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Abstract In this paper, we study a combinatorial problem which arises
in the development of innovative treatment strategies and equipment
using tunable shields in internal radiotherapy. From an algorithmic point
of view, the problem is related to circular integer word decomposition into
circular binary words under constraints. We consider several variants of the
problem, depending on constraints and parameters and present polynomial
time exact algorithms, polynomial time approximation algorithms and
NP-hardness results.

1 Introduction

In France, every year, almost 200.000 patients are treated by radiotherapy as
part of their cancer treatment. This kind of therapy is using ionizing radiation
aiming at controlling or killing malignant cells as a curative procedure or as
part of adjuvant therapy and is widely used (in 2/3 of the cancer treatments).
While internal radiotherapy treatments are currently widespread and considered
as routine, there is still room for related innovative developments. The aim is to
concentrate the radiation beams as precisely as possible towards the tumor site
while sparing as much as possible normal tissues such as skin or organs which
radiation must pass through to treat the tumor (the so-called organs at risk).

Brachytherapy – also sometimes referred to as Curietherapy – refers to a
short distance (brachys in Greek) treatment of cancer with radiation from small,
encapsulated radionuclide sources. Brachytherapy uses encapsulated radioactive
sources (also called seeds) to deliver a high dose to tissues near the source. It is
characterized by strong dose gradients, i.e., the dose becomes negligible in a very
short distance from the source (about 10% per mm) [6]. This type of treatment
is given by placing sources directly into or near the volume to be treated. The
dose is then delivered continuously, either over a short period of time (temporary
implants) or over the lifetime of the source to a complete decay (permanent
implants). There are many different techniques and sources available.
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In this contribution, we focus on High Dose Rate implants. High dose rate
or HDR brachytherapy is a form of internal radiation which temporarily expose
abnormal tissue to a high amount of radiation. Under Computed Tomography
(CT) and Fluoroscopy guidance, a bronchoscope or a needle is used to deliver
a catheter into a position at the tumor site. The other end of this catheter is
connected to a computerized machine. This machine passes a small radioactive
metal seed through the catheter. The catheter guides the seed to the tumor site.
The seed moves step by step through the catheter in order to cover the whole
tumor site. The time spent at each position – also known as dwell time – is
used to control the radiation dose in different regions of the tumor. The overall
effect of HDR brachytherapy is to deliver short and precise amounts of high-dose
radiation to a tumor while minimizing healthy tissue exposure. After a series of
treatments the catheter is removed leaving no radioactive seeds in the body.

One of the main drawback of this technique comes from the lack of precise
modulation of the irradiation field and thus the conformation to the shape of
the tumor site. In this paper, we aim at studying the benefit of an innovative
modulation technique in brachytherapy using tunable shields (as done in exter-
nal radiotherapy). This approach will allow accumulating both the temporal
modulation currently used and the shielding modulation. The aim is to provide
treatment of better accuracy by adapting more precisely to the tumor shape. In-
deed, currently, the modulation of the radiation source is done by controlling the
time spent at each position by the source along the catheter. The main problem
is that, at any position, the irradiation is uniform and can be represented as a
cylinder surrounding the catheter. This shape does not always conform to the
relative placement of the tumor and the organs at risks (i.e., in the radiation
field). In this contribution, we consider the technic which aim at modulating a
unique radioactive source using a gear inspired by external radiotherapy.

The use of the shield will allow to preserve, for a given position along
the catheter, some part of the surrounding area. The so-called rotating shield
brachytherapy (RSBT) was conceptually proposed by Ebert in 2002 [2]. In RSBT
the dose is delivered through a partially shielded radiation source in an optimized
step-shot fashion (as done in classical brachytherapy treatment) to improve tumor
dose conformity. The intensity of radiation is modulated by the amount of time
the shield is pointed in a given direction. RSBT [5,4,12] and other intensity-
modulated brachytherapy techniques such as dynamic modulated brachytherapy
(DMBT) [11,10,9] were further studied with the aim of improving intracavitary
brachytherapy dose distributions for rectal and cervical cancer. We will first focus
on a peculiar type of shield which have been briefly described in the patent [8]
and studied in [3]. It corresponds to a set of shield segments forming a cylinder
that can be individually retracted to produce circumferentially limited radiation
output, directed radially. According to the way the sources are introduced in the
patient body, and the physical constraints of the material, it is not possible to
build sector of size as small, and thus as high resolution, as wanted. Therefore,
using the possible rotation of the equipment, the aim is to find a sequence of
sectors configurations that allows delivering a dose as near as possible to the
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prescribed dose. The corresponding algorithmic aspects are unexplored and the
goal of this paper is to conduct an algorithmic study which will guide the final
development of the equipment. From an algorithmic point of view, the problem
is related to circular integer word decomposition into circular binary words under
constraints that we formaly introduced in Section 2.

2 Preliminaries

Considering each dwell position of the irradiation source (denoted I), our main
objective is to deliver to each part of the surrounding volume its proper irradiation
dose. For this purpose, we will use a paddle-based shielding equipment P of
K paddles (also referred as sectors for ease) that can stop the radiation going
through when they are not retracted. We will consider the surrounding volume
to be treated as a circular volume of interest divided in N subvolumes. In the
following, a treatment plan for a given dwell position will be defined as a sequence
of T shield configurations

(
(P 1, τ1), (P 2, τ2) . . . (PT , τT )

)
where P t, 1 ≤ t ≤ T ,

is a paddle configuration and τ t is its dwell time. Each paddle configuration
is represented as a binary string P t = pt0p

t
1 . . . p

t
K−1 where ptk represents the

state (open or closed) of the sector k of P t. An open sector of the shield (paddle
retracted allowing radiation going through) is represented by a 1, while a closed
one (paddle is out and radiation is stopped) is represented by a 0.

For each given step (P t, τ t) in the treatment plan, a corresponding received
doses Dt by the surrounding volume is defined as a string of integers Dt =
dt0d

t
1 . . . d

t
N−1 where dtn corresponds to the total irradiation time the subvolume

n was exposed to during this step. Roughly, it corresponds to the contribution of
the corresponding treatment step to the whole treatment plan. For ease, without
loss of generality, when parameters P t and τ t are not informative, we will write
D. Regarding the entire treatment plan, we will denote the prescribed doses as
a string of nonnegative integers D̂ = d̂0d̂1 . . . d̂N−1 where d̂n corresponds to the
total irradiation time needed to achieve the right dose for the subvolume n. We will
moreover denote the total received doses as a string of integers D = d0d1 . . . dN−1,
such that for all dn ∈ D, dn =

∑
1≤t≤T d

t
n.

For ease and without loss of generality, we assume that each shield sector is
associated to w = N/K consecutive patient volumes, and, for simplicity, that K
divides N (so w is an integer). By default, each shield sector pk will be associated
to Dk = D[k · w, (k + 1) · w − 1] = dk·wdk·w+1 . . . dk·w+w−1 of length w (see
example Figure 1a). We can remark that D = D0D1 . . . DK . Informally, one may
see P and D as circular strings, P placed inside D and representing a mask that
can stop the radiation from going through (see Figure 1b, with a counterclockwise
indexation). In future work, planned for the full version of this paper, we plan to
explore a variant of the problem where one will be able to change this association
by applying a rotation of the shield represented by P .

Let us consider the practical case where one is applying a given shielded
configuration (represented by P ) on a patient (represented by D) for a given
amount of time τ (expressed in a given unit of time). Let us denote D(P, τ) =
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D0 D1 D2

D d0 d1 d2 d3 d4 d5

P p0 p1 p2

(a) Linear representation

I 0◦

d0

d1

d2

d3

d4

d5

p0

p1

p2

(b) Circular representation

Figure 1: Relation between P and D (K = 3, N = 6)

d0d1 . . . dN−1 the string of integers obtained by applying radiation for a time
τ to D through the mask P . We consider that pk = 1 (resp. pk = 0) denotes
applying radiation (resp. no radiation applied) to the area Dk. Moreover, dn = τ
(resp. dn = 0) if radiation is applied to the volume n for a time τ (resp. if no
radiation is applied there). In other words, each patient volume associated to
an open sector (represented by a 1) is irradiated τ units of time, while volume
associated to a closed sector (represented by a 0) is left in its previous state.

One may consider several variants of the problem, depending on constraints
and parameters. First of all, the shield configuration can be considered as fixed or
dynamic (one fixed mask or a minimal number of chosen masks) and provided with
or without rotation capabilities (this last property is not considered here). This
properties are related to manufacturing purposes and constraints. We moreover
consider allowing or not irradiation overdoses (dn > d̂n). Indeed, in practice, it is
convenient to overdose a tumor region while one should try to not overdose organ
at risks regions. From a combinatorial point of view, there are two parameters
that alter the overall treatment time; namely, the sum of the irradiation times
and the number of configurations (as a transition between two configurations
will require some time). In the following, we will consider variants of the problem
based on the previous observations. In the first two variants, the input consists of
only one shield configuration that is given and fixed. The goal is to decide what
is the optimum amount of radiation that can be applied when allowing or not
overdoses. As proven in Section 3, these variants of the problem are polynomial
time solvable.

Problem 1 (FixMask). Given a prescribed dose represented as a string of nonneg-
ative integers D̂ = d̂0d̂1 . . . d̂N−1 and a fixed shield configuration represented as a
binary string P = p0p1 . . . pK−1, find the dwell time τ minimizing

∑N−1
n=0 |d̂n−dn|

with D = D(P, τ) s.t. ∀n < N .

While in FixMask variant of the problem, d̂n − dn can be negative – that is
overdoses are allowed – in FixMask+ variant, we moreover impose that ∀n < N ,
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dn ≤ d̂n – thus, forbidding overdoses. We now consider variants of the problem
where multiple shield configurations are allowed. As mentioned previously, two
different criteria can be optimized in such a treatment plan. One would like to
either achieve the optimal difference between the prescribed dose and the actual
total delivered dose using a minimal number of shield configurations or given
an upper bound on the number of shield configurations, achieving the minimum
reachable difference. From a computational point of view, there is no evidence
that these problems are equivalent. Formally, the problems are defined as follows.

Problem 2 (MinFixMasksopt). Given two nonnegative integers K and diff
and a string of integers D̂ = d̂0d̂1 . . . d̂N−1 (with N being a multiple of K),
find a treatment plan

(
(P 1, τ1), (P 2, τ2) . . . (PT , τT )

)
minimizing T such that∑N−1

n=0

∣∣∣d̂n − dn∣∣∣ < diff , where ∀dn ∈ D, dn =
∑

1≤t≤T d
t
n.

Problem 3 (MinFixMasksbound). Given two nonnegative integers K and Tmax
and a string of integers D̂ = d̂0d̂1 . . . d̂N−1 (with N being a multiple of K), find
a treatment plan

(
(P 1, τ1), (P 2, τ2) . . . (PT , τT )

)
where T < Tmax minimizing∑N−1

n=0

∣∣∣d̂n − dn∣∣∣, where ∀dn ∈ D, dn =
∑

1≤t≤T d
t
n.

Similarly to in FixMask+, in MinFixMasks+
opt and MinFixMasks+

bound
variants of the problem, we moreover impose that ∀n < N , dn ≤ d̂n – thus,
forbidding overdoses.

3 Polynomial Results

In this section, we show that the variants of the problem where the shield
configuration is given and fixed are solvable in polynomial time. Clearly, for a
fixed masked, the doses associated to closed paddles cannot be brought closer to
the corresponding prescribed doses and will thus not be considered.

Theorem 1. FixMask+ can be solved in O(N).

Proof. Obviously, the maximal irradiation time τmax that can be applied is the
minimum d̂j of D̂ associated to a 1 bit of P , since any greater value would decrease
d̂j − dj below 0. Therefore, τmax = min{ d̂j ∈ D̂ : pbj/Nc = 1 } which leads to an
overall difference of

∑N−1
n=0 (d̂n − dn) =

∑N−1
n=0 d̂n −

∑
pk∈P (pk · w · τmax) (where

w = N/K). τmax can be obtained by browsing D̂ in linear complexity. ut

The main observation required to show that FixMask can also be solved in
polynomial time is given in the following lemma.

Lemma 1. For a sequence S of natural numbers and a natural number x consider
the function f(x) with f(x) =

∑
s∈S |s− x|. Then f(x) has a unique minimum,

which is only reached by any number x in between the at most two medians of S.
Moreover, for any x not between the at most two medians of S, the function f(x)
decreases with the distance of x to a median of S.
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The above lemma implies that an optimum dwell time for an instance of
FixMask is a median of the subsequence of D̂ containing all prescribed doses
for which the paddles are open.

Theorem 2. FixMask can be solved in O(N logN).

Proof. Because of Lemma 1 the best possible value that we can achieve for∑N−1
n=0 |d̂n − dn| is obtained by setting the dwell time τ0 to any median of the

subsequence of D̂ containing only the prescriped doses for which the paddles are
open (in the given mask). A median of this sequence can be found by sorting the
corresponding set in time O(N logN). ut

4 Quasi-polynomial Algorithms for MinFixMasks

In this section, we present exact algorithms for all variants of the MinFixMasks
problem.The presented algorithms run in quasi-polynomial time if the values
of the precribed patient doses are bounded by a polynomial in the number of
precribed doses. As a by product we show that the problems MinFixMasksopt
and MinFixMasks+

opt can be approximated in polynomial-time within a factor
of log d̂max of the optimum where d̂max is the maximum prescribed dose to a
subvolume of the patient, i.e., d̂max := maxd̂n∈D̂ d̂n. We first show that it is
sufficient to consider treatment plans where the applied dwell times are pairwise
distinct.

Lemma 2. For any instance of MinFixMasksopt, MinFixMasks+
opt,

MinFixMasksbound, and MinFixMasks+
bound there is an optimal solution(

(P 1, τ1), (P 2, τ2) . . . (PT , τT )
)

satisfying τ i 6= τ j for every i and j with
1 ≤ i 6= j ≤ T .

Proof. Let P =
(
(P 1, τ1), . . . (PT , τT )

)
be an optimal solution of an instance I

of any of the variants of MinFixMasks problem. Let i and j with 1 ≤ i 6= j ≤ T
be such that τ i = τ j . Let (i) τ j∗ = 2τ j , (ii) the binary string P i∗ be obtained by
the XOR of binary strings P i and P j , and (iii) the binary string P j∗ be obtained
by the AND of binary strings P i and P j . Then the treatment plan obtained from
P by replacing (P i, τ i) with (P i∗, τ i∗) and (P j , τ j) with (P j∗ , τ j∗ ) is also an optimal
solution of I. Moreover, by applying this procedure iteratively we eventually
obtain an optimal solution of I such that all dwell times are pairwise distinct. ut

Let S be a set of dwell times. We say that S is complete if it contains a
subset S′ for every number 1 ≤ i ≤ d̂max such that i =

∑
s∈S′ s. We say that

a treatment plan is S-restricted if it uses only dwell times from S and each of
them at most once.

Lemma 3. Let S be a set of dwell times. Then an S-restricted treatment plan
minimizing

∑N−1
n=0

∣∣∣d̂n − dn∣∣∣ can be found in time O((d̂max)2|S| + w2 logw +

Kd̂max). Moreover, an S-restricted treatment plan minimizing
∑N−1
n=0

∣∣∣d̂n − dn∣∣∣
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under the additional constraint d̂n − dn ≥ 0 for every 0 ≤ n ≤ N − 1 can be
found in O((d̂max)2|S|+Kw+Kd̂max) time. Moreover, if S is complete then the
S-restricted treatment plans returned by the above algorithms are optimal among
all (not necessarily S-restricted) treatment plans.

Lemma 4. There is a treatment plan minimizing
∑N−1
n=0

∣∣∣d̂n − dn∣∣∣ using at most
blog d̂maxc+ 1 steps. Moreover, such a treatment plan can be found in polynomial
time. The same holds for a treatment plan minimizing

∑N−1
n=0

∣∣∣d̂n − dn∣∣∣ under
the additional constraint that d̂n − dn ≥ 0 for every n with 0 ≤ n ≤ N − 1.

Proof. Because the set S = { 2i : 0 ≤ i ≤ blog d̂maxc } is complete and has size
blog d̂maxc+ 1, this follows immediately from Lemma 3. ut

Because any non-trivial instance of MinFixMasksopt and MinFixMasks+
opt

require at least one step, we obtain the following corollary from the above lemma.

Corollary 1. MinFixMasksopt and MinFixMasks+
opt can be approximated in

polynomial time within a factor of log d̂max of the optimum.

We are now ready to show our main theorem of this section.

Theorem 3. MinFixMasksopt and MinFixMasksbound can be solved in
time O(d̂blog d̂maxc+1

max (d̂max)2(blog d̂maxc + 1) + w2 logw + Kd̂max)) . More-
over, MinFixMasks+

opt and MinFixMasks+
bound can be solved in time

O(d̂blog d̂maxc+1
max (d̂max)2(blog d̂maxc+ 1) +Kw +Kd̂max)).

Proof. The algorithm goes over all sets S containing at most blog d̂maxc + 1
(respectively at most min{blog d̂maxc+1, Tmax in the case of MinFixMasksbound
and MinFixMasks+

bound) dwell times between 1 and d̂max. For every such set S,
the algorithm then uses Lemma 3 to compute the optimal (the meaning of optimal
here depends on the considered problem) S-restricted treatment plan. Finally, the
algorithm outputs the best treatment plan that satisfies

∑N−1
n=0

∣∣∣d̂n − dn∣∣∣ < diff
found for any considered set S, or the algorithm returns failure if no treatment
plan exists with

∑N−1
n=0

∣∣∣d̂n − dn∣∣∣ < diff . The stated running of the algorithm

follows because there are at most d̂blog d̂maxc+1
max such sets S and for each of them, we

require time at most O(d̂max)2|S|+w2 logw+Kd̂max) respectively time at most
O((d̂max)2|S|+Kw+Kd̂max) (in the case of the problems MinFixMasks+

opt and
MinFixMasks+

bound). The correctness of the algorithm follows from Lemmas 2,
3 and 4. ut

Corollary 2. MinFixMasks+
opt can be solved in quasi-polynomial time if d̂max

is bounded by a polynomial in the size of the input instance.
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5 Hardness of MinFixMasksopt and MinFixMasksbound

In this section, we provide the first hardness results on the MinFixMasksopt
and MinFixMasksbound problems (i.e., when allowing overdoses). We prove
our hardness results via a reduction from the Monotone 1-3 SAT problem
(proven to be NP-complete in [7]): Given a boolean formula φ = {c1, c2, . . .} in
3-CNF of |φ| clauses built on a set V = {v1, v2, . . .} of |V | variables, such that its
clauses contain only unnegated literals, does there exist a truth assignment on V
satisfying φ such that each clause is satisfied by exactly one of its three literals?

We first prove that both the MinFixMasksopt and MinFixMasksbound
problems are NP-hard even when each shield sector is associated to two consec-
utive patient volumes (i.e., w = 2). Given any instance (φ, V ) of Monotone
1-3 SAT problem, we build an instance of MinFixMasks as follows. For all
i ∈ [1, |V |], let qi be an integer value computed using the following recurrence
formula: qi = 1 + 2×

∑i−1
j=1(1 + qj) with q1 = |V |. For each variable vi ∈ V , we

build the sequence Vi = (qi, 1 + qi). For each clause cm = (va, vb, vc) ∈ φ, we
build the sequence Cm composed of two copies of (qa + qb + qc + 2). For each pair
(vi, vj), i < j ≤ |V |, we build the sequence Vi,j = (qi + qj , qi + qj + 2). Let V∗,j
be the concatenation of V1,j , V2,j , . . . Vj−1,j . The sequence D̂ is obtained by con-
catenating in order V1 V2 . . . V|V | C1 C2 . . . C|φ| V∗,2 V∗,3 . . . V∗,|V |. We finally set
K = |V |+ |φ|+ |V |·(|V |−1)

2 , N = 2 ·K (i.e., w = 2). For the MinFixMasksbound
variant, we further set Tmax = |V |. An illustration is given in Figure 2.

5 6 13 14 41 42 125 126 377 378 612 5452 5172 1452 18 20 46 48 . . . 502 504

V1 V2 V3 V4 V5 C1 C2 C3 C4 V1,2 V1,3 V4,5

Figure 2: Example of an instance of MinFixMasks considering the boolean
formula φ = (v1, v2, v3) ∧ (v3, v4, v5) ∧ (v2, v4, v5) ∧ (v1, v2, v4) which only admits
one optimal solution (v1 = v5 = true and v2 = v3 = v4 = false) where N = 18
and m = 5. For ease of notation, vx will denote x occurrences of the element v
(thus 612 corresponds to 61 61) and most elements Vi,j have been ommited.

One can first state some interesting properties of this construction (the proof
is omitted here and provided in Appendix).

Lemma 5. To achieve a solution with diff = |V |2 (which is the optimal solution
one can get), one has to use at least |V | different configurations.

Proposition 1. The MinFixMasksopt and MinFixMasksbound problems are
NP-hard when w = 2.

Proof. Let us prove that, if w = 2, the MinFixMasksopt and
MinFixMasksbound problems are equivalent to the Monotone 1-3 SAT prob-
lem.
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(⇐) Given any truth assignment satisfying φ such that each clause is sat-
isfied by exactly one of its literals, let us build a treatment plan consisting
of a set of |V | binary strings {P 1, P 2, . . . P |V |} with the corresponding irradi-
ation times {τ1, τ2, . . . τ |V |} as follows. We build a a set of |V | binary strings
{P 1, P 2, . . . P |V |} with the corresponding irradiation times {τ1, τ2, . . . τ |V |}, us-
ing a given truth assignment over φ.

For all 1 ≤ n |V |, τn is defined accordingly to the boolean value vn as τn = qn
if vn = true; τn = 1 + qn otherwise. Each Pn is obtained by concatenating three
substrings corresponding to the Vi’s, Cm’s and Vi,j ’s : Pn = Pnv P

n
c P

n
V∗ where

Pnv = 0n−110|V |−n, Pnc = In(n, 1)In(n, 2) . . . In(n, |φ|) (In(n,m) is 1 if vn ∈ cm,
0 otherwise) and PnV∗ = PnV∗,1

PnV∗,2
. . . PnV∗,|V |

. Each PnV∗,i
is defined accordingly to

i and n as PnV∗,i
= 0i−1 if i < n ; PnV∗,i

= 1n−1 if i = n and PnV∗,i
= 0n−110i−1−n

otherwise.
By construction, with the obtained treatment plan, a total dwell time τn

(either qn or 1 + qn) is applied to each Vn. Moreover, any Cm corresponding
to a clause (va, vb, vc) receives a total dwell time of qa + qb + qc + 2, since by
hypothesis exactly one of {va, vb, vc} is true in our assignment: that is either
qa + (1 + qb) + (1 + qc) or (1 + qa) + qb + (1 + qc) or (1 + qa) + (1 + qb) + qc.
Finally, a total dwell time τ i + τ j such that qi + qj ≤ τ i + τ j ≤ qi + qj + 2 has
been applied to each Vi,j , lowering its cost to 2. Thus, any Monotone 1-3 SAT
solution over φ give us an optimal solution for our instance of MinFixMasks
using |V | shield configurations.

(⇒) Let
(
(P 1, τ1), (P 2, τ2) . . . (PT , τT )

)
be an optimal solution (that is such

that diff = |V |2). By Lemma 5, we know that T ≥ |V |. Suppose w.l.o.g. that
T = |V |.

In the following, for ease, we say that a step t contributes to a sequence Vi
if the block Vi is irradiated at step t (the ith bit of its mask P t is set to 1) and
t minimizes a sequence Vi if the step t is the last one of the treatment plan
contributing to Vi: at step t− 1 and before, Vi did not reach its minimum yet, at
step t+ 1 and after, Vi cannot be lowered. Note that a sequence is minimized at
exactly one step. We first show that in one step we cannot minimize more than
one sequence Vi, which is a corollary of the following proposition.

Proposition 2. If a sequence Vj is minimized at step t, then this step cannot
contribute to any Vi, i < j.

Proof. Let Vj be the greatest sequence minimized at a step, t, also contributing
to a Vi, i < j. Then τ t ≤ 1 + qi < qj , so other contributing steps to Vj
exist. As Vj is the highest sequence sharing a dwell time with a lower sequence,
the missing contributions can only be from steps minimizing lower sequences.
Thus, the sum of these other contributions is bounded by

∑j′=j−1
j′=1 (1 + qj′).

This leads to an upper bound for the sum of all contributions received by Vj :∑j−1
j′=1(1 + qj′) + τ t ≤

∑j−1
j′=1(1 + qj′) + 1 + qi ≤

∑j
j′=1(1 + qj′) < qj . Then, the

total irradiation time received by Vj is not enough for it to be minimized at step
t, which contradicts our starting hypothesis. ut
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Corollary 3. There exists no step minimizing more than one sequence.

Proof. According to Proposition 2, if two sequences Vi and Vj , i < j are minimized
at the same step, then this step is both minimizing Vj and contributing to Vi,
which is impossible. ut

Since we have |V | sequences and |V | steps, exactly one Vi is minimized at
each step of the treatment plan. Without loss of generality, let us order the steps
of our treatment plan such that each sequence Vi is minimized at step i. In the
next proposition, we prove that the dwell time at step i can take one of two
possible values, thus corresponding to a true/false assignment of variable i.

Proposition 3. For any i, τ i ∈ {qi, 1 + qi}.

Proof. We prove the result by induction. From Proposition 2, it follows that
qi −

∑i−1
j=1 τ

j ≤ τ i ≤ 1 + qi for each step i. Thus, for the first induction step, it
holds that q1 ≤ τ1 ≤ 1 + q1, so τ1 ∈ {q1, 1 + q1}.

Considering the step j, and the sequence Vj−1,j = (qj−1 + qj , qj−1 + qj + 1),
no step after j can contribute to Vj−1,j since

τ j+1 ≥ qj+1 −
j∑
i=1

(1 + qi) ≥ 1 + 2×
j∑
i=1

(1 + qi)−
j∑
i=1

(1 + qi)

> qj−1 + qj + 2

Moreover,
∑j−1
i=1 τ

i ≤
∑j−1
i=1 (1 + qi) < qj , so the contribution of step j is

mandatory to minimize Vj−1,j which induces that

τ j ≥ qj−1 + qj −
j−1∑
i=1

τ i ≥ qj−1 + qj −
j−1∑
i=1

(1 + qi)

≥ qj − 1−
j−2∑
i=1

(1 + qi)

Suppose now that there exists k ≥ 2 such that τ j ≥ qj−1 − 1−
∑j−k
i=1 (1 + qi).

Consider then Vj−k,j = (qj−k + qj , qj−k + qj + 2). Applying a similar reasoning
as before, we conclude that the contribution of step j is mandatory, and, with
our last lower bound over τ j that

qj−k + qj − τ j ≤ qj−k + qj −

(
qj − 1−

j−k∑
i=1

(1 + qi)
)

≤ qj−k + 1 +
j−k∑
i=1

(1 + qi) < qj−k+1
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Thus, steps strictly between j − k and j cannot contribute. Therefore, the only
steps able to contribute are j and 1 to j − k:

τ j ≥ qj−k + qj −
j−k∑
i=1

τ i ≥ qj−k + qj −
j−k∑
i=1

(1 + qi)

≥ qj − 1−
j−(k+1)∑
i=1

(1 + qi)

We obtain a greater lower bound for τ j . This reasoning can be applied as long
as Vj−k,j exists, that is as long as j − k ≥ 1. The last application (k = j − 1,
k + 1 = j) leads to

τ j ≥ qj − 1−
j−j∑
i=1

(1 + qi) ≥ qj − 1

On the whole, we obtain τ j ∈ {qj − 1, qj , 1 + qj}. Moreover, if τ j = qj − 1, then
step j is not enough to minimize Vj = (qj , 1+qj) (an amount of 1 or 2 is missing).
But we can only use the dwell times of the treatment plan, and the lowest one is
τ1 ∈ {|V |, |V |+ 1}, where |V | is the number of variables in φ (so |V | ≥ 3). Thus,
τ j = qj − 1 is impossible. This leads to τ j ∈ {qj , 1 + qj} for any step j. ut

To complete our proof, it remains to show that a sequence Cm = (qa+qb+qc+
2, qa+qb+qc+2) cannot be minimized by other steps, except those corresponding
to an assignment to the variables a, b and c.

Proposition 4. Minimizing a sequence Cm = (qa + qb + qc + 2, qa + qb + qc + 2)
implies the contribution of exactly the steps a, b, and c.

Proof. W.l.o.g. let a < b < c. To minimize Cm, we need to apply a total amount
of exactly τ = qa + qb + qc + 2. Since τ c+1 ≥ qc+1 ≥ 1 + 2×

∑c
i=1(1 + qi) > τ ,

step c + 1 or higher cannot contribute to Cm. Thus the contribution of step
c is mandatory since

∑c−1
i=1 τ

i ≤
∑c−1
i=1 (1 + qi) < 1 + 2 ×

∑c−1
i=1 (1 + qi) < qc.

Similarly, τ b+1 ≥ qb+1 > τ − τ c, so steps strictly between b and c cannot
contribute, and

∑b−1
i=1 τ

i < qb ≤ τ − τ c inducing that the contribution of step b is
mandatory. Finally, τa+1 ≥ qa+1 > τ − τ c − τ b, so steps strictly between a and b
cannot contribute, implying that the contribution of step a is mandatory since∑a−1
i=1 τ

i < qa ≤ τ − τ c − τ b. ut

Gathering the previous results, we have an optimal solution to our Min-
FixMasks instance if and only if each sequence Cm corresponding to a clause
(va, vb, vc) receives exactly the dwell times received by the sequences Va, Vb and
Vc. Moreover, each of theses Vi receives either qi or 1 + qi as a (total) dwell
time. Finally, minimizing Cm implies that exactly one of the three Vi receives
the lowest of its two possible values. This corresponds to a truth assignment over
φ such that each of its clauses contains exactly one true variable. ut
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1. INTRODUCTION

Conventional high-dose-rate brachytherapy (HDR-BT) uses
unshielded radiation sources that emit dose distributions that
are radially symmetric about the source axis. This limits the
deliverable radiation dose to cervical cancer tumors without
exceeding the maximum allowable dose to the organs-at-risk
(OARs) adjacent to the tumor. This is especially true in cases
where the tumor is bulky (>40 cm3), laterally extended, or
nonsymmetric2–5 where this can compromise treatment e↵ec-
tiveness if the high-risk clinical target volume (HR-CTV) is
underdosed as a result.

Interstitial brachytherapy is one option to overcome this
limitation and is the recommended treatment modality of the
American Brachytherapy Society (ABS).6–8 Another option
is the use of supplementary interstitial needles along with an
intracavitary applicator (IS+ICBT).3,9,10 Tandem and ring3,9 or
tandem and ovoid10 applicators with additional provision for
needle placement have been introduced for IS+ICBT. These
applicators enable enhanced tumor coverage under 3D im-
age guidance, but are invasive due to the use of the inter-
stitial needles. Even if the number of catheters, the location
of catheters, and the source dwell times are computed in an
optimized fashion, the resulting dose distributions are still
constrained by the radially symmetric dose distribution, source
emissions.

Intensity-modulated brachytherapy techniques such as
rotating-shield brachytherapy (RSBT)11–13 and dynamic
modulated brachytherapy (DMBT)14–16 were introduced as a
means of improving intracavitary brachytherapy dose distri-
butions for rectal and cervical cancer. When used as pro-
posed by the authors, RSBT works by using a shield that
partially occludes an electronic brachytherapy (eBT) source
(Xoft Axxent™, iCAD, Inc., Nashua, NH, USA), which ro-
tates in a manner that directs radiation away from healthy
sensitive tissues and into cancerous tissue.11–13 Due to the
diversity in tumor shapes seen in cervical cancer patients,
multiple di↵erent shield emission angles would need to be
made available to users in order to ensure the dose conformity
of laterally extended tumors. Small emission angles with
RSBT result in increased treatment times. A rapid emis-
sion angle selection (REAS) technique with single-shield
RSBT (S-RSBT) was proposed to strike the best balance
between treatment time and dose distribution quality, which
is measured by tumor coverage and OAR sparing.12 Dynamic-
shield RSBT (D-RSBT) allows the use of di↵erent azimuthal
emission angles during the delivery via a layered shielding
apparatus, with each layer independently rotatable to flexibly
form di↵erent emission windows.17 With a delivery time of
20–30 min per treatment fraction (fx), D-RSBT can pro-
duce better treatment plans than S-RSBT, while S-RSBT may
perform better when the delivery time is limited (<20 min/fx)
since it can make use of a single large emission angle.17

The major limitation of D-RSBT lies in the limit of the
maximal azimuthal emission angle that can be formed by the
apparatus.

In this study, we propose a paddle-based rotating-shield
brachytherapy (P-RSBT) device, a novel conformal brachy-

therapy treatment technique. The concept of shield paddles
for IMBT was previously proposed;18 however, no subsequent
study was conducted to reveal its capability or demonstrate
its clinical potential. The proposed P-RSBT system is able to
utilize the full angular delivery space and only one delivery
source is needed. P-RSBT has the potential to improve tumor
coverage without compromising OAR sparing with the same
treatment time, as compared to S-RSBT and D-RSBT.

2. MATERIALS AND METHODS
2.A. System overview, dose calculation, and anchor
plan generation

P-RSBT uses a set of independently operated shield pad-
dles, each of which covers a sector of the radiation field, to
achieve intensity modulation. The modulation is achieved by
the insertion and retraction of the shield paddles (assumed to
be constructed of tungsten alloy), as well as the rotation and
translation of the whole applicator, shown in Fig. 1. As this
is a conceptual study for assessing the P-RSBT technique, the
exact diameter of the applicator is not finalized. It is expected
that an applicator with a diameter of less than 10 mm could
be constructed, which would necessitate appropriate anes-
thesia techniques for the brachytherapy procedure. As shown
in Fig. 1, an integer, K, number of shield paddles, is arranged
to form a cylindrical tube with each paddle shielding a sector
of 360�/K angularly. The maximum number of paddles (K)
achievable will depend upon the method used to drive the
paddles. A candidate motor available today is the Faulhaber
microdrive, of 1.9 mm diameter and 9.5 mm length. With a
5.4 mm radiation source, up to four microdrives could be used

Fig. 1. A conceptual design of a P-RSBT applicator (a) 3D view. For the
purpose of legibility, not all paddle shafts are drawn. (b) Cross-sectional view.

Medical Physics, Vol. 42, No. 10, October 2015

Figure 3: Figure 1 of [3] - A conceptual design of a P-RSBT applicator (a) 3D view.
For the purpose of legibility, not all paddle shafts are drawn. (b) Cross-sectional
view.

Lemma 1 For a sequence S of natural numbers and a natural number x consider
the function f(x) with f(x) =

∑
s∈S |s− x|. Then f(x) has a unique minimum,

which is only reached by any number x in between the at most two medians of S.
Moreover, for any x not between the at most two medians of S, the function f(x)
decreases with the distance of x to a median of S.

Proof. Let m be a number inbetween the at most two medians of S (if S has only
one median, then m is equal to that median) and let x be any natural number
that is not inbetween the at most two medians of S. We denote by S≤x the set
of natural numbers s in S with s ≤ x and similarily with S>x the set of natural
numbers s in S with s > x. We first show that f(x) > f(m). We distinguish two
cases: (1) x is larger than the largest median of S and (2) x is smaller than the
smallest median of S. In the first case |s− x| ≥ |s−m|+ |x−m| for every s ≤ x
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and |s −m| ≤ |s − x|+ |x −m| for every s > x. Moreover, because x is larger
than any median of S, we obtain that |S≤x| > |S>x|. Hence

f(x) =
∑
s∈S
|s− x|

≥
∑

s∈S∧s≤x

|s−m|+ |x−m|+
∑

s∈S∧s>x
|s−m| − |x−m|

=
∑
s∈S
|s−m|+ |S≤x||x−m| − |S>x||x−m|

>
∑
s∈S
|s−m|

= f(m)

The proof for the second case is symmetric. This shows that a minimum of f(x)
can only be reached if x is a number inbetween the two median of S and that if
x is not inbetween the at most two medians of S, then f(x) decreases with the
distance of x to a median of S. Hence in the case that S has exactly one median
there is nothing else to show. Now consider the case where S has exactly two
medians say m1 and m2. In this case |S≤m1 | = |S≥m2 | and hence we obtain the
following for any number m with m1 ≤ m ≤ m2.

f(m1) =
∑
s∈S
|s−m1|

=
∑

s∈S∧s≤m1

|s−m1|+
∑

s∈S∧s≥m2

|s−m1|

=
∑

s∈S∧s≤m1

|s−m|+ |m−m1|+
∑

s∈S∧s≥m2

|s−m| − |m−m1|

=
∑

s∈S∧s≤m1

|s−m|+ |S≤m1 ||m−m1| − |S≥m2 ||m−m1|

=
∑
s∈S
|s−m|

= f(m)

This shows that f(x) has a unique minimum which is only reached by any number
x inbetween the at most two medians of S. ut

Lemma 3 Let S be a set of dwell times. Then an S-restricted treatment plan
minimizing

∑N−1
n=0

∣∣∣d̂n − dn∣∣∣ can be found in time O((d̂max)2|S| + w2 logw +

Kd̂max). Moreover, an S-restricted treatment plan minimizing
∑N−1
n=0

∣∣∣d̂n − dn∣∣∣
under the additional constraint d̂n − dn ≥ 0 for every 0 ≤ n ≤ N − 1 can be
found in O((d̂max)2|S|+Kw+Kd̂max) time. Moreover, if S is complete then the
S-restricted treatment plans returned by the above algorithms are optimal among
all (not necessarily S-restricted) treatment plans.
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Proof. Because every treatment plan has to apply the same dose to every patient
volume under the same paddle, we obtain that diw = diw+1 = · · · = d(i+1)w−1
for every 0 ≤ i ≤ K − 1. Hence, finding a treatment plan minimizing∑N−1
n=0

∣∣∣d̂n − dn∣∣∣ is equivalent to findingK natural numbers d0, . . . , dK−1 minimiz-

ing
∑N−1
n=0

∣∣∣d̂n − dbn/wc∣∣∣ such that each number di can be realized by a treatment
plan. Since we are only considering S-restricted treatment plans, it holds that
the set of realizable numbers (for any such treatment plan) is equal to the set of
numbers that can be written as a sum of a subset of S. Moreover, because we
can choose the masks arbitrarily it holds that for every K numbers d0, . . . , dK−1,
which can be written as the sum of subsets of S, there is an S-restricted treat-
ment plan realizing these numbers. To see this let d0, . . . , dK−1 be any numbers
such that for each di there is a subset S(di) of S with di =

∑
s∈S(di) s, then(

(P 1, s1), . . . (PT , s|S|)
)
where s1, . . . , s|S| is an arbitrary ordering of the numbers

in S and the i-th bit of the binary string P j is 1 if and only if sj ∈ S(di) is
an S-restricted treatment plan realizing the numbers d0, . . . , dK−1. It follows
that given the set of allowed dwell times S, we can minimize each of the sums∑(i+1)w−1
n=iw

∣∣∣d̂n − dbn/wc∣∣∣ separately for every i with 0 ≤ i ≤ K − 1. Because of

Lemma 1, the smaller
∑(i+1)w−1
n=iw

∣∣∣d̂n − dbn/wc∣∣∣ is, the closer dbn/wc is to a median
of the sequence d̂iw, . . . , d̂(i+1)w−1. Moreover, if we consider the case where we
have the additional constraint that d̂n − dn ≥ 0 for every 0 ≤ n ≤ N − 1, then
the optimal value for dbn/wc is the one that is closest to the minimum of the
sequence d̂iw, . . . , d̂(i+1)w−1. These considerations naturally lead to the following
algorithm to find an S-restricted treatment plan minimizing

∑N−1
n=0

∣∣∣d̂n − dn∣∣∣.
The algorithm first computes a table that contains for every number i between
1 and d̂max either a subset S′ of S such that i =

∑
s∈S′ s or Nil if no such

subset S′ exists for i. Using the standard text-book algorithm for the Subset
Sum problem [1] (running in O(sN) time, where s is the sum that needs to
be obtained and N is the size of the set of integers), this can be achieved in
O((d̂max)2|S|) time. In the case that we have no additional constraint the al-
gorithm then computes the (at most two medians) m1

i and m2
i of the sequence

d̂iw, . . . , d̂(i+1)w−1 for every 0 ≤ i ≤ K − 1. This can be achieved (by sorting
each of these sequences separately) in at most O(w2 logw) time. In the case that
we have the additional constraint d̂n − dn ≥ 0 for every 0 ≤ n ≤ N − 1, the
algorithm computes the minimum mini for each of these sequences in O(Kw)
time. Finally, the algorithm computes for every 0 ≤ i ≤ K − 1, the number di as
the number between 1 and d̂max that has a non-nil entry in the table and either:
(1) is closest to one of the medians m1

i and m2
i (in the case with no additional

constraints) or (2) is closest to the minimum mini (in the case that overdoses are
not allowed). Using the table and the mediansm1

i andm2
i respectively the minima

mini this can be achieved in time O(Kd̂max). Considering an arbitrary ordering
s1, . . . , s|S| of the numbers in S and denoting by S(di) the subset of S contained
in the table for the number di, the algorithm then outputs the treatment plan
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(P 1, s1), . . . (PT , s|S|)

)
where s1, . . . , s|S| is an arbitrary ordering of the numbers

in S and the i-th bit of the binary string P j is 1 if and only if sj ∈ S(di). This
completes the description of the algorithm. The running time of the algorithm
is at most O((d̂max)2|S| + w2 logw + Kd̂max) (in the case that overdoses are
allowed) and O((d̂max)2|S|+Kw +Kd̂max) (in the case that no overdoses are
allowed). Finally, if S is complete then the S-restricted treatment plan returned
by the algorithm minimizes

∑N−1
n=0

∣∣∣d̂n − dn∣∣∣ under all possible treatment plans.
The same applies when considering the additional constraint d̂n − dn ≥ 0 for
every n with 0 ≤ n ≤ N − 1. ut

Lemma 5 To achieve a solution with diff = |V |2 (which is the optimal solution
one can get), one has to use at least |V | different configurations.

Proof. The best solution in terms of irradiation differences is to apply to each
Vi a total dwell time τi corresponding to the median of qi and 1 + qi, which is
either τi = qi or τi = 1 + qi, leading to a distance of 1. Therefore, the minimal
overall distance one can achieve for all the Vi sequences is |V |.

Let us remark that, by construction, the V ′i s are increasingly ordered in D̂
(i.e., Vi < Vi+1, 1 ≤ i < |V |). Let

(
(P 1, τ1), (P 2, τ2) . . . (PT , τT )

)
be a treatment

plan reaching the minimal overall distance |V |. Let us prove that T ≥ |V |.
Suppose that using t < T different configurations of the treatment plan, one
was able to apply a total dwell time τi corresponding to the median of qi and
1 + qi to each Vi for 1 ≤ i ≤ j. In other words, one has acheived the minimal
overall distance for all Vi for 1 ≤ i ≤ j. Regarding Vj+1, the maximal overall
contribution related to the use of these t different configurations is lower or equal
to
∑j
i=1 1 + qi. Moreover, none of these t configurations can be applied again

since any of these contributes to at least one of {V1, V2, Vj} and would increase
the overall distance. Therefore, in order to reach the minimal distance for Vj+1,
at least an extra configuration is needed. By induction, one cannot achieve the
minimal overall distance of |V | on the Vi sequences without using at least |V |
different configurations.

Moreover, let us consider the V∗,i sequences. Each Vi,j = (qi + qj , qi + qj + 2)
has a minimum cost of 2. Thus, the total cost of the V∗,i sequences cannot be
lower than 2 · |V |·(|V |−1)

2 . By adding the minimal cost for all the Vi and V∗,i
sequences, one obtain an optimal diff = |V |+ |V | · (|V | − 1) = |V |2. ut
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