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WEIGHTED SECOND-ORDER POINCARE INEQUALITIES:
APPLICATION TO RSA MODELS

MITIA DUERINCKX AND ANTOINE GLORIA

ABsTrRACT. Consider an ergodic stationary random field A on the ambient space R<.
In a recent work we introduced the notion of weighted (first-order) functional inequal-
ities, which extend standard functional inequalities like spectral gap, covariance, and
logarithmic Sobolev inequalities, while still ensuring strong concentration properties.
We also developed a constructive approach to these weighted inequalities, proving their
validity for prototypical examples like Gaussian fields with arbitrary covariance func-
tion, Voronoi and Delaunay tessellations of Poisson point sets, and random sequential
adsorption (RSA) models, which do not satisfy standard functional inequalities. In the
present contribution, we turn to second-order Poincaré inequalities a la Chatterjee: while
first-order inequalities quantify the distance to constants for nonlinear functions X (A) in
terms of their local dependence on the random field A, second-order inequalities quantify
their distance to normality. For the above-mentioned examples, we prove the validity
of suitable weighted second-order Poincaré inequalities. Applied to RSA models, these
functional inequalities allow us to complete and improve previous results by Schreiber,
Penrose, and Yukich on the jamming limit, and to propose and fully analyze a more
efficient algorithm to approximate the latter.
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Stein’s method and its refinement by Chatterjee [3, 4] in the form of second-order Poincaré

inequalities are a powerful tool to quantify the distance of a random variable to normal-
ity. In this contribution, we are motivited by two different applications: fluctuations in
stochastic homogenization on the one hand, and fluctuations in stochastic geometry on
the other hand. The first use of second-order Poincaré inequalities in stochastic homog-

enization is due to Nolen [I7] (see also [I} 26] for earlier qualitative approaches to this
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2 M. DUERINCKX AND A. GLORIA

problem), successfully followed by [8] 10} 16, [7]. Regarding stochastic geometry, we are
more precisely interested in random sequential adsorption (RSA) models and in fluctua-
tions of the jamming limit. In that context, Stein’s method was first used in combination
with stabilization properties by Penrose and Yukich [24], and followed by [27, [12].

Like first-order functional inequalities, second-order Poincaré inequalities are very restric-
tive, and essentially hold true only for product structures and for Gaussian random fields
with integrable covariance function. The aim of the present contribution is to go beyond
these examples, and complete our previous articles [5] [6] by proving the validity of suitable
weighted versions of second-order Poincaré inequalities for various prototypical random
fields with strong correlations.

All random fields A on R? considered in this contribution can be obtained as the image
A = ®(Ap) by some “projection” ® of some higher-dimensional random field Ay on R? x
R! that is known to satisfy a standard (not weighted) second-order Poincaré inequality.
In [6] we developed an abstract yet constructive approach to weighted first-order functional
inequalities under suitable assumptions on the “projection operator” ®, and made use of
this constructive approach to prove the validity of weighted functional inequalities for
various examples of strongly correlated random fields considered in the literature. In the
present contribution we similarly establish in Section [2] weighted second-order Poincaré
inequalities for these examples.

In Section |3| we use these inequalities to study (linear) spatial averages of the random
field A. Although the point of first- and second-order functional inequalities is to address
concentration and approximate normality properties for general monlinear functions of
correlated random fields, this application to linear random variables is nontrivial, and is
particularly relevant in two contexts: the analysis of the jamming limit for RSA models,
and quantitative stochastic homogenization. On the one hand, in order to analyze RSA
processes, Penrose and Yukich [23] introduced a crucial notion of stabilization radius having
its origins in the works of Lee [14} 5] (which is also our main inspiration for the constructive
approach to weighted functional inequalities that we developed in [6l, Section 2.3.2|), and
this paved the way to a series of strong results on the jamming limit [21] 23] 22| 24,
27, [12]. Based on weighted first- and second-order functional inequalities, we revisit and
complete this series of papers. On the other hand, in the field of quantitative stochastic
homogenization of random elliptic operators in divergence form (that is, operators of the
form —V - AV with A a matrix-valued random coefficient field), various quantities of
interest are proven to behave essentially like spatial averages of (nonlinear approximately
local functions of) the random field, and applying second-order Poincaré inequalities then
leads to sharp normal approximation results [17) 8 [10} 16}, [7].

Notation.

e d is the dimension of the ambient space R?;

e (' denotes various positive constants that only depend on the dimension d and
possibly on other controlled quantities; we write < and 2 for < and > up to
such multiplicative constants C; we use the notation ~ if both relations < and 2>
hold; we add a subscript in order to indicate the dependence of the multiplicative
constants on other parameters;

e Q% :=[-1/2,1/2)* denotes the unit cube centered at 0 in dimension k, and for all
z € RF and r > 0 we set QF(x) := x4+ QF, QF := rQF and QF(x) := x4+ rQ*; when
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k = d or when there is no confusion possible on the meant dimension, we drop the

superscript k;

we use similar notation for balls, replacing Q¥ by B (the unit ball in dimension k);

the Euclidean distance between subsets of R? is denoted by d(-, -);

B(RF) denotes the Borel o-algebra on R¥;

E [-] denotes the expectation, Var [-] the variance, and Cov [-;-] the covariance in

the underlying probability space (€2,.A,P), and the notation E[-||-] stands for the

conditional expectation;

N denotes a standard normal random variable;

e dypv (+,-), dw(-,-), and dk(-,-) denote the total variation, the 1-Wasserstein, and
the Kolmogorov distances, respectively.

2. WEIGHTED SECOND-ORDER POINCARE INEQUALITIES

Chatterjee’s standard second-order Poincaré inequalities are known to hold in total vari-
ation distance for Gaussian fields with integrable covariance function [4] 19], as well as
in Wasserstein and Kolmogorov distance for general discrete product structures [3, [11].
Based on these results, we prove the validity of weighted second-order Poincaré inequali-
ties for correlated random fields that display a hidden product structure (in a sense made
precise below). To this aim, we first recall the constructive approach of [6] to first-order
weighted functional inequalities, and then turn to the two prototypical classes of exam-
ples: deterministically localized fields (which essentially concerns Gaussian fields), and
randomly localized fields (in which case localization is quantified in terms of the action
radius introduced in [6]).

Before we state the main results, let us comment on the existing literature. On the one
hand, for Gaussian random fields, our results can be compared with [I9, Theorem 1.1]
(see also [18]), which establishes a similar (infinite-dimensional) second-order Poincaré
inequality in terms of Malliavin calculus in abstract Wiener space (where the covariance
structure is encoded in some Hilbert norm). The interest of our formulation is the explicit
structure of the right-hand side in the form of a weighted inequality, in line with the first
order functional inequalities that we obtained in |5 [6].

On the other hand, for randomly localized fields, our approach to control distance to
normality can be compared to [12], which develops a general strategy to prove approximate
normality results for functionals of Poisson processes based on stabilization properties. In
particular, this approach requires stabilization properties to be checked explicitly each
time a normal approximation result is to be proved. In contrast, given a random field
A which is a transformation of a Poisson process, our approach consists in exploiting
stabilization properties of the transformation (in the form of a control on the action radius)
to derive a “generalized” second-order functional inequality. This weighted second-order
Poincaré inequality has the advantage to be intrinsic for the field A, and as such it can be
subsequently applied to any random variable X (A) without having to make further use of
the stabilization properties of the transformation.

2.1. Weighted first-order functional inequalities. Let A : R¢ x Q — R be a jointly
measurable random field on R, constructed on some probability space (£, A, P). We start
with the definition of first-order weighted functional inequalities (cf. [5]), and first recall
two important possible choices of (wide-sense) derivatives with respect to the (continuum)
random field A, which we generically denote by d.
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e The oscillation 3°%¢ is formally defined by

Ox%s X(A) = supess X(A)— infess X(A)
A,S A,S

= supess {X(A’) : A" € Mes(R%; R), Allgayg = A]Rd\s}
~ inf ess {X(A’) : A € Mes(R% R), A'|ga\ g = A|Rd\s} . (2.1)

where the essential supremum and infimum are taken with respect to the measure
induced by the field A on the space Mes(R% R) (endowed with the cylindrical
o-algebra). We refer to [, Subsection 2.1| for more careful definitions.

e The (integrated) functional (or Malliavin) derivative 0, defined as follows. Let
us denote by M C L*®°(R?) some open set such that the random field A takes
its values in M. Given a o(A)-measurable random variable X (A), and given an
extension X : M — R, its Fréchet derivative X (A)/0A € L (R?) is defined for
all compactly supported perturbation §A € L°°(R%) by

. X(A+t5A) - X(A) X (A)
fiy ; = J 4055

if the limit exists. Since we are interested in the local averages of this derivative,
we rather define for all bounded Borel subset S cR?

(2) da,

fct

This derivative is additive with respect to the set S: for all disjoint Borel subsets
S1, 82 C RY, we have 0"y, g, X (A) = 85" X (A) + 9%y X (A). The second-order
functional derivative is defined similarly (and will be used for the second-order
Poincaré inequality).

Definition 2.1. Given an integrable function 7 : Ry — Ry, we say that A satisfies the

weighted spectral gap (0-WSG) with weight 7 if for all o(A)-measurable random variable
X (A) we have

Var [X(A)] < E [/ y OA Beii(z (A))de (0 +1)"x(0) dﬁ] , (2.2)

and that it satisfies the weighted covariance inequality (5—WCI) with weight 7 if for all
o(A)-measurable random variables X (A) and Y (A) we have

Y(A)]

Cov [X
/ /Rd [8""%1 )X(A)>QFE[(5&3“1(:6)5/(14))12d$(f+1)_d7r(£)d€. (2.3)
O

In [6] we have developed a constructive approach to such inequalities. Let us be more
specific: Let the random field A on R? be o(X)-measurable for some random field X
defined on some measure space X and with values in some measurable space M. Assume
that we have a partition X = erzd,tezl Xzt on which X is completely independent, that
is, the family of restrictions (X|x, ,),eza tez are all independent.
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The random field X' can be e.g. a random field on R% x R! with values in some measure
space (choosing X = R? x R!, X,.; = Q%(z) x Q'(¢), and M the space of values), or a
random point process (or more generally a random measure) on R? x R! x X’ for some
measure space X’ (choosing X = Z¢ x Z! x X', X, ; = {z} x {t} x X', and M the space
of measures on Q% x Q' x X').

Let X’ be some given i.i.d. copy of X. For all z,¢, we define a perturbed random field X%*
by setting X**|x\x, , = X|x\x,, and X*'|x, , = X’'|x,,. By complete independence, the
random fields X and X! (resp. A = A(X) and A(X®")) have the same law. The following
first-order functional inequalities are standard (cf. [6, Proposition 2.4]).

Proposition 2.2. For all o(X)-measurable random variables Y (X') and Z(X'), we have

Var[y(x)] < 5 30 SR [(v() - viam)?],

xeZd teZl

Cov [V () 2(X)] < 5 3 STE[(v(¥) - v(xe) B [(2(x) - 220" O

xC€Za teZl

-

We now describe general situations for which the above standard functional inequalities
for the “hidden product structure” X are deformed into weighted functional inequalities of
the form (2.2)) and ({2.3)) for the random field A. As pointed out above, we distinguish two

situations:

e deterministic localization, that is, when the random field A is a deterministic con-
volution of some product structure, so that the dependence pattern is prescribed
deterministically a priori; it leads to weighted functional inequalities with the func-
tional derivative ™!, and essentially concerns Gaussian fields;

e random localization, that is, when the dependence pattern is encoded by the un-
derlying product structure X itself (and therefore may depend on the realization,
whence the terminology “random”); the localization of the dependence pattern is
then measured in terms of what we call the action radius; it leads to weighted in-
equalities with the derivative 9°%¢ (or with the slightly more precise derivative 94
defined below).

These two situations are separately addressed in terms of weighted second-order Poincaré

inequalities in Subsections and

2.2. Deterministically localized fields. In this subsection we treat the main example
of deterministically localized fields, that is, correlated Gaussian random fields. The main
result of this section is a continuum version with nontrivial covariance structure of the
second-order Poincaré inequality for i.i.d. Gaussian random variables due to Chatterjee [4],
and based on Stein’s method. As already discussed, this is to be compared with [19].

Theorem 2.3. Let G be a jointly measurable stationary Gaussian random field on R?,
characterized by its covariance C(z) := Cov [G(z); G(0)], and assume that |C(x)| < c(|z|)
for some Lipschitz non-increasing map ¢ : Ry — R.. Let h € C*(R) with I/, h" € L°(R),
and let A be the random field on R defined by A(x) := h(G(x)) for all x. Then for all
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o(A)-measurable random variable X (A) and all R > 0 we have

drv X(4) — E[X(4)] , N (2.4)
Var [X (A)]

Hh'||Loo </ / /
(Var Rd BQ(Z-H)
El</ [
0 Jo R4 xR4 By +1)(21) X Ba(ey 1) (22)

2
X(EQ + 1)_d(—cl(£2))d€2 (ﬁl + 1)_d(—cl(€1))d£1) ]

a);ff) ‘)2@5 (¢ + 1)d(—c’(€))d€>2] ’

92X (A)
9A2

‘)2dazld:c2

N

7|1

o h// o
Va; | HL /Rd /Rd (|z1 — z2] — R) ¢(|x2 — 23] — R) c(|z3 — 4| — R)

e[, 550

1
dl’l N dx4.

If the covariance is integrable in the sense of ||C||p1 == [( SUPp(a) [Cl)dx < oo, then the
above reduces to
2
X(A)-E|X(A
drv & X(A)) N (2.5)
Var [X (A4)]
W

~ WHCHLl

(L], 2y

- [<//R"’W (//B(m)xB(y) ‘82(;(4(54) ‘>2dxdy>2] ’
/Rd </B<m> aX(A)D4dx] ' O

0A
Proof. By scaling it does not restrict generality to assume E [X (A)] = 0 and Var [X(A4)] =
1. We split the proof into three steps.

[un

A

T (Var [X(A)))?

2 ICIE E

Step 1. Discrete Gaussian field.

In this step, we establish the discrete counterpart of the desired result, that is, a second-
order Poincaré inequality a la Chatterjee for correlated Gaussian vectors. Let V =
(Vi,...,Vn) denote a Gaussian random vector with covariance ¥ := Var[V] € RV*V,
Let h € C?(R), and for all i let W; := h(V;). Given a smooth transformation g : RY — R,
we consider the random variable Z := ¢g(W), which can also be represented as Z := f(V)
for some map f : RV — R. Assume that E[Z] = 0 and Var[Z] = 1. Let V' denote an
i.i.d. copy of V, and for all t € [0,1] define U; := vtV + /1 —tV’ and (V;); := h((Uy);).
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In this step, we establish the following variant of [4, Theorem 2.2],
= dry (ZN) < 2 /1 (1+2) X BullSullSm
9 ’ = L 0 \/i 1) mn

X E [|[Vig(Y)[IVig(W)|[Vig(W)[[Vag(Yy)|] dt

1
2
422 || 200/ (1+7) 51518
P [| L0 (|7 ] ; 7i E 135112k || X

1,5,k,l
x E[IVig(Y)IIVigW)|[Vieg(W)|[Vig(Yy)|] dt.  (2.6)

i?j7k7l’m’n

For that purpose, we simply adapt the strategy of [4] to the case with a nontrivial covari-
ance. Using the i.i.d. copy V' of V, we may decompose, for any smooth 9 : R — R,

E[ZY(Z)] =E [f(V)(f(V)) = FV)(f(V))]
—F [w(f(V))/ %(f(\/iv +v1— tV’))dt]

0

— 38 o) [ 1 (57 A=) VIV £ VT

or alternatively, in terms of U; := vtV + 1 —tV' and V; := /1 =tV — V/tV',

E(Z4(Z (J (ViU + VT= V)V Y (U3)] di.

1 [t 1
>]=2/0 \/NﬁE[w

Noting that the Gaussian vectors U; and V; are independent of each other and have the
same law as V', and that Gaussian integration by parts takes the form

E[V¢(V)] =SE[V((V)], (e CyRY),

we deduce from the above,

E[Zy(2)] = /01 2\1/£E [w'(f(\ftUt + VIV V(U + V1= V) - EVf(Ult)] dt.
Defining
/ ! 1
TV, V') = /0 Q—\ﬁVf(V) - XV f(Uy)dt, (2.7)

we have thus proven the identity
E(Zy(2)] =E[y(Z)T(V.V")] =E[¢'(2)E [T(V,V") || Z]].

In other words, we have constructed the so-called Stein factor E[T(V,V’)| Z] for Z. A
standard use of Stein’s method (see e.g. [4, Lemma 5.1]|) then yields

dry (2,N) < 2B [[B[T(V,V)]| 2] - 1]] < 2Var [B[7(V, V)| V]



8 M. DUERINCKX AND A. GLORIA

In order to estimate this last variance, we use the Gaussian Brascamp-Lieb inequality (see
e.g. |6, Proposition B.1]),

%dTV (Z,N)? <2E[VyE[T(V,V')|| V] - EVVvE [TV, V) || V]]
= 2E ||=2E [VyT(v, V) || V] ]
<2 |[$2vyT(v, V).
An explicit computation of the gradient Vi T(V, V') based on definition yields
vy T(V, V) / —VQf(V) BV f(Up)dt + ;/01 VF(V)-SV2f(Uy)dt.
Combined with the inequality (a + b)? < 2(a? + b?) for all a,b € R, we obtain

1 Lyt 1
2dTV(Z,N)2§/

E [VF(Uy) - SV2F(V)EV2F(V)EVF(U,)] dsdt

// V() - SV2f(U)EV2f(Us)EVF(V)] dsdt.

Using successively the inequality x - Yy < 5(96 -Xx + y - Xy), the identity fol Y24t = 2
and noting that (V,U;) has the same distribution as (U, V'), we are left with

1 9 ! 2
5 d1v (Z,A) g/o (1 n %)E [VF(Uy) - SV2F(V)SV2F(V)SV F(U;)] dt
By definition Z = f(V) = g(W) with W; = h(V;), so that V,;f(V) = 1/(V;)V;g(W) and
V%jf(V) = (Vi)W (V; )ng(W) + 0;;7" (Vi) Vig(W), and the result follows.

Step 2. Continuum counterparts.
By an approximation argument, the result (2.6) of Step 1 yields for all o(A)-measurable
random variables X (A) with E [X(A)] =0 and Var [X(A4)] =1,

1
%dTv<X<A>,N>2 < W6 / 1+3 / / (Clat — 2)IC x5 — 24)]|Clas — )]

x E D aAt H@zgip “82;;2 5)‘)822(1430(x6)‘] dzy ...dxedt
P2 [ (14 \2/ [+ e = lict - alicta - o)
x E “aX At H (2 HaX(A) T3 Ha)(gfé;jt)(mt)” dxy ...dzdt, (2.8)

where we have set A() := h(vV/tG(z) + /1 — tG'(z)) for an i.i.d. copy G’ of the Gaussian
random field G (in particular note that A and A; have the same law). This result is to be
compared with [19].

Step 3. Conclusion.
In this step, we argue that (2.8)) yields the desired second-order weighted Poincaré inequal-
ity. For all smooth ¢ : R — R and ¢ : R x R? — R, we claim that the following estimate
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holds,

7= [ [ il el s — et — a)dn . dx
< ( /0 T an (1)~ (1)) /0 ™ttty 1 1)~ (6))

2
X //dxldxg(// |§’> )
Ba(ey +1) (1) X Ba ey 41)(2)
« (/ (6 +1)" /dx / i ) (2.9)
0 Baey1y(z

We postpone the proof of this estimate to the end of this step, and first show how it implies
the desired result. We denote the two RHS terms of (2.8]) by S; and Ss, respectively, and
we start with the estimation of S;. We apply inequali to {(x) := (0X(As)/0AL) (z)
and £(x,y) = (0°X(A)/0A?)(z,y), use Cauchy-Schwarz’ inequality in probability, and
note that A; has the same law as A for all ¢, so that

S = 20 -~ /01 (1 i ;)E [</OOO e+ 1) /dw /32(e+1> 6Att) DQ>

« ( /D T (0 + 1) (= () /0 Aol + 1)~ (£))

X //dxdy<//BQ%H)(QD)XBQ(ZZH)@) ’828)(14(214)‘>2>]dt
</000dg (e+1)" (E))/dx</B2(ZH)(I) 3)§E4A)’>2>2 3

( a3 (0, + 1) (el>)/ood£2<ez+1>—< ¢ ()

1

X (A)\2\?|?

//d"”dy // ‘ 9A2 D) '
Ba(ey +1) (@)X Ba(gy 1) (¥)

We now turn to the second term S;. Taking local spatial averages, using Holder’s inequality
in probability, and recalling that A; has the same law as A for all ¢, we obtain

< 10||1|[$ < E

So < 00113 [ .. [ enllos — al)enllos ~ salenles o)

: OX (A)
XEE (]émwl );A ‘)4

N,

dl’l e dx4,
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where we have set Cg(t) := supj,<p c(t + u). Hence, since c is non-increasing,

S, < 24d1ouh'||§oo\h"y%oo/. . ./c(|x1 ~ wol = R) e(|w2 — 23] — R) cl|ws — wa| — R)

II=[(f, [0

The result (2.4)) follows by inserting the above estimates for S; and S into ([2.8]).

1
dl’l PN d{L‘4.

We now prove the result (2.5)) in the case when [C < oo, where we have set C(z) :=
SUPB, () [C|- Using the inequality 2ab < a? + b2 for all a,b € R, we obtain

DX (A) X(A)\ 2
sttt [0 7 [ 2| (L )]
L3 0 B(ay) | OA B(za)x B(z aAQ D

x C(x1 — 22)C(x3 — 24)C (25 — xﬁ)d$1 ... dzedt

- 2
< Wity [ (1+ %)

el
S IHIE=lICI E [(/ </B<m>

Cl.%'l dl‘gd(]?g dt

T )

0A; DQ //B(a:g x B(x3)
8);1(414) DQd:n> 2] :

(J( // ety aA‘;4 )ngmdyﬂ

1 4
Likewise, using the inequality ajasazas < Zl 1 az, we obtain

5 0X(A)\4
Sa S I == |, B [/ (o5 dm]'

0A
Combined with (2.8]), these estimates yield the desired result (2.5]).

=

x E

It remains to prove the general estimate (2.9). Using radial coordinates, the LHS T' takes
the form

T < /// darydivadics /0 Tty e(y) /8 ,, ot /O " dlse(ts) /a ,, 4ot

x [C(z)|[E (w1 + w1, z2)|[€ (w2 + ug, 23 + u3)||((73)],

which, by integration by parts, turns into

T < ///dmdmdm?, /Ooo dél(—c’(ﬂl))/ooo dﬁg(—c’(ﬁz))/ooo dls(—c (£3))
<letenlictel( [ CCER)I /| ).
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Taking local averages, and bounding fBz () DY fBg(z o) for all y; € By, y1(z1), we
1 1
directly deduce

T < ///dmdmdm:s/ dty (4 + 1)_d(—c’(€1)).../ dls(ls +1)—d(_0/(€3))
0 0
(] a)( /. B)
Baey +1) (1) X Ba(ey 1) (22) Ba(ey+1) (2) X Ba(gy 1 1) (3)

- </Bz(el+1)(11) |C|> (/B2<z3+1>(9¢3) KD,

which, by the inequality ab < (a® + b?) for all a,b € R, yields

T < ///dmldxgdxg /OOO Aoy (0 +1)74= (1)) .. /000 dls(ls +1)~%(—c (¢3))

2 2

([ <) (/ €l
2(61+1)\T1 2(£9+1)(22) X DB3(e341) (23
B (z1) B (z2)xB (z3)

that is, (2.9)). O

2.3. Randomly localized fields. Let A be a o(X')-measurable random field on R?, where
X is a completely independent random field on some measure space X = Lﬂxezd,tezl Xot
with values in some measurable space M. In this subsection, we address the situation when
the dependence pattern of A with respect to X is random in the sense that it is determined
by the underlying product structure X itself. In this context, we first recall the crucial
notion of action radius (cf. [6]), which is a probabilistic measure of the localization of
this dependence pattern (that is inspired by the stabilization radius first introduced by
Lee [14], 15] and crucially used in the works by Penrose, Schreiber, and Yukich on RSA
processes [23, 22], 24, 27]).

Definition 2.4. Given an i.i.d. copy X’ of the field X, an action radius for A with respect
to X on X, (with reference perturbation X”), if it exists, is defined as a nonnegative
o(X, X’)-measurable random variable p such that we have a.s.,

AX N g @@y 8,) = AX) R\ Q@) 1+5,)

where we recall that the perturbed random field X% is defined by Xw’t\X\Xx,t = X‘X\Xx,t
and Xm’t|Xx7t = X”X%t. O

The following theorem establishes weighted second-order Poincaré inequalities for A, based
on assumptions on a slightly stronger notion of action radius. The strategy consists in
applying the standard second-order Poincaré inequality for X due to Chatterjee [3], and
then exploiting the localization properties of the action radius to devise an approximate
chain rule and deduce a functional inequality for A = A(X) itself. As already discussed,
this is to be compared with [12].

Theorem 2.5. Let A be a o(X)-measurable random field on R?, where X is a completely
independent random field on some measure space X = LﬂxEZd,tEZl Xt with values in some

measurable space M. Let X' be an i.i.d. copy of X. For all B C Z% x 7!, let the perturbed
random field XB be defined by

B _ ! B _
& |U<x,z>eBXw,t =X |U<a:,t)esXx,w A ’Umt)eBX:v,t - X|U<x,t>¢BXw7t>
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and for all z,x' € Z% and t,t' € Z' we set for simplicity X%t .= xX{@D} gngd pota't' .—
@@ Y  Assume that

(a) For all x,t and all B C Z¢ x Z!, there exists an action radius py(XP) for A(XP) with

respect to XB in X+ with reference perturbation X' (in the sense of Definition ,
and set

Pt = SUp {px,t(XB) : BcZ%x Zl}.

(b) The transformation A of X is stationary, that is, the random fields A(X (- + z,-)) and
A(X)(- + z) have the same law for all z € Z%. Moreover, for all t, B, the law of the
action radius py+(XP) is independent of x. In particular, for all t, the law of py is
independent of x.

For allt € Z! and ¢ > 1, define the weight
Tt ) =Pl —1<pos <, X #X%].

Then the following results hold.
(i) For all o(A)-measurable random variables X = X (A), we have

S W O;aal(zzz (.17

x,x’x Lt L 0 =1

O«\)—'

t/ 6/)% (t” El/)%)

1-X

[(a?‘;tadlsft/X) = } [(a?;ta X ) ]

_4 1 _4 % %
E [(a?,{;%,x) 1‘*} E [(82,i,fx,,’t,,X) 1‘*} )
Tl 0321(222 (x(t. bt £)3)”

z,x’ tit! L0 =1

1-2 1A\ 3
()] ()]
ot | DT e o] )

t (=1

3 q1=-A
+Var 3/2 0<>\<1ZZZ m(t, 0)'E [( ?lwst ) ] 5 (2.10)

t (=1

where the sums in x, o', 2" (resp. in t, V', t") implicitly run over Z (resp. over Z!),
and where for all x € Z* and t € Z! we have defined the discrete derivative

154X = (X (A) = X(A(X™))) Laaey

rd\Qgq 4 () =AlRNQpp4 1 (@)
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and the discrete second derivative
02,055, = (X(A) = X(AQX™)) = X(AX™Y)) 4 X(AXH))
X ]lA(Xz’ )‘Rd\Qzeﬂ(z) ‘Rd\QgeH(T) A st )|JRd\Q2£+1 =A(x=" )‘Rd\Q%H(I)

X ]lA(Xx/’t/ ]lA(Xxﬁt?x ! ,):A(X

_ ot .
Nea\Q, @) =AlRd\Q,y (o) Ned\Q, “rarQ,y @)

(ii) For all o(A)-measurable random variables X = X (A), we have

(W’N) S RHS @) (X) + G1(X), (2.11)

where RHS@1g) (X) denote the RHS of (2.10), and where we have set

G1(X) = Vr3/20<A<1Z; (Z [(8?15,5 ) 6Ar A>

If in addition for all x,t there exists a o(X|x,,,X'|x,,)-measurable action radius py;
for A(X) with respect to X on X, then we simply have pyy = pgs for all x,t, the

weights 75 and 72 can both be replaced by 7 in the first two RHS terms of (2.10) and in
the corresponding terms in RHS@1g)(X) in (2.11), and the term G1(X) in (2.11) can be
replaced by

1-X

x| 2
Ga(X) = Var [X 3/20<A<122t:z m(t, ()" [( Eh:?t ) ] : O
Remark 2.6. The additional term G1(X) in - typically dominates the RHS terms
of { - However they become of the same order if the weight 7 is super-algebraically
decaying, or if the improved form of the above result holds (that is, with G;(z) replaced
by G2(X)). In each of the examples below, we are in one of these two situations, hence the
above bounds on the Kolmogorov and on the Wasserstein distances essentially coincide.
Otherwise, it might be advantageous to rather bound the Kolmogorov distance by the
square-root of the Wasserstein distance and then use the above estimate for the latter. [

Before we turn to the proof of Theorem 2.5 we recall representative examples analyzed in
[6, Section 3], and to which it applies. In each case, we quickly discuss the existence and
properties of the action radius p (which is a slightly stronger notion of action radius than the
one p given in Definition and needed for first-order weighted functional inequalities).
For technical details we refer the reader to [0, Section 3|, where the action radii p are
constructed.

(A) Poisson unbounded spherical inclusion model. Consider a Poisson point process P of
unit intensity on R?. For each Poisson point z € P consider a random radius r(x)
(independent of the radii of other points and identically distributed according to some
given law v on R*), and define the inclusion Cy := B, (;)(x). Consider the inclusion
set 7 := UgepCy, let Ag, A1 € R be given values, and define a random field A on R¢
by

A(x) == Aolygr + A1lzer,

that is, A takes value A; in the inclusions and Ay outside. As argued in [6, Sub-
section 3.4], A can be reformulated in the form addressed in Theorem above
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with [ = 1, and for all z,t there exists a o(&X|x, ,, X'|x,,)-measurable action radius
Pzt =ty sxer (cf. [6, proof of Proposition 3.4(i)]). The improved form of the above
result therefore holds with

m(t,0) ==Ly 1<pce P [X £ X0 <20([t — 3t + 1) Lisi<her

(B) Random parking process. Consider the random parking point process R with unit ra-
dius on R (see Subsection below for a precise construction based on an underlying
Poisson point process Py of unit intensity on R? x R, ). As above, for all z € R we
denote by C, := B(x) the unit spherical inclusion centered at x (so that by definition
of R all the inclusions are disjoint), we consider the inclusion set Z := UyerCy, and
we define a random field A on R¢ by

A(z) = A()]lxg_tz + A1 4e7.

In [6, proof of Proposition 3.3|, for all # we have constructed an action radius p, with
respect to the underlying Poisson point process Py on Q(x) x Ry. By definition, this
action radius satisfies p,.(PE) < pz(Po UP)) for all B C Z%: indeed, adding points in
the Poisson point process Py adds possible causal chains, hence increases the defined
action radius. Therefore, we deduce py < pg(Po U P)). As Py U P} is itself a Poisson
point process on R? xR with doubled intensity, we conclude P[5, > £] < C exp(—&¢)
as in 6l Proposition 3.3|, and we may apply Theorem with [ = 0 and exponential
weight m(¢) < Cexp(—&0).

(C) Poisson random tessellations. Consider a Poisson point process P on R? and let
V denote the associated Voronoi tessellation of R?, that is, a partition of R? into
convex polyhedra V, € V centered at the Poisson points x € P. For each point
x € P consider a random value a(x) (independent of the values at other points and
identically distributed), and we define a random field A on R? by

A(:L‘) = Za(y)]lme\/y-

yeP

As argued in [6, proof of Proposition 3.3|, A can be reformulated in the form addressed
in Theorem above with [ = 0 and with weight

w(l) <Ppy > —1] < Cexp ( — %Ed) (2.12)
(More precisely, we argue as follows: Denote by C; := {x € R? : z; > 2|z}, 1 < i < d,
the d cones in the canonical directions e; of R?, and consider the 2d cones CijE =
+(2¢; + C;). For all z, let p, := p denote the action radius for A defined in [6, proof
of Proposition 3.2, and let p, be defined as in the statement of Theorem above.
By construction, the inequality p, < C'L holds if for each cone C’Z-i there exists a cube
Q C CFn{x : |z < L} such that PoNQ # @ # PN Q. By independence of Py and
P|, and by a union bound, the claim follows.)

Proof of Theorem[2.5. We split the proof into two steps. First note that by approximation
it is enough to prove the result for o(X|, . 2(Q(z)xQ(t)))-measurable random variables

X = X(X) for a finite set F C Z% x Z!. Let such a finite set E and such a random variable
X be fixed.
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Step 1. Application of a result by Chatterjee.
By [3, Theorem 2.2] (together with the standard spectral gap (2.2))), we have

X —E[X] 1 ;
A (va ) i 21l

(S g al])

ltl

1
S 21\ 2
Var (ZEU Z Z‘tA:El’t/X)Ax/’t/X‘ :|> R (213)
/ t/
where the sums in (z,¢) and (2/,¢') implicitly run over F, and where we have set
A X (XF) = X(2F) - x(xBUAED)

[BI'(|E] — |B] = 1)!
[E]!

ApiX = ) KpAy X(XP),  Kp:=

BCE
(z,t)¢B

Note that by definition > 5 p., n¢p Kp = 1. By [II, Theorem 4.2 (together with the
standard spectral gap (2.2))), the following estimate on the Kolmogorov distance also holds

1
1 —\2]2

< 2

,N) S RHS(X) + — o7 /21@[(; 1A X]| AmX> ]

(G| esrexE(])

/t/

Var (ZEUZ AriBap X)A tX‘:|) (2.14)

/tl

(X —E[X]
Var [ X]

where RHS(X) stands for the RHS of (2.13)) above, and

ApiX = Z Kp|Ag: X (XB)].

BCE
(z,t)¢B

Only the first RHS term of (2.14)) (after RHS(X)) will lead the correction G1(X) in (2.11])
with respect to ([2.10)).

Step 2. Conditioning with respect to the action radius.

In this step we reformulate the RHSs of (2.13) and (2.14) by introducing the action radius
pa,t for A with respect to X. We only address the second RHS term in since all
the other terms can be treated similarly. To simplify notation, we write z := (z,¢) and
Q(z) == Q(x) x Q(t). We start by expanding the square and by distinguishing cases when
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the differences A, are taken at the same points,

2

Y E

z

D (AALX)ALX

!

z

< Z E[|AAX[|AAX|[ALX|[AX]]

= ZE [AXPAX] +2 ) E[JAALX||AX[[AX|[ALX]] (2.15)
z#z!
+Y E[AAXPACXP]+ ) E[JAALX||AALX|ALX|ALX]],
z;éz’ zz/ 2!

dlstmct

where we used the fact that A, A, X = A, X. We then reformulate the four RHS terms by
introducing the action radius. We only treat the last term in detail (the other terms are
similar). Since the product |A, A, X|[A,A.» X ||A. X]||A,» X[ vanishes whenever X|g(.) =
X/‘Q(z) or X’Q(zl) = X/’Q(z’) or X‘Q(zu) = X/’Q(z”)a we obtain after conditioning with
respect to the values of p,, p,» and p,» (that is, the stronger notion of action radii defined
in the statement),

> E[AALX|AALX|ALX|[ALX]]

z, Z, 2!

distinct

oo
S Y E[lAAL XA AL XA XA X
000 =1 2t 2

distinct

X Loa<po<e L2201 Lo—1<p.0 <0 Ly 22 gon Ler—1<5.0 <t ﬂX\Q<Z//>7éX’|Q(Zu)] .

Note that the event p, < £ entails by definition A(XB)|Rd\Q2H1(x) = A(XBU{Z})|Rd\Q2H1(x)

for all B ¢ E. By Holder’s inequality and by definition of 99 and 045945 we then obtain
forall0 < A< 1,

> E[JAALXAALXIALX|ALX]] < Z > Y Kp > Kpr

z,2! 2! Z e’ 0'=1 z,2/,2" B'CE B'"CE
distinct distinct 2/¢B/ !¢ B!

A
xE []le_lgﬁz<e L2 g Lo -1, <0 L) 220 g o Lo —1<,0 <0 ]1X\Q(z,,);ém|@(z//)]

|:<} dls dls H dlS dlsqu(X)Hadlle XB/ ‘admZ”X(XB”) )li/\:| 17)\.
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Again applying Hélder’s inequality, noting that ) 5 p. 2¢B Kp =1, and recalling that X
and X'P have the same law for all B C E, we conclude

> E[AALX|AALX|ALX|[ALX]]

z, Z/ Z”

dlstmct
1—X\ 1—X\

A _4
Z Z t e/) // E” )3 [‘ dlS dlli/X‘l*)‘] T4 Uadls dlsz”X‘l )\] 1
00" 01" =1 z,2" 2"

< [|o, x| 7] - E [|ofis x| 7] T 2.

The other terms in (2.15) can be treated similarly, and the results (i)-(ii) follow. Finally
note that if for all z there is an action radius p, for A with respect to X on Q(z) which is
o(X[g(z), X'|g(z))-measurable, then the complete independence of X" ensures that p., j.s
and p,» are independent for z, 2, 2" distinct, so that we simply obtain

B Te1<p<e Lxjgp a0l Lo —1<p<e Ly £20 6 oy Ler—1< .00 < L) o 2271 o
=7, O)nt', )x(t", 0").

The exponent % can then be removed from the weights in (2.16)), and the corresponding
improved result follows. O

3. APPLICATION TO SPATIAL AVERAGES AND TO RSA MODELS

3.1. Spatial averages of the random field. In this subsection, we investigate the ap-
proximate normality of the spatial averages X, := X (A) := fQL (A—E[A]) of the random
field (more general X, can be considered as well, replacing the field A by an approximately
local function thereof, at the price of further assumptions on second derivatives). We focus
on two prototypical examples: Gaussian random fields, and Poisson random inclusions
with (unbounded) random radii.

Proposition 3.1. We consider the two examples separately.

(i) Let G be a jointly measurable stationary Gaussian random field on R?, characterized
by its covariance C(z) := Cov [G(z); G(0)], and assume that supp(,) |C| < c(|z]) for
some Lipschitz non-increasing map ¢ : Ry — R,. Let h € C*[R) with h/,h" €
L>®(R), and let A be the random field on R? defined by A(x) := h(G(z)) for all z.
Set w(¢) = —'(¢), and define

-1
: ][ / dsdx .
By J |z

Then the results in |5, Proposition 4.1] ensure that the rescaled random variable Zp, :=
W*(L)l/QXL satisfies 0’% := Var [Z1] S 1. Moreover we have for all L > 1,

dry (fﬁ/\/) < o7%m (L)%, (3.1)

(ii) Let the random field A be given by Poisson unbounded spherical inclusion model with
radius law v (cf. example (A) in Subsection , and assume that the law v satisfies
for some B >0,

V(0 = ([, 0+ 1)) S 3P
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Then the results in [5, Proposition 4.1] hold with weight w(¢) = (£ 4 1)72d=F-1
and (L) = L%, and the rescaled random variable Z; = L¥?X| satisfies o2 =
Var [Z1] S 1. Moreover we have for all L > 1,

dywy <ZLN> +dk <ZLN> < L—%(l + Ld—ﬁ)%(l +o7%). O
oL oL

A similar result as above holds in stochastic homogenization, where Zj, is replaced by the
spatial average of the homogenization commutator [7]. As e.g. in [3], we consider that
estimating o7 < 1 from below is a separate issue. In the Gaussian case with integrable
covariance function, we do not believe this is essential. In that case, if h is for instance an
increasing function, then one can indeed prove that o, 2 1 (see for instance [8, Proposi-
tion 2.1| for a similar argument in stochastic homogenization, starting from a lower bound
for variances proved in [31]). In the Gaussian case with non-integrable covariance, the
question of bounding oy, from below is more subtle. It is typically related to the Hermite
rank of the function h and may lead to different scalings than 7, in which case approxi-
mate normality may fail. We refer the reader to the recent works [9, [I3] in the context of
one-dimensional stochastic homogenization, and more generally to [28].

Before we turn to the proof of this result, let us discuss its optimality. We believe that for
Gaussian random fields Proposition (1) is generically optimal. Optimality is less clear for
Proposition ii), as the comparison to results based on a-mixing suggests. Let us briefly
recall the definition of a-mixing first introduced by Rosenblatt [25]. For all sub-o-algebras
G1,G2 C A, their a-mixing coefficient «(Gy, G2) is given by

a(G1,G2) :=sup {|P[G1 N Ga] — P[G1]P[G2]| : G1 € G1,G2 € G},

and the a-mixing coefficient for the random field A is then defined as follows, for all
diameters D € (0, 00| and distances R > 0,

a(R, D; A) :=sup {a(o(Als,),0(Als,)) : S1,52 € B(R?), d(S1,S2) > R,
diam(S;), diam(S;) < D}.

For this discussion, we restrict to the more documented case of dimension d = 1. Two
results are available on approximate normality for spatial averages of a-mixing random
fields. The first result is classical and due to Ibragimov (see e.g. [2]): it ensures that a
qualitative central limit theorem (CLT) holds for Zy, := LY/2X[, whenever for some x > 1
the field A satisfies &(R,00; A) S R™" for all R > 1. The second result is due to Péne [20),
Theorem 1.1] and essentially shows that Zy, satisfies a quantitative CLT in 1-Wasserstein
distance with optimal rate L~/2 whenever for some & > 2 there holds &(R,00; A) < R™*
for all R > 1. Let us compare these results with the statement of Proposition (ii) above.
For the Poisson unbounded spherical inclusion model with radius law v (cf. example (A) in
Subsection , assuming that y(¢) := v([(,£+1)) ~ (£ +1)7"*41 with k > 0, we proved
in [5l, Proposition 2.5(iii)| and [6, Proposition 3.4(i)| that for any fixed diameter D > 0 the
a-mixing coefficient satisfies (R, D; A) Sp R™" for all R > 1, while Proposition (ii)
above for d = 1 yields a qualitative CLT whenever £ > 2, and a CLT in 1-Wasserstein
distance with optimal rate L=1/2 whenever x > 3. Comparing this with the results by
Ibragimov and by Péne, there is thus a discrepancy in the critical values of x, which suggests
that Proposition ii) might not be optimal. Nevertheless, in the Poisson unbounded
spherical model under consideration one can prove that infp>; &(R,00;A) > 0, so that
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strictly speaking the results by Ibragimov and Péne do not apply — no general CLT result
seems to be known based on the decay of a-mixing coefficients on bounded sets only.

Proof of Proposition [3.1 We split the proof into two steps.

Step 1. Proof of item (i).
By [6, Corollary 3.1], we may apply [5, Proposition 4.1] with the weight 7(¢) = —c(¥),
which then yields o, < 1. We now apply Theorem to Z1,, which greatly simplifies

in this precise linear situation since second derivatives of Zj with respect to A vanish
identically. More precisely, for all L > 1 with the choice R := 1, it leads to

A
dTv( 2y ) < / / (lex — ol — 1) (s — 23] — 1) ef|ars — 4] — 1)
gr, Rd RA

1
1
- EE [( fo521)

For all z € R? a direct calculation yields

/ 07,
B(z)

1
e < 5
9A | ~ W*(L)

so that the above turns into

7 2
dTV< L N)

oL
[

< 1 4d7r*(L)2/ / el — wa])el|ma — w3))el|zs — zal)dr . . da
L Ber Ber
1 B 3

< mp( d/ (e’
L Ber

Recalling that ¢ is non-increasing and that 7(¢) = —c/(¢), we compute

L_d/ c(|z|)dx ~ L™ / (|x|)dx N][ / s)dsdx = (L) .
Ber By, Br, |:E|

The claim (3.1) then follows from the combination of these last two estimates.

Step 2. Proof of item (ii).
By [6, Proposition 3.4], we may apply [5, Proposition 4.1] with the weight

() ~ (L +1)% sup y(l +u—1) < 72451
lul<2

which implies 7, (L) ~ L% and hence o, < 1. We then apply Theorem to Zy,. For all
z,2' € Z% and £, € N, we have
- _d _d d
00571 S L72[Bpa(2) N QL] S L72(LA(C+1)) L y<ries
and also
050, 71| < L% By (2') N Beyr (2) N Q1|

N
4 d
SL2(LACHD)AE+D)) VN i<prelia<irelje—e<ore
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As these RHS are deterministic, we may actually apply Theorem with the borderline
exponent A = 1, which yields

dw (fﬁ N) +dk (Zj N)

1
Su %< Z Z (") supess\ s dflfc,ZL]

x,x’ x" £0 £"=0

[N

X 5upess oS ,/ZL| supess O 2L supes&, |8g// //ZL]>

(NI

1
—2 Z Z supess\ s dIS,ZLIZ sup ess ]8dIS,ZL|2
9L z,x’ L0 = A

2

(ZZ*y sup ess |8§1§ZL|4>
A

x £=0
—f—ngZ’y supess | ChsZL|3.
xz (=0
We denote by I4,..., 14 the four RHS terms. Given the bound (/) < (%=1 for some
B’ > 0, straightforward calculations left to the reader yield for all L > 1,
1 /
0 S =L 31V,
9L
1 y
IL S =L 21V I3y 127,
oL
1 /
Iy $ —5 L5 (1v L)z,
9L
L 4 3d—4'
Iy $ <L 2(1VvL ).
91

The dominating term with respect to scaling in L is the third one I3, and the claim then
follows by taking 3’ := 3d + 3 for 8 > 0. O

3.2. Random sequential adsorption and the jamming limit. We consider the prob-
lem of sequential packing at saturation, following the presentation in [27]. Let R > 0, and
let (Ui r)i>1 be a sequence of i.i.d. random points uniformly distributed on the cube Qr.
Let S be a fixed bounded closed convex set in R? with non-empty interior and centered at
the origin 0 of R? (that is, a reference “solid”), and for i > 1 let S; r be the translate of
S with center at U; g. Then Sg := (S; g)i>1 is an infinite sequence of solids centered at
uniform random positions in Qg (the centers lie in Qi but the solids themselves need not
lie wholly inside Qr). Let the first solid S; g be packed, and recursively for i > 2 let the
i-th solid S; r be packed if it does not overlap any solid in {Si r,...,S;—1,r} which has
already been packed. If not packed, the i-th solid is discarded. This process, known as
random sequential adsorption (RSA) with infinite input on the domain Qg, is irreversible
and terminates when it is not possible to accept additional solids. The jamming number
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Ng := Ng(Sg) denotes the number of solids packed in Qg at termination. We are then
interested in the asymptotic behavior of R~%A/x in the infinite volume regime R 1 oo, the
limit of which (if it exists) is called the jamming limit.

In any dimension d > 1 and for any choice of the reference solid S, Penrose [2I] established
the existence of the jamming limit, as well as the existence of the infinite volume limit
for the distribution of the centers of packed solids, which defines a point process £ on the
whole of R?. (In the model case S := By, this locally finite random measure € is referred to
as the random parking point process with unit radius.) As we now quickly recall, the key
argument in [21] relies on a graphical construction for £ as a transformation £ = ®(P) of a
unit intensity Poisson point process Py on the extended space R x R,. We first construct
an oriented graph on the points of Py in R? x R, by putting an oriented edge from (z,1)
to (2/,t') whenever (x +S)N (' +8) # @ and t <t (or t =t' and x precedes 2’ in the
lexicographic order, say). We say that (z/,t’) is an offspring (resp. a descendant) of (z,t),
if (z,t) is a direct ancestor (resp. an ancestor) of (2/,'), that is, if there is an edge (resp. a
directed path) from (z,t) to (z/,t’). The set £ := ®(Py) is then constructed as follows. Let
F be the set of all roots in the oriented graph (that is, the points of Py without ancestor),
let G1 be the set of points of Py that are offsprings of points of F, and let Hy := F} UG].
Now consider the oriented graph induced on Py \ Hip, and define Fy, Gy, Ho in the same
way, and so on. By construction, the sets (Fj); and (G;); are all disjoint and constitute a
partition of Py. We finally define § := ®(Po) := ;2 F}.

In [27], Schreiber, Penrose, and Yukich further showed in any dimension d > 1 that the
rescaled variance R~%Var [NR] converges to a positive limit (without rate) and that Ny
satisfies a CLT, that is, the fluctuations of the random variable Nz are asymptotically
normal. They also quantified the rate of convergence to the normal, as well as the rate of
convergence of R~E[NR] to the jamming limit. The numerical approximation of the value
of the jamming limit has been the object of several works, including [29, Chapter 11.4] and
[30]. As is clear from the analysis, the speed of convergence of R™9E[Ng] towards its limit
is dominated by a boundary effect (the error scales like R™1).

In order to avoid this boundary effect and to obtain better rates of convergence, we may
replace Ny by the number Ny of packed solids with periodic boundary conditions on Qp:
we say that the i-th solid S; r is packed with periodic boundary conditions if its periodic
ertension SZ"R—&—RZd does not overlap with any solid in {Si g, ...,S;—1,r} which has already
been packed. The following shows that this allows one to get rid of the boundary effect,
yields optimal estimates, and therefore suggests a more efficient way to approximate the
jamming limit numerically.

Theorem 3.2. For all R > 0, let N := Nr(Sg) be the number of packed solids of Sg with
periodic boundary conditions as defined above. There are constants p := pu(S,d) € (0,00)
(the jamming limit) and o := 0(S,d) € (0,00) such that as R 1 oo we have

|R™ENR] — u < e o, (3.2)
IR~ WVar[Ng] — 02| < e R, (3.3)

and
dw (R (RN = 1), N(0%)) + dic (RS (R™Nr — p), N(0%)) S R85, (3.4)

where N'(02) denotes a centered normal random variable with variance o?. O
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Estimates (3.2) and (3.3)) are a consequence of the stabilization properties established
in [27]. Note that (3.4) is the best one can hope for: If we considered a Poisson point

process instead of the random parking process, then N would be the number of Poisson
points in Qg, 1 would be the intensity of the process, we would have o? = y, and
would be sharp. The proof of combines (3.2) and to a normal approximation
result, which is itself a slight improvement of [27, Theorem 1.1] in the sense that it avoids
the spurious logarithmic correction log3d(R). This improvement is a direct consequence of
Theorem (it also follows from [12, Theorem 6.1], but the proof we display here is more
direct).

Proof of Theorem[3.4 Denote by &g the (R-periodic extension of the) random parking
measure on Qr with periodic boundary conditions (that is, the measure obtained as the
sum of Dirac masses at the centers of the periodically packed solids in Qg). Also denote
by & = & the corresponding random parking measure on the whole space R?. Note that
by definition both measures {r and £ are stationary, and we have {r(QRr) = Nr.

Let us first introduce a natural pairing between £r and £ based on the graphical construc-
tion recalled above. Replacing the original Poisson point process Py by PN (QrxR )+ RZ4
(that is, the R-periodization of the restriction of Py to Qg x RT), and then running the
same graphical construction as above, we obtain a version of the R-periodic random park-
ing measure {g. Using this version, we view both £ and £ as o(Pp)-measurable random
measures for the same underlying Poisson point process Py. Note however that with this
coupling the pair (g, &) is no longer stationary.

We split the proof into three steps. In the first step we recall the construction of action
radii for £ and €. We then prove and using the exponentially decaying tail
of the constructed action radii (or alternatively, the weighted covariance inequality of [6,
Proposition 3.3|), and finally we prove by appealing to Theorem

Step 1. Construction and properties of action radii.

In this step we claim for all y that £ admits an action radius p, with respect to Py on
Q(y) x R, that the restriction g|g, admits an action radius pg,, with respect to Py on
Q(y) x RT, and that we have

Plp, > (] + Plpry > ] S e o,

In particular, we show that this implies

sup PIE(Q(y)) # r(Qy))] S e oF. (3.5)

YEQR/2

The construction and tail behavior of the action radius p, follows from [6, Proposition 3.3]
(with £ = 0). Let the action radius pg, be constructed similarly (simply replacing Py by
the point set Py N (Qr x Ry )+ RZ4). A careful inspection of the proof of [27, Lemma 3.5|
reveals that the same exponential tail behavior holds for pg, uniformly in B > 0. It
remains to argue in favor of , which simply follows from the exponential tail behavior
of the action radii in the form

sup PE(Q(y)) # Er(Q(y)] < sup P[Q(y) + By, ¢ Qr] S e e™

YEQR/2 YEQR/2
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Step 2. Proof of and .
By stationarity of £g and & we find E [€r(QRr)] = RE [€r(Q)] and E[£(QRr)] = pR? with

p=E[£(Q)]. We define

o = [ CovlE(@):E@)]d (36)
and shall prove (3.2)) and (3.3) in the form
IR OENg] — p| <ee®  and  |RVar[Ng] — 02| < e o (3.7)

The estimate for the convergence of the mean follows from (3.5) in the form

|[R™E[N&] — p| = |E[Er(Q) — £(Q)]]
< supess (Er(Q) +£(Q)) PEr(Q) #£(Q)] S e .

We now appeal to the covariance inequality of [6l Proposition 3.3] to prove both the exis-
tence of o2 (by showing that the integral (3.6) is absolutely convergent) and the estimate
for the convergence of the variance in Rather than using the complete covariance
inequality, it is actually sufficient here to make direct use of the constructed action radii pg
and pro of Step 1. For |y| > v/d + 1, noting that given pg V py < %(!y| —+/d) the random
variables £(Q(y)) and £(Q) are by definition independent, we obtain

Cov [£(Q(y)); £(Q)]

= E[§(Qy)) —m(&(Q) - /’l’)]]'po\/py>%(|yl—\/a):|
+E[(E(QW)) — w)(EQ) — 1) || o V py < E(lyl = VA Ppo V py < 5yl — V)]
= E[(Q(y)) — m(&(Q) - /"L)]]‘po\/py>%(|y|—\/a)]
+B[po V py < 5(Iyl = V)]
XE[(&(Q(Q)) - H)]lpovpygéqu\/a)] E[(f(@) - #)]lpovpygéqmﬂ/g)]
= E[Q) — Q) - M)]lpovpy>%(|y|_\/3)]
+(1=PlooV py > 3(lyl = Vd)]) !
xE[(£(Q(y)) — /"L)]lpo\/py>%(|y|—\/a)] E[(£(Q) - M)]lpovpy>%(|y|_\/g)]y

and hence, for all |y| > C with C' ~ 1 large enough such that

Plpo V py > 5(lyl = V)] < 2P[po > 5(lyl - Vd)] <

)

N =

we conclude
Cov [E(Q)): £(Q)] | < supess (€(Q)%) Ppo > 4(|y| — Vd)] < e~ el (3.8)
Arguing similarly for g with pg replaced by pro, we deduce for all y € Qr,
Cov [€R(Q(1)): ER(Q)]| < el (3.9)

The estimate (3.8) implies in particular that the integral for o2 in (3.6)) is well-defined. It
remains to prove the estimate for the convergence of the variance in (3.7)). By R-periodicity
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and stationarity of £g, we find

R™Var[Ng] = R~%Var [ fR(Q(y))dy]

Qr
- f Cov [¢R(Q(z — v); Er(Q)] ddy
Qr QR

= ; Cov [Er(Q(Y)); Er(Q)] dy,

so that we may decompose

o?— R Var[Ng] = / Cov [£(Q(v)); £(Q)] dy— / Cov [Er(Q(Y)); Er(Q)] dy
RNQR/2 Qr\QR/2

+/Q (Cov [£(Q()); £(Q)] — Cov [Er(Q(Y)); Er(Q)] )dy.  (3.10)
R/2

We estimate each of the three RHS terms separately. On the one hand, the estimates (3.8))
and (3.9)) yield

| [, CvlE@uc@ia] 5 [ -ty s ebn

RANQR/2

and

[ colen@uyen@la| s [ by geen
Qr\QRr/2 Qr\QR/2
On the other hand, using (3.5)), we obtain

| /Q (Cov [£(Q(1)); £(Q)] ~ Cov [ER(Q())sEr(Q)] )]
R/2
< / E [|6(Q) — E[E(@Q)]| [€(Qw)) — €r(Qw))]|]
QRry2

+ /Q E[r(Q)) — E[r(Qw))] | Q) — €r(Q)]] dy
R/2

R

Q=

S Risupess (6(Q) +€r(Q) sup PE(Q(Y)) # Er(Qy)] S e

YEQR/2

Injecting these estimates into (3.10]), the conclusion (3.7)) for the convergence of the variance
follows.

Step 3. Proof of (3.4)).

We claim that it is enough to prove the normal approximation estimate

Ng — E [NEg] Ng — E [Ng] —d
dw <Var[NR} ,N>+dK <Var[NR] ,/\/> S Re. (3.11)

Indeed, the result (3.4) then follows from (3.11]), (3.2), and (3.3)) by the triangle inequality.
We omit the proof of (3.11]), which is identical to the proof of Proposition (ii) (the

correction L% # disappears here since the weight is exponential). ([l
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