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Introduction

Owing to the deregulation of banking activities as well as the imperative of value creation for shareholders, western banking systems have undergone profound restructurings characterized by the emergence of universal banks. This adoption of the new universal banking principle years before the 2007/2008 crisis raises the question of their role in the propagation of systemic crises.

The purpose of this paper is to shed light on the debate concerning the implications of universal banks on systemic risk. In that regard, as universal banks are jointly characterized by size and activity diversification, we explore the joint influence of non-traditional banking activities and bank size on banks' exposures to systemic risk. Precisely, we analyse how the effect of non-traditional banking activities on European banks' exposures to systemic risk differ according to bank size.

This study is particularly important because the diversification and bank size were at the core of the 2007/2008 crisis.

Additionally, notwithstanding this latter fact, over the past two years, the European banking authorities have shown a keen interest in bank mergers and therefore the emergence of larger and probably more diversified banks in the European banking industry1 . Yet, if larger banks have more sophisticated risk management techniques [START_REF] Hughes | Bank Capitalization and Cost: Evidence of Scale Economies in Risk Management and Signaling[END_REF] and therefore can benefit more from the advantages of diversification than small banks [START_REF] Cerasi | The optimal size of a bank: Costs and benefits of diversification[END_REF]), being aware of their too big to fail position, they are also inclined to invest in risky activities [START_REF] Mishkin | Financial consolidation: Dangers and opportunities[END_REF]).

Furthermore, analysis of the joint effects of non-traditional banking activities and bank size on bank systemic risk has not drawn the attention of researchers. Indeed, the existing banking literature has focused either on the effects of non-traditional banking activities on systemic risk (see for example the contributions of [START_REF] Wagner | Diversification at financial institutions and systemic crises[END_REF], De Jonghe (2010), [START_REF] Brunnermeier | Banks' Non-Interest Income and Systemic Risk[END_REF], [START_REF] Fahlenbrach | This Time Is the Same: Using Bank Performance in 1998 to Explain Bank Performance during the Recent Financial Crisis[END_REF] Our paper is closely related to the recent literature which empirically gauges the relationship between non-traditional banking activities and systemic risk. We make several contributions to this literature.

Firstly, contrary to previous studies, our measure of banks' systemic risk is the SRISK proposed by [START_REF] Acharya | Capital Shortfall: A New Approach to Ranking and Regulating Systemic Risks[END_REF] and [START_REF] Brownlees | SRISK: A Conditional Capital Shortfall Measure of Systemic Risk[END_REF]. 2 Four factors lead us to prefer SRISK. First, it is widely used in studies on bank systemic risk. Second, unlike other measures (MES or Dcovar for example), it presents the advantage of relying on balance sheet and market data. Consequently, it reflects the market conditions as well as the managerial strategies of banks.

Third, [START_REF] Brownlees | SRISK: A Conditional Capital Shortfall Measure of Systemic Risk[END_REF] as well as Brownlees et al. (2017) indicate that SRISK does not merely identify and rank systemically important financial institutions (SIFIs), but also predicts which institutions may be bailed out in a financial crisis. Finally, as underlined by [START_REF] Acharya | Introducing the "Leverage Ratio" inAssessing the Capital Adequacy of European Banks[END_REF], the way it is defined is conceptually similar to the methodology followed in the European banking stress tests.

Secondly, we take into account the dynamic process of bank systemic risk and control the endogeneity of our explanatory variables by using the generalized-method-of-moments (GMM).

This dynamic framework aims to take into consideration the time persistence of bank systemic risk, and to avoid bias due to omissions of explanatory variables in our econometric specification.

To our knowledge, none of the previous studies have applied the GMM.

Thirdly, our paper is the first to address the unobservable common factors between banks. Taking into account the unobservable common factors between banks is particularly important because the rise in national competition encourages banks to develop activities beyond national borders. This geographical diversification is likely to create common factors between banks. Additionally, any estimate with significant unobservable common factors between individuals in panel data is likely to provide inconsistent results [START_REF] Chudik | Common correlated estimation of heterogeneous dynamic panel data models with weakly exogenous regressors[END_REF]).

Finally, this study is the first to analyse the effects of non-traditional banking activities according to bank size within the framework of the European banking system.

The rest of the article is organized as follows: section 2 presents the empirical methodology, section 3 shows the results, section 4 outlines the robustness checks, and section 5 concludes.

Variables, data and econometric methodology

Variables

Our dependent variable is a bank's systemic risk exposure. It is measured by SRISK, 3 proposed by [START_REF] Acharya | Capital Shortfall: A New Approach to Ranking and Regulating Systemic Risks[END_REF] and [START_REF] Brownlees | SRISK: A Conditional Capital Shortfall Measure of Systemic Risk[END_REF]. SRISK is defined as the expected capital shortfall of a given bank, conditional on a crisis affecting the financial system 2 De Jonghe (2010) uses for example the beta tail to assess a bank's systemic risk; [START_REF] Brunnermeier | Banks' Non-Interest Income and Systemic Risk[END_REF] use the Dcovar and De Jonghe et al. (2015), the MES. 3 For a detailed presentation of SRISK, see [START_REF] Acharya | Capital Shortfall: A New Approach to Ranking and Regulating Systemic Risks[END_REF] or [START_REF] Brownlees | SRISK: A Conditional Capital Shortfall Measure of Systemic Risk[END_REF]. [START_REF] Benoit | Where the Risks Lie: A Survey on Systemic Risk[END_REF]). Formally, [START_REF] Acharya | Capital Shortfall: A New Approach to Ranking and Regulating Systemic Risks[END_REF] and [START_REF] Brownlees | SRISK: A Conditional Capital Shortfall Measure of Systemic Risk[END_REF] define SRISK at a given moment as follows: ( ) ( )
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where k is the prudential ratio,4 it W is the market value of equity, it D is the book value of debt, and it LRMES is the long-run marginal expected shortfall. Its aim is to capture the interconnection between a bank and the rest of the system.

They propose to approximate the expected long-term marginal deficit using the daily MES 5 as follows:

( )
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. 6 Thus, a higher SRISK means a larger systemic risk exposure. As [START_REF] Acharya | Capital Shortfall: A New Approach to Ranking and Regulating Systemic Risks[END_REF] are interested in estimating capital shortages that, by definition, cannot take on negative values, they restrict SRISK to zero. In this paper, like [START_REF] Laeven | Bank size, capital, and systemic risk: Some international evidence[END_REF] or [START_REF] Leroy | Is there a competition-stability trade-off in European banking?[END_REF], we do not restrict SRISK to zero, allowing it to assume negative values because they provide information on the relative bank systemic risk.

Our explanatory variables of interest are non-traditional banking activities and bank size.

To evaluate a bank's non-traditional banking activities, as De Jonghe et al. (2015), we consider the share of non-interest income 7 in total operating income. Bank size is computed as the natural logarithm of the bank's total assets.

Concerning control variables, we retain banks' specific and macroeconomic variables.

Among banks' specific variables, we consider loan provisions to loans, deposits to liquid assets, and return on equity. In terms of macroeconomic variables, we take annual gross domestic product (GDP) growth, inflation and market structure (concentration) for 8 UE countries.

Data

To carry out this study, we needed information on the balance sheets and income statements of banks. We obtained such information from the Bankscope and Fitch databases.

SRISK information comes from NYU-Stern Volatility Institute (V-Lab). 9 Macroeconomic variables are been extracted from the World Bank's World Development Indicators (WDI).

Concretely, we have selected only those banks for which financial statement information was available in Bankscope and Fitch, and SRISK 10 on the Volatility Institute website. Moreover, as 5 SRISK is also evaluated from market data, unlisted banks are been excluded from this study. In addition, to ensure that the banks included in our sample have traditional banking activities, we have retained only banks which are subject to deposit insurance.11 Finally, this study uses unbalanced panel data on 82 European listed banks over the period 2002-2016. The total assets of the 82 banks at the end of 2016 were 22.5 trillion Euros, which represents approximately three fifths of all European banking assets. Table 1 presents descriptive statistics of the variables. Table A1 (in appendix) gives more information about the banks included in our sample. [START_REF] Brownlees | SRISK: A Conditional Capital Shortfall Measure of Systemic Risk[END_REF]. It is expressed in thousands of euros. Size is the natural logarithm of bank total assets expressed in thousands of euros. HHI is the measure of concentration evaluated from the Hirschmann-Herfindhal index. Nii is non-interest income to total operating income. Credit risk is the ratio of loan provisions to total loans. Liquidity is deposits to liquid assets. ROE is the ratio of net income to equity.

Econometric methodology

To gauge the relationship between bank size, non-interest income and systemic risk, we consider a dynamic framework. Thus, our econometric model is written as follows: Size is bank size indicator; * Nii Size is the interaction variable between non-traditional banking activities and bank size; X is a matrix of control variables; α and u are respectively the constant and the error term.

Due to the presence of the lag endogenous variable among our explanatory variables, our estimations are made by the two-step generalized-method-of-moments12 in system with the robust estimator of variance. To ensure the robustness of our results, we limit the proliferation of instruments and apply the [START_REF] Windmeijer | A finite sample correction for the variance of linear efficient two-step GMM estimators[END_REF] correction, as suggested by [START_REF] Roodman | How to do xtabond2: An introduction to difference and system GMM in Stata[END_REF] for small samples.

Results

This section presents the cross-sectional dependence test and results of our estimates.

Cross-Sectional Dependence Test

GMM estimations assume that disturbances are independent across panels. Nevertheless, [START_REF] Chudik | Common correlated estimation of heterogeneous dynamic panel data models with weakly exogenous regressors[END_REF] show that any estimate with significant dependence of errors between individuals is likely to provide inconsistent results. We therefore proceed to the cross-sectional dependence test developed by [START_REF] Pesaran | Testing Weak Cross-Sectional Dependence in Large Panels[END_REF] between banks in our panel, whose results are presented in Table 2. Our results show that we cannot accept the null hypothesis of independence of errors between the banks in our panel. So, as suggested by [START_REF] Chudik | Common correlated estimation of heterogeneous dynamic panel data models with weakly exogenous regressors[END_REF], to our explanatory variables we add the time lags of their cross-sectional average. 

Non-traditional banking activities, bank size and systemic risk

To deal with the joint effect of bank size and non-traditional banking activities on systemic risk, we proceed in two steps. First, considering the rationale that includes the interaction term between two variables derived from the Taylor approximation, we add the square of the bank size and the non-traditional banking activities indicators to our control variables. Second, we re-estimate the equation without the square of the non-traditional banking activities indicator because of its non-significance in the first step.

Table 3 presents our regression results. We find that the coefficient associated with noninterest incomes and the coefficient of the interaction term between non-interest incomes and bank size are significant at the 1% level. Thus, these results indicate that the effect of non-interest incomes on systemic risk exposures varies according to bank size. The positive sign associated with non-interest incomes indicates that non-interest incomes increase European bank exposure to systemic risk. The explanation for this finding is at least twofold. Banks with multiple activities are more complex, and therefore difficult to manage (too-complex-to-manage hypothesis). Additionally, according to the too-complex-to-fail hypothesis, they are more opaque and less transparent, and are therefore more inclined to engage in riskier activities, which increase their exposure to systemic risk. The negative sign associated with the interaction between non-interest incomes and bank size indicates that the effect of non-interest incomes decreases with bank size and could even be negative.

To deepen the interpretation of our results, we calculate the marginal effects of noninterest incomes on SRISK according to banks' size. These marginal effects are calculated with the results reported in column (2). Figure 1 presents the evolution of the marginal effects, and show that non-interest incomes only reduce small banks' systemic risk exposure. 

Marginal effects of non-interest incomes

Note: This figure represents the marginal effect of non-interest income (Nii) on bank systemic risk by size as well as the 95 percent confidence bounds. It is based on results presented in column 2 of Table 4. As a reminder, the estimated coefficient for diversification is 233.5, and its interaction with size is -12.87. 
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A higher value indicates high incomes diversification, and therefore more non-traditional activities.

Secondly, like [START_REF] Laeven | Is there a diversification discount in financial conglomerates?[END_REF], we define diversification as follows:

Interest income -Non interest income (LL) 1

Total income

Div = -
Here too, a higher value indicates high incomes diversification, and therefore more nontraditional activities. In sum, alternative revenues only reduce large banks' exposure to systemic risk. The explanations for these results are multiple. First of all, large banks are subjected to greater market discipline [START_REF] Freixas | Regulating financial conglomerates[END_REF]), which can prevent them from adopting risky strategies. Furthermore, large banks have more sophisticated risk management techniques [START_REF] Hughes | Bank Capitalization and Cost: Evidence of Scale Economies in Risk Management and Signaling[END_REF]), and more qualified and experienced employees. Consequently, they can benefit more from diversification [START_REF] Cerasi | The optimal size of a bank: Costs and benefits of diversification[END_REF]) than small banks.

To refine this study, like [START_REF] Lepetit | Bank income structure and risk: an empirical examination of European banks[END_REF], we proceed to an analysis by types of activities.

Analysis by type of activities

In this section, non-traditional banking activities are represented by diversification in terms of activities. We use the share of trading income in total operating income as proxy of trading activities, and the share of income from commissions and fees in total operating income as proxy of commissions and fees activities. Table 5 presents our regression results and figures 2 and 3 the evolution of marginal effects. Like the effects of non-interest income on banks' systemic exposure, we find that trading incomes only increases small banks' exposure to systemic risk.

Concerning the relationship between income from commissions and fees, bank size and bank systemic risk, unlike trading income, our estimates show that it is negative. However, this relationship becomes positive beyond a certain bank size. Figure 3 shows that an increase in income from commissions and fees only increases large banks' exposure to systemic risk. This result can be explained by the fact that incomes from commissions and fees are less financial market-sensitive, which can consolidate banks' revenues in times of crisis, and therefore reduce their SRISK. However, for large banks', a large part of their income from commissions and fees comes from corporate finance activities that are market-sensitive, which could therefore increase their exposure to systemic risk. It is based on results presented in column 2 of Table 6. As a reminder, the estimated coefficient for diversification is 145.11, and its interaction with size is -8.24.

Note: This figure represents the marginal effect of income from commissions and fees on bank systemic risk by size as well as the 95 percent confidence bounds. It is based on the results presented in column 4 of Table 6. As a reminder, the estimated coefficient for diversification is -468.19, and its interaction with size is 26.43.

Conclusion

This paper analysed how the effect of the non-traditional banking activities on systemic risk exposure differ according to European bank size. We have used the generalized-method-ofmoments while taking into account the unobservable common factors between banks. We found that non-traditional banking activities only increase small banks' exposure to systemic risk. To refine our paper, we have conducted an analysis by type of activities. We found that trading activities only increase small banks' exposure to systemic risk; commissions and fees activities only increase large banks' exposure to systemic risk. Therefore, these results call for the establishment of a European banking regulation similar to the Glass-Steagall Act for small banks.
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 1 Figure 1: Marginal effects of non-interest incomes on bank systemic risk according to bank size.

  Non-Interest IncomesTo ensure the reliability of these findings, we make other estimates from other measures of non-traditional banking activities. Firstly, like De Jonghe (2015) or[START_REF] Elsas | The anatomy of bank diversification[END_REF] we consider the Hirschmann-Herfindhal approach, as below:
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 2 Figure 2: Marginal effects of trading incomes according to bank size.

Figure 3 :

 3 Figure 3: Marginal effects of commissions and fees incomes according to bank size.
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Table 1 :

 1 Descriptive statistics This table presents descriptive statistics of the variables used in this article. Srisk is the measure of systemic risk proposed by Acharya et al. (2012) and

	Variable	Mean	Std. dev	Min	Max
	SRISK	10.15	24.02	-10.85	120.64
	Size	17.73	1.99	13.34	21.44
	Nii	0.44	0.21	-0.06	1.19
	Credit risk	0.007	0.01	-0.002	0.06
	Liquidity	5.99	5.63	0.02	29.43
	Roe	0.06	0.14	-0.86	0.34
	HHI	0.13	0.06	0.06	0.27
	Inflation	1.67	1.18	-4.47	4.87
	Gdp growth	0.93	2.48	-9.13	5.79
	Note:				

Table 2 :

 2 Cross-Sectional Dependence Test

		SRISK	Size	Nii	HHI	Credit_risk Liquidity	Roe	Inflation	Gdp_growth
	Statistic test	93.3*** 143.8*** 20.02*** 217.32***	47.8***	13.16*** 51.5*** 204.5*** 167.23***

Note:

The null hypothesis of the test is a strong inter-individual independence of errors. *** indicate statistical significance at 1% levels

Table 3 :

 3 Results of GMM estimation. SRISK is dependent variable. Non-interest income (Nii), Bank size (Size), and their interaction are independent variables of interest. This table reports only the results of variables of interest and control variables. *, ** and *** indicate respectively statistical significance at 10%, 5% and 1%. The Student t values are in brackets. The null hypothesis of the Hansen test is that the instruments used are not correlated with the residuals. The null hypothesis of the second serial correlation test is that the errors in the first-difference regression exhibit no second-order serial correlation. The null hypothesis of the Pesaran test is a strong inter-individual independence of errors.

	Dependent variable	SRISK	SRISK
	Regressors	(1)	(2)
	Srisk(-1)	0.47***	0.48***
		(4.8)	(5.03)
	Nii	240.32***	233.5***
		(2.85)	(2.8)
	Size	-107.68**	-108.24**
		(-2.16)	(-2.33)
	Nii*Size	-12.82***	-12.87***
		(-2.81)	(-2.98)
	Nii*Nii	-8.84	-
		(-0.25)	-
	Size*Size	3.23**	3.25***
		(2.41)	(2.57)
	Credit risk	424.24*	420.38*
		(1.76)	(1.79)
	Liquidity	-0.13	-0.06
		(-0.26)	(-0.13)
	Roe	-12.2	-10.83
		(-0.65)	(-0.67)
	HHI	-32.15	-42.99
		(-0.27)	(-0.45)
	Inflation	-2.22	-2.18
		(-0.9)	(-0.89)
	Gdp growth	0.75	0.7
		(0.77)	(0.75)
	second-order serial correlation test (P-value)	0.21	0.22
	Hansen test (P-value)	0.17	0.21
	Pesaran test (P-value)	0.34	0.47
	of lags on cross-sectional average	1	1
	Threshold switches sign	-	18.14
	Observations	887	887
	Note:		

Table 4

 4 presents our regression results. Once again, we show that an increase in noninterest income only increases small banks' systemic risk exposures.

Table 4 :

 4 Results of GMM estimation. SRISK is dependent variable. Non-traditional banking activities (Div (HHI) or Div (LL)), Bank size (Size), and their interaction are independent variables of interest. This table reports only the results of variables of interest and control variables. Divers indicates Div (HHI) or Div (LL). *, ** and *** indicate, respectively statistical significance at 10%, 5% and 1%. The Student t values are in brackets. The null hypothesis of the Hansen test is that the instruments used are not correlated with the residuals. The null hypothesis of the second serial correlation test is that the errors in the first-difference regression exhibit no second-order serial correlation. The null hypothesis of the Pesaran test is a strong inter-individual independence of errors.

	Dependent variable	SRISK	SRISK	SRISK	SRISK
		Panel A		Panel B	
	Regressors	Div (HHI)		Div (LL)	
		(1)	(2)	(1)	(2)
	Srisk(-1)	0.37***	0.39***	0.37***	0.37***
		(2.59)	(2.63)	(2.59)	(2.84)
	Divers	544.46**	616.64**	300.79***	220.87*
		(2.02)	(2.22)	(2.58)	(1.91)
	Size	-143.18***	-141.17**	-166.5***	-117.28
		(-4.01)	(-3.82)	(-4.33)	(-1.46)
	Divers*Size	-30.01**	-33.8**	-17.03***	-12.41**
		(-2.04)	(-2.22)	(-2.58)	(-2)
	Divers*Divers	6.17	-	7.06	-
		(0.46)	-	(0.37)	-
	Size*Size	4.46***	4.44***	5.09***	3.71*
		(4.12)	(4.01)	(4.43)	(1.78)
	Credit risk	161.16*	184.82**	229.27*	498.7
		(1.73)	(1.99)	(1.8)	(0.96)
	Liquidity	-0.21	-0.2	-0.33	0.15
		(-0.88)	(-0.92)	(-1.17)	(0.13)
	Roe	-0.47	-1.03	1.66	11.45
		(-0.1)	(-0.2)	(0.44)	(0.64)
	HHI	-26.07	-21.45	-20.66	-41.19
		(-0.91)	(-0.91)	(-0.72)	(-0.22)
	Inflation	0.13	0.21	-2.23	-3.3
		(0.1)	(0.16)	(-0.74)	(-0.83)
	Gdp growth	-0.02	0.02	0.77	1.18
		(-0.05)	(0.06)	(0.74)	(1.23)
	second-order serial correlation (P-value)	0.27	0.3	0.35	0.25
	Hansen test (P-value)	0.11	0.092	0.071	0.1
	Pesaran test (P-value)	0.17	0.29	0.44	0.7
	Number of lags on cross-sectional average	3	3	3	3
	Threshold switches sign	-	18.24	-	17.79
	Observations	795	795	795	795
	Note:				

Table 5 :

 5 Results of GMM estimation. SRISK is dependent variable. Incomes from Trading or Commissions and fees, Bank size, and their interaction are independent variables of interest. This table reports only the results of variables of interest and control variables. Divers indicates Trading incomes or commissions and fees incomes. *, ** and *** indicate, respectively statistical significance at 10%, 5% and 1%. The Student t values are in brackets. The null hypothesis of the Hansen test is that the instruments used are not correlated with the residuals. The null hypothesis of the second serial correlation test is that the errors in the first-difference regression exhibit no second-order serial correlation. The null hypothesis of the Pesaran test is a strong interindividual independence of errors.

	Dependent variable	SRISK	SRISK	SRISK	SRISK
		Panel A		Panel B	
	Regressors	Trading		Com and fees
		(1)	(2)	(1)	(2)
	Srisk(-1)	0.48***	0.5***	0.46***	0.47***
		(3.87)	(7.75)	(4.22)	(4.3)
	Divers	155.88**	145.11***	-412.09**	-468.19**
		(2.44)	(3.12)	(-2.08)	(-2.08)
	Size	-2.15***	-178.58***	-150.39***	-146.86**
		(-3.58)	(-3.75)	(-4.37)	(4.28)
	Divers*Size	-10.2***	-8.24***	24.12**	26.43**
		(-2.62)	(-3.23)	(2.23)	(2.24)
	Divers*Divers	63.24**	-	-21.72	-
		(2.25)	-	(-0.4)	-
	Size*Size	5.94***	5.03***	4.07***	3.95***
		(3.7)	(3.95)	(4.35)	(4.35)
	Credit risk	232.77	459.89**	19.79	18.53
		(1.54)	(2.3)	(0.29)	(0.33)
	Liquidity	0.35	0.39	0.1	0.12
		(0.63)	(0.89)	(0.71)	(1)
	Roe	10.16	15.80**	5.5	6.21
		(0.72)	(1.98)	(1.4)	(1.55)
	HHI	-296.36**	35.93	-4.09	-3.41
		(-2.07)	(0.67)	(-0.2)	(-0.2)
	Inflation	-5.28*	-5.54**	-2.61	-2.73*
		(-1.83)	(-2.15)	(-1.42)	(-1.64)
	Gdp growth	-0.57	-0.54	0.31	0.31
		(-0.46)	(-0.72)	(0.45)	(0.48)
	second-order serial correlation (P-value)	0.094	0.22	0.21	0.28
	Hansen test (P-value)	0.16	0.093	0.14	0.21
	Pesaran test (P-value)	0.68	0.59	0.15	0.26
	Number of lags on cross-sectional average	3	2	1	1
	Threshold switches sign	-	17.61	18.8	17.71
	Observations	786	831	874	874
	Note:				

On this subject, see the speech of the President of the Supervisory Board of European Banks at Madrid the

June 2017 https://www.bankingsupervision.europa.eu/press/speeches/date/2017/html/ssm.sp170927 .

As suggested by[START_REF] Engle | Systemic Risk in Europe[END_REF] and[START_REF] Brownlees | SRISK: A Conditional Capital Shortfall Measure of Systemic Risk[END_REF], we set the prudential capital ratio at

5.5%.5 For a threshold C equal to 2%. For a detailed presentation of MES, seeAcharya et al. (2010). 6 This approximation represents the firm's expected loss over a six-month horizon, obtained conditionally on the market falling by more than 40% within the next six months.7 This comprises trading income, commissions and fees as well as all other non-interest income.8 The concentration of the banking market of the countries is evaluated with the Hirschmann-Herfindhal index approach. Therefore, it is evaluated as the sum of the square of the market shares of each bank in a given country. 9 http://vlab.stern.nyu.edu/ . 10 Like[START_REF] Leroy | Is there a competition-stability trade-off in European banking?[END_REF], we consider SRISK at the end of each period.

However, to calculate our concentration indicator, we considered all European banks (listed and unlisted) for which Bankscope gives consolidated data.

For a detailed presentation of GMM, see[START_REF] Blundell | Initial conditions and moment restrictions in dynamic panel data models[END_REF] or[START_REF] Roodman | How to do xtabond2: An introduction to difference and system GMM in Stata[END_REF].
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