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Abstract

This paper addresses the problem of modeling a system's reliability and availability
with respect to the various classes of faults (physical and design, internal and
external) which may affect the service delivered to its users. Hardware-and-
software models are currently exceptions in spite of the users requirements; these
requirements are expressed in terms of failures independently of their sources, i.e.
the various classes of faults. The causes of this situation are analyzed; it is shown
that there is no theoretical impediment to deriving such models, and that the classical
reliability theory can be generalized in order to cover both hardware and software
viewpoints that is X-Ware. After a first section, the introduction, which summarizes
the current state-of-the-art with regard to the dependability requirements from the
users' viewpoint, the body of the paper is composed of two sections. The second
section is devoted to system behavior up to failure; it focuses on failure rate and
reliability, considering in turn atomic (or single component) systems, and systems
made out of components. The third section deals with the sequence of failures when
considering restoration actions consecutive to maintenance; failure intensity,
reliability and availability are derived for various forms of maintenance.

Index terms
Hardware reliability and availability modeling
Software reliability and availability modeling
Reliability growth
Renewal processes
Non stationary stochastic processes
System structure models

This work has been partially supported by the CEC under ESPRIT BRA Project 3092, "Predictably Dependable
Computing Systems" (PDCS).



1 Introduction

When dealing with the assessment of dependability (a concept encompassing reliability, avail-
ability, safety, etc. [43, 7, 46]) the users of computing systems are interested in obtaining figures
resulting from modeling and evaluation of systems, composed of hardware and software, with
respect to both physical and design faults. Supports to this statement may be found when
considering:

» the requirements for systems in terms of dependability; an example is provided by the
requirements for electronic switching systems (figure 1), in which it is explicitly stated that
they apply to both hardware and software, especially in terms of reliability and availability;

« the sources of failure of computing systems; an example is provided in figure 2, which gives
the results of a survey regarding the sources of unavailability for electronic switching systems
and for transaction processing systems; clearly, an evaluation which would be performed with
respect to hardware failures only would not be representative of the actual behavior of the
considered systems.

The hardware and software for switching systems
must be designed to meet the requirements shown
in the table below
. + Continuous UNAVAILABILITY ELECTRONIC | TRANSACTION
Operation (20 years) SOURCES SWITCHING | PROCESSING
Time Shared « Thousands
Channels Hardware failures- 40%
Recovery Time » Critical Environment 2% 5%
* High 1 call per ;
Value of Reliability 100,000 call cut off Software failures 15% 30%
Downtime - <3minutes /yr Recovery deficiencies 3B %
Incorrect procedures 0%
Synchronization * Network Sync 30%
Others, such as updating 5%
System Growth All must be done " "
Data Base Changes | with the system Figure 2 - Sources of failures [74]
Program Changes on-line and
Maintenance operational

Figure 1 - Requirements for ESSs [17]

In addition, it is worth mentioning that agencies are becoming aware of the necessity of
performing evaluations encompassing both hardware and software. An example is given by figure 3,
which is extracted from an invitation to tender from ESA, the European Space Agency [24].

“Studies have been conducted for ESA into software reliability requirements for ESA Space programmes. These
studies, conducted in 1986, concluded:

a) Software failure is a process that appears to the observer to be "random”, therefore the term "reliability" is
meaningful when applied to a system which includes software and the process can be modeled as stochastic.

b) The definition of "Reliability” is identical for a system which includes software as it is for a purely hardware system.
lt is the classical definition: "the probability of successful operation for a given period under given conditions".

c) The specification of numerical levels of reliability for a complete system is meaningless unless the reliability of the
software which it contains is similarly quantified and the level of reliability achieved by that software is verified.”

Figure 3 - Statement from ESA

Faced with these user requirements, hardware-and-software evaluations are far from being current
practice, with a few exceptions (see e.g. [67, 18, 6, 66, 71]). An explanation to this state of affairs
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lies in the fact that hardware evaluation and software evaluation have followed courses which can
hardly be more separated.

Hardware evaluation has concentrated on operational life, focusing on the influence on
dependability of the system structure. A number of significant results have been derived:
* the role and influence of the coverage of the fault-tolerance strategies and mechanisms [13, 4],
* construction [10] and processing [29, 12] of large, stiff, Markov models,
* definition and evaluation of performance-related measures of dependability, which are usually
gathered in the concept of performability [56, 70].

These results have been integrated in software packages, such as ARIES, HARP, SAVE, SURF,
etc.

However, as far as elementary data are concerned, reliance has generally been placed on data bases
such as the MIL-HDBK-217 which are limited to permanent faults, whereas it is currently admitted
that temporary faults constitute a major source of failure. In addition, it has largely been ignored that
the reliability of hardware parts is significantly growing during the whole system's life, as shown,
for example, by the experimental data displayed in [9].

Software evaluation has mainly concentrated on the development phase, focusing on the reliability
growth of single-component ("'black box") systems. Many models have been proposed (see surveys
such as [77, 66, 54]). As these models are aimed at predicting the future reliability from the failure
data accumulated in the past, attention has been specifically devoted to the prediction problem [54].
Less attention has been paid to accounting for the structure of a software system, where most of the
corresponding work has been restricted to the failure process, either for non-fault tolerant [52, 42] or
for fault-tolerant software systems [30, 28, 42, 3]; our recent work only [48] deals with evaluating
the reliability growth of a system from the reliability growth of its components.

From the practical utilization viewpoint, the situation can be summarized as follows:

» hardware evaluation is relatively well incorporated in the design process, although the
estimations are usually carried out more as an adjunct to the design methodology than an
integral part of producing an optimised design.

* in the vast majority of software developments, evaluation is extremely limited if any; most of
the published work devoted to applications on real data is in fact "post mortem" work; among
the causes of this situation [35], it is worth mentioning:

- the unrealistic hypotheses of most of the models,

- the inability of the models to predict what will happen after a change either in the
specification or after a transition between two phases of the system's life (e.g. from
development-validation to operation),

- the initial "over-selling” of the models: many authors have exaggerated their model's
utilization possibilities as well as the lessons which can be drawn from this utilization.

This paper elaborates on previous work [44, 45, 48]. It is aimed at showing that, using
deliberately simple mathematics, the classical reliability theory can be extended in order to be
interpreted from both hardware and software viewpoints, what is termed in the sequel "X-ware". It
will be shown that, even though the action mechanisms of the various classes of faults may be differ-
ent from a physical viewpoint according to their causes, a single formulation can be used from the
reliability modeling and statistical estimation viewpoints. The second section is devoted to the failure
behavior of an X-ware system without taking into account the effect of restoration actions (the
quantities of interest are thus the time to next failure or the associated failure rate), considering in turn
atomic ("black box") systems, and systems made out of components. In the third section, we deal
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with the behavior of an X-ware system with service restoration: it is devoted to the characterization of
the sequence of the times to failure (i. e. the failure process); the measures of interest are thus the
failure intensity and the availability. Non-redundant systems only are considered throughout this

paper.

2 Failure behavior of an X-ware system

The first sub-section characterizes the behavior of atomic systems: discrete and continuous-time
reliability expressions are derived. The behavior of systems made out of components is addressed in
the second sub-section where structural models of a system according to different types of relations
are first derived, which enable a precise definition of the notion of interpreter; behavior of single-
interpreter and of multi-interpreter systems are then successively considered.

2.1 Atomic systems

The simplest functional model of a system is to see it as performing a mapping of its input domain
I into its output space O.

An execution run of the system consists in selecting a sequence of input points. A trajectory in the
input domain — not necessarily composed of contiguous points — can be associated with such a
sequence. Each element in I is mapped to a unique element in O if we assume that the state variables
are considered as part of I and/or O.

A system failure may result from [46]:
» the activation of a fault internal to the system, previously dormant; an internal fault may:
- result from the physical failure of a hardware component; such faults are usually referred
to as physical faults,
- be a design fault affecting the software or the hardware;
* the occurrence of an external fault, originating from either the physical or the human
environment of the system.

Two subspaces in the input space can thus be identified:
« If;, the subspace of the faulty inputs,
« Iaf the subspace of the inputs activating internal faults.

The failure domain of the system is Ir = Ig; U Iys. When the input trajectory meets Iy, an error
occurs, which leads to failure.

At each selection of an input point, there is thus a non zero probability for the system to fail. Let p
be this probability, assumed for the moment identical whatever the input point selected:

p = P{system failure at an input point selection | no failure at the previous input point
selections}

Let Rg(k) be the probability of no system failure during an execution run comprising k input point
selections. We then have:

Ra(k)=(1-p)k (2.1)
Rgy(k) is the discrete-time system reliability.

Let te be the execution duration associated with an input selection; te is supposed for the moment
identical whatever the input point selected. Let t denote the time elapsed since the start of execution:

t=k to (2.2)



The notion of (isolated) input point is not very well suited for a number of situations, such as
control systems, executive software, hardware. Thus, let us assume that there exists a finite limit for
p/te when te becomes vanishingly small. Let A be this limit:

=lim 2 :
A lim 1 2.3)

As the limit of the geometric distribution is the exponential distribution, we get:
R(@)=lim Rg(k)=exp(-At) (2.4)
te—0

R(t) is the continuous-time system reliability, and A is its failure rate.

Let us now relax the identity assumption of p and te with respect to the input point selections; let
the following be defined:

p() = P{ system failure at the jth input point selection | no failure at the previous input point
selections}
te(j) = execution duration associated with the jth input selection

Relations (2.1) to (2.5) become:

k
Rak)=J] [ 1-p@I (2.5)
2
. J
t= te(j)
=1
N pG)
) l‘égnte(j)—)o ()
k
Ra® =[] { 1-XG) teG) + olte()1 }
=1
t
R@®) =1lim k)= - 2.
O=lm = R exp{ Jm) dr] (2.6)

Relation (2.6) is nothing else than the general expression of a system's reliability: the above
derivations are somewhat classical, they have however been introduced for the sake of completeness.

It could be argued that the above formulations are in fact better adapted to design faults or to
external faults than to physical faults, since they are based on the existence of a failure domain, which
may be felt as not existing with respect to physical faults as long as no hardware component fails. It
should be remembered that, from a physics reliability viewpoint, there is no "sudden, unpredictable”
failure. In fact, a hardware failure is due to anomalies (errors) at the electronic level, and these
anomalies are caused by physico-chemical defects (faults). Stated in other terms, there are no fault-
free systems — either hardware or software, there are only systems which have not yet failed.
However, the notion of operational fault, i.e. which develops during system operation, and was thus
not existing at the beginning of operational life is — although arbitrary [41] — a convenient and usual
notion. Incorporating the notion of operational fault in the previous formulation can be conducted as
follows. Let jo be the number of input point selections such that p(j) = 0 for j < jo , p(j) = p for j 2 jo,
and u(jp) the associated probability:

uGo) =P{p({ =0 j<jo.pG) =p j2jo}



The expression of the discrete-time reliability becomes:

k . k
Rd(k)=ZO(1 - X0 uGo) , with Y u(jo) = 1
Jo=

io=0
Going through the same steps as before, we get:
R(t) = lim k)=exp (-At
(t) i Rg(k) =exp (- A t)

What precedes shows that, although the action mechanisms of the various classes of faults may be
different from a physical viewpoint according to their causes, a single formulation can be used from a
probability modeling viewpoint. This formulation applies whatever the fault class considered, either
internal or external, either physical or design-induced. In the case of software, the randomness
comes, at least, from the trajectory in the input space which will activate the fault(s) [52]. In addition,
it is now known that most of the software faults which are still present in operation, after validation,
are "soft" faults, in the sense that their activation conditions are extremely difficult to reproduce,
hence the difficulty of diagnosing and removing them!, which adds to the randomness.

The constancy of the conditional failure probability at execution with respect to the execution
sequence is directly related to the constancy of the failure rate with respect to time, as evidenced by
relations (2.1), (2.4), (2.5), (2.6). The meaning is that the points of an input trajectory are not
correlated with respect to the failure process. This statement is all the more likely to be true if the
failure probability is low, i.e. if the quality of the system is high, and thus applies more to systems in
operational life than to systems under development and validation. It is however an abstraction, and
the question which immediately arises is: how well does this abstraction reflect reality?

As far as hardware is concerned, it has been shown for a long time (see e.g. [14]) that the failure
rates of electronic components as estimated from experimental data actually decrease with time —
even after the period of infant mortality. However, the decrease is generally low enough in order to
be neglected. Going further, the interpretation of the failure data for satellites as described in [31]
establishes a distinction between a) stable operating conditions where the failure rate is slowly
decreasing — a constant failure rate is a satisfactorily assumption, and b) varying operating
conditions which lead to failure rates which are significantly decreasing with time,

Similar phenomena have been noticed concerning software:
+ constant failure rates for given, stable, operating conditions [63],
* high influence of system load [15].

In addition, a series of experimental studies conducted on computing systems, have confirmed the
significant influence of the system load on both hardware and software failure processes [32].

The influence of varying operating conditions can be introduced by considering that both the input
trajectory and the failure domain Ir may be subject to variations. The variation of the failure domain
deserves some comments; it may be consecutive to two phenomena [32]:

1) Accumulation of physical faults which remain dormant under low load conditions, and are
progressively activated as the load increases [57].

2) Creation of temporary faults resulting from the presence of rarely occurring combinations of
conditions; examples are a) "pattern sensitive" faults in semiconductor memories, change in
parameters of a hardware component (effect of temperature variation, delay in timing due to
parasitic capacitance, etc.), or b) situations occurring when system load rises beyond a

1 As an example, a large survey conducted on Tandem systems [27] concluded that, from the examination of several

dozens of spooler error logs, only one software fault out of 132 was not a soft fault.
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certain level, such as marginal timing and synchronization; the latter situation may affect
software as well as hardware: the notion of temporary faults — especially intermittent faults
— applies also to software [27]. Experimental work [58] has shown that the failure rates
relative to temporary faults decrease significantly with time.

From a probabilistic viewpoint, the failure probability at execution in discrete time (resp. the
failure rate in continuous time) may be considered as a random variable. The system reliability then
results from the mixture of two distributions:

» distribution of the number of non-failed executions in given operating conditions, thus with a
given, constant, failure probability at execution (resp. of the time to failure with a given,
constant, failure rate ),

» distribution of the probability of failure at execution (resp. of the failure rate).

Let ga(p) (resp. g4(A)) be the probability density function of the distribution of the probability of
failure at execution (resp. of the failure rate), which may take G values relative to the realizations pj,
i=1,...,G, of p (resp. A, i=1,...,G, of A).

The expression of the discrete-time reliability becomes:

G
Rd(K) = Y, (1-pi)k ga(pi)

i=1
Going through similar steps as before, we get:
G
t=k Y, tei ga(pi AM=lim B =1,..G
; tei 8a(Pi) im0

where tei and A; are respectively the execution time and the failure rate for executions carried out
under operating condition i, i=1,...,G. It comes:

G
RO=lm  Ra@)= ; gd(Ai) exp(- Ai 1)

This is the mixed exponential distribution.

When p is a continuous random variable with density function g¢(p) (resp. A is a continuous

random variable with density function gc(A)), we get:
1

Ra(k) =6[ (1-p)K ge(p) dp R(1) = Oj exp(- A t) gc(h) dA

From the properties of the mixture of distributions (see e.g. [8]), the system failure rate is non
increasing with time, whatever the distributions gg(.) and g¢(.). For instance, a continuous
distribution of wide generality is the Gamma distribution; in the case where A is considered as a
continuous random variable, we have:

b2 A%l exp(- b A)
I'(a)

a
) , which is a Pareto distribution.

gV = , and: R(Y) =( b

t+Db

A model is of no use without data. That's where statistics come into play. Let M instances of the
system be considered, executed independently. The term "independently” is a keyword for what
follows. This is a classical assumption with respect to physical faults when several sets of hardware
are run in parallel, supplied with the same input pattern sequences. Such an approach cannot
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obviously be transposed to software. Independency of the executions of several systems means that
they are supplied with independent input sequences. It is noteworthy that this reflects operational
conditions when considering a base of deployed systems; for instance, the input sequences supplied
to the same text processing software by individuals utilizing it in different locations, and for activities
of completely different natures, are likely to exhibit independence with respect to residual fault
activation.

Let M(k) (resp. M(t)) be the number of non-failed instances after k executions (resp. after an
elapsed time of t since the start of the experiment) of each instance, M(0) = M; an instance failing at
the jth execution, j=1,...,k (resp. at time 1, 1€ [0,t]) is no longer executed. Independency of the

executions of the various instances enable these executions to be considered as Bernoulli trials, and

the discrete-time reliability is thus Rq(k) = E%l()l] (resp. the continuous-time reliability is

R(t) = E[VM(%))—] ). These relations are nothing other than the basic relations for the statistical
interpretation of reliability as stated in the "general" systems reliability theory (e.g. [69, 40]).

Statistical estimators of Rg(k) and R(t) are then: ﬁd(k) = LL;I[((I((); and ﬁ(t) I\l\//[l(((t)))

What precedes shows that the relations forming the core of the statistical estimation of reliability
for a set of hardware systems apply equally to software systems, provided that the experimental
conditions be in agreement with the underlying assumptions.

2.2 Systems made out of components

2.2.1 System models

Adopting the spirit of [2], a system may be viewed from a structural viewpoint as a set of
components bound together in order to interact; a component is itself a system, decomposed (again)
into components, etc. The recursion stops when a system is considered as being atomic: any further
internal structure cannot be discerned, or is of no interest and can be ignored. The model
corresponding to the relation is composed of is a tree, whose nodes are the components; the levels of
a tree obviously constitute a hierarchy2. Such a model does not enable the interactions between the
components to be represented: the presence of arcs in a graphic representation would only be the
materialization of the relation "is composed of” existing between a node and the set of its immediate
successors. The set of the elements of a level of the tree gives only the list of the system components,
with more or less detail according to the considered tree level: the lower the level, the more detailed is
the list. In order to have a more representative view of the system, it is necessary to represent the
relations existing between the components, i.e. through interaction diagrams where the nodes are the
system components and the arcs the materialization of the existence of a common interface: an arc
exists when two elements can interact. Although the relation "interacts with" is an essential relation
when describing a system, it obviously does not enable any hierarchy to be inferred.

The use of the relations which have been considered up to now in modeling a system is illustrated
by figure 4 in the case of a — deliberately — very simple system, where the components S1, S2, and
$3 can be, for instance, the application software, the executive software, and the hardware.

2 As stressed in [65], it is essential when dealing with hierarchies a) to clearly identify the relation with respect to
which hierarchical modeling is being done, and b) this relation has to be such that the directed graph representing it
has no loops. Both conditions are fulfilled by the hierarchies which will be considered.
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Figure 4 - Components of a system

The respective roles of a system and of its user(s) with respect to the notion of service are fixed:
the system is the producer of the service, and the user is the consumer of the service. Therefore, there
exists a natural hierarchy between the system and its user: the user uses the service of (or delivered
by) the system.

Considering now the set of components of one given level of the decomposition tree, the relation
"uses the service of" — a special form of the relation "interacts with" — enables an accurate
definition of a special class of components: if and only if all the components of the level may be
hierarchically situated through the relation "uses the service", then they are layers [44]3. Stated in
equivalent ways, components of a given detail level are layers a) if any two components of that level
play a fixed role with respect to this relation, i.e. either consumer or producer, equivalently b) if the
graph of the relation is a single branch tree. Conversely, if their respective consumer and producer
roles can change, or if their interactions are not governed by such a relation, they are simply
components. It is noteworthy that the notion of service has been naturally — and implicitly —
generalized with respect to the layers: the service delivered by a given layer is its behavior as
perceived by the upper layer, where the term "upper” has to be understood with respect to the relation
"uses the service of"4. It is noteworthy that the relation "uses the service of" induces an ordering of
the time scales of the various layers: time granularity usually does not decrease with increasing layers.
Considering the same previous example as in figure 4 leads to the model of figure 5.

Structuring into many layers may be considered for design purposes. Their actual relationship at
execution is generally different: compilation removes — partially at least — the structuring, and
several layers may, and generally are, executed on a single one. A third type of relation has thus to be
considered : is interpreted by. The interpretive interface [2] between two layers, or sets of layers, is
characterized by the provision of objects and operations to manipulate those objects. A system may

3 Giving an accurate definition of the notion of layer has been felt necessary due to the current abuse of the term: a
layer is more than a level of detail. The way a layer has been defined here is consistent with the usage in the domain
of protocols, as in the ISO/OSI model.

4 The two hierarchies — levels of details, layers — induced by the relations "is composed of” and "uses the service
of” may be considered as transverse, just as transverse orders in a tree are defined [68].
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System model according to the relation «uses the service of»

Figure S - Layers of a system

then be viewed as a hierarchy of interpreters, where a given interpreter may be viewed as providing a
"concrete" representation of "abstract” objects in the above interpreter; this concrete representation is
itself an abstract object for the interpreter below the considered one.

Considering again the same previous example, hardware layer interprets both the application and
the executive software layers. However, the executive software may be viewed as an extension [2] of
the hardware interpreter, e.g. through a) the provision of "supervisor call" instructions or b) the
prevention of invoking certain "privileged" instructions. This leads to the system model depicted by
figure 6.

System model according to

Interpretive the relation «is interpreted by»

interfaces

Figure 6 - System interpreters

Finally, it is noteworthy that the expression "abstraction level” has not been used so as to avoid
confusion: all the hierarchies which have been defined are strictly speaking abstractions.

2.2.2 Behavior of a single-interpreter system

A system is assumed to be composed of C components, of respective failure rates ;, i=1,...,C.
The system behavior with respect to the execution process is modeled through a Markov chain with
the following parameters:

« S: number of the states of the chain, a state being defined by the components under execution,
* 1/yj: mean sojourn time in state j, j=1,...,S.
* qjk = P{ system makes a transition from state j to state k | start or end of execution of one

S
or several components }, j=1,...,S, k=1,...,S, Z gjk =1
k=1

A system failure is provoked by the failure of any of its components. The system failure rate ; in
state j is thus the sum of the failure rates of the components under execution in this state:

C
&=, Bijhi ,ji=l,....5 @2.7)
i=1

where ; j is equal to 1 if component i is under execution in state j, else it is equal to 0.
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The system failure behavior may be modeled by a Markov chain with S+1 states, where the
system delivers correct service in the first S states (components are under execution without failure
occurrence); state S+1 is the failure state, which is an absorbing state. Let A =[ ajk 1, j=1,....,S,
k=1,...,S, be the transition matrix associated to the non-failed states. This matrix is such that:

» its diagonal terms ajj are equal to -(Yj+&;),
» its non-diagonal terms ajx, j#k, are equal to gk ¥j-

The matrix A may be viewed as the sum of two matrices A' and A" such that:
« the diagonal terms of A’ are equal to - ;, its non diagonal terms being equal to gjx ;.
» the diagonal terms of A" are equal to - §;, its non diagonal terms being equal to 0.

The system behavior can thus be viewed as resulting from the superimposition of two processes:
« the execution process, of parameters Y; and qjx (transition matrix A"),
« the failure process, governed by the failure rates &; (transition matrix A").

A natural assumption is that the failure rates are small with respect to the rates governing the
transitions from the execution process, or, equivalently, that a large number of transitions consecutive
to the execution process will take place before failure occurrence — a system which would not satisfy
this assumption would not be of much practical interest. This assumption is expressed by:

VRS 2.8)

Adopting a Markov approach for modeling the system behavior resulting from the compound
execution-failure process is based on this assumption. Similar models have been proposed in the past
for software systems [52, 17, 41], with however less generality than here, since those models
assumed sequential execution (one component only executed at a time). The Markov approach was
justified in those references as follows:

» heuristically in [17, 42], by analogy with performance models in the first reference, and with
availability models in the second one,

 from a weaker assumption, semi-Markov, in [52]: it is shown there that the compound
process — execution and failure — converges towards a Poisson process, and that the
contribution of the distribution functions of the component execution times is limited to their
first moments.

By definition, the system failure rate A(t) is given by:
M) =lim alf P{failure between t and t+dt | no failure between initial instant and t }

Let Pj(t) denote the probability that the system is in state j. It follows that:

S S
A1) =[ Ej Pj(t)) / (2 Pj(t)) 2.9)
I =1

The consequence of the assumption expressed by relation (2.8) is that the execution process
converges towards equilibrium before failure occurrence. The vector @ = [ @; ] of the equilibrium
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S
probabilities is solution of & . A' =0, with Y, a; = 1. Thus, Pj(t) converges towards a; before
1
failure occurrence, and relation (2.9) becomes?>:

S
7~=2 o &j (2.10)
i=1
Relation (2.10) may be rewritten as follows, accounting for relation (2.7):
S C C S
7»=Zajz dij li:z liz 8i,j aj (2.11)
F1 =l i=1  j=I

S
Letmj = z d;j o . Relation (2.10) becomes:
Fl

C
A=Y 7 (2.12)

i=1

This relation has a simple physical interpretation:
* q; represents the average proportion of time spent in state j in the absence of failure, thus =; is
the average proportion of time when component i is under execution in the absence of failure;

C

it is noteworthy that the sum of the mj's can be larger than 1: 0 < Z i <C,
i=1
* A is the failure rate of component i assuming continuous execution.

The term 7 A; can thus be considered as the equivalent failure rate of component i.

Relation (2.12) deserves a few comments. Let us consider first hardware systems. It is generally
considered that all components are continuously active. This corresponds to making all the m;'s equal

C
to 1, leading to the usual relation A = z Ai.

i=1

Let us consider now software systems. The central question is: how to estimate the component
failure rates? There are two basic — and opposite — approaches:
» exploiting results of repetitive run experiments without experiencing failures, through
statistical testing [22, 72, 55],
* exploiting failure data, using a reliability growth model, the latter being applied to each
software component, as performed in [34].

It is important to stress the data representativeness in either approaches; a condition is that the data are
collected in a representative environment, i.e. being relative to components in interaction — real or
simulated — with the other system components. If this condition is not fulfilled, a distinction has to
be made between the interface failure rates (characterizing the failures occurring during interactions
with other components) and the internal component failure rates, as in [52], where the expression of a

5 Another approach to this result is as follows: a given system component will be executed, thus the transition graph
between the non-failed states is strongly connected. As a consequence, the matrix A\ is irreducible and it has one

real negative eigenvalue whose absolute value ¢ is lower than the absolute values of the real parts of the other
eigenvalues [64]. The system failure behavior is then asymptotically a Poisson process of rate ¢. In our case, the
asymptotic behavior is relative to the execution process; therefore a) it is reached rapidly, and b) o = A, thus the
system reliability is: R(t) = exp(- A t).
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component failure rate has the form A; =i + % Zqij Pij» the {; being the internal component failure
i
rates and the pj; the interface failure probabilities; this leads to a complexity in the estimation of the

order of C2 instead of C.

An important question is "how to account for different environments?". If this question is
interpreted as estimating the reliability of a software system of a base of deployed software systems,
then the approach indicated in section 2.1 where the failure rate was considered as a random variable
can be extended here, the m;'s being considered as random variables as well. Another interpretation of
the above question is: knowing the reliability in a given environment, how to estimate the reliability in
another environment. Let us consider the case of sequential software systems. The parameters
characterizing the execution process are then defined as follows:

* 1/y;: mean execution time of component i, i=1,...,C.
* gjj = P{ component j starts execution | end of execution of component i}, i=1,...,C,

C
i=1,...C, X, qij=1
1
The Markov chain modeling the compound execution-failure process is a (C+1) state chain, state i
being defined by the execution of component i, and the &;'s reduce to the aj's (in the case of
sequential software, 8j; = 1 and all others are zeros). We have A; = p; ¥, i=1,...,C, where p; is the
failure probability at execution of component i; whence:

C C
A=Y miYiPi =2 MiPi (2.13)
i=1 i=1

where 1; = i Vi is the visit rate of state i at equilibrium. The nj's have a simple physical
interpretation, as 1/n; is the mean recurrence time of state i, i.e. the mean time duration between two
executions of component i in the absence of failure. Relation (2.13) is of interest as it enables the
distinction to be made between a) the — continuous time — execution process, and b) the — discrete
time — failure process conditioned upon execution. If the pji's are intrinsic to the considered
software, and independent of the execution process, then it is possible to infer the software failure
rate for a given environment from the knowledge of the n;'s for this environment and the knowledge
of the pi's. The condition for this assumption to be verified in practice is that it is possible to find a
suitable decomposition into components: the notion of component for a software is highly arbitrary,
and the higher the number of components considered for a given software, the smaller the state space
of each component, so the higher the likelihood of providing a satisfactory coverage of the input
space for the component. A limit to such an approach is that the higher the number of components,
the more difficult is the estimation of the mj's. It is noteworthy that time granularity (and near
decomposability [19]) can offer criteria to find suitable decompositions.

2.2.3 Behavior of a multi-interpreter system

When a system is considered as a hierarchy of interpreters, as defined in § 2.1.1, the execution
relative to the selection of an input point for the highest interpreter (which directly interprets the
requests originating from the system user) is supported by a sequence of input point selections in the
interpreter immediately below, and so on up to the lowest considered interpreter.

Let us assume the system to be composed of I interpreters, the 1st interpreter being the top of the
hierarchy, and the Ith interpreter its base.
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Each interpreter may be faulty, and each interpreter may be submitted to erroneous inputs. The
failure of any interpreter during the computations relative to the input point selection of the interpreter
immediately higher will lead to the failure of the latter, and thus by propagation will lead to the failure
of the top interpreter, i.e. to system failure. Adopting the terminology of the classical system
reliability theory, the interpreters of the hierarchy constitute a «series» system. An intuitive deduction
is that the system failure rate is equal to the sum of the failure rates of the interpreters of the hierarchy.
If Ai(t), i=1,...,]1, denotes the failure rate of interpreter i, we then have:

I
AL = ) Ai(t) (2.14)
i=1

A demonstration of this result is given hereafter. Let the following be defined:

* v;(ji-1), i=1,...,], is the number of input points whose execution by interpreter i corresponds
to the selection of the (j;-1)th input point for interpreter i-1; v1(jo) is equal to k, the number of
selections of input points performed by the user for the considered computation run;

* pi(ji) = P{ Failure of interpreter i at selection of the jjth input point | no failure at the previous
input point selections}, ji = 1,...,viGi-1), i=1,...,];

* te(ji), i=1,...,], is the execution time relative to the selection of the jijth input point for
interpreter i, j; = 1,...,Vi(i-1), i=1,...,L

Relations (2.1) to (2.5) become:

va(in vI(1-1)
Rd(k)—n [1-p1G1)] 1'[ [1-p2G2)] ... JIC1-p1GD]
1=l j=1 =
k  va(1) k  va(i1) vi(1-1)
t-zte(ll)—z D=2 X .. D telD
1=l =1 piz]_—)l 1=l jo=1 i=1
PAN) |
M =im 1te(jl)—)0 teGi)
vI(i1-1)
R4(k) = H {1 -G teGr) +olteGD) ... T {1 - A1GD teGp) + olte(iD1)
1= j=1

R() = lin Vlte(h) ORd(k) =exp( 2 Jl,(‘t) dt ]—exp( 6‘-21 Ai(t) dt )

This demonstrates relation (2.14)

Let us consider now that each interpreter is composed of C; components, i=1,...,I. At execution, a
component of interpreter i will use services of one or more components of interpreter i+1, and so on.
We may thus define trees of utilisation of services provided by components of interpreter i+1 by the
components of interpreter i, as indicated on figure 7.

i 2 i,Ci
interpreter i
11 | +1,2 I coe. i+1,Cis1 | interpreter i+1
components

Figure 7 - Utilisation trees between components of interpreters
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For each pair of adjacent interpreters, it is thus possible to associate a service utilisation matrix
Ui,i+1 = [ Ujk }, j=1....,Ci, k=1,.,Ci+1. Ujj+1 is a connectivity matrix whose terms Uj are such
that:

» Ujk = 1 if component j of interpreter i utilises at execution the services of component k of
interpreter i+1,
s else U =0.

Let us define the following failure rate vectors:
o Aj=[2Ai ], i=1,....], j=1,...,Ci, where Ajj is the failure rate of component j of interpreter i,
e Q=1 i 1, i=1,....1, j=1,...,Cj; wj is the aggregated failure rate of component j of
interpreter i; the term «aggregated» means that the failure rates of components of interpreters
i+1, ...I needed for execution are accounted for.

The vectors £2; are solutions of the following matrix equation:
Q;=A; + Ui,i-;-l Qi1 ,i=1,....I-1, Q= Ap

It then follows that:
I
@1 = Z A\ k Ak
k=1

Vi is the accessibility matrix of the top interpreter to interpreter k:
+ V¥ is the identity matrix of dimensions (C1xCy),
¢ Vk=U;2®Uz3... ® Ug.1 x , k=2,....]; the symbol ® denotes the Boolean product of
matrices: a given component can contribute through its failure rate once only.

When applying relation (2.11) to the components of the top interpreter of the hierarchy, we obtain
the system failure rate:

Ci
A=Y w101
j=1
where 73 j is the proportion of time for which component j of the top interpreter is being executed,
with an idle component period being characterized by ©; j=0.

Let us consider the specific case, of high practical importance, of a system constituted of two
interpreters: a software interpreter and a hardware interpreter. It is assumed that the software
components are executed sequentially, and that all hardware components are together involved in the
execution; we further assume that the system is in stable operating conditions. In what follows,
indices S and H are relative to software and to hardware, respectively. Applying the above approach
leads to the following relations:

CH
msd=lsj+l§ AH k

Cs Cs CH
A=Y msj0si= D, BsjAs,j+ X Mk (2.15)
=1 Fl k=1

The intuitive result expressed by relation (2.15) has thus been established through a rigourous
approach.
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3 Failure behavior of an X-ware system with service restoration

In the previous section, the behavior of atomic and multi-component systems without taking into
account the effects of service restoration was characterized, enabling expressions of the failure rate of
such systems and of the reliability to be derived. In this section, service restoration is taken into
account allowing system behavior resulting from the compound action of the failure and restoration
processes to be modeled. Restoration activities may be either a pure restart (supplying the system
with an input pattern different from the one which led to failure) or performed after introduction of
modifications (corrections only or/and specification changes).

System behavior is first characterized through the evolution of it failure intensity in the first sub-
section. The second sub-section introduces the various maintenance policies that can be carried out.
The third and fourth sub-sections address respectively reliability and availability modeling.

3.1 Characterization of system behavior

The nature of the operations to be performed in order that the service be restored, i.e. delivered
again to its user(s), after a failure has occurred, enables stable reliability or reliability growth to be
identified, which may be defined as follows:

« stable reliability: the system's ability to deliver proper service is preserved (stochastic
identity of the successive times to failure);

+ reliability growth: the system's ability to deliver proper service is improved (stochastic
increase of the successive times to failure).

Practical interpretations are as follows:
» stable reliability: at a given restoration, the system is identical to what it was at the previous
restoration; this corresponds to the following situations:
- in the case of a hardware failure, the failed part is changed for another one, identical and
non failed,
- in the case of a software failure, the system is restarted with an input pattern different
from the one having led to failure;
» reliability growth: the fault whose activation has led to failure is diagnosed as a design fault
(in software or in hardware) and is removed.

Reliability decrease (stochastic decrease of the successive times to failure) is theoretically, and
practically, possible. In such a case, it has to be hoped that the decrease is limited in time, and that
reliability is globally growing over a long observation period of time.

Reliability decrease may originate from:

« introduction of new faults during corrective actions, whose probability of activation is greater
than for the removed fault(s),

« introduction of a new version, with modified functionalities,

+ change in the operating conditions, e.g. an intensive testing period (see [34], where such a
situation is depicted),

« dependencies between faults: some software faults can be masked by others, i.c. they cannot
be activated as long as the latter are not removed [62]; removal of the masking faults will have
as a consequence an increase in the failure intensity.

The reliability of a system is conveniently illustrated by the failure intensity, as it is a measure of
the frequency of the system failures as noticed by its user(s). Failure intensity is typically first
decreasing (reliability growth), due to the removal of residual design faults, either in the software or
in the hardware. It may become stable (stable reliability) after a certain period of operation; the
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failures due to internal faults occurring in this period are due to either physical faults, or to design
faults which are admitted not to be removed. Failure intensity generally exhibits an increase
(reliability decrease) upon the introduction of new versions incorporating modified functionalities; it
then tends towards an asymptote again, and so on. It is noteworthy that such a behavior is not
restricted to the operational life of a system, but also applies to situations occurring during the
development phase of a system, e.g. a) during incremental development [22], or b) during system
integration [49, 73].

Typical variations of the failure intensity may be represented as indicated on figure 8, curve (a).
Such a curve depends on the granularity of the observations, and may be felt as resulting from the
smoothing of more noticeable variations (curve (b)); it may in turn be smoothed into a continuously
decreasing curve (c). Although such a representation is very general and covers many practical
situations, there are situations which exhibit discontinuities important enough such that the smoothing
process cannot be considered as reasonable (e.g. upon introduction of a new system generation).

Failure intensity

Figure 8 - Typical variations of a system's failure intensity

3.2 Maintenance policies

The rate of reliability growth (i. e. failure intensity decrease) is closely related to the correction and
maintenance policies adopted for the system [36]. These policies may consist of either a) system
modification after each failure, or b) system modification after a given number of failures, or even ¢)
preventive maintenance, i.e. introduction of modifications without any failure observed on the
considered system. The status of a system between two modifications will be termed a version.

A policy which accepts as special cases the various policies just mentioned is as follows: the j-th
system modification takes place after aj failures have occurred since the (j-1)-th system modification,
which means that version j experiences a; failures.

Concerning the times to failure, let:
* Xj,i denote the time between service restoration following the (i-1)-th failure and the i-th
failure of version j,
* Z;j denote the time between service restoration following the aj-th failure of version j and
service interruption for introduction of the j-th modification, i.e. for introduction of version

G+1).

Considering now the times to restoration, two types of service restoration are to be distinguished:
service restoration due to system restart after failure and service restoration after introduction of a new
version.
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Let:
* Yj,i denote the restart duration after the i-th failure of version j,
* Wj denote the duration necessary for the introduction of the j-th modification, the modification
itself may have been performed off-line.

Let finally Tj denote the time between two version introductions; we have:
a:
Tj= 2 (Xji+ Yj)+Zj+Wj ,j=12,..
i=1

The relationship between the various time intervals is given in figure 9.

Version 1 Version 2 Version j
A — B - — .
xLlJ X2 J Z, Xz,azj ZZJ Xia X 1
Yial YR 'Wi| Ya, Yo, W2 Yia . Y7
- - -
[ System UP B System down after failure %% System down for version introduction

Figure 9 - Relationship between the various time intervals.

The number of failures between two modifications (aj) characterize the policy for maintenance and
service restoration; it depends on several factors such as:
» the failure rate of the system,
« the nature of the faults (e.g., time needed to diagnosis the fault, the consequence of the failure
due to the activation of this fault...),
» the considered phase in the life-cycle and may vary for a given system within the same phase,
+ the availability of the maintenance team.

Three — extreme — special cases of this general policy are:
a) aj =1 and Z; = 0 Vj: service is restored only after a system modification has been
performed; this case relates to:
» a usual hypothesis for several software reliability (growth) models,
* the case of critical systems, after a (potentially) dangerous failure occurrence;
b) aj = 0 and Z; = 0 Vj: service is restored without any system modification ever being
performed (stable reliability); this case relates to:
« hardware, when maintenance consists in replacing a failed part by an identical — new —
one,
» software, when no maintenance is performed, service restoration corresponding always
to a restart with an input pattern different from the pattern having led to failure,
c) aj = 0: the (j+1)-th version is introduced before any failure occurrence since the last
modification; this case corresponds to preventive maintenance, either corrective, adaptive or
perfective.

Although this policy is more general than the usually considered policies (the special cases just
above), it is noteworthy that it is however a simplification of real life, as it does not explicitly model
the phenomena of a) interweaving of failures and corrections [35], and b) failure re-discoveries [1].
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3.3 Reliability modeling

We focus here on the failure process, and thus do not consider the times to restoration, nor the
(possible) time interval between a failure and the introduction of a modification, i.e. we assume the
Y;'s, Wj's and Zj's to be zero which means that the failure instants are also restoration instants.

Let:
« to = 0 denote the considered initial instant (the system is assumed non-failed),
e n=1,2,... denote the number of failures: as the n-th system failure is in fact the i-th failure of
version j, the relationship between n, i and j is:

n= (i ak-1)+i y j=1,2,... , i=1,...aj, ap=0 (3.1)
=1

* t;, n=1,2,... denote the instant of failure occurrence,
. xj(t), j=1, 2,..., denote the probability density functions (pdf) of the times to failure Xji,

and sf xj(t) denote their survival function (the one's complement of its distribution function):
the X i's are assumed stochastically identical for a given version,

o ¢n(t) and Pp(t) denote respectively the pdf and the distribution function of the instants of
failure occurrence, n=1,2,... ,

 N(t) denote the number of failures having occurred in [0,t] and H(t) its expectation:
H() = E[ N(©)].

Performing derivations adapted from the renewal theory (see e.g. [25]) is relatively
straightforward, provided that the X;;'s are assumed stochastically independent. This assumption,
although usual in both hardware and software models, is again a simplification of real life. The Tj's
can reasonably be considered as stochastically independent as resuming execution after introduction
of a modification generally involves a so-called "cold restart"; it has however to be mentioned that
imperfect maintenance, whose consequences were noticed a long time ago [51], is also a source of
stochastic dependency. The stochastic independence of the Xji's for a given j depends on a) the
extent to which the internal state of the system has been affected, and on b) the nature of operations
undertaken for execution resumption, i.e. whether they involve state cleaning or not.

We get, under the stochastic independence assumption:
2 *ag *iy .
0= @ 1,0 |+ (£g® )si= 120 i = 1ot 20=0 (3.2)
*ag
where the symbol * denotes the convolution operation, f xk(t) denotes the ag-fold convolution of

j
f xk(t) by itself, and gf) f Xk(t) denotes the convolution of f xl(t),. eoof xj(t). Relation (3.2) is derived

from relation (3.1), with the first term covering for j-1 versions and the second term covering the i
failures of version j.

We have:
P{N®)2n)}=P{th<t}=Dy(t)
P{N@® =n}=P{ th <t <tps1 } = Pn(t) - Pp+1(t)

Hi)=Y nP{N(®=n} = X, n[®n(t)- Cns+1(1) ]
n=1 n=1
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H) = Y, n ®p(®) - Y, (n-1) p(t) = Y, On(®)
n=1 n=1 n=1

Let h(t) denote the rate of occurrence of failure [5], or ROCOF, h(t) = Q%Itgg; whence:

oo o 8 rjl *ay "
h(t)=n§=:i¢n(t)=§ =Zl (g)l (£ ® )= (f® )) (3.3)

As we do not consider simultaneous occurrence of failures, the failure process is regular or
orderly [5], and the ROCOF is then the failure intensity [5].

When considering reliability growth, a usual reliability measure considered is conditional reliability
[26, 53, 61]: given that the system has experienced n failures, conditional reliability is the survival
function associated with failure n+1. It is defined by:

Ro+1(0) =P{Xji+1>1Ity } = sij(’c), for i< aj
Rp+1(0) =P{Xj+1,1>1lty } = STy, (D fori =2
where n is as defined by relation (3.1).

This measure is mainly of interest when considering a system in its development phase, as one is
then concerned by the time to next failure.

However, when considering a system in operational life, the interest is in failure-free time intervals
T whose starting instants are not necessarily conditioned on system failures, that is they can take place
at any time t. In this case, the user is thus interested in the reliability over a given time interval
independently of the number of failures experienced. The system reliability will then be the
probability that the system experiences no failure during the time interval [t, t+1].

Let us consider the following exclusive events:
Eop={t+t<n1 } Ep={th<t<ttt<tpy1},n=12,...

The event E, means that exactly n failures occurred prior to instant t, and that no failure occurs
during the interval {t, t+1]. The absence of failure during [t, t+t] is the union of all events Ep,
n =0,1,2,... The system reliability is then, owing to the exclusivity of the events Ep:

R(4,t+1) = 3, P{Eqp)
=0

The probability of event Ej, is:
P{Ep} =P{ty <t < t+1 <ty + Xj.i+1} (3.4)
t t
P{Eq} = f P{x <ty < x+dx} P{Xj.i+1 > t+1-Xx} = f sij(t+'t-x) on(x) dx (3.5)
0 0
The reliability has thus the following expression:
-] aj-l !
R(t,t4+7) = sf xl(t+‘t) + Z Z sf xj(tﬂ-X) o, ; x) dx (3.6)
=l i=0 ( ak-l}i
k=1
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which can be written:
(- -] aj

R(t,t+1) = sf (t+1:)+z P KO0, ® G.7)
Fl =0 (Zak 1)0i

This relation is obviously not of easy utilization. However, it is not difficult to get, for T « t, the
following relation from relations (3.3) and (3.7):

R@t+1) =1 - h(t) T + o(1) (3.8)

Besides its simplicity, relation (3.8) is of high practical importance, as it applies to systems for
which the mission time 7 is small with respect to the system life time t (e.g. systems on board
airplanes).

The above derivations constitute a (simple) generalization of the renewal theory and of the notion
of renewal process to non-stationary processes; in the classical theory (stationary processes):
» the Xji's are stochastically identical, i.e., f xj(t) = f,(t) V] (the case where the first time to

failure has a distribution different from the subsequent ones is termed as "modified renewal”
process in [20, 11]),
« H(t) and h(t) are respectively the renewal function and the renewal density.

Let us consider the case where the Xj i's are exponentially distributed: f xj(t) = lj exp(-?.,jt). The

inter-failure occurrence times in such a case constitute a piecewise Poisson process. No assumption is
made here as to the sequence of magnitude of the A;'s. We however assume that the failure process is
converging towards a Poisson process after r modifications have taken place. This assumption means
that either a) no more modifications are performed or b) if some modifications are still performed,
they do not affect significantly the failure behavior of the system. Let {A1, A2, ..., Ar} be the
sequence of these failure rates (figure 10).

AAD
Ay ey
Ay oo - e
) | cee
7:.;.1 ------ . ——
/S I I
— -
to 1 . tal . t

Figure 10 - Failure rate
The Laplace transform f{(s) of the failure intensity h(t) (relation (3.3)) is:

MY A VU Ak ¥
A Y M Ak
h(S) 2 1_[ (lk+s) ) (l +s) s H (lk+s

k=1
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Derivation of h(t) is very tediousS. We shall thus restrict ourselves to summarizing the properties
of the failure intensity h(t) which can be derived:
* h(t) is a continuous function of time, with h(0) = A1 and h(eo) = A;;
+ when the aj's are finite,
- a condition for h(t) to be a non increasing function of time, i.e. a condition for reliability
growth, is:
AM2A22... 275 2... 27
- the smaller the aj's, the faster is the reliability growth,
- if a (local) increase in the failure rates occurs, then the failure intensity correspondingly
(locally) increases,
» when a; = oo, no correction takes place and we are in the case of a classical renewal process;
then h(t) = A1, which is the formulation of stable reliability.

These results are illustrated by figure 11, where the failure intensity is plotted for aj=a Vj. System
reliability R(t,t+1) for a given, finite, a (which corresponds to a given curve of figure 11) can then be
derived from relation (3.8) for T « t. Figure 12 indicates typical variations of R(t,t+1): reliability over
mission time T increases with system life time t.

h(t)

Figure 11 - Failure intensity

The derivations conducted in this section are — although still suffering from some limitations such

as the assumed independency between the times to failure necessary for performing the renewal

" theory derivations — more general than what was previously published in the literature. The resulting

model can be termed as a knowledge model [48] with respect to the reliability growth models which

appeared in the literature, which can be termed as action models. Support to this terminology, adapted
from the Automatic Control theory, lies in the following remarks:

+ the knowledge model allows the various phenomena to be taken into account explicitly and
enable a number of properties to be derived; it is however too complex in order to be directly
applied in real life for performing predictions,

» the action models, although based on more restrictive assumptions, are simplified models
suitable for practical purposes.

6 Assuming operation restart after correction only (aj =1V j) leads (when going through the steps of the standard
procedure involving the decomposition of the Laplace expression into a sum of prime terms, and transforming back
the latter into their temporal counterparts) to the following expression of the intensity function:

-1 r-2
k r-1
A A
hO = Aot D y T ol |+ ioang TT o emmern
=1 (k=i  j=1j=#i "I j=1j=i "IN
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Figure 12 - System reliability

The results obtained from the knowledge model thus derived in this section enable the action
models which appeared in the literature to be classified as follows:
1) Models based on the relation between successive failure rates, which can be termed as
failure rate models; these models describe the behavior between two failures. Two categories
of failure rate models can be distinguished according to the nature of the relationship
between the successive failure rates:
« deterministic relationship, which is the case for most failure rate models; see e.g. [33,
69, 60],
« stochastic relationship [39, 54]; the corresponding models are termed as doubly
stochastic reliability growth models in [59].
2) Models based on the failure intensity, thus called failure intensity models; these models
describe the failure process, and are usually expressed as non-homogeneous Poisson
processes; see e.g. [21, 26, 76, 61, 47].

Most of the reliability growth models consider reliability growth stricto sensu, without
consideration of possible stable reliability or reliability decrease periods: they assume that the failure
rate and/or the failure intensity decrease monotically and become asymptotically zero with time. It is
however noteworthy that:

* the so-called S-shaped models [76, 73] relate to initial reliability decrease followed by
reliability growth,
* our hyperexponential model [41, 34, 47] relates to reliability growth converging towards
stable reliability.
Finally, it is noteworthy that the models we have referenced above have been established specifically
for software; however, there is no impairment to apply them to hardware [53]; reciprocally, the
Duane's model [23], derived for hardware, has been applied successfully to software [39].

A question of prime importance arises when considering the practical use of the above models:
how can they be applied to real systems? Failure data can be collected under two forms: a) times to
failure, or b) number of failures per unit of time. Failure rate models are more naturally suited to data
in the form of times to failure, whereas failure intensity models are more naturally suited to data in the
form of number of failures per unit of time; however, some models are of enough mathematical
tractability so as to accommodate both forms of failure data, such as the logarithmic Poisson model
[61], or our hyperexponential model [48]. The collection of data under the form "failures per unit of
time" is less constraining than the other form, since one does not have to record all failure times; the
definition of the unit of time can be varied throughout the life cycle of the system, according to the
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amount of failures experienced, e.g. days to weeks during development, weeks to months during
operational life.

As the action models are based on precise hypotheses (especially conceming the reliability trends
they are able to accommodate, as discussed above), it is helpful to process failure data before model
application, in order a) to determine the reliability trend exhibited by the data, and b) to select the
model(s) whose assumptions are in agreement with the evidenced trend [37]. Trend tests [S] are a
quite natural approach for such a pre-processing. Trend tests are in addition extremely helpful in
assisting the management of software development and validation [38, 49], as the relevance of the
utilization of reliability growth models during early stages of development and validation is most
often questionable: when the observed times to failure are of the order of magnitude of minutes or
hours, the predictions performed from such data can hardly predict mean times to failure different
from minutes or hours ... which is distant from any expected reasonable reliability for most
applications. In addition, when a program under validation becomes reliable enough, the times to
failure may simply be large enough in order to make the application of reliability growth models
impractical, due to the (hoped for) scarcity of failure data exhibited by one or a few copies of a
software system under validation. On the other hand, the utilization of reliability growth models for
large bases of deployed software systems is much more convincing (see e.g. {1, 34] for examples of
such studies).

3.4 Availability modeling

All the time intervals defined in section 3.2 are now considered, i.e. the times to failure and the
times to restoration: the Yij,i's, Zj's and Wj's are not any longer assumed to be zero. For the sake of
simplicity, we shall assume that the times to restoration after failure are stochastically identical for a
given version, i.e. Yj;i = Yj.

Let:
* t"o = 0 denote the considered initial instant (the system is assumed non-failed),
» ndenote the number of service restorations that took place before instant t,
* t'y and t"p, n=1,2,... denote respectively the instants when correct service is not any longer
delivered and when service is restored, either:

- upon (resp. after) failure, withn = i (ak-1+1) +1, j=1,2,... , i=1,...aj, ap=0
k=1
- upon (resp. after) stopping system operation for modification introduction, with
i+l

z (ak-1+1) , j=1,2,... , a0=0
(t), (t) fw(t) j=1, 2,..., denote the probability density functions (pdf) of the Yj's,
ZJ s and Wj's, respectlvely, and s zj(t) denote the survival function of the Z;'s,

» WYn(t) denotes the pdf of the instants of service restoration, n=1,2,...

The derivation of availability is conducted in a way similar to the derivation of reliability (relations
(3.2), (3.4) to (3.8)), with the pdf of the instants of service restoration Yy(t) replacing the the pdf of
the instants of failure occurrence ¢n(t). We assume as in section 3.3 that the various time intervals
under consideration are stochastically independent, which leads to:
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Let us consider the event Ep = { t"p <t <t'n41 }, n=0,1,2,... The event E; means that exactly n
service restorations took place before instant t, and that the system is non-failed at instant t. The
pointwise availability A(t), denoted simply by availability in the following, is then, due to the
exclusivity of events Ep:

A@) =Y, P(Ep}
n=0

The probability of event Ep, is:
e forn= i (ag-1+1) +i:
k=1
P{En) =P{t"n <t < t+1 < t"y + Xj,i+1}
t t
P{E;} = f P{x <t"p < x+dx} P{Xj,i+1 > t-x} = J‘ sij(t-x) ya(x) dx
0 0

i+1
e for n =i (ak.1+1) :
k=1
t

P(Ey) =P{t"n <t <t+1 <t"p + Zj} = f sf7,(t-X) Wn(x) dx
0

The expression of A(t) is then:

-] aj-l
AQ=ste®+ ) |sEg®* D ¥ (1) + 550 * ¥ g ®
=1 i=0 (kgl(ak-l*'l)"‘i) (kg.l(ak-l*'l))

Statistical estimation of the availability for a set of systems is given by the ratio of non-failed
systems at time t to the total number of systems in the set. When the field data are relative to times to
failure and to times to restoration, considering average availability instead of availability eases the
estimation process, as average availability is the expected proportion of time a system is non-failed

t
(see e.g. [8]). The average availability over [0,t] is defined by: Aav(t) =% J A(1) dt. Denoting
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respectively by UT; the observed times where the system is operational, a statistical estimator of

LA 1%
Aav(t)is: Agv(® = T X UTi.

i=1
Up to now, we have made no assumption concerning the pdfs of the various times considered. In
order to derive properties of the availability, let us consider the case where:
» a modification takes place after each failure, i.e. 3j=1,Zj=W;=0Vj,
 the Xji's and the Yj's are exponentially distributed: ij(t) = Aj exp(-Ajt),
f%(t) = W;j exp(-H;t), and that both corresponding piecewise Poisson processes converge

towards Poisson processes after r modifications have taken place.

The Laplace transform X(s) of the availability is then:
r-1

j-1 r-1
A(s)=§ (1 1‘[ (lk (Hk)+_sl_ Hr Ar 1 H Bk Y[ Ax
- Aj+s 1 Ak+s ) L Hk+s ArHirts  \Apts 1 \HK+s Ak+s

F1 " "

The times to failure are large with respect to the times to restoration, i.e. Aj/l;j « 1. Performing an
asymptotic development with respect to Ay/p; for the unavailability A) =1 - A(t) leads to:

_ ;\'r r-1 }b]
AWM ="+ Y, ojexp(-Ajt) - — exp(-jt) (3.9)
Hr =1 H1
k-1
r-1 H A r-1

. Ax i=1 Ar Ak
with: o= i
! k=i Kk k Hr k=1. k#i Ak -}\vj
= [IC%i-2p e

i=1,i%
r-1 )\‘1 ’\'
The o are related by the equation: 2 aj =—- —
j=1 H1 Hr

The following properties can be derived from relation (3.9), which confirm and generalize what
had previously been established in [18, 42] through modeling via multi-state Markov and semi-
Markov chains:

P1) When reliability becomes stable, unavailability becomes constant: A () = A/ P

P2) If (A1/11) 2 (Ar/ M) then there is an overshoot of unavailability in comparison with
the asymptotic value (Ar/ py).

P3) There is a single unavailability maximum (availability minimum), and if this growth is
not nullified by possible increase in the restoration rates, that is if
(Aj+1/ Bj+1) S (Aj/ 1y , j=1, ...; in the converse, local maxima (minima) occur.

P4) If the piecewise Poisson process of the inter-failure occurrence times is continuously
non increasing from A; to A,, and if the times to failure are large with respect to the

times to restoration, then A max = (A1/ 11).
P5) The time to reach the maximum unavailability (minimum availability) is of the order of
magnitude of the mean time to restoration (1/ p).
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P6) The changes in availability are significantly more influenced by the stochastic changes
in the times to failure than by the stochastic changes in the times to restoration, which
can thus be assumed as stochastically identical over the system's life.

Figure 13 gives the typical shape of system unavailability in the presence of reliability growth.
FA®)

t

Figure 13 - Typical system unavailability

Although availability of operational computing systems is usually significantly influenced in the
field by reliability growth (for instance, the data displayed in [75 for AT&T's ESS-4 show that
unavailability is decreased by a factor of 250 during 3.5 years of operation), the only published action
model for availability in the presence of reliability growth is our hyperexponential model [47, 48].

4 Conclusion

In the second section we have dealt with system behavior up to (next) failure, and in the third
section with the sequence of failures when considering restoration actions consecutive to various
forms of maintenance. The assumptions we have made for performing the derivations have been
carefully stated and commented, and we have widely commented the obtained results in order to
situate them with respect to the existing body of results.

The second section can be seen as a generalization of the classical, hardware-oriented, reliability
theory in order to incorporate software as well. The third section is in fact concerned with reliability
growth phenomena; as most of the published material dealing with reliability growth is software-
oriented, this section can be seen as a generalization in order to incorporate hardware as well.

Continuing the utilization of data and models which are application-independent and ignoring
design faults in hardware — stable reliability as usually assumed is in fact a very special case — can
only lead to a decrease in the confidence attached to the evaluations performed, a consequence being a
diminished role of these evaluations. Restricting software reliability to pursuing a set of experimental
data collected on specific products will certainly not improve its practical utilization.

We have shown in this paper that it is theoretically possible to perform reliability and availability
evaluations of systems, accounting for hardware and software, with respect to the various classes of
faults which may affect them. Performing such evaluations in practice is thus mainly a matter of
performing experiments and measurements, whose two types appear to be necessary:

» collection of data on several systems produced by a given designer/builder in order to
incorporate the influence of its specific characteristics (organization, methods used, etc.); an
output of this step, which is in fact concerned with process modeling, is the production of
models generic to large classes of applications,
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« calibration of these previous models for specific systems and specific users through
exercising the system with input sequences representative of its future usage, that is applying
statistical testing to dependability evaluation [22, 72]; this step is thus concerned with product
modeling.

It is noteworthy that any failure data handbook comparable to the MIL-HDBK-217 for hardware is
certainly currently out of reach for software, and the very concept of such a handbook is likely to be
meaningless for software; however, a given designer/builder can certainly gather and exploit data
which are significant with respect to its own software products and its customers, i.e. accounting for
the influence of its own characteristics. After all, software is an intellectual construction, and as such
is highly — if not totally — influenced by the methods and practices of its production process.

What has been presented in this paper clearly indicates a challenge that the theoreticians and
practicians of dependability evaluation are faced with: dealing with design faults, and thus achieving
the integration of dependability growth phenomena into predictive evaluations. Naturally, the work
presented in this paper has to be continued and extended, especially with regard to a) multi-
environment situations, and b) fault-tolerant systems.
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