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BACKGROUND

 Few studies have modeled tumor growth kinetics with a population approach and
across tumor types.

e The Gompertz model is a widely accepted model of tumor growth. Several studies
have reported a strong correlation between the two parameters of the model.

* Prediction of the time from cancer Iinitiation would have important clinical implications,
such as the determination of invisible metastasis at diagnosis.

OBJECTIVES

* Test the descriptive power of different tumor growth models within a population.

e Study the correlation between the parameters of the Gompertz model within a
population and define a novel, simplified model: the reduced Gompertz model.

* Use the estimated population parameters to perform individual predictions of tumor
initiation using Bayesian inference.

MATERIAL AND METHODS
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RESULTS
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Prediction of individual tumor age
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