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INTEGER POINTS CLOSE TO A TRANSCENDENTAL CURVE
AND CORRECTLY-ROUNDED EVALUATION OF A FUNCTION
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NICOLAS BRISEBARRE AND GUILLAUME HANROT

ABSTRACT. Despite several significant advances over the last 30 years, guar-
anteeing the correctly rounded evaluation of elementary functions, such as
cos, exp, v/- for instance, is still a difficult issue. This can be formulated as a
Diophantine approximation problem, called the Table Maker’s Dilemma, which
consists in determining points with integer coordinates that are close to a curve.
In this article, we propose two algorithmic approaches to tackle this problem,
closely related to a celebrated work by Bombieri and Pila and to the so-called
Coppersmith’s method. We establish the underlying theoretical foundations,
prove the algorithms, study their complexity and present practical experiments;
we also compare our approach with previously existing ones. In particular, our
results show that the development of a correctly rounded mathematical library
for the binary128 format is now possible at a much smaller cost than with
previously existing approaches.
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1. INTRODUCTION

Modelling real numbers on a computer is by no means a trivial task. Until the mid-
80s, processor manufacturers developed their own representations and conventions,
leading to a difficult era — a time of weird, unexpected and dangerous behaviours [33].
This motivated the publication in 1984 of the IEEE-754 standard [17, 3], since then
revised in 2008 [29, 48] and 2019 [28], for binary floating-point (FP) arithmetic,
which remains the best trade-off for representing real numbers on a computer [51].
This put an end to this dangerous era of “numerical insecurity”.

In particular, the IEEE-754 standard clearly specifies the formats of the FP
representations of numbers, and the behaviour of the four arithmetic operations and
the square root. And yet, as of today, the standard still does not rule the behaviour
of usual functions, such as the ones contained in the C mathematical library (1ibm),
as precisely as it does for the four arithmetic operations and the square root.

The issue that we address in this paper is the problem of correctly-rounded
evaluation of a one-variable function. Usually, when one wants to evaluate a
function such as the cube root or the exponential functions, one actually evaluates
a very good approximation of it (such as a polynomial for instance). This raises a
problem, that is correct rounding: how can one guarantee that the rounding of the
value of the function coincides with the rounding of the value of the approximation?
This issue is related to a problem called Table’s Maker Dilemma (TMD).

Land the radix independent IEEE-854 [16, 4] standard that followed
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This paper presents two heuristic approaches to address the TMD. Both mix
ingredients from approximation theory and algorithmic number theory (actually
Euclidean lattice basis reduction). The first approach can be viewed as an effective
variant of Bombieri and Pila’s approach developed in [6]. The second one is an
improvement over the algorithmic approaches developed in [62, 60]. Rather than
reducing the problem for f to the same problem for an approximation (Taylor)
polynomial for f as it is done in [62, 60], we work with the function f itself as long
as possible. The difference may seem subtle, but it raises significant difficulties,
while bringing two major improvements: smaller matrices and the prereduction trick
(see Section 8).

In particular, we give the first significant results for the binary128 format and
this work paves the way for the first development of an efficient correctly rounded
mathematical library in the three fundamental formats binary32, binary64 and
binary128. As of today, the library CR1ibm [38] offers correctly rounded evaluation
of the binary64 precision C99 standard elementary functions.

We believe that our results are interesting in themselves. In particular, beyond
their application to the Table Maker’s Dilemma for which we improve on some of
the theoretical and practical results of [39, 41, 40, 62, 60], they offer a practical
means to compute integer points in a strip around a transcendental analytic curve?.

Note that we restrict ourselves in the present paper to transcendental function.
Our methods, as we describe them, are bound to fail for algebraic functions of small
degree. They may however be adapted in this case (similarly to Bombieri and Pila’s
adaptation in the algebraic case). We intend to come back to this in a sequel of this

paper.
1.1. Arithmetic framework. We first recall the definition of a FP number.
Definition 1.1. Let 3,p, Enin, Emax € Z, 8,0 2 2, Enin < 0 < Enax, a (normal)

radix-3 FP number in precision p with exponent range [Fuin, Emax] 18 @ number of

the form
M

BT

T = (_1)8 'ﬁEa

where :
e the exponent E € 7Z is such that E,,;, < EF < Ena,
o the integral significand M € N represented in radix 3 satisfies fP 71 < M <

ﬁp - 17
e s € {0,1} is the sign bit of .

In the sequel, we shall leave the exponent range implicit unless it is explicitly
required, and simply talk about “radix-8 FP numbers in precision p”.

Remark 1.2. For the sake of clarity, we chose not to mention subnormal FP numbers
since they will not appear in the text. One can find the complete definition in [51,
Chap. 2.1].

The number zero is a special case, cf. [51, Chap. 3], that we add to the set of
radix-$ and precision-p FP numbers. This yields a set denoted Fg 5.

Remark 1.3. In this paper, we use radix 2 for the sake of clarity but our approach
remains valid for any radix, in particular radix 10, the importance of which grows
at a steady pace. The set F5,, will thus be denoted F,.

2We mean here a representative curve of a transcendental analytic function.
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precision p | minimal exponent F,,;, | maximal exponent F,,q.
binary32 24 —126 127
binary64 53 —1022 1023
binary128 113 —16382 16383

TABLE 1. Main parameters of the three basic binary formats (up
to 128 bits) specified by the standard [28].

Table 1 gives the main parameters of the three basic binary formats specified by
IEEE 754-2019.

The result of an arithmetic operation whose input values belong to F, may not
belong to F, (in general it does not). Hence that result must be rounded. The
IEEE standard defines 5 different rounding functions; in the sequel, = is any real
number to be rounded:

e round toward +oo, or upwards: o,(x) is the smallest element of F,, that is
greater than or equal to z;

e round toward —oo, or downwards: o4(x) is the largest element of F,, that is
less than or equal to x;

e round toward 0: o,(z) is equal to o, (z) if x < 0, and to o4(z) otherwise;

e round to nearest ties to even, denoted o,.(x) and round to nearest ties
to away, denoted o, (x). If z is exactly halfway between two consecutive
elements of F,, o,(z) is the one for which the integral significand M is an
even number and o,,,(z) is the one for which the integral significand M is
largest. Otherwise, both return the element of F, that is the closest to x.

The first three rounding functions are called directed rounding functions.
The following real numbers will play a key role in the problem that we address.

Definition 1.4. A rounding breakpoint (or simply, a breakpoint) is a point where
the rounding function changes (namely a discontinuity point). For round-to-nearest
functions, the rounding breakpoints are the exact middles of consecutive floating-
point numbers. For the other rounding functions, they are the floating-point numbers
themselves.

1.2. Correct rounding, Table Maker’s Dilemma. The standard requires that
the user should be able to choose one rounding function among these ones, called
the active rounding function. An active rounding function being chosen, when
performing one of the 4 arithmetic operations, or when computing square roots, the
obtained rounded result should be equal to the rounding of the exact result: this
requirement on the quality of the computation is called correct rounding.

Being able to provide correctly rounded functions is of utter interest:

e it greatly improves the portability of software;

e it allows one to design algorithms that use this requirement;

e this requirement can be used for designing formal proofs of pieces of software;

e one can easily implement interval arithmetic, or more generally one can get
certain lower or upper bounds on the exact result of a sequence of arithmetic
operations.

While the IEEE 754-1985 and 854-1987 standards required correctly rounded
arithmetic operations and square root, they did not do it for the most common



NEW RESULTS ON THE TABLE MAKER’S DILEMMA 5

mathematical functions, such as simple algebraic® functions like 1/y/%, ¢/~, ... and
also a few transcendental® functions like sine, cosine, exponentials, and logarithms
of radices e, 2, and 10, etc. More generally, a natural target is the whole class of
elementary functions®. A subset of these functions is usually available from the
libms delivered with compilers or operating systems.

This lack of requirement is mainly due to a difficult problem known as the
Table Maker’s Dilemma (TMD), a term coined by Kahan. When evaluating most
elementary functions, one has to compute an approximation to the exact result,
using an intermediate precision somewhat larger than the “target” precision p. The
TMD is the problem of determining, given a function f, what this intermediate
precision should be in order to make sure that rounding that approximation yields
the same result as rounding the exact result. Ideally, we aim at getting the minimal
such precision htry(p), that we call hardness to round of f (see Definition 2.3).

If we have N FP numbers in the domain being considered, it is expected that
htrf(p) is of the order of p+log,(N) (hence 2p for most usual functions and binades®).
This is supported by a probabilistic heuristic approach that is presented in detail
in [51, 50]. It has been studied in [10] where O. Robert and the authors of the
present paper gave, under some mild hypothesis on f”, solid theoretical foundations
to some instances of this probabilistic heuristic, targeting in particular the cases
that the CR1libm library uses in practice.

1.3. Fast and cheap correctly-rounded function evaluation in binary64.
Diophantine approximation-type methods yield — not fully satisfactory — upper
bounds for htry(p) for algebraic functions: the precision to which the computations
must be performed is, in general, grossly overestimated [30, 37, 11]. On the other
hand, regarding transcendental functions, either no theoretical statement exists
or they provide results that are off by such a margin that they cannot be used in
practical computations [52, 35, 34].

Therefore, algorithmic approaches to the TMD [39, 41, 40, 62, 27] had to be
developed. They allowed for solving the TMD for the IEEE binary64 format (also
known as "double precision").

As a consequence, the revised IEEE-754 standard now recommends (yet does not
require, due to the lack of results in the case of binary128) that the following functions
should be correctly rounded: e*, e* — 1, 2%, 2% — 1, 10*, 10% — 1, In(x), log,(z),
loglo(z)’ ln(l +I)v 10g2(1 +SC), 10%10(1 +:C), Vv z? + Z-,I2, 1/\/57 (1 +x)n, ‘Tnv xl/n (n
is an integer), sin(x), cos(z), tan(z), arcsin(x), arccos(z), arctan(z), arctan(y/x),
sin(mx), cos(mz), tan(mwz), arcsin(z)/m, arccos(x)/w, arctan(z)/m, arctan(y/z)/m,
sinh(z), cosh(z), tanh(z), sinh ™! (z), cosh™ (z), tanh ™' (z).

Thanks to these results, it is now possible to obtain correct rounding in binary64
in two steps only (inspired by a strategy developed by A. Ziv [71] and implemented

3We say that a function ¢ is algebraic if there exists P € Z[x,y] \ {0} such that for all & such
that ¢(z) is defined, P(z, p(z)) = 0.

4A function is transcendental if it is not algebraic.

5An elementary function is a function of one variable which is the composition of a finite
number of arithmetic operations (4, —, X, /), exponentials, logarithms, constants, and solutions
of algebraic equations [12, Def. 5.1.4].

6A binade is an interval of the form [2%,25+1) or (—2F+1 —2F] for k € Z.



6 N. BRISEBARRE AND G. HANROT

in the 1ibultim library’), which one may then optimize separately. This is the
approach used in CR1ibm:

e the first quick step is as fast as a current libm, and provides a relative
accuracy of 27927% (k = 11 for the exponential function for instance), which
is sufficient to round correctly to the 53 bits of binary64 in most cases;

e the second accurate step is dedicated to challenging cases. It is slower but
has a reasonable bounded execution time, being tightly targeted at the
hardest-to-round cases computed by Lefévre et al. [42, 41, 61, 62, 60]. In
particular, there is no need for arbitrary multiple precision anymore.

This approach [21, 22] leads to correctly-rounded function evaluation routines that
are fast and have a reasonable memory consumption. Unfortunately, the lack of
useful information about the TMD in binary128 has so far prevented the development
of an extension of CRlibm to this format.

1.4. Goal and outline of the paper. In this paper, we present two new algorith-
mic approaches to tackle the TMD. For both, we follow the standard strategy to
subdivide the interval under study into subintervals; but instead of approximating
the function f by a polynomial function using Taylor expansion at the center of
such a tiny interval I, as it was done in [39, 41, 40, 62, 60], we approximate f
by an algebraic function using uniform approximation: if we assume for instance
f:[1/2,1) = [1/2,1) (hence every involved FP number has denominator 2P),we
search for Py and P; € Z[X,Y] that are small on the “weighted” curve (2Pz, 2P f(z))
(first approach) or in a strip around this “weighted” curve (second approach). This
smallness implies that the bad cases for rounding are common roots to Py and P;.
Then, we use a heuristic argument of coprimality of Py and P, analogous to the
one used in [7, 62, 60] to obtain these bad cases.

In order to compute Py and P;, we use ideas and techniques developed by
the first author and S. Chevillard [9]. Very roughly speaking, if we still assume
f:[1/2,1) = [1/2,1), the key idea is to find P € Z[X;, Xo] that is small at some
points (2Px;, 2P f(z;)) of the “weighted” curve (first approach) or (2Pz;, 2P (f(x;)+y;))
of a strip around the “weighted” curve (second approach). If the points x; (resp.
the pairs (z;,y;)) are carefully chosen, these discrete smallness constraints imply
uniform smallness over the curve, resp. the strip around the curve, cf. Section 4.1.
The discrete constraints can be reformulated as the fact that the values of P at
the (2Px;, 2P f(x;)) (vesp. the (2Px;, 2P(f(x;) + y;))) are the coordinates of a certain
short vector in a Euclidean lattice. The celebrated LLL algorithm, cf. Section 4.2,
then allows for computing a reasonable candidate for P.

The first approach which favours smallness on the curve (2Px,2?7f(x)),z € I
is somehow akin to [6] whereas the second one, which forces smallness on a strip
around this curve, is somehow analogous to [62, 60].

As our reader will see, our work does not lead, with respect to the previous
algorithmic approaches, to an improvement for the determination of worst cases for
rounding and optimal values of htr(p). On the other hand, for certain elementary
or special functions evaluated in binary128, we are able to provide:

e upper bounds for htry(p) that are useful in practice. For instance, for
the exponential function, which plays a central role for correctly-rounded
evaluation of the elementary functions of the C mathematical library, we

"1ibultim was released by IBM.
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provide a roadmap to reach, in practice®, the upper bound htr(p) < 12p
for p = 113 which corresponds to the binary128 format;

e an effective determination of the FP values whose evaluation by f is exactly
an FP number or the middle of two consecutive FP numbers. This is a
key issue in the development of correctly-rounded evaluation routines. An
exhaustive evaluation is possible in binary32 and theoretical results [31] yield
lists of these values for some restricted classes of functions and algorithmic
approaches [42, 41, 61, 62, 60] make it possible to address this problem in
binary64. However, before the present paper, the only practical means to
tackle the binary128 format was S. Torres’ implementation of [60] in his
PhD thesis [65] and we will show in Section 8 that our work significantly
improves the situation. As an example, we address the case of the Euler
function I', a function of the C mathematical library, for which theoretical
results from Transcendental Number Theory are almost nonexistent.

This hopefully paves the way to an extension of CR1ibm to the binary128 format,
provided that we adopt the following three step strategy for this format:

e a first quick step identical to the one mentioned in the previous subsection;
e a second step, slower but with a reasonable bounded execution time, where
the evaluation is performed using a precision of 260 = 2p + 34 bits, say.
Heuristically, this should cover all the hardest-to-round cases;
e a third step, where the evaluation is performed using a precision of 12p =
1356 bits. Heuristically, this step should never be called, so it is important
to write routines simple enough to be formally proved in order to guarantee
its validity.
We will formalize the problem we address in Section 2. We then give a state of the
art in Section 3. The theoretical results are presented in Section 3.1, including appli-
cations of [35, 34] that, to the best of our knowledge, are reviewed for the first time
and offer theoretical upper bounds for htr¢(p) in the binary64 and binary128 cases
which greatly improve upon the existing ones. The existing algorithmic approaches
are sketched in Section 3.2. Our approach relies on tools from Approximation
Theory and Euclidean lattice basis reduction and an idea presented in [9, 15]. We
recall them in Section 4. Our first approach is presented in Section 5 and our second
one in Section 6. We present a comparison with previous work in Section 7 and we
conclude with experimental results in Section 8.

2. FORMALIZATION OF THE PROBLEM

Assume we wish to correctly round a real-valued function ¢. Note that if = is a
bad case for ¢ (i.e., p(z) is difficult to round), then it is also a bad case for —¢ and
—z is a bad case for t — p(—t) and t — —p(—t). Hence we can assume that 2 > 0
and ¢(z) > 0.

We consider that all input values are elements of F, N [2¢*,2¢2F1). The method
must be applied for each possible integer value of e;.

If the values of ¢(x), for x € [2¢1,2°171) are not all included in the binade
[2¢2,2¢2F1) "we split the input interval into subintervals such that for each subinterval,
there is an integer ey such that the values p(z), for x in the subinterval, are in
[2¢2,2¢2F1) We now restrict to one of those subintervals I included in [2¢1,2¢1+1).

8A few days for a binade, see Section 8.
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For directed rounding functions, the problem to be solved is the following:

Problem 2.1 (TMD, directed rounding functions). What is the minimum u(p) € Z
such that, for 2°=1 < X < 2P — 1 (and, possibly, the restrictions implied by
X/27HP=t € ) such that ¢ (X207PT) ¢ F, and for 2071 <Y < 2P — 1, we have

e X Y 1
¥ 9—eitp—1 | 9p—1

> ou(p)
For rounding to nearest functions, the problem to be solved is the following:

Problem 2.2 (TMD, rounding to nearest functions). What is the minimum u(p) €
Z such that, for 2P~ < X < 2P — 1 (and, possibly, the restrictions implied by
X/27tP=1 ¢ I) such that ¢ (X2°*7PT1) is not the middle of two consecutive
elements of F, and for 2r—1 LY < 2P — 1, we have

- X 2 +1]_ 1
Ploem1) " " op | Z oulp)

These statements lead to the following definition.

Definition 2.3 (hardness to round). Let a precision p be given, o be a rounding
function and ¢ be a real valued function. Let « be a FP number in precision p and
es € Z be the unique integer such that p(z) € [2¢2,2°T1) (here again, we assume z
and ¢(z) > 0, since the extension to the other cases is straightforward).
The hardness to round ¢(z), denoted htr,, 5} o(p) is equal to:
e —oo if p(x) is a breakpoint;
e the smallest integer m such that the distance of ¢(z) to the nearest break-
point is larger than or equal to 27 "¢z,

The hardness to round ¢ over an interval I, denoted htr, 7 o(p), is then the maximum
of the hardness to round ¢(x) for all FP © € F, N I, while the hardness to round
¢ is the hardness to round ¢ over R, simply denoted htr, (p). When there is no
ambiguity over the rounding function, we get rid of the symbol o.

Remark 2.4. Note that both Problem 2.1 and Problem 2.2 for precision p are
subproblems of Problem 2.1 for precision p + 1.

Remark 2.5. If we assume that ¢ admits an inverse ¢! and is differentiable over I

and that we have a precise control over the image of ¢’ over I, it follows from the
mean value theorem that addressing Problems 2.1 and 2.2 for ¢ over I is analogous
to addressing Problems 2.1 and 2.2 for ¢! over (). For instance, one can think
of exp and log or x — ¢/ and x — 23.

The problem that we actually tackle in this paper is the following.

Problem 2.6. Let a,b € R, a < b, f : [a,b] = R be a transcendental function
analytic in a (complex) neighbourhood of [a,b]. Let u,v,w € N\ {0}, determine the
integers X, a < X/u < b for which there exists Y € 7 satisfying

) (2)-]<2

w

This problem encompasses the TMD: consider ¢ = 2°,b = 2+ — 1,4 =
2p—e1=l gy = 2p=¢2=1 and f = ¢ (for directed rounding functions) or f = ¢ —1/(2v)
(for rounding to nearest functions).
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It also includes a generalization of the question addressed in [6], which corresponds
to the case a = 0,b = 1,u = v.

Remark 2.7. Note that the status of w in Problem 2.6 may vary. In Section 5, we’ll
consider w as an output of the algorithm: on input w, v, a, b, Algorithm 2 heuristically
returns a value of w and a set (X,Y") of solutions of (2.1). This comes from the fact
that Algorithm 2 is primarily devoted to finding solutions to Y/v = f(X/u), and
that it happens that from the work done on this curve, one can deduce information
close to the curve. A parameter wy gives some influence on w, but no complete
control.

On the other hand, in Section 6, w will be an input of the problem: on input
u, v, w, a,b, Algorithm 4 heuristically returns the set (X,Y") of solutions of (2.1).

3. STATE OF THE ART

In this section, we review the state of the art on the TMD; we shall start by
discussing results which can be derived from previous estimates in Diophantine
approximation, then shall account on the algorithmic approaches which have been
developed since the late 90s. One can find a more complete (but slightly outdated
since the results of [35, 34] on the exponential function are not considered) state of
the art in [51, Chap. 12].

3.1. Diophantine approximation results: the exponential and the loga-
rithm functions. In this section, we use the conventions and notations that we
introduced in Section 2.

The exponential function is central in the study of correctly-rounded evaluation
of the elementary functions of libms: a relevant information on its hardness to
round yields relevant information as well on trigonometric and hyperbolic functions,
and their respective reciprocals, see [51, §12.4.4] and Remark 2.5, the logarithm
function and inverse trigonometric functions.

Following the works [52] and [35], Khémira and Voutier proved in [34] a lower
bound (called transcendence measure) for the expression |65 - a|, where « and 3
are algebraic numbers, § # 0. When specialized in FP numbers, their result provides
interesting upper bounds for htrex,(p).

Let m and n € N, we put

m!

[T a<n, qoat™)”

q prime

dp, =lecm.(1,...,n) and D, ,, =

where vy (m!) is the g-adic valuation of m!. We can now state Khémira and Voutier’s
Theorem in the particular case where « is a FP number and § is a FP number
(directed rounded functions) or the middle of two consecutive FP numbers (round-to-
nearest functions). As mentioned above, we can get a similar result for the logarithm
function.

Theorem 3.1 (Khemira and Voutier [34], specialized here to FP numbers, directed
rounded functions). Let a precision p be given, let x # 0 and y € F, such that y
and e* are in the same binade. We denote by ey, resp. ey, the exponent of z, resp.
y. We have e, = |log,(exp(z))] = |z/log(2)]. Let K and L € N\ {0}, K >2°

9The condition K > 2 is not stated in [34] but it is actually necessary to have Inequality (3.1)
satisfied here.
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L>2 and E € (1,4+00) which satisfy
KLlogE > KLlog2+ (K —1)(1 +log(V3Ldr_1)) +log(Dx—1,0.—1)
(3.1) + (1 +2log2)(L — 1) + log (min (df =5, (L — 2)!)) + log((K — 1)!)
+ (K —1)max(p—2—e;,—1)log2 + LE|z| + Llog E
+ (L —1)max(p — 2 — ey, —1)log 2.

Then we have |e* —y| > E~KL.

Remark 3.2. For the round-to-nearest functions, we assume that y is the middle of
two consecutive FP numbers and that the numbers y and e” are in the same binade.
If we denote again e, = [z/log(2)], the conclusion of the theorem remains valid if
we replace max(p — 2 — ey, —1) with max(p — 1 — e,, —1) in the last line of (3.1).

For instance, using the following sets of parameters, we are able to compute the
following upper bounds for the hardness to round exp on [1/4,1/2):

e In binary64 (p = 53), the triple (K, L, E) = (61,29, 81.29...) yields
htrexp7[1/4,1/2)(53) < 11225 ~ 211])

e In double extended precision (p = 64), the triple (K, L, E) = (62, 37, 82.62...)
yields htreyp, 1/4,1/2)(64) < 14610 ~ 228p.

e In binaryl28 (p = 113), the triple (K,L,E) = (84,59,109.44...) yields
htreyp,(1/4,1/2)(113) < 33573 ~ 297p.

3.2. Algorithmic approaches. In view of the lack of practicality (or in order
to improve on it) of fundamental results discussed in the previous subsection,
algorithmic approaches have been developed and used in an extensive way since the
late 90s.

A first straightforward idea consists in testing all possible FP values x; for each
value of & one computes a sufficiently accurate interval approximation to f(x) and
determines the hardness to round f(z). The cost of the approach is obviously
proportional to the number of different FP numbers of the format under study
i.e., 2P Pmax—Emin - which makes it basically tractable for binary32 [59]. In [23], the
exhaustive evaluations are performed on an FPGA using a tabulated difference
approach, which makes it possible to address the binary64 case. Currently, the double
extended or binary128 formats seem completely out of reach of such approaches.

More subtle ideas proceed by splitting the domain into subintervals and replacing
the function (assumed to be sufficiently smooth) by a polynomial, in practice a
Taylor approximation, over the interval under study; one is then reduced to study
the problem in the polynomial case.

Lefevre, together with Muller [39, 41, 40], studied the degree 1 case; in this case,
the remaining Diophantine problem is to find two integers z,y, |z| < X, Jy| < Y such
that |az + 8 — y| is minimal, which is solved by elementary Diophantine arguments,
either the three distance theorem, or continued fractions (see e.g., [5]). These ideas
lead to an algorithm of complexity 0(221’/ 3) for floating-point numbers of precision
p, as p — oo, which computes all worst cases for rounding in the domains under
consideration.

Highly optimized and parallel implementations of this method have proved
invaluable to find optimal values of htr((53) for several functions of the standard
libm. This was a key step towards the development of CR1ibm.
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Higher degree approximations give rise to more complicated Diophantine problems.
Stehlé, Lefevre and Zimmermann [62], further refined by Stehlé [60], make use of a
technique due to Coppersmith [19, 20] and based on lattice basis reduction to solve
it. We recall Corollaries 4 & 5 of [60], adapted to our context.

Theorem 3.3 (Stehlé [60]). For all € > 0, there exists a heuristic algorithm of
complexity P(p)2P1+)/2 where P is a polynomial, which, given a function f, returns
all FP numbers x € [1/2,1) of precision p such that the hardness to round f(x) is
= 2p.

There exists a polynomial-time heuristic algorithm which returns all FP numbers
x € [1/2,1) of precision p such that the hardness to round f(x) is > 4p?; the latter
works by reducing a lattice of dimension O(p*) of R™ for some m = O(p*).

The heuristic character of the algorithm is rather mild (i.e., the algorithm works
in practice as expected on almost all inputs).

We use a somewhat different approach: the algorithmic content of our method
remains based on lattice basis reduction, but rather than reducing the problem
to a polynomial problem, we keep the problem linked to the function, which we
shall make possible thanks to rigorous uniform approximation techniques based
on Chebyshev interpolation. In order to develop our approach, we thus now need
to give a short survey of Chebyshev interpolation/approximation and lattice basis
reduction.

4. A QUICK OVERVIEW OF UNIFORM APPROXIMATION AND LATTICE BASIS
REDUCTION

We shall require some tools from uniform approximation theory [24, 58, 57, 14,
8, 49, 66] and algorithmic geometry of numbers [47, 26, 18, 13, 54, 68].

4.1. Relation between uniform approximation and interpolation. Let n €
N, the n-th Chebyshev polynomial of the first kind is defined by T, € R, [z] and
T, (cost) = cos(nt) for all ¢t € [0,7]. The T,,’s can also be defined by

To(z) = 1,Th(z) = , Thyo(z) = 22T 11 (x) — T (x),Vn € N.

4.1.1. Interpolation at the Chebyshev nodes. The zeros of 1,41 are

—k+1/2
fk,n = COS (W),kzo,...,n.

They are called (n+ 1)-Chebyshev nodes of the first kind. Polynomials interpolating
functions at this family give rise to very good uniform approximations over [—1,1]
to these functions [49, 66]. To be able to work on an interval [a,b], we will need
scaled versions of Chebyshev polynomials and nodes. We then define, for n € IN,

2e—b—a b—a +a+b
(41) T’n,[a,b] =T, (b—a) y Mk ,n,a,b] *= ( )/Jkén ak = 07 sy T

Here again, when there is no ambiguity, we denote the nodes as fi, [4,5)- Note that
Tn,[a,b] (.uk,n,[a,b]) = Tn(ﬂk,n)'

Let N > 1, let f be a function defined over [a,b], if we interpolate f by a
polynomial in Ry _1[z] at the scaled Chebyshev nodes of the first kind, we have the



12 N. BRISEBARRE AND G. HANROT

following expressions for the interpolation polynomial P [49, Chap. 6]:

! .
P(z) = Z kT [ap)(7) € Ry—1[z] with
0<k<N-1

Cr = — Z S (e, n=1,1a.0) T jap) (e, N=1,ap)) for B =0,...,N —1,
0<I<N -1

2
=N Z F (e, n—=1,ja0) Th(pe,n—1)-

0<LKN—1
!/
The symbol Z means that the first coefficient has to be halved. Note that, if

we introduce f: ze[-L1] — f (zb_T“ + “T'H’), the coefficients ¢; are also the

coefficients of the interpolation polynomial in Ry_1[z] of fat the Chebyshev nodes
of the first kind.

4.1.2. Uniform approzimation using interpolation polynomials. Let p > 1,if a < b

are two real numbers, we define the ellipse

b— i0 —1_—1i0 b
gp,a,b:{ ape +p ¢ +a+ 706[07277]}

2 2 2

and let £, . be the closed region bounded by the ellipse £, 4. For f a function
analytic in a neighbourhood of E, 4, we define M), ,,(f) = max.ce, , , |f(2)]-
Let N € N, N > 1, we also define
2
77p70=1and77p7k:z27_: fork=1,...,N —1.
The following two propositions establish Cauchy’s inequalities for interpolation
polynomials at (scaled) Chebyshev nodes.

Proposition 4.1. Let p>1,a <b, let N € N, N > 1, f be a function analytic in
a neighbourhood of E, .4, the coefficients ci,k =0,..., N — 1, of the interpolation
polynomial py—1 of [ at the (scaled) Chebyshev nodes of the first kind over [a, b],
(B, N—1,[a,b]Jo<k<N—1 Satisfy

Mp.a
k| < 2p’l.ﬁ€b(f)np,;C fork=0,...,N —1,
Moreover, we have
4M, a b(f)

1f = pN=1lloo,fap] < v

Pl S pN=T(p 1)
Proof. See Appendix A. ]
Let p1,p2 > 1, a1 < b1, az < by, we define &, a;.b1,p2.a0.00 = Epr,a1.br X Epsaz,bs

and Epl»al,b1,P2,a2,b2 = Ep1ya17b1 X Eﬂ2,02,b2'

Proposition 4.2. Let p1,ps > 1, a1 < by, ag < by, let My, Ms € N, My, My > 2,
f be a function analytic in a neighbourhood of E,, 4, by, ps.a0,b., the coefficients
Chikor k1 = 0,..., My — 1,ky = 0,...,My — 1 of the interpolation polynomial
Py —1,0m,-1 of f at pairs of Chebyshev nodes of the first kind satisfy, for ky =
0,...,My —1,ko=0,..., My —1,

Mp1,a17b1,02,¢127b2 (f)

k}l k‘g
P1 P2

|ck1,k2| <4 Np1,k1Mp2 k2>
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where My, a1 by ps,a,b,(f) = maxeee, oo | f(2)]. Moreover, we have

16p1p2MP1,P2 (f) ( 1 1 >
(= 1)(p2 —1) \pt = =
Proof. See Appendix A. O

Hf - Plel,szl||oo,[a1,b1]><[a2,b2] X

4.2. A quick reminder on Euclidean lattices and the LLL algorithm. In
this subsection, we shortly review basic facts concerning lattices and lattice basis
reduction algorithms.

Definition 4.3. Let M € N, M > 1, a lattice of RM is a discrete subgroup of
RM: equivalently, a lattice L C R is the set of integer linear combinations of a
family (by,...,by) of R-linearly independent vectors of R™. We shall then say that
(bi)1<i<n is a basis of L, and that N < M is the dimension (or the rank) of L.

Proposition 4.4. The sets B = (b;)1<i<n, C = (¢i)1<isn are two bases of the
same lattice, given in (row) matriz form if and only if there exists U € My (Z),
detU € {#1}, such that C = UB. As a consequence, the quantity (det CC*)Y/? =
(det BBY)'/? is independent of the basis and is associated to the lattice itself — we
shall call it the volume of the lattice and denote it by vol L.

Given a basis (by,...,bx) of L as input, finding a shortest nonzero vector in L is
called the shortest vector problem. The decision version of this problem has been
shown [1] to be hard under randomized reductions; in practice, one thus has to
content oneself with approximation algorithms, such as the LLL algorithm [43]:

Theorem 4.5 (Lenstra, Lenstra, Lovdsz, 1982). The LLL algorithm, given N
R-linearly independent vectors (b1, ...,bx) € ZM | returns a basis (c1,...,cn) such
that |jc1]lz < 2V =D/4(vol L)YV, and ||y |2 < 2V =1/2min,er_qoy]|z]]2. One also
has ||ca |2 < 2V —D/4(vol L)Y/ (N-1),

The time complexity of the LLL algorithm is polynomial in the maximal bit-length
of the coefficients of the b;’s, the lattice rank N, and the space dimension M.

Proof. See Theorems 9 and 10 from [54, Chap. 2], except for the last inequality on
|lez|| which is a consequence of the proof of Fact 3.3 in [7]. O

The constant 2 of the inequalities of the theorem is arbitrary, and could be
replaced by any real number > 4/3.

We now discuss shortly an improvement due to Akhavi & Stehlé [2] to the LLL
algorithm in the case where N is much smaller than M, the dimension of the
ambient space. Let A be an N x M matrix, the rows of which generate the lattice L;
the idea is to reduce a smaller N x N matrix obtained by a random projection
(i.e., multiplying A on the right by a random M x N matrix), and apply the same
transformation to the original matrix.

Theorem 4.6 (Akhavi & Stehlé, 2008). For all N, there is an no(N) such that
for M > ng(N), if P is an M x N matriz whose columns are independent random
vectors picked up uniformly independently inside the M-th dimensional unit ball,
and A’ = LLL(A - P); then, with probability > 1 — 27N the first column vector of
the matriz A'(A - P)~'A is a vector of L of norm < 2*N (vol L)Y/,

S. Torres [65] showed that this idea indeed improves the practical outcome of [60].
As for us, cf. Section 8, we noticed that this idea works even for simpler models
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for the random matrix P such as random, uniform {0, £1} coefficients, which give
equally good results.

5. THE ONE-VARIABLE METHOD, A LA LIOUVILLE

Let u,v € N\ {0}, a < b be two real numbers and f : [a,b] — R. The starting
point of this approach to Problem 2.6 follows a simple (but fundamental!) idea due
to J. Liouville [44, 45, 46], which we now recall.

For any P € Z[X1, X5, for any = € [a,b], y € [f(x) — 1/v, f(x) + 1/v], we know,
from the mean value theorem, that there exists z between vf(z) and vy (hence
z € [vf(x) — 1,vf(z) + 1]), such that

oP
(5.1) Plu,of () = Pluz,vy) = v(f(2) = 9) G-z, 2)
Then we compute, by combining Chebyshev interpolation and lattice reduction, two
polynomials Py, P; € Z[X;, X5] such that, for i = 0,1, |P;(uz,vf(z))| < 1/2, while
’%I;i (ux,zl)’ is bounded by “not too large” an M. Let zg = X/u € [a,b], X € Z,
yo =Y /v, Y € Z, we have P;(uxg,vyo) = P;(X,Y) € Z. If, for instance Py(X,Y) is
non zero, then it follows from (5.1)

|Po(X,Y)| = |Po(X, vf (X/u))| < vl f(X/u) = Y/v]

21 <1/2

)

ay uxg, 20

<M

hence |vf(X/u) —Y| > 1/(2M). Otherwise, we have Py(X,Y) = P (X,Y) =0. We
now use our heuristic assumption, that is Py and P; have no nonconstant common
factor: we then perform elimination of one of the variables and retrieve the list of
all the bad cases, i.e., the X such that [vf(X/u) — Y| < 1/(2M). In the sequel of
this section, we give all the details of this approach: we first give estimates of the
determinants of the lattices that we use, we present our algorithm, the proof of its
correctness and analyse its complexity.

5.1. Volume estimates for rigorous interpolants at the Chebyshev nodes.
Let N > 2 fori=0,...,N —1, let f; be a function defined over [a, b] and @; be its
interpolation polynomials in Ry _1[z] at Chebyshev nodes of the first kind.

Let DCT-II denote the discrete cosine transform of type 2:

DCT-1I: RY — RY
(370,...,1‘]\],1)'—)(Xo,...,XNfl) with
k(£+1/2)7
X = Z mgcos((N/)>,fork::O,...,N—1.
0<UKN -1

This function is often introduced with slightly different normalisations [63, 56] and
we can take advantage of fast algorithms that make possible to compute it in at
most O(N log N) operations. Recall, cf. Section 4.1.1, that for i =0,..., N — 1,

/
Ql(a:) = Z Ck7iTk,[a,b] (ac) € ]RNfl[.%‘] with
0<k<N—1

2
(5.2) (€ois -y en—14) = DCT-I(fi (w1 fa0): -+ fi(ho,[a))-

Let us introduce two real parameters p > 1 and wp > 0 (to be chosen later on).
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We now assume that all the f;’s are analytic in a neighbourhood of E, , ;. For
i=0,...,N —1,let R; =4M, .+(f:)/(pY~1(p —1)). We have, by Proposition 4.1,
Il fi — Qilloo,[a,p) < Ri- If 055 denotes the Kronecker delta, we introduce the N x 2N
matrix A = (A1 45), where

(5.3) Ar = (05.0/27) o jen—1s A2 = (000" Ri)og; sy -

Its rows generate the lattice that will be reduced in our algorithm. The (diagonal)
right half of the matrix are weights that will be used for two tasks:

e (remainders) controlling that Py(uz,vf(x)), Pi(ux,vf(x)) are uniformly
small, where P, , P; are two polynomials, with integer coefficients, output by
the lattice reduction process. Matrix A; helps us securing uniform smallness
of the interpolation polynomial of Py, resp. P, and matrix As helps us
securing smallness of the corresponding approximation remainders (this
accounts for the presence of the R; term);

o (coefficients) controlling the size of the coefficients of the polynomial, hence
the quality of the lower bound deduced from the output of Algorithm 2;
this accounts for the presence of the p“° term. We shall assume later on
(in Section 5.2) that 4p“ovM, . (f)/ (PN ~1(p — 1)) < 1. This is a necessary
condition for the success of the method; otherwise, most of the p“°R; are
too large, and the method is bound to fail. Note that this assumption can
be made without loss of generality on f, as for fixed f,a,b,wq, p it holds for
N large enough.

We now establish a slightly improved version of [60, Theorem 2]'°. Let an N x M
matrix B whose rows span a lattice L. We assume that the entries of B satisfy:
|Bi j| < 77y - cej, for some rr;’s and ¢c¢j’s, 0 < i < N—1land 0 < j < M —1. As
mentioned in [60], this is typical for Coppersmith-type lattice bases.

Theorem 5.1. Let B be an N X M matriz (with M > N ), the entries of which are
bounded by the product of some quantities rr;’s and cc;’s as described above. Let
L be the lattice spanned by the rows of the matriz B, and B the product of the N
largest cc;’s. We have:

0 /2 N—1
vol L = (detBBt)l/2 < (N) NN/2 (H rTi> B.
i=0

Proof. Let us denote Cy,...,Cp;—1 the columns of B. The classical Lagrange’s
identity, which is a particular case of Cauchy-Binet formula [25, 36], then states
that

(5.4) det BB' = > det(Cj,,...,Cjy)?
0<yi<<jnsSM—-1
M
< det(Cj,,...,Cjy)>
<N> 01 < < n <M1 et(Cirs-- Civ)

We can assume (vaz_ol rri) # 0: otherwise, there is at least one row of B that is
identically 0, hence vol L = 0.

10Note that there is an inaccuracy in the statement of [60, Theorem 2] : y/n should be replaced
1/2
with ()" a2,
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Now, for a given 0 < j; < --- < jny < M — 1, if one of the cc; is zero, it follows
that at least one column of (le, ...,Cjy) is zero, hence det(C;,,...,C;,) = 0.

Otherwise, we consider the matrix (C’ ...C/ ) obtained from (Cj, ... C;y) after
having divided the i-th row by rr; for all ¢ = 0,..., N — 1 and the jg-th column by

ccj, forall k =1,..., N. All the coefficients of (C’, ... C’ ) have an absolute value
less or equal to 1. Hadamard’s inequality then implies det(Cj,, .. ,C;N)2 < NV,
It follows

2

N-1 2
det(le,...7CjN)2 = (H rri) (H ccjk) det C;m'”aC;N)Q
i=0
N-1 2
< (H 7“7“i> PN
i=0

We conclude by combining the last inequality with (5.4). O
Then, we upper bound det AA*, where A is the matrix defined by (5.3).

Theorem 5.2. Letp>1,wg>20,a<b, N =2, fo,..., fn—1 be functions analytic
in a neighbourhood of F, . We have

N N—1
t\1/2 N2 P [Li—o Mpab(fi)
(det AA ) < (64N) (P — 1> ,ON(N 1)/2+LWOJ(LUJOJ_2&,O+1)/2
Proof. For 0 < 4,7 < N — 1, we have from Proposition 4.1 and Lemma A.6,
1 p +1 2Mp,a,b(fi) P

Cj.i

2650 Mp a b(fz)
Now, let us write, for 0 < 4,5 < N — 1,

Mpap(fi) _ 4PMOLM ab(fi)
pN=p—1) p—1 pN
In view of these estimates, we can apply Theorem 5.1 with rr; = 2p/(p—1) M o (fi)
fori=0,...,N—1,

—J < i< _
ch{p s 0<j<N-1,

|A1,:,5] <

[ Azl < p*° Ry = 4p*°

2p0 "N N <j<2N —1.
Hence, P is the maximum, for s =0,..., N, of
li[ 1 ﬁ 2040 1 (2pe0)N—s
P pk—1 oL pN T psG-D/2 ,N(N=s)
Finally, Theorem 5.1 yields
(det AA")M/? < (?)UQNN/QQN (A)NOQQXN pS(S(21P)/2-)i-N(1:7 3 Jth ap(fi)
o (N=5) N-1

N
N2 _F
< (64N) (p - 1) 0RsCN p3(s=1)/2+N(N—s) H Mp.a(fi)-

Then, if P, = po(V=5) /ps(s=D/2NIN=2) e have Pyy1/Ps = pN =7, hence P,
is maximal for s = N — |wp |, which completes the proof of the Theorem. [
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We now specialize the previous estimate to our situation, where we shall use the
ordered list of functions [f;,0 <i < (d+ 1)(d+2)/2 — 1] = [z > uFzFvl f(2)¢, ¢ =
0,...,d,k=0,...,d— ). Let the ¢;,’s be defined by (5.2), using the same ordering
for the functions and [Ry,;,7 =0, ..., N — 1] be the ordered list

kM k @M 4
(5.5) 4Y ”’“”]’V(ff VMo y o ak—o0....d—1].
pNHp—1)
We denote again A = (A;As) the N x 2N matrix defined!! by
(56) Al = (Cj’i/Q(;JO)OSi,jngl ’AQ = (6ijpwoR27i)0<i,j§N—l .

Corollary 5.3. Let p > 1, a < b, f be a function analytic in a neighbourhood
of Epap. Letd > 1, N = (d+1)(d+2)/2, wo > 0, u,v € N\ {0}. Define
fro(x) = uka*ot (@) for0 < € < d,0 < k < d—{, the matrices Ay, Az, A= (A1As)
as in (5.6), and the quantity Ay [q.p)w, = (det AANY2 . We have

(5.7) AYWN-D < 30y/N (pl
Py

N/(N-1) () 2N/ (3(d+3))
N,[a,b],wo )

pN/2+ wo | (lwo ] =2wo+1)/(2(N~1))

b—a (p+pt b+a
( 2 < 2 M
Proof. Follows from Theorem 5.2, the facts that Mp,a,b(a:kf(x)e) < Mp,a,b(ﬂv)k
Mp,a,b(f)é, the inequality

Mp,a,b(f)zN/(S(d+3)) )

)2N/(3(d+3))

Mp’a,b(x) <

)

b—a (p+p ! n b+a
2 2 2

and finally the fact that (8v/N)N/(N=1 < 30y/N for N > 3. O

5.2. Statement of the algorithms. Our main routine is Algorithm 2. It comes
together with Algorithm 1 that mainly constructs the lattice to be reduced in
Algorithm 2. We shall make use of the following notation: for any = € R, [z]o = |z]
if z > 0 and [z] otherwise. In the sequel, as in Corollary 5.3, we define N =
(d+1)(d+2)/2.

Before writing the algorithm, we explain how we turn our problem, which leads
to the reduction of a sublattice of R?Y | into a problem leading to the reduction of
a sublattice of Z2V.

From a mathematical point of view, the lattice that we would ideally work with is
the one generated by the rows of A defined in (5.6), the volume of which is estimated
in Corollary 5.3. And yet, in order to perform lattice reduction computations, it is
safer to work with lattices given by vectors defined over Z, hence the introduction
of A = (141142)2

1211 = ([QtpreCAl[i,j]]o /2tprec) AZ _ (thprecAz[ijj”/Tprec)

0<i,j<SN—-1" 0<i,jSN—-1"

where tprec = [—log, (mingg;<n—1 A2li,i]) +1ogo(N)] + 5. The integer tprec cor-
responds to a truncation precision that will allow us to work over Z" and keep
enough information from A at the same time.

' This is the same definition as (5.3) where we have specialized the f;.
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Remark 5.4. By construction,

A[i,j]‘ < |Al4, j]| for all 4, j. Hence, Theorem 5.2

and its corollaries, which proceed by upper bounding the absolue values of the
coefficients of A and applying Theorem 5.1, also hold for (det AA*)'/2,

Note that the matrices M, and M, computed in Algorithm 1 correspond to the
scaled matrices 2P A, and 2P A4,.
The rows of A generate the lattice that will be reduced in our algorithm.

Lemma 5.5. The Z-module generated by the rows of A is a lattice of rank N.

Proof. Recall that tprec = [—log,(ming<;<n—1 A2[t,i]) + logy(N)] + 5. Thus, for
i=0,...,N—1, 2% A,[i i > 25N, hence 1212[2’71'] > 257terec vy > 0. This shows
that the matrix A, is an invertible diagonal matrix, so that the matrix A has full
rank V. O

We now give an equivalent but more convenient form for tprec. In order to do
that, we henceforth assume that the set u[a,b], resp. vf([a,b]), contains at least
one nonzero integer n., resp. nys; note that this assumption is made without loss of
generality with respect to our problem, since if the assumption does not hold the
problem is trivial.

Lemma 5.6. We have

tprec =[—logy(p“° R2 o) + logy(N)] + 5
=[(N —wo — 1) logy(p) +logy(p — 1) +1ogy (V)] +3

and
8NpN_w0_l(p _ 1) < 2tprec g 16NpN—wO—l(p _ 1)

Proof. From our assumption, we have uM, ,(x) > |ng| > 1 and vM, . (f) >
Ing| > 1. It then follows Ra; > 4/(pN "1 (p — 1)) = Ra for all i. Therefore, we get
tprec = [—1logy(p“° Ra,0) + logy(N)] + 5. O

5.2.1. Heuristic character of Algorithm 2. We will see in the sequel of the section
that, up to a suitable choice of parameters, the condition stated at Step 4 can always
be satisfied. On the other hand, we do not know how to simultaneously guarantee
both this condition and the condition stated at Step 8. It is even likely that it is
not possible when f is close to an algebraic function of small height.

5.3. Practical remarks. Algorithm 1 has been written with readability in mind.
We now add some practical clarifications. We will discuss some experiments in
Section 8.

5.3.1. Efficiency. The number of DCT calls (see Step 11 in Algorithm 1) can be
reduced from O(N) to O(d) by noticing that the DCT ¢’ of the vector u’ associated
to zp(x) can be deduced from the DCT ¢ of the vector u associated to ¢(x)
via the following formulas, which are easily deduced from the recurrence relation
20Ty () = Toy1(2) + Toa (2):
o 0'[0] = (b —a)o1]/4 + (b + a)d[0]/2,
o V[kl=(b—a)(0k —1]+d[k+1])/4+ (b+a)d[k]/2, 1 <k <n—2,
e §'[n—1]=(b—a)d[n—2]/4+ (b+a)d[n—1]/2.
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Algorithm 1 Computation of the lattice to be reduced (1D approach)

Input: Two real numbers a < b, f a transcendental function analytic in a complex
neighbourhood of [a,b], three positive integers d,u, v, two real numbers p >
1,wp = 0 such that 4p“0vM, ., (f) < pN~"1(p — 1), where N = (d + 1)(d + 2)/2.

Output: Two matrices M., M, € My(Z), respectively storing scaled values of
the coefficients and the remainders, an integer tprec which is the truncation
precision. .

1: Ry, + p,vffi(;_l), tprec « [—logy(Ru,) +logs(N)] + 5
20 Leper ¢ [25% cos ((j +1/2) %) + %42 // Computation of the Cheby-
shev nodes, listed in reverse order

]ogjqu

30 M+ [0]nsn; My < [0]nxn
4 By |92+ 252 (p+p )
50 g4 (z— |f (4 + 228 (pexp(iz) + p~ ' exp(—iz))) D
6: By < max (g([0,27]))
7: for / =0 to d do
8 fork=0tod—/{do
9: ¢ (z = (uz)*(vf(2))")
// We compute the coefficient matrix : for each function, we compute its
value at points of L.pep, use DCT and scale.
10: U «+ [@(Lcheb[o]); ey ‘P(Lcheb[N — 1])]
11: Lpcr + %DCT—H(U), LDCT[O] — %LDCT [0]
12: for j=0to N —1do
13: M.[i, j] + [2®"Lpcrljl], // Scaling of the coefficient matrix
14: end for
// We compute the scaled remainder matrix.
15: M, [i,i] + |2 Ry, (uB,)*(vBy)t|, i+ i+ 1
16: end for
17: end for

18: Return M., M,., tprec

This gives, in practice, a significant speedup in the construction of the matrix for
large d. Note that these formulas must be applied to Lpct before the renormalisation
instruction Lpcr[0] < 2 Lper[0].

A similar strategy applies for the computation of the remainder matrix M,..

5.3.2. Overestimation issues. We now discuss the instruction By <— max (g([0, 27])),
presented at Step 6 of Algorithm 1. For some functions such as exp or I'; we can take
advantage of a closed expression for this maximum. Otherwise, either we develop
a dedicated routine to derive a tight estimate of this value, or we can use interval
or ball arithmetic [67, 32] to quickly obtain an upper bound, which then may raise
overestimation issues. So far, our experiments, which use Arb'2, resp. MPFI'?,
for every ball, resp. interval, arithmetic based computation, did not show any
problematic overestimation — we thus did not have to develop dedicated routines.
This remark leads to the fact that we may overestimate By, thus M,., in imple-
mentations of the Algorithm. Still, if the condition stated at Step 4 of Algorithm 2

2https:/ /arblib.org/
B3https: //gitlab.inria.fr/mpfi
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Algorithm 2 1D approach to Problem 2.6

Input: Two real numbers a < b, f a transcendental function analytic in a complex
neighbourhood of [a,b], three positive integers d,u, v, two real numbers p >
1,wo > 0 such that 4p*°vM, . ,(f) < p™V~1(p — 1), where N = (d + 1)(d + 2)/2.

Output: If successful, return K € R and a list £ of integers, #L£ < d?, such

that for all integer X, a < X/u < b and X ¢ L, for all integer Y, we have

‘f (%) — % > 1/K. The bound K is guaranteed to be at most %

1: (M., M., tprec) + Algorithm 1 (a, b, f,d, u,v, p,wq)
2: My, + LLL-reduce the rows of (M. | M,)
3: U+ Mpp M // This is the LLL change of basis matrix; My, is the
right part of the matrix My ;. Note that M, is diagonal.
4: i max(||(MrLr[0, j))ogj<en—1ll2, [[(Mrroll, jlJogj<en—1ll2) < 2%/ (2N)
then
5. [Lwljl,j=0,...,N—1] « [XFX§ for k=0to d—¢for £ =0 to d]
// List of monomials, ordered in a way compatible with Algorithm 1, Steps 7-9.
Py = Y2350 U0, 1Ll Pr= 3555 UL 1Ll
R(X1) < Resx, (Po(X1, X2), P1 (X1, X2))
if R(X;) # 0 then
L+ {t€7Z;R(t) =0}
10: (Bo, B1) < (0,0)
// Monomials in X; do not contribute to the B;’s; given the ordering of
L,, this is obtained by starting the loop at k = d + 1.

11: fork=d+1to N—1do

12: J + el (X = wmax(|al, [B]), X2 = vmax |f]([a, B])),
13: Bo(—Bo+|U[0,k‘HJ, Bl<—Bl+|U[1,k‘HJ
14: end for

15: return K = 4vmax(By, B1,d/2), L

16:  else

17: return “FAIL”

18: end if

19: else

20:  return “FAIL”

21: end if

is satisfied with these (possibly overestimated) computed values, then this condition
is also satisfied for the actual values and Theorem 5.8 and Corollary 5.11 apply.

5.3.3. Rounding issues. In Algorithm 1, the computation of tprec at Step 1, as well
as those performed at Steps 13 and 15, as written, require correct rounding, and
may raise issues such as those this paper aims at solving.

In this context, we can, however quite easily avoid them, using the classical
remark that if we let Z be an underapproximation of x with # < z < & + 1/2, then
we have [z] € {[Z],[Z] + 1}. Similarly, if Z is an approximation of a nonzero z
such that || —1/2 < |z| < &, we get [z]o € {[Z]o, [Z]o — sgn(z)}.

It is well known that such approximations are easy to compute, either by using
floating-point with sufficient intermediate precision and ensuring that we work with
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over /under-approximations using the suitable rounding mode for each operation, or
using ball arithmetic as provided, for instance, by Arb.

In the sequel, we denote by tpreccomp, Mec,comps Mr.comp the quantities computed
in this way. Note that M. and M, are then defined with tpreccomp instead of tprec.
We have tpreccomp € {tprec, tprec + 1}, M.[i, 5] — M compli, j] € {0,sgn(M.[i, 1)},
and M,[4, j] — My compli, j] € {0,1} for 4,5 =0,...,N — L.

The question of the intermediate precision required will be addressed in Appen-
dix C. Note that in this setting, Remark 5.4 must be replaced by:

Remark 5.7. Let Acomp = 27tPreceome (M. comp My comp) be the actual computed matrix,

we notice that since ‘Acomp[i,j] < |A[4, ]| for all 4,4, the same argument as in

Remark 5.4 applies: Theorem 5.2 and its corollaries hold for flcomp.

5.3.4. Newton polynomials. In practice, we replace the monomial functions {ukl‘k}ogkgd
with Newton polynomial functions {ux(ux —1)--- (uz — k + 1)/k!}o<r<q. In both
cases, the substitution z = X/u yields integer values - respectively {X*}o<k<a
and {X(X —1)--- (X — k+1)/k!}ocrga- Likewise, we replace the “monomials”
{v* f(2)*}ockca with “Newton polynomials” {vf(x)(vf(z) — 1) (vf(z) — k +
1)/Kk'Yock<d- Hence, the changes to operate are:

e Step 9, Algorithm 1,

0+ (x - (Hle(ux —J+ 1)/j) <H§:1(vf(x) it 1)/j>>’
e Step 15, Algorithm 1,
.. r k uBztj— ¢ vB 1
M, [i,] < Ptp “ ov=mtrmny L= 2 [y ™ J
e Step 5, Algorithm 2,

Ly = [Ty XL T, X4 for k=0 to d — € for £=0 1o d].

The use of Newton polynomials leads to smaller uniform norms, hence makes it
possible to tackle larger intervals for a same d. This improvement is asymptotically
negligible (it contributes to a lower order term) but is quite significant in practice.

Note that the iterations described in Section 5.3.1 can easily be adapted to the
case of Newton polynomials.

5.3.5. Choice of norms. Beside the heuristic coprimality condition, the success
condition of Algorithm 2 is expressed at Step 4 in terms of the Euclidean norm of
the vectors. This is a mere convenience related to the fact that the bounds on the
LLL algorithm are expressed in terms of this norm, making it more tractable in our
proofs of correctness / complexity analysis.

On the other hand, one may make the choice of a success condition expressed in
terms of the 1-norm, namely

||(MLLL[Z}J'])N<J<2N—1||1)  gtprec—1_
16

Indeed, as we shall see in the proof of Theorem 5.8, this condition means that from the
vector we can derive a polynomial P such that P(uz,vf(z)) = Zi]\igl il ja,p) () +

R(z), with Zﬁvz_ol |ci] 4[| R(7)]| oo < 1/2. Since || jq,4)]|cc = 1 for all i, we see that
(5.8) guarantees that the polynomial P verifies ||P(uz,vf(z))||c < 1/2 over [a,b],
which is the key criterion for the success of the algorithm. As this condition is
slightly more efficient in practice, we recommend using it in any implementation of
our algorithm.

(5.8) max (l(MLLL[i7jDO§j§2N—1H1 +



22 N. BRISEBARRE AND G. HANROT

5.4. Proof of correctness. In this section, we shall prove the correctness of
Algorithm 2. This is done in two steps: first, in Subsection 5.4.1 we prove that if
the Algorithm does not return FAIL, then the output is indeed as specified; second,
in Subsection 5.4.2, we prove that for suitable choices of parameters, Algorithm 2
may not return FAIL at Step 20. Recall N = (d+ 1)(d + 2)/2.

5.4.1. Proof of correctness of the output in case of success. This part is devoted to
the proof of the following.

Theorem 5.8. Let d,u,v be nonzero integers, N = (d+1)(d+2)/2, (fi)ogj<n—1 =

(uF2* v’ f(2)*) o<e<a - Letwy =0, p > 1 such that there exists A = (Ap¢) o<e<a €
0<k<d—t 0<k<d—¢

ZXN with |[AA|ly < 1/(2N), and let P(X1,X2) = Yo oca M XFXE.
Then, we have

(1) maxgejq ) |P(uz, vf (2))] < 1/2;

P(uz,vz)—P(uz,v 0—1 1
(2) maxLe[a bl,z€ f([a,b]) ’%y(y) < 20B < %, where

0<|y—z[<]z]/(2d)

B= 3 Dl max(lal, ) o' 15, o0
1<e<d
0<k<d—0
Proof. Forj =0,...,2N—1, we have |(AA)[j]f(Afl)[j]|1 < ZO<k+£<d | A |27t <

> o<krr<d [Ak,e| ming flg[i,i]%, cf. proof of Lemma 5.5. As

> |/\k,e|miinfiz[i7i] < [|A Az,

0<k+4<d

we get [(AA)[j]—(AA)[j]| < siyl|AAs1. Then, it comes [[AA[|; < [[AA]+12820 <
||A/iH + VN2l ”AA2”2 thanks to Cauchy-Schwarz inequality. Finally, we obtain
[IAA]L < HAA||1 —|— 321\}1/2 from the assumption HAAHg < 1/(2N).

Let P be as in the statement of the Theorem, and Q(z) = Z;V:_Ol 45T} (a5 () be
the interpolation polynomial of P(uz,vf(z)) at the order N Chebyshev nodes of
the first kind. Then, the coordinates of AA; are exactly ¢;, 0 < j < N — 1: indeed,
the matrix A; contains the DCT of the functions (ux)*(vf(z))*, so that AA; is the
DCT of P(uz,vf(x)), meaning (see (5.2)) that it contains the coeflicients of the
interpolation polynomial P(ux,vf(z)) in the Chebyshev basis (T} 4,5 ())o<j<N-1-

Proposition 4.1 shows that

M,.a0(P)
max [Q(z) = Pluz, of @))] < 4555
M ab( ) /UZM ,a b(f)e
<4 | 2 T
L e 1)

hence

max |P(uz,vf(z)] < Jnax Q(x)| + 4
xrE|a, ,b

Z |)\kZ|ukMpqa,b(x)kvéMP,a,b(f)é'

N-—1 _
o<kte<d pN=Hp—1)
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As max,eia,p) [Tk, a5 ()| = 1 for all k, we have max,e(q,5) |Q(2)| < ZogjgN—l lg 1,
so that:

max |P(uz,vf(z)| < Z lqj|+

z€la,b] ‘
0<jSN-1
k k, 0 4
U'Mab('r)vMab(f)
(59) 4pw0 |)\k,€| p,a, = p,a,
Og;gd pNHp —1)

= [[AAlL < [AA]L+1/(2°VN)
1/(2°V/N) + V2N || AA||y thanks to Cauchy-Schwarz inequality

<
<1/(2°VN) +1/V2N < 1/2 since N > 3.

(5.10)
Finally, let z € [a,0], z € f([a, b]) such that 0 < |y — 2| < |z|/(2d). Notice that the
quantity w is actually a polynomial, so is well defined for y = z.

First, we note that max(|al,[b]) < M, q5(x) and || f|loc,[a,6] < Mp,a,p(f) from the
maximum modulus principle. Then, we have

P(ux,vy) — P(ux,vz)

— <D el ol max(|z] y) !
Y 1<4<d
0<k<d—2

-1
1
< E €|A;€,g|uk|x|kve|z\£—1 (1 + 2d>
1<0<d -~

ok<d—/¢ 29
/—
(5.11) <2 Y eeleb max((al, ) | FlI L, = 2B
1<e<d
0<k<d—/¢
<o Z |)\ kg kéM /-1
X kot M a,p(2) 0" Mp,a,(f)

1<4<d
0<k<d—¢

dp" " (p 1)
4Mp,a,b(f)

The last inequality follows from the comparison of (5.9) to (5.10). We take the
supremum over the compact set = € [a,b],z € f([a,b]),0 < |y — 2| < |2]/(2d); as,
again, the quantity under study is actually a polynomial, this supremum is actually
a maximum, which concludes the proof. (I

(5.12) <

k k, £ 4
Remark 5.9. Note that ||AA|; > 420<k+zgd PYVIE M”’"”;Jsai)l(vpff‘)””"b(f) in partic-

ular. Since the constraint |[AAlly < 1/(2N) implies ||[AA||; < 1/2, it comes either

Mo =0 or 4ukMp’“;]S{)f(fﬁ‘)”“””(f)ﬂ < 1 for any k,¢. Also, the proof of Lemma 5.6

shows in particular that Ra; > Ro ay2 = 40M, 0 (f)/(pN " (p—1)) for all i > d+2.
Hence, if p“° Ry 442 > 1, we thus have p“°Ry; > 1 for all i > 1 and Az = 0 for
any 1 </ <d,0<k<d-— ¢ the only functions taken into account are the u*z*’s
and the method fails as claimed at the beginning of this section. This explains the

condition 4vp“° M, o (f) < pVN"1(p —1).
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Remark 5.10. The proof should be slightly adapted if Subsection 5.3.3 is used.
Recall that Acomp = 27P"%m (M, comp M comp), We obtain for j =0,...,2N —1,

) A ) _ a2t

[(AA)[5] = (AAcomp) [j]] < Z | A o|21 T tPreceome < Z | Ak,e| min Ay [ZvZ]W
0<k+E<d 0<k+e<d '

from which follows ||[AA||; < [|[AA]; + ”AAz”l < ||AA]]1 + 5775 The upper bound

in Inequality (5.10) becomes 1/(24]\71/2) +1/v2N < 1/2 since N > 3.
Note also that the success condition (5.8) becomes

H(MLLL[Z', jDN<]<2N71 ||1 > < 2tprec71

max (”(MLLL[Z JDogi<an—1ll1 + S

1=0,1

From Theorem 5.8, we can deduce a lower bound for |Y/v — f(X/u)| in the
following way:

Corollary 5.11. With the notations and assumptions of Theorem 5.8, we have, for
al X €Z,a< X/u<b, allY € Z, either:

Y <X)‘ 1 L 2Mpaa(f)

PX,Y) = —— .
(X,¥)=0or v / >2UmaX(QB,d) dpN—wo—1(p—1)

Proof. The inequality
rem 5.8.
We have, for any = € [a,b],y € R,

g > M\%]l/[féi% follows from the second point of Theo-

(5.13) Pluz,vy) = Pluz,vf(z)) + (y - f(x))P(ux, vy; - ;’((;)x,vf(x)).

As P € Z[X;,X5] and X,Y € Z, we must have P(X,Y) € Z, so that either
P(X,Y)=0or |P(X,Y)| > 1. In the former case, there is nothing to prove. In the
latter case, we plug x = X/u and y = Y/v into (5.13) and obtain

e

Y/v— f(X/u)
> [P(X,Y)| = [P(X,0f (X/u))| > %

from the first point of Theorem 5.8. If we assume |Y/v — f(X/u)| < |f(X/u)|/(2d),
we then derive the expected result from the second point of Theorem 5.8.
We now assume |[Y/v — f(X/u)| > |f(X/u)|/(2d).
o If |f(X/u)|] < 1/v, then either Y = —1,0,1 or |Y/v — f(X/u)| > 1/v. For
Y = —1,0,1, we have

‘P(X’”‘P(X’“f(x/“”\s > el 3 e e

Y/v— f(X/u) ;
< D euFIX/ufo < DT A euf max(Jal, [B)F0 (0] flloc o)
1<e<d 1<4<d —
0<k<d—2 0<k<d—2 Z[ngl21

where ny was introduced just before Lemma 5.6. The conclusion follows by
combining this upper bound with (5.14).
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If |Y/v — f(X/u)| = 1/v, the conclusion holds since not all Ay ¢ are zero
and

B=dv Y (| u® max(lal, [p)*F o FIIE T, = 40
\—v—’%,_/

1<6<d "
o<k<d—t N Ina[*>1 Ingle=1>1

e Likewise, if |f(X/u)| > 1/v, we have
W 1 M)

2d 7 2dv = dpN-wo=1(p—1)’

Y/v = f(X/u)|

since 1 > pﬁiﬁ”%‘% thanks to Remark 5.9, the conclusion holds again.

(]

We now have all the elements to prove Algorithm 2. First, recall that the matrices
M. and M, computed in Algorithm 1 correspond to the scaled matrices otprec 4,
and 2t A, If the condition stated at Step 4 of Algorithm 2 is satisfied, then
Theorem 5.8 and Corollary 5.11 prove that, given an integer pair (X,Y), either
Py(X,Y) = P (X,Y) =0, or the lower bound of Corollary 5.11 holds. If the test at
Step 8 succeeded, Py and P; are coprime and since the total degree of each P; is at
most d, we deduce from Bézout’s theorem that the cardinal of £, the list of integer
roots of Py and P; is at most d?.

Steps 7 & 9 of Algorithm 2 deal with the former case, by trying to solve the
polynomial system Py(z,y) = Pi(x,y) = 0. If Py and P; are not coprime, however,
this will fail; this is what makes our algorithm (and actually all bivariate versions
of Coppersmith’s method) heuristic. When this situation occurs, one convenient
solution is to subdivide the interval of interest into two subintervals and to apply
the algorithm again to these subintervals.

When X ¢ £, then at least one of the values Py(X,Y), P1(X,Y) is non-zero.

Then, we deduce from Corollary 5.11 that |f(X/u) — Y/v| > 1/K > Wg%‘g‘i‘%,

where K is the value computed at Step 15 of Algorithm 2.

5.4.2. Proof of success of Algorithm 2. If we apply the LLL lattice basis reduction
algorithm to A, we obtain:

Corollary 5.12. Assume that det(AA?)Y/2(N=1) < 2_(N+3)/4;prec/w_l) ; then Theo-
rem 5.8 applies with A equal to any of the first two vectors of an LLL-reduced basis
of the lattice generated by the rows of A.

Proof. Let A = otprec A4 ¢ M (Z), we know from Theorem 4.5 that if wq and we
denote these first two vectors, we have

[[2tPCp;] | < 2V TD/4 max(det(AAH)Y/ 2N det(AAH)/ N,
As 14~1~is~ an integer matrix, its determinant is an integer, so that det(AA*)1/2(N=1) >
det(AAY)/2N): we thus have
2tprec”wi”2 < 2(N—1)/42threc/(N—1) det(AAt)l/g(N_l),

hence )
||wiH2 < 2(N—1)/42tprec/(N—l) det(AAt)l/Q(N—l) < ﬁ
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We shall base our analysis on Inequality (5.7). The important term in the
analysis is (uv)2N/GUEESD AL (F)2V/Bld+3) [pN/2+-  The quality of the bound
thus depends on the size of p and the growth of f.

We shall start by giving a general result. This result will then be turned into
more readable versions under various sets of assumptions in Theorems 5.18, 5.26
and 5.27.

Proposition 5.13. Let f be analytic in a neighbourhood of the closed disc Dqp i =
{z € C:|z—(a+b)/2| < K/2}, d be an integer > 1, N = (d+1)(d+2)/2, and wy > 0,
p=K/(b—a) =2 be two real parameters. Let Mp, , . (f) := max.cp, , . |f(2)]
and recall that Ay [q,p),w, = (det AA")Y/2

Then, if
T3(V( ) oo (lwo]
3(N(N—=3)+2wq+|w wo ] —2wg+1
b—a < K (2 Dun(la+ b + K) Mo, , (/) ool
_ —(N —tprec/ (N —
we have AY/(N=1)  _ 2= N+ fa—tmee/(N-1)

N,[a,b],wo N

Proof. We first notice that under our assumption p = K/(b — a) > 2, we have
E, b C Dop k. Thanks to Corollary 5.3, in view of (p/(p — 1))N/(N’1) < 232 we
have

1/(N~1) (uo(la + b| + K)/2)?N/(3(d+3)) .
AN’[a’b]’“’O s 60\/ﬁpN/2+LwoJ(LWOJ—2wO+1)/(2(N—1))MDa,b,K(f) /(3(d+3))

Thus, for A%([iviljo < 2= (N+3)/4g—tprec/(N=1) /N it suffices, using Lemma 5.6 that

p> (60 . 9(N+5)/4—2N/(3(d+3))+3/ (N —1) py3/2

2(N—1)

(wv(|a + b| + K)Mp (f))QN/(3(d+3))> NN=3)F2wg+[wol([wo]—2w0+1)
a,b,K .

‘We observe that
60 - 2(N+5)/4—2N/(3(d+3))+3/(N—1) Nr3/2 _ 94N

for d > 1, from which the proposition follows. (I

Corollary 5.14. Under the assumptions of Proposition 5.13, Algorithm 2 over [a, b]
produces at Step 6 two polynomials Py, Py such that max,e(q ) | Pi(ux, vf(z))| < 1/2
for i € {0,1}. In particular, Algorithm 2 never reaches Step 20 and its output is
valid.

Proof. Tt suffices to apply Proposition 5.13, Corollary 5.12, Theorem 5.8 and Corol-
lary 5.11 (in order to get the estimate on | f(X/u) —Y/v| which is part of the output
of Algorithm 2). O

Note that the algorithm may still return “FAIL” at Step 17, precisely in the case
where Py and P; are not coprime — this makes the algorithm heuristic.

5.5. Complexity analysis. In this subsection, we deduce estimates for the com-
plexity of our algorithm applied to a fixed interval [, 8). This actually requires
several things:
e Evaluating the complexity of the basic blocks, namely Algorithms 1 and 2
(Subsection 5.5.1), and the precision required for all intermediate computa-
tions.
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e Evaluating, thanks to Corollary 5.14, the size of a subinterval [a, b] which can
be treated at once by those algorithms; the general case will be treated in
Subsection 5.5.2, whereas the case where f is entire allows for an asymptotic
improvement in the estimates by letting p tend to infinity with d; we shall
discuss this in Subsection 5.5.4.

e Investigating the interplay between d and wy, two parameters which have
an impact on both the complexity and the quality of the final bound on
1/w. (Subsection 5.5.3).

We start by giving complexity estimates for Algorithms 1 and 2.

5.5.1. Complexity of Algorithms 1 and 2. In this subsection, we denote M(n) the
complexity of multiplying two n-bit integers (or two precision n floating-point
numbers).

We assume that interval evaluation at precision p of a function f uses O(1)
evaluations of f at precision p. In our implementation, we used the Arb library [32]
and the MPFT library.

Lemma 5.15. Put M = max(u,v, |al|, b, p, By, maxq ) | f'(z)]). The computations
of Algorithm 1 on input a,b, f,d,u,v, p,wy can be made in floating-point precision
p = tprec + O(dlog M).

In particular, for fized a,b, p,wq, f, for u,v = 2P, with p > d, the required
precision is O(dp).

Proof. 1t is a corollary of Theorem C.9, see Appendix C. (]

Proposition 5.16. On input a,b, f,d,u,v, p,wo, assuming that evaluating f in
precision P costs Cy p, and a DCT of size n in precision q has cost O(nM(q)),
Algorithm 1 has complexity

O(d4M(p) + d20f,P>7
where p is as in Lemma 5.15.

Proof. The most costly steps of Algorithm 1 appear in the loop 7-17 which can be
performed using O(d?) evaluations of f at precision O(tprec), and O(d*) multiplica-
tions of real numbers in precision O(tprec), plus O(d?) DCTs of size N in precision
tprec. U

In particular, for fixed a,b, p, u =v =27, p > d, Cy p = O(M(P)), M(n) = O(n"®),
and ignoring the wqlog p term in tprec, we obtain a complexity of O(d‘”"p").

We now turn to the analysis of Algorithm 2. We shall limit ourselves to the
analysis of Steps 1-6, which compute the two auxiliary polynomials. This is, in any
case, the core of the algorithm, but also the choice made in previous papers, and
thus allows for a better comparison.

Proposition 5.17. On input a,b, f,d,u,v, p,wy, under the assumption C¢p =
(P?), Steps 1-6 of Algorithm 2 have complexity O(d°M(d?)(d? + p)p).
Proof. The main steps of Algorithm 2 are:

e A call to Algorithm 1;

e A call to LLL on a lattice of dimension N with entries of size O(p).
For the second part, we use the L? algorithm [53] on a lattice of dimension N = O(d?),
embedded into R*"; we thus have complexity O(d°M(d?)(d? + p)p). This cost
dominates the cost of Algorithm 2. O
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Note that in typical situations (for instance, either u,v = 2P, p > d or wy #
N —0(N), p > 2) we have d?> = O(p) and the complexity simplifies to O(d°M(d?)p?).

5.5.2. Number of subintervals for fized d. Thanks to the results of Subsection 5.4.2,
we can estimate the maximum size of an interval [a,b] C [a, §], with «, 8 fixed,
for which Algorithm 2 succeeds (in the sense of Corollary 5.14). This follows from
Proposition 5.13, and yields at the same time the number of subintervals to be
considered if one wants to deal with a full interval [«, 3]

Theorem 5.18. Given fized f, a fixed parameter d, two fived real numbers o and
B, Problem 2.6 can heuristically be solved for u,v — oo over [a, 8] using

(5.15) 0] ((ﬁ — a)(uv) s(N(N—stwoffigJ<LwoJ—2wo+1>>)

calls to Algorithm 2 with parameter d.
We then obtain a value

2N (N —wq)d
(5.16) w=0 (uv)3(N(N—3)+2wo+twoj(Lwoj—2w0+1)) .

When d — oo, both statements remain valid if N —wy = ©O(N), or if one replaces
uv by ww29(@),

Proof. This is a direct consequence of Proposition 5.13 and Corollary 5.14, where
we choose K = 2. Recall that the heuristic nature of this result comes from the
possibility that the two polynomials obtained in Algorithm 2 are not coprime, in
which case one cannot recover the solutions X, Y from those two polynomials.

Finally, thanks to Corollary 5.11, the upper bound on w is O(pN=0)), from
which the second part of the result follows.

For d — 0o, we need to take into account the term 26(4+3) = 20(d) of Proposi-
tion 5.13. However, if w — N = ©(NN), the global exponent in Proposition 5.13 is
O(1/d) and, overall, this term is absorbed by the O notation. O

Remark 5.19. If one is only interested with the smallest possible complexity, it should
be noted that the exponent in (5.15) is minimal for wy € [1,2], and equal in this
case to 8N/(3(d + 3)(d? + 3d — 2)); for wog = 2 we then get w = O ((uv)4N/(3(d+3))).

Remark 5.20. In the case where wy is an integer, the bounds take the nicer form
0] ((ﬂ —_ a)(uv) 3(N—w02)1(\71\(ll+w073)) and w =0 ((UU) 3(Niﬁ373)> .

In particular, this shows the limits of the approach: for wg close to N, we decrease
the exponent of the bound on w by a factor of 2, but can expect nothing better.
We shall see in the next section how to go beyond this limitation.

We now discuss the case where we let d — oo. This has two goals:

e See for what value of d we can expect to treat a whole interval [«, 8] at
once; notice that better results will be obtained later (Subsection 5.5.4) on
if f is entire and we have control on its growth at infinity;

e Give a simplified form of the estimates of Theorem 5.18, which, in reason of
the technical parameter wy, are rather unpleasant and unintuitive.
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Corollary 5.21. Let again o, be fixed real numbers. For d — oo, for wy =
AN(1+o0(1)), A €10,1), Problem 2.6 can heuristically be solved for u,v — oo over

[a, B] using

(5.17) 0 ((5 - a)(uv)§51+§(5>3>

calls to Algorithm 2 with parameter d, giving a bound

2d(140(1))
(5.18) w=0 ((uv) 3TN ) .

Remark 5.22. Note that if we assume d = O(log(uv)), Corollary 5.21 states that
one call is enough to address an interval of the size § — o = O(1) and we then
obtain w = eC1og” () We will improve this result in Section 5.5.4 under additional
assumptions on the growth of f at infinity.

Remark 5.23. In all this section, our complexity estimates should be considered as
slightly pessimistic for fixed d, at least for usual transcendental functions. Indeed,
we base our complexity estimates on estimates on the size of the second vector of
an LLL-reduced basis, estimates which can only be obtained under a (trivial, thus
pessimistic in practice) lower bound on the size of the first vector.

For a “classical” function such as exp or I', we notice in practice that most of the
time, the second vector has a size similar to the size of the first one. This yields the
slighly better bound

@ ((B —a)(uv) 3<N<N73>+2wo+fﬁgm(LWOJ—2WO+1>>) _

Note that it is easy to build examples where this latter bound does not hold, by
taking a function which has a very good algebraic approximation (which gives a
very short first vector) over the interval under study.

Remark 5.24. The first part of the Corollary, when A\ = 0, is akin to, asymptotically,
Bombieri and Pila’s result [6] on the number of real algebraic curves of degree < d
containing all integer points on a given transcendental curve. The only reasons why
we do not get the exact same result as theirs are: the fact that we use a bound on
the second vector (see previous remark); and the fact that in order to get a practical
algorithm, we truncate our matrix to get an integer matrix — this has a slight effect,
asymptotically negligible, on the final bound.

5.5.3. Tuning d and wy. Again, in order to ease this very technical discussion, we
shall focus on the situation of a fixed f,a,b for uv — oo.

Let us start by pointing that a tedious, but not difficult computation shows that
for d > 2 the exponent in (5.16) is decreasing for wy € [0, N — 1); the maximal value
of this exponent, for wy =0, is 4dN/(3(d — 1)(d + 4)) =~ 2d/3, whereas its minimal
value, for wy close to N — 1, is dN/(3N — 6) = d/3. We thus have a wall-type
phenomenon: if we want to get access to a good complexity (see (5.15)), we need to
increase d; but then wy fails to prevent the degradation of the estimate on w, at
least in a significant way. In practice, if we target a sharp bound and let wy grow
with this purpose in mind, we observe that the lattice basis reduction step decreases
d to some § on its own simply by not using monomials of degree > § for the first
vectors.
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We shall however see that setting wy to a non-zero value still allows one to
get a better complexity/w compromise, and shall study a different method giving
complete control on w in the next section.

From now on, we thus fix a value of w = (uwv)* and try to find a pair (d,wp)
which minimizes the complexity required to achieve this value of w.

We start with the asymptotic situation, i.e., d — oo.

Proposition 5.25. Let d — oo, and wy = AN(1 + o(1)). The value of d such
that the exponent of uwv in (5.18) is p while minimizing the exponent in (5.17) is
d =2u(1+40(1)), obtained for A =1/3(1+o0(1)). This gives a number of subintervals

O ((8 - a)(uv) i1+
Proof. Elementary calculus. (]

Led by this asymptotic statement, we have computed (experimentally), for small
values of p, the value of d giving the best estimate for the complexity in (5.15);
it turns out that in all our computations, the optimal value was d = |2u], except
when p = r + 1/2 is an half-integer, where the optimal d is 2r.

Working out a closed form for the exponent of the complexity estimate as a
function of p seems thus possible, but would be moderately enlightening; it seems
preferable to give a plot of the corresponding function. Figure 1 gives three curves.
The dashed curve corresponds to the best exponent in Theorem 5.18 as a function
of the exponent of uv in the bound on w. The dotted curve represents a similar
function, but using a version of our bounds controlling only the first vector of the
lattice. Finally, the plain curve is the asymptotic bound 3/(4pu).

0.35 -
0.3 1
0.25 -
0.2

0.15 A

0.1

FiGurE 1. Exponent estimates

5.5.4. The case p(b — a) — oo. In this subsection, we shall now let K depend on
d, namely we shall let it tend to co with d. We shall thus need the function under
study to be an entire function. Recall that if f : C — C is an entire function, and if
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¢ = limsup,_, ., loglog max . <, |f(z)|/log p is finite, the function f is said to have
finite order 6.

The presence of a term M, , ,(f), depending on the growth of f at infinity, shows
that it is difficult to give a single ready-to-use result. We thus split the discussion
into two parts: the case of entire functions of finite order, such as exp for instance,
in which the value of the order gives sufficiently precise information on the growth
at infinity to obtain a general result; and then two examples of a function of order
zero and of a function of order infinity — in those cases, case-by-case estimates of
the growth at infinity are required.

Theorem 5.26. Let a < b two fized real numbers, let 8 be a positive real number, and
let f be an entire function of finite order < 0, d > 2 be an integer, N = (d+1)(d+2)/2,
and let wg = AN + o(N), for some fized A € [0,1).

For uwv — oo, for any constant v > 3(%0)\2), for

log(uv)

(1+0(1)),

Algorithm 2 succeeds (in the sense of Corollary 5.14) over [a,b] and yields a bound
on w of the form:

- Vlog log(uv)

u2(17>\) log(uv)
w < (uv) 26 loglog(u71)(1+o(1)).

Proof. Let 8’ > 0 be a parameter which will be fixed later on. We choose K = dl/‘9//27
which is > 2(b — a) for d large enough. The disc D, x (see Proposition 5.13) is,

for our choice of p, included into the ball B(0, dr/ ‘9/) for d large enough; hence, the
assumption that f has order < 6 shows that there exist constants C¢g/,079 € R
such that

Mp, . (f) < Cro exploggd) =29,
Proposition 5.13 then implies that a sufficient condition for the conclusion of the
theorem to hold is

1/6'

1 d
b—a< 3 (26<d+3> <|a + b + 5 ) Mp, , . (f)

=:Ay4

) —4/(3d(1=X?))(140(1))

a1/e (uv)—4/(3d(1—A2))(1+0(1)) ,

or equivalently
, _ 32 o 4/(3d(1-2?))(140(1
A0 (y) 4/ 312D Ato(1)) 2Ad/( (1=A"))(A+o( ))(b— a).
As a,b are fixed and Ag = 294 when d — oo, the right hand side is bounded and
a sufficient condition for this to hold is simply
dl/é)'(uv)74/(3d(17)\2))(1+a(1)) o0,

for which it suffices that, for some &’ > 0,

/

40
dlogd > (3(1_)\2) + 6') log(uv),

which obviously holds under the assumption on d made in the theorem for uv large
enough and ¢’ < 3(1 — A\?)v/4.
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As for the last part, the bound on w is < pN1—» = KNO=N0+eM)  pnamely we
have

Nl
tog(w) = LR 4 4 o)) < (1 +0(1)

as claimed. O

(1 — \)v?log?(uv)
260 log log uv

In particular, for the TMD over [1/4,1/2) for the exponential function (6 = 1),
hence for a = 1/4,b = 1/2 and v = 2PT! and v = 2P~ for p — oo, we obtain

the condition d > (% + 5) iosp for the full interval [1/4,1/2), with a bound

32log 2 p2
w < 2(9(1—>\2)(1+>\) +5> Togp _

Two other examples. We illustrate, more generally, the fact that we get asymptotic
results depending on the rate of growth of f at infinity: the slower the growth of f,
the better the performance.

Theorem 5.27. Let f = exp(exp(z)). For uv large enough, for any constant v >
ﬁ, ford= (1/%1, Algorithm 2 succeeds in the sense of Corollary 5.14
and we obtain

1/2(17)\) log(uwv) log log(uv) (1+0(1))

w = (uv) (log log log (uv))2

Let g(z) = 3,50 exp(—n?)z". For uv large enough, for any constant v > ﬁ,
for d = [vi/log(uv)], Algorithm 2 succeeds in the sense of Corollary 5.14 and we
obtain w = (uv)%"Q(l_/\z)(l_’\) Viog(uv)(1+o(1))

Proof. The proof is similar to the proof of the previous theorem, with K = logd for
f and K = exp(3(1 — A?)d/2) for g. See Appendix B. O

6. THE TWO-VARIABLE METHOD

We consider u,v € N'\ {0}, a; < by and az < bg, and f : [a1,b1] = R a function
that is analytic in a neighbourhood of [a1, b1]. In this section, we develop a heuristic
algorithmic approach to determine the integers X,Y such that

(6.1) X/u € [a1,b1] and a2 < Y/v — f(X/u) < ba.
Note that this is a mere reformulation of Problem 2.6: let w € N\ {0}, we set
[a,b] = [a1,b1] and by = —as = 1/w. Actually, without loss of generality, we can

assume by = —ay by replacing f by f + (a2 + b2)/2.

We prefer to keep as and by arbitrary in the sequel to put more emphasis on the
symmetry between (a1,b;) and (az, by) in the formulas and statements.

Our approach aims at building a trap for these pairs (X,Y). We compute,
by combining two-dimensional Chebyshev interpolation and lattice reduction, two
polynomials Py, P; € Z[X1, Xo] such that, for i = 0,1, for all « € [ay,b1], t € [az, ba],
we have |P;(uz,v(f(z) +t))] < 1. Let X € Z such that X/u=x¢ € [a1,b1], Y € Z
such that Y/v = f(xg) 4+ to with ty € [ag,bs], we have P;(uxo,v(f(zo) + to)) =
Pi(X,Y) e Zn(—1,1) = {0}, that is to say (X,Y) is a common root to Py and P;.
As in Section 5, we use our heuristic assumption: Py and P; are supposed to have
no nonconstant common factor. We eliminate one of the variables and get the list
of all the integers X,Y that satisfy (6.1).

In the sequel of this section, we start with estimates of the determinants of the
lattices that we use, we present our algorithm, the proof of its correctness and
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analyse its complexity. When the proofs of the statements are similar to the ones
presented in Section 5, we shall postpone them to Appendix E.

Throughout this section, N1, No > 2 and N > 2, will be three integers. In order to
avoid degenerate situations and trivial output, we shall always assume N1 No > N.

6.1. Volume estimates for rigorous interpolants at the Chebyshev nodes.
We start by introducing the two dimensional extension of the DCT-II:

2D-DCT-II : RM x RN — RN x RN
(Tey00)o<t<vi—1 = (Xky ko )ogh <Ny —1
0<la< No—1 0< ko < No—1

with

kl(él + 1/2)71' kg(eg + 1/2)71’
Xk by = Z Z Ty, 4, COS < N cos N ,

0Kl < N1 —1 0Kl < Na—1

for kl :0,...,]\71 7171432 :0,...,N271.
Let N € NNN > 2, let i = 0,...,N — 1, let f; a function defined over
[a1,b1] X [ag, ba], if we interpolate f; by polynomials in Ry, 1 n,—1[7,t]'* at pairs

Of ChebySheV nOdeS :u’kl,kQ = (/’[’kl,lel,[al,bl}DI'Lkig,NQ*l,[a2,b2])O<k1<Nl_l7 Cf' SeC—
0<ko<Na—1

tion 4.1, we have the following expressions for the interpolation polynomials (the
proof is identical to the one variable case [49, Chap. 6]), for i =0,...,N — 1:

Ni—1Ny—1
/ /
Qi(x,t) = > > hykoiThn farb] (2) Thg fa o] (1) € Rivy —1,8, -1 [, 1]
k1=0 ko=0
with

(6.2)  (Chy kai)ohs <N -1 =
0<ko<No—1

4
NN,

2D-DCT-II ((fz'(/wl161,N2162))0<é1<1v1—1) :
0<l<Na—1

Let p1,p2 > 1, a1 < b1, az < by, we recall from Section 4.1.2, &, a1 .b1,p2,a0,00 =
SP1,!11,b1 X gﬁz,GQ,b2 and EP17¢117b11P27¢127b2 = Em,ahbl X EP2,021b2' We also recall
Mo, ay by .p2.as.bs(9) = MaXzeg, oy o000 |g(2)]if g is analytic in a neighbourhood
of Ep17a17b1,p27a27b2~ Let Nl,Ng > 2, and N < N1N2. Let fo, .. -7fN—1 be functions
analytic in a neighbourhood of E,, 4, b,,p5,as,0.- We introduce the N x (N1 Ny + N)
matrix A = (A1 A4,), defined by

(A ) _ Cky ,ka,i
1)i,(k1,k2) = 980k +00ky 0<i<N—1 ’
0<k1<N1—1,0<ka<N2 -1

16910 Moy 00. b0ty () ( I ) 0<ij <N -1,
(p1 = 1)(p2 — 1) Py
Recall from Proposition 4.2 that || f; — Qillec < A2[i,i],i=0,...,N —1.
Once again, the diagonal right part, As, of the matrix will be used for controlling
that the functions Py(uzx,v(f(z) + t)), Pi(ux,v(f(z) + 1)), output by the lattice
basis reduction process, are uniformly small; this accounts for the presence of

(6.3)

(A2)ij = i

14T his denotes the set of polynomials in two indeterminates z and t with real coefficients,
degree in x less than N7 and degree in ¢ less than Na.
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16p1p2Mpy ay,b1,p0,a0,b0 (fi) 1 1
the P,1:21,01,P2,22,02 \J —_— —_
(p1—1)(p2—1) ot + pp?

Pi(ux,v(f(x) +t)) by its interpolation polynomial at the 2D Chebyshev points.
We start with a convenient combinatorial lemma.

) remainder term for the approximation of

Lemma 6.1. Lety € R,y > 1, N, Ny, Ny positive integers. Consider the multiset'®

S = {k+~k,(k,k) € [0,N; — 1] x [0, N2 — 1]} + {N1,..., N1}, and order the
—_—————

Ntimes
elements of S as 09 < ... < Ocard S—1-

Define
Qy(Ni,No,N) =09+ -+ 0on-1,

the sum of the N smallest elements of S.
Let now s < Ny be a real number, let Ky = {(i,7) € [0,N; — 1] x [0, N3 — 1] :
i+vj < s}. Then,

Q. (N1, N2, N) > s(N — card Ky) + Z (i 4 j).

(1,5)ERs
Proof. Put My = {i+jv, (i,j) € Ks}. Then, if card s < N, M C {o0,...,0n-1},
and any element in {oy,..., oxy_1} \ M; is at least equal to s.
Otherwise, we have {0y, ...,0ny-1} C My, and any element in M \{og,...,on_1}
is at most equal to s. (I

Remark 6.2. The quantity €2,(Nyi, No, N) plays a key role in the analysis of our
bivariate method, as p?”(Nl’Nz’N) will turn to play the role that pNV=1/2 played
in the univariate case. For fixed values of N, N1, Ns,, it is easy to compute explicit
values of (N, Ny, Na). We thus focus in the sequel on the asymptotic (for N — oo)
behaviour of Q (N, N1, N2) and shall hence mostly study the asymptotic behaviour
of this bivariate method — even though the analysis itself is not asymptotic by nature

(see e.g. Theorem 6.4).
We now give explicit expressions for card s and > ; 5 (i + 7).

Lemma 6.3. Let s € R, s < Ny and v > N1 /N > 1. We have

Ls/~] Ls/~]
(64)  cardKo= > (I+|s—jv)) =1 +[s/v)+ D [s -]
=0 =0
and
i s = ]
(65) > Gt = Y =i (i B,
(4,5)€Ks j=0

This implies

(6.6) (14 [s/7])(s —v[s/7]/2) < cardKs < (1 + [s/7))(1 + 5 = 7v[s/7]/2)

15By sum of multisets, we mean that the multiplicity of an element of the union is the sum of
its multiplicities in the multisets.
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and
(14 Loy 2R A= A00 © 52 Giy
(6.) (i-4) €K
<0+ LS/VJ)6S(S +1) +’VLS/71JQ(3 —v=2ls/7))

Proof. First, note that s/y < N1/v < N1/(N1/N3) = Na, hence |s/v] < Np — 1.
Let (i,7) € Ks, the largest possible value of j corresponds to the case i = 0: we then
have jv < s, that is to say j < |s/v]. Now, in order to count the elements of K, we
enumerate, for j = 0,...,|s/v], the elements of each slice {i+jv < s, € [0, Ny, —1]}:
there are 1+ | s — jv| such elements, which proves (6.4).

Now, for j =0,...,[s/v], we sum the values i + jv for 4 in the slice {i + jy <
s,i € [0,Ny — 1]}, i.e., i € [0, s — jv]]- Hence, for j = 0,...,|s/v], we sum the
values [s — jv] (1 + [s —jv])/2+ (1 + |s — jv])j7, from which (6.5) follows.

Weuse s—jy—1<|s—jv| <s—gyforj=0,...,|s/v] to derive from (6.4)

(L4 Ls/vD(s = vls/7]/2) < card K5 < (1 + /7)) (1 + 5 = v]s/7]/2).
Likewise, we derive from (6.5)

Ls/~] Ls/]

3 (s—Jn(s+iv—1) S i+ 3 (1+5—37)(s+47)
. 2 S 4 (477 < ; 2 ’
Jj=0 (4,5)EKs J=0
which yields (6.7). O

The next result gives an upper bound for the volume of the lattice generated by
the rows of A:

Theorem 6.4. Let p1,p2 > 1, a1 < by, as < by. We further assume that pivl < pé\b,
and define v = log pa/log p1. Let fi1,..., fn be functions analytic in a neighbourhood
of Epyja1,b1,p3,a2,b5 - Then, we have

N ML M, (fi)
det AA® 1/2 < (32 N) 9N1 N2 P1P2 i=1*"p1,a1,b1,p2,a2,b2\Ji .
( € ) \/> (pl _ 1)(p2 _ 1) p?,y(N,Nth)

Proof. See Appendix E. O

We now give two statements on the behaviour of Q. (N, Ny, N2) when N — oo,
for a fixed (essentially optimal) choice of N1, Na. The proofs are elementary, but
long and we postpone them to Appendix D.

Proposition 6.5. Let ¢ be the function from [1,+00) to [1,+00) defined by ¢(x) =
(1+ |z])(x— |z]|/2). Then ¢ is invertible. We further define v by

w@) = N g1y o)) — 2l @)
we then have, for any y € [1,+00),
V7 w) = (2 ke /Iyly R 2R 13))

where k = |3y/2 + 1/4|. Further, when x — oo, o~ (x) = v2zx + O(1), ¢(z) =
2v/2z/3 4+ O(1).

Proof. See Corollary D.3. (]
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Note that for x > 1, we prove in Lemma D.4 the inequalities 9 (x) — 2v/22/3 €
[-5/6,0] and observe numerically that ¥ (z) — 2v/2z/3 € [—-1/2, —0.44], meaning
that for our purposes ¢ (x) is very well approximated by 2v/2z/3 — 1/2.

Proposition 6.6. Let v € R such that 3 < v < N. Put Ny = |v2N~]| and
Ny = [\/2N/~]. Then, we have v = Ni/Na and

Qy (N, N1, N2) = (N/v)Nv + O(N).

In particular, for v = o(N), we have

2V2
Qy (N, N1, No) = TN?’/QWI/Q + O(N7).
Proof. See Corollary D.3. (|

Remark 6.7. We can obtain a similar result for 1 < v < 3 if we set Ny = 1+ |/2N7]

and Ny =1+ [y/2N/7].

This allows us to give asymptotic versions of Theorem 6.4, which will be more
convenient in the sequel.

Corollary 6.8. Let p1,pa > 1 such that v = logpa/logpi € [3,N]. Let a; < by,
az < by, s = yp Y(N/v), N1 = |\/2N7] and Ny = [\/2N/v]. Let f1,...,fn be
functions analytic in a neighbourhood of E,, 4, b, psaz,bs-

Assume that N — oo, we obtain

N 1N
(det AAt)l/Q < 9O(N log N) P1p2 Hi:l Mplva17b17p27a27b2(fi)'
(p1—1D)(p2—1) plllf(N/’Y)Nv-i-O(N)

Again, we specialize this statement to the case of the functions fy ¢.

Corollary 6.9. Let p1,p2 > 1 such that v = logpa/logpr € [3,N]. Let a; < by,
as < by, s =vp Y(N/v), N1 = |V2Nv| and Ny = [\/2N/v]. Let f be a function
analytic in a neighbourhood of E, q, p,. Define fio(z,t) = u*zkvt(f(z) + t)* for
0<¢<d,0<k<d—{ the matrices Ay, As, A = (A143) as in (6.3), and the
quUantity AN Ny Ny far b, [z bl prpe i= (det AAD)Y2. We have, as d — +o0,

1+o0(1)
1/(N-1) o(1) N7 P1P2
(6.8) AN,Nl,N2»[(l1,bl]v[a2,b2]wplvp2 S 2 ( N(p1 —1)(p2—1)

(uv)d/3+o(1) bl — ax P1 + pl_l bl —+ a1
P(N/v)v+0(1) 2 2 * 2
P1

ba + as

by —as [ p2+p5"
<MP1;0«1,171 (f) + 2 ( 2 2 + 2

d/3+0(1)

Dd/3+0(1)

Proof. Note that each fy , is analytic in a neighbourhood of E,, 4, b, ps,a2,b.- Also,

—1
. _ _ bl—al P1+P1
since Z()<k+£<dk = Z()<k+£<d€ = dN/3, the exponent of uv, =5 (72 ) +

| B2 and My, 00 (f) + 252 (222 ) + 2522 is oy =44 0(1). D
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6.2. Statement of the algorithms. Our main routine is Algorithm 4. It comes
together with Algorithm 3 that mainly constructs the lattice to be reduced in
Algorithm 4.

Let [R;,i =0,..., N — 1] be the ordered list

|:16p1p2ukMm’a:b(x)kvéMPhalJn,P2’a2’bz (f(z) + t)e (1 + 1) .
(p1 = 1)(p2 — 1) AR

EzO,...,d,k:O,...,d—é].
Let A= (A;45) and A= (A1A2> be the N x (N1 Ny + N) matrices defined by

Chy ka2 ,i
A= (250k1+60k2 0<i<N—1 , Ag = (5iJ'Ri)0<i,j<N*1 ’
0<k1<N1—1,0<ka < N2—1

1211 = ([ztpreCAl[i,jHO /2tprec) 0<iSN-1 AZ — (LQtprecAQ[Z-’j”/Qtprec)O<‘ S
0<j<NiNa—1 <ij<

where'® tprec = [ log, (ming<;<n—1 Az[i, i]) + logy(N)] + 2. The reasons for intro-
ducing A and tprec are the same as in Section 5.
By construction, ’A[z,]]’ < |Al4, j]| for all i,5. Hence, Theorem 6.4 and its

corollaries, which proceed by upper bounding the coefficients of A and applying The-
orem 5.1, also hold for (det AA*)'/2.
The rows of A generate the lattice that will be reduced in our algorithm.

Lemma 6.10. The Z-module generated by the rows offl is a lattice of rank N.
Proof. Identical to the proof of Lemma 5.5. O

The matrices M, and M, computed in Algorithm 3 correspond to the scaled
matrices 2tPec A; and 2tPrec A,

We now derive an explicit expression for tprec in this bivariate context. In order
to do so, we assume that the set u[ai,b1], resp. v(f([a1,b1]) + [az, b2]), contains at
least one nonzero integer n,, resp. ny. Again, this assumption is made without loss
of generality with respect to our problem, since if the assumption does not hold the
problem is trivial.

Lemma 6.11. We have
tprec = [—log,(Ro) + logy(N)] + 2

— [loga(1 = 1/p1) +logy(1 = 1/p2) — log(pi ™ + p3 ™) + logy (N) | -2
and
Nlpr=1)(p2 = Do 13" " e o Nlor = Dlp2 = pr" 'p2" "
4" +p”) S 2(p)" +p3”)
Proof. Under our assumption, it comes v(My, a;.b1,p2,a0,00 (f(2) + 1)) = |ng| > 1

and uM,, 4, 4, (z) > |ng| = 1. Tt then follows R; > 16p1p2(p7 ™ + p3 ™))/ (1 —
1)(p2 — 1)) = Ry for all i. Therefore, we get tprec = [—log,(Ro) +1ogo(N)]+2. O

16We shall prove in Lemma 6.11 that this value coincides with the definition of tprec at Step 1
of Algorithm 3.
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Algorithm 3 Computation of the lattice to be reduced (2D approach)

Input: Four real numbers a; < b1,as < ba, f a transcendental function analytic
in a complex neighbourhood of [a1, b;], five positive integers d, N1, Na, u, v, two
real numbers py, p2 > 1 such that Ny, No > 2, NyNo > N := (d+ 1)(d + 2)/2
and 16p1p2(p1_N1 + pZ_NQ)UMP1>a1ab17P2>a2ab2 (f(il') + t) < (pl - 1)(P2 - 1)

Output: Two matrices M. € Mn n,n,(Z), M, € Mn(Z), where N = (d + 1)(d +
2)/2, respectively storing scaled values of the coefficients and the remainders,
an integer tprec which is the truncation precision.

16(p; M patprey N2)
1: RO — (p1—1)(pa—1) , tprec < |—_ logQ(RO) + 10g2<N)-| +2

// Computation of the Chebyshev nodes, listed in reverse order
2 Lonena < |15 cos ((+1/2) ) + 242 ]

3t Lehebt < [l”;‘” cos ((] + 1/2)1\%) + %

M < [0]nx Ny Ny; My <= [0l nxn

By |94 + B3% (py + p1'), By ¢ pamax(|az|, [b])

g (x> |f (D42 + 25 (pr expliz) + p; ' exp(—ix)))|)

By < max (¢([0,27])),i <0

for /=0 to d do

for k=0tod—/{do

10: ¢« ((,1) = (uz)*(v(f(2) +1))")
// We compute the coefficient matrix : for each function, we compute its
value at points of Lepeb o X Leneb,t, use DCT and scale.

0<jSN1—1

}osjszvrl

11: U + ﬁ2D-DCT—II ((@(Lcheb,z[elL Lcheb’t[fz]))ogzlgNl—1>,
0<la<Ny—1
12: for k; =0to N; — 1 do
13: for ko =0to Ny — 1 do
14: Mc[i,kg +k1N2] — U[k/’l,k‘g].
15: end for
16: end for
17: for k; =0to N; — 1 do
18: Mc[i, klNQ} — %Mc[’é, klNQ]
19: end for
20: for ko =0to Ny, — 1 do
21: M_[i, ko] < 3 M.[i, ko]
22: end for
23: for j =0to NiN>, — 1 do
24: M.[i, j] < [2'P"°M.[i, j]],
25: end for
// We compute the scaled remainder matrix.
26: M, [i,i] < [2P*Ro(uBy)*(v(By + By))*|, i +i+1
27:  end for
28: end for

29: Return M., M,., tprec
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Algorithm 4 2D approach to Problem 2.6

Input: Four real numbers a; < by,as < by, f a transcendental function analytic

in a complex neighbourhood of [a1, b;], five positive integers d, Ny, Na, u, v, two
real numbers p1, pa > 1 such that N;, No > 2, NyNo > N := (d+ 1)(d + 2)/2

and 16P1P2(PfN1 + p;N2)vMP1,a1,b17P2,a2,b2 (f(x) + t) < (pl - 1)(p2 - 1)

Output: If successful, return a list £ such that £ D {X € Z such that a1 < X/u <

10:
11:
12:
13:
14:
15:
16:

b1 and there exists Y € Z, % € [f (%) +as, f (%) + bg]}.
(M, M, tprec) < Algorithm 3 (a1, b1, as,be, f,d, N1, No,u,v, p1, p2),
My < LLL-reduce the rows of (M, | M,.)
U« Mprr, M // This is the LLL change of basis matrix; My, is the
right part of the matrix My ;. Note that M, is diagonal.
if  max([[(MrLrl0, j])oci<n+nina—1ll2, (MLl j)ocjsn+nine-1ll2) <
2terec /(N + Ny N3) then
Ly, + [XFXE for k=0tod—{ for =0 to d] // List of monomials, ordered
in a way compatible with Algorithm 3, Steps 8-10.
Py S0 U0, 51Lmli], Py S0 UL 51 L)
R(Xl) — R,GSX2 (Po(Xl, XQ), Pl(Xl, XQ))
if R(X1) # 0 then
L+ {t€Z;R(t) =0}
return £
else
return “FAIL”
end if
else
return “FAIL”
end if

6.3. Practical remarks. All practical details and optimizations mentioned in
Section 5.3 apply mutatis mutandis to Algorithms 3 and 4: optimization of the
construction of the matrix using properties of the DCT (Section 5.3.1), overestimation
issues (Section 5.3.2), rounding issues (Section 5.3.3), use of Newton polynomials
(Section 5.3.4). Concerning Section 5.3.5, one should replace (5.8) by the following
inequality, cf. proof of Theorem 6.12:

(6.9) max(|<MLLLM,j]>o<j<N+N1N2_1||1

1=0,1

M iy J j -
+ (N+N1N2)H( LLL[%.]])Nli\f]gvngN—&-NlNg 1||1> < gterec.

6.4. Proof of correctness. We shall now prove the correctness of Algorithm 4.

6.4.1. Uniformly small polynomials in the vicinity of a transcendental analytic curve.
We now state a key result for the proof of Algorithm 4.

Theorem 6.12. Let d > 1, m > 2 be two integers, N = (d+ 1)(d + 2)/2, u,v >0
and (fi)igi<n = (uF2* o (f(z) + ) )ockre<a- Let pr,p2 > 1, a; < by, as < ba,
Ni,No > 2, and N < NyNa. Let A = (Aks)ogkre<a € ZN be such that ||[AA|2 <
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/(N + N1N2), and let P(X,Y) =3 o) r<a e o XYY, we have
max |P(uz,v(f(x) +1))] < 1.

z€lay,b1]
t€[az,bs]

Proof. See Appendix E. |
Remark 6.13. The proof of Theorem 6.12 yields in particular that
[AA[z >
S ) 29 Mo @ M s @) ) 1 ( 1 1) .
’ (p1 = 1)(p2 — 1) Pt ps”
=:Qk,e

Since the constraint ||[AA|y < 1/(N 4 NyNy) implies |[AA||; < 1, ¢f. Appendix E,
it comes either Ay = 0 or Q¢ < 1 for any k,¢. Also, the proof of Lemma 6.11

0<k+4<d

; : VMp, a1 ,b1.p9.00,b5 (f (@) +1)p1p
shows in particular that R; > Rgio = 16—21% b(lpfil)Z(Zq) 2 S+ #

for all ¢ > d + 2. Hence, if Rgi2 > 1, we thus have R; > 1 for all i > d + 2
and Ay = 0 for any 1 < ¢ < d, 0 < k < d— ¢ the only functions taken
into account are the u*z*’s and the method fails. This explains the condition

16p1p2(p;N1 + p5N2)UMP1,a1,b17P2,a2,b2 (f(x) +1) < (p1 —1)(p2 — 1) in the input of
Algorithm 3 and 4.

We deduce the following corollary.

Corollary 6.14. Under the assumptions and notations of the previous theorem, for
all z,y such that uzx,vy € Z, we have either P(ux,vy) =0, ory & [f(x) +as, f(x) +
ba].
6.4.2. Proof of success of Algorithm 4. If we apply the LLL lattice basis reduction
algorithm to fl, we obtain:

. _ —(N—1)/4—tprec/(N—1)
Corollary 6.15. Assume that det(AA*)1/2(N=1) 2 NIV, ; then Theo-
rem 6.12 applies with A any of the first two vectors of an LLL-reduced basis of the
lattice generated by the rows of A.

Proof. Identical to the proof of Corollary 5.12. O

We now study the case py = K71/(b; —a1) and similarly ps = K5/(ba — as), where
Ky > 2(by —ay) and Ky > 2(by — as) are fixed real numbers (note that py, pa > 2);
we further assume p'* < pb'2.

Proposition 6.16. Let f be analytic in a neighbourhood of the closed disc D, v, Kk, =

{z€ C:|z— (a1 +b1)/2| < K1/2}, d be an integer > 2, N = (d + 1)(d + 2)/2,

p1 = Kl/(bl 7(11) > 2, p2 = Kz/(bg 7&2) > 2, v = logpg/logpl € [3,N], N =

|[V2YN ], N2 = [\/2N/~] two integers. Let Mp, , . (f):=max.ep, , . [f(2)
Then, for d — oo, if

by — ay < K20 (- 5097)

b

K +|az + b2|>)WW(1+O<1/d>>
Ratiratin

1/(N-1) < 90— (N—1)/4—tprec/ (N —1)
N,N1,N2,la1,b1],[az,b2],p1,p2 N+N1 N,

(u;('al + b1 + K1) (MDal,bl,Kl (f)+

we have A
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Proof. Since p; = K;/(by —a1) > 2, we have E, 4,4, C Dq, p,,k,- Thanks to
Corollary 6.9, in view of (p;/(p; — 1))/ (N=1 < 23/2 for i € {1,2}, we have

1/(N-1) O(1) arl/240(1)
AN7N17N27[alvb1]v[a27b2]7p17p2 <2 N

(uv(|ag + by | + Ky)/2)4/3+00 ) w d/3+0(1)
pib(N/v)erO(l) Day by, Ky 5 .

Note that, using Lemma 6.11, as pf“ < pévz,

4
27tprec > N <p1—N1 + pQ—Nz)

8 —N> é —vN2

2 NpZ = N 1
> 2_°(N)p1_O(N),aS YNy < /2N7v +v < N(1+/2).
1/(N-1) —(N—1)/4—tprec/(N— .
Thus, for /A(%,N?Ng7[a17b1]y[a27b2]7p17p2 < 2= (N=1)/4=tprec/(N=1) /(N 1 Ny N,), it suf-
1/(N-1

fices that A < Q’O(N)pl_o(l), or again that

N,N1,N3,la1,b1],[az2,b2],p1,p2

o> 90 (5w577 )

Ky + |as + b2|>) Tty (140(1/d))
2 .

uv
(%5 tor + a1+ 560) (B, (1) +
(Il

Corollary 6.17. Under the assumptions of Proposition 6.16, Algorithm j over
[a1,b1] and [ag, bs] produces at Step 6 two polynomials Py, Py such that

max |Pi(uz,v(f(x) +t))| <1 forie{0,1}.
xz€la1,b1], t€laz,bs]

In particular, Algorithm 4 never executes Step 15 and its output is valid.
Proof. 1t suffices to apply Proposition 6.16, Corollary 6.15, and Theorem 6.12. [

Note again that Py and P; may not be coprime, in which case the algorithm
returns “FAIL” at Step 12. This is what makes the algorithm heuristic.

6.5. Complexity analysis. In this subsection, we deduce estimates for the com-
plexity of our algorithm applied to a fixed interval [, 3). As in the univariate case,
this actually requires several things:

e An evaluation of the complexity of the basic blocks, namely Algorithms 3
and 4.

e Use Corollary 6.17 to evaluate the size of a subinterval [a1, b;] which can be
treated at once by those algorithms.

We start by giving complexity estimates for Algorithms 3 and 4.

6.5.1. Complexity of Algorithms 3 and j. In this subsection, we keep notations and
assumptions of Section 5.5.1.

Proposition 6.18. On input a1,b1,as,bs, f,d, N1, No,u, v, p1, p2, if
M = max(u, v, |a1|; |b1|a P1, |a’2|a |b2|7p27Bf7 [I'IlEzX] |f/(m>|)a
a1,01
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under the assumption Cy, = O(p?), the computations of Algorithm 3 can be made
in floating-point precision p = tprec + O(max(dlog M, |log((p1 — 1)(p2 — 1))]).
Hence, Steps 1-6 of Algorithm 4 have complexity O(dM(d?)(d? + p)p) using the L?
algorithm.

Proof. Similar to Propositions 5.16 and 5.17. O

6.5.2. Number of subintervals for fired d. Thanks to the results of the previous
subsection, given a value v, we can estimate the maximum size of an interval [a1, 1] C
[a, B], with a, B fixed, for which Algorithm 4 succeeds (in the sense of Corollary 6.17)
and yields an upper bound of the order of magnitude w = O(|by — a1|77).

This follows from Proposition 6.16, and yields at the same time the number of
subintervals to be considered if one wants to deal with a full interval [, 3].

Theorem 6.19. Given fixed f and two fized real numbers «, 3, Problem 2.6 can
heuristically be solved for u,v — oo, d — oo, v € [3, N|, over [, 8] using

(6.10) (B— a)QO(wdvvm) (w) 35077 1T00/4)

calls to Algorithm 4 with parameter d.
We then obtain a value

(6.11) w = 20WN/VWN/7) () oty (1+OW/D)

Proof. This is a direct consequence of Corollary 6.17, where we note that ay, as, by, by
are bounded, and we choose K1 = 2(b; —ay), Ko =1 and ps = p].

The heuristic nature of this result comes from the possibility that the two
polynomials obtained in Algorithm 4 are not coprime, in which case one cannot
recover the solutions X,Y from those two polynomials.

Finally, we can take 1/w = by — as, thus the upper bound on w is O((by —ay)~7),
from which the second part of the result follows. ([l

Remark 6.20. To get a better feeling of this result we should distinguish two cases:
e We let v tend to infinity as N/k, x > 1. Then, we obtain an upper
bound for the number of intervals O ((ﬂ - a)(uv)%ifzh‘)(1+O(1/d))), with
W — (m})%(lﬁ-o(l/d))_
e If, on the other hand, v = o(N), N/~ tends to infinity and we can use the
asymptotic estimate (see Proposition 6.5) ¢¥(N/v) = 2 % + O(1) to get
a bound on the number n; of intervals and on w of the respective forms
ny = (8 — )20V (yo)/ GV AFO(A/D)

w = 206V () V2040 D),

The first case resembles the results obtained in the previous section with the
univariate algorithm (but with a different constant), whereas the second part is
unattainable using the methods of the previous section.

For u=v=2P, v =4+0(1), d = o(p), we recover Stehlé’s result [60], namely the
fact that we can solve the TMD (i.e., get the bound 1/w = 272" in time 27/2(1+e(1)),

Remark 6.21. One can adapt Remark 5.22, Theorems 5.26 and 5.27 in the case
of this bivariate method. However, for the last two results, the region where the
discussion makes sense is restricted to v > N/(log N)?, as otherwise the impact of
choosing an optimal p; occurs only on second order terms.
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Further, this leads to a somewhat delicate discussion and, in the end, yields the
same result up to some improvement in the constants. We thus chose not to include
the corresponding theorems.

7. COMPARISON WITH PREVIOUS WORK

The following table summarizes the main results of the paper and compares them
to [60]. The columns complexity and bound on w should be understood as the
exponent of uv in the corresponding values. For the sake of readability,

e In the first row, we restrict to wg € Z~( just in order to get a more compact
bound ;

e In the fourth row, we shall assume that d = o(log(uv)) ;

e We shall omit all factors (1 + o(1)) in the asymptotic results.

Rows labelled “1D” refer to Section 5 (Algorithms 1 and 2) whereas rows labelled
“2D” refer to Section 6 (Algorithms 3 and 4).

References Parameters Matrix Complexity Bound on w
to be chosen dimensions | (exponent of uv) | (exponent of uv)
1D Rk. 520 [wo€[0,N)NZso | Nx2N | g0 g
1Dgoo | Cor.521 [A=w/N€[0,1)] Nx2N m S(fijn
2D4500 | Rk. 6.20 y=N/k, k=1 | & Nx3N #@) %
2Dy 00 Rk. 6.20 v =o(N) ~ N x 3N ﬁ VA/2
Saoo | [60, Thm. 3] £>1 (ot)(ot2) ﬁ VE/2
x0(a?)

TABLE 2. Comparison of the main methods of this paper and [60]

Concerning [60], we have introduced a parameter ¢ for a clearer comparison;
namely, we have put (with Stehlé’s notations) ny — t = log, (uv)/(2+/€), which gives
ng +m = /Elog(uv)/2. Note that Stehlé’s a corresponds to our d, while his d is a
technical parameter with a completely different meaning of our d; finally, Stehlé’s ¢
corresponds to our notations p — 1 — logy(by — a1). To avoid any confusion, we will
denote them dgte, asie and tgie in the sequel.

Remark 7.1. Table 2 only estimates the exponential part of the complexity; it
would remain to estimate the polynomial part, which is dominated by the cost
of lattice basis reduction. Akhavi-Stehlé’s trick reduces greatly the influence of
the dimension, but the size of the integers involved in the different methods differ.
Roughly speaking, and ignoring the dependency on f,a,b which is similar for the
two methods:

e in the case of the univariate method, the size of the integers involved is
~ tprec + dlog(max(u,v)) ~ dlog max(u,v) + N log p, which is of the order
of O(dlogmax(u,v) + logw). As for this method, log(w) = O(dlog(uv)),
the size of the integers is O(dlog max(u,v));

e in the case of the bivariate method, the size of the integers involved is
~ dlog(max(u,v)) + tprec ~ dlog max(u,v) + log max(p}*, pb?), whereas
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the bound on w is of the order of py; as we expect, for optimal choices of pa-
rameters, that IV; log p; and Ns log ps have the same order of magnitude, this
size is thus O(dlog max(u,v) + Nzlog p2) = O(dlog max(u,v) + Nz logw).
As Ny =< d/./7, this is O(d (log max(u,v) + logw/\/7));

e in Stehlé’s paper, the integers involved are of the order of (MNQN{iS“’)O‘S“’,
which, in our notations, means that their size is of the order of O(d(logw +
log max(u, v))).

This difference in the size of the integers involved may, at least partially, explain
the fact that lattice basis reduction performs somewhat better in our method than
in the BaCSeL implementation of Stehlé’s method (see Section 8).

7.1. Univariate method and Bombieri and Pila’s approach. Our univariate
method bears a strong resemblance to Bombieri & Pila’s approach [6] of bounding
the number of integer points on an analytic curve. The method that we develop is
effective, and yields a way to not only control integer points on the curve, but close
to the curve.

Note that we (asymptotically) recover Bombieri and Pila’s estimate [6, Main

Lemma] under the form (uv)ﬁ, which is the number of intervals required. We
can thus recover, following Bombieri and Pila’s arguments based on [6, Thm. 5]
or [55], their bound for the number of points on the curve (without any heuristic).
Our method also allows for the explicit determination of those points, but is on this
point only (mildly) heuristic.

Our variation with the wp, on the other hand, is new; it worsens the quality of
Bombieri-Pila’s bound, but improves the distance around the curve in which we are
able to detect points with denominator dividing v.

7.2. Bivariate method vs. Stehlé’s approach. On the other hand, our bivariate
method bears a strong resemblance with Stehlé’s work [60]. Our approach mostly
differs by the use of approximation-related techniques (Chebyshev interpolants)
rather than a computer-algebra oriented vision of functions using Taylor expansions.

We have a dense representation of our auxiliary polynomials, which leads us to
manipulate almost square matrices, whereas Stehlé’s matrices are inherently more
rectangular, because he has to represent all coefficients of the bivariate polynomials
he manipulates.

Table 5 shows that our approach is better in practice. We propose an analysis of
this favourable situation in Section 8.3.

Note two further facts :

e our analysis is sharper in the case of entire functions, as we are able to take
into account the growth of the function at infinity. The same results could
probably be derived in Stehlé’s paper using Cauchy inequalities to estimate
Taylor coefficients.

This sharper analysis allows us to a obtain, in Problem 2.6, a lower
bound 1/w > (uwv)~C®*/1°eP) in the case where we want to solve the
problem without any subdivision. This improves at the same time on
Stehlé’s method and, heuristically, Nesterenko-Waldschmidt paper which,
though with different goals and through a purely theoretical (vs. algorithmic)
method, both obtain the upper bound w < (uv)*o(prz).
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e QOur analysis is also sharper in the more practical domain where we choose
~v = N/k for some constant x. We obtain better constants in the exponents
for both the overall complexity of the method and the bound on w.

8. EXPERIMENTAL RESULTS

We have implemented TMD-oriented versions of our algorithms in SageMath!”.
Our codes are available from https://perso.ens-lyon.fr/nicolas.brisebarre/tmd.html.
The tests hereafter were executed on an Intel Xeon E5620 2.40GHz CPU with a
64-bit Linux-based system.

In the two examples that we address, we cut the binades under consideration into
subintervals of the same size and we apply the algorithms to each subinterval. For
Algorithms 1 and 2, the subinterval will correspond to the interval [a, b] considered
in these algorithms. For Algorithms 3 and 4, the subinterval will correspond to the
interval [a1,b;], while [as, bs] will be equal to [—1/w, 1/w], cf. Problem 2.6.

Currently, the most expensive part of our algorithms is the LLL reduction. In
our implementations, the following two optimizations led to a significant speedup of
the LLL reduction part:

(1) we use a random projection trick inspired from [2], cf. Theorem 4.6.

(2) If we consider two contiguous subintervals Iy and I3, the matrices M, j, and
M, 1y, Mc 1, and M, 1, , output by Algorithm 1 (resp. Algorithm 3) applied
to Iy and I; will be close by construction. Hence, our optimization consists
in:

e retrieving the change-of-basis matrix Uy, computed at Step 3 of Algo-
rithm 2 (resp. Step 3 of Algorithm 4) applied to I,

o then left-multiplying M. ;, and M, ;, by Uy,, which operates in practice
as a significant prereduction of the lattice built from M, ;, and M, j,,

e eventually, we apply LLL to these prereduced matrices.

Another optimization comes from the use of Newton polynomials instead of
monomials (as pointed in Section 5.3.4): for given values of d, N, N1, No, it makes
it possible to process larger subintervals.

The timings and the values of log,(w) presented with a * are estimated ones: we
performed our computations on a subinterval and then extrapolate the timing to
address the whole binade, and the corresponding value of log,(w).

We chose to limit the evaluation of our algorithms on feasible computations in
binary128, namely computations that could be performed in real life, possibly using
a large cluster. In terms of the bound on w, we have thus excluded the optimal case
of the TMD, namely w = 227, and have started at w = 26P.

8.1. Algorithms 1 and 2 in action: the TMD for the gamma function in
binary128. Euler’s gamma [64, Chap. 3] is one of the functions of the C mathe-
matical library. Very little is known about the Diophantine properties of its values
at rational numbers: we have I'(k + 1) = k! for any & € N and the transcendence of
the numbers I'(1/2),T'(1/3),I'(1/4),I'(1/6),T(2/3),T'(3/4),T'(5/6) [69]. We used our
implementation of Algorithms 1 and 2 to address the TMD over [1, 2), for directed
rounding functions and for the precision p = 113. More precisely, we address the

Thttps:/ /www.sagemath.org/
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following question, for various values of the parameters d and wg: compute w > 0
and all the integers X, 1 < X/2P~! < 2 for which there exists Y € Z satisfying

X Y 1
()3t
2r—1 2r w
We report in Table 3 our results. We first set p = 113,u = 2P~1, v = 2P, then the
integer d and the real number wy, and finally we choose p in order to maximize
the width of the subinterval [a, ] of [1,2) which we apply the algorithms to. The

column || M || stands for the size (in bits) of the largest coefficient of the integer
matrix M = (M, | M,) which is LLL-reduced during the algorithm.

d|N| p|b—a |w 1M || 0o log, (w) Timing

6 28123 ] 2738 | 0 | =~ 1575 bits | 7.86p* | 35.53* years
8 145 [2%121/22° | 0 [ ~ 2070 bits | 10.11p* | 510* days
1066 | 221 [13/222 | 0 | ~ 2510 bits | 12.24p 102 days
1291 | 2™ [25/223 | 14 | ~ 2810 bits | 12.92p 84 days
1291 |21 [21/222 | 8 | ~ 2920 bits | 13.79p 57 days
129128 [15/221 | 0 | ~ 2985 bits | 14.44p 46 days

TABLE 3. Algo. 1 and 2: The gamma function over the binade [1,2)

8.2. Using wy in Algorithms 1 and 2 : the TMD for the exponential
function in binary128 - experimental validation of Figure 1. Using the exp
function over [1/4,1/2), we have also studied the influence of wq, in order to build
the experimental equivalent of the theoretical curves of Figure 1.

The exponential function is also part of the C mathematical library. We recall
that Section 3.1 presents up-to-date, to the best of our knowledge, theoretical results
regarding the TMD in the case of the exponential function.

Here, we address the TMD for exp over [1/4,1/2), for directed rounding functions
and for the precision p = 113: we compute w > 0 and all the integers X, 1/4 <
X/2P+1 < 1/2 for which there exists Y € Z satisfying

X Y 1
exp <2+) =
Here, we set u = 2P*T1 and v = 2P~ 1.

For each value of the bound on w we have tried to find, for various values of d,
the wy allowing to attain this bound in minimal time (in the case of exp, we use
p=4d/(b—a), cf. Theorem 5.26). Figure 2 represents the log, of the time to treat a
binade (y-axis) as a function of log,(w)/p (z-axis); this is indeed the experimental

equivalent of Figure 1, up to a rescaling of the z-axis (by a factor of 2, as Figure 1
is expressed in terms of powers of uv = 2%7) and y-axis.

8.3. Algorithms 3 and 4 in action: the TMD for the exponential function
in binary128. We used our implementation of Algorithms 3 and 4 to address the
TMD over [1/4,1/2), for directed rounding functions and for the precision p = 113.
More precisely, we address the following question, for various values of the parameter
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FIcURE 2. Exponent estimates

w: determine the integers X, 1/4 < X /2P < 1/2 for which there exists Y € Z
1

satisfying
X Y
exp <) - < —.
2r+1 2r—1 w

We report in Table 4 our results. We first set p = 113,u = 2Pt ¢ = 2771 p, =
—ag = 1/w and the value of d. The choice of the parameters Ny, No, p1,aq and!'® by
is then made in order to maximize the width of the subinterval [a1,b;] of [1/4,1/2).
We finally fix po = min(inl/NQ, 1/b9).

The column || M ||« stands for the largest coefficient of the integer matrix M =
(M. | M,) which is to be LLL-reduced.

logo(w) | d | N | Ny | No| p1 | b1 —an 1M || o Timing
6p 6 (28|24 | 2 [2% ] 7/2% | ~ 1540 bits | 22.63* years
6p 1219160 | 3 [2% | 59/239 | ~ 3080 bits | 3.41* years
8p 8 14539 | 2 [2%] 15/2%9 [ ~ 2065 bits | 203* days
8p | 129159 | 3 |2 22T [~ 2870 bits | 137 days
10p 106659 | 2 |25 [ 7/2% |~ 2590 bits | 25.8 days
10p | 12|91 61 | 3 |227] 7/2%% | ~ 3260 bits | 37.7 days
12p [12[901]80 | 2 |27 [ 5/2"% |~ 3020 bits | 8.7 days

TABLE 4. Algo. 3 and 4: exp over the binade [1/4,1/2)

For the sake of practical comparison, we have attempted a comparison with

BaCSeL-4.0", which implements [60]. For the latter, we used BaCSel-4.0 only for
the generation of the corresponding matrix, and simply measured the cost of the
LLL step (which dominates the total cost anyway), using the same implementation
of fplll as in our code.

For the comparison to be fair, we have included the Akhavi-Stehlé’s trick (cf.
Theorem 4.6) in BaCSeL. We have also tried to include the prereduction trick but

18Actua11y, it is the value of by — a1 which matters and not the values of a1 and b;.
nhttps: //gitlab.inria.fr/zimmerma,/bacsel
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the latter, in the setting of [60], seems to make the reduction more costly. In this
case, the complete timings are merely estimates for the cost of treating a whole
binade.

The results are reported in Table 5. Again, the column ||M] s stands for the
largest coefficient of the integer matrix which is to be LLL-reduced.

logy(w) | aste | dste | tste [1M]]] 0o Timing Comparison with
this paper

[F]l | Tining
6p 6 16 | 78.7 | ~ 3870 bits | 169* years x2.5 x7.5
6p 12 20 | 86.2 | =~ 7780 bits | 334* years x2.5 %98
8p 8 30 | 86.3 | ~ 7220 bits | 16.82* years | x3.5 %30
8p 12 | 30 | 90.1 | &~ 10230 bits | 35.01* years | x3.5 x93
10p 10 40 | 90.8 | &~ 11150 bits | 7.37* years x4.3 x104
10p 12 | 55 | 93.2 | &~ 13545 bits | 10.53* years | x4.2 x102
12p 12 | 60 | 94.6 | = 16255 bits | 3.81* years x5.4 x 160

TABLE 5. Stehlé’s BaCSel. parameters and timings for the expo-
nential function over the binade [1/4,1/2)

We observe that we gain a significant constant factor, increasing with the value
of aste (= d); our method allows for slightly larger intervals (by a factor around 2,
which seems to decrease with d), but the main factors explaining the difference are
the fact that our lattices seem somewhat easier to reduce and that the “prereduction
trick” also plays an important role. These three terms each account for a small 2 to
5 (depending on the cases) factor, explaining overall the factors ~ 9-100 that we
observe above.

It should finally be recalled that the comparison is biased in favour of [60] : we
are comparing optimized C code to an algorithm implemented in an interpreted
language. The comparison remains rather fair as long as the lattice basis reduction
dominates (which is the case for agte = 10,12) but a low-level implementation of
our algorithms is required in order to get reliable results when our parameter d < 8,
where the gap is probably larger than suggested by Table 5.

Remark 8.1. Note that, regarding the targets log,(w) = 6p, 8p, a more relevant
comparison between Table 4 and Table 5 would probably be obtained by comparing

e Row 2 of Table 4 with Row 1 of Table 5, which corresponds to the best
choice of parameters for the problem with log,(w) = 6p; with this criterion,
the ratio is ~ 50.

e Row 4 of Table 4 with Row 3 of Table 5, which corresponds to the best
choice of parameters for the problem with log,(w) = 8p; with this criterion,
the ratio is = 45.

9. CONCLUSION

We expect this work to be used in practice to address the TMD for the binary128
format, but we also hope that it will be of practical use for the determination of
integer points close to a transcendental curve. Moreover, we believe that the tools
that we have developed are of a more general interest in the context of practical
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applications of Coppersmith’s method, and allow easier analysis of some “rectangular”
variants.

Regarding future work, we plan, first, to improve our current implementations
and then to study the case of algebraic functions, for which we have some preliminary
results.
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APPENDIX A. PROOFS OF FACTS REGARDING CHEBYSHEV POLYNOMIALS

First, we recall the aliasing phenomenon in the case of Chebyshev nodes of the
first kind.

Proposition A.1. Forall N > 1,
L] fO?"k = 0, ooy N—l, the polynomials Tk7 —TQN,]C, _T2N+k7 T4N7k; T4N+k7 N
take the same values at the pjn_1, 7=0,...,N —1,
e forj >0, let

N
m=|(j+ N —1)(mod2N) — N+ 1| and p = {M_;]J ,
the polynomials T; and (—1)PT,, take the same values at the pjn_1, j =
0,...,N—1.
Proof. These are Theorems 1 and 2 of [70]. O

Let f be Lipschitz continuous over [—1, 1], we know [72, Chap. VI] that f admits
/
a series expansion Z - anTn(z) in Lo ([-1,1], (1 — 22)71/2) which converges
nz
uniformly to f. We now state a straightforward consequence of Proposition A.1.

Corollary A.2. Let N € NN > 1, Let f be Lipschitz continuous over [—1,1],
its Chebyshev coefficients (ar)k>0 and the coefficients ¢,k =0,...,N — 1, of the
interpolation polynomial py—1 of f at the Chebyshev nodes of the first kind satisfy,
fork=0,...,N—1,

(A1) Ck = Qj — AaN—k — 2N+k + QaN— + Qan—f — -+
—+o0 —+oo
=D (~Dagnsr+ ) (~1)ag;n—p-
=0 j=1
Let N € N, N > 1, we also define

1 1
Yo,0,N—1 =1 and vy p, N_1 = =iy (1 + pQ(N—k)> fork=1,...,N —1.

Proposition A.3. Let p > 1, let N € N, N > 1, f be a function analytic in a
neighbourhood of E,, the coefficients (ck)k=0,...,N—1 of the interpolation polynomial
of f at the Chebyshev nodes of the first kind satisfy

M
;]Ef)f}/p,k,N—lakOa"'aN 1,

|Ck| <2
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where M,(f) = max.cg, | f(2)|. Moreover, we have

AM,(f)
pNtp—1)

Proof. First, we use the following consequence of [66, Thm 8.1]: the Chebyshev
coeflicients satisfy

Ilf —pN-1lloo, =11 <

M
(A.2) ool < 31, and [as] < 2220,

Then, we combine Equation (A.1) and Inequalities (A.2) to obtain, for k =1,..., N—
1.

lex| < lak] + |aen—k| + |aonti| + |@an—k| + |aan—i| +-- -,

Mp(f) | o Mp(f) | o Mp(f) | Mp(f)  ,My(f
S2 ;( ) +2p21pv(k) +2p25)\/(+13 +2p4fv(13 +2p4fv(+13 T

N

P
) 1 1
<2 ok 1—p2N 1+ p2(N=k) )

Moreover, recall that cg = % > i<e<n f(pe), hence |eo] = 2max,e(11) | f(2)] <
2M,(f) by the maximum principle.

Now, we turn to the estimate on the remainder. Corollary A.2 yields, for any
x € [-1,1],

k
M,(f) 1 1 1 1
2 oF 1+p2N—2k+p27N+ 4N—2k+p47N+“. )
M, (f
k

f(il?) _pN—l(x) = Z a'k(Tk(m) - (—l)me(l‘))

k=N
where m and p are defined as in Proposition A.1. Hence, we have, for any = € [—1, 1],

(@) = py-1(@)] < Y laxl|Ti(@) = (=1)P T ()]

k>N

<2 laxl < 4M,(f) Zp—k_Lp(f)

- N-1 _ .
=% =% pN=p—1)
O

Regarding the two variable case, we start by establishing results analogous to [66,
Thms 8.1 and 8.2]. Let f in Lo ([-1,1] x [-1,1], (1 — 2®)"¥/2(1 — y*)~1/%), we

/ /
denote by Z 150 Z 220 (ny nsIn, ()T, (y) its series expansion.

Proposition A.4. Let p1,p2 > 1, f be a function analytic in a neighbourhood of

E, p,, the coefficients an, n,,n1,n2 = 0, of the Chebyshev series of f satisfy, for
allny and ny € N,

(A.3) |an17n2‘ < 4M

] N2 i
1 P2
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where My, ,,(f) = max.ee, ,, |f(2)]. Moreover, we have, for all ny and ny € N,

H Z Z a’kl’kQTkl Tkz( )

k1=0 k2=0

00,[—1,1]x[—1,1]
< 4p1p2MPl,PQ(f) ( 1 1 )

S (/)1 — 1)(/)2 _ 1) p7111+1 p7212+1

Proof. For p > 0, we define C, = {2z € C,|z| = p}. Extending what is done
in the proof of [66, Thm. 8.1], we now introduce the change of variables z =
(21 + 27 1)/2,y = (22 + 25 1) /2 where 21, 29 € C; and the function

n1+2 N1 HN2 4 T2
f(xuy) 21,22 Z Z Anyno 9 .

n1 20 ?’L2>0

Now we use Cauchy’s integral formula in two variables: for all ny,no € N,

1 F(z,22) deid 1 200n; +00n,
— —— 2 _dzidzy = Uy mg-
(2im)2 Je,xe, 2 Hiznett 260n, +0n, 4 1,2

If g : (21,22) = ((z1 + 27 1)/2, (22 + 23 ') /2, the domain E,, ,, is the image of
Rp, X Rp,, where R, = {z € C,p~! < |z| < p}, via the application g. Note that,
since F' = f o g, I is analytic in a neighbourhood of R, x R,, since it is the
composition of two analytic functions, hence, for all ny,ny € IN|

a _ / P, z) dzdz
ni,n2 T . \9 F1 1 1422,
(im)? Je, xc,, 217 252

from which follows
(277)2P1P2 MAX(2,25)€Cp; XCpy |F(Zl’ 22)| 4MP1aP2 (f)

‘an17n2‘ X for all ny,ne € N.

7T2 p’lill+1pn2+1 p';fl pn2
As for the remainder, for all z,y € [—1,1], for all ny and ny € N, we have
ny no
f Z Z a’kl’k2Tk1 Tkz( )
k‘l Okz_o
I
Z Z ak17k2Tk1 Tkz ) + Z Z akhszkl )Tkz (y)s
k12n1+1k22>0 k1=0 ka>no+1
hence,
Hf Z Z akhszkl Tkz( )
k1=0 k2=0 00, [~ 1,1]x[~1,1]

/ i
Z Z |a’7€17k2| + Z Z |ak1,7€2|a

k12n1+1k220 k1=0 ka2>2no+1

1 1 P1p2
<4AM,, ,,(f < + > '
pr.o2(f) p7111+1 na+1 (p1 = 1)(p2 — 1)

P2
O

Now we can prove:
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Proposition A.5. Let p1,p2 > 1, let My, My € N, My, Ms > 2, f be a function
analytic in a neighbourhood of E,, ,.,, the coefficients c, ., k1 =0,..., My —1,ky =

0,...,Ms—1 of the interpolation polynomial Py, 1, ap,—1 of f at pairs of Chebyshev
nodes of the first kind satisfy, forky =1,..., M1 — 1, ko =1,..., My — 1,

Mm,m(f)

|Ck17k2| <4 k1 ko Yp1,k1,M1—17pa, ko, Ma—1;
Py ps

where My, ,,(f) = max.ee, ,, |f(2)|. Moreover, we have

16p1p2M,,1_p2(f)( 1 1 )
— Py —1 M- _ oS =)
1f 1,M: 1”00,[ 1,1]x[—1,1] (p1 — 1)(p2 — 1) pi\ll pé\b

!/ I . .
Proof. Let Z 150 Z 220 Gny noIn, (€)1, (y) the series expansion of f, the

aliasing phenomenon presented above still exists: for ky = 0,...,M; — 1, ky =
0,... My—1,
+oo +oo
p +p
(A 4 Cky,ky = E E VT2 Gy My +ky \2ps Mo+ ks
p1=0p2=0
400 400 400 400
p1t+p p1+p
+ E E (_1) ! 2a2p1M1+k1,2P2M2—/€2+ E : E (_1) ! 2a2p1M1—7€1,2P2M2+7€2
p1=0p2=1 p1=1p2=0
+oo +oo
§ E p1t+p
+ (_1) ! 2a2P1M1—/€1,2P2M2—k2'
p1=1p2=1

We now combine Equation (A.4) and Inequalities (A.3) to obtain, for ky = 1,..., M1 —
Lkg=1,...,My—1,

+oo +oo +oo 400
|Ck17k2| < E § |a2P1M1+k172P2M2+k2‘ + § E |a2p1M1+k1,2p2M2—k2|
p1=0p2=0 p1=0p2=1
+oo +oo +oo oo
+ E E |a2P1M1*k1,2P2M2+k2| + E E |a2p1M1*k172p2M2*k2|
p1=1p2=0 p1=1p2=1
+oo +oo +oo +oo
<Y Yt 3 Y s
2;01M1+k1 2p2M2+k2 2P1M1+k1 2p2 Ma—ka
p1=0pz=0 P1 P2 p1=0p2=1 P2
+oo 4o +oo 4+
+ E E pl’pQ 4 E E P17P2(f)
2p1M1 —k1 2p2M2+k2 2P1M1—k1 2p2 Ma—ka
pi=1pz=0 P1 P2 p1=1p2=1 P2
< 4MP1,P2 (f) 1 1
= k1 ko —2M, —2M>
PP 1=p 1—py

1 1 1
1+ + + .
Mi—kq Ms—k M1 —kq Ms—k
< pf( 1 ) Pg( 2—k2) pf( )Pg( 2 2))
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If we use Equation (6.2), we get

lco0] < 4M,, ,,(f) thanks to the maximum principle,

My, p(f) 1 1
|ck, 0] < 4—2122 I 1+p2(M17k1) forky =1,...,M; —1,
1

pr' L—=p
My po(f) 1 1
|co,k,| < 4 p’; [, L+ <oy | forke=1,... .My~ 1.

The last two inequalities are consequences of Proposition A.3.
As for the remainder, for all z,y € [—1, 1], for all n; and ny € N, we have thanks
to the aliasing phenomenon

My — 1]%2 1

Z Z Chy ko Ty ()T, (y)

k1=0 ko=0

> Z/ sy (Thy () = (=1)P T, (2)) (T, () — (=1)72 Ty ()
k1>M; k220

Ml—}
YD Wk (T (2) = ()P T, () (Th () — (= 1)72 T, (),

k1=0 ko>Ms
where mq,mo and py, po are defined as in Proposition A.1. Hence,
Hf(x’y) - PJVIl—LMz—l('/L" y)”oq[—l,l]x —1,1 = Z Z 4|ak17k2

k1>M; k220
My — 1

1 1 P1pP2
+ d|ag, k| < 16M N ( + > —
klzo k2§42 o et pd ) (e = 1)(p2 — 1)
thanks to Proposition A.4. O

The next lemma eases the computations. Recall that we introduce in Section 4.1.2
Npo=1land n,r = (p*+1)(p* = 1) for k=1,...,N — L.

Lemma A.6. Letp>1, N >2, fork=0,...,N — 1, we have

Yo,k N—1 < Npk-
In particular, if p > 2, Ny <2 fork=1,...,N — 1.

Proof. The case k = 0 is straightforward. For Kk =1,..., N — 1, we have

S S NI D A 2k)<ﬂ(1+ -2)
Yok, N=1 = 1_ p2N p2(N=k) | 7 ;2N P P Sop2N 1 P '

p
The function u — u/(u — 1) is strictly decreasing over (1,400), hence
2N 2 2
+1
< (1497 < 1+p2) =212
Vp,ke,N—1 pzN_1(+P ) p2—1(+p ) 02— 1
The last statement is obvious. (|

Proof of Proposition 4.1. We introduce f: f(z) =f (zb*T“ + “;b) for any z
in a suitable neighbourhood of E,. The coefficients ¢ are also the coefficients of
the interpolation polynomial in Ry _1[z] of f at the Chebyshev nodes of the first
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kind. Therefore, we obtain Proposition 4.1 by applying Proposition A.3 to ]?and
Lemma A.6.

Proof of Proposition 4.2. It is identical to the previous one: it suffices to introduce
fiflz2) = f a5 + adb pobecae 4 aadbe) for any (29, 2) in a suitable

neighbourhood of E,, ,,, and then to apply Proposition A.5 to j?and Lemma A.6.

APPENDIX B. PROOF OF THEOREM 5.27

For f(z) = exp(exp(z)), we take K =logd. A sufficient condition for success of
Algorithm 2 is, in view of Proposition 5.13, (for d large enough)

1 BN (140
b—a< 1 ((la+bl+logd)Mp,, () /T

(uv)_4/(3(1_’\2)d)(1+0(1)) logd.

We have Mp, , . (f) = 20(d); hence, as in the proof of Theorem 5.26, a sufficient
condition is
(uv)_4/(3(1_)‘2)d) log d — oo,

for which it suffices that

dloglogd > < + s’) log(uv),

4
3(1—X2)
for some &’ > 0, which follows from the assumption of the Theorem. The statement
on w follows from simple calculus using w = O(KN(1=Y),

For g(2) = 3,50 exp(—n?)2", we have

max |g(z)| = g(p) = exp(log® p/4) Y _ exp(—(n —log p/2)*)

[z|=p

n=0
< exp(log® p/4) > exp(—n?) < 2exp(log? p/4).
nez
We choose K = exp(3(1 — A?)d/2). In this case, we have Mp, , . (f) = exp(9(1 —

A2)2d% /16 4+ O(d)).
A sufficient success condition for Algorithm 2 is thus, as d — oo,
1
b—a < (Ja+b +exp(3(1 - A2)d/2)) =4/ BA=ANd) (1+o(1)
exp(3(1 = A)d/2) (woMp,, . (f))~/EO=ADDHoW),

It follows from

31=2%)d  4(1+0(1)) 9(1 — A%)2d?
5 T 3= (log(uv)+16 >—>oo7

for which it suffices to have

16
d* > (9(1 ESV)E -‘rE/) log(uv),

for some &’ > 0.
Again, the statement on w follows from simple calculus using w = O(KN1=2),
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APPENDIX C. PRECISION REQUIRED, 1D CASE

We now estimate the precision required for the computations performed in
Algorithm 1. We shall use a computation model where our real numbers are
represented by fixed point numbers, with p > 1 binary digits following the binary
point. This means that for each elementary operation, the result differs from the
ideal mathematical result by at most 27 (such a result is usually called faithful
rounding in precision p). The notations used hereafter correspond to those of
Algorithm 1. This somewhat artificial model is a simplification of the natural model,
which is a floating-point model where the total precision is p + P, where P is the
size of the largest real number encountered during the computation. It allows for a
simpler, though probably slightly rougher, analysis; as a consequence, Theorem C.9
is valid for floating-point computations in precision p + P.

The following lemma summarizes basic facts on this model:

Lemma C.1. Let x,y be real numbers and X,Y be fized-point numbers in preci-
sion p which are approzimations of those, such that | X — x| < g,,|Y —y| < gy,
with max(ez,e,) < 1/2. Then, if & and @ are the arithmetic operations of our
computational model, we have

(€1 [(XoV)-(@+y)l<etey
(C.2) IXQY —z-y| <e,Y + |z|ey, +27F <e,ly| + |z|ey +eney +275.

Further, if Zy is the fived point result of the operation exp(X), and if g is a C*
function over [a,b], Z2 the fized point result of the operation g(X), we have:

(C.3)  |Z1 —exp(z)] < 27° + 26, exp(x), | Z2 — f(x)| <27P +&, max |J].

[x—e,z+¢€]

NN

As a consequence, if x1,...,x, are real numbers and X, ..., X, be fixed-point
numbers in precision p which are approximations of those such that maxi<;<n |2; —
Xi| < &, the error on the sum z; + - - - + z,, (which can be evaluated in any order)
is at most ne.

In the sequel, we shall put

C = max(1,u,v) max(1, By, By) max(1, I[HEZ)]{ D).

i

The error analysis of the DCT follows:

Proposition C.2. Assume that each o(Lepeb[i]) is given by an approximation with
error € < 1, with ¢ > 27" and that the cosines involved in the DCT definition
are given by an approximation < 1 with error 27P. Assume that we compute each
coefficient of the DCT by computing first the N products, then the sum. Then, we
obtain an approzimation A of DCT-II(U) at Step 11 of Algorithm 1 such that

|A = DCT-TI(U)||oo < N(e+27P(14C%)).

Proof. We deduce from (C.2) that each product ¢(Lcpeb[i]) cos(k(i + 1/2)m)/N
incurs an error at most € + 27P|@(Lenes[i])] +27P < e +27P(1 + C9). The sum of
those terms then, cf. (C.1), incurs an error < N(g 4+ 277(1 + C%)), from which the
result follows. O

We now turn to the computation of a*; our practical application cases have a > 1,
and we need all the values a,...,a*, so that we compute o* by the recurrence
k k—1
a =a - Q.
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Proposition C.3. Let x be a nonnegative real number, and X a fived point number
in precision p approximating x, so that | X — x| <e, with1 > e > 27P. Ifk is an
integer, and if we define X1 = X and Xy = X ® Xp_1 we have, for k > 1

| Xy — 2% < ke(z+ 1)L
Proof. Induction on k, clear for k = 1. We let &4 be | X}, — 2¥|. Then, we have
[ Xip1 — 2" = [Xppn = X - X + X - (X — 2P)[ + X — 22"
<27P 4 (x + e)ep + e,
from (C.2) and the induction hypothesis, so that
er < (@ +e)ep+afe+2P < (z+e)en + (@ + e < (x+ 1)eg + (x4 1)Fe
from which the result follows by induction. O

Corollary C.4. Assume that € < 1/d. Let o be a real number with |o| < By, and
B be a real number with |B| < By. If X is a fized-point approzimation of ua with
error < € and Y is a fized-point approrimation of vB3 with error < €, and if X and
Yy are defined as in Proposition C.3, we define Z = X3 ® Yy. If k 4+ ¢ < d, we have

|Z — (ua)®(vB)*] < 27 4 2de(C 4 1)1
Proof. By Proposition C.3, the error on X} compared to (ua)* is < ke(C' + 1)F~1;
the error on Y; compared to (v3)* is at most < £e(C + 1)1, Fmally, we have
1Z — (ua)* (vB)’| <|Z — X, - Yol + [ X5, — (ua)*[[Ye| + |ua|*|Ye — (vB)]
<2P+kdc+1f1«ﬂ+%dc+nfw+wdc+1vlck
<27P 4+ 2de(C 4 1)
<d

using (C.2) and fe < de < 1. O

We can now combine the previous results to get an estimate of the precision
required for M.[i, j]; for the sake of simplicity, we assume that approximations of
the cos((k 4+ 1/2)w/N)’s to the precision 27° are known and that all are less than 1.

Theorem C.5. Assume that a,b,u,v are exactly representable in our computation
model. Then, the error on the values uLcnep|i] and vf(Lenes[i]) is at most 237PC,
and the error on the vector Lpcr is at most d(C + 1)424=P,

Proof. The computations of (b — a)/2 and (b + a)/2 each incur an error < 277,
Hence, we deduce from Lemma C.1 that Lepep[i] is computed with an error

<27P+1-27P4+(b—a)/2-27P 427 P =3+ (b—a)/2)-27F

error on (b—a)/2cos((j+1/2)7/N)

Hence, f(Lchesi]) incurs an error < 277 (1+ (3 + (b— a)/2) max(, 4 | f']), as we
know that Lepep[i] is in [a,b] and can always ensure that the approximation of
Lenes|i] is also in [a, b], up to replacing it by min(b, max(a, Lepepli]))-

Thus, the error incurred on uz and vf(x) for & = Lepep[d] is at most, cf. (C.3),

27P 4+ 27 P max(u- (34 (b—a)/2),v(1 + (3+ (b— a)/2r[ra1%>](|f'|)))

<27P(145C)<6-27PC.
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Corollary C.4 finally bounds the error on U by 277 (1 4 12d(C + 1)471C) < 13d(C +
1)42-P,

Hence, thanks to Proposition C.2, the overall error on DCT-II(U) is at most
N(13d(C + 1)%27% + 277(1 4+ C9)) < N(13d + 1)(C + 1)¥27P. As N is exactly
representable, after multiplication by 2/N (or 1/N for the zero-th coefficient), we
obtain, from (C.2), an error on Lpct of at most

(13d 4+ 1)(C 4+ 1)%27° + 277 < d(C + 1)924*.
0

Remark C.6. This theorem can be read as a proof in this case of the rule of
thumb valid in this computational model that one should use as a precision “the
final precision required, plus the size of the largest element encountered in the
computation, plus a few guard bits”.

We now turn to similar estimates for the remainders. For the sake of simplicity
again, we shall assume that p, p— 1, w are exactly representable in our computational
model — which is, in practice, a very mild restriction. As N is an integer and p > 0,
N and N — 1 are also exactly representable in our computational model.

We compute R, as exp(—(N —1—wg)logp)/(p—1)/4).

Proposition C.7. Define C' = max(1l,(N —wp)/(p —1)). Then, the quantity Ry,
can be computed with error at most 7-27PC", and the quantity —logy (R, ) +10gy(N)
with error at most 5-27°(p — 1)C".

Proof. The error on (N—1—wjg) log p is at most, cf. (C.2), 2P (log p+N—1—wp+1) <
20" (p —1)27%.

The error on p~(V=1=%0) is upper bounded by 27#(14+4C" (p—1))p~ (N —1-wo) L 5.
27PC"(p—1)p~ (N=1=w0) Then, we deduce from (C.3) that the error on p~(N=1=0) /(p—
1) is < 27P(1 + 5C p~N=1=w0)y < 6C"27%, and division by 4 incurs a precision loss
of 277, so the total error on R,,, is < 7-27°C".

Similarly, the error on (N —1—wy) log, p is at most 27 (logy p+ N —1—wp+1) <
3C"(p — 1)27 7, while the errors on log,(p — 1) and log,(IN) are each at most 27F.
Hence, the total error on — logy(Ry,,) + log, (V) is at most 5C7(p — 1)27F. O

As we inherently have to allow for overestimation of the quantity By, as has been
pointed, up to rounding upwards this overestimated quantity we shall assume that
By is exactly representable.

Corollary C.8. The error on Ry, (uBy)*(vB¢)" is at most 27°C'(C + 4up)(C +
1)4=1(24d + 8).

Proof. The error on B, is at most, cf. (C.1), the sum of the error on (a + b)/2,
which is < 27°, and the error on the product (b — a)(p + p~1)/4, which is <
27P((b—a)/d+p+p L +277) +277 < ((b—a)/4 +4p)27F, cf. (C.2). Hence,
the error on uB, is at most (C' + 4up)2~ and the error on vBy at most C'-27P ;
thus, Corollary C.4 bounds the error on (uB,)*(vB;)¢ by 27P + 2d(C + 4up)(C +
1)4-127P < 3d(C + dup)(C + 1)4-127F.

Further, note that max((uB,)*, (vB;)) < C% and R,,, < 1/(p — 1), and recall
that the error on R, is at most 7-27PC" (cf. Proposition C.7). Hence, finally, the
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error on the product is at most

(C 4 1)d-1
1

7-27PC(C? 4 3d(C + 4up)(C +1)71277) 4 3d(C + 4up) 27P 4 27F

which is in turn upper bounded by
27PC!(C + dup)(C + 1)771(24d + 8),

as claimed. |

Now we can state:

Theorem C.9. Put M = max(u,v,|al,[b], p, By, max(q ) |f'|). For p > tprec +
O(max(dlog M, |log(p — 1)|)), if the faithful rounding mode is set at each step,
the computation in a fixed precision model with p bits after the binary point
allows for the computation of tpreCcomp, Me comp, Mr.comp with the property that
tpreccomp € {tprec,tprec + 1}, M,[i,j] — Meccompli, ] € {0,sgn(M.[i,j])}, and
M, i, 5] — My.complis j] € {0,1} fori,j=0,...,N — 1.

Proof. Follows from Proposition C.7, Theorems C.5 and C.8 and the discussion in
Subsection 5.3.3. O

Note as a conclusion that as the largest real number encountered in this computa-
tion has size O(max(dlog M, |log(p — 1)|), the result stated in the theorem remains
valid in a floating-point model with precision tprec + O(max(dlog M, |log(p — 1)|)).

APPENDIX D. LEMMATA ON ¢,

In this appendix, we group the facts concerning the function ¥ of Section 6.

Lemma D.1. Let ¢ be the function from [1,4+00) to [1,+00) defined by p(x) = (1+
|z |)(x—|x]|/2). Then ¢ is continuous and strictly increasing, and defines a bijection
from [1,4+00) to [1,+00). For any x > 1, we have x(x +1)/2 < ¢(z) < (z+1/2)%/2
and \2r —1/2 < oY (x) < 22+ 1/4—1/2.

Proof. For x ¢ 7, it is clear that ¢ is C! in a neighbourhood of = and that ¢'(z) > 1.

For z in Z, we have ¢(z) = lim;_,,+ ¢(t) = (1 + z)x /2, whereas lim, ,,— p(t) =
x(z — (z —1)/2) = z(x +1)/2. This proves continuity, and the remaining assertions
follow.

Let k € Nya € R and g.(z) = (x + 1 — a)(z + a)/2. We denote by ¢, the
restriction of ¢ to [k, k+1]. For all z € [k, k + 1], (o — ga) (x) =k +1/2 —x : the
function ¢y — g, is decreasing over [k, k + 1/2] and increasing over [k + 1/2, k + 1].
Now, we remark that ¢r(k) = go(k) and ¢r(k + 1) = go(k + 1), which yields
or(x) = go(x) = x(x +1)/2 for all x € [k, k + 1], and i (k +1/2) = g1/2(k +1/2),
which yields @i (x) < g1/2(2) = (@ +1/2)?/2 for all z € [k, k + 1].

The proof of the remaining inequalities is straightforward.

O

Lemma D.2. Let3< v < N, s=~vp 1 (N/y), Ny = |[V/2N7| and N2 = [\/2N/~].
We have vy > N1/Ny > 1, s < Ny and V2N(v2N —/3/3) < N1 No < (2+ v2)N.
Assume that N — oo, then card ICs < N + O(s/7).



62 N. BRISEBARRE AND G. HANROT

Proof. We have

V2Ny = 2N/ = 2Ny(1 = 1/7) > 1,
since N > v > 3. It follows Ny = |/2N~v]| > [\/2N/7v] = N3, hence N1/Ny > 1.
Moreover, for any v > 3,
Ny = |V2N~] < yV/2N/v < vNs.
Also,

(v2Nv —1)y/2N/y < N1N2 < /2Ny(1 + /2N /),
V2N (V2N —+/3/3) < NiN, < (2+V2)N

hence

since N > v > 2.
Finally, from Lemma D.1 and the fact that (v/8z+1—1)/2 < v/2z — 3/8 for

all z > 1, we have s = vy 1 (N/v) < v(/2N/y — 3/8) < /2Ny — 1 < N; since

N >« > 3. Therefore, we can apply Lemma 6.3: we have, from (6.6),

card s = (14 |s/v])(s/v—1s/71/2)+O(s/v) < v¢(s/7)+0(s/v) < N+O(s/7).
(|

Corollary D.3. With the assumptions of Lemma D.2, put A = N/~. Then, we
have
Q’Y(N7 Ny, N2) = 1/J()\)N7 + O(N)>

where

v = O o) e o) -2l ).
Note that if v = o(N), we have A — oo and ¢~ (\) = V2X 4+ O(1), so that

Y(\) =2v2X/3+0(1) and
Q, (N, Ny, No) = %NW%W + O(N~7).

Proof. Lemma D.2 shows us that the assumptions of Lemma 6.3 are satisfied; we
thus get
> (i+47) =¢()Ny+O(N).
(i,5)€Ks
Further, note that for our value of s, the term s(N — card K;) from Lemma 6.1 is
O(s?/7), which is O(yp~1(N)?) = O(Nep~1(A)?/A) = O(N), thanks to Lemma D.1.
The result follows. O

Lemma D.4. For z € [1,+00), we have

2V 2x

<0.
3

—5/6 <1(z) -

Proof. We have
22 — |z| — 2|x]|?
wlp(o) =

For v < u < v+ 1, define

6u? — v — 202

Fu,v) = =55,

—2u/3,

so that ¢¥(¢(x)) — 22/3 = F(x, |z]).
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We maximize F'(u,v) for fixed v, hence computing

OF —2u® + 2uv + v
7(ua 'U) = .
v 3(4u? — 4uv + v?)

By evaluating 2u? — 2uv —v = 0 at v and v + 1, one checks that for fixed v, there
is a unique ug € [v,v + 1) such that F'(u,v) increases over [v, ug] and decreases over
[vo,v + 1). Hence, for u € [v,v + 1),

% = min(F(v,v)—2v/3, F(v+1,v)—2(v+1)/3) < F(u,v)—2u/3 < F(ug,v)—2uo/3.

Finally, we find
2U0

F(uo,v)—? = (v—1up)/3<0.

(note that the optimal bound for the latter is actually (1 — 1/3)/6, obtained for
v=1,uo=(1++3)/2).

Hence, we have
2671 (@)/3— 1/6 < ¥(z) < 267 ()3,
which, in view of v/2x — 1 < p~1(z) < 2z, gives
—5/6 < ¢(z) —2v/22/3 < 0.
O

Remark D.5. Simple numerical experiments suggest that actually () — 2v/2x/3 €
[—1/2,—0.44] for x > 1, so that the asymptotic expansion ¢ (z) = 2v2z/3 —1/2 +
o(1), once truncated, actually gives an excellent approximation for all z > 1.

The following two lemmas yield useful information on the function #: invertibility,
and inverse function.

Lemma D.6. The function x — (x) is continuous and increasing over [1,00).

Proof. For the first part, since ¢! is continuous and x > 0, it suffices to prove that

x + x(1h o p(x)) is continuous, namely that F : z +— (14 |z])(62? — |z]| — 2|z]?) is
continuous.

Obviously, F' is continuous on [1,00)\Zs¢. If n is an integer, we check that F'(n) =
(14n)(4n? —n) whereas lim,_,,- F(z) = n(4n?+3n—1) = n(n+1)(4n—1) = F(n).

To prove that x — () is increasing, as ¢ is increasing it suffices to study = —
(p(z)). As the latter function is continuous over each interval (¢~1(n), = (n+1)),
it suffices to prove that it increases over each of those intervals.

Over such an interval, we have 1 (p(x)) = Az?/¢(x) — B/p(x) for some nonneg-
ative constants A, B; it thus suffices to prove that 22/¢(z) is increasing, or that
o(z)/x? is decreasing. As this function is continuous and has the form A’(z+ B’) /2
for some nonnegative A’, B’ over each interval (n,n + 1) for integer n, we see that
it is indeed decreasing. O

Proposition D.7. We have, for any u € [1,+00),
_ kE+1
6 = S (20— b+ VA — R) + 26k + 1)/3),

where k = |31/2 + 1/4]. For p — oo, we have %=1 (u) = 9u?/8 + O(u).
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Proof. We start by noticing that for all integer ¢, ¢ (¢(¢ +1)/2) = (4¢ — 1)/6, which
follows easily from @~ 1(£(¢ +1)/2) = L.

Let now k = [3p/2 4+ 1/4]; then, ¢(k(k+1)/2) < p < 9 ((k+1)(k +2)/2), so
that

Rk +1)/2 <97 (i) < (k+1)(k +2)/2,

and [~ 1(»"1(u))| = k. The asymptotic expansion follows from these inequalities.

As a consequence, ¥~ (1) = (e~ (61 (1))) = (k + (e (6 (1)) — £/2), s0
that o~ (4" (1) = L8 + k2.

Hence,
b= () = g (607 (6 (1) — k— 28?)
121 ()
so that
12 -1 v (w) ’ 2

e - 2) —k— 22

e =0 (5 k) k-2
Finally, ¥~ (u)/(k + 1) is the positive root of the equation

2
X2+(k—2u)X—%:O,

which gives the explicit form

k1
(0 (ﬂ)—?

(2u — kA — k) + 2k (2k + 1)/3) .

APPENDIX E. PROOFS OF THEOREMS 6.4 AND 6.12

Proof of Theorem 6.4. For 0 <i,7 < N—1,0<k; < Ny —1,0< ky < Ny — 1,
we have from Proposition 4.2,

Cky ko ,i
‘(Al)i’(klflﬁ)‘ < ‘250k11+250k2

4Mpl7a17b17927a27b2 (fz) p% +1 p% +1 < 4plp2Mp1,a1,b1,p2,a2752 (fl) 1
< .
Py P2—1pt—1 (pr=Dlp2=1)  pfrphe

X

Moreover, from the definition of A and the assumption p{v R pév 2 we know that,
for 0 <i,j < N —1,

| Ao ] < 16p1p2Mplya1,b17927a2,b2(fi) < 2 )
ENIS :
(pr—1)(p2—1) ot
We now apply Theorem 5.1. We put rr; = 32‘)1’)2](%;)”11‘7”11)’(2;?’1‘32'!’2 Ui for 4 =
0,..., N — 1. Then, notice that the product of the N largest elements among the
cc;’s
1 1 1 1 1
PICICIREY ]C k’...7 N— N_’T7...7T.
Pyt e e Ty
—_——
Ntimes
is upper boun_ded by pfgz”(Nl’Nz’N) thanks to the assumption p; = pa, or equivalently,

Pyt =T
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We can now apply Theorem 5.1 to obtain the bound

N NyNg+N N HN M, (f)
t\1/2 NiNot+N P1P2 i=1 M p1,a1,b1,p2,a2,b2\Ji
(det AAN)Y/? < (32\/N) 9™ < o 1)> patEs :

from which the Theorem follows, in view of the preliminary assumption that

NiN; > N. g
Proof of Theorem 6.12. For j = 0,...,N + NyNo — 1, we have |(AA)[j] —
n . . n . . -2

(AA)[j]I1 <€ 20<k+€<d|)\k,g|2*tpmc < ZK,H_Kd|)\k’g|m1niA2[z,z]QT, cf. proof

of Lemma 6.10. As 3 ;| Akel ming Asfi,i] < [[AAzll1, we get |(AA)[j] —

(AA)[]| < £ IAAs][1. Then, it comes [[AA[; < [|AA[; + (N + NyNy) 12220

|AAllL + (N + NlNz)% thanks to Cauchy-Schwarz inequality. Finally, we

obtain ||AAl; < ||A121H1 + 4]\%/2 from the assumption ||A/i||2 < 1/(N 4 N1 N).
Let now P be as in the statement of the Theorem, and

Q(z,t) = Z Gir.go Tr far 61 () T faz b2 (F)
0gjisNi—1
0<j2<N2—1

be the interpolation polynomial for P(uz,v(f(x)+t)) at the order (N7, Ny) pairs of
Chebyshev nodes of the first kind. Then, the coordinates of AA; are exactly gj, j,,
0<j1 <N —-1,0<j2< N2 1

Proposition 4.2 shows that

M ay,b az,b (P),01P2 1 1
max  |Q(x,t)—P(uz,v(f(z)+t))| < 16—LL2121P2,02:02 + —
iy [Q(e )= Plur, o f (@) +0) s D (ot
te[a27b2]
<16 Z |/\k glukMPual,bl (x)kveMm,alybhpmamb'z (f(l') + t)zp1p2 < 1 + 1)
o<hri<d (p1 —=1)(p2—1) it ph2
hence
e | P(uz, o f(x) + 1)) < max Q(,0)]+
z€lay,b1] z€lay,b1]
te[a27b2] tE[a27b2]
16 Z |)\k€|ukMP1,al,b1 (x)kszpl,a1751,P2,a27bQ (f(’l}) +t)eplp2 ( 1 1>
o<hri<d (p1—=1)(p2— 1) ot phe

< Z |gj, .5, + (recall that max | Tk [0,

crax,
0<j1 <N —1 velaibi
0<jo<Na—1

16 Z RY2 1Z|Uk‘]\4pl’al’b1 ()"0 Mpy a1 ,1.2,02,00 (f (&) + ) p1pa ( : + 1>
’ _ _ N N.
o<k e<d (p1 =1D(p2—1) PN

= 1Al < [[AA[L +1/(4N1?)
< 1/(4NY?) 4 \/N + Ny Na|[AA|2 thanks to Cauchy-Schwarz inequality

j(2)] =1 for all k)

k3

(E.1) <1/(4N'Y?)4+1/y/N + NN, < 1 since N > 3, N1, N, > 2.
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Remark E.1. The proof should be slightly adapted if the two-variable analogous of
Subsection 5.3.3 is used. Recall that Acomp = 27P%m (M. comp My comp), We obtain
fOI‘jZO,...,N—l-NlNg—l,

(A — Adeomp) ]| < Y A2 7P < 3 7 [Age|min Az[i’ﬂ%
0<k+0<d 0<k+<d
from which follows [[AA|l; < [AA[; + (N + Ny No) 1222l < IAA|)y + <L s. The
upper bound in Inequality (E.1) becomes 1/(2N'/?) + 1/y/N + N1 N3 < 1 since
N > 37N17N2 = 2.
Note also that the success condition (6.9) becomes

max <||(MLLL[ivj])0<j<N+N1N2—1”1

M iy J j -
+ (N+N1N2)||( LLL[Z7]])N1;VJ2\[§J<N+N1N2 1||1> < gterec.
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