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1- INTRODUCTION AND OBJECTIVES

The Mediterranean Sea is characterized by a short residence time (Somot et al., 2006), an elevated salinity and is one of the largest oceanic nutrient-depleted area (Ignatiades,
2005) exhibiting an eastward-increasing oligotrophy gradient (Pujo-Pay et al., 2011).

(4) IEO Centro Oceanografico de A Corufia, Corufia, Spain.

2—- MEDITERRANEAN SEA DATABASE

We compiled a homogeneous quality-controlled dataset of in situ measurements from 1981 to 2017, including samples of core variables such as dissolved oxygen
(O,), temperature (T), salinity (S) as well as macronutrients (nitrates: NO;, phosphates: PO,*, silicates: Si(OH),) and carbonate system variables (total alkalinity: A,
total carbon: C;, and pH on the total scale: pH;) .

In the context of a critically undersampled ocean, the development and intensive use of instrumented in situ autonomous platforms allows to densify the measurements of
some biogeochemical variables (remaining however far from exhaustive).

. . . . . . Figure 1: Map of the 34 cruises and the time-series
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