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A law of large numbers for branching Markov processes by
the ergodicity of ancestral lineages

Aline Marguet*
July 22, 2017

Abstract

We are interested in the dynamic of a structured branching population where the trait of each
individual moves according to a Markov process. The rate of division of each individual is a
function of its trait and when a branching event occurs, the trait of a descendant at birth depends
on the trait of the mother. We prove a law of large numbers for the empirical distribution
of ancestral trajectories. It ensures that the empirical measure converges to the mean value
of the spine which is a time-inhomogeneous Markov process describing the trait of a typical
individual along its ancestral lineage. Our approach relies on ergodicity arguments for this time-
inhomogeneous Markov process. We apply this technique on the example of a size-structured
population with exponential growth in varying environment.

Keywords: Branching Markov processes, law of large numbers, time-inhomogeneous Markov pro-
cess, ergodicity.

A.M.S classification: 60J80, 60F17, 60F25, 60J85, 92D25.

1 Introduction

We are interested in the asymptotic behavior of a continuous-time structured branching Markov
process. Each individual in the population is characterized by a trait which follows a Markovian
dynamic and which influences the branching events. This trait may describe the position of an
individual, its size, the number of parasites inside a cell, etc. The purpose of this article is to prove a
law of large number i.e. the convergence of the empirical measure to a deterministic limit.

The law of large numbers has already been proved in many different cases. For the convergence
in discrete time of the proportions of individuals with a certain type in the population, we refer to
[AK98a] and [AK98b| with respectively a discrete or continuous set of types. The generalisation of
the law of large numbers to general branching Markov processes has been obtained by Asmussen and
Hering in [AHT6] in both discrete and continuous time. Their proof relies on a specific decomposition of
the first moment semi-group which apply to the case of branching diffusions. In the context of cellular
aging, Guyon |[Guy07] proved the convergence of the empirical measure for bifurcating Markov chains
using the ergodicity of the spine. A generalization of those results to binary Galton-Watson processes
can be found in [DMI0]. For results in varying environment, we mention [BH15| and [Banl4]. In
continuous-time, we refer to [GB03| for asymptotic results in the case of a finite number of types, to
[HR14] for a strong law of large numbers in the case of local branching and to [RSZ14] for central limit
theorems. The specific case of branching diffusions, popularized by Asmussen and Hering [AHT76|, is
adressed in [EHK10]. We also mention [EW06] and [Eng09] for the study of the case of superdiffusions.
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For nonlocal branching results in continuous-time, we refer to [BT11] for the study of the proportion
of infected cells in a population, to [BDMT11] for the case of a general Markov branching process
with a constant division rate and to [Clo11] for the convergence of an empirical measure in the general
case. Some of those results relies on spectral theory. Here, we will follow an other approach which
requires no use of eigenelements as in [BDMTI1I] or [Guy07]. In particular, it can be applied to
time-inhomogeneous dynamics.

The question of the asymptotic behavior of structured branching processes appears in many differ-
ent situations and in particular in the modeling of cell population dynamics. In this context, the law
of large numbers is a key result for the construction of an estimating procedure for the parameters of
the model. We refer to [HO16] for the estimation of the division rate in the case of an age-structured
population.

In this article, we prove the convergence of the empirical measure for a class of general branching
Markov processes, using spinal techniques. More precisely, we use the characterization of the trait
along a typical ancestral lineage introduced in [Marl6]. We adapt the techniques of [HM11] and
we prove that under classical conditions [MT12], the semi-group of the auxiliary process, which is a
time-inhomogeneous Markov process, is ergodic. Using this property, we prove a law of large numbers
for the empirical distribution of ancestral trajectories. We also apply this technique to an example in
varying environment where the law of large numbers result holds.

We describe briefly the branching process (Z;,t > 0) and we refer to [Marl@] for its rigorous
construction. We assume that individuals behave independently and that for each individual w in the
population:

e its trait (X}, ¢t = 0) follows a Markov process on X with infinitesimal generator and domain
(G.D(9)),
e it dies at time ¢ at rate B(¢, X}*) and is replaced by 2 individuals,

e the trait of the two children are both distributed according to P(z, ).

We focus on the empirical measure which describes the current state of the population:

where V; denotes the set of individuals alive at time ¢ and Ny its cardinal. A crucial quantity for
the study of this probability measure is the first moment semi-group applied to the constant function
equal to 1:

m(x,s,t) :=E [Nt|ZS = 593] .

It is the mean number of individuals in the population at time ¢ starting at time s with a single
individual with trait x € X. In fact, the behavior of the empirical measure is linked with the behavior of
a uniformly chosen individual in the population and the mean number of individuals in the population.
More precisely, we have the following result, referred to as a Many-to-One formula (Theorem 3.1.
[Mar16]): for all non-negative measurable function F' on the space of cadlag processes, for all 0 < s < ¢
and xg e X,

Es,, l N F(XYs < t)] — m(0,0,t)Eq, [F (Y;t), s < t)] , (1.1)

ueVy
where (Ys(t), s < t) is a time-inhomogeneous Markov process, called the auxiliary process, whose
infinitesimal generators (AS), § < t) are given for all suitable functions f and x € X by:

g(m(’ S,t)f)(.%’) - f(x)g(m(, S,t))(l‘)

m(x,s,t)

AL () =

+28(5.0) [ (1) = 1) 2820 Pl ).
(1.2)



It corresponds to the trait of a typical individual in the population [Marl6]. The auxiliary process
and its asymptotic behavior are the keys to obtain the main result of this article which is the following
law of large numbers for the empirical distribution of ancestral trajectories:

0, in L2(510),

t—+o0

F (XY, s<T
(ZWM e 2l g, [F(Yt%f%sd)])

Nivr

for all xg, 21 € X and T' > 0, where the Lz (4., )-convergence is the Lp-convergence with initial measure
O -

This result ensures that the behavior of the whole population becomes deterministic asymptotically
and that this behavior is given by the limit behavior of the auxiliary process. This weak law of large
numbers gives information on the ancestral lineages in the population. To establish this result, we
prove in particular that under the classical drift and minorization conditions [MT12] adapted to the
time-inhomogeneous case, the auxiliary process is ergodic in the sense that there exists ¢ > 0 such that
for all z,y € X, T > 0, for all bounded measurable function F' : D([0,7],X) — R and all 0 < r < ¢,
we have:

|Prt 2 F(x) = Pryr F(y)] < Ce ™ d(z,y) | F|l,
where d is a distance on X, C is a positive constant and
PrF(e) =E[F (VD s <T) 0+ = 4] (1.3)

We also apply our method to study a size-structured population with a division rate that depends
both on the trait and the time. Spectral techniques fall apart in this case because of the time depen-
dence of the division rate whereas our method works. We prove the law of large for the distribution
of ancestral trajectories in this special case. In particular, we exhibit a Lyapunov function for the
time-inhomogeneous auxiliary process associated with this population dynamic and we establish the
minorization condition.

Outline In Section[Zl we detail the structured branching process and the assumptions considered for
its existence and uniqueness. Then, in Section Bl we study the asymptotic behavior of the empirical
measure: first, in Section [3.I] we give our result on the ergodicity of the auxiliary process, then, in
Section [3.2] we state the law of large numbers for the empirical distribution of ancestral trajectories
for the structured branching process. Section B.3]is dedicated to the proofs. Finally, in Section H]
we apply the techniques developed in the previous sections to study the asymptotic behavior of a
size-structured population in a fluctuating environment.

Notation. We use the classical Ulam-Harris-Neveu notation to identify each individual. Let

u=|J13".

neN

The first individual is labeled by . When an individual u € U dies, its descendants are labeled by
u0,ul. If uw is an ancestor of v, we write u < v. With a slight abuse of notation, for all v € V; and
s < t, we denote by X the trait of the unique ancestor living at time s of u.

We also introduce the following notation for the time-inhomogeneous auxiliary process: for all
measurable function f, we set

e (1 (429)) (1 (29) 10 =),

forallz e X, 0 <s <t



2 The structured branching process

First, we introduce some useful notations and objects to characterize the branching process. Hence-
forth, we work on a probability space denoted by (2, F,P).

Dynamic of the trait. Let X (IRJr)d be a measurable space for some d > 1. It is the state space
of the Markov process describing the trait of the individuals. Let G : D(G) < Cp(X) — Cp(X) be
the infinitesimal generator associated with a strongly continuous contraction semi-group where Cp(X)
denotes the continuous bounded functions on X. Then, (X, ¢t = 0) is the unique X-valued cadlag
strong Markov process solution of the martingale problem associated with (G, D(G)) (Theorems 4.4.1
and 4.4.2 in [EKQ09]). We denote by (X7, t > 0) the corresponding process starting from x € X.

Division events. An individual with trait  at time ¢ dies at an instantaneous rate B(t,x), where
B is a continuous function from R, x X to R,. It is replaced by two children. Their trait at
birth are distributed according to the probability measure P(x,-) on X2. The probability measures
corresponding to the marginal distributions are supposed to be equal. By a slight abuse of notation,
we will also denote them by P.

Remark 2.1. For the sake of clarity, we consider only binary division but the model can easily be
extended to a random number of descendants [Marl6]. The choice of equal marginal distribution for
the traits at birth simplifies calculation but is not mandatory.

In order to ensure the non-explosion in finite time of such a process, we need to consider the
following hypotheses.

Assumption A. We suppose that:

1. there exist by, by : Ry — R* continuous and v = 0 such that for all (t,z) e Ry x X,

B(t,x) < bi(t)|z|” + ba(t),

2. forallxe X:

t

lim B(s, X7)ds = 40, almost surely,
t—>+0 J,

3. forallze X:
J (y1 + y2)P(z, dy1dy2) < z, componentwise,
X‘Z

4. there exist c1,co = 0 such that for all x € X':

Ghy(z) < c1hy(x) + c2,

where v is defined in the first item and for x € (Ry)%, hy(z) = |z|7 = (Z?:1 zi)v.

Under Assumption [Al we have the strong existence and uniqueness of the structured branching
process Z in the state of cadlag measure-valued processes, where for all ¢ > 0:

Zy = Z(Sxtu, t>=0.

ueVy

We refer to Theorem 2.3. in [Marl6| for more details and to [FMO04] for the study of cadlag measure-
valued processes.



For the existence of the auxiliary process Y(*) with infinitesimal generators given by (LZ), we need
to consider additional assumptions on the mean number of individuals in the population at a given
time. Let us define

D(A) = {f € D(G) s.t. m(-,s,t)f € D(G) Vt =0, Vs < t},
the domain of the infinitesimal generator of the auxiliary process.
Assumption B. We suppose that for all t = 0:

- forallz e X, s — m(z,s,t) € C1([0,t]),
- forallze X, f e D(A), s — G(m(-,s,t)f)(x) is continuous.

This assumption allows us to derive the expression of the generator of the auxiliary process (Lemma
3.4. in [Mar16]). It is in particular satisfied in the example developed in Section @land in the examples
of [Marl16].

Assumption C. For allt > 0:

t
sup supj wp(:c,dy) < 400,
rzeX s<t JX m(ac,s,t)

This assumption tells us that we control uniformly in x the benefit or the penalty of a division. In
the general case, the control of the ratio m(y, s,t)(m(x,s,t))~! seems difficult to obtain. We refer to
[Marl6] or to Section Ml for examples where this assumption is satisfied.

3 Asymptotic behaviour of the structured branching process

The purpose of this section is to prove the law of large numbers result. We show that asymptotically,
the behavior of the whole population corresponds to the mean behavior of the auxiliary process
introduced in [Marl6]. The ergodicity of this process is the key for the proof of the law of large
numbers. We notice that the ergodicity of the auxiliary process is also required for the proof of the
convergence of the empirical measure in [Guy07], [BDMT1I] and [Clo11].

In Subsection [B.I] we prove the ergodicity of the auxiliary process. Then, in Subsection B2 we
state the main theorem of this article which is the convergence in Lo-norm of the difference between
the empirical measure and the mean value of the auxiliary process towards zero as time goes to infinity.

3.1 Ergodicity of the auxiliary process

For all ¢ = 0, we denote by (PT(,? r<s< t) the semi-group of the auxiliary process defined in (L2)
by its infinitesimal generators. Then, for all z € X', r < s <t, and f: X — R, we have:

PO f(a) =E[f (Y) v, = 2].

The next assumption gather two classical hypothesis to obtain the ergodicity of a process (see
[MT12]). We adapt them to the time-inhomogeneous case.

Assumption D. We suppose that:

1. there exists a function V : X - Ry and ¢,d > 0 such that for all z€ X, t >0 and s < t:

ADV (z) < =V (2) + d,



2. for all 0 <r < s, there exists as—r € (0,1) and a probability measure v, s on X such that for all
t>=s:
f P(t) '>s—rrs'a
peitd o) Fris (@) 2 Qs ()
with B(R,V) = {z € X : V(z) < R} for some R > 2% where c,d are defined in the first point.
Adapting directly [HM11], we prove that the semi-group of the auxiliary process is a contraction
operator for a well-chosen norm. For all 8 > 0, we define the following metric on X"

0 r=y

ds(@,y) = {2 +BV(x) + BV (y) = #y.

We can now state the result on the ergodic behavior of the trajectories of auxiliary process.

Proposition 3.1. Let T > 0. Under Assumptions[AHD, there exists ¢ > 0 and 8 > 0 such that for
all x,y € X, for all bounded measurable function F :D([0,T],X) - R and all 0 < r < t, we have:

[Pt F(2) = Py F(y)| < Ce™ ™ P, dp(w, ). (3.1)
where C' > 0 is a positive constant.

In the case of a division rate independent of time, the auxiliary process is still time-inhomogeneous
but we obtain the convergence of the trajectories of the auxiliary process.

Proposition 3.2. Let T > 0. Assume that B(t,xz) = B(z) for allt = 0 and © € X. Then, under
Assumptions [AUD, there exists a probability measure 11 on the Borel o-field of D ([0,T], X) endowed
with the Skorokhod distance such that for all bounded measurable function F : D ([0,T],X) - R and
forallz e X:

|Po¢ 7 F(z) —(F)| < Ce™ " |F||,, (2 + 25V (x) + ﬂ%) .

This convergence is different from classical ergodicity results because (Po(tt) ,t = 0) is not a semi-

group.

3.2 A law of large numbers

Before stating the law of large numbers, we need to consider a final set of assumptions. For x,y € X
and s > 0, let
m(z,0,8)m(y,s,t)

@s(x,y) = sup (3.2)

t>s m(x,0,t)

It quantifies the benefit, in term of number of individuals at time ¢, of "changing" the trait of the
entire population at time s by the trait y. For all x € X', we define:

c(x) = lim inf 710g(m(z, 0.))

t—0o0 t

) (3.3)
which corresponds to the growth rate of the total population. In particular, if the division rate is
constant B = b, we have that ¢(z) = b(m — 1). Moreover, in our case, c¢(z) > 0 for all z € X.

Using the same notations as [Marl6], we set for all measurable function f : X — R and for all
TeX:

T5@) =2 [ () £ () Pl o) (3.9
It represents the trait at birth of the descendants of an individual.

6



Assumption E. There exists aq, D1 = 0 such that oy < c(x) for all x € X and for all t > 0:
Em [B (ta}/t(t)) ‘](V@t (ZL', )) (}/t(t))] < Dlealtv

where V is defined in Assumption [D.

This is a technical assumption. In particular, if s, B,V are upper bounded by polynomials and if
we can control the moments of the measure m, the first point of Assumption [Elamounts to bound the
moments of the auxiliary process. We refer the reader to Lemma A5l in the last section of this article
for the verification of this hypothesis in an example.

We first state a slightly less strong result than the law of large numbers.

Theorem 3.3. Let T > 0. Under Assumptions [AE, we have for all bounded measurable function
F:D([0,T],X) — R, for all zg,x1 € X:

2
) F(Xityos<T) = PoarF () ) | (3.5)

E
’ m(xzo,0,t+T) t—0

z
ueViyr

Moreover, the rate of convergence is lower-bounded by:

(t) = exp (min (5, W%) t) :

where € is defined below in [BI12).

As in [Guy07] and [BDMTT11], we could generalize this result to unbounded functions F satisfying

specific conditions such as Péft) F < e’ for some b < ¢(x). The rate of convergence of the empirical
measure depends both on the growth rate of the population and on the rate that governs the expo-
nential ergodicity for the auxiliary process. The same type of rate of convergence appeared in [HO16],
Theorem 3, in the case of an age structured population.

In order to derive the law of large number from the previous result, we need to control the variance
of the number of individuals in the population.

sup E N i < 0
u _— .
t;g O m(z,0,t)

The meaning of this assumption is that the number of individuals at time ¢ in the population is of
the same order as the expected number of individuals in the population at time t. We can now state
the law of large numbers.

Assumption F. Forallx € X,

Corollary 3.4. Let T > 0. Under Assumptions [AUE], for all bounded measurable function F :
D([0,T],X) — R, for all xg,x1 € X, we have:

ZueVHT F (X;L+S,s < T) _P F(x )
Noor 0,t,T 1) R

0, m Lg(ézo).

Remark 3.5. It is possible to extend this convergence to population processes allowing death events
i.e. if pp # 0. In this case, one should check that ¢(x) defined in (B3] is strictly positive in order to use
the same proof for the convergence and the convergence is only valid on the survival event {IV; > 0}.

Remark 3.6. We are not able to give the rate of convergence in this case because we did not prove
the convergence of (Nym(x,t)~1,t > 0), for z € X.

7



In the case of a division rate that does not depend on time, even if the auxiliary process is still
time-inhomogeneous, we have its convergence when the time goes to infinity. We obtain the following
result.

Corollary 3.7. Let T > 0. Under Assumptions [AUH, if B(t,xz) = B(z) for allt > 0 and z € X,
there exists a probability measure II on the Borel o-field of D ([0,T], X) endowed with the Skorokhod
distance such that:

ZueVHT F (Xtu+sv 5§ T)
Nijr t—>+0

II(F), in La(ds,)-

Therefore, the empirical measure of ancestral trajectories converges toward the limit of the auxiliary
process.

3.3 Proofs

We first give a useful inequality. Combining the first point of Assumption [Dl and Dynkin’s formula
applied to x — e“'V (x) where ¢,V are defined in Assumption [Dl we have:

, d .
POV (z) <e MV (z) + = (1 - e_°(s_T)) . (3.6)
’ c
We will use this inequality in the two following subsections.

3.3.1 Proof of Proposition [3.1]

This is adapted from [HMI11]. We consider the semi-norm on measurable functions from X into R
defined by:

[f(z) = F(y)]
I£lls = sup -
? T#Y dﬂ (SC, y)
We also introduce the following weighted norm:
_ @l |

Step 1. Let0<r<s<tand f: X — R be a bounded measurable function. First, we prove that
that for all A > 0, there exists @a € (0,1) and Sa > 0 such that for all » > 0 and all ¢t > r + A:

||\PT?+AfH|aA <@l fllga- (3.7)

Let 3 > 0 that will be specified later. Fix R > 2¢ and f : X — R such that || f||s < 1. Using Lemma
2.1 in [HM11], we can assume without loss of generahty that [ f[; < 1. To obtain (B.1), it is sufficient
to prove that for all z,y € X, there exists @a € (0,1) and Sa > 0 such that:

rT+Af( ) 7‘7"+Af( ) < aAdﬂA (‘T’y)
If x = y, the claim is true. Let x # y € X. We assume first that  and y are such that:
V(z)+V(y) = R.

Then, we have:

TT+Af( ) TT+Af( ) <2+/BP7"I‘+A ( )+/BPTT+AV(y)’



because | f| 5 < 1. Next, using (B.6) we obtain:
7‘7"+Af( T) — Tr+Af( )‘ <2+ Be 2 (V(z) + V(y) + 25% (1 — €_CA)
<24 e (V(z) + V(y)) + 2ﬁ%(V($) +V(y) (1—e?).

Let 1% = e 4 + 24 (1 — ¢=°2). We have 7 < 1. Then:

. af@) = PO AT)| <2+ RV (@) + V(Y
(

2 +12B8(V ()
- ( LA ) (2+ BV (x) + BV (1))

< Yads(z,y), (3.8)

where 0
oL oo 2E BRI
A7 24BR

Assume now that z and y are such that:
V(z)+V(y) <R.

Let us consider the following linear operator:

50 _ 1 5o aa
PT,T+A - q rr+A T 1 _ an Vrr4+A-
We have:
TT+Af( ) 7‘7"+Af ‘ - 1—CYA | rT+Af(‘T)_ 7‘7"+Af( )|

According to the second point of Assumption D] PT T+Af( xz) = 0forall f>0andxze B(R,V). Then:

EINIOE £t2+Af<y>\<<1—aA> (B af(@) + PO arw)).-

Next, using that || f||, < 1 and that P(t) Viz Vi(x), we get:
S r+A ,r+A

e af@) = P afw)| <2(1—as)+ 8 (P“Lm )+ P AV )

<> <1 —oa 8 (1- e—cA)) £ B AV (@) + V(y)),

where the second inequality comes from [B.6). Let a9 € (0, é—icm). Then, if we fix 8 = Ba 1= cd~ o},
we have:

P Al (@) = PULAT®)| <2 (1= aa +ak) + Bac™A(V (@) + V(y)
< 7adss (2,), (3.9)

where
Ya=e v (- (aa—ad)).

Finally, combining [B.8) and (33) and noticing that yA > %, yields the result with @a = vA.



Step 2. We now prove ([BI). Conditioning with respect to o (YU(H_T),T <u< t) and using the
Markov property, we obtain:

Pr,t,TF(x) - Pr,t,TF(y) = J
X

For all z € X, we set g(z2) = P,y rF(2). Let A > 0 and let I(r,t) € N,g,; = 0 be such that
t—r=1UrtA+e, and g4+ < A. Using (31), we have:

P F(2) (P (@, dz) = P (,d2)) (3.10)

r,t r,t

(t+T) (t+T)
P g(z) — P, g(y)’ = Err+ratria rae+AL P A

P(t+T)P(t+T)g(z) _ P(t+T)P(t+T)g(y)‘

— t+T
< aads, (2,9) | P Vgl 6.

— (7,
< @) dg(z,y) gl -

where 8 = cd~!. Finally, we obtain:

P Dg(a) = P g(y)| < Ce™ D dg(w,y) |g].,, (3.11)
where C' :=1 + %} and
C:= sup log(@, )AL (3.12)
A>0

In particular, ¢ < ¢ because @n > e °*. Finally, combining (I0) and (ZII), and using that
HPt(’ii?FHoo < |F|,, we get the result.

3.3.2 Proof of Proposition
Let F : D ([0,7T],X) — R be a bounded measurable function. We have for all ¢,7 > 0:

PotirrF(z) =K, [F (Y(t+r+T), s < T)] =E, [E [F (Y(t+r+T)’ s < T) |]:7£t+r+T)]] .

t+r+s t+r+s

Using the Markov property, we have:
PO,tJrr,TF(:C) = J PT,tJrr,TF(y)P(g,t:T-’—T) (ZL', dy)
x

Since B does not depend on time, we have m(y,r,t + r + T) = m(y,0,t + T). Then, using the
Many-to-One formula (L)) and the Markov property, we get:

E [Zuem F(X{,,s<T)|Z = 5y]
Py tirrF(2) = J

P(t+7‘+T) d
X m(ya 0; t+ T) or (z, y)

= J PoﬁtyTF(y)Péﬁt:_H_T) (z,dy).
x
Next,
BocirrPla) = Paar F@)| < [ PonaP) = PosoPla)] BT ),
Then, according to (BI]), there exist ¢ > 0, 8 > 0 and a constant C' > 0 such that:

|Po,+r,mF(2) = PosrF(z)] < Ce™ | F[, f (2+ BV (y) + BV (2)) Pyt (z, dy)
X

_ d
<Ce |F|, <2 + 26V (z) + ﬁz) 0,

r,t—+400

where the last inequality comes from [B.6). Finally, (P rF(z),t = 0) has a limit as ¢ — 400 and
this limit is independent of z by (B.1).

10



3.3.3 Proof of Theorem [3.3] Corollary [3.4] and Corollary [3.7]

Let F : D([0,T],X) — R4 be a bounded measurable function. For all z € D([0,t + T], X), z1 € X,
we define the following function:

¢t,T(xla (.TS,S <t+ T)) = F(‘rt-ﬁ-SaS < T) - POﬂf,TF(‘Tl)‘

Proof of Theorem [T We have:

2

¢th17( 7S<t+T))
E 5 = A(t,T B(t, T
zg Z (ZC(),Ot-i-T) (a )+ (a )a
ueViyr
where

A(t,T) = m(x0,0,t + T) Ky, 2 drr(@n, (XY s <t+T))7 |,
| ueVirT

B(th) = m(x0705t+T)72E510 Z ¢t T(zla( ) t+T))¢t T(zla(X ) t+T))
u#veViyT

For the first term, we have:

A(t,T) < de™c@)D) | g2 el
o0

For the second term, using the Many-to-One formula for forks (Proposition 3.6 in [Marl6]), we have:
t+T

m(xo,0,t + T)?B(t,T) = J

. m(xo, 0, s)E,, [B (Ys(s)) JstrTdr,r(T1, ") (YT(S),T < s)] ds,

where for x € D([0, s], X):

Jsp47de,m(21,-) (X) =2 m (yo,s,t +T)E [¢t,T (961, (f/T(HT),T <t+ T)) |YS(HT) = yo]
X?

m(y1,s,t+T)E [¢t,T (iﬂla (?T(HT)J“ <t+ T)) YT = yl] P(xs, dyodyr),
where:

ifr<s
Y(t+T) _ ) T 1 )
(HT) fs<r<t+T.

We split the integral into two parts:
B(t,T) =1 + Iz,

where:

I = m(xg,0,t +T) 2 £t+Tm(Z'O,O7S)EIU [B (Ys(s)) Jersrder(zr,) ( Y p )] ds,
I = m(x,0, +T)~* fot m(zo,0,5)Eq, [B (1/;(5)) Jstvrder(21,-) (YT(S),T < s)] ds.
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For the first integral, we have:
t+T
L <4 HFHiOJ m(w0,0,5) " Eay | B (YL T, (o) (VL)) ] ds
t

t+T
<4|F|2 f =03 D 13
t

D
AP s e T o,

(1'0) — Q1 t—+00

where the second inequality comes from Assumption [El Therefore, we only have to deal with the
remaining integral I5. First, we notice that for any 0 < s <tand 0 <r < T,

o (t+T t+T
v =y

Therefore, we get:

o1 (1131, (fﬁ(HT),r <t+ T)) = ¢ (ml, (YT(HT),T <t+ T)) .

Next, Assumption [E] yields:
t
I < J m(zo,0, )"
0

x By, [B (Yﬁ) J (%(zo, JE (¢th (xl, (Y}”T), r<t+ T)) YD) = )) (Yﬁ)] ds.

Moreover, for any y € X and s < t, we have:
E ((bt,T (961, (YT(HT), r<t+ T)) ’YS(HT) = y) = PoyrF(y) — PouoF (1)
According to Proposition 3] there exists ¢ > 0, 5 > 0 and C > 0 such that:

|Pyy 7 F(y) — PogrrF(z1)| < Ce o) Pt{’;ﬁ)FHw L ds(y, x2) Py (@, dap).

Finally:

- d
| Pst, 7 F(y) — PosrF(z1)] < Ceet=2) 1]l <2 + BV (y) + BV (x1) + ﬂz) .
Then we have:

t
I <CIFLE | e m(a,0.5)
0

x Eg, [B (Ys(s)) J ((ps(xo, ) (2 + BV () + BV (x1) + ﬁ%)) (Ys(s))] ds.
Next, using Assumption [E] we obtain:
I, <C|F|Z, <2 + B+ BV (z1) + 5%) f: e 2ol elonelmo))s g,
where C' > 0 denotes a positive constant which can vary from line to line. Then:

t
I2 < C HFH; e—QEtJ e(a1—c(z0)+26)sds
0

2
15 o—2et (e(a1—c(mo)+26)t _ 1)
oy — c(xg) + 2¢
2
1% (e(al—c(zo))t _ e—za)
T oy — c(x) + 2€

<C HFHio e~ min(2E,c(zo)—a1)t.

12



Finally, we obtain:
A(t,T) + B(t,T) < C||F|?, e~ min(Zee(zo)—an)t
where C' is a constant depending on xo, 8,V (21), ¢, d, c¢(x0), a1, R. O
We now prove Corollary B.4l

Proof of Corollary[34 Let T > 0, ¢ > 0, o € X and let F' : D([0,T],X) — R be a bounded
measurable function. Let § > 0. We have:

2 2
Zue\/HT ¢t,T (‘Tlﬂ(Xg’S < t+T)) 2 Zue\/HT ¢t,T (‘Tlﬂ(XgaS < t+T))
E5IU <0 E5Io

Nigr m(zo,0,t +T)

+4|F|2 Ps,, (Nem(wo,0,t+T)7" < 6).

According to Paley-Zygmund inequality and Assumption [F] we have:

Ps (Nt < 5m(x0,0,t +T)<1- (1 — 5)2E5m0 [(%)21 <1- w, (313)

0o

m(ﬂCo,O,t+T g(ﬂCo)

where g : X — R, is such that for all zp € X, we have E;,_ [NZ rm(20,0,t + T) %] < g(wo). Finally,
we can fix ¢ such that, combining (3.I3) and Theorem B3] for ¢ large enough, we have:

2
. (Zuem dor (21, (X2 s <t+ T)))
b

<e.
Niyr

Corollary B is a direct consequence of Corollary and 34

4 Asymptotic behavior a time-inhomogeneous dynamic: appli-
cation of ergodicity techniques

In the study of population dynamics, time-inhomogeneity typically appears in fluctuating environment.
This effect can be modeled by a division rate that changes over time. In this section, we show how
our method via the ergodicity of the auxiliary process applies to such models.

We consider a size-structured cell population in a fluctuating environment: each cell grows expo-
nentially at rate a > 0 and division occurs at time ¢ at rate B(¢,z) = zp(t), if  is the size of the cell
at time t. We assume that ¢ : Ry — R, is continuous and that there exist 1, @2 > 0 such that for
all t e Ry:

1 < 9(t) < p2.

This choice of a polynomial dependence in the size for the division rate B is classical in the study
of growth-fragmentation [MS16]. The originality comes from the function ¢ which model a changing
environment.

At division, the cell splits into two daughter cells of size fx and (1 — )z, with 6 ~ U ([e,1 —€])
for some 0 < € < % and x the size of the cell at division. Then, the process that we consider is a
Piecewise Deterministic Markov Process (PDMP) with jump rate B and transition density function

P given by:

ifex <y<(1-—e)x,
otherwise.

1
Py - { 7
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Let us first make some comments on the choice of the model. The function ¢ is lower bounded
to ensure that each cell effectively divides after some time. The upper bound is convenient for the
calculations. An interesting example is B(t,xz) = o + Ssin(t), with a — § > 0 for the modeling of the
growth of a cell population in a periodic environment. Finally, we consider a uniform law on [¢,1 — €]
for the kernel at division but the next lemmas can easily be extend to a more general kernel.

Following the same calculations as in [Marl6] Section 2.2, we have:

¢
m(x,s,t) =1+ zf o(r)e® ™ dr, Yz e R,.

S
Moreover, in this case, the infinitesimal generator of the auxiliary process is given by:
(1—e)z

AD 1) = aa (@) +20006) [ () - flo) B (a.1)

for all f : Ry — R continuously differentiable, s,t € Ry such that s < ¢t and z € R;. Then, the
division rate of the auxiliary process is given by:

~ m(%,s,t)
B® () =2 2
(@) = 2wp(s) 7 2,
and the transition kernel for the trait at birth is given by:
~ ~ t
PO, dy) = PO (@, y)dy — — L5 1 i
s (@, dy) = PV (2, y)dy T = 25)m(Z, 5,0) er<v=-ee

Finally, we set:
t
o(s,t) = J- @(T)e“(T_s)dr.

We have the following result on the asymptotic behavior of the measure-valued branching process:

Theorem 4.1. Let T > 0. For all bounded measurable function F : D([0,T],X) — R, for all
To,x1 € X, we have:

0, in La(0ay). (4.2)

F(Xt,s<T
Bt L =D [ (270 27))

t—+0

The proof of Theorem [£Tlis detailed in several lemmas. First, in Lemmal4.2], we exhibit a Lyapunov
function and a probability measure which ensure that Assumption [Dlis satisfied. Next, in Lemma[£.3]
we prove that the moments of the auxiliary process are bounded. Finally, in Lemmas and (4.6l we
prove that Assumptions [El and [E] are satisfied.

Let V(z) = 1 + 2 for z € RY.

Lemma 4.2. We have the following:

1. There exists d(e) > 0 such that for all 0 < s <t and x € R¥ we have:

ADV (2) < —aV (z) + d(e).

~

2. For all R > d(e), for all r < s < t, there exists as—, > 0 such that for all Borel set A of Ry :

inf P (Y e A[Y0 = ) > aypurs(4),
2eB(R,V)

where d(e) = 2d()a\/ (e(1 — 5))_%.
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Proof. We first prove that V is a Lyapunov function. Let us compute Agt)Vl(x) where Vi (z) = . We
have for x € R;:

2 (1-e)z 1+ yo(s,t)
(t) - ) YPSY
AV (z) = ax + T 26(,0(3) Lz (y x)l T ro(s.) dy

2 2 2 2 1
= az = ¢(s5)2” + Z(s)(e” —e + 1)z (1 - m> '

Then, we obtain

3a?
01(1 + 26 — 2e2)’

1
AVi(2) <a <1 = 321+ 2e - 2€2>w> TS ezt
a

Next, let Va(z) = L. We have:

(1—e)z
0) __a 2 J- 1 1\ 1+yg(st)
APVa(a) = =2+ T2 5es) | (y L) ey,

Using that for all z = 0 and y € [ex, (1 — &)x], 1 + yo(s,t) < 1 + zd(s,t), we get:

AVa(2) < == +20()C(e),

where C(e) = 152 [log (£2) — (1 — 2¢)]. Noticing that C(e) > 0 because € > 3 yields:

AV, (z) < —aVia(x) + 202C (). (4.3)
Finally:
ADV(z) < —aV(z) + d(e),
where
3a?
=2 SR T
d(e) = 2020() + 5 =9

Next, we prove the minorization condition. Let us specify the shape of the subset B(R, V') of R, that
we will consider. For all R > 2d(¢)a™!, we have:

B(R,V)={zeR,, V(z) <R} = {z1(R) < = < 22(R)}, (4.4)

where:

R—+R2—-4 () R++VR?2—4
5 L2 = .
2 2

~

Now, we prove the second point. Let R > d(e), v € B(R,V) and A be a Borel set. Let 0 <r < s < t.
We have:

xl(R) =

Pr(,ts) (:L', A) > E [lys(t)eA]-rénés]-Tlé'rzés]-TzZS‘Yr(t) = 1':| )

where 7; denotes the time of the ith jump of the auxiliary process, i = 1,2,3. Let us denote by
]-'s(t) the filtration generated by the auxiliary process (Ys(t), s < t) up to time s. Then, conditioning
successively with respect to fg) and ]-'g) and using the strong Markov property, we get:

(1—e)y® (1—e)y®

P,,SQ (SC, A) = E 1r<7’1§s J\Yu) tE lq-lg'rQSS J\Yu) *E I:lys(t)EA]-Tg?s‘Yq—(;) = y?:l
ey’ [ SN,

1 T2

x P®) (YT(D’yQ) dys |V = yl]ﬁr(f) (yff)’yl) dy [Y,9 = x]
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Next, using that, between two jumps, the growth of the auxiliary process is exponential at rate a, we
obtain:

PT(fS) (SC,A) = Elf Ellrgq—lgfrzgsf P[ ‘Y(t 2] ﬁg) (y eyea(T2 ) yz)
Trim (@) Jry 7o (Y1)
x lyze““*v)eAdW‘YT(lt) - yl]ﬁﬁf) (zea(nﬂ)’yl) dyl‘Yr(t) = x],

where for all r < s<tand z € X, J, s(z) = [sze“(s_T); (1- s)xe“(s_T)]. Introducing the probability
density of the lifetime yields:

Pr(,ts) (x,A) = J (@, t1 J J gtl (y1,12) J L
rtl Jtl,tz (yl)
X exp <J Bl(f) (yzea(ufb)) du> 13,5(;) <y1€a(t2—t1), dyz) Igt(lt) (ze“(tlfr), dy1) dtadty,
2}

where for all r < s <t and x € X,

¢ (z,s) = BW <z€a<H)) exp ( J B® (zea(ufr)) du> .

. 5(t .. .
Next, since z — B! )(x) is increasing, we have:

t1 =N to =N S
exp <J B&t) (zea(ufr)) du — J B&t) <ylea(u7t1)) du — J
r t1 t

By (yze“(“*tz)) du)
2

> exp < LS Eff) (xe“(“_T)) du> > exp (2902@ (e“(s_T) — 1)) .

Noticing that:

yields

P20 | ([ ([ (] teceadss ) it ) ) as
r Jrtq (@) \Jt1 \J Tty 15 (y1)

_ _ @ a(s—r) 25015 2
Crs =exp < 22 . (e 1) T2 )

Applying the substitution z = y2e*(57%2) we get:

where:

PT(ts) (x,A) = Crs I s(z, A),
' a

where:

Ir,s(waA) _ J- <J (1 _ e—a(s—tl)) (J ]-zeAdZ> dy1> dty.
r Ity () Jtq,s(y1)
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A simple calculation show that:

1
Ir,s(xaA) > 2_ (ea(s—r) + e—a(s—T) _ 2) Vns(x,A)’

a
where:
vps(z,A) = J- [257167“(5#) - E.T] l.eadz + f [(1 —e)x—z(1-— 5)7167(1(577")] 1.cadz,
JE (@) J? ()
and:

Ja},s(l‘) = [52$€a(s_T)a5(1 - 5)$€a(s_r)] ) Jgs(x) = [5(1 — 5)$ea(S—T), (1 _ E)Qxea(s_T)] .
Finally, for x € B(R,V) = [z1(R), z2(R)], we have:
P, 4) > asrvrs(A),

where:

o 2
_ns a(s—r) _ _ _ 2
r =8 (e 1) (1 — £)z1(R) — e2a(R))?,
z

z 5—1T
Vro(A) = L <[ge-a<5-r> —ena(R)] Leesr, na + [(1 - &)ar(R) - e >] 1ZEJ%SW,> dz

2efa(sfr)
(1 = e)z1(R) — eaa(R))®

X

)

and:
Jl = [€2$2(R)€a(S_T),E(1 - 5)$1(R)e“(S_T)] LR = [5(1 —&)zo(R)e™) (1 — E)Qxl(R)e“(s_T)] .

Moreover, v, s is well-defined because for R > (¢(1 —€)) %, we have (1 —e)z1(R) —ex2(R) #0. O

Next, we check that the first point of Assumption [Elis satisfied. We first prove that the moments
of the auxiliary process are bounded. For all pe N* 0 < s <t and z > 0, we denote by:

10 s) =B (v0)'].

Lemma 4.3. For all pe N*|J{-1} and z = 0, we have:

P
supsup E, [(Ys(t)) ] < +0o0.

t=0 s<t

Remark 4.4. The moments that we need to control in order to check Assumption [El depend on the
function V. The shape of the Lyapunov function V(x) = x + = was convenient for the proof of the
second point of Lemma Indeed, the proof relies on the fact that B(R, V) is lower bounded by a
positive real number. This is the case because of the term 2~! in V. Because of this term, we need
to control the first harmonic moment of the auxiliary process.

Proof. Let p € N* be a positive integer. We have using (£1)) and Dynkin’s formula:

9, 5) =7 + ap j 19 (@ r)dr
0
s (I—E)YT(t) p 1+
yo(r,t dr
+2f By “"(r)f (yp_ (Yr(t)) ) <t>( ; dy '
0 v, ¥ 1+ Ye(rt) | 1-2¢
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By differentiation with respect to s of the last equality we have:

(= (s0)) it

(1-e)y®

8Sf1§t) (x,8) = apf;t)(ac, s) +2E, [(p(s)J-

y®
Next, we notice that for ez <y < (1 — &)z, we have:

m(y, s, t) - 1+ exg(s,t)
m(x,s,t) 1+ xo(s,t) =€

Then
(1—e)Y N d
(t) (t) D __ (t) —y
Osfp(x,8) < apfy”(x,8) + 2R, [90(8) LYS‘” (y (Ys ) ) 1— 25]
<apf{(@,5) = C(&)f{; (w,5)

(1_E)p+1_5p+1
p+1

where C'(g) := 13828 »1 (1 — 2 — ) Moreover, C(g) > 0 because ¢ < % Applying Jensen

inequality, we have fﬁl(s) > f,gt) (5)'*1/P. Finally, we obtain the following differential inequality:

6sf;t)(x,s) <F (flgt)(x,s)) ,

where F(x) = apz — C(e)z' TP for all x > 0. We notice that there exists xo > 0 such that F' > 0 on
(0,z9) and F < 0 on (xg, +00). Then, any solution to the equation ¢y’ = F(y) is bounded by y(0) v ¢
and so is fzgt)(x, ).

Next, we prove that the first harmonic moment of the auxiliary process is bounded. Let us recall
that Va(z) = 1/2. Let z € X and 0 < s < t. According to Kolmogorov’s forward equation, we have:

05 P )Va(w) = P APV (2).
Using (£3) we get:
05 Py Va(x) < —aP{)Va() + 205C(e).

Finally, using Gronwall’s inequality, we obtain:

1 2pC 2¢2C
PVala) < (1 - 20280 ) e 202000

a

Lemma 4.5. For all x > 0, we have:

supE, [B (t,Yt(t)) J (Vey(x,)) (Yt(t))] < +o0.

=0
Proof. First, we have for all x € Ry and all s,t € R, with s < :
1+ E<,01(ea(t75) —1) < m(x,s,t) <1+ E<,02(e"(t75) —1).
a a
Then, for all z,y € X', we obtain:

(2. ) = sup PO OME ) (L+ 2poe®) (L+ Lppe D) (1+ £009) (L+ 2op)
Py rzlt) m(z,0,r) b rzlt) L+ 29 (e —1) = Zo1 a1 '

18



Next, for all 8 € (0,1), we have:

o1 (2,0y) @1 (, (1 = 0)y) < (@i, y))* < A1(z)Az(y)

where
Ay (z) = (Ego /\1)72(1—1-{(,0 )2 As(y) = (1+g<p )2
1 el Le2) o A P2
Moreover, for 6 € [¢,1 —¢] and for all z € X, V(0z)V ((1 — 0)x) < (ex)~2 + 2% + 2~ L. Then:

1=e do

J(Ver(z,-) (y) <2 V(0y) V(1 = 0)y) @e (2,0y) o (2, (L = O)y) 7

6
< ()2 + 97 +2e71) A (2)As(y) < Ai(w) Y Cil(e)y*,
k=0
where for all k = 0...6 Ci(g) are constants depending on z,a, &, 2. Then, we get:
6 k—1
E, [B (t,Yt(t)) J (Veu(z, ) (Yt(t))] < @2Mi(x) Y Crle)E, [(Y,}“) ] < o0,
k=0

according to Lemma [£.3] O
Last, we verify that Assumption [[]is satisfied.

Lemma 4.6. For allt >0, x € X, we have:

N, 2 a? + o (a + 2¢p2) + @32
Es,, |~ ] | < : 2 :
m(z0.0.1) (mina, 1))

Proof. According to Itd formula, we have for all z € X and t > 0:

t

Es, [Nf] =1+ xf w(s)e (2Es, [Ns] + 1) ds.

0

After some calculations, we obtain:
2at

Es, [NtQ] S eaz

(a2 + @ox (a + 2p2x) + ngQ)
Moreover, we have:
T 2 T 2
m(z,0,t)? = e*** (efat + —1(1 — efat)) > 2ot (min (1, —gpl)) ,
a a
and the result follows. O
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