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Statement: UHI depends on
✗ geographical context
✗ meteorological conditions

Objective: estimate the temperature of any point of an urban area from :

Presentation content:
✗ processing chain to calibrate the model

✗ processing chain to verify or apply the model to any city

Available and homogeneous data Softwares
➔ 1 reference station for the temperature
➔ morphological and land cover data
➔ meteorological conditions

➔ open and free tools
➔ using scripting
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1st  processing chain 
Model calibration
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French IGN
Vector database 

Buildings and water 

French IGN
Sat. Image (Rapideye)
Land cover
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Air temperature 
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Resulting spatial models
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Resulting temporal models
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Conclusion:

We proposed a method to estimate the night-time UHI for:
✗ any day

✗ any location of any French city

Improvements:
✗ Scientific improvements

✗ data for calibration (amount of data, OSM)
✗ method : buffer size

✗ Technical improvements
✗ replace QGIS and MorphoLim steps by scripts
✗ plug-in development

Conclusion and improvements
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Any question, suggestion, comment ?

Jérémy Bernard - jeremy.bernard@univ-ubs.fr
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For further details concerning the method, please refer to :

Jérémy Bernard, Marjorie Musy, Isabelle Calmet, Erwan Bocher, Pascal Kéravec. Urban heat island 
temporal and spatial variations : empirical modelling from geographical and meteorological data, 

Building environment, Elsevier (accepted)
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