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Use of econometrics models to forecast

UNIVERSITE DE short term solar irradiance
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OBJECTIVES

» Assess the applicability of econometrics models to forecast the global solar irradiance
* Provide point forecast with an information related to the volatility forecast
* |Improving the accuracy of the forecast for grid integration and storage operations.
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CONCLUSIONS

ADEME

 The GARCH models fail to reproduce the behavior of the solar volatility
 Volatility could be an interesting factor for grid operations and for storage system management
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