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Fault Diagnosis for Manipulator Robot using
Observers-Based Approaches

Khaoula Oulidi Omali'”, M.Nabil Kabbaj', and Mohammed Benbrahim®

! LISTA, Faculty of Sciences, University of Fez, Morocco
{khaoula.oulidiomali,n.kabbaj,mohammed.benbrahim}@usmba.ac.ma

Abstract. The objective of this work deals with the analysis and design
of a fault detection and isolation technique (FDI) for a class of affine
nonlinear systems using high gain observers. The observer is applied for
robot manipulator named Articulated Nimble Adaptable Trunk ” ANAT”
in order to detected and isolated sensor fault. The simulations results
prove the effectiveness, performances and the robustness of the approach.

Keywords: Fault detection, Robot manipulator, High gain observer,
Residuals, Nonlinear systems.

1 Introduction

Recently, robot manipulators are the most important components of manufac-
turing and control processes. They have the impact: Improving productivity,
increasing the quality of manufactured products, and reducing the cost of labor.
Associated with the increasing industrial demands on safety, reliability, depend-
ability and assuring the normal operation of this robot manipulator, the issue of
FDI is important. Fault Detection and Isolation (FDI) techniques in robot ma-
nipulator is becoming one of the most phenomena in robotics in order to ensure
higher levels of safety and productivity. Research, has been produced a consid-
erable effort in seeking systematic approaches to fault detection for both linear
and nonlinear dynamical systems. Several FD techniques for robot manipulators
have been proposed in the literature, although the problem of their applica-
tion to industrial robots has not been extensively investigated. The methods
of fault detection can be separated into methods which don’t use plant mod-
els and model-based approaches. For the first category are classical limit and
trend value checks as well as signal analysis methods, for example, autocorrela-
tion techniques, spectral analysis, etc. Normally, those methods need dedicated
sensor systems. Observer-based, parameter estimation and parity relations tech-
niques, on the other hand, the second class of fault detection schemes are the
most relevant approaches. Therefore, different methods have been developed
for detecting and isolating actuator and sensor faults on robot manipulators,
such as parameter estimation, parity relations and observer-based approaches
[1],12],[3],[4]- One of the most popular of the model-based approaches to FDI is
the observers-based techniques. The basic idea of observers-based methods con-
sists reconstruct some or all system outputs from accessible process variables.



The fault indicators are generated by forming the differences between the esti-
mated outputs and the actual outputs. However, special attention has to be paid
when applying observer theory for fault detection and isolation. Observer-based
method requires a model of the investigated process also. The model is oper-
ated parallel to the real process, the inputs to the model are the same as those
to the real process. In contrast to classical state-space observers, e.g., Kalman
filter, the diagnostic observers are output observers which are operated in an
open-loop configuration. Assuming an exact model of the plant, the difference
of measured and calculated process outputs (which is called a residual) will pro-
duce a nonzero value when a fault has occurred. A thorough overview of robust
observer-based fault detection methods can be found in [5] and [6]. The main ad-
vantage of observer-based methods over parameter estimation methods is given
by the fact that no special excitation is required. The observer-based method
will work in steady state operation conditions as well.

The paper is organized as follows. High-gain observers used for the design of
residual generators are developement in section 2. Section 3 provides application
for robot manipulator. The conclusion is given in section 4.

2 High Gain Observer

In general, an observer is a dynamic system that provides estimations of the
current state of the system, by using the previous knowledge of the inputs and
outputs of the system [11].

Consider the following class of affine MIMO nonlinear system with m inputs
and p outputs defined by the following state representation [15]:

{; i g(; d,t)+ 30 glz, thu(t) (1)

where x € R™ is the state variable vector, u(t) € R™ is the input control vector
and y € RP is the output vector, f(x, d, t) is the n-dimensional unknown nonlin-
ear dynamics and d is the disturbance, g(z,t) is the (n x m) nonlinear control
dynamics matrix, C is the (p x n) output distribution matrix.

The system (1) has the input u(¢) € R™ in which has a set of admissible values
of the input. It is also assumed that there exists a physical domain {2 € R"”
(open, bounded) of evolution of the input and that is the domain of interest of
the system.

Suppose that system (1) it is observable in the sense of rank and that u = 0 an
input universal, then the jacobian{hl,thh...,L?flhl,hg,L}“lhg,L}kth}
with respect to z € R™ and « is of rank n. In the vicinity of a regular point
one can select a subset of full rank:

¢ = {Zl, ey Zn}{hla thh . ,L?_lhl, hz, L?_lhg, L}I_lhp} (2)

with > 7 _ me=n
The input hy(x) intervenes in the order 7. This determines a local coordinate



system in which the system (1) is written as:

z=Az+@(2) + p(2)u
- 3)
y=0Cz
with z € R"u € R™,y € RP
[A, C1 $1(2) P1(2)
A= - B=| - o) = 1 |sek) = (4)
L Ap Cp gﬁp(Z) (ﬁp(z)
with
[01...0 0 -
L . p1k(z)
Ap= |77 i Gu(z) = : cor(z) = : iCr=110...0] (5
00...1 =) 0 _ (2) [ ]
00...0 61 (2) ok

with Gy (2) = LT he,  @ik(2) = LeL ' by dim(Ag) = (e X mi),
dim(Cx) = (1 x )
and dim(gx(2)) = dim(gg(2)) = (e x 1) for k=1,...,psi =1,..., 0.
For the following theorem, is not used the linearity in u, the following system
is then considered:

{z':Az—&-ap(z,u) ()
y=0Cz
Let K be a matrix (n X p,p) such that
Kl
K=| - (7)

Kp

(with K}, of dimension n x 1), such that for each block k, the matrix Ay — K;C
have negative real parts. Then the system is uniformly locally observable, and
it exists Ty > 0, such that, for every T, such 0 < T' < Ty, the following system
Constitutes an observer for the system (6):

i=As+ o u)+ AT, K(y — CZ) (8)
with 2,k = y
2 =% # I,
To%
T61A1(T61) .
AT, 8) = with  Ag(T) = T2%
T% A, (T°%)
TMkOk



Moreover, the standard of the observation error is bounded by an exponential
whose decay rate can be chosen arbitrarily large.
Remarkl. The system

{E= A5+ 9(3,u) + ANT,0)K (y - C2) (10)

Also an observer for system (6). If a change of variable z = ¢(z) has been neces-

sary, it is necessary to return to the old database by(z) = qﬁ_l(;). By applying
this change of coordinates to the previous system, we obtain the observer in the
old coordinates:

{3(0) = 1) + S, 0:E@)uilt) + 2] AT K [y() — Cae)] (1)

Remark2. The observer is written in the new coordinates as a system copy
plus a non-linear correction. Implementation requires writing the observer into
the original frame. Therfore the system becomes:

{é(t) = J@(0) + T 0 @O0 + B2 AT K - G20l
y=Cr

The term of correction [agf)];l/l_lK [y(t) — CZ(t)] then explicates as follows:

10000

7% 0 0 0 0
01000 —26
_ 2%
22 loo1o0|at=| © o0 0 (13)
ox 0 0 T 0 0
00010 0 0 0 T2 o
00001

0 0 0 0 T7%

The gain T~! must be selected as 0 < T < Ty < 1. Ty is defined according to
different parameters (n?, the constant Lipschitz of the function ¢(z,u) defined
by variable change,...). And the gain K is given by :

K

=
[

: (14)
Ks

The pair (A,C) is observable, and it is an easy matter to assign eigenvalues to
the matrix A-KC, that has the companion structure :

—K; 1...0

A—KC = o (15)
-K,-10...1
-K, 0...0

If a n-pla A = (Aq,...,\,) of eigenvalues has to be assigned, the vector K () is
the vector that contains the coefficients of the monic polynomial that has \ as



roots. If the assigned eigenvalues are distinct, matrix A-KC can be diagonalized
by a Vandermonde matrix :

)\1”71 oo 1
V=V oo, ot (16)
k1 ... A 1
So that
V(A= KNC)V(A) ™ =diag{\} = A (17)

Remark3: Given a set A of n eigenvalues to be assigned to A-KC|, the gain K())
is readily computed through the formula :

KA ==V ') " (18)
So, the term of correction of the system is:

T=9Ki(q1 — G1)
T2 Ks(g2 — ¢2)
I ATTKy(t) — Ca(t)] = | T2 Ks(gs — d3) (19)
T2 Ky (qa — 1)
T=% Ks(qs5 — gs)

[3¢($)
or

3 Application : Robot manipulator

3.1 System Description and Modeling

To illustrate the effectiveness of the proposed approach, we consider Articu-
lated Nimble Adaptable Trunk robot arm with 5 degree of freedom (DOF). The
dynamic model is further specified by the well-known equation for rigid manip-
ulators:

G=—-M(q)""F(q,q) + M(q)~'7 (20)

where M is the inertia matrix, which is symmetric and positive definite. Thus,
M(q)~1 always exits. F is the centrifugal, coriolis, and gravity vector; q is the
joint position vector; 7 is the torque input vector of the manipulator. Let x =
[XT, XT7T the state vector with X1 = [q1, q2, q3, ¢4, ¢5]* and Xo = [q1, G2, G3, G4, G5) T
and y = X; is the output vector. The description of the system can be given in
state representation form as follows:



T1 = Xg
x.g = X7
T3 = X8
T4 = X9
T5 = T10

) 21)
Te = fl(xadat + Z?:lgli x,

) (
i = folz,d,t) + 35 gai(z,
iy = f3(x,d,t) + Z?:193i(13,
Tg = f4(f£, d, t) + 2?21941:(96,
10 = fs(, d.t) + Y71 gsi(x, t)uq(t)

where  g(x,t) = M(q)™"; wi=n for i=1:5 f(z,d,t)=—M(q)""F(q,q)

tui(
t)ui(
t)ui (t
tui(
t

3.2 High gain observer applied to robot manipulator

Using the system model (1), a high gain observer is developped as explained in
section 2 in order to improve the effectiveness of the proposed method in which
is written as :

{é(t) = F(@(8) + XM gi(@())us(t) + [252]) T A K [y(1) — Ci(t))]
y=Cx

(22)

The gain K and T, show the effectivness of this observer. Thus, the choice of
the gain of high-gain observer is based on a compromise between the speed of
convergence of the observer and insensitivity to measurement noise. The gain K
are chosen according to Remark3, and T between 0 and 1.

3.3 Simulation results

The state estimation error r(¢) can be calculated as:

r(t) = y(t) — 9(t) (23)

The residuals are supposed to differ from zero in case of faults r(¢) # 0 and equal
to zero when there are no faults on the sensors r(t) = 0.
So the the residuals are evaluated as:

ri=|g—ql; re=leg—Gd rm=l|lg—qgl; ra=|g—dl; 75 =15 —qs| (24)

Table I represents the fault signatures matrix for these residuals. Assuming that
simultaneous faults cannot occur, we find that the signatures for each of the
failures are quite different.



Table 1. Fault signatures matrix

di/Ti 1 T2 T3 T4 TS

di 10000
d2 01000
dz 00100
de 00010
ds 00001

We simulate the system during T = 10s for residuals evolution. It is also
noted that all faulty signals are additive.

- a fault d; is injected on the first joint (g1) at the time ¢t = 1s and ampli-
tude’l’. Figure (1) shows that the residual ry is different from zero during the
time of fault existence, and the residuals (ro;73;74;75) are equal to zero.

Fig. 1. Residuals evolution of the system with fault d;

Figure (2), show residuals evolutions The same procedure applied for the
other articulations. In each figures we detected and isolated an articulaion.



Fig. 2. Residuals evolution of the system with fault applied for articulations g2, g3, ¢4, g5

So, we can say that the proposed methods can give a good results and it can
detect and isolate the sensor faults in a robot manipulator.

4 Conclusion

In Conclusion, a technique for fault detection and isolation based on high gain
observer, for a class of affine nonlinear systems has been proposed. The approach
is applied to a robot manipulator. Through the simulation results, it is shown
that all faults defined in specifications are detected and isolated.
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