (M)

1Calo) |

a b —é ->
d(a[Cq = Cb,o])l\

ARG state (a(s)) — DEOL theory = DEOL models (Mé(a))

Fig. 9 The translation from ARG states (s) to DEOL theories (7), interpreted on DEOL
models (M), and from adaptation operators («) to dynamic upgrades (§) for redundant adap-
tation operators. Hence, M%(®) is already a model of 7(s)U!Cy(0).

The adaptation operators discussed here are not redundant, but partially re-
dundant. This means that they are redundant with respect to one agent. To prove
redundancy, we show that the knowledge and belief of this agent are invariant to
the application of the adaptation operator. In fact, because adaptation operators
only alter the beliefs of agents, it suffices to show partial redundancy by showing
that the beliefs of that agent remain unchanged.

Definition 23 (Partial Redundancy) An adaptation operator « is partially
redundant for agent a if and only if (T(S))!Cb(o) E Ba¢ implies 7(a(s)) & Ba¢ for
each ARG state s and each ¢ in Lpgor.

Proposition 7 (Partial redundancy) The adaptation operators delete and
addjoin are partially redundant with respect to agent a, and refine is partially
redundant with respect to agent b.

However, none of the adaptation operators is redundant with respect to both
agents. Even the simple delete carries valuable information to agent b: namely
that the initial correspondence fails. Without this operator, agent b would not be
aware whether the round of ARG is a success or a failure.

6.3 Incompleteness

Finally, we consider completeness of the adaptation operators: do the operators
capture all the information that can be learned? Intuitively, this is proven by
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Fig. 10 The knowledge (solid black) and beliefs (dashed blue) of agent a before (left) and
after (right) the announcement !Cj(0).

comparing what is learned by the agents in ARG scenarios from application of the
adaptation operators with what is learned by logical agents in DEOL from the
dynamic upgrades. If the former implies the later, the operator is (epistemically)
complete.

To show that the adaptation operators are complete, we show that the diagram
of Figure 3 commutes in the reverse direction compared to correctness. More pre-
cisely, that, from an ARG state s, by moving right (7) and then down (d(a)) we
obtain DEOL axioms that are also obtained by moving first down (a) and then
right (7).

Definition 24 (Completeness) An adaptation operator « is complete if and
only if Vs: T(au(s)) E (7(s))%(®).

Proposition 8 (Incompleteness) All adaptation operators are incomplete.

6.4 Discussion

Experiments have shown that ARG works quite well in practice: through applica-
tion of the adaptation operators, agents can reach successful communication [11,
13]. Furthermore, the adaptation operators are ARG state preserving (Property 1),
produce safe and entailed alignments [13] and work even with globally inconsistent
networks of ontologies (Figure 6). Why is that despite the lack of formal proper-
ties? In short, this is because agents do not need to be logical to be successful.

For example, the incompleteness of the adaptation operators is based on the
fact that ARG agents do not memorize the failure of the correspondence with the
drawn object. They forget to which class the other agent classifies the drawn object
— yet, this is deduced knowledge in DEOL through the announcement !C}(0).
Nevertheless, even without this knowledge, agents can communicate successfully.
That is, they do not need the concrete examples (the object o that caused the
failure of the correspondence) in order to communicate with each other, as long
as they can use more general conclusions (the improved alignment). Hence, they
do not need to remember the cases that led them to these conclusions.

This discussion may also be linked to redundancy: it is based on the fact that
the same announcement !Cy(0) provides extra knowledge to logical agents not
available to ARG agents. Hence, one may think that the announcement could have
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been avoided in the translation of operators in order to prevent incompleteness and
redundancy. However, the main objection is that the current translation is indeed
faithful to the ARG game: agents announce to which class the object belongs, they
use this fact to improve their alignment and then forget it.

Another alternative would be to concentrate on the alignment only instead of
measuring the formal properties with respect to the full knowledge and belief of
the agent. The operators may then be complete. This remains an open question.

7 Conclusion

In order to understand the formal properties of adaptation operators used in the
alignment repair game, we modelled the game into a dynamic epistemic logic,
DEOL, with embedded ontological statements. We assessed the faithfulness of this
translation by showing that it preserves consequences of ontologies and alignments
and that the generated knowledge is the same if the game states are consistent.
With DEOL, we proved that all but the add operator are correct, that delete,
addjoin and refine are redundant for one agent, and that all adaptation operators
are incomplete. These results complement the experimental ones in theoretically
comparing the different adaptation operators.

This work bridges a very practical implementation of adaptive agents used
in simulations to a dynamic epistemic model of logical agents. In spite of, or
because of, the simplicity of ARG, this revealed more challenging than expected.
Developing a tighter connection requires addressing fundamental issues that we
discuss hereafter.

There are two ways to interpret our results: either the ARG agents use sub-
logical behavior, or our logical modeling is too strong and not faithful to them,
although the results in Section 5.1.1 show that it is very close. Both interpreta-
tions are correct and compatible, but addressing them dictates different courses
of action. One direction is to implement ARG agents that reason more faithfully
to the DEOL logic. Although this was not the goal of the initial experiments,
providing agents with more logical reasoning power can be considered. The oppo-
site direction consists in bringing the logic closer to the agents. In particular, the
proof of incompleteness draws on the inability of agents to remember individual
cases because they focus on general knowledge (they draw general conclusions but
forget the instances that led them to these conclusions). Introducing forgetting
operations may help reaching a closer model [32,33].

There are, however, other differences between ARG agents and their logical
modeling in DEOL that would be worth investigating. A first one is the differ-
ence between local and global reasoning. So far we have compared the encoding of
ontologies and alignments locally, i.e. one by one. This is a correct way to model
agents because they indeed can only reason locally. However, as shown in Sec-
tion 5.1.1, this is another place where it could be shown that the logical model is
more powerful (can deduce more) than agents. Another difference comes from the
logical model to be defined in function of a unique signature. In open environments,
in which agents should be able to evolve, it is natural that agents are not aware of
the signatures of other agents and discover them as their knowledge evolves. Yet, if
this is not necessary, they will not be aware of their whole signatures. The current
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logical model assumes a fixed set of symbols shared by all agents. It would be a
desirable feature for a model to drop this assumption and to model unawareness
of agents and the way agents can raise their awareness progressively [15, 32,33, 30,
6].

This work may also be linked to belief revision. Indeed, the announcements
cause agents to change their beliefs so that consistency is preserved. However, they
do not do it in a minimal way. The ARG adaptation operators, besides delete,
have been designed to address this problem [13]: the added correspondences were
entailed by the deleted one. Although ARG has not been studied under the light
of belief revision, this has been the case of dynamic logic [4,27]. Hence, this model
may be used to find out if the adaptation operators are correct belief revision
operations.

Beyond the specific case of the ARG game, this work provides a methodology
to assess other games within dynamic epistemic logic. Indeed, it suggests how to
translate such games (ontologies and gameplay) to DEOL and it defines properties
that could be satisfied (correctness, completeness and redundancy). Of course, as
discussed before, these are properties of both the game and the translation, hence
one must be cautious about what the translation preserves (faithfulness).

A final perspective of this work is that Dynamic Epistemic Logic seems a
promising framework for modelling cultural evolution or, at least, cultural knowl-
edge evolution. Indeed, it offers ways to express agent beliefs and to announce,
i.e. communicate, assertions. It can also constrain consistency and finally belief
revision methods have been tied to it. This may be the basis to logic-based adap-
tation operators (replacing the DEOL upgrades corresponding to the adaptation
operators used in this work).

Acknowledgements This work has been partially supported by MIAI @ Grenoble Alpes
(ANR-19-P3IA-0003).
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A Proofs

A.1 Properties of ARG ontologies

Lemma 2 For any ARG ontology O of signature {C, D), VC € C, there exists a unique finite
chain Co,...Cn; Vie[1l,n], C; ECi41 €0, Co=C and Cp, = T.

Proof This is a consequence Definition 2: For any C € C, either C' = T, and then the property
is satisfied with the chain reduced to T (n = 0). It is unique because there exist no T = D € O
(Definition 2(1)). Otherwise, there exists a unique C; such that C & Cy € O (Definition 2(2)).
This reasoning can be iterated until finding C,, = T. This is warranted because O is finite
(Definition 2) and the graph of £ in O contains no cycle (Definition 2(5)). m]

Definition 25 (Standard Model) Let O be an ARG ontology over a signature (C, D). Let
Io be the interpretation defined by

1. Ao =p

2. OI? = o for every o € D

3. Clo ={oeD:C(o) € O} for every C €C

Given Iy, (k = 0), we define fk+1 as an extension of Iy, by applying the following rule:

if C'= DeO andoe D such that o e CTk and o ¢ DIr then o€ DIr+1 (7)
Then the standard model [ is defined as fn such that fn = fm for every m = n

In the following, we will also say standard interpretation for a class C for the interpretation
of C in the standard model.

Proof (Proposition 1) Let O be an ARG ontology over a signature (C,D) and let I be the
standard model of O.
The standard model is well defined because both O and D are finite and therefore (7) can

only be applied a finite number of times until n € N is reached such that In =1Im for every
m = n. This means that the sequence {I}r>0 converges to I, which is defined as I.

Let us prove that I is a model of O. Let C © D € O. Assume that [ ¥ C = D. Then,
there exists o € D such that o € C! and o ¢ DI. This means that (7) can be applied to extend
I= [n to In+1 by addlng o to In+1 But this contradicts the fact that [ is defined In such
that for every m = n: In =1Im. Soin particular, In+1 = In. Therefore, I =CcD.

Let C®D € O and assume, towards f:ontradlctlon, that I ¥ C @ D. This means that there
exists o0 € D such that o € C! and o € D!. By construction of I, there are four possibilities:

1. oe Co and 0 € Do, In this case, C(0), D(0) € O. Therefore, O ¥ C@®D, which contradicts

the fact that C@® D € O.

2. o€ Clo but o ¢ DI, Then, by definition of I, there exist Do,...,DpeC (k> 0) such that

Dk—DforO k—lDEDH_leOandoeDoThen by (7),for 0 <i<k—1:
oeD ,og_fDH_1 andoeDZril Since Dg(o) € O and D; & D;41 (0 <4 \k—l) and

Dy, = D, then O = D(o0). But then, since C(0) € O, it holds that O ¥ C @ D, which
contradlcts the fact that C@® D € O.
3. oe Do but o ¢ clo. Then, 51m11arly to the argument above, there exists Cp,...,Cy € C
(k> 0) such that C, =C,for 0<i<k—1:C; = Ciy1€Oand o€ Céo. And therefore,
analogous to the case above, we have D(o) € O but O = C(0) and hence O ¥ C ® D,
contradicting C@® D € O.
4. o¢ Clo and o ¢ DIo. Then, again, there exists classes Co, ...,C € C and Do, ..., D;g eC
(k,k" > 0) to infer that O E C(0) and O E D(0) and hence O ¥ C @ D, contradicting
C®DeO.
And therefore it must hold that [ = C @ D. .

Finally, let C(0) € O. Then, by definition of the standard model, o € CTo. But then,
because for each k € N, fk+1 extends fk, it must be that o € CIk. Thus o € C! and hence
I = C(o). o
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We first establish four properties of ARG ontologies which are used as arguments in various
proofs:

Lemma 3 For any ARG ontology O of signature {C,D):

(a) VCeC, O=CLCT.

(b) For any two different class names D, D’ € C\{T}, either O = DE D’ or O D' E D or
OD@®D.

(c) For each C €C, Joe D; O = C(o).

(d) For all classes C,C' €C, if OECEC and O =C' & C, then C =C".

Proof (a) YC €C, O C £ T. For all model I of O, T = A and Cf < A, hence Cf < T1.

(b) For any two different class names D, D’ € C\{T}, either O =D E D' or O = D' = D or
O = D' @ D. We know that (Definition 2(5)) 3Co,...Cm; Vi € [1,m], C; E C;—1 € O,
Co =T and Cy, = D and 3C,...C; Vje[1,n], C{=C]_, €O, Cy=Tand C}, = D'.
There is a rank k < min(m,n), such that Vi € [0,k], C; = C! (at the minimum this is
true for k = 0). If k = m, then Cy = D and O = D © D’; if k = n, then C; = D’ and
O & D' £ Dj; otherwise Cy41 # Cp, ;. This means that (Definition 2(3)) Cx @ C}, € O.
But it can easily be checked that for each model I of ©, DI C£+1, DT c ¢! | and

k+1°

C£+1 mC,’f+1 = @. Hence, D! n D'l = @, so O D@ D'.

(c) For each C' € C, 30 € D; O = C(o0). Either (Definition 2(3)) Jo € D; C(o) € O, thus
O E C(o), or 3C’" € C; C £ C" € O. In the latter case, since C is finite and (4) the
graph made by C-axioms in O is non circular, 3Cp,...Cn; Vi € [1,m], C; & C;_1 € O,
Cp = C and (Definition 2(3)) Cm(0o) € O. This entails that, for each model I of O,
olecl c...c C!, hence Ok C(o).

(d) For all classes C,C" € C, if O E C £E C' and O = C' & C, then C = C’. This can be
rephrased as: VC,C’ € C, if C # C’, then it is not possible to have O = C £ C’ and
O E C' £ C. We know that (Definition 2(5)) 3Co,...Cm; Vi € [1,m], C; & C;—1 € O,
Co =T and Cy, = D and HC(),,..C;L; Vje[l,n], Cic 0471 e O, C() =T and C}, = D'.
There is a rank k < min(m, n), such that Vi € [0, k], C; = C! (at the minimum this is true
for k = 0). Since C # C’, then k # m or k # n. Hence (Definition 2(3)) 3D, D’y € C x C;
DE C,e O, D Cpe O, ,and D® D' € O. Consider that k # m and k # n, then
for all models I of O, C! < D! and C'"! < D!, hence CT n C' = &, but (Lemma 3(c))
CT # @, thus O £ C & C’. Now, consider that k = n and k # m, then (Definition 2(3))
ID,D'yeCxC; DECLe O, D' = Ck €O, and D@ D’ € O. Moreover, (Lemma 3(c))
Jo,0' € D; O  C(0), O = D'(0'). This means that for all models I of O, of € CT < DI,
oleD!c C,g =C'"l and CI ~ D! = &, hence o’f ¢ CL, thus O ¥ C' C C. =)

Clause (d) shows that C is a partial order on C for O (it inherits transitivity and reflexivity
from sets). The lemma is stated for consistent ARG ontologies but by their constraints, any
ARG ontology is consistent.

Proof (Lemma 1)

(a) Let Sup(C) = {D € C\{C}; O = C = D}, the set of C' subsumer names. This set is non
empty because (Lemma 3(a)) it contains T. That Sup(C) has no most specific element
would mean that it contains at least two different class names D and D’ such that neither
Ok Dc D' nor O = D' & D. Hence, (Lemma 3(b)) O = D@®D’. However, (Lemma 3(c))
there exists o € D such that O = C(0). That would mean that for all models I of O,
ol ecl c D!, ol e ¢! < D' and DI A D! = . There cannot be such models.

(b) Let Cl(o) = {D € C; O = D(0)} the set of classes to which o belongs. This set is non empty
as it contains T, indeed, for all models I of @, of € T!. That Cl(0) has no most specific
element would mean that it contains at least two different class names D and D’ such that
neither O = D £ D/, nor O = D' & D. Hence, (Lemma 3(b)) O = D @ D’. That would
mean that for all models I of O, o € DI A D'l and D! n D'l = (. There cannot be such
models.

(¢) Consider Sup(C,o0) = (Sup(C)u{C})nCl(o0). This set contains at least T. Since Sup(C, o)
is a set of classes to which o belong, the same argument as for the previous property can
be used. If it contains C' (i.e. O = C(0)), then C = mscc(o, C).

(d) Let Sub(C) = {C’ € C|O = C' = C}, mgcx(C,o) is defined as the maximal elements
(=-wise) of the elements of Sub(C) such that O ¥ C’(0). This is always well-defined as
these constraints are well-defined. If Sub(C) is empty (C has no subclasses) or none of its
elements satisfy the constraint, then mgcz(C, 0) = . Otherwise, mgcz(C, 0) is not empty
because among those elements of Sub(C) satisfying the constraint, there are maximal ones
because C is a (finite) partial order on C for O. o



28 Line van den Berg et al.

A.2 Proof of adaptation operators

Proof (Property 1) Consider without loss of generality that ¢ = (Cq,Ch,2) € Agp. Only
alignment A, of the initial ARG state is modified, hence it is necessary to verify that the
modifications are well-defined and that their application to A, returns an ARG alignment.
The only deletion concerns the faulty correspondence (Cq, C}, 2). Since it belongs to Agp, its
deletion is always possible. The only way it could prevent the modified alignment to be an
ARG alignment, would be if Cq = T4 and Cp = Ty, (because Agp is an ARG alignment, there
can be only one alignment arriving at class Tj). But this would mean that Oy ¥ Tq(0) which
is not possible because in any model {-!, A) of O, of € A and TL = A. Hence, the deletion
is well-defined and preserves the ARG state. Hence, delete is already well-defined. Concern-
ing the addition, this concerns {mscq(Ca), Cp, 2) (add), {msccq (0, Cq), Cp =) (addjoin), and
{{Cq,C}, 2>} (refine). First, from Lemma 1, msca(Ca) and msccq (0, Ca) always exists and
are unique which make the operators well-defined. Moreover, because A, is an ARG align-
ment, it had only one correspondence {(Cy,Cy, 2), that has been deleted, then by adding
the new correspondence, the new alignment is also an ARG alignment. Next, mgczy,(Cyp, 0) is
well-defined and a correspondence (Cy, C;, 3) is added by refine only if there is no other con-
flicting correspondence (C},,C},3) in Agp. Hence, the result of refine is an ARG alignment.
Finally, since refadd adds correspondences from different classes of O, (C} for addjoin and
the elements of mgcxy, (Cy, 0) for refine and Cy ¢ mgcxy(Cyp, 0) otherwise the failure would not
have occured), there cannot be two correspondences from the same class, hence this generates
an ARG alignment. O

A .3 Proofs of faithfulness

Proof (Proposition 2)
Proof of Equation 4

We consider two cases: (1) 7(s) has a model and (2) 7(s) has no model. Whenever (2),
Equation 4 trivially holds: every model of 7(s) (which are zero) makes K,¢ true and therefore
Ou == 7(s) E Ka.

Otherwise, when 7(s) has a model, for any ¥ € O, by Definition 18 of the translation,
Kqa1 is an axiom of 7(s). This means that for any model (M, w) of 7(s) and any world v
accessible for a from w, M, v = ¥. Now assume that 7(s) ¥ Kq¢ for some ¢. This means that
there exists a model (M, w) of 7(s) and a world v reachable for a from w in which M, v ¥ ¢.
In such a case, the interpretation I, at world v of M would be a model of O, (because, by
the translation, it satisfies all axioms of Oy), thus Oq4 K ¢. Hence, the contraposition holds: if
Oq E ¢ then 7(s) = Kq¢.

Proof of Equation 5

Again, we consider the two cases: (1) 7(s) has a model and (2) 7(s) has no model, and
whenever (2), Equation 5 trivially holds: every model of 7(s) (which are zero) makes By~ true
and therefore Ay, = v = 7(s) & Bg7.

Otherwise, when 7(s) has a model, for any 9 € O, Kq9 € 7(s) (Definition 18), so
7(s) I Bat. In addition, for any ' € Aup, BaY' A Bpy' is an axiom of 7(s) (Definition 18).
This means that for any model (M, w) of 7(s) and any world v most plausible for a from
w, M,v E ¢ and M,v = 7. Now assume that 7(s) ¥ Bq~ for some correspondence . This
means that there exists a model (M, w) of 7(s) and a world v that is considered most plausible
for a from w in which M, v ¥ 7. In such a case, the interpretation I, of M at v would be an
extension of a model of Oq to Cq U Cp (because by the translation it satisfies all axioms of Ogq
and all correspondences of Agp), thus Agp e v. Hence, the contraposition holds: if Ay Eq 7y
then 7(s) = Ba7y. =]

Definition 26 (Standard DEOL Models) Let s be an ARG state for a set of agents .A. The
standard DEOL models (M?*,w*) for s are defined by letting M* = (WS, (=85)4ea, A%, %)
and:

= W = {w*} U {wa}aea;

- 25= {{w, wlwew U {(w?, wapl;

— AS =7D;

And the interpretation I® assigns:
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1. to each world v and each object name o € D the object o: i.e. I5(0) = o,

2. to w® and class name C € Cq the standard interpretation (Definition 25) I, of Og: i.e.
cvlfuS _ Cfa

3. and to wg an interpretation I/, such that I, < I, for I =q UbeA\{a} Agp, ie. clve = 0T,

The DEOL model in Definition 26 is constructed in such a way that for each agent a, there
is a most plausible world w, reached from w® such that the interpretation at w, is exactly
the extension I, of the interpretation I, that locally satisfies all the correspondences of all the
alignments involving a. I, is guaranteed to exists because s is locally consistent. However, I/, is
not unique. There can be multiple interpretations I/, that satisfy the requirement that I’ 2 I,
for some I, such that I, =4 UbeA\{a} Agp, and hence also multiple DEOL models (M?%, w®).
This is not important, because we just need one. And the existence of one is guaranteed by
the fact that s is locally consistent.

Lemma 4 For all ARG states s, (M?®,w®) as defined in Definition 26 is a model of 7(s).

Proof We need to show that Va € A, Vb € A\{a}, Vo € Oq, ¥y € Agp: M3, w® E Ko(pa) A
Ba(7). Hence, that Voo € Oq: M®,w® = ¢q and M*, wq | ¢da and (2) Vy € Agp: M, wq = 7.

MS,w® = ¢pa] At w3, the interpretation is such that it assigns to each class C the standard
interpretation fa for agent a such that C' € C,. And because by construction the standard
interpretation I, for O, satisfies each ¢4 in Og: M?® WS E ¢pq.

M3, wq E ¢da A Y] At wq, the interpretation is I/, an extension of I of O4 to Ugeu Ca
such that I, Eq Agp for each b € A\{a}. This means that (1) I/, satisfies all ¢4 in Oq, because
I, does, and (2) I satisfies all the alignments involving a. Hence, Yo € Oq: M?%, wq E ¢a,
and Vv € UbeA\{a} Agp: M3 wg = 7.

Therefore each agent knows her ontology and beliefs her alignments and so (M?%, w®) is a
model of 7(s). =]

Proof (Proposition 8)

(if ) Assume that s is an ARG state for a set of agents A with locally consistent alignments.
That means that, for each agent a there is a local model I, for O, of the alignments in-
volving a, i.e. of UbeA\{b) Agp. Thus there is an extension I/ of I, that locally satisfies all
¥ € Ubea\ (v} Aab and all ¢q € Oq. We need to show that 7(s) has a model. Let (M?®, w*) be
as defined in Definition 26, then, by Lemma 4, (M?%, w?®) is a model of 7(s).

(only if) Assume that s is an ARG state for a set of agents A such that s does not
have locally consistent alignments. Thus, there is an agent a € A for which there exists no
local model I, for O, of the alignments involving a. In other words, for each model I, of O,
there exists no extension I, that satisfies A, for each b € A\{a}. Now suppose, towards a
contradiction, that there is a model (M, w) of 7(s). Then, by the translation, it must be that
Vv e UbeA\{a} Agp: M,w = Bg7y. Thus, each correspondence in an alignment involving a must
be true at any of the most plausible worlds v for a from w. In addition, V¢ € Oq4, again by the
translation, it holds that M, w &= Kg¢. L.e. ¢ should be true in all accessible worlds for a from
w, and, in particular, at v. This means that the interpretation I, at world v must be a model
of O, and therefore, since s is not locally consistent, no extension of I, exists that locally
satisfies all the alignments involving a. But then it cannot be the case that all correspondences
Vv e UbeA\{a} Agp are true at v. Hence, we arrive at a contradiction. Thus there is no such
model. O

For the proof of Proposition 4, we prove a property of standard interpretations (Defini-
tion 25): for two different classes C, D, if the canonical interpretation of D is an extension of
that of C, the reverse cannot hold. This is true because ARG ontologies are constructed as
dichotomic trees.

Lemma 5 For each locally consistent ARG state s and for each canonical model of 7(s),
for every ARG ontology O, over signature {Ca, D) and for every two classes C,D € Cq: if

¢l ¢ D! and C # D then DT ¢ 1.

Proof By Definition 26, any class C, D € C are different and their interpretation is not empty.
Hence, there is at least an object o € D such that o € C! and, given that C! < D!, o e D!. By



30 Line van den Berg et al.

definition of ARG ontologies (Definition 2(4)), for any o € D, there is a unique C° € C such
that C°(0) € O,. Hence, 0 € C! means that either (a) C = C° or (b) 3C’,C" e C; C' £ C € O,
C"ECeO,and oe C'! and o ¢ C'! (because C’ @ C" € Oq, Definition 2(3)). By induction,
this means that there is a chain of classes C1,C2,...,Cn € Cq with C; E Ci41 € Oq, C1 = C
and Cp, = C°. The same holds true for D. Moreover (Lemma 2), there is a unique chain
C1,Ca,...,Cp € Cq with C; E Cijy1 € O, C1 = C° and C),, = T. Since this also holds true
for C and D, this means that they both belong to this chain (3,5 € [1,n] such that C; = C
and Cj = D and i # j because C # D). Now, if ¢ > j, then C = C’, C £ C” and C' @ C”
(Definition 2(3)). Assume, w.l.o.g., that C;_1 = C’ this means that C"! < C! and C"! ¢ C'I,
but since 7 > j, this means that C”! ¢ D!, thus C! ¢ D! which contradicts the hypothesis.
Hence, j > i then D & D', D & D” and D’ @ D” (Definition 2(3)). Assume, again w.l.o.g.,
that D;_1 = D’ this means that D! < D! and D! & D!, but since j > 4, this means that
D" ¢ ¢! thus DI ¢ C1. |

Proof (Proof of Proposition 4) We assume that 7(s) = Kq¢ for an ARG state s that is locally
consistent and have to show that O, E ¢.

[¢ = C(0)] Consider that 7(s) = K.(C(0)). There exists a unique D such that D(o) € Ogq
(Definition 2(4)) and hence Oq4 = D(0). If C' = D, then the statement is proven. Otherwise one
of the following holds: (i) O, = C E D, (ii) Oy = D £ C or (iii) Oq = C @ D (Lemma 3(b)).
Case (i) is impossible because, since C' and D are different, D cannot be the (unique) most
specific class of object o. In case (iii), by the forward direction, 7(s) E K.(C @ D) and
7(s) E Ka(D(0)). Hence, in every pointed model (M, w) of 7(s) and at each world v accessible
for a from w, o'v € C'v, olv € DIv and CTv AD!v = (. There can exist no such interpretation.
Thus case (ii) holds, which means that O, &= D £ C, which together with O4 = D(0) entails
Oq E C(0).

[¢ = CRD] Next, consider that ¢ states the relation between two classes C and D, where
7(s) & Ka(¢). If C = D, it is clear that 7(s) & Kq.(C = D), 7(s) E Ko(D E C) and
7(s) ¥ Ko (C@®D) (because in a model (M, w) of 7(s) and in any world v accessible for a from
w, the interpretation of the class will be the same and non-empty) and for the same reasons,
it is clear that O EC E D, O = D CE C and O, £ C @ D.

Otherwise (C # D), we know that (Lemma 3(b)) Oq E ¥ for either (i) v = C = D, (ii)
¥ =D E Cor (iii) ¢ = C@®D, and (from the forward direction) 7(s) = Ko (¢). In addition, the
interpretation of C and D cannot be empty (Lemma 3(c)) so there exists 0,0’ € D such that
Oq E C(0) and O, E D(0') and thus (by the forward direction) 7(s) i Kq(C(0)) A Ka(D(0")).
Hence, in each model (M, w) of 7(s) and in each world v accessible for a from w, M,v E ¢,
M,v = 9, and M,v = C(o) A D(d').

— If ¢ = C @ D, then the interpretation I, cannot be such that v = CEZ Dor¢y =D = C
because otherwise C1v n DIv would contain either o!v or o/Iv. Hence, it must be that
Y =C®D and thus O, EC® D.

— If ¢ = C £ D, then just as in the previous case no interpretation can accommodate
¥ = C@D. In order to exclude ¢ = D C C, we show that there exists a model (M, w) of
7(s) such that M, w ¥ Kq(D E C). Because then, by the forward direction (Proposition 2),
also Oq B D E C and thus, by Lemma 3(b), O, = C £ D. Since s is locally consistent, we
can a DEOL model (M?*, w®) of s (Definition 26) such that M?®, w® = 7(s) and therefore
M w® = Ko(C E D), ie. CTw € DIw for each w € {w®,ws} and in particular this must
hold at w®. Because Clws = Cla and DTws = Da it follows that C'e < DIa. Hence,
by Lemma 5, D! & Cla and thus Dfws & Clws. In other words, M*,w® ¥ D £ C,
M8 wd i Ko (D E C) and thus 7(s) # Kq(D E C). Hence O, = C E D.

— Finally, if ¢ = D E C, exchanging the symbols C and D in the previous case completes
the proof. =

A.4 Proofs of correctness, redundancy and incompleteness

Proof (Proposition 5) We do the proof for agent a and adaptation operator addjoin. The
proof for delete now follows because it is entailed by addjoin, and the proof for refine is
symmetric.
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Because addjoin only adds beliefs, it suffices to show that these beliefs are entailed (we
note C2 for msccq(0,Ca)): (7(s))'Co(@)iNCaBCLACIACY) = B.(C, T Cy) A Bi(C2 2T Cy).
This holds because initially the correspondence is believed, i.e. 7(s) = B;(Cq 2 Cy), and the
upgrade !C,(0);1(Ca B Cp A C2 2 () deletes all the worlds from 7(s) in which Cy(0) is
false and then rearranges the remaining worlds such that the ‘Cq, 3 C, A C¢ 3 Cp’-worlds
become more plausible than the ‘—(Cq 3 C, A C2 T Ch)’-worlds. Because there remain
‘Coa £ Cp, A C2 3 Cy’-worlds accessible for both agents, the belief is enforced. For agent b,
this is true because the announcement !Cy(0) does not alter her epistemic-doxastic state (she
already knew that Cy(0) as it is in her ontology), and for agent a, because the announcement
ICp(0) deletes the worlds in which Cq 2 C}, (—Cq(0) holds because the correspondence and
announcement caused a failure) or Cy = C}, so that both Cy 3 C} or C2 2 C} are unchanged.
Therefore the beliefs B;(Cy 3 Cp) and B;(C¢ 2 Cy) are enforced for agents i € {a, b}. Hence
addjoin is correct. O

Proof (Proposition 6) We need to prove the existence of an ARG state s where (7(s))0(2dd) £
7(add(s)) with upgrade §(add) =!Cy(0); 1 (Ca B Cp Amsce(Ca) 2 Cy), object 0s.t. Op = Cp(0)
and (Cq, Cy, 2) € Agp the failing correspondence. Pick s to be any such ARG state where the
most specific superclass C’ = mscq(Cq) of Cq is incompatible with o, i.e. Oq ¥ C’(0). Then
7(s) £ Ko(—C'(0)) and (7(s))°(4D) = K,(Cy(0)) A Ka(C' B Cp). This is because §(add)
deletes all ‘—=C(0)-worlds from 7(s) and therefore also all the worlds accessible by agent a
where C' 3 C}, for C such that 7(s) E Kq(C(0)). In particular, this holds for C’ = mscq(Ca)-
But, after applying the adaptation operator add, {(C’, C}, =) becomes part of the alignment,
so that 7(add(s)) E Ba(C’ 2 Cy). Hence (7(s))24) £ r(add(s)).

Moreover, whenever (7(s))%(2) = r(add(s)) it must be that O, &= C’(0) so that, per
definition, C" = mscq(Cq) = msceq (0, Cq), i.e. add is equivalent to addjoin. o

Proof (Proposition 7) We do the proof for agent a and the adaptation operator addjoin. The
proof for delete now follows because it is entailed by addjoin, and the proof for refine is
symmetric.

Thus we need to show that if (7(s))'e(®) & B,¢ holds, then it is also the case that
7(addjoin[{Cq, Cy, 2),0](s)) E Ba¢ holds. Consider a sentence ¢ that is not believed by
agent a in the state transformed by the adaptation operator, 7(addjoin[{Cq, Cy, 3),0](s)),
but is in the original state 7(s). By construction of the dynamics of the operator addjoin,
this can only be (1) a belief that is inconsistent with Cy(0) (because the announcement !Cy(0)
deletes these worlds), or (2) Co & C} (because it is enforced by the conservative upgrade
part of the dynamics). But these are also not believed by agent a in (7(s))'C%(9): (1) because
!Cp(0) has deleted all these beliefs, and (2) because 7(s) = Kq(—(Ca(0))) and this knowledge
is invariant under the announcement !C}(0), causing the belief in C, & C} to be dropped.
Hence, by contraposition, addjoin is partially redundant with respect to agent a. In Figure 10
the knowledge and belief of agent a is illustrated before and after the announcement !Cy(0)
for an intuition. =]

Proof (Proposition 8) Again, consider the knowledge and belief of agent a before and af-
ter the announcement !Cy(0), see also Figure 10. After the announcement !Cy(0), agent a
receives concrete information that object o belongs to the class Cp, i.e. she comes to know
this information: (7(s))'“»(°) = K,(Cy(0)). And, by definition, this knowledge remains after
application of any conservative upgrade, i.e. (7(s))%(® = K4(Cy(0)). Yet, this knowledge is
never acquired through application of the adaptation operators because they only concern the
alignment, i.e. beliefs of class relations, and not knowledge of instance classification. Hence

7(a(s)) ¥ Ka(Cy(0) and 7(a(s)) i (7(5))°. =
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