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•

  Prototype a framework distributing DL training efficiently • Apply the devised techniques to incremental learning workloads Evaluation • Conduct large scale experiments on the Grid'5000 testbed • Optimize makespan, cost and fairness objectives • Validate with synthetic workloads and real life applications How to perform efficient DL training on the Computing Continuum?
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Devise a middleware layer to distribute DL training workloads in heterogeneous environments