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Estimation of Local Anisotropy Based on Level Sets

Corinne Berzin*

Abstract

Consider an affine field X : R?> — R, that is a process equal in law to Z(A.t), where
Z is isotropic and A : R? — R? is a linear self-adjoint transformation. The field X and
transformation A will be supposed to be respectively Gaussian and definite positive.
Denote 0 < A\ := f\‘—? < 1 the ratio of the eigenvalues of A, let A1, A2 with A2 < A;. This
paper is aimed at testing the null hypothesis “X is isotropic” versus the alternative
“X is affine”. Roughly speaking, this amounts to testing “A = 1” versus “A < 1”. By
setting level  in R, this is implemented by the partial observations of process X
through some particular level functionals viewed over a square 7,, which grows to
R?. This leads us to provide estimators for the affinity parameters that are shown to
be almost surely consistent. Their asymptotic normality results provide confidence
intervals for parameters.

This paper offered an important opportunity to study general level functionals
near the level v and for a fixed bounded rectangle T of R?, part of the difficulties
arises from the fact that the topology of level set Cr x (u) = {¢t € T : X(t) = u} can be
irregular, even if the trajectories of X are regular. A significant part of the paper is
dedicated to show the L2-continuity in the level u of these general functionals.

Keywords: Affine processes; isotropic processes; level sets; Rice formulas for random fields;
test of isotropy; Gaussian fields.
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1 Introduction

The aim of the present paper is to test the null hypothesis that a given real Gaussian
process X indexed in R? and living in the class of affine processes is isotropic. Recall
that a process (X (t),t € R?) is said to be an affine process when it is equal in law to
(Z(A.t),t € R?), where Z is isotropic (see definition in Section 2.1, page 15) and A :
R? — R? is a linear self-adjoint matrix. We assume that X is partially observed through
some level functionals of its level curve Cr, x(u) for a fixed level u, say Cr, x(u) =
{t € T, : X(t) = u}. The set T,, is a bounded square of R?, having the following shape
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|—n, n[2, with n a positive integer. We are interested in the asymptotic as the square T,
tends to R2. The eigenvector directions v, vo forming an orthonormal basis of R2 and
the associated eigenvalues A1, A2 (0 < Ay < A1) specify the affinity A. Also 0 < A < 1
is defined as the quotient of the eigenvalues, A := A\2/)\;. Saying that the process X is
isotropic means that A = 1 (see Adler and Taylor [2, Section 5.7]). A fixed vector of R?
being fixed, say v*, it can always be written in the previous basis as:

v* = cos(f)vy + sin(f)vs.

It is always possible to choose f% <0< % (see Figure 1, page 40). We use Wschebor
estimators [32] of the affinity parameters, defined as A and 6, based on the shape of the
level curve Cr, x(u) corresponding to a given level u. Also, a lot of papers have been
devoted to the study of two-dimensional deformed fields, these later naturally model
spatial and physical phenomena neither isotropic nor stationary. They are obtained by
deforming a fixed isotropic field, say Z : R2 — R, thanks to a deterministic function,
say T : R?2 — R?, that transforms bijectively the index set. This model of deformed
fields, say Xy := Z o T, was introduced by Sampson and Guttorp in [29] but with only a
stationary assumption on Z. Among the papers that focus on the study of these fields, let
us quote Allard et al. [3], Anderes et al. [4], Anderes and Stein [5], Fouedjio et al. [16],
Fournier [17] and Perrin and Senoussi [27]. For example, in [27] the authors studied
the models through the covariance function. In this vein a large number of authors
was interested in estimate deformation T thanks to the observation of the deformed
field Xy. As precursors, Sampson and Guttorp in [29] used several observations on a
sparse grid. Another approach was then to use only one observation of Xy on a dense
grid, we can cite for example the relevant research of [4], [5] and [16]. Notice that in
[3], the authors focus on the case where the deformation Y is linear which will also be
our aim. The matrix representation of this deformation being the product of a diagonal
and a rotation matrix, the authors calling the produced effect, “geometric anisotropy".
However, as far as we know, very little research is based on the use of level sets of the
observed process Xy and except for [32] those quoted previously are not an exception
to the rule. In some cases, we may be interested in the use of the information given by
some functional of level sets of the process rather than given by a simple realization of
the process itself. This is done for example in [17] where the author chose as particular
functional the Euler characteristic of some of excursion sets of the deformed field. The
covariance function of the underlying field Z and the deformation T are unknown. The
problem consists in identifying T using sparse data, that is through observations of some
excursion sets of X~y above fixed levels by focusing on the mean Euler characteristic of
the excursion sets for multiple windows of observation. For this doing some assumptions
on Z are required, among others a Gaussian property is asked. The ambition of Fournier
was to identify the deformation Y. However, it had proved impossible to distinguish
between Y and another deformation Y if the random fields Xy and X5 have the same
law. Indeed and because of the property of isotropy for process Z, this case occurs when
T = po Y 4+ x, where p is a rotation of R?2 and z a vector of R?. Thus, the author almost
entirely identifies T by proposing an identification of the matrix parameter T up to
composition with an unknown rotation and with a translation. Also, in a Note [9], Berzin
and Iribarren proposed estimators for the spectral matrix ¥ of the second order moments
for a stationary and centred Gaussian bi-parametric random field. The estimators are
defined as functionals over the level curves of the field and are inspired from those given
by Cabaftia [12] to estimate the affinity parameters previously defined. Making so, the

used techniques could allow to estimate the ratio ,/;\\—;, where 0 < A_ < A\, are the

eigenvalues of .. This last ratio being nothing else that A\ = :\\—f when X = Zo Ais an

affine process. We see here a posteriori that inference based on one level set by the
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pioneering work of Cabana could already have been useful at this time for estimate the
affinity parameter .

Concerning the tests for the hypotheses of isotropy of general random fields many
methods have been provided. An overview of methods available to test the isotropy
have been very well summarized in Weller et al. [31] but as previously explained, to
my knowledge except the one given by Cabafa [12], none used the observation of the
level curves. The author’s basic idea was to induce a distortion in the domain that
breaks isotropy. This deformation becoming apparent in the length of the level sets.
This last quoted work has deeply inspired the present paper. In [12], according to his
own words, the author defines the class of affine processes as a reasonable alternative
to test the null hypothesis that a given almost surely differentiable stationary real
process with parameter in R? is isotropic. More precisely Cabafia, considers an affine
process {X(t),t € R?} that is equal in law to {Z(A.t),t € R?}, where Z is isotropic (no
necessarily Gaussian) and A : R?> — R? is a linear self-adjoint transformation. The angle
0o defining the eigenvector directions (cos(fg),sin(fy)) and (—sin(fy), cos(6p)) and the
repetitive eigenvalues A\, Ao specify the affinity A. As explained by the author there
is no loss of generality in assuming A\; > Ay > 0 and A\ Ay = 1. The statistics used are
based on the size and shape of the random surface X, corresponding to a fixed level
u. The regions where X is observed are the indefinitely increasing family of rectangles
R, :={ot:t € R}, o € RT obtained from a fixed rectangle R C R?. In order that the level
sets Cr, x(u) := {s € R, : X(s) = u} are curves, some restrictions had to be imposed to
the process X, (see Proposition 2.1 for the discussion about the topic). So, the paths
of X are required to be of class C* on R2. Also the pair (X (0), VX(0)) is supposed to
have a joint density px(),vx(0) (7, 2) in R x R2, bounded for 2’ varying in a compact
subset of R? and z in some neighbourhood of u, VX standing for the gradient of X.
The stationary random fields © and ||[VX |, are defining the polar representation of VX,
that is for t € R?, VX(t) = [|[VX(t)]|, (cos(O(t)),sin(O(t))), where |||, stands for the
Euclidean norm in R2.

In the first part of his paper, Cabafa proposes estimators of the affinity parameters
defined as k := (1 — A2)2 with \ := % and 6y, based on the u level curve of X in the

1
following way. First, he defines for f : |—m, 7] — R, a bounded and measurable function,

the general line integral

FUR =R [ f©) o),
Cr,x(u)
where |R| denote the area of R that is o3(R), and for d = 1,2, o4 denotes the Lebesgue
measure on R%. (Note that the assumptions made on X ensure that these line integrals
are well defined, see the beginning of the paragraph General level functionals in Section
2.1 page 11 for a commentary about this topic).
Then he defines three statistics obtained as particular line integrals, let

L(R) = \R|_1/ 1dos (1),

CR,x(u)

C(R) = R} / cos(20(1)) do (1),

Cr,x(u)

S(R) = |R|™" / §in(20(1)) dos (1).
Crx(w)

The author states that assumptions made on process X imply that these functionals have

first and second moments, that is, Rice formulas of orders one and two are ensured. Thus,

he proves that the affinity parameters previously defined as k£ and 6, can be obtained via
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the straightforward computations of E[L(R)], E[C(R)] and of E[S(R)]. In this way, the
author highlights the fact that

tan(26p) = E[S(R)]/E[C(R)] and g(k) = v/(E[C(R)])? + (E[S(R))?/E[L(R)],

where g is a known continuously increasing function on [0, 1], such that g(0) = 0.

In view of studying the asymptotic properties of future estimators of £ and 6, that will
naturally result of the two above equalities, the author adds a condition of uniform mixing
for process X that we recall here. The field X is said to be uniformly mixing, when there
exists a decreasing function ¢ : R* — R™, lim,_, ;1 6(y) = 0, such that if S, S’ are two
Borel sets in R2, d := distance(S,S"), o(9) is the o-fields generated by {X(¢) : t € S},
then for any events A € o(S5), B € o(5’), the inequality |P(A/B) — P(A)| < §(d) holds.
Under the uniform mixing condition for X, Iribarren [19] has shown that the asymptotic
distribution of o |R|% (F(f,oR) —E[F(f, R)]) (as o goes to infinity) is Gaussian with mean
zero and variance oj%.

This leads Cabafia to conclude that the estimators @\O,g of 0y and @g of k defined as
0o, := (1/2) arg(S(oR)/C(0R)) and k, := g~'(\/C2(¢R) + S2(oR)/L(0R)) are consistent
in probability.

In the second part of his work, by pointing out that an isotropic field X has k = 0 (see
[2, Section 5.7]) and the farther is X from isotropy, the greater is &k, then he motivates
two isotropy tests for the null hypotheses “X is isotropic” versus the alternative “X
is affine”, as follows. For the first test that will be truthfully our main focus, he first
establishes that under the null hypothesis, the random variables C(¢R), S(oR) and L(oR)
are asymptotically independent and also that E[C(R)] = E[S(R)] = 0. He deduces from
this result that o? |R| (C%(oR) + S?(oR)) is asymptotically distributed as o33, where o3
denotes the common value of 0']2c when f(0) is cos(26) or sin(26). This last result suggests
using the test variable

*(oR) + S*(¢R)
L2(oR)

to define the rejection region as A,(R) > v for the null hypothesis “k = 0”. Under k =0,
the asymptotic distribution of A,(R) is 02 (E[£(R)])~2 x3, since L(pR) converges in prob-
ability to E[£(R)]. Furthermore when k # 0, o2 |R|™' A,(R) converges in probability to
g*(k) > 0, and then A,(R) is stochastically unbounded for o tending to infinity. Thus, the
proposed critical region provides a consistent test for any positive constant ~.
Nevertheless, as previously announced, the author develops a second isotropy test, an
F-test, to remedy the imperfections of the first proposed test. This second test is still
based on the level sets of X and ensues from the following argumentation. In the case
where the null hypothesis completely specifies the distribution of the process, then o2
and E[L(R)] can be evaluated since they only depend on the distribution of the subjacent
process Z and on \; that worth 1 since ¥ = 0 and A\ Ay = 1. Thus, in this case, all
the ingredients are gathered to perform the asymptotic test. But this is rarely actually
the case, since before deciding if the isotropic model is suitable, an estimation of joint
distribution of the process is necessary beforehand. Thus Cabafia developed a one-way
analysis of variance test in the following manner. The rectangle R is still fixed and is
cut into n rectangles of equal area, forming a partition F := {R;y, R, ..., R,}. Under
the same uniform mixing condition as supposed in the first part of his paper, the previ-
ous cited work [19] also allows to establish that since R;, Ro, ..., R, are disjoint then
o|Ri|? (C(oR:) — E[C(Ry))), o|Ri|? (S(oR;) — E[S(R:)]), i = 1,2,...,n are asymptotically
independent. Thus, the analysis of the model

C
Ay(R) := ¢* R

C(oR;) = E[C(R;)] + error, S(oR;) = E[S(R;)] +error (i =1,2,...,n)

EJP 0 (2017), paper O. http://www.imstat.org/ejp/
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suggested the test variable

n ' (3, C(eR:))* +n (201, S(eR:))?
i1 C2(0R:) + X011 S*(eR:i) — n~ (3011, C(oR:))? = n~t (327, S(0R:))?
- n(C*(oR) + 8*(0R))
YT (C2(oRy) + S2(oR:)) — n(C2(oR) + S2(0R))’

By(F) =

Under the hypothesis “k = 0”, the law of 5,(F) tends to that of a F» 5, distribution as
o goes to infinity. When k # 0, that is when X is an affine process but not isotropic, the
limit law is a noncentral F-distribution. The critical region is then B,(F) > F5 2,—2(c),
where Fj 5,_2(a) is the (1 — «)-quantile of the Fy 5, distribution.

As ultimate remark Cabana specifies that the size of the rectangles R; has to be large
enough to ensure a fair approximation to the limit distribution. Doing so necessarily
limits the value of the number n of rectangles of the partition.

Bearing in mind to estimate the affinity parameters A and 6 defined at the beginning
of this Introduction, by using the level sets of the process X~ and in the case where the
deformation T := A is a linear self-adjoint and definite positive one, our starting point
was an example from [32, Chap 3.6, Paragraph F, page 79].

In this example Wschebor, proposes estimators of the affinity parameters of a process
X indexed in R? based on the shape of its level curve, corresponding to a given level
u. The author explains as preamble that his work was largely based on Cabana [12],
although his estimators were different. More precisely, Wschebor considers {X (¢),t¢ €
R?} a C*-affine process (not necessarily Gaussian) and fixes u a level in R supposed to
be a regular value of X, (see Proposition 2.1 for much details on sufficient hypothesis
ensuring such a property). Moreover, the process X is supposed to be sufficiently regular
in order to verify the one and second order Rice formula. Chapter 3 of the book gives
many details about the topic and on particular hypotheses H; » and Hj ». Furthermore the
process X is supposed satisfying a condition of n-dependence. We recall here this notion.
The process (X, VX) is said to be 7-dependent if |[t; —#}[|, > 7 >0(G =1,....k, j =
1,...,4, k¢ =1,2,...), then the random vectors ((X(t1), VX (t1)),..., (X (tx), VX (tx))),
(X(t7), VX(t))),...,(X(t;),VX(t;))) are independent. Notice that the condition of »-
dependence for X implies that of uniformly mixing required by Cabafia in [12]. The
regions where X is observed are the indefinitely increasing family of rectangles R, :=
{(o1t1, 02t2) : (t1,t2) € R}, if 0 := (01, 02), 01,02 € RT obtained from a fixed rectangle
R C R2. By defining the following general functional 7 (f, R) of the fixed level u by:

JER =R [ A )

Cr,x(u) ”VX(t) ||2

for f: S — Ror f: S' — R?, a bounded function where S! is the boundary of the
unit ball of R?, the author considers two particulars functionals of the level set u. The
first one where f = 1 corresponds to the particular functional being the measure of
dimensional area of the level set by unit of volume, say J(1, R). The second one, say
J (?, R), corresponds to the function F taking values in R?, that will be evaluated in
the value of the normalized gradient of X and being its value if this one lives in the same
half-plane as that of v*, a fixed unitary vector in R2, and minus this value if not, that is
[H(w) = w X (Tgwwy>0t — Liwe)<oy) if w lives in S1. Note that with the notations of
Cabania, this functional can be expressed as

I(FR) = IR\_l/ (cos(O(t)),sin(O(t))) sign(cos(O(t) — 01)) dou (t),

Cr,x(u)

EJP 0 (2017), paper O. http://www.imstat.org/ejp/
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if v* = (cos(#4),sin(61)).
Under the hypotheses that inf(¢1, 02) — +00, Wschebor showed that the ratio Q(R,) :=

J(F*\R,) EL7(F*,R)]
T Ry) E[7 (L,R)]

probability consistent estimators of direction 6, say 59 and also of ), say Xg, based on the
observation of the quotient Q(R,). More precisely by using the one order Rice formula,

he proves that the ratio W can be written in the fixed direct orthonormal basis

(v*,v**) (see Figure 1 page 40) as Fi (A, 8)v* + F>(A, 8)v**, while functions F;, ¢ = 1,2 are
explicitly known (see equation (5.5) page 41). Thus, his idea was to observe the ratio
Q(R,) in the fixed basis (v*,v**), say (X,,Y,). Following this way Wschebor has shown
that the system of equations

tends in probability toward . This convergence enabled him to propose

X, =Fi(\6
) 1( ’ ) (11)
Y, =Fx(\0)
admits one and only one solution, say (Xg, 5,_)) € ]0,1[x]-7%, %] aslong as (X,,Y,) is such

that X, # % or Y, # 0 (see Figure 2 page 42 and Figure 3 page 43). It is important
to note that such an approach furnished estimators (XQ, 59) of the affinity parameters
(A, 0) in an implicitly manner which is not the case for those provided by Cabaifia, the
latter not being linked together and can therefore be calculated independently of each
other. Then the author claims that the derived estimators are consistent in probability.
Note that this consistence property is valid under the hypothesis that 0 < A < 1 and that
—% < 0 < %, that is for (), 0) belonging to an open set. Nothing is suggested by the
author in case where the parameters (), §) belong to the boundary of the set; neither
for the convergence rate of these estimators, nor concerning those of Cabafia’s paper.
Moreover, Wschebor does not suggest any isotropic test since in fact his example was
part of those intended to illustrate the Rice formula and was not there intended to be
dealt with in details.

Thus, our goal was to revisit Wschebor example in [32] by showing among other
things the almost sure convergence of the estimators (XQ, @Q) toward the true parameters
(), 0), by exhibiting their rate of convergence via a central limit theorem, and also by
paying particular attention to the case where the parameters live on the border of their
definition domain. That naturally lead to propose an isotropic test by considering the
ideas developed in Cabafa [12].

Main contribution of the paper In the present work following the way opened by
Cabafia in [12], we still work with a C?-affine process, say {X (t),t € R?}, that is equal
in law to {Z(A.t),t € R?}, where Z is isotropic and A4 : R? — R? is a linear self-adjoint
transformation, additionally supposed to be a positive definite one. We get rid of the
n-dependence hypothesis for the process X requested by Wschebor in [32] and we add
the hypothesis that the subjacent process Z is Gaussian and some technical assumptions
on its covariance. We consider his proposed estimators of the affinity parameters A
and 60 by considering the particular following situation. We select the fixed rectangle
R:=]-1,1[x] — 1,1], the sequence p = (01, 02) := (n,n) with n positive integer, and we
consider the observation windows 7T, := R, = |—n, n[2 with n tending toward infinity.
For these observation windows and as previously explained in the second part of the
Introduction we define the following general functional of the fixed level u € R

(1) () 1 VX(t) .
)= G /cm,xm)f Gexwr,) 47 @
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for f: St — R4, d = 1,2 a bounded continuous function. We observe the ratio Q(7T;,) :=
Jg)(u)
I (w)
(1.1), in the same way as proposed by Wschebor we construct in an implicit manner the
estimators (Xn, @\n) (see Proposition 5.10).

Our main contribution consists, in the one hand, to establish the almost sure consis-
tence of these estimators (Theorem 5.11) in case where 0 < A < 1 and —g <0< g We
need to prove Theorem 4.1 stated below using an ergodic theorem (Adler [1, §6.5]) and
Rice formula (see the seminal work of Rice [28]).

in the fixed basis (v*,v**), say (X,,Y,). Considering the system of equations

Theorem 4.1 For f: S! — R a continuous and bounded function,

J}n) (U) a.s. E[J](cl) (u)]

n—-+oo

j

This theorem applied to the particular functions f
R and identically equal to one implies that,

J(”)
7 (u)

I ()

and to the function 1 taking values in

EL1S (u)]

a.s.

oo B (u)]

= X, v" + Y, v

= Fi(\, 0" + Fy(\, 0)v*™,

where the functions F}, F; are defined by equation (5.5) page 41 (Proposition 5.2). By
noting ? := (F1, F») and by using the fact that F is a C2-diffeomorphism (Proposition
5.5), we deduce from this theorem the almost sure convergence of (X,,Y,) = ?(Xn, gn)
toward ?()\, 0) and then of that of (Xn, @n) toward (), 6) provided that these last parame-
ters live in an open set.

In the second hand our contribution was to propose a Central Limit Theorem (CLT)
(Theorem 5.17) for those estimators and some confidence intervals (Corollary 5.18),
still in case where 0 < A < 1 and —3 < ¢ < 7. For proving the asymptotic normality

of the estimators, we use a CLT for general functionals J J(c") (u), that was the subject of
Theorem 4.7 stated here.

Theorem 4.7 For f : S' — R a continuous and bounded function, we have the following
convergence,

& ) 1= 2n (I (w) = B (w)]) =22 N(0; g (w).

n—-+oo

We deduce from Theorems 4.1 and 4.7 the following proposition.

Proposition 5.12

TR S\
2n ](cn) — {1) L N(0; 2% (u)).
I W) e ()] | noee

And writing this last convergence result in the basis (v*, v**), gives that

m (Fl(Xn,é;) - Fl(A,e)) v+ (FQ(Xn,ﬁn) - Fg()\,e)) vt R A0 5 (w)),

n—+oo
so that
2 (F (s B) = F(1,0)) =22 N(0; 5 (),
n—-+o0o
EJP 0 (2017), paper O. http://www.imstat.org/ejp/
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where X7 (u) := Q x £*(u) x Q" and Q is the change of basis matrix from the canonical
basis (i, j) to the basis (v*,v**).

Once again by using the fact that ? is a C?-diffeomorphism, we deduce a CLT for

estimators (Xm 5,,), as soon as the affinity parameters A and 6 do not belong to the edges
of the parameter space.
Remark: this method for estimating the parameters (}\,6) is available only when
the space parameters for X is R%2. Indeed, when this space is R¢ (d > 2), we deal
with a function ? taking values from R?¢~2 into R?. The arguments of ? would be
(12, .oy hay 01, ...,04-1), p; being the ratio of the decreasing eigenvalues \; of A4, let
Wi == Ai/A1, i = 2,d, and 6, the angles involved in the parametrization in spherical
coordinates of vector v*, j = 1,d — 1. The arrival space of function ? is R? since the
gradient VX lives into R¢. Thus, if we want the function ? to be an isomorphism we
must require the following condition on d, that is 2d — 2 = d, which is only satisfied when
d=2.

The tools for proving the CLT in Theorem 4.7 is the use of the CLT technique for
functionals belonging to the Wiener-Itd6 chaos. This method has been developed by
Nourdin et al. [24], Nualart et al. [25] and Peccati and Tudor [26] among others. The
idea for proving such a CLT is inspired by the precursor work of Kratz and Leén [20].
In the case where the process X is a stationary Gaussian isotropic process indexed by
R? and the observation window is a fixed bounded rectangle T, the authors propose a
way to approximate o1(Crx(u))/o2(T), say Ji1(u) := J(1,T), by other functionals J; (u, o)
(0 — 0) with the help of a kernel K, tending to the delta-Dirac function in w. This is
done in such a way that the approximating functional can be expressed as stochastic
integrals with respect to Hermite polynomials. It consists in using the coarea formula
(see Federer [15, Theorem 3.2.12 p 249] and also Berzin et al. [10, Corollary 2.1.1]),
for Ji(u, o), transforming then this functional initially expressed on the level curve as a
temporal functional on the rectangle 7" and getting then its Hermite expansion in H(X)
the space of real square integral functionals of the field X. Using this technique in the
case where the observation window is still a fixed bounded rectangle T, as ¢ — 0 we
were able to express in turn a general functional on the level curve Crx(u) as stochastic
integral with respect to Hermite polynomials, let J¢(u) := J(f,T), f being a general
continuous and bounded function (Theorem 3.5). Applying this result to the squares
T,, as n — oo, we obtain the asymptotic variance X ;(u) of the centred and suitably

rescaled general functionals J}n)(u), say {;") (u), with (Proposition 4.3). Finally, applying

the Peccati-Tudor method [26] and expressing the functionals f}”)(u) into the Wiener-Ito
chaos, we obtain the CLT in Theorem 4.7. The way of proceeding is completely based on
the methods developed into the paper Estrade and Ledn [14] itself inspired by the article
[20]. In this work the authors show a CLT for the Euler characteristic of the excursions
above u of the field X on T as T grows to R?, X being a stationary Gaussian isotropic
process indexed in R<.

Our real contribution for proving the CLT, apart from showing the non-degeneration
of the asymptotic limit matrix variance Y*(u) (Remark 5.14), was to rely on the two
functionals J¢(u) and J¢(u, o) its approximation via the kernel K, that is to show
that J;(u, o) is an L?-convergent approximation of J(u) (Proposition 3.7). It was the
opportunity to obtain as a first bonus the L?-continuity in the level u of the random
variable J;(u) (Theorem 3.1), which is a very nice interesting result in itself. We did not
find it in the literature and we believe that this result deserves consideration. The proof
is far from obvious and implements a number of ideas developed in Berzin et al. [10],
from which a local parametrization of the level set Cp x (v + J) near the level u (see [10,
Theorem 3.1.2]). The second bonus was brought by obtaining the one order Rice formula
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for Jy(u), that is the exact computation of E[J(u)] (Proposition 3.10).

Having a closer look at how the estimators were obtained, we finally show apart in the
final section the almost sure convergence of estimators Xn (Theorem 6.1) and also their
rate of convergence (Theorem 6.2) in case where the true parameters (), ) belong to
the boundary of the set ]0,1[ x |-7, 7.

By supposing that the covariance function of the subjacent process Z is known, this
leads us also to propose as in Section 2.1 of Cabafa’s paper, statistical tests for the null
hypothesis “X is isotropic” versus the alternative “X is affine” (Theorem 6.10). Those
ones are suggested by the convergence result previously stated in Proposition 5.12. As
explained in the first part of the Introduction testing the isotropy means to test the null
hypothesis Hy : A =1 against H; : A < 1. Because

E[JY ()]

[y

2
T R OL 00 + BN 00 £ 2o A<1),
ELD ()] 1(A, 0)v* + Fa (A, 0)v #WU = (A<1)

Proposition 5.12 ensures that under the hypothesis Hy,

J(—?)(“) 2 L
T (u) = 2n [ -L5— = Zo* | =2 N(0; T'(u, 7)),
7 Jl (u) T n——+oo

(see Corollary 6.7), where the asymptotic matrix variance I'(u,7) depends only on u
and 7 the common value of the eigenvalues of matrix A. Since E[Jfl)(u)] = Cr7 under
hypothesis Hy, with C a computable constant, we estimate the parameter 7 by an almost
sure convergence estimator 7,, obtained by the application of Theorem 4.1 in the case
where function f is identically equal to 1. Thus, under the hypothesis of isotropy

(1]

(n) . (qn) t q(n) Law 2
7 (u) == (57 (u)) SF (u) T X

where S%L)(u)) = T2 (u,7) -T;l;) (w).
As in [12], the last convergence result naturally suggests using the test variable E%) (u).

We built a consistent test with rejection region E;") (u) > v, since the previous equiva-

lence ensures that ﬁE(_?(u) converges in probability to b > 0 in case of anisotropy

(see Remark 6.11).

We end with a remark pinpointing the fact that such an isotropy test cannot be
implemented in this way in the case where the X process parameters are not in R2.
In fact, Proposition 5.12 could be generalized without difficulty to the case where the
parameter space is R% (d > 3). Nevertheless, it is not enough for considering the idea
of adapting the isotropy test proof to the new situation. If we refer to the previous
remark made on page 8, using the same notations, under the isotropy hypothesis the
ratio E[JJE_? (u)}/E[J§1)(u)} is not characterized by equalities s = --- = g = 1. Roughly

speaking the isotropy hypothesis implies that ]E[JJ%) (u)]/]E[JF) (w)] = c(d)v* (¢(d) being
a constant depending only of d and computed under hypothesis of isotropy), but the
converse is not always true. Such a test would not be then consistent.

Outline of the paper Section 2.1 contains some notations, among others definitions,
affine process and isotropic process. It gives explicitly the type of general functionals on
the level set u we are looking for, say J}") (u), where the observation window 7T,, grows
to R? when n goes to infinity. It is also an opportunity in this part to introduce some
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concepts, when the observation window is a fixed rectangle T of R?. They deal with
regularity properties of level sets and Rice formulas, that are closed formulas for the
first and second moments for functionals defined on the level set, say J(u). Section 2.2
gives the assumptions on the interest model and some examples of processes satisfying
these assumptions.

In Section 3 the observation window is fixed by taking a rectangle 7. We begin
by showing in Section 3.1 the L?-continuity in the level u for J;(u), f being a general
continuous and bounded function. In Section 3.2, first by using the coarea formula for
an approximation of the functional, say J¢(u,o)(c — 0), we express this last one as
stochastic integral with respect to Hermite polynomials. Then by using the L?-continuity
in the level for J¢(u) we establish the L?-convergence of J;(u, o) towards J¢(u), from
which we deduce an Hermite expansion for the initial functional J;(u). As a derived
product of the L2-continuity in the level previously obtained we deduce in Section 3.3 a
one order Rice formula for such functionals, in other words we compute E[J¢(u)].

In section 4, the observation windows (7},),, is a sequence of open bounded squares of
R2, with the following form T}, := |—n, n[* with n € N* := {z € Z,z > 0}, and n tends to
infinity. We focus on convergence results for J J(c") (u). Section 4.1 is devoted to establish

the almost sure convergence of Jg (n )( ) for general function f. In Section 4.2, by using

the Hermite expansion of g p ( ) derived from section 3.2, we give the rate of this
convergence. First the asymptotic variance as the squares T}, grow to R? is expressed as
a series and we give an explicit lower bound. We then proved the asymptotic normality
for the centred and suitably rescaled general functionals J (")( ) through the Peccati-
Tudor Theorem. The results obtained in Section 4 enable us, by considering in Section 5
the partlcular function f to give rise to a first result, the definition of the estimators
/\ and 0 of the affinity parameters )\ and 6. Secondly, we prove their almost sure
consistency and also their rate of convergence in law in case where the true parameters
live in an open set. Also, the coefficients of the asymptotic matrix variance are computed
in Appendix A and a lower bound is given for its determinant. This law convergence
result gives rise to confidence intervals for parameters A and 6 in the specific special
case where the covariance r, of the underlying isotropic process is known.

In Section 6 some complementary convergence results for Xn are proposed when
the affinity parameters A\ and 6 belong to the edges of the parameter space, including
the particular case where A = 1. Finally, supposing that the covariance r, is known, we
conclude by proposing an isotropy test.

This paper is complemented with Appendix A giving technical proofs of some lemmas.

2 Notations and hypotheses

2.1 Notations

Let us give some definitions, notations and some propositions and theorems related
to properties of level sets and Rice formulas.

In the following T is an open bounded rectangle of R?2.
Let (Q, A, P) be a probability space and X : Q x T'C Q x R? — R a process continuously
differentiable on 7, that is X € C'(T).

Level sets We denote Dy the following set

Dy:={teT:VX(t)isofrank 1} ={t € T : [[VX(t)|, # 0},
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where |-||, denotes the Euclidean norm in R?, while VX stands for the Jacobian of X.
For u € R we define the level set at u as:

Crx(u) == {t € T: X(t) = u}.

This set can be very irregular, but its intersection with DY, let C%;((u) :=Crx(u)NDyisa
C'-manifold of dimension one. Indeed, at each point ¢ € C]ijx(u) the Jacobian matrix of X
is of full rank one. Thus, an application of the implicit theorem in a neighbourhood of
each point ¢ provides a local parametrization of the level set CTD;((u). For more details
concerning the proof of the construction of an atlas of C]ﬁ;((u), the reader can look at the
beginning of the proof of [10, Theorem 3.1.2].

The following proposition (see Azais and Wschebor [8, Proposition 6.12]) gives a
sufficient condition to ensure that the level is a regular value of X.

Proposition 2.1. Let u € R%2. We assume the following:

e The paths of X are of class C* onT.

* Foreacht € T, the pair (X (t), VX (t)) has a joint density px (), v x ) (2, 2’) in RxR?,
which is bounded for (t,z') varying in a compact subset of T x R? and z in some
neighbourhood of u.

Then
P(we 2,3t € T,X(1)(w) = u, [VX () ()ll, = 0) =0,
that is almost surely
CRy(u) = Crx(u). 2.1)

Remark 2.2. Note that if X is a Gaussian process twice continuously differentiable on 7',
that is X € C*(T), such that for each ¢ € T, the vector (X (t), VX (t)) has a joint density,
then the last proposition hypotheses are verified and equality (2.1) holds. In that case
the reader can also be referred to [10, Proposition 3.3.2].

General level functionals S! is the boundary of the unit ball of R? and for d = 1, 2,
o4 denotes the Lebesgue measure on R%. For f : S — R a continuous and bounded
function, we define the following general functional J;(u) of the fixed level u by:

o
S0 = 5 [, FEx )0

. _VX(@®)
IVl

where vx (t)
Remark 2.3. Note that for general process X, the finiteness of this integral is not
necessarily guaranteed. However, this integral makes sense, for example, under as-
sumptions of Proposition 2.1. More precisely, we substitute hypotheses concerning the
process X on T in the last proposition by those on O, where O is any open set such that
T c T C O, where T stands for the closure of T. In that case we deduce that almost
surely C]%X(u) = Csx(u). Then we construct a partition of unity for the compact manifold

C]TQ;(u) of R?, almost surely included in D x := {t € O : [VX(t)||, # 0}. In that way as
mentioned above, by using a local parameterization of the level set C?;((u) we prove

that almost surely, al(C]{rX(u)) < 400 (see also Remark 2.9). Since function f is bounded,
this construction guarantees the existence of functional J;(u). We also refer the reader
to [10, Theorem 3.1.2] for such a partition of unity construction.
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Note that in this article, T will increase to R2. In this regard, we will consider T;, :=
]—-n, n[2, open squares of R2, with n € IN*, a positive integer, and let n tends to infinity.
In this case, and with the comment made in Remark 2.3, the corresponding functional
on the set u will be denoted by J}")(u), that is

) (y) 1= L v o
0 = g [, Tex O

The process X : Q x R? — R will at least be continuously differentiable on R?, that is
X € C'(R?) and D will be the following set

Dy :={t€R*:VX(t)isofrank 1} = {t € R*: |[VX(t)|, # 0} .

Rice formulas The following results give Rice formulas for the first and second mo-
ments for general functionals defined on the level set of the process X (see [8] or [10]
for references).

By applying the coarea formula, for which a statement is expressed later in this text
in Corollary 3.4, to general functionals defined on the level sets C]ijx(u) and taking
expectation afterwards, one obtains the well-known Kac-Rice formula. This formula
gives a computation of the expectation of these general functionals for almost any level
u. A proof of this formula is given for example in [10, Proposition 2.2.1]. Let us recall it
here by adapting its statement to our context.

LetY : Q x T C Q x R2 — R a process defined on 7' and continuous on Dy. Let us
consider the following assumptions:

e H;: The function

u—E

[, 1rel do—1<t>] 7
CPx(w)

is a continuous function of the variable u.

e Hy: The function
u— /TpX(t)(u)E[IY(t)I VX @), X (t) =] dt,
is a continuous function of the variable u.

* Hj: For almost any ¢ € T', the density of X (t),px)(-) exists.

Proposition 2.2.1 implies the following proposition.

Proposition 2.4 (Kac-Rice formula). If X and Y satisfy the assumption (H, or Hy) and
Hjs, then for almost any u € R one has

E

L. ?<t>dol<t>]= [ prxo@EF O VX0, X0 =u &t @2)
C?X(u) T

However, in applications the interest is focused on a fixed level u. So, we add the two
following assumptions to ensure the validity of the Kac-Rice formula for all level.
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e H4: The function

u— E

[, v dal<t>] ,
C?,rx(u)

is a continuous function of the variable u.

* Hj: The function
ur— /TpX(t)(u)E[?(t) VX (&), |X(t) =u] dt,

is a continuous function of the variable u.

Adding the two previous assumptions the two sides of equality (2.2) become now con-
tinuous as function of the level. Thus, we enunciate the following formula of Rice, for
which a proofis given in [10, Theorem 3.1.1].

Theorem 2.5 (One order Rice formula). If X and Y satisfy the assumption (H; or Hs),
Hj3, Hy and Hy then for any u € R one has

E

L. f«t)dal(t)] = [ @B VX1, 1X(0) = ar.
C?X(u) T

Remark 2.6. Note that Rice formula only requires for Y to be continuous on Dy, that
will be the case for the process Y := f (Vx)]l[)g( defined in the paragraph General level
functionals, page 11.

Now we give conditions under which a two-order Rice formula will be valid. The
reader is referred to [10, Theorem 3.3.3] and adapted to the future situation.
Let us consider the following assumptions:

s Ho: X : QO xT C QxR2 = Ris a centred Gaussian random field twice continuously
differentiable on 7, that is X € C*(T).
* Hy: Forallt € T, the vector (X(¢), VX(t)) has a density.

* H. For all ¢1,ty € T, such that ¢; # to, the vector (X(¢1), X (t2)) has a density, say
pX(tl),X(tz)('a )
hd Hd:

E[sup HV2X(t)||§S;]4 < 400, (2.3)
teT ’

where V2X stands for the 2 x 2 Hessian matrix of X and ||||§S2 stands for the norm

)

in £2(R? R), the vectorial space of symmetric linear continuous functions from R?
to R.

* He: Y : QO xT C QxR? — R is a continuous process defined on T as Y (¢) :=
G(t,VX(t)), where

G:TxR?—R
(t,2) = G(t, 2),

is a bounded continuous function on 7" x RZ2.

Let us now state the following assumption Hg.
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e Hg: Forallu € R,

L TEHY(tl)| Y (t2)| VX ()| [ VX (t2) ||y | X (1) = X (t2) = u]
X
X DX (1), X (t2) (U, 1) dty dty < +oo.

Let us express the following two-order Rice formula.

Theorem 2.7 (Two-order Rice formula). If X and Y satisfy the assumptions H,, Hy,, He,
Hy, H, and Hg, then for any u € R one has

E| /C L (2.4)

:/TXTIE[Y(h)Y(tz)HVX(tl)IIQ IV X (), X (t1) = X (t2) = ] x

PX (1), X (t2) (U, ) Aty dt2.
From this theorem we deduce the following corollary.

Corollary 2.8. Let X : Q2 x R2 — R be a centred stationary Gaussian random field twice
continuously differentiable on R?, that is X € C*(R?), with covariance r, (belonging
necessarily to C*(R?)) satisfying the following hypotheses:

e V27r,(0) is a non-degenerate matrix, where Vr, stands for the 2 x 2 Hessian matrix
ofry .
e r2(0) —72(t) #0, for all t # 0.

Then assumptions H,, Hy,, H. and Hq are checked so that for all u € R, almost surely
CR(u) = Crx(u).

Furthermore if X and Y satisfy the assumption H, then they satisfy also assumptions
Hg. Thus, for any u € R the two-order Rice formula (2.4) is valid.

The proof of this corollary provides from the following argumentation.

Hypotheses made on X, ensure that X is a Gaussian process twice continuously differ-
entiable on T, such that for each ¢ € T the vector (X (¢), VX (t)) has a joint density, since
X(t) and VX (t) are independent random variables. Thus Remark 2.2 gives equality
(2.1). Furthermore, these hypotheses ensure that assumption H, is obviously checked.
By using the Borel-TIS inequality given in Adler and Taylor [2, Theorem 2.1.1], one can
show that assumption Hq4 is also checked.

Now let X and Y satisfying the assumption H.. The fact that G is a bounded function on
T x R?, implies that Y is a bounded process on 7. Thus, to check assumption Hg, it is
enough to establish that for all © € R, one has

/ E[[IVX (@), IVXE2)ll5 [ X (81) = X(t2) = u] X px(t1),x(t2) (u,u) dty dty < +o00.
TXT

The proof of this finiteness can be founded for example in Berzin and Wschebor [11,
Proposition 2].
Thus X and Y satisfy assumptions given in Theorem 2.7 and the two-order Rice formula
ensues from it.

Remark 2.9. One can observe that under the hypotheses of Corollary 2.8 for X, by
taking Y = 1, one has proved that for any u € R,

Elo1 (CPx(w))]* =

/ E[[IVX (1), VX (E2)l5 [ X (t1) = X(t2) = ul X px(21),x (t5) (u, u) Aty dtz < +00.
TxT
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Note that in that case we proved that almost surely CTDrX(u) < +oo (resp. for all n € IN*,
CF x(u) < +00). Thus, for f : S* — R a continuous and bounded function, the functional

J¢(u) (resp. J f") (u)) is almost surely well defined.

Also note that under the hypotheses of Corollary 2.8 for X, those slightly modified
of Proposition 2.1 are also checked (see Remark 2.3). If we proceed as indicated in the
previous remark, we then obtain another way to establish the almost sure finiteness of
C?fx(u) and also that of C%;X(u). This explicit way provides another manner for proving

the almost sure existence of functional J;(u) (resp. J (")(u)).

Remark 2.10. Note that process Y = f (VX)]ID;( defined in the paragraph General level

functionals is such that processes X and Y do not verify hypothesis H,, since Y is
continuous on Dy and a priori not continuous on 7. So, to compute E[J;(u)]? we will
have to play close to the vest and be creative by generalizing the two order Rice formula
to our purpose (see forthcoming Lemma 3.2).

Isotropic process A process (Z(t),t € R?) is said to be isotropic if it is a stationary
process and if for any isometry J in R?, k € N := {z € Z,z > 0} and ty,...,t;, € R?, the
joint laws of (Z(t1),...,Z(t;)) and (Z(J.t1),...,Z(J.t;)) are the same.

Affine process A process (X (t),t € R?) is said to be an affine process when it is equal
in law to (Z(A.t),t € R?), where Z is isotropic and A : R? — R? is a linear self-adjoint
transformation.

If the eigenvalues of A are denoted by \;, A\, saying that the process X is isotropic
means that A\; = Ay (see Adler and Taylor [2, Section 5.7]).

Hermite polynomials We use the Hermite polynomials (H,)sen defined by

49
daa

Hy(z) = (~1)1¢ ™ (@)~ (6(x)),
where ¢ denotes the standard Gaussian density on R.
They provide an orthogonal basis of L?(R, ¢(x) dz). We also denote by ¢,, the standard
Gaussian density on R™, for m = 2 or 3.

For k := (kl,kgik’g) € IN3 and Yy = (yl,yg,yg) S R?’, we set ‘k| = ki + ko + ks,
k! := kl'kQ'kg' and Hk(y) = H1<j<3 ij (yj)

We denote by (-, -) the canonical scalar product in R2.
C is a generic constant that could change value while developing a proof.

2.2 Hypotheses

Let (£2,.A, P) be a probability space and X :  x R?> — R an affine process, equal
in law to (Z(A.t),t € R?), where Z : Q x R? — R is isotropic and A : R? -+ R? is a
linear self-adjoint transformation. We additionally suppose that A is a positive definite
transformation.
We also assume that Z is a centred Gaussian process twice continuously differentiable in
R?, that is Z € C*(R?).
The eigenvalues of A are denoted by A;, A2, 0 < A2 < A1. Let 0 < A < 1 be the quotient of
the eigenvalues, ) := Ay/)\;. The process X is isotropic means that A = 1 (see Adler and
Taylor [2, Section 5.7]).

Let r, and r, be the covariance function of Z and X respectively. The regularity
assumption on Z implies that 7, € C*(R?).
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Let T be an open bounded rectangle of R2. Let also (T},),, be open bounded squares
with the following form T, := |—n, n[2 with n € IN*, and let n tends to infinity.

Assumptions on the covariance For any multidimensional index m := (i1, ..., i)

with 1 <k < 2and 1 <i; <2, we write 8(;:[: (t) = atfﬁ-riz’tik (). Let

o™r,
otm

U(t) := max {|rz(t)| , (t)

,me{l,z}’21<k<2}.

We make the following assumption.
* Hy: ¥(t) — 0 when [t]|, = 400, ¥ € L'(R?) and [p, 7 (t) dt > 0.

Remark 2.11. Note that r, € L'(R?) implies that 7, € LY(R?) for all ¢ > 1 and hence
that Z (resp. X) admits a spectral density f. (resp. f,) that is continuous and such that
f-(0) > 0. We wish to emphasize that this fact implies that the following assumption H,
is always fulfilled

e H,: r2(0) —r2(t) #£ 0, for all t # 0.

Remark 2.12. Note also that [, f.(t) [#]12 dt < +o0.

Comments on assumptions made Having the property that f,(0) > 0 ensu2res that
V?r,(0) is a non-degenerate matrix. Indeed —V?2r,(0) = uA?%, where u = —%(0) =
L Jea £o(®) |[¢]]5 dt, for any i = 1,2. Thus x> 0.

Hypothesis H, being fulfilled ensures that the assumptions of Corollary 2.8 are verified,
so that its conclusions are also verified. That is for all © € R, equality (2.1) is almost
surely valid (for T or T},). Furthermore if f : S' — R is a continuous and bounded func-
tion, functionals Jy(u) and J}")(u) (n € IN*) are almost surely well defined (see Remark
2.9). Also if X and Y satisfies the assumption H, with T or T}, then the two-order Rice
formula (2.4) is valid for 1" or T,,.

The assumption Hg will be useful to prove Proposition 4.3 in which we exhibit the
asymptotic variance of the centred and suitably rescaled general functionals J}") (u) as
n tends to infinity. The fact that f,(0) > 0 ensures that this limit variance is not trivial.

These comments lead us to adopt the following new notations.

Notations We shall omit in the future the symbol D". Furthermore for writing conve-
nience if  is a fixed level belonging to R, we will note C(u) in place of CIT)fX(u) and C,, (u)
in place of C]T?: x(u). Also, for B a rectangle set included in 7},, we will note Cp(u) in place
of CR (u).

Particular isotropic processes Here we give three examples of isotropic processes
satisfying assumption Hy.

Since Z is a stationary Gaussian process, Z will be isotropic if, and only if, its covariance
r, will only depend on the norm. Furthermore Z must have a spectral density f., so this
last condition is equivalent to the one that f, will depend only on the norm.

Powered exponential covariance The first example is given by a covariance function
belonging to the class of powered exponential family (see Yaglom [33, Chap. 4.22.2,
example 3, p. 3641]), that is: r,(¢) := C exp(—« ||t||§) t € R% C > 0, @ > 0 being
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Re T=(t)dt = % > 0. Here the spectral density f, is
£2(N) = ;& exp(—5 ||)\||§), A € R2. The covariance r, satisfies assumption Hyg.
Generalized Cauchy covariance The second example of covariance function is given
by the one belonging to the Cauchy family (see [33, Chap. 4.22.2, example 5, p. 365],
see also Anderson [6] and Lim and Teo [21, equality (2.1) p. 1326]), that is r,(¢) :=
C (a? + ||t||§)’”, t € R?, C > 0, a > 0 being a scale parameter and v > 0 a smoothness
parameter controlling the long range dependence of the process Z. The spectral density
is

a scale parameter. One has, f

_ Ol Al
f2(A) = AT )
(see Yaglom [34, Chap. 4, equality (4.12’), p. 129], see also Lim and Teo [22, p. 3]). Here
K, is the modified Bessel function of the third kind (see Gradshteyn and Ryzhik [18,
8.432 p. 917] for definition) and I' is the Gamma function defined in Appendix (A.5).

If we add the condition v > 1, then fmz r(t)dt = Cm BN 0, and covariance r, satisfies
assumption Hy.

Whittle-Matérn covariance The third example of covariance function is given by the
one belonging to the Matérn class (see [33, Chap. 4.22.2, example 2, p. 363], see also
[22, equality (1) p. 2]). The covariance function is given by 7. (t) := C(a ||t||5)" K, (o ||t]|5),
t € R2, C > 0, a > 0 being a scale parameter controlling the spatial range of the
covariance and v > 0 is the smoothness parameter governing the level of smoothness

of Z(t). The spectral density is f,()) := % (see [33, equality (4.131) p. 364,
Chap. 4.22.2, example 2] and also [21, Proposition 3.1 p. 1333]). Since v > —1, using
the spectral density representation of the covariance in zero in the second example one

can prove that [p,7.(t)dt = Cra™22""'I'(v + 1) > 0. In addition, if we suppose that

Kya(allAlly)

v > 2, one can easily show that [, ||)\||421 Ff(AN)dX < +0o0, so that the covariance function
r, € C4(IR2) (one can also refer to [22, (33) and (34), p. 9]). By using [18, equalities
10 and 11 of 8.486(1) p. 929] we obtain the expression of the derivatives of function
r,. In [18], equalities 8.485 p. 928 and 8.445 and 8. 446 p. 919 give the asymptotic
behaviour of K, (z) when z — 0 and 6. of 8.451 p. 920 the one when z — +oco. With these
properties one can establish in case where v > 2 that ¥(¢) — 0 when ||t||, = 400 and
that ¥ € L!'(RR?). In conclusion we deduce that when v > 2 the covariance r, satisfies
assumption Hy.

Commentaries about these examples In the two first examples we remark that
covariance r, is strictly decreasing as function of the distance from the origin. If the
linear transformation A is not an isometry, this property vanishes since points living in a
circle centred at the origin with same covariance r, will be transformed by A into points
over an ellipse and thus with different covariances r,. In other words and in a general
way, meaning not just for the two previous examples, circles are deformed by stretching
via the transformation A. A point ¢ € R? such that ||t||, = 1, that is living in the unity
circle, will be such that A - ¢t will belong to the centred ellipse at the origin defined by the
A-eigenvectors directions (vq,v2) as axis and by the eigenvalues Ay, \; the magnitude of
the axis. Measuring the range of this stretching will be part of the matter of the paper,
through the construction of estimators of the ratio of the eigenvalues, say A = A2/\;, and
of 6, the angle rotation between the eigenvectors (v, v2) and a fixed direct orthonormal
basis (v*,v**) (see Figure 1 page 40).

3 Hermite expansion for level functionals

In this section T will be a fixed open bounded rectangle of R2.
For a continuous and bounded function f, f : S! — R, recall that we have defined in
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section 2.1 the following general functional J;(u) of the level u as:

1

Trlu) = o2(T) Je(u)

fvx(t))do(t),

VX
where vy (t) := ﬁ.

Our objective is for u a fixed level to give an Hermite expansion of the random variable
Jr(u).

In this aim the idea consists in approaching functionals J;(u) by other functionals, say
Ji(u,0) (0 — 0), in such a way that the last ones can be expressed as stochastic integrals
with respect to Hermite polynomials. This is possible through the use of a kernel K, and
via the coarea formula. Then the idea will consist in proving that J;(u, o) tends in L?(12)
towards Jy(u) as o — 0.

We emphasize that the convergence is not an obvious purpose since the difficulty is to
prove the continuity of function (y1,y2) — E[J¢(y1) Jr(y2)] that will be the aim of the
next paragraph. This fact is far from being trivial and requires a number of results stated
in section 2.1, as the second order Rice formula, and also studied in next section, as a
in-depth study of the level curve C(u + J) in a neighbourhood of the level .

By using the L?-continuity in the level u of functional J¢(u), we will obtain as by product
an expression for its first moment, that is a first order Rice formula for all level.

3.1 L2-continuity in the level
We prove the following theorem.
Theorem 3.1. Let f : S'! — R be a continuous and bounded function. Then the function

(y1,¥2) = E[J¢(y1) ¢ (y2)],

is continuous. In particular the same holds for function,
y— E[J;(y)]*.

Proof of Theorem 3.1. As explained in Remark 2.10, process Y = f(uX)]lD;( is not
continuous on 7', so we can not apply Corollary 2.8 to compute E[J;(y)]?. We need
to be a little careful. In fact the following lemma will prove as by product that such
computation holds for E[J;(y)]? and that function y — E[J;(y)]? is continuous.

Let us state this lemma proved in Appendix and for which the proof is based on the
application of Corollary 2.8.

Lemma 3.2. Let F : T x (R?)* — R be a bounded continuous function of its arguments,
then

yis E| /C FOIXO) (1) (1)

is a continuous function, where we have noted (R?)* := {v € R?, ||v||, # 0}.
Furthermore, for any u € R one has

Ef 9 )F(t,VX(t))ILD;(t) do (t))?

= /T TE [F(t1, VX (t1))Lpy (t1) F(ta, VX (t2)) Ly (t2) [VX (t1) [l VX ()]l | X (81) = X (t2) = u]
X DX (1), X (t2) (U, w) dt1 dtz,

where px (1), x(t,)(u, u) stands for the density of (X (t1), X (t2)) in point (u,u).
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Let y be ﬁxed in R and (yk)ke]N be a real sequence tending to y.
Let us note I¢(y fc(y ))doy(t).
Proving Theorem 3.1is equlvalent to show that || (yx) — I¢(y )||L2 tends to zero as k
goes to infinity, where ||-[| (o, stands for the L?(Q)-norm.
Thus we try to apply the Scheffé’s lemma but it is not so direct.
Indeed Lemma 3.2 applied to function F : R? x (R?)* — R, such that F(t,z) :=
f(z/||2ll3)1 220} (2) implies that L (i)l 2 () temds to [[1(y)ll 2 (o) as k goes to infin-
ity. But we need the missing following convergence, that is, almost surely I;(y;) tends
to I¢(y), with k.
Our goal is now to tempt to apply the following theorem stated and proved as [10,
Theorem 3.1.2]. Note that in its statement the functions of interest are deterministic,
that is they are not random functions.
Theorem 3.3. Let g : T C R?> — R be a function belonging to C*(T) such that Vg
is Lipschitz on T. Let h : T ¢ R?> — R be a continuous function on T such that
supp(h) C Dy := {t € T': [[Vg(t)|, # 0}, supp(h) being the support of function h. Then
the function

y— h(t) doq(t)
(v

is continous with respect to the variable y.
We have noted CTng(y) ={teT:g(t)=y,|Vg(t)|, # 0}.

Remark that process X is such that VX is almost surely Lipschitz on 7. Indeed we
have already mentioned after the statement of Corollary 2.8 that assumption Hg remains
checked. Thus equality (2.3) is valid, that is EJ supteT HVQX H 4 < 4+00. So we can

conclude that almost surely Lx := sup,ep | V2X(1)]]; ©) < too. Furthermore the Taylor

formula applied to X belonging to CQ(T) ensures that almost surely VX is Lipschitz with
Lipschitz constant Lx. B
As already mentioned in section 2.1 process Y := f(z/X)]lm( is not continuous on 7" and

there is no reason for why supp(Y) C D%.

In view of applying the Scheffé’s lemma the idea consists in approximating the functional
I;(y) by the following one. It will check hypotheses of Theorem 3.3 and also that of
Lemma 3.2 . For m € IN*, let

@)= [ Yoult)don (1),
C(y)
where we define fort € T'

Yo (t) := F(t, VX(t))]lD)r((t),
with function F, : T x (R?)* — R, defined by

Pt = 90 (5o ) 1/ 212)

m ||zl
where ¢ is a continuous decreasing function on R™, such that

() = 1, if0<t<
N0, ire <t
and (gm)men~ is a sequence of functions defined on R? to [0, 1] in the following manner

d(z, T*™)
d(z, T?™) + d(z, T(M)’

gm(x) ==
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where d(z, B) stands for the distance between the point 2 and the set B C R2. The
closed sets 72" and 7™ are defined by

T = {z € R%,d(2,T°) < 5~} and T := {2 € R?,d(2,T%) > L},

2m m

T° denoting the complement of 7' on R?.
We have shown in [10, Lemmas 3.2.1 and 3.2.2] that the functions (g,,)men+ are well
defined, continuous. Thus using the crucial central term in ¢ defining Y,,,, m € IN*, one
can prove that the r.v. Y}, is continuous on 7. Furthermore we established that the
support of function g,, restricted to the set T is contained in 7" for each m € IN*. This
fact implies that supp(Y;,) C Dy.
At last this sequence (g,,)men+ is bounded by one and tends to one when m goes to
infinity. This implies that the sequence (Y,,,)men+ is bounded on 7" and that almost surely
forall t € T, Y, (t) ——— Y (t) = f(vx (t))Lpe (1)
m——+00

By summarizing, we have

1. g := X and h :=Y,, verifies assumptions of Theorem 3.3

2. F,, and F — F,, verify assumptions of Lemma 3.2

3. Almost surely for all ¢t € T', Y,,,(¢) p——— Y (t)

Assertion 1. implies that for all m € IN*, almost surely

If,m (yk) —_— If,m (y)

k—4o00

Note that this almost sure convergence is what we need to move forward. Furthermore,
assertion 2. implies that for all m € IN*,

HIf,M(yk)Hm(Q) m HIf,m(y)”Lz(Q)v
so that Scheffé’s lemma allows to conclude that for all m € IN*,

lim ”If,M(yk) - Ifm(l/)”p(g) =0. (3.1)

k— 400

Now, assertion 2. also implies that for all m € IN*,
kl}rfoo 125 (yk) — Iﬁm(yk)HLZ(Q) = [l15(y) — If,M(y)”L?(Q) : (3.2)

An upper bound is

1 gm (k) = Lrm W 2y + M pm(y) = Lr(W)ll p2(q) -

Applying convergence obtained in (3.1) and (3.2), it yields, for all m € IN*,

T 17500 = L0 gy < 21T50) = Tran(0) |20 (3.3)

Let us set,

um—uaw:/ Vo (t) oy (1),

C(y)
where Y, (t) 1= Y (t) — Yin(t).

By using convergence given in point 3., we obtain that almost surely for all ¢t € D%,
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B 400 Yo () = 0.
Furthermore for all ¢ € Dy, one has

Ym( )’ < C. Moreover by applying Remark 2.9, one
has

E[o1(C(y))]* < 400, (3.4)

and then almost surely 01 (C(y)) < +oco. The Lebesgue convergence theorem induces
that

* Almost surely, lim,, oo (If(y) — ( )) = 0. Furthermore
* Almost surely, |I;(y) — If,m(y)| < Co1(C(y)) € L?(dP), last belonging providing
from (3.4).

Applying once again the Lebesgue convergence theorem, one has finally proved that
limy 400 [ 5,m (y) = L5 ()|l 12(qy = 0- Thus by using inequality (3.3), one concludes that

1) = L)) = 0.

yielding Theorem 3.1. a
We are now ready to define a L?({2)-expansion for J¢(u).

3.2 Hermite expansion for general functionals

Let f : S' — R be a continuous and bounded function and u a fixed level in R. We

define an approximation of J;(u). For ¢ > 0, we define
1 [T
Ji(u,0) == — K(*=2) Js(v) do,

— 00
where K is a continuous density function with a compact support in [—1,1]. In view of
applying the coarea formula to J;(u, o) we recall a statement of this formula, adapted to
our situation and that can be found in Federer [15, Theorem 3.2.12] and also in Berzin
et al. [10, Corollary 2.1.11].

Corollary 3.4. (Coarea formula)
Let h a measurable function, h : R?>xR — R and g : T C R? — R be a function belonging
to C'(T). We have

+oo
/Th(t,g(t))HVg(t)Hz dt:/ﬂ chrg(y)h(t,y) dal(t)] dy,

provided that one of the two integrals is finite.
By applying last corollary to the measurable function h : R? x R — R defined as :

ts1) = s S (0) ooy 3 K(552),

to the C''-function g := X : T C R? — R, we get:

1 1
Jp(u,0) = m/Tf(VX(t))]l{VX(t);éo} ;K(%(t)) VX ()]l dt < o0

0 X
matrix and ? stands for the transpose symbol.

Let A := ()\1 0 ) a matrix that factorizes A such that A := PAP?, where P is a unitary
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The matrix I'X stands for the covariance matrix of the 3-dimensional Gaussian vector

X (t) := (VX(t), X(t))".

2

We recall that since Z is isotropic, E[VZ(0)VZ(0)!] = u I, where u := 7881;2 (0) for any

i = 1,2 and I, stands for the identity matrix in R?.

We denote A for the 3 x 3 matrix, A := VIPA 0
0 /r:(0),

We have seen in Section 2.2 (see Remark 2.11) that Z admits a spectral density f, and
then the same fact occurs for X. We have noted f, the spectral density for X.
We obtain the following spectral representations: for ¢t € R?,

X = [ ¢V VEDaT)

where W stands for the standard Brownian motion.
Thus, for any A= (/\i)lgz(Q in R2, we let

). It is such that AAt = X,

I/()\) = (i)\l, 7:)\27 1),

so that for any ¢ € R?,

U(t) = (Ui(t)i<ics == ATLX(t) = / e ENF(A) ATL L) AW (A).
RQ
We can write for any ¢ € R?, X (t) = A.U(t), where U(t) is a 3-dimensional standard
Gaussian vector.
With these notations, one obtains:

Lyu, ()0 or Us ()0}

We define for o > 0 and y = (v;)1<i<3 € R?, the map g, as:

PA. (yl)
aoly) = Vg (Vs ) & AZy2 4 A2
o p o )\%y% i )\%y% 1J1 292

Since the map belongs to L?(R?, ¢3(y) dy), the following expansion converges in this
space:

“+o0
9o) =D > ay ok, u) He(y),

=0 el
|k|=q
while taking k= (kfi)lgi§3 S IN3,
ar, o (k,u) = as(ki, ko) ay(ks,u), (3.5)
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where for (ki, ko) € IN?,

U1
PA.
= —— A Nsys H,
k1'ks! f )\%y% +>\%y% 191 T A2y Hy, (y1)¢(yl)

Hy, (y2) ¢(y2) dy1 dy2  (3.6)
and
B
o (hs,u) : o (O ) o) 0

— 00

In this way, we obtain the expansion of the functional J¢(u, o) in L?*(Q), that is:

2 too -
Jy(u,0) L@ ang) Z Z af o (k,u) /THk(U(t)) dt. (3.7)

q:O ke]N3
|k|=q

Now observe that as o tends to zero, a,(ks,u) — a(ks,u), where coefficient a(ks, u) is
defined as

o ks) = A <wf<0>> ¢ <¢r3<0>> T e

This remark will yield via the forthcoming theorem the following expansion in L?(2) of
Iy ().

Theorem 3.5. For f : S' — R a continuous and bounded function and v a fixed level in
R, one has the following expansion in L?(2),

—+oo
1 ~
Tp(u) = —== >0 Y aglk.u) | He(U(1)) dt,

aa( )qIOk 5 T
S\
|kl=q

where coefficients as(k,u) are defined by
a¢(k,u) == af(ki, k2) a(ks,u), (3.9)

with ay(kq1, ko) and a(ks,u) previously respectively defined by (3.6) and (3.8).

Remark 3.6. This equality has nothing obvious because we do not know a priori that
the right member in the last equality really belongs to L?(f2). This fact comes from the
way we obtained this expansion, the series Zz:io a?(k3,u)ks! being equal to +oo as the
Hermite development in L?(R, ¢(z) dz) of delta’s Dirac function in point u.

Proof of Theorem 3.5. The proof of this theorem strongly leans on that given in Estrade
and Leén [14] and extensively uses the orthogonality of the various chaos.
We demonstrate Proposition 3.7.

Proposition 3.7. For f : S' — R a continuous and bounded function and u a fixed level
in R, one has the following convergence,

LU A

§—0

Ji(u,0)
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Proof of Proposition 3.7. One can easily see that the proof of this proposition follows
immediately from that of Theorem 3.1. a
As in the proof of [14, Proposition 1.3], let us define formally

1 = ~
WT) = > 3 aglhon) /THk(U(t)) dt,

9=0 g
|k|=q

and prove the following lemma.
Lemma 3.8. 5(T) € L*(Q).
Proof of Lemma 3.8. First, remark that if k,m € IN? are such that |k| # |m/, then for all
s,t €T x T, E[H(U(t))Hm (U(s))] = 0 and the above expression, n(T") turns out to be a
sum of orthogonal terms in L?((2).

Indeed, to prove this we need a generalization of Mehler’s formula given in Azais
and Wschebor [8, Lemma 10.7, part (b), page 269] via the following lemma proved in
Appendix A.

Lemma 3.9. Let X = (X;);=1,2,3 and Y = (Y}),=1,2 3 be two centred standard Gaussian
vectors in R? such that for 1 < i,j < 3, E[X,Y]] = p;j, then for k,m € IN, one has

dij

E[Hg(X)Hpm(Y)] = ( > km! ] ﬁ ) L jgo|=m-
di; 20 1<i,j<3
Zj dLJ:kh
> dig=m;

As in [14], let us fix Q € IN and let us denote by 7% the projection onto the first Q
chaos in L?(2) and by ¢, the projection onto the remaining one. With these notations
one has

Q
") = > X asten) [ B at
9=0 peN®
|k|=q

and mq(1(T)) = n(T) — 79 (n(T)).
By the precedent remark, we have

Q
BT = Y Bl
q=0

> ap(k,u) /Tﬁk(U(t)) d)?.

keN?
|kl=q

Remember that coefficients a ,(k, u) have been defined by (3.5).
Applying the Fatou’s lemma, since lim,_,o ay,(k,u) = as(k,u), we obtain

Q
1 ~
Er°n(T))? < lim Y E[—— agk,u/H U(t)) dt)?
RO < 3Bl 3 ara(kw) | HuU() df
q= kEN
[kl=q
+oo 1
<lm SB[ apolkn) [ Bu() 2
o—0 0 UQ(T) k§3 !
|kl=q
1 =
= lim E| aro(k,u) | He(U(t)) dt)?
=0 UQ(T);k§3 T
|k|=q
= lim E[J;(u,0)]* = E[J;(u)]® < +o0,
o—0
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the two last equalities providing from equality (3.7) and from Proposition 3.7 and the
third last equality from the expansion in L?*(Q) of J¢(u,0) (see (3.7)) and precedent
remark. The finiteness of E[J(u)]? comes from Lemma 3.2.

Thus the random variable 1(T) € L?(Q2) and

+oo 2
1 ~
E[n(T))? = ZE[ > ag(k,u) / Hi(U(t)) dt} . (3.10)
P 0a(T) &, "
q= kelN
[k|=q
This achieves proof of Lemma 3.8. a

It remains to prove that J¢(u) = n(T) in L*(12).
As in the proof of Theorem 3.1, we write ||-|| .2 (q for the L?(92)-norm.
For fixed Q € IN and o > 0, one has the following inequalities

175() = 0T 2 0y < 7@ (5 () = (D)) 12y
+ 79T () = Tp(w,0))| o + 172 (s 0) = (T 2
< lm (T (W)l gy + 17T | g2y + I17(0) = T¢ (4,0l 2
+ |7 (T (w,0) = 1(D))|| 12y -

Now by Lemma 3.2 and Lemma 3.8, J¢(u) and n(T) belong to L?(f2), thus

limg- soc 7 (I ()] 2y =l soe 7T | 2 = O-
Furthermore due to Proposition 3.7, lin% 175 () = J¢(u,0)| 12 () = 0 and for fixed @ € IN
o—r

and since lim,_,g af o (k,u) = as(k, u), limo |79 (Js(u,0) — n(T))||L2(Q) = 0.
o—
Hence, for fixed @ € IN and taking limit as ¢ tends to zero one obtains,

175 (w) = (D)l 20y < lm@ (T ()l L2y + 1@l L2(g) -

Then, taking limit as @ tends to infinity one finally gets

1750) = (T 2 = 0.

Theorem 3.5 ensues. O

3.3 One order Rice formula

As by product of Theorem 3.1, we obtain the one order Rice formula for the general
functional J;(u), v being a fixed level in R. More precisely we have the

Proposition 3.10. For f : S! — R a continuous and bounded function and u a fixed
level in R, one has

VX(0)

E[J;(uw)] = px(0)(w) E[f (IIVX(O)H2

) VX)),

where px (o) () stands for the density of X (0).

Proof of Proposition 3.10. We refer to Theorem 2.5 stated in section 2.1 and we check
that processes X and Y = f(vx)1p: verify assumptions given in this theorem, that is
assumptions Hy, Hs, H4 and Hs.

Theorem 3.1 implies that assumptions H; and H, are satisfied, assumption Hg being
fulfilled.
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Thus we just check if the hypothesis Hj is verified. In this context, let us compute the
following integral:

[ pro@E[FOIvX @l X0 =] ai =
T

02(T) px(0) (@) BIf (e ) IVX (O] < +oc.

Since function u — px(o)(u) is continuous, hypothesis Hj is satisfied. All conditions
are met to apply the Rice formula, and one gets,

B/ 0] = 5 | o) B [f (565 @ 19X @) 1X () = u] ar

0'2(

= px0) (W EIf (emoy; ) VX))

The proof is completed. |

4 Convergence of general level functionals

In this section (T},), will be open bounded squares of R?, with the following form
T, :=]—n,n[* with n € IN*, and n tends to infinity. Also let u be a fixed level in R.
Remember that for a continuous and bounded function f, f : S* — R, we have defined
in section 2.1 the following general functional J J(cn)(u) of the level u as:

(n) 1 v o
0= o [ Hex@)an,

VX
where vx (t) = ﬁ.

Our objective consists now to establish the almost sure convergence of such functionals
and also their asymptotic normality, when the observation window 7}, tends to R? as n
tends to infinity. To this end we will use the results established in previous section 3,
that is the Hermite expansion of the random variables J}”) (u) and also the one order
Rice formula in order to compute their expectation.

4.1 Almost sure convergence for J ](c") (u)

By applying an ergodic theorem for stationary processes (Adler [1, §6.5)]), we shall
show the following general almost sure convergence theorem.

Theorem 4.1. For f : S' — R a continuous and bounded function,

I () =2 BIJM (w)].

n—-+oo

Proof of Theorem 4.1. Let f : S' — R a bounded and continuous fonction. As a first step
we suppose that function f is positive and that the square T,, has the following shape:
T, :=]0,n[ x ]0,n[. Lemma 4.2 is proved in Appendix A.
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Lemma 4.2. Let f : S' — R be a positive continuous and bounded function. One has

/on_l /On_l / f(vx(z))doy(x) dtds
Cle, t41[x[s, s+1(()
///Ot o) f(vx(x))doy(x) dtds

< /C o Jex@dn@

/ / / flvx(z))doi(z) dtds
Cre—1, t[x[s—1, s[(®)

Let us note H(t,s) := fC]o x100(®) flvx(x))doy(z).
On the one hand, since function f is bounded, we have the convergence that follows

L i syaras < C (Conp(w) =220
(2n)? Jo Jo S gz T Mot ) LS

last convergence providing from Remark 2.9. Indeed, since
Eloy (0]0)1[2 (u))]2 < 400, we deduce that oy (6]0’1[2 (u)) is almost surely finite. On the
other hand, noting by

£(t5) = / f(ox (@) doy (2),

Ce, e+1(x[s, s+1((w)

one has

(2711)2 /0"_1 /O”_l / f(vx(z))doy(x) dtds =

c[t,t+1[><[s,s+1[(u)
n—1 nt
&(t,s)ded
(2n) (n—1)2 / / 2 5

Since process X is a centred stationary Gaussian process with continuous trajectories
such that 7, (¢) tends to zero as ||t||, tends to +oco, we deduce from [1, Theorem 6.5.4] that
process X is ergodic. Now since process X is strictly stationary and ergodic, we deduce
from [1, Theorem 6.5.2], that process £(t, s) is a strictly stationary ergodic process. Note
that the set [t,t + 1[x[s, s + 1] is not an open set of R?. However Proposition 3.10 still
remains valid. That is the closure of this rectangle does not play role in the expression of
the one order Rice formula. Thus from Proposition 3.10 we know that E[|£(¢, s)|] < +oo.
By [1, Theorem 6.5.1], we deduce that

—1 o s 1 1
(nzn) (n—1)2 / / §(t,s)dtds —=— —E[((0,0)] = ZE[J}”(U)].

In the same way, one obtains

n+1)2 1 /”“/”“/
flvx(z))doy(x) dtds
( 2n (7’L+1)2 0 0 Cre—1, ¢[x[s—1,s[(®)

ey Ly ),

n—-+oo 4
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Finally, by using Lemma 4.2, one proved that

/ Flrx(2)) do () =22 LB W),

0n2(u

n—-+oo 4

Now, working in a similar way succesively with 7}, :=]—n, 0] x]0, n[ or T}, :=]—n, 0]x]—n, 0]
or still with 7;, = ]0,n[x] — n, 0], one should prove the same convergence result for each
square T}, even if T}, is not an open set of R?. Finally, if f is a positive function, by using
the linearity of the interest functional one have proved that

To conclude the proof of Theorem 4.1, we decompose function f into its negative part
and into its positive part, that is under the shape, f = f — f~, and we apply the previous
result to each of the interest functionals J}ﬁ) (u) and J](ﬁ)(u). O

4.2 Convergence in law for {J(f") (u)

We establish a CLT for a centred and suitably rescalled general functional J)(c") (u),
function f : S' — R being any continuous and bounded function and u a fixed level in R.
Roughly speaking we decided to give the rate of convergence in Theorem 4.1. In this
aim we define the random variable f}") (u) by

& (w) = 20 (71" (w) ~ LT} (w)]) (4.1

First we compute the asymptotic variance of fj(c”)(u) as n goes to infinity, which is
the object of the following proposition. The proof as well as the following remark very
closely follow the ones given in [14, Proposition 2.1].

4.2.1 Asymptotic variance for 5;") (u)

The functionals 5;") (u) are also orthogonal in L?(). This is a crucial fact for computing
its variance. Using the Arcones inequality (see [7, Lemma 1, p. 2245]), we deduce the
asymptotic variance of 5}")(u) as T, grows to R?, this variance depending on the level u
as follows.

Proposition 4.3. For f : S' — R a continuous and bounded function, we have the
following convergence,

lim Var[f(")( ) = Ty f(u),

n—-+4o0o
Yt #(u) being defined by
Yp(u Z Z af(k,u)ag(m,u) R(k,m), (4.2)
g=1 k meN?
k|=[m|=q

where coefficients as(k,u) have been defined by equality (3.9), while R(k,m) is defined
as

R(k,m) := /R E[Hy (U (0))Hpn (U (v))] do. (4.3)
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Remark 4.4. If f is a function with constant sign, then Xy ;(u) > 0.

Proof of Proposition 4.3. One has the following expansion in L*(12),

nzzafku/Hk

=1 gecN®
|k|=q

i (u) =

Indeed by using Theorem 3.5 it remains to establish that ]E[J](cn)(u)] = as(0,u), where

1
0 := (0,0,0) € IN3. Thus it is enough to remark that a(0,u) = ¢< a ) =

Px(0)(u) and that a;(0,0) = E[f ( VX(O)| ) VX (0)],), since

VX (0)]],
=i (o)

Since the random variable §}(‘-n )(u) is a centred one, using equality given in (3.10) and
Mehler’s formula (see Lemma 3.9 of Section 3.2), we obtain

IVX(0)], = WHPA' (glggi)

2

Proposition 3.10 gives the result.

Var[g("( )] €7 (u Z 3 ap(ku)ag(m,u) Ry(k,m)  (4.4)

9=1 k meN?
lk|=|m|=q
with

R (kom) = o /M /M (U(5)) Hom (U (£))] dss .

Thus and since U is a stationary process, we have

Ro(k,m) :/] i Qn[zE[fIk(U(O))fIm(U(v))] (1 - ';’;) (1 - ;]Z') dv.

Now by applying Lemma 3.9 to X := U(0) and Y := U(v), one has for |k| =

~ ~ ['U v dij
EUO) T )] = Y kmt [ D00
dij> 1<4,5<3 2
>, dij=k;
>0 dij=m;
where
I (v) = E[U;(0)U;(v)]- (4.5)
Since
FU(”) = (Fg(v))l@,y‘@
1, 9%, 1 L Or.
[T vy, st P i PG, (A e
N 1 87" ro(Av) ,
z A t P z
@) e, s r.(0)
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we have for any v € R?,

sup ‘F»U(v)| <LY(Aw), (4.6)

Ul ij
1<4,5<3

where the function ¥ has been introduced in Section 2.2 and L is some positive constant.
Hence, for |k| = |m| = ¢, with ¢ € IN*,

E[f[k(U(O))Hm(U(v))]’ < L/ U9(Aw),

where L' is some constant depending on q.
By the covariance assumption Hyg previously stated in Section 2.2, ¥ € L'(R?) and
then W9(A-) € L'(RR?). We can apply the Lebesgue convergence theorem and obtain, for
k,m € (IN?)*,
lim R,(k,m)= R(k,m):= / E[Hy(U(0))Hp (U(v))] dv.

R2

n—-+4oo

Now turning back to (4.4), we write
+oo
Var ¢ ()] = YV (),
g=1

and according to what we have just seen, for all ¢ € IN*,

Vo(u) == ngrfoo Vq(”)(u) = Z as(k,u)ap(m,u) R(k, m). (4.7)
k,meN?
[k|=Im]|=q

Note that for any ¢, V" (u) > 0 and so V,(u).

Thus, if we prove that limg_,, o sup,, ;;OZQH V}](")(u) = 0, Fatou’s lemma implies that
limg 400 Z;;’Z?H Vg(u) = 0. Thus (Zqul V4(u))q is an upper bounded increasing se-
quence and consequently a converging sequence, that is the series Xy ¢(u) := j;: Vg (u)
will be convergent. Also the first convergence will imply that Var [5}"’)@)} tends to

Yt #(u). The proof of Proposition 4.3 will be completed. Thus let us prove this conver-
gence via a lemma.

Lemma 4.5. For q,n € IN*, let

V;](”)(u) = Z af(k,u)ar(m,u) R,(k,m),

k,meN3
|k|=|m|=q

with f : S' — R a continuous and bounded function. One has the following convergence

—+00
lm sup > Vi (w) =0, 4.8)
7T q=Q+1

Proof of Lemma 4.5. First, let us remark that the convergence in (4.8) is equivalent to
the following one:

i Vst ] <o,

uniformly with respect to n, where 7 stands for the projection onto the chaos of strictly
upper order in Q.
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For the sake of simplicity of writing, let us note V;, ¢ := Var [wQ (5}")(11))} .

Let s € R? and 6, be the shift operator associated with the field X, that is, 0, X = X, ..
Let us also introduce the set of indices I,, := [—n, n[?> NZ?, clearly we have

mQ(€)" (u) Z 0s(mq(Er1(w)),

beIn

where the random variable & ;1 (u) is

Era(u Z > ap(k,u) 2ﬁk(U(t)) dt.
=1 N3 Al
|k|=q

The stationarity of X leads to

where a;(n) :=card{t € I,, t —s € I, }.

Obviously, one has a(n) < (2n)2.

Now, on the one hand, by the covariance assumption Hy made in Section 2.2,
limz |, 100 ¥(z) = 0, and since the eigenvalues of A are strictly positive one also has
hmeHz—H-OC \II(AI) =0

On the other hand, let 0 < p < 1 such that

2

pL(u) < 1 where L(u) = 2—— +1, (4.9)
r2(0)
and a > 0 such that |[z||, > a implies
3LU(Az) <p <1, (4.10)

where L is defined by (4.6).

We split V,, g into V,, ¢ = n(Q + Vn ‘(- Where in Vrflc)g the sum runs over the indices
sin {s € Iy, ||s]lo < a+ 3} andin V,%) over sin {s € Iy, ||s]| . > _ standing
for the supremum norm. By Schwarz inequality and since a,(n) < (2n)?, using the
stationarity of X one has the following upper bound,

V3| < 2a+3)7 Blra(r ),

which goes to zero as () goes to infinity uniformly with respect to n, since adapting
equality (3.10) to the present situation one can proved that limg_, 4o E[rg(£f,1(u))]* = 0.
We proved that limg_, ;  sup,, Vn(lc)g = 0.

Now, let us consider the term Vn(%

2) 1)’

Vi = (Qn) > au(mElmQ(Era(u)0s(mq(€ra(w))-
s€lan
5]l oo >a+3

For ¢ € IN*, let us define function F by

Fy(x) := Z ay(k,u) Hg(z), z € R®.
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For s € Iy, such that ||s|| > a+ 3,

Elrq(&f,1(u))0s(mq(§r,1(w))] =
/ / E[F, (U()F,(U(s + v))] dt dv.
10,112 J]0,1[2

q=Q+1
At this step of the proof we want to propose a bound for E[F,(U(t))F,(U(s + v))],
t,v €10,1[%.
Note that if Zfﬁmg a}(k,u)k! = 0, then F,(z) = 0 for all z € R® and a trivial bound is

kl=q
zero. So let us suppose that Y, s a7 (k, u)k! # 0.
|kl=q

We are going to apply Arcones inequality (see [7, Lemma 1 p. 2245]). By using no-
tations of this lemma, we apply it to f := F, and to X = (X));¢;<3 := U(t) and
Y = (Y®™)1ckes := U(s +v), with d = 3, such that 7% = E[ XY ®] .= 'l (s —t +v),
I'V being defined in (4.5).
Now by using inequalities given in (4.6) and (4.10),

Y= r ’“>‘ v
1<<3 ) INES Y

<3L\I/(A.(s—t—|—v))\p<l. (4.11)
It remains to verify that F, function on R? has finite second moment and rank q.
In the first place by Lemma 3.9 given in Section 3.2 one has
E[F,(X)P? = B[F,(U®))* = Y aj(k,u)k! < +oo.

kEN3
|kl=q

Jk)‘

In the second place and since ), s a?(kz,u)kz! # 0, this last equality ensures that
lkl=q

rank F, < q. Furthermore let m € IN® such that E[Fq(X)IA{Tm(X)} # 0. By Lemma 3.9,

E[Fy(X)Hpm(X)] = > gen® af(k, u)k! k= |m|, which implies |[m| = ¢ and rank F, = q.
[k|=q

Thus we have all the ingredients to apply Arcones inequality. For ¢ > 1, using inequality

given in (4.11) we get the bound

E[Fy (U () F,(U (s +v))] < ¢ BIF,(U®))]”

<P BL)U(A(s—t+0)) (Y aj(k,u)k)).
kEN?
|k|=q
As already pointed out in Remark 3.6, the series ), s a}(k, u)k! = 400, so that we
have to tread carefully in what follows.
Finally and since a,(n) < (2n)?, one has

—+o0
V(%‘<C >N o aj(k, w)k! Z/ / A(s —t+v)) dt do.
10,112 J]0,1[2

q=Q+1 gcIN® s€lay,
|k|=q

Using that

/ / A(s—t+w)) dtdvé/ U(Aw) dv
0,112 J10,1[2 R2

s€lap

< C/ U(v) dv < +o0,
R2
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last finiteness providing from assumption Hg made in Section 2.2, one has

+oo
VT%‘ <c 3 Y ol dd(kukl.
q=Q+1 kN3
|k|=q

To conclude the proof of this lemma we just have to check that

+oo
=12 (k, u)k! < +oo.
> D ag(ku)

q=1gelN3
|k|=q

Now remember that for k = (k;)1<,<3 € IN?,
af(k,u) = ayr(ki, ko) a(ks, u),

with ay(k1, k2) and a(ks,u) respectively defined by equalities (3.6) and (3.8).
On the one hand, since the function

PA.()))

h:(y,y2) = [l ——m——
( Myt + A3y5

)/ A3 + X3u3
is such that h € L(R?, ¢2(y) dy), we deduce that,

D> af(kr ka)ki k! < +oo. (4.12)
kl,k}QE]N

On the other hand by using the expression of Hermite’s polynomials given in Appendix A
by (A.3) and (A.4), for all kK € IN and for all z € R we get the bound

HE(z) < (k+1)! (222 + 1)*,

so that for all k € IN? such that |k| = ¢ and remembering that L(u) has been defined in
(4.9), one has
ksla®(ks,u) < C (ks +1)L* (u) < C (g + 1) LI(u).

Thus by inequality (4.12), finally one obtains

—+o0 +oo
S i aikwk! < C Y p g+ 1) L (u) < +oo,
=1 el q=1

|kl=q

last finiteness providing from inequality (4.9).
This yields Lemma 4.5. O
Proposition 4.3 ensues. a

Proof of Remark 4.4. Remark ensues from the following argumentation.
We have seen in the proof of Proposition 4.3 that Xy ;(u) = Z;j Vy(u), with

Vi) = 3 ap(k.u)ag(m,u) R(k,m) >0,
k,melN?
|k|=|m|=q
for all ¢ > 1. Thus

Lp.p(u) 2 Vi(u) + Va(u).
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By using Lemma 3.9 and the inversion formula, a computation gives that for |[k| = |m| =1,
R(k,m) = 0 except when k = m = (0,0,1) and in this case one has

f=(0)

A1 Aor,(0)

1

R((Oa 0, 1)7 (Oa 0, 1)) - 7‘907(0)

/]R o(v) do = (2m)?

Thus

VI(U) = CL?‘(O’ O) 'rgu(o) ¢2( T’I:(O))@ﬂ—)z /\11\;252)(0) -0

if u # 0, since f is supposed to have constant sign and f,(0) > 0 (see Remark 2.11 given
in Section 2.2).

Using arguments similar to the previous ones, the fact that [, f.(t) Ht||§ dt < 400 (see
Remark 2.12) and Parseval equality, straightforward calculations provide that

Valu) =2 (20 [ £200) x g ((1,1.0), )t}

+(dy1dag + diadar )tits + diadaats) + ar((1,0,1),u) (di1ty + diat2)

r.(0)

+az((0,1,1),u) (dorty + daota) + af((2,0,0),u)(d11t1 + diata)?

r,(0)

+a((0,2,0),u)(d21ts + daat2)® + ar((0,0,2),u)

1
where (dij)lgi,]{Q =D:=— A_IPt.

Vi

Remark 4.6. Note that in the case where the process X is isotropic our result contains
that of Kratz and Ledn [20, Theorem 3].

Since det(D) # 0, one gets the following equivalence:
(Va(u) =0) <= (as(k,u) =0, forall k€ IN* such that |k| = 2)

In particular, since f has a constant sign, a¢(0,0) # 0 so that a;((0,0,2),0) # 0 and
V2(0) > 0.

Finally we proved that for v # 0, Xy ¢(u) > Vi(u) + Vo(u) > Vi(u) > 0 and for u = 0,
The proof of Remark 4.4 is completed. a

Now, we have got all the tools to prove that the random variable 6;”)(u) converges
in law as n tends to infinity to a centred Gaussian variable with finite variance X ¢(u)
given by (4.2), see Theorem 4.7. The proof we give for this theorem, is inspired by the
one presented in [14, Proposition 2.4].

4.2.2 General level functionals viewed into the Wiener-Ito chaos

Using the Peccati and Tudor theorem (see [26]), we obtain the following theorem.

Theorem 4.7. For f : S' — R a continuous and bounded function, we have the following
convergence,

€7 () 2y N(0; S g(w).
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Remark 4.8. For example if f = 1, we find that the normalized centred curve length
converges in law to a non degenerate Gaussian random variable.

Note that for all real numbers a and b and for all continuous and bounded functions,
f1and f2 : S — R, one has fg}hbh (u) = aﬁj(ff) (u) + bf}g) (u).
By generalizing the definition given in (4.1), we define the following functional. For
ke N*and f := (f1, f2, -, fr) : S' — RF continuous and bounded function let

€9 (w) = 2n (1 (w) - B (w)])

where
(n) _ (n) .: (n) _ (n)
9 () - BT () (in (u) — E[JY (u)])lggk. (4.13)
We define
NAC Z > ag(k,u)ag,(m,u) R(k,m),
q=1 k, meN?®
|k[=|m|=q
where R(k,m) is defined by (4.3), and
E?(u) = (T g, (u))lgi,jgk' (4.14)

By Cramer-Wold device we readily get Corollary 4.9.

Corollary 4.9. For all k € IN* and all ? = (f1,--,fr) : S* — R* continuous and
bounded function, one has

€4 (w) 2y N0 T (w).

n—-4o0o

Proof of Theorem 4.7. First, let () a fixed integer in IN* and let us consider the projection
of the random variable fj(c") (u) onto the first  chaos in L?(Q) that is

7TQ(€f : anzafku / Hk

=1 N3
|k|=q

We will show the asymptotic normality of this sequence as n tends to infinity. For this
purpose and in order to apply the Peccati and Tudor theorem (see [26, Theorem 1]), we
will give an expansion of this random variable into the Wiener-It6 chaos of order less or
equal to Q.

To this end, remember that in Section 3.2 for any ¢ € R? one has defined the 3-dimensional
standard Gaussian vector U (¢) as

Ut) = / e CNVF () AT r(N) AW (A) = (Us(t) )1<iss,
]RZ
where W stands for the standard Brownian motion and for any A = (\;)1<i<2 in R?,
V()\) = (i)\l,i)\g, 1).

In what follows, for any ¢ € R? and j = 1,2, 3, we denote by ©t,; the square integrable
map on R? such that,

U0 = [ oA,
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Since (gt ;)1< <3 is an orthonormal system in L?(R?), using Itd’s formula (see Major [23,
Theorem 4.2 p. 30]), for fixed k = (k;)1<i<s € IN? such that |k| = g,

3
/ 2@ s @ Ok (A, A AW () -+ AW (Xg)
=1

(028 ® 0252 @ P43,

where I, stands for the Wiener-It6 integral of order g.
We shall use notations introduced in Slud [30].
For each ¢ > 1, let consider L2, ((IR?)?) the complex Hilbert-space

L2, ((R*)9) := {f; € L*((R*)?), such that for all = € (R*)7,
fq( ) fq( ) fq(xlﬁ"'vxq):fq(xﬂ(l)a""xﬂ(q))’Vﬂ-ESQ}’

where S, denotes the symmetric group of permutations of {1,...,¢}.
For f, € L?((R?)4), we denote by sym(f,) the symmetrization of f,, thatis for zy,...,z, €
R?,

sym(fq)(z1,...,24) == q'qux,Tl),..., ()

TES,
Observe that for f, € L?((R?)9) such that for all z € (R?)4, f,(z) = f,(—x), one has

Iy(fq) = I(sym(fy))- (4.15)

Forq>1, f € LZ,,,(R*)?) and p = 1,...,q, we will write f, ®, f, for the p-th contraction
of f, defined as

fq ®p fq(Alw"vAQq—Qp) = /(R2)' fq()‘l,---a)‘q—paxla“-axp)

FaAgept1s -+ s A2g—2p, —T1, .., —Tp) dz1 - -+ dzp.

Using the property of I, given in (4.15), the random variable of interest can be written
as

Q
(”) Z Iq f(n
q=1

where for n,q € IN*

. 1 \

I = o > af(k,u)/ sym(pi! ® ¢is? ® ¢is?) dt.
keN® T
|k|=q

We symmetrized the function fé”) with the aim of applying [26, Theorem 1].
Symmetrizing the function complicates a lot the calculations in the study of the contrac-
tions. So we are going to write function fé") in another way.

For k = (k;)1<i<3 such that |k| = ¢, we define

q
A = {m=(mq,...,mg) € {1,2,3}9,Vi=1,2,3, Y L;y(m;) = k;},
j=1
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one has card{Ax} = k!/q!. Let us remark that the sets (Ax)recns,|k|=, Provide a partition
of {1,2,3}1.
With these notations one has

> ag(k,u) sym(pft @ o2 @ o) =
kelN®
|k|=q

ay(k,u)
sym( Z Z card(Ag) Pt ”'%’mq)

ke]NS meAg
[k|=q

Since (Ak)ken?,|k|—q Provides a partition of {1,2,3}9, then for all m € {1,2,3}4, 3k € IN3
ar(k,u)

such that |k| = ¢ and m € Ag. So for fixed m € {1,2,3}9, let by(m, u) := M'

Thus

> ap(k,u) sym(pftt @ o5 @ ofs?)

keN?
|k|=q

= sym ( Z bf(m7 u)spt,ml ce (Pt,mq>
me{1,2,3}49

> bp(m ) e m, e Prm,
me{1,2,3}4¢

since m +— by(m,u) is symmetric on {1,2,3}9.
Finally the random variable WQ(SJ(CH) (u)) can be written as

Q
(n) Z I,( f(n)
q=1

where for n,q € IN*

fén) 2 / Z bf(m7 U)%,ml TPty dt’
n Jl—nnf? me{1,2,3}9

that ends our first objective.

To obtain convergence of 7% (f}”)(u)), we use [26, Theorem 1]. Convergence in Proposi-
tion 4.3 gives the required conditions appearing at the beginning of this latter theorem.
So we just verify condition (i) in proving the following lemma.

Lemma 4.10. For fixed integers q and p such thatq > 2 andp =1,. -1,

2
£ @ F e Mg B+ Hg—p)

dA; ... dXg—pdpur ... dpg—p =0.

lim
n—=+0o0 J(R2)2(a—p)

Proof of Lemma 4.10. Let

C,, = /
(R2)2(a—p)

2
S5 @y £ Mg - fig—p)

Ay dhgpdug . dptg .
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Straightforwards calculations show that

C, = <21n)4/(]n’n[2)4 > > by(ku)bp(m,u)

k,me{1,2,3}7 K,M¢e{1,2,3}4
by (K, u)bp(M,u) I i (b —t2) ... T

qa—p>

K,_,(t1 —12) X
F’r[lel,]\fl (81 - 82) T F’r[T]qup}Mq (81 - 82) Fk)q p+1,Mg—p+1 (t1 - 81) s X

I o (o= s) TR oar, o (ta = 52) - TR (f2 — s2) dty dsy dipdss,

where I'U has been defined in (4.5).
Using inequality (4.6), we get the bound

1\* 4
Cp < (2”) (Y fbymow)) / WALt — 1)
me{1,2,3}4 (I=n.n[*)
\Ifq_p(A.(Sl — SQ))‘IIP(A ( 1 — 81))\111)(14 ( 2 — 82)) dtl d81 dtQ dSQ.
Moreover, we have

\I/q_p(A.(tl — tz))‘l’p(A.(tQ — 82)) < \I’q(A.(t1 — tg)) + \I/q(A.(tQ — 82))

Furthermore for r € IN*, one has

/ \IJT(A.(U—U))dudUQC/ U (u) du < +o0.
]—n,n[? R2

Applying the penultimate and last inequalitiestop > 1, ¢ > 1 and ¢ — p > 1, one obtains
1 2
Cn < Cq <> (/ T () du) (/ PIP (1) du) (/ TP (4) du),
2n R2 R2 R2
thus we proved that lim,,_, -, C,, = 0, this achieves proof of Lemma 4.10. a

Hence we proved that,

e forallQ > 1, 7rQ(§}")( ) 22 N(0; Z V,(u)), where V,(u) has been defined

n—-+oo
by (4.7).
On the other hand we proved in Lemma 4.5 that
« foralln > 1, 7€} (u) =2 ¢ (),
Q—)Jroo
and that
o i V. b)) .
ol Z () = Ly f(u)

Fmally and by Proposition 4.3 we also have

e lim lim HWQ(g;’”(u))fg}")(u)]

Q—+o0o n—+00

L2(Q)

Applying Dynkin [13, Lemma 1.1], we can conclude that fj(c (u) _fLaw N(0; 2y r(w)),

n—-+4o0o
that achieves proof of Theorem 4.7. O
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5 The affinity estimators

In this section (7}, ),, will be still open bounded squares of R?, with the following form
T, :=]—n,n[* with n € N*, and n tends to infinity. Also u will be a fixed level in R.
We propose estimators of the affinity parameters defined as A and 6, by considering the
particular functional of the level set u proposed by Wschebor [32, chap. 3.6 F, pages
82-85]. In this aim we reproduce in sections 5.1, 5.2 and 5.3 all the computations
made by Wschebor including the three forthcoming attached pictures. By using the
general convergence results established in previous section 4 we point out convergence
properties of these estimators.

5.1 The functional of interest

Let J%)(u) this particular functional (see notations given in (4.13) for the definition

of a general vector-functional of the level u), where the vector-function F is defined as

follows. Let v* € S! a fixed vector and consider

St — 5t )
(5.1
w ?(w) = w X (L300 — Liw,v)<o})-

Remark 5.1. Note that function F is continuous except on the line given by equation
(w,v*) = 0. Nevertheless Rice formulas will still remain valid for the associated function-
als. To be convinced of that, one only needs to apply the same techniques as those used
for showing Lemma 3.2.

Remember that in section 2.2 we have denoted the eigenvalues of A by A, \g,
A2
Tl.

Let P := (v1,v2) be an orthonormal basis of eigenvectors of matrix A, such that \,
and ), are their respectives eigenvalues. The vector v* can always be written in this
basis:

0 < Az < Aq. Also 0 < A < 1 has been defined as the quotient of the eigenvalues, \ :=

v* = cos(f)vy + sin(6)vs.

It is always possible to choose f% <0< %
Indeed, 0 could be the angle between v* and the eigenvector corresponding to the

highest eigenvalue, because of the symmetry with respect to the point (0,0) and the fact

that the mapping transforms X into % and ¢ into 7 — 0 has this effect.

By defining v** := cos(f + §) v1 +sin(0 + §) vo = —sin(#) vy + cos(f) vo, we thus defined a

direct orthonormal basis (v*,v**), see Figure 1. S,

f

Theorem 4.1 applied to the particular functions f* and to the function 1 taking values

in R and identically equal to one implies that,

)]
. (5.2)
)

]

J);") (u) E[JY (u

a.s.

f
Jln)(u) n——+o0o E[J{l)(u

Applying the Rice formula for this particular function ? and for the function 1, we show

the following proposition.

Proposition 5.2.

JPw

sin(6) cos(0)(\% — 1) o

(cos2(A) + A2 sin?(6))2

b

(cos?(0) 4+ A2 sin2(9))% v* 4
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Figure 1: Eigenvector directions

where I()) is the elliptic integral

1) = / (cos?(z) + A2 sin?(x))? da. (5.3)
0
Remark 5.3. Note that J. (")( )= (H(C(T(u))) This functional is nothing but the measure-
o

ment of the dimensional length of the level set by unit of surface.
Proof of Proposition 5.2. We use a lemma for which a proof is given in Appendix.
Lemma 5.4.

B @] g g2 1

EJO ) 7 AV, o [Aal, da’

where da denotes the normalized area measure on S*.
1
E[J% (w)

Using last equality we show that can be expressed in the orthonormal

1
ELJ;" ()
basis (v*,v**) as follows. One has:

A% v* = ] [cos(0) vy + A?sin(0) vs]

and

Nl

[ Av* |y = Ay [cos®(0) + A sin®(0)] 2 .

Also
27 1
/ |A.af|y da= A / [cos®(z) + A% sin®(z)] 5 = — I(N),
51 0

where I()\) is the elliptic integral defined by (5.3).
Thus by using Lemma 5.4 we proved that

E[J(l)( )] _ 1 cos(@) v+ A2 Sln(a) Vo

E[Jil)(u)] IO [cos2(0) + A2 sin®(0) ]5

-
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At this stage of the proof we are going to change the basis, that is expressing last identity
in the orthonormal basis (v*, v**), getting

EY )] sin(6) cos(0) (A2 — 1)

/ = (cos®(0) + A% sin?(0))2 v* + vt (5.4)
EJ ) 1) (cos2(0) + A2sin?(0))*
Proposition 5.2 ensues from convergence given in (5.2). O

We consider function ? being defined by:

F 10,1 x]-2,5] — {(X,Y) € R%L, X > 0, X2 + V2 < 1} 55
(A 0) = F(0,0) = (Fi(\,0), Fa(A,0)), |
where !
F(\6) = ™ (cos?(0) + A2 sin?(0))2
1 sin(#)cos(9)(\2 — 1)
B()\0) = .
2(%6) I(N) (cos2(6) + A\2sin?(9))=
J%L) (U) a.s
Proposition 5.2 says that ——— F1(\,0) v* + Fo(\, 0) v*™.

JYL) (u> n——+oo
In order to define estimators for parameters A and 6 we need to look more closely at the
properties of function F'. To this end we are going to follow step by step Wschebor’s
method given in [32, pages 82 to 85]. That is the object of next section.

5.2 The F-diffeomorphism
We prove the following proposition.

Proposition 5.5. Function F is a one to one function from 10, 1[x]-7%,
R%2,X >0,X?2+Y2<1 and (X # % orY #£0)}.

Furthermore F is a (2 -diffeomorphism from the open set O :=0, 1[x] — 7, 7| onto the
openset 0" := {(X,Y) €R?, X >0,X?+Y? <1 and (X > 2 orY #0)}.

Proof of Proposition 5.5. We reproduce here all the computations given by Wschebor in
[32] and also attach his two forthcoming pictures.

Let (X,Y) € R? be fixed such that X >0, X?+Y? <land X # 2 orY #0.

We consider the following system of equations

{X = Fi(\,0)

(5.6)
Y =F(\0)

If the system admits a solution A, this solution ought to verify the following equation in
A:
X2 (X2 4+Y?) = X220 (N + 1)+ A2 =0. (5.7)

At this step, two cases appear: the case where (X2 +Y?)(3)? —1 < 0 and the case where
(X?4+Y?)(3)* — 1> 0. Let us consider the first one.

1 (X24Y2)(Z)2-1<0.
Since forall z € [0, 1], I(x) < %, the following inequality holds, (X?+Y?) I?(\)—1 <
0.
Now dividing (5.7) by I2(\) X2, one gets

)\2

PO (X?24+Y?) - (A2 +1) + e

:07
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that is, since (X2 +Y?) I*(\) -1 <0,
fi(A) = f2(N), (5.8

where

AN = X2 <I(/\/\)>2

X212(\) -1
)

N = sy roy -1

Equation (5.8) admits a unique solution in the interval 0 < A < 1. Let us argue this

last assertion.

Since X > 0, function f; is strictly decreasing, while f, is such that fi(\) =
2 I'(Y) Y2>0,ifY #£0

(X2+Y2)I2(\) —1)2 ’ ’

Let us consider the case where Y # 0. In this case function f5 is strictly increasing.

By summarizing the situation we know that f; — f» is continuous on |0, 1], strictly

decreasing and s;.ml; thai (f1 —Qfg)(();') = 2—|—oo and

(y — f(1) = 22 ) () - 1)

(X2+Y?)(5)* -1
A < 1, such that f1(\) = f2()), see Figure 2.

< 0. Thus there exists an unique 0 <

Figure 2: A-solution, first case

I

Now, in the case where Y := 0, fa(\) = 1. We define g by g(\) := - Since
X < 2, A= g (%) is the unique solution in ]0, 1] of (5.8).
Let us consider now the second case.

2. (X2+Y?)(5)P-12>0.
Since X2 +Y? > 0, function h : A\ — (X? + Y?) I?(\) — 1 is strictly increasing and
continuous on ]0, 1].
Moreover, h(0) = X2 +Y? -1 < 0and k(1) = (X? +Y?)(3)* — 1 > 0. Thus there
exists a unique 0 < A\ < 1 such that h()\g) = (X2 + Y?) I?(\¢) — 1 = 0 and then for
A < Ao, one has (X2 +Y?2)I?(\) —1 < 0and for A > \g, (X% +Y?)I%2(\) —1>0.
Arguing as in first part, we can deduce that if (5.6) admits a solution A # )\, this
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solution ought to verify f1(\) = fa(A).

Function f; is strictly decreasing, while function fs is strictly increasing if Y # 0.
In this case f; — f» is continuous on ]0, 1], strictly decreasing and such that (f; —
f2)(07) = 400 and (f1 — f2)(N\g) = —o0, since Y # 0. Thus there exists an unique
0< A< )\0 < 1, such that f1()\) = fg()\)

On the other side, still if Y # 0 and if Ay < 1, we have (f; — f2)(Ad) = +oo and
(fi — f2)(17) > 0. Then there is no more solution of (5.8) into interval |\J, 1].
Thus we have proved that in the case where Y # 0, if (5.6) admits a solution A # )\,
this solution is the unique solution in ]0, 1] of (5.8) and this solution belongs to the
interval |0, \o[ see Figure 3.

fa

Figure 3: \-solution, second case

Now we are going to prove that in the case where Y = 0, there is no solution to
(5.6) different from ).
2

In fact, if A is such a solution, that is different from )\, then f;()\) = X2 (LAA)) =
f2(A) = 1, that is no possible. Indeed, since X*(3)? —1 > 0 then we would have

2
T x5 x () =

To finish the proof of this part of proposition, we look for conditions on A = )\g to
be solution of (5.6). If such a solution exists necessarily it has to verify (5.7), and
then since (X2 +Y?2) I?(\g) — 1 = 0, we would have \3(1 — X2 I%(\g)) = 0, so that
Y =0and Ao =I"*(5).

Thus, since X?(Z)? > landthen 0 < A= Xy =I1"1(+) < 1.

If we combine all results we get the following: if (5.6) admits a solution A then, this
solution is unique, satisfies 0 < A < 1 and is such that:

« Or (X2 +Y?)(%)? —1 <0, and this solution verifies equation fi()) = f2()\).
Furthermore in the case where Y = 0 then A = g~! (%) where we recall that
I(A
oo = 1.
« Or (X2 4+Y?)(3)? -1 > 0and Y # 0, and this solution verifies equation

fi(A) = fo(A).
« Or X?(%)*>1and Y =0, and this solution is A = I~1(%).

Remark 5.6. Note that in all cases A verifies (5.7).
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Remark 5.7. Note that in all cases (X2 + Y?2) I?(\) — 1 < 0.

Now by continuing the reasoning by necessary condition, if we want that A < 1 verifies
the first equation of (5.6), we have to resolve the following equation:

X21%(\) = (\? — 1) sin?(0) + 1,

that is
1
o 1—X21%2()) a2 - fiN)
sin“(6) = T2 1 .
2!
1
e
Let us see that 0 < 1 < 1. We have the following equivalence:
32!
1
x — fi(d)
<)\)\12_1<1 = (iV) =2 1).
1
In the case where X?(%)? > 1 and Y = 0, we have A = I"*(5). Thus fi(A) = E 2L

since 0 < A < 1.
In the other cases, f1(\) = f2()\) and since fs is an increasing function, f;(A\) > f2(0") =

>1,sinceY?2>0and X?2+Y? —1<0.

= — ()
Now <A11 > o) — (X2I’(\)—-1<0).
-
Remark 5.7 gives the result.

If we look at the sign of expression Fy(\, 6), we have to set:

i 1—X212(\
f := arcsin ( 1_)\2()> (Liv<oy — Lyyso}) -

In this way, we always have —
remark that

5 <0 < 5 and in fact > —7. To verify last inequality,

(0=-3) < (v >0and X21%(x) = 2?)
= (Y >0and fi(A)=fa(A)=1)= (Y >0and Y =0),

which is impossible.
Let us see now that we can go backward. That is let us verify that these proposed A(< 1)
and € are actually solutions of (5.6).

<Sin2(9) - 1_1{2,@(/\)> = <X2 - 6052(9);8\2) Sin2(9)>

W=

— (X _ (cos?(0) —;();\)sin 9)) =F1()\79)> 7

last equivalence provides from the fact that X > 0.

2
Let us consider the second equation of (5.6). In the case where Y = 0 and X > —,

T
one has A = I7(%) so that § = arcsin(0) = 0 and Y = 0 = F5(),0). In the other cases,
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one has fi(\) = f2()\), and since X2 I%()\) = cos?(6) + A\?sin?(#) one has

(L) = L)
X2 12(/\) X212(\) —1
= < T (XY (V) - >

1 sin(6 COS(Q) (A2 —1) 2
= ( I(A) (cos2(8) + A2sin?(0))2 } >

1 0 2.1
— <Y— sm( ) cos(6 )()\2 )1 :FQ()\,O)),
I(N) (cos?(0) + \2sin?(6))=
last equivalence providing from the fact thatif Y < 0,0 <60 < §andifY >0, -5 <60 <0.
We thus proved that function F is a one to one function from ]0 1[x]-%, %] onto {(X, Y)e

R%, X >0,X?+Y? <1 and (X # 2 orY # 0)}. This yields the first part of proposition.

2
Remark 5.8. Note that (?()\,0) = (,O)) — (A=1,-2<60<3).
™
Now the following equivalence
s 2
</\<1,9:§) — (Y:Oand X<>,
m

leads to the conclusion that ? is a one to one function from the open set O :=
]0,1[x]—%, 5[ onto the open set O’ := {(X,Y) € R%, X > 0,X?+Y? < 1 and (X >

% orY # 0)}. The second part of proposition follows from Lemma A.3 proved in Ap-

pendix which ensures that the Jacobian of the tranformation ? is different from zero
since 0 < A < 1. a
We are now listen to give the definitions of the estimators of parameters A and 6.

5.3 Definition of the affinity parameters Xn and §n

As in [32, chap. 3.6 F] we write the observed ratio of functionals J(”)( ) as
)
T = nv* + an**. (59)
J1 (U)

As a first step we use a lemma proved in Appendix A.

Lemma 5.9. The random variables X,, and Y,, defined in (5.9) are such that for n € IN*,
a.s. X, >0and X2 +Y? < 1.

The first part of Proposition 5.5, Lemma 5.9 and Remark 5.8 provide the following
estimators \,, and 6,, of parameters A and 6 via the following proposition.

Proposition 5.10. Let consider the following system of equations

X, = Fl(/\79)
Ya :FQ()\,&),

where F — (F1, F») has been defined by (5.5).

1. In the case whereY,, # 0 or X,, # % it admits a unique solution (Xn, @L) such that
0<A\ <land—-3 <#0,<3.

EJP 0 (2017), paper O. http://www.imstat.org/ejp/
Page 45/72


http://dx.doi.org/10.1214/YY-TN
http://www.imstat.org/ejp/

Estimation of Local Anisotropy Based on Level Sets

e The estimator 0 < Xn < 1 is solution of

o (IMN? X2\ -1
X“( X ) X2+ V2100 1

- except for Y,, = 0 and X,, > 2, where \, := [ }(5-).

e The estimator é\n is defined as

. 1—X212(\,
0,, := arcsin ”7/\()
1-A2

) (Lpv,<oy = Lgv,>0y) -

2. In the case where Y,, =0 and X,, = % it admits a unique solution Xn =1, §n being

any number belonging to | — 7, 7].

Now we will apply the result of almost sure convergence highlighted in Proposition
5.2 and the fact that function is a diffeomorphism. We will deduce the almost
sure convergence of the estimators of affinity parameters. Then we will use the law

convergence result established for general functionals in Corollary 4.9 in the aim to
T8 (w)
. = . .
establish a law convergence result for J{T() Once this is done we will deduce some
1 u
law convergence results for the estimators \,, and 6,, and also propose some confidence

intervals for the parameters A and 6.

5.4 Convergence for the affinity estimators

5.4.1 Consistency for the estimators

We are ready to state the following results of consistency for the two proposed estimators
An and 6,, of parameters \ and 6.

Theorem 5.11. For0 < A < 1 and —§ < ¢ < 7, one has

N —2* s X and 0, —2=— 0.
n—-+o0o n—-+oo

Proof of Theorem 5.11. By the second part of Proposition 5.5 we know that F'is a C2-
diffeomorphism from the open set O = |0, 1[x] — 7, [ onto the open set O’ = {(X,Y) €
R?, X >0,X2+Y?<1,(Y#0or X > 2)}.
J(n) u

W)
1 (u)
decomposition of this last random variable given in (5.9), we obtain the following
convergence result: forall0 <A< land -5 <0< 3,

Furthermore by using the result convergence given for in Proposition 5.2,

(X, Ya) =25 (X, V) 1= F(0). (5.10)
n—-—+0oQ
If we reduce the definition domain of (), #), that is if we suppose that 0 < A < 1 and

—Z < 0 < %, then (X,Y) belongs to the open set O’. If F~! denotes the inverse

function of ﬁ thgs since ?*1 is continuous from O’ to O, one deduces that almost surely
“YX,,Y,) = (\n,0,) converges to ?—1(X,Y) = (), 0). This yields Theorem 5.11. O

We have all the elements to prove a limit theorem about the distributions of estimators
A, and #,,. Consequently, confidence intervals for the estimated parameters A and # can
be proposed.
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5.4.2 Convergence in law for the estimators

First, we apply results of Section 4.2.2. o
Recalling that f—*? = (ff, f3) has been defined in (5.1). We define f, := (f7, f3, f3), with
f4 := 1. By Theorem 4.1 and Corollary 4.9 one can show the following proposition.

Proposition 5.12.
T e ()

o | L - 2 N (05 5 (u)),
M) I ()] ) e

where X*(u) = X*(u, A\, A2, P) := BZ'?(u) B! and

1 1 0 — ary (07 u)

B = al(oa u)
al(O,u) 0 1 _ar (O’U) ’

al(ov u)

where Eﬁ(u) being defined by (4.14).

Remark 5.13. The expression of coefficients ay:(-,u) for i = 1,2 and of as(-,u) are
respectively given in Lemma A.4 and Lemma A.6 of Appendix A.

Remark 5.14. The asymptotic variance matrix ~*(u) is a non-degenerate matrix.

Proof of Proposition 5.12. Let f : S' — R be a continuous and bounded function. Since
]E[J](c”) (u)] = as(0, u) the following decomposition ensues

T BN 1 (g ar0w) o
2n <J1(")(u) - E[J{")(u)] = 41(0,u) (ff (u) — a1(0,u) *1 (u))

" ar(0,u n
! (Ji"iu) : alulxu)) (670 - 208 & w)
n ag(0,u) ,(n
- m (51(‘ ) - % { )(U)> :

the last law equivalence providing from Theorem 4.1 and from Theorem 4.7.
Applying this reasoning again successively to f := f; and f := fJ, and using Corollary
4.9 by taking f; := f7, fo := f3 and f3 := 1, we get Proposition 5.12. O

Remark 5.15. Note that this proof highlights the fact that the asymptotic behavior of

JD W) eIY (w)]
2n f — fl
I () ey (w)]

1,

n x ~(0,
is the same as that of f(?)(u), where 7 = (f1, f2), with f; := a1(J8 mis (jzfﬁ(i) Z))
’ 1\
i=1,2.

Proof of Remark 5.14. It remains to prove that the matrix X*(u) is positive definite. In

this aim, for f, f» : S* — R continuous and bounded functions, let us note ? = (f1, f2)
and for g € IN*,

(Eflyfz(u))q = Z af, (k,u) af2(mvu) R(k,m),
k,meN3
|k|=|m|=q
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and

(27(u)>q = ((Efi’fj (u))q) 1<i,j<2

The proof of Lemma 5.16 is given in Appendix A.

Lemma 5.16. For all f1, f; : S' — R continuous and bounded functions and for all
q € IN*, one has

det (E?(u)) > JrZ.Odet (27(u))q > det (E?(u))q.

Thus applying this lemma to functions f; previously defined in Remark 5.15 by
PR (0,u)
Y ar(0,u) a3 (0,u)

1, for i = 1,2, we obtain

det (5*(u)) = det (2?@))

) .

Note that det (27(u)) = 0 and this is why we let ¢ = 2 in Lemma 5.16. Using arguments
1
similar to those given in the proof of Remark 4.4, simple calculations give

det (57*(u)) > 4 x (2r)” /R PO {0 — g5 09(t,)} ds dt >0,

where
g(s,t) == s2t2a + s>t 1ty b — s180tac,
with
a = [(dudgg + d12d21) A + d11d12 B — d21d22 C] det(D)
b:= [2d11dn A+ d3) B — d3, C] det(D)
¢ = [2d1ada A — di, B + d3, C] det(D),
while

A= a’f1((27070)’u) afz((ov 2, 0)’ u) — afl((07 2, 0)5 u) af2<(2’ 0, O)vu)
B = af1((27070)vu) a’fz((lv 1,0),u) — af1((17 1,0),u) afz((2a 0,0),u)
C: afl((()? 2,0),11,) an((]‘7 1, O)v u) - a’fl((lv L O)a u) afz((oa 2, 0)7“)7

1
and D is defined as in the end of the proof of Remark 4.4 as D = (d;;)1<i,j<2 = \7 AP
m

The positivity of the last integral provides from an application of Holder inequality.

Let us remark on the one hand that the nullity of the integral is equivalent to the equality
in Holder inequality and thus to a = b = ¢ = 0. On the other hand since det(D) # 0,
A, B, C is solution of a Cramer linear system. We deduce that X*(u) will be strictly
positive if (4, B,C) # (0,0,0).

Let us see that C' # 0.

By using Lemmas A.4 and A.6, straightforward computations show that,

B det(P) % )\1)\2#
a1 (0,0) = w(AF(w})? + A3(w3)?)

x A3 (w3)? + 20 (wi)? = A3 (w3))W]
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where
+oo 1
v, | |
W= Zr=04t : _(2n)!(2n 4 1)! .-
= T, WhllefornE]N,Vn = W(l_A ) .

By using that 0 < W < 1, one easily gets that A3(w3)? + 2(A}(wi)? — A3(w3)?)W > 0, thus
C 0.
This yields proof of remark. O

We translate the convergence result expressed in the above Proposition 5.12 in the
basis (v*,v**), recalling that function F' has been defined in (5.5).
The decomposition given in (5.9), Proposition 5.10 and equality (5.4) imply that for
O</\<1and—§<9<g,

on [ 25 TS ) =20 (Fi(h,00) = FL(0,0) ) v*
1

+2n (FQ(Xn, 0,) — Fy(\, 9)) vt L A0 5% (w)).

n——+oo
Thus we get for 0 < A < 1and —3 <0< 5
N R Law L Pk
2 (?(An,en) ?(A,e)) s N(0: D (u), (5.11)

where X (u) = X5 (u, A1, A, P) i= @ x X*(u) x Q! and Q is the change of basis matrix
from the canonical basis (7, j) to the basis (v*, v**).

By using last result convervence and the fact that ? is a C?-diffeomorphism, we get the
following theorem.

Theorem 5.17. For0 < A < 1 and —§ < ¢ < 3, one has

om (Xn X0, — e) LA (05 D (w),

n—-+oo

where X g(u) := C(X,0) x X5 (u) x C*(),0) and

OF, OF
,0) 1= J?()\,G) _%()\ 0 @(}\ 0
ox ox 7

where the Jacobian J3 has been defined in Appendix (A.2).

Proof of Theorem 5.17. We supposed that (A,0) € O =]0,1[x] — §, Z[. On the one hand,

by Proposition 5.5, we know that ? is a C?-diffeomorphism from the open set O onto
the open set O’ = ?(O).
On the other hand, by Theorem 5.11, we know that

A, 0) =22 (A, 6).

n—-+oo

Thus for n large enough, almost surely ?(Xn, @\n) and ?()\, 6) belong to O’. Using a
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second order Taylor-Young expansion of ?*1 about ?(/\, ), we get

2 (X = X 0 — 0) =

10 0) X (Fi(An, 0n) — Fr(X,0))
~ o~ 2
+o(2n H?(Am b)) — F\ a)H )
2
Law convergence result expressed in (5.11) gives Theorem 5.17. |

Now we are in position to propose confidence intervals for (A, ) when the covariance
r, of Z is known.

5.4.3 Confidence intervals for the affinity parameters

In this section, we suppose that parameters A and ¢ are suchthat 0 <A <1, -3 <0 < 7.
We will also assume that the covariance function r, is a known function.
One can build confidence intervals for parameters (), ). We will show that

L 2 (u,\, P), (5.12)

ZH(w) = 5, A, Ao, P) = 5
1

where Y, is a continuous matrix as function of (A, P) and is computable provided that
(\, P) are given.

We then consider le and ]3” two estimators of respectively A\; and matrix P obtained
as follows. We propose ]3” := (U1,n, U2,n) as estimator of P = (v1,v2), the orthonormal
basis of eigenvectors of matrix A, with:

Uy = cos(6,, )v — sin(B,, )v*
~ . a )
By Theorem 5.11, ]3n is a consistent estimator of P.

Now for A; ,,, first, we apply Theorem 4.1 to the particular function f = 1 and then, we
use the result of Proposition 3.10.

We deduce that if A()\) := (é ?\) one has

I (u w) =% X (o) (1) HA \) PtV Z(0 H ®(u, \, P), (5.13)

where @ is a continuous function of its arguments.

Once again by applying Theorem 5.11 one gets a consistent estimator for \; by taking:
5 S (w)

)\Ln ===,
(I)(u7 )\n7 Pn)
and finally a consistent estimator of X*(u) is given by

— 1 ~ =~
E’;(u) == E*(u,)\n, n)~
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The matrix E\;(u) is computable and can be factorized as: f;(u) = R, ['}R!, where R,
is an unitary matrix and I} is a diagonal matrix.
Remark that I} is invertible since X'*(u) is non-degenerate (see Remark 5.14). Thus let:

Dy (u) := (C7 (N, 00)) QR (I7) "2 RY,.

Theorem 5.17 implies Corollary 5.18.
Corollary 5.18. For0 < A < 1 and —3 < ¢ < 3, one has

on (Xn V- 9) Dy (1) —225 A(0; I2).

n—-+oo

Proof of Corollary 5.18. First, let us prove that X*(u) = X*(u, A1, A2, P) = % Yo(u, A, P),
where Y, is a computable and a continuous matrix as function of (A, P). '

On the one hand, this fact provides from the form of the ratio of coefficients
afs(k,u)/a1(0,u), i = 1,2, 3, these latter coefficients being defined in Lemmas A.4
and A.6 of Appendix A. Indeed these ratios only depend on the ratio A = A\y/A; and P
and they are computable as function of A and P. They do not depend on x. On the other
hand by Lemma 3.9 given in Section 3.2 one can see that the term R(k, m) only depends
on the covariance function of U through the following form. By defining W (v) as the

+ t
3-dimensional vector defined as W (v) := <5E-VZ(U), Zr(v(?))) , one has

Ribm) = [ B{RL(0(0) A (U ()] do

_
X2\

1

Y%G(Aa P7 k7m)7

[ UV (©0) (W (0)] do =
R2
and since r, is supposed to be known, ( is computable as function of A and P. Thus
I*(u) = 32 u(u, A, P), and X, is computable.

It remains to prove that Y, is a continuous matrix as function of A and P. In this
aim, let us compute Yy, ¢, (u), similar arguments would be raised for Y, ¢, (u) and for

X _ fz* afx (0’ u) .
1.f2(u), where we recall that f; = - = 1,i=1,2 (see Remark 5.15).
ai (07 U) ay (Oa u)

Applying Proposition 4.3 to f := f;, the one order Rice formula for E[J}T) (u)] (see

Proposition 3.10) and the second order Rice formula for E[JJE?) (u)]? (see second part of
Lemma 3.2), it is easy to see that another expression for Xy, ¢ (u) is

hop(u) = /{E[fl(VX(t))fl(Vx(O)) IVX@) VX O0)l [ X(0) = X(t) = u]

RQ

xPx (0),x (1) (U, u) = (E[f1(vx (0)) IIVX(0)||2])2p§<<0)(U)} dt.

Denoting by B(\, P) := P A(A\)P' and letting v := A.t, one gets

W=t 1 B(X, P).NVZ(v) B(X, P).VZ(0)
o) a3 (0,u) A 1R2{ {QI(IIB(A,P)-VZ@)H) 1<HB(>\,P).VZ(O)||2)

1B, P).NZ(0)ll, |1BO, P).VZ(0)]ly /Z(0) = Z(v) = u] pz(0),2(v) (1, 1)

2
- (B (o prago) 1B PV ZO]) s <u>} o,
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arx(0,u . . . .
where gy := ff — afll(((),u)) := ff — b(u, A\, P), while b is a continuous function of A and P.

We conclude the argument noticing that a4 (0,u) = A; ¢(u, A) with ¢ a strictly positive
continuous function of .
Now to prove Corollary 5.18, we have Lemma 5.19 proved in Appendix A.

Lemma 5.19. Let ¥ := RI'R! a definite positive matrix such that R is an unitary
matrix, while I' is a diagonal one. Let also (%,,),, be an approximation of matrix ¥, i.e.
lim X, =X, such that ¥, := RnFnRﬁb with R,, an unitary matrix and I',, a diagonal one.

n—-+o0o

1 1
Consider B,, a square root of ¥, that is B,, := R, I'? R,. Then lim B, = B:= RI':R'.

n—-+o0o
Turning back to the proof of Corollary 5.18, we apply Lemma 5.19 to ¥ := X*(u) =
RI'*RY, %, := Y*(u) = R,I}R!. Since X*(u) is a consistent estimator of X*(u), we
deduce that lirf >, = 2. Using Lemma 5.19 and Theorem 5.11, we obtain that almost
n—-+0oo

surely
lim Dy (u) = D(u) := (C7'(X,0))'QR(I™) "2 R".

n——+o0o

Using Theorem 5.17 and the fact that D*(u) X g(u)D(u) = I, one finally proved corollary.
O

We deal in previous section 5.4 with the convergence for parameters A\ and § when
they are such that 0 < A < 1 and —% < 0 < %. In next section we will complete these
convergence results by focusing on the case where A = 1 that will lead naturally to an
isotropy test.

6 Towards a test of isotropy

6.1 Complementary results for estimating the parameter \

6.1.1 Almost sure convergence for Xn

We emphasize that convergence result in Theorem 5.11 is valid under the assumption
that 0 < A < 1and —% < ¢ < 5. However, we can better elaborate what is happening
to Xn in the isotropic case, when A = 1 (and —g <6< g) and also when 0 < A < 1 and
¢ = 7, via the following theorem.

Theorem 6.1. For A = 1 and —g <0< g orfor 0<A<landf= g one has

~

Ap —Z 5 A
n—-+oo

Proof of Theorem 6.1. First let us consider the isotropic case, that is the case where
A =1 and 0 being any parameter belonging to | — 7, 5]. By Remark 5.6 stated at the end
of Proposition 5.5 proof, the estimator \,, has to verify the following equation

X200 (X2 4+ Y2 = X212 O2 +1) + A2 = 0.

(X2 = (2)7) [I*0) (X2 4+ ¥2) + (272 I* () = I2(A) (02 + 1)
2P PGz - O (G - PG) (PG - G R) =0 61

We define the function i for 0 < A < 1, by

h(\) == (g - I(/\)) (I(A) -

+

g)\> . (6.2)
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By using convergence given in (5.10), we establish that

(X0, Vo) ——= (2,0),

n——+oo ™
and since 0 < Xn <land1l< [ (Xn) < g we finally showed that

() —225 0.
n——+00

Since h is a strictly decreasing continuous function on ]0,1] and k(1) = 0, we obtain that

~

that is the required convergence.
Let us look now at the case where 0 < A <1landf = 7.
Convergence established in (5.10) now gives that

(X, Y,) 22— (X,Y) = <I(AA) 0> :

n—-+oo

In the same way as before and using Remark 5.6, one gets the following equality.
(X2 - Xx?) {I“(Xn) (X2 +Y2) + X210 — I2(h) (A2 + 1)} + X2 ,) Y2
— () (PO =X () (MG + I A,) (M) = I R,) = 0. (63)
For fixed 0 < A < 1, let us define function f by
flx):=Al(x) —I(N)x, for 0 <z < 1. (6.4)

Previous almost sure convergence and the fact that 0 < Xn <1, 1<1 (Xn) < 5 and for

~

A< 1, I(A) = AI(A,) > I(A) — % > 0, imply that

Fn) === 0.

n—+oo

A straightforward calculation shows that function f is a strictly decreasing continuous
function on [0, 1] such that f(\) = 0. We deduce that

N a.s.
Ap ——— A,
n——+oo

that yields Theorem 6.1. |
We thus set up a first approach to detect if the process X is isotropic or not.

6.1.2 Convergence in law for Xn

In case where 0 < A < 1 and —% < 8 < 5, Theorem 5.17 gives as corollary a convergence
law result for Zn(Xn — )\). Here we complete the statement of this convergence under the
assumption that A = 1 (and —g <0< g) orwhen0< A< 1landf= g via the following
theorem.

Theorem 6.2. 1. For0 <\ <1 and#f = 7, one has

2n (Xn — )\) _Low N(0; (EA,E(U))H),

n—+o00 2

where (2,\7%(11))11 stands for the first row and first column element locaded in

matrix Xy z (u) defined in Theorem 5.17.
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2. For =1 and—g <0< g one has

20 (1 - A) —2 0 VV,

n—-+oo

where the density fy (t) of the positive random variable V' is given by:

(cos(#) — asin())? tsin2(0) (1+a?)

1 1 27 7t 2 2 ~2
fv(t) = p— E/ e 201 (1+a%) 203 do | L1is0),

where the coefficients a and g9o are defined by:

2 9 2

_ 012 52 .— 0711022 — 072

- 2 22 +— 2 9
011 011

while coefficients 011, 029 and o5 are

011 =4 (2) (**)(U)a U%z = (g)2 Zé;*)(u), o12 1= 2 (g)2 21(5*)(“),
with

*x _ (%) oy
2w = (250w) = Da( T b)),
where 7 is the common value of the eigenvalues of matrix A under the isotropic
hypothesis.

Remark 6.3. If A # 1, by part one of Theorem 6.2, we readily get that 2n (1 — Xn)
converges in law to Gaussian random variable with positive infinite mean when n tends
to infinity. Thus one gets a one more way to detect if the process is isotropic or not.

Remark 6.4. By Remark 5.14, the matrix X *) (u) is non-degenerate, ensuring that the
coefficient 042 appearing in the expression of the density fy, does not vanish.

Remark 6.5. We suppose that the covariance function r, of Z is known. We can
estimate the density fy by fy (t) == fv(72t)72, where 7, is a consistent estimator of 7,
the common value of the eigenvalues of matrix A under the isotropic case and where V'
has the same law as that of I, where we replaced X~**) (u) by Q X, (u, 1, I5) Q*, where X,
being defined in equality (5.12) is computable. By using convergence in (5.13) we can
take for 7,

(1 u?
_
PG 0)

7 =2 (1) ’"ZLO) ). (6.5)

Proof of Theorem 6.2. Let us look first at the case where 0 < A < 1 and ¢ = 7, then we
will be treat the case where A =1 (and —3 < 0 < 7).
In the first case, by decomposition obtained in (6.3) in the proof of Theorem 6.1, we have

n(Xn = X) (Xo+ X) [1'G0) (X2 4 Y2) + X2 1 () — 2(R) (2 + 1)

+ Y24 () X2 — 2n ()\ I0w) — IV A )
1 2 72 NN
Yy (200 =22 20, ) (M) + I3 =
where
(Xn,Yn) T (X,Y) =(A/I(N),0).
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Now by using this almost sure convergence result and those given in (5.11) plus Theorem
6.1, one obtains the following probability equivalence

2 (X, = X)2A TN (A2 = 1) = 20 (AT(R) = T A ) 75 (1= X2),
and since 0 < A\ < 1, one finally gets
on ()\ I0w) — I(\) Xn) = 90 (X, — X)I2(\).
Now refering to function f defined by (6.4) in the proof of Theorem 6.1, let
fl@x)=M(z)—I(N)z, for 0<z<1.

One has f(A) =0and f'(A) = AXI'(\) — I(\) <O. ~
So with the first order Taylor expansion of f about A evaluated at \,,, one gets

on (A I0w) — I(\) Xn) = 2nf(\)

=2nf' AN\, — )
=2 (X, — X)I*()),

and then one proved that

and by convergence given in (5.11),
2n (//\\n - /\> L N(0; ),

')
— - (XF .
(I()\) _ AII()\))2 ( Q(u))ll
To end the first part of this proof we just have to check that (X z (u))11 = X In this
aim, remember that ) = (u) = C(\, §) x Zf(u) x C*(\, §) with

where Y =

%()\’ T _@()\’ T

. 1 96 \"\ 2 90 2
CAz) = —
2 _ / _
Using Lemma A.3, one obtains that Jz (A, 5) = (i I(/\;) X <)\I (}\2)()\)1()\)) and
1-)\2 0
™ 1 AI(N)
C\ o) = —

In this way, one proved that (X z (u))11 = X, yielding the first part of theorem. Now we
consider the second part taking A = 1 (and —g <0< g).

The decomposition obtained in (6.1) gives
2n (X — 2) (Xn + 2) x
20 [(R0) (X2 4 Y2) + (22 I () = IP(R) (32 +1)]

=2 (5 - 10W) (10w = 3 3) () (3 +10W) (10 + 3 X)  (6.6)
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where

a.s. _ g
Note that we can not hold the same reasoning as in the first part of the proof. Indeed, by
the first part of Theorem 6.1 and the latter almost sure convergence result, we deduce
that
2 ~ ~ s.
VP - POy) (A2 +1) 20,

T n—-+oo

Zp =T ) (X2 4+ Y2) + (

thus we have to normalize the studied expression by (2n)2.
However, if in a first time we do not normalize this expression by (2n)? but rather by
(2n), we get

2 2 2 ~
2n <Xn - ) <Xn + ) Zn + (5)? I*(\n) 2nY2
s s s

— 2nh(A) (%)4 (5 +130) (160 +23.).

remembering that the function h (see (6.2)) has been defined in the proof of Theorem
6.1 by

forO < A < 1.
Now by using the almost sure convergence to 0 for Z,, and those given in (5.11) and
(6.7) and in the first part of Theorem 6.1, we get

2n h(Xn) — 0.
n—-+oo
Since h(1) = h'(1) = 0, one obtains by using a second order Taylor expansion of / about

1 evaluated at point A,

7'['2/\ ~

) = 75 On = 1%+ o((An — 1)?). (6.8)
Thus as a bonus we proved that in probability

2n (A — 1)% = o(1). (6.9)

This last equality will help us to study the normalized expression 2n Z,, and show that in
probability

3

2n 7, =2n (X, — %)Z

Indeed

+2n (2120, (2)2 - (R +1))].

Using an order two Taylor expansion of the elliptic integral I (see (5.3) for definition) in
A, about A = 1, one gets

20 20 = I2(\a) [20 (X2 = (2)2) P(R) + 20 PRV

10w =D+ 0(( 1)),
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in such a way that
2n (21700 (277 = (W +1)) = =nhu =7+ 0@ (o~ 1)

By equality (6.9) this expression converges in probability to zero.
Part one of Theorem 6.1, convergences in (5.11) and (6.7) give the required result

3

2n Z, =2n (X, — 2)%.

Back to expression (6.6), using once again the convergence obtained in part one of
Theorem 6.1 and equality (6.8), one finally proved that in probability

~

72 (20 (X — 2))2 + 20 Y,)? (2)2 = 20)2 h(h,) 28 = 2n (N, — 1))2.

By using convergence given in (5.11), we get the required convergence. This ends the
proof of this theorem. a

Proof of Remark 6.5. The density fy of the positive random variable V' can be expressed
as fy(t) = fy+(tr2)72, where 7 is the common eigenvalue of matrix A under the isotropic
case and V" is defined as V, substituting Q X, (u, 1, I2)Q! to X*(u, 7,7, I). The matrix X,
is computable and is defined by (5.12). So, it is enough to estimate 7 by a consistent
estimator, say 7,,. Using convergence given in (5.13) we propose a consistent estimator
of A\; = 7 in the isotropic case by taking

~ Jin)(u) (n) r,(0) 1 u?
Ty 1= =2 U ex = 5
pzo@EIVZO), ~ 2 (o)
that is computable since p and r,(0) are supposed to be known. O

In the next section, statistical tests are proposed for the null hypothesis “X is
isotropic” against “X is affine”.

6.2 Testing the isotropy
We test

Hy:A=1 against Hy: A< 1

We still obtain a way to detect the possible isotropy of the process via the following
corollaries.

Corollary 6.6. Under the hypothesis H, the following convergence holds:

JPw

Ji”)(u) n—+oo T

Corollary 6.7. Under the hypothesis Hy, we have the following convergence:

J(")

(n) f_z (U) 2 Law

T2 (u) :=2n | = — =" | —— N(0; 2*(u, 7,7, I2)),
rrs n)
f Jl (U) s n—-+o0

where 7 is the common value of the eigenvalues of matrix A.

Remark 6.8. By Remark 5.14 we can observe that the matrix X*(u, 7,7, I5) is non-
degenerate.
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Remark 6.9. Under the alternative hypothesis H;, the test statistic T]E_? ) (u) converges

in law toward a Gaussian random variable, the mean of which tends to infinity. Indeed
by using equality (5.4) one can easily show that

B W)
— o= = (=1,
()] 7

Proof of Corollaries 6.6 and 6.7. Using the almost sure convergence given in Proposition
5.2, convergence in law of Proposition 5.12, equality (5.4) and taking A = 1 one obviously
gets Corollaries 6.6 and 6.7. O

Proof of Remark 6.9. Appling Proposition 5.12, under H;i, the test statistic TJE_?) (u)

converges in law to a Gaussian random variable with asymptotically mean equivalent to
(1)
E[J
IR 5

EJD @) 7

EJY @]
Since + — —v* | does not depend on n and is equal to zero if and if A = 1, this
B[V (w)] T
argument ends the proof of the remark. a

In the case where covariance function r, is known, Corollary 6.7 suggests another
test statistic. More precisely, let R an unitary matrix obtained by diagonalizing the
computable matrix X, (u, 1, I5) defined in (5.12). That is X, (u, 1, l5) = R I, Rt
We consider the following test statistic SJ([_Z) (u):

S W) =7, r;: LT (w),

where 7, is given by (6.5).
We can state the following theorem.

Theorem 6.10. Under the hypothesis Hy, we have the following convergence:

B0 () 1= (5% (w)' ST (w) =22 16

n—-+oo

Remark 6.11. The rejection region is then E%)(u) > . This critical region provides a

consistent test for any positive constant -, because = =0 L)( ) is stochastically unbounded,

for n — +oo, except under the null hypothesis. In fact when A < 1, (21)2 :;_7?( u)

converges in probability to b > 0, and this implies that ”;" (u) converges in probability
to +oo.

Proof of Theorem 6.10 and Remark 6.11. As we have already pointed out in Remark 6.8,
the matrix X*(u, 7,7, I2) is invertible and we can factorize %, (u, 1, I5) into X, (u, 1, I5) =
RT, R!, where R is an unitary matrix. Let

S%)(u):?n CIRNT ;”)U

Since 7, is a consistent estimator of 7 under hypothesis Hy, by Corollary 6.7, asymptoti-
cally this random vector is a standard Gaussian one and Theorem 6.10 ensues.
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=(n)

To achieve the proof of Remark 6.11, let us check that (2 B Hf_z (u) converges in proba-

bility to b > 0 under the alternative hypothesis H; that is when \ < 1.
In this aim, let us note

f
where
JB @) BIY ()]
T(n)(u) = 2n — /
7 V() B (u)]

L —oy— L gt vytg
@n)? 75 (W)= )2 (S5 (w)'S5 ()
_ 1 ) am ) (o (n)
= @) (5’? (u) — S? (u)) (S (u) — S? (u))
2 (n) t (n) (n)
+ o BR) (s8) -39
1 atm), ¢, an)
MCmE (5% ()" (55 (w)
=M+©2)+B)
Let us look at the third term (3).
(L Fm w22 pp-tpy (L Fm) Pr
(3) =\ 3, T W) .(FZRI'RY). o T W) ) ——0,

~ 2
by using Proposition 5.12 and the fact that 7,, almost surely converges to {/ —E[||VX (0)|,]
V wu

(see Theorem 4.1 and Proposition 3.10).
For the second term (2).

1
(2) <1 (T(n)( ))t) (A2RF71Rt) E[J( )( )] 2 .
= | = U A7 | — =" ],
noF ' S 7
and this term tends in probability toward zero as for the third term (3).
Finally, the first term (1) gives

DA j (u)]
(1):= | 7 Iy 2R,
E[JD (w)]
B [J; (u)]
Tl PR |
E[J; 7 (u)]
and
1 t
2 o (BRI
lim b, =b:= —(B[|[VXO),)? | [ *R". | —Lo— — 20" | | x
o s Bl @] 7
(B @]
I, 2Rt T——v* >0
E[lJ; ()] 7
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_1
Since I, ? R! is invertible, one has

LTS ()]
(b>0) «— D v | #£0| = (A<1).
El; "(w)] 7
That ends the proof of remark. a

A Appendix

Proof of Lemma 3.2. Let F : T x (R?)* — R be a bounded continuous function of its
arguments. We want to prove that y — [E[/(y)]? is a continuous function, where for
y € R, we have noted I(y) := fc@) F(t, VX (t))lp (t) doy(t). Also we would like to show a
second order Rice formula for the functionnal I(y).

Due to the presence of the indicator, function t — F'(t, VX (t))1p:(t) is not continuous
on T, so we can not apply the two-order Rice formula (2.4) given in Corollary 2.8.

Thus we consider the following approximation. For m € IN*, let

I.(y) := G (t, VX (1)) doy (t),
C(y)

where function G,,, : T x R? — R, is defined by

Guml(t,2) = ¢ ( ) F(t, 2)1 {200y,

m |zl
where ¢ has been defined in the proof of Theorem 3.1.

As in the proof of last cited theorem we can prove that function G,, is a bounded
continuous function on T x R2.

The two order Rice formula ensues by applying Corollary 2.8 to the functional I,,,(y).
That is for all y € R, one has

E[I7n(y)]2 =
/T ; E [G(t1, VX (t1))Gm(t2, VX (£2)) [[VX (t1) I3 VX (t2)]l [ X (t1) = X (t2) = y]
X DX (t1),X (t2) (¥, y) dty dtz < +o00.

We observe that the following convergence holds. Forallt € T and z € R,
Gn(t, 2) e F(t,z)11.20). Then we point out that Remark 2.9 following Corollary
m——+00

2.8 ensures that

Elo1(CW) = [ r EIIVX ), VX (t2)ll5 1X (1) = X(t2) = y] XPx(01),x (1) (¥, y) dt1 dta <
+o00.

Thus by using the fact that function G,, is bounded, an application of the Lebesgue
convergence theorem induces that

E[I(y)]* = /T . E [F(t1, VX (t1))Lpg (t1) F(t2, VX (t2)) g (t2) X
VX (), VX ()5 [ X (t1) = X(t2) =yl X Px(t1),x(2) (Y, y) At dEa < +o00.

We have therefore established the second order Rice formula for I(y).
We are going to prove that function y — E[I(y)]? is continuous. This would achieve the
proof of Lemma 3.2.
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In this aim, we use the decomposition given in Wschebor [32, p. 60], that is, for 7 :=t—s,
where t,s € T

VX(0) £+ (X(0)a+ X(1)B)
VX(r) = & —(X(r)a+X(0)5),
where ¢ and ¢* are centred Gaussian vectors taking values in R?, with joint Gaussian

distribution, each of them independent of (X (0), X(7)), such that, if Vr, stands for the
Jacobian of the X covariance function,

ROV, nO¥R0)
20) -2 0T TR0 - 20
= Var(¢*) = —V?r O o (7) (Vg (7))
Var() = Var(€") = =V, (0) = o5l Vi (1) (Vre(r)
Cov(€. €)= ~V2ra(r) — 2L Gr(7) (Tra(r))"

r2(0) = r3(7)

Thus with these notations one has

where for 7 : =t — s

R G 1 !
Ly, s,7) = P( umnwuﬂ>2ﬂwﬂm—r%ﬂﬁ

Y

Y
E |:F(87§ - mvw(ﬂ)ﬂ{g—mvm(r#o} §— —————=Vr.(7)

r4(0) 4 ro (1)
Y
72(0) + 72 (7)

Using that F is a bounded continuous function on T’ x (R?)* one gets that

2

4 Vre(7)

X F(T+$,£ -+ WVTI(T))H{E*+W%VTE(T)¢O}

J

* z+ F(s,2)1 ;201 ||2||, is continuous for all s € T'.

Furthermore since 72(0) —r2(t) # 0 for all ¢ # 0, this implies in force that r,(0) +7,(t) # 0
for all ¢ # 0, thus by using that function F' is bounded one obtains that

* y— L(y,s,t — s) is continuous for almost (s,t) € T x T.

Now let us enunciate a lemma for which a proof can be founded for example in Berzin
and Wschebor [11, Lemma 1 (b)].

Lemma A.1. 3M >0, V¢, s € T, (||t —slly < M = r2(0) —12(t—s) > M|t — s||§)

Now let us choose B > 0 small enough such that for all 7 := s — ¢, with s,¢ € T such
that ||7||, < B, one has the following inequalities,

© (1) 12(0) +74(7) = 3 7,(0)
« ) 12(0) —r2(r) = Bl
-@wv%>m<cwm

Note that these three inequalities are always possible to implement. Indeed the first
inequality just translates the fact that covariance function r, is continuous in zero, the
second one comes from Lemma A.1 and the third one from a first order Taylor expansion
of Vr,(-) about zero.

These inequalities allow showing the following bound on |L(y, s, 7)|.
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* 3D > 0such that forall (s,t) € T x T and 7 := s —{,
IL(y,s,7)| < D1+ y?) {]1{|\T||2>B} + T ﬂﬂlf”z@}}

dsdt
s—tl|,

application of Lebesgue’s convergence theorem yields that function y — E[I(y)]? is
continuous.
Indeed, two cases occur: ||7{|, > B and ||7||, < B. If [|7]|, > B, we consider the compact
set K := {s —t,(s,t) € T x T with ||s—t|, > B} where we have noted T for the
closure of T Since 7, is continuous on K and 72(0) — r2(v) # 0 for v € K, thus there
exists £ > 0 such for all v € K, r2(0) — r2(v) > E and 7,(0) + r.(v) > E, so that
|L(y,s,7)] < D(1+y?). If ||7]|, < B, inequalities (2) and (3) give that IE[||§|| ] < Cand
E[|[£*]],] < C and inequalities (1) and (2) give that |L(y,s,7)| < D(1+y )HTH

That completes the proof of Lemma 3.2. O

Before explaining the last inequality, let us remark that since foT Ts—t]; < 100 an

Remark A.2. The approach chosen to prove Lemma 3.2 does not work for showing that

(y1,¥2) = E[J;(y1) /5 (y2)],

is continuous. In fact if we try to reproduce the previous proof, we realize that we have
to check that for all y;,y> € R,

H(y1,y2) :=

/ E[[VX ()l VX (t2)lly [ X (t1) = y1, X(£2) = 2] XPx (11),x (1) (Y1, y2) b1 dEa < Fo00.
TxXT

As before, performing a regression, the expectation appearing in the expression of
H(y1,y2) is

T)Vry(r) — 1ra(0)Vry(7) o |l rz(0)Vry(r) — re(7)Vrg(r)
e[ et~ el <€ Fo e o
Vry(T)

and the principal difficulty results in bounding 75 "5 7
ra\T

we developped a little more sophisticated approach to prove Theorem 3.1.

when ||7||, < B. That is why

Proof of Lemma 3.9. Let X = (X;);=1,2,3 and Y = (Y;);=1,2, 3 be two centred standard
Gaussian vectors in R? such that for 1 < i, j < 3, E[X;Y]] = pi;.
Let k = (k1,k2,k3) and m = (mi,ma,m3) be two vectors of IN3. We want to give an
explicit formula for E[Hy(X)Hpy,(Y))].
For ease of notations let us set Y; = X; 3 for j =1, 2, 3.

As in Azais and Wschebor [8, p. 269], a straightforward calculation on Gaussian
characteristic functions gives

6 3 3
E[H exp(tiXi — %t?)] = exp (Z Z Pij titj+3)
=1

i=1 j=1

“+o0 1 3 3 - “+o00 3 1
di'
=3 G (E i ttn) =X T T gy tutiinn)®
r=0 i=1 j=1 r=0%, ;dij=rij=1 v
—+oo 3 dL_] 3
_ pz] Z; 1d Z?:l dij
> o (%) () () wo
r=03, s dig=r \i.j=1 K i=1
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Now, by definition

—+oo
Hy(x)
exp(tx — 3t°) = th qi',
q=0 ¢
thus

6
IE[H exp(t; X; — %tf)]
i=1

400 +oo 400 +oo +oo  Hoo

the ghe gha g gma yme
=2 0 0 X D X ikl bl il gt PR Hm (V)]

kI:O kz:O kg:O m1:0 m2:0 ma=

Identifying this last equality with (A.1), it follows that ]E[I;Tk(X)ﬁm(Y)] = 0if |k| # |m]|.

In the case where |k| = |m|, one gets
i
EH(X)Hn(V)] = > km! ] df{, 7
dij >0 1<i,5<3 7
Z]- dij :ki
22 dig=m;
yielding the lemma. a

Proof of Lemma 4.2. Let f : S' — R be a positive continuous and bounded function. For
n € IN*, let T,, := ]0,n[ x ]0,n[. One has

w- [ / MC [ rex@)an das
[

t,t+1[x[s, s+1[(u)

1 1
_ / / / Flvx(x)) doy(z) dt ds
0 JO JCo,ex]0,s1(w)

:/n_l/n_l(H(tJrl,erl)—H(t78+1)—H(t+1’s)+H(t’s>) drds
0 0

1ol
7/ / H(t,s)dtds,
o Jo

where we recall that we have noted
H(t,s) := / flvx(z))doi(x).
C]o,t[x]o,s[(“)

Thus by making change of variable in the first integral, one obtains

n n 1 n n 1
(1):/ H(t,s)dtds—/ / H(t,s)dtds—/ / H(t,s) dt ds.
n—1Jn—-1 0 n—1 n—1J0

Since f is a positive function then H (¢, s) > 0 and we get the following upper bound
(1) < / H(t,s)dtds
n—1Jn—1

g/ / / flvx(z))doi(x) dtd5:/ flvx(z))doi(x).
n—1Jn—1JCo, n[x]o,n[() Cio,n[x]0,n[(®)
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The first inequality of lemma is then achieved. To obtain the second inequality, arguing
as previously we obtain the following lower bound

n+1 n+1 n+1 n+1
:/ / / flvx(x))doy(z) dtds:/ / H(t,s)dtds
0 0 Cle—1, t[x[s—1,s[(w) n n
0 rntl ntl 0 0 (0
—/ / H(Ls)dtds—/ / H(t,s)dtds+/ / H(t,s)dtds
—1Jn n —1 —1J-1

n+1 n+1
> / / / flvx(x))doy(z) dtds > / fvx(x))doy(z),
n n Co,t[x]0,s[(w) Clo,n[x]0,n[(®)

this yields Lemma 4.2. a
Proof of Lemma 5.4. Since Z is an isotropic process, its density pyz()(v) depends only

on ||v||,. We denote it by g(||v||,).
Thus if f : S' — R? is a continuous and bounded function,

E[7 (vx (0)) VX (0)],) = E[f (%) 1A.V2(0)]l,
= [ 7 () 1l gl ao

Letting v := ra, a € S!, one gets

E[f (vx (0) [V X (0 H21

=y (ot ar) (7 (i) 14t ao)
—elivzo)l,] ([ 7 (par) 14al, da).

In a similar way taking f = 1, one gets

BIVXO)L] = EIVZO1L] ( [ 14al, o).

Finally by using Proposition 3.10, one obtains

E[Jifmu)] B Joi f (IIA ol ) [A.all, da
E[J{ (u)] Jor Al da '

Now choosing ? = F defined by (5.1) and since A is a self-adjoint matrix, one has

= ( Ao«
/31f (||A.a ) | A.afly da:2/ Aal (A, v*) = 0} da

[P
=2 Aal da—QA/ a da,
g1 <Oé A’U>>0} lm{aw>>0}

Av*
~ AV,

If R denotes the change of basis matrix from the canonical orthonormal basis e := (f, f)
to an orthonormal basis choosen as w := (w}, w*) and making the change of variable

where we have noted w*
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B := R'.« in the last integral, one obtains

(/ « da)
Slﬂ{<a,w*>e20} o

B </S A {0 (0,1))w > 0} da>w B (O’ </5 Moz > 04" da>>w
o) = ([ o=

Thus we have proved that

_*}( A.a ) A 2 * 2 AQ'U*
Ao Vg, da= SAw =2 S
7 (e, ) 1l da= 2w - TAoT,

that yields Lemma 5.4. O

Lemma A.3. The Jacobian J3 of transformation ? (see (5.5)) is given by

B A1 —\?)
JpA0) = I3(\)(cos2(0) + A2sin*(9)) :
lsinz(ﬁ) 1 vi—w
1—(1—M)u?
) 1 u2 du
+ cos (9)/0 S Vi@ #0, (A.2)
for0 < A< 1.

Proof of Lemma A.3. For0 < A <1 and —g <0< g one has

oF (A0) = 1 [Asin?(0)I(A) — (cos?(0) + A2 sin®(0))I' ()]
ox I2(A) (cos2(0) + A2sin?())2

%O\ 6) = 1 (A% —1)sin(f) cos(6)

a0 7 I(N) (cos2(0) + A2 sin®(0))2

and
(ML) = (X = 1)I'(V))
x (cos?(0) + A% sin’(9))

%()\ 0) = sin(f) cos(0) \ +AI(A)

oN T I2(N) (cos2(0) + A2sin?(0))2
%()\ 9) = (A2=1) [cos*(8) — A?sin*(0)]

o6 7 I(N)  (cos2(f) + AZsin?(0))2

From straightforward calculations we deduce that the Jacobian J3 of the transformation
? can be written as
(1 =A%) [Asin®(0)I(\) + (cos®(0) — A2 sin®(6))1"(N)]

Jp(A0) = I3()\) (cos?(6) + A2 sin*(0))

Now I(\) = fog (cos?(z) + A2sin?(z))z dz, and the change of variable: sin(z) = u gives

B L= (1= X2)u?): " N ! u? du
I()\)—/O 1)} d and[()\)—)\/o el Vi
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This yields
Asin?(0)I(A) + (cos?(0) — A2 sin?(0))I'(\) =

1 /1T — 42
A [sinz(e L —u

1T—(1-A2)u?

1 2
u du
+ cos?(6 / ,
©) 0 /1—(1-22)u? \/1—u2]
and lemma ensues from the fact that (Jz(),0) =0) < (A =1). O

Proof of Lemma 5.9. First let us see that forn € N*, a.s. X2 +Y,2 < 1.

Jor Fox@dn @, oo [Fox @) aou)
Yo s HC()O—%«Zn(u)) » C()‘m(cn(u)UQ -

last equality coming from the fact that P takes its values into S'. But the strict inequality
is true otherwise, we would have equality in Holder inequality that remains impossible.

Now let us see that, a.s. X,, > 0.

T (u) X
. <JJ1£")(U)’U > ~ 01(Ca(w) /cn(w [{vx (t), )] dou(t) > 0,

and in a manner similar to that previously used it is proved that, a.s. X,, > 0. This yields
lemma. =

Lemma A.4. The coefficients ay; are given by: form,{ € IN

(afl*(Qm,%) aff(2m+1,2€+1) CLfl*(Qm,2£+1) afl*(2m+1,2€)>:

ags(2m,20) ap(2m+1,20+1) ap(2m,20+1) ap(2m+1,2¢
PX<A(A1,)\2,OJT,LU§,WL,E,/J/) B(Ala)‘%w{awgamaevu) 0 O)
Ao, A, wh,wi, €,mo ) B(Ag, A\, wh,wi, &,myp) 0 0)°

where w* = (w},w3) :=v*.P and

A()\la AQ,WI,WS, m,ﬁ, ,U) =

2 i”: (—2)p—m ZP: Qkp! <)\2w5>2(p_k) y
m e @p)l(m—p)l = (0 — k) \ At

=0

zg: (—2) ( Mt )2<n+pk)+l «
=)= )t (w2 + (Mowd)?)2

) (2 +p— B))!
2 tp—F(n +p— k)1’
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and

B()‘lv )\g,off,wg,mj,u) =

[y 5o G2t s 2 (Alwf)z(”"“’x
™ 1P:O 2p+ DI —p)! &= (p—F)! \ Naws

0

m (_Z)n—m )\2(,05
> (2n+1)!(m —n)! ([(Alw{)Q + (Aow$)?)?

X

> 2(p—k+n+1)+1

Q2p—k+n+1))
Rt l(p— k+n+ 1)

Proof of Lemma A.4. Recall that for f : S' — R a continuous and bounded func-
tions and for all u fixed level in R the coefficients a(-,u) are defined by a;(k,u) =
af(k:l, k‘Q) a(kg, u), for k = (k‘l, ko, kjg) S IN3, with

ko) = rZ<0>>¢( Z((n) =1

So for giving an expression of the coefficients ay; (-, u) for i = 1,2 and of a4 (-, u) just give
one of lei* (klv kg) and of that of al(kl, ]{32)

First, let us compute ay; (k1, k2), for ki, ky € IN. Let P := (a;;)1<i j<2- By definition of
coefficient ay: (k1, k2), we have

afy (ki k) = k:!//i! /]R2 (a11 M y1 + a12 A2 y2) X
1 1 "
( {<(i;z;>,(w*)t>20} {<(§;z;)’(w*)1><o})

Hi, (y1) ¢(y1) Hi, (y2) ¢(y2) dy1 dya.

By using the fact that H,, is even when n is even and odd if not (see (A.3) and (A.4)), the
coefficients k; and &, ought to be of the same parity, otherwise the coefficients ay; (k1, k2)
would be null. Therefore let us suppose first that k&1 = 2m and ks = 2¢, m,¢ € IN. In that
way and using that polynomial Hs, is even, one has

ags(2m,20) = % /]R2(a11 ALy1 + a2 A2 y2) X

ﬂ{((;; g;),(w)t»o} X Ham(y1) ¢(y1) Hae(y2) ¢(y2) dyr dys.

Let us compute

E = - Y1 X ]l{<(,\1y1>,(w)t>2o} X Hom(y1) ¢(y1) Hae(ye) d(y2) dyr dyo.

A2 Y2

(similar computations would be done for the second integral on y,, the arguments
w3, wt, A2, A1, £, m, in this order, playing the role of wi, w3, A1, A2, m, £ in last integral).
At this step of the proof Lemma A.5 is required.

Lemma A.5. Let p € IN, a € R and Fy(a) := [, 2%*1¢(2) dz. Then

a) = ¢(a 72kp! a*(P=F)

EJP 0 (2017), paper O. http://www.imstat.org/ejp/
Page 67/72


http://dx.doi.org/10.1214/YY-TN
http://www.imstat.org/ejp/

Estimation of Local Anisotropy Based on Level Sets

Proof of Lemma A.5. Integration by parts and straightforward calculations give the
lemma. ]
Three cases occur: wj > 0, wi < 0 and wj = 0.

Let us consider the first one. If wi > 0, E can be written as

—+oo

B [ o) | [ Honln) o) din | de

- * Y2
XL @}

For real x and m € IN, the polynomial form of Ha,,(x) is

Hop(z) = (2m)! ; M % (A.3)

Using Lemma A.5, one gets

B m (_2)p—m p 2kp| Now? 2(p—k)
=@ G = p)l 2= (= )] (ﬁwi) :

p=0
—2)71_@ )\2w§
20)! ——7—— Gngp— )
2.0 @n) (( —n)! TPk <A1w;
where for ¢ € IN and x € R, we defined

/+°° 1 1 (2¢)!

Gy(x) = Y29 o(y) p(ay) dy =

o V21 (14 22)rtz 29g!°
If wi < 0, using that for m € IN, polynomial Hs,, is even, one obtains that

Apwd
2
Apwy Y2

E= /}R o)) | |

+oo
:—/]RHQz(y2)¢(y2) /*WE Y1 Hom (y1)9(y1)dys | dyo,

* Y2
1

Y1 Hom (y1)d(y1)dyr | dyo

o

and in a same way, when wj =0,

B = ( [ #arte) 002) Lpssor ) ([ o0 Haml) ) ) 0.

Finally, knowing that |wi| x sign(w}) = wi, one gets the expression of coefficient
Qafx (2m, 2£).

For coefficient ay; (2m + 1,2¢ + 1), similar arguments would be developed using the
previous way and the polynomial form of Hyy1(z), that is

L

—_9\p—4L
Hopp1(z) = (20 + 1)! Z (2p—|(-1§?(€—p)! 2P (A.4)

p=0
To conclude the proof of Lemma A.4, just remark that a s (2m+1,2() = ayg; (2m,2(+1) =0
and that ay; (2m, 2¢) (resp. ay; (2m + 1,2¢ + 1)) would be computed replacing a1 by as:
and a;3 by az. in the expression of ay; (2m, 2¢) (resp. ag+(2m + 1,20+ 1)). O
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In order to give the coefficients a; we introduce the following functions.
The § function is defined by:

I'(x)I'(y)
; = ) ) > 07
Blx;y) Taty oY
while the I" function is defined by:
(oo}
I'(x) ;:/ e "1 dt. (A.5)
0

Lemma A.6. The coefficients a; are given by: for m,{ € IN
(a1(2m,20) a1(2m+1,2041) a1(2m,20+1) a1(2m+1,20)) =
(C(/\l,/\27m7£7ﬂ) 0 0 O) )

where

C()\la )‘27 m, [7 IU/) =

s £ () () )

p=0¢=0

o« (qZ”)(QTi") 2n 1 )2 n
; (2qq)+ (3) BTt L) (1 (;)) ,

Remark A.7. Note that in the case where A = 1, that is when the process is isotropic
our result contains that of the authors expressed in Kratz and Ledn [20, Theorem 2].

Proof of Lemma A.6. Let us compute aj (k1, k2), for k1, ko € IN. We have

ar (k1. k) = |/ ATyt + A3 w3 Hy, (1) Hi, (y2) 6(y1) ¢(y2) dyr dys.

Similar arguments as those given in Lemma A.4 show that a; (k1, k2) = 0 except when &,
and k, are even.

So let us compute aq(2m, 2¢) for m, ¢ € IN.

The change of variable y; := Arsin(f) and y, := r cos(f) in last integral and expression of
Hsy given in (A.3) yield

m £
2/ X3 (-9t
a1(2m,20) = —X= 32 AP x
12m20 = SN2 D GG n — =)
1
2 1o ——r? [cos?(#) + A\? sin?(6
/ i P22 (024 () sin?P (0) ¢ 2 [cos™(6) @) 40
o Jo
2
Now making the change of variable r? := v and w := sin(#), one gets

cos2(0) 4 A2 sin?(6)

)\mZ 2)p—m 2q7£ 2ppql
@20 = XY o

F(p+q+3) Fp+a+3ip+5p+a+11-2%,
where the hypergeometric function F' is defined by
1
F(a;b;c;z) == / w71 —w) 71— uz) T du.
0
for|z| <1,0<b<canda > 0.

The proof of lemma ensues from the following one.
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Lemma A.8. For |z| < 1,0 < b < cand a > 0, one has

cfb (b+n) ,
F(a;bye;2) = ZF +1>z.

Proof of Lemma A.8. The proof consists in a serial development of function f(z) :
(1 —wuz)"e

oa

Proof of Lemma 5.16. Let f1, f : S* — R continuous and bounded functions and set
? := (f1, f2). We have the following decomposition of det (E? (u))

det (E7(u))
= 251 (W) Zp, 5, (1) = (Zpy o (w))?
+o0 +oo +oo 2
—ZZ (Zr52 (W) (B () — (Z(Eﬁ,ﬁ(u))q)
= iodet (Z’?(u))q
= 3 (), )y = )y [ e),)
+2 3 [0, G ) [0, 00) [ 1,0,

~ (ZpnaW)y (B ]
To conclude the proof of lemma, we just have to verify that for all ¢ € IN*,
|1 )| < (S @)y (Erapa (), (4.6)
So, let ¢ € IN*, and let define

(5§"><u))q T ek / (U

ke]NJ
|k|=q

Corollary 4.9 implies that,

((w), s (W), ) 2 wos (5pw) ),

and in force (E?(u)) is a semi-definite positive matrix. This argument yields inequality
q
(A.6) and Lemma 5.16. O

Proof of Lemma 5.19. Using that B2 = %, lim,, &, = ¥ = B? and that lim, tr(B,,) =
tr(B) > 0, we obviously deduce that lim,, B,, = B.
O
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