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We explore the determinants of perceived neighborhood quality, emphasizing the nexus between two distinct but correlated dimensions along which individuals evaluate their neighborhoods: satisfaction, traditionally viewed as a cognitive judgement based on the attainment of some standard or aspiration, and attachment, which relates to an a¤ective evaluation. We estimate a bi-variate probit model, using data from the British Household Panel Survey (BHPS). Signi…cant residual correlation is estimated, which suggests that satisfaction and attachment tap both cognitive and a¤ective aspects of individual attitudes. In addition, average satisfaction and attachment at the neighborhood-level emerge as crucial determinants of individual responses.

This paper deals with the identi…cation of the individual and social determinants of two dimensions along which individuals are assumed to evaluate the quality of their neighborhood: satisfaction and attachment. [START_REF] Becker | Social Economics: Market Behavior in a Social Environment[END_REF] Satisfaction, intended as a cognitive judgement based on the attainment of some standard or aspiration, is often considered as a global indicator of perceived neighborhood quality. By contrast, attachment is viewed as an a¤ective component of individuals'overall response to their neighborhoods. A number of contributions have aimed at understanding to which extent these concepts are usefully distinguishable. In this respect, some intuitive questions have been posed (see, among others, Ringel and Finkelstein, 1991). Can one be satis…ed with one's neighborhood, yet unattached to it? Can one be deeply attached to the neighborhood, yet very unsatis…ed with it?

The present paper addresses some more subtle questions. To which extent are satisfaction and attachment interrelated and what is their relative contribution to individuals'overall assessment of their neighborhoods? Does the average attitude towards a given neighborhood a¤ect individuals'satisfaction and attachment? [START_REF] Bell | Environmental Psychology[END_REF] We move away from the fundamental distinction between satisfaction and attachment to assess the extent to which they may overlap, thus tapping both cognition and a¤ect. In doing so, we model the determinants of individual neighborhood satisfaction and attachment in the presence of social interactions, which refer to interdependencies between individual behavior/characteristics and the behavior/characteristics of others within a common group, the neighborhood. These interactions generally arise in the form of: (i) contextual e¤ects based on the quality and other environmental characteristics of the neighborhood; (ii) endogenous e¤ects induced by neighbors'behavior; (iii) exogenous e¤ects that depend on the socio-demographic characteristics of the peer-group.

The importance of decomposing agents'interactions within the neighborhood into exogenous and endogenous factors has been widely recognized in the literature on social interac- [START_REF] Benabou | Workings of a city: location, education, and production[END_REF] For instance, Kan (2007) shows that the availability of emergency assistance to a household from someone living nearby does deter the household from moving. In the present paper we study how inter-personal e¤ects shape the accumulation of social capital [START_REF] Benabou | Equity and e¢ ciency in human capital investment: the local connection[END_REF] and a¤ect individuals' evaluation of their neighborhoods over a cognitive and an a¤ective dimension.

Data from the British Household Panel Survey (BHPS hereafter) are explored over the period 1996-2005 within a pooled bi-variate probit framework. Such modeling choice allows us to account for the presence of inter-dependent responses and potential unobservable e¤ects.

In fact, we assume that interactions between individuals and their reference group are only partly due to observable e¤ects, as both satisfaction and attachment can re ‡ect the impact of other unobservable cognitive and a¤ective factors in ‡uencing individual responses.

The econometric analysis produces three novel results. First, we provide empirical support to our conjecture, as satisfaction and attachment display substantial correlation that cannot be entirely accounted for by the inclusion of endogenous, exogenous and contextual e¤ects. This signals that both constructs can be seen as tapping cognitive and a¤ective aspects of (perceived) neighborhood quality.

Second, individual responses are strongly in ‡uenced by both endogenous e¤ects, which are captured by including average satisfaction and attachment in the set of covariates, as well as by the network of informal social ties shared by members of the same neighborhood. A main …nding is that the joint probability of being satis…ed with and attached to the neighborhood increases substantially following a marginal increase in the average number of neighbors that display attachment, whereas a marginal increase in the average degree of satisfaction only exerts a negligible e¤ect.

Third, other factors acting at the peer-group level are found to play an important role.

Individual responses to contextual factors suggest that externalities such as crime or vandalism, pollution and noise exert a negative impact on both responses. In this respect, it is expected that policies aimed at removing such externalities are likely to produce substantial social bene…ts.

Overall, our results shed light on important determinants of cognitive and a¤ective re- sponses of UK households to their neighborhoods. Most importantly, they provide us with some support to evaluate policies designed to enhance individuals' satisfaction with their neighborhoods. As a matter of fact, one of the main shortcomings of the predominant approach in policy making is to abstract from evaluations that may re ‡ect individuals'a¤ective attachment to their neighborhood, while just focusing on objective evaluations. We show that such assumption may be potentially harmful, as it neglects important pieces of information about individuals'underlying process of neighborhood evaluation.

The remainder of the paper is laid out as follows. Section 2 frames the problem of identifying various individual and social factors a¤ecting individuals' satisfaction and sense of attachment. Section 3 describes the dataset and the variables used in the empirical study.

Section 4 frames the econometric guidelines to our empirical analysis. Section 5 reports the results of the empirical analysis and discusses their main policy implications. Section 6 concludes.

Framing the Problem

The literature on neighborhood quality has traditionally examined survey data on neighborhood satisfaction in connection with other indicators of neighborhood attachment. Neighborhood satisfaction has classically been related to residents'evaluations about a number of contextual and social features of their environments. However, as recognized by Shumaker and Taylor (1983), satisfaction is often viewed as a criterion measure in and of itself. As such, satisfaction tells little about the behavioral signi…cance of di¤ering evaluations of a given neighborhood. To address this issue, the literature on neighborhood quality has complemented measures of satisfaction with measures of attachment, so as to account for behavioral implications along with objective responses (see, e.g., Connerly and Marans, 1985). In this respect, Shumaker and Taylor (1983) describe attachment as a "positive a¤ective bond or association between individuals and their environment" (p. 233).

In summary, the dichotomy between attachment and satisfaction re ‡ects the direction that the literature on subjective well-being has recently taken (Kahneman and Deaton, 2010), that is to distinguish between a¤ective measures, often expressed in terms of emotions such as happiness or pleasure, and cognitive measures, such as satisfaction, which implies an evaluation based on the attainment of some standard or aspiration. In this respect, it is expected that attachment to the neighborhood is more closely related to the a¤ective component of perceived neighborhood quality, whereas the revealed degree of satisfaction with the neighborhood re ‡ects a cognitive evaluation. Therefore, it should in principle be possible to distinguish between satisfaction and attachment on the basis of this classi…cation. However, things are not that straightforward in practice. In fact, some overlap between satisfaction and attachment may emerge, as both concepts are likely to tap cognition and a¤ect (see, e.g., Hunter, 1974; Fishbein and Ajzen, 1975; Kaplan and Kaplan, 1982). For instance, emotional involvement with the neighborhood may produce a sense of attachment that transcends any objective evaluation about the neighborhood. Also, one can feel satis…ed with her neighborhood but fundamentally unattached to it if she has not developed any social or emotional ties to the place (Connerly and Marans, 1985).

We address these issues within a uni…ed framework that emphasizes individuals'perception of their neighborhood quality as the outcome of two (potentially) correlated factors: (i) the degree of satisfaction with the neighborhood, which relates to the cognitive component of individual responses; (ii) individuals'attachment to the neighborhood, which pertains to the a¤ective component.

Following the literature on social interactions, we account for a number of determinants of satisfaction and attachment acting at the individual and peer-group (neighborhood) level. At the neighborhood level, we include contextual e¤ects and social capital indicators. Contextual e¤ects re ‡ect the in ‡uence exerted by factors shared by the members of the group which are predetermined with respect to the realization of the phenomena under scrutiny (e.g., environmental characteristics such as pollution, noise, etc.). With reference to neighborhood e¤ects, social capital characterizes the way individual behavior is in ‡uenced by the behavior and characteristics of those sharing the same environment. [START_REF] Blume | Identifying social interactions: a review[END_REF] within the neighborhood (e.g., availability of somebody providing assistance in a crisis, length of residence, housing tenure etc.); (iii) other e¤ects that depend on the socio-demographic characteristics of the peer group (e.g., average marital status, educational attainment, income etc.). [START_REF] Brisson | Bonding social capital in low-income neighborhoods[END_REF] In the remainder of this section we explore a conceptual framework which is particularly suitable to frame our problem.

A popular approach to study social interactions consists of augmenting regressions that include individual-level covariates with measures of group-level characteristics (see Solon et al., 2000; Ginther et al., 2000; Brock and Durlauf, 2001). In most of these works signi…cant coe¢ cients on group-level variables are interpreted as indicating the presence of peer-group e¤ects. The identifying assumptions underlying much of the research in this area were …rst formally analyzed by Manski (1993, 1995) within the popular linear-in-means framework. [START_REF] Brock | Interactions-based models[END_REF] We adapt this conceptual benchmark to account for the joint e¤ect of individual and social (neighborhood) e¤ects on individuals'satisfaction with the neighborhood and attachment.

We start by assuming that z kig denotes the k th response (k = 1; 2; ::; K) of the i th individual in the g th neighborhood. In our case K = 2, as individuals are assumed to jointly express their satisfaction with the neighborhood (k = 1) and attachment (k = 2). The following linearin-means model can be assumed to generate the latent process for each of the two responses under scrutiny:

z kig = k g + k ig + w k w ig + k s g + u kig ; k = 1; 2: (1) 
where g denotes contextual factors in the environment shared by the members of the group, ig is a vector of variables capturing individuals'social status and inter-personal characteristics, w ig is a vector of socio-demographic control variables, s g equals the group's stock of social 

s g = f E i z kg ; g ; w g ; k = 1; 2: (2) 
In the remainder we assume that beliefs are consistent with the structure of choices/behavior in the model. This amounts to imposing E i z kg = z kg . This property, known as self-consistency, means that the subjective expectation of the average choice in one's group corresponds to the mathematical conditional expectation of the average choice, given the information set of each agent. [START_REF] Brock | A multinomial choice model with social interactions[END_REF] On empirical grounds, this assumption can be justi…ed based on the fact that the average number of individuals in the peer-group (or neighborhood) is large enough to assume that individual responses have negligible impact on the average response in the same neighborhood.

Data Description

We use data from the BHPS over the period 1996-2005. The BHPS is a multi-purpose study with three main peculiarities: (i) it follows the same representative sample of individuals over time; (ii) it is household-based, as every adult member of the sampled households is interviewed; 9 (iii) it contains su¢ cient cases for a meaningful analysis of certain groups, such as the elderly or lone parent families. The BHPS is designed as an annual survey of each adult member of a nationally representative sample that was originally composed by 5,500 households. Additional samples in Scotland, Wales and Northern Ireland have been made available recently. The same individuals are re-interviewed in successive waves and, if they split-o¤ from original households, all adult members of their new households are also interviewed. In contrast with most cohort studies, the sample covers the whole population, and not simply narrowly de…ned age ranges. [START_REF] Connerly | Comparing two global measures of perceived neighborhood quality[END_REF] When dealing with neighborhood e¤ects, the de…nition of the reference group is of crucial importance for a correct measurement of social and economic inter-dependencies. To evaluate how social interactions a¤ect British households'neighborhood satisfaction and attachment, we identify their reference-group through the area-code, the Primary Sampling Unit (PSU). In the BHPS the population of postcode sectors is ordered into 18 regions. At the …rst stage of sampling, 250 postcode sectors are selected as PSUs. [START_REF] Diaz-Serrano | Housing satisfaction, homeownership and housing mobility: a panel data analysis for twelve EU countries[END_REF] All PSUs are then checked for size to ensure that they contain, at minimum, 500 households.

[Table 1 about here]

[Table 2 about here]

In Table 1 we list the variables used in our econometric analysis, while [START_REF] Dipasquale | Incentives and social capital: do homeowners make better citizens?[END_REF] In light of the discrete nature of the responses to (i) and (ii), the associated variables will be respectively denoted by z 1ig and z 2ig , so as to distinguish them from their continuous counterparts introduced in the linear-in-means framework (1)-(2). In the next section we formalize an appropriate econometric framework to account for individuals'joint response on neighborhood satisfaction and attachment.

As to the explanatory variables, we include both 'Socio-Demographic Controls'(w ig ) and 'Inter-personal and Social E¤ects' ( ig ) at the individual level. The …rst category comprises characteristics such as age, gender, educational attainment, real personal income, number of children in the household and marital status. [START_REF] Durlauf | Neighborhood feedbacks, endogenous strati…cation, and income inequality[END_REF] The second class of regressors comprises variables capturing (i) social support/help (from family, friends and neighbors) in case of need/emergency, (ii) religious participation, (iii) length of residence, (iv) type of home tenure. preference for the neighborhood (z 1g ) and the propensity to stay in the current place of residence (z 2g ). Inter-personal and social group e¤ects and socio-demographic group controls at the neighborhood level are denoted by g and w g , respectively. When averaged at the neighborhood level, personal and inter-personal characteristics may be seen as contributing to the formation of social capital. As such, they proxy the density of inter-personal linkages and social ties developed within the neighborhood.

[Table 3 about here]

As a preliminary inspection, it is useful to check whether the correlation between individual responses on neighborhood satisfaction (z 1ig ) and preference to stay (z 2ig ) display any correlation. Table 3 reports the Pearson correlation coe¢ cients between the two dependent variables, as well as between each of them and other covariates employed in the study. [START_REF] Durlauf | Social capital[END_REF] As expected on a priori grounds, satisfaction and attachment (or preference to stay in the neighborhood) are positively correlated (0.30), thus indicating that although they display positive co-movement, each has signi…cant variation not explained by the other. [START_REF] Durlauf | Social interactions[END_REF] The remainder of the paper is explicitly aimed at uncovering these aspects.

The Econometric Framework

The econometric implementation of the behavioral paradigm introduced in Section 2 poses a number of challenges. In particular, two factors need to be addressed. First, as speci…ed in Section 3, z 1ig (satisfaction with the neighborhood) and z 2ig (attachment) are going to be captured through the (binary) responses to the following questions, respectively: (i) "Overall, do you like living in this neighborhood?" (where z 1ig = 1 if the answer is "yes" and 0 otherwise); (ii) "If you could choose, would you stay here in your present home or would you prefer to move somewhere else?" (where z 2ig = 1 if the answer is "yes" and 0 otherwise). Second, the problem we have posed emphasizes the potential inter-connection between individuals' neighborhood satisfaction and attachment.

To account for the …rst problem, we resort to a suitable econometric framework. In this respect, we observe that discrete choice models are traditionally based on the assumption of utility maximizing behavior, whereby individuals choose among a certain number of alternatives that lead to di¤erent levels of utility (Greene, 2003). Our modelling strategy re ‡ects this fundamental mechanism and can be regarded as a convenient way to bridge the empirical analysis with the study of social interactions and neighborhood e¤ects. [START_REF] Elliott | The e¤ects of neighborhood disadvantage on adolescent development[END_REF] As to the second point, we extend the univariate binary choice model, so as to allow agents to make multiple choices. A natural extension commonly used in applied research is the bi-variate probit model with (possibly) correlated disturbances. Beyond the estimation of each of the binary choice equations (jointly or separately), applied researchers are generally interested in the dependence structure of the two binary-choice decision equations. In the context of the bi-variate probit model, the correlation coe¢ cient between the error disturbances in the latent regression equations provides us with a simple summary measure of how the unobservables interact with each other in the underlying equations (Chen and Zhou, 2007).

We can de…ne satisfaction with a speci…c neighborhood g and attachment to the same neighborhood as the joint model of two binary outcomes:

19 z 1ig = 8 < : 1 if z 1ig > 0 0 if z 1ig 0 9 = ; z 2ig = 8 < : 1 if z 2ig > 0 0 if z 2ig 0 9 = ; ; (3) 
where we implicitly assume repeated measurements (t = 1; ::::; T ).

Choices with respect to z kig (k = 1, 2) are coded to lie in the set f1; 0g and the underlying latent process is isomorphic to the linear-in-means model ( 1)-( 2):

z kig = x kig k + u kig ; (4) 
x kig = [z kg ; g ; w g ; g ; w ig ; ig ] (5) 
Furthermore, the error terms can be thought as comprising a common element, ig , to both equations and a term, " kig , speci…c to each of them: 

u 1ig = ig + " 1ig (6) 
u 2ig = ig + " 2ig (7) 
where ig N (0; 1), " kig N (0; 1). Therefore, we allow for the presence of correlated e¤ects:

= Cov[u 1ig ; u 2ig jx 1ig ; x 2ig ]: (8) 
As the error terms share a common element, the joint probability P (z 1ig = 1; z 2ig = 1) is de…ned by a bi-variate normal distribution:

P (z 1ig < x 1ig 1 ; z 2ig < x 2ig 2 ) = u 1ig Z 1 u 2ig Z 1 (x 1ig 1 ; x 2ig 2 ; )du 1ig du 2ig = (x 1ig 1 ; x 2ig 2 ; ); (9) 
where ( ) and ( ) denote the standardized bi-variate normal density and the associated distribution function, respectively.

A further step in the speci…cation of the model consists of accounting for the potential endogeneity between our set of regressors and the individual error terms. If we assume that unobserved individual-speci…c e¤ects are in place, and denote them with e kig (k = 1; 2), the speci…cation of the bi-variate latent model is: 

In linear models e kig could be eliminated through …rst di¤erence estimation or via a withintransformation. The non-linear form we consider does not allow us to take this route. Pursuing a dummy variable approach is not advisable either, for two main reasons: (i) the potential loss of too many degrees of freedom, and (ii) the incidental parameters problem, which would lead to inconsistent estimates. In the attempt to control for the correlation between x kig;t and e kig , we follow Mundlak (1978), who proposes a modi…ed random e¤ects model where unobservable e¤ects are assumed to be normally distributed, conditional on the covariates.

This translates into a "within" estimator in the random e¤ects framework. When the error 11 distribution is symmetric, the GLS estimator resulting from such a speci…cation is identical to the …xed e¤ect estimator of the basic model. As discussed by Hsiao (2003), this is an unbiased estimator. Wooldridge (2002) stresses that the inclusion of time averages of the covariates allows for a consistent estimation of all parameters in the pooled probit analysis.

Thus, we extend this approach to our bi-variate model, assuming:

u kig;t jx kig;t v N (0; 2 ku ); (12) 
e kig jx kig;t v N (x kig k ; 2 ke ); (13) 
x kig = T 1 P T t=1 x kig;t ; k = 1; 2: (14) 
Finally, a word of caution is in order about the importance of estimating cluster-robust standard errors in a pooled regression. We control for the correlation of responses given by the same individual over time by clustering repeated observations with respect to the panel personal identi…cation number. This allows us to account for cases in which the assumption of independently and identically (normally) distributed errors is violated.

Estimation Results

Table 4 reports the results from the estimation of the bi-variate probit model with correlated error terms and the two distinct univariate probit models for the individual responses to satisfaction and attachment. The marginal e¤ects associated with the explanatory variables for the entire probability space are reported in Table 5: the last two columns of the table also report the marginal e¤ects of the model with no unobservable correlated components in the error term.

[Table 4 about here]

[Table 5 about here]

The 4). This is also the case when accounting for the presence of unobservable e¤ects at the individual level: the estimation results and marginal e¤ects for this case are reported in Tables 6 and7, respectively.

[Table 6 about here]

[Table 7 about here]

This evidence indicates that satisfaction and attachment display some correlation that cannot be entirely accounted for by the inclusion of endogenous, exogenous and contextual effects. Consequently, both neighborhood satisfaction and attachment are seen as tapping both cognitive and a¤ective aspects of individuals' responses to their neighborhoods, as initially conjectured. From a purely statistical viewpoint, a positive and statistically signi…cant ^ indicates a positive and interactive correlation between the two dependent variables, suggesting that it is potentially harmful to explore them in a separate fashion. An alternative way to interpret a statistically signi…cant correlation between the error terms is to think about the impact of other determinants of neighborhood satisfaction and attachment that may not be taken to the model, although they a¤ect the dependent variables. Therefore, ruling out the assumption of correlated disturbances may potentially bias our estimates.

Endogenous and Contextual E¤ects

The econometric analysis shows that endogenous group e¤ects proxied by the average degrees of neighborhood satisfaction and attachment are crucial determinants of individual preferences. The average degree of satisfaction with the neighborhood exerts a positive e¤ect on the probability that the i th individual in the g th neighborhood is satis…ed. This is in line with recent works on neighborhood conditions that emphasize the role played by neighborhoods in shaping individual and social outcomes. [START_REF] Ginther | Neighborhood attributes as determinants of children's outcomes: how robust are the relationships?[END_REF] We also …nd that the impact of the average degree of attachment exerts a positive e¤ect on neighborhood satisfaction. This evidence is con…rmed by the associated marginal e¤ect: the joint probability of responding "Yes, I like my neighborhood and I prefer to stay" increases substantially (93.8%) following a marginal increase in the average number of neighbors that prefer to stay (see Table 5), thus indicating that variations in the average degree of attachment act as a potent multiplier of both individual satisfaction and attachment. As to the e¤ect of group-level average satisfaction with the neighborhood, its marginal e¤ect is negative, but not statistically signi…cant when …xed e¤ects à la Mundlak (1978) are not accounted for.

Otherwise, when these are modeled (see Table 7), the e¤ect is still negative but statistically signi…cant (-14,8%). Thus, it is likely that unobservable e¤ects are particularly relevant in determining the impact of the average degree of satisfaction on the joint probability to be satis…ed with and attached to the neighborhood. Endogeneity may in fact arise as a consequence of computing neighborhood satisfaction at the peer-group level as the cross-sectional average of individual satisfaction, while omitting to account for a time-invariant component at the individual level that potentially a¤ects the average measure. [START_REF] Glaeser | The economic approach to social capital[END_REF] From a conceptual viewpoint we could interpret a negative relationship as indicating that there is substantial divergence between the individual and peer-group assessment on the two domains (attachment and satisfaction) on which respondents express their attitudes towards the neighborhood. This somewhat counter-intuitive evidence might signal that the a¤ective evaluation of one's neighborhood acts as a stronger determinant of individuals'attitudes, compared to the cognitive assessment at the group level, so that preferences expressed by peers on these grounds are less likely to be driving the average individual's a¤ective evaluation.

As expected on a priori grounds, the impact of the contextual e¤ects suggests that externalities such as crime or vandalism, pollution, and noise have a negative impact on both 

Socio-Demographic Controls at the Individual and Group Level

Overall, the impact of socio-demographic factors is statistically signi…cant only at the individual level, whereas neighbors' average socio-demographic background does not generally contribute to the formation of social capital and, in turn, to attachment and satisfaction with the neighborhood. The only exception is represented by the real personal income at the neighborhood level, which exerts a positive impact on the probability of being satis…ed with the neighborhood, while having no e¤ect on neighborhood attachment. Intuitively, the higher average income, the higher the probability that members of the neighborhood enjoy living in a wealthy area. This view is supported by recent evidence on the impact of income on measures of satisfaction and emotional well-being (Kahneman and Deaton, 2010), which shows that income is more closely related to measures of overall satisfaction. In addition, there is widespread evidence showing that residents of wealthy areas generally report their neighborhood to be healthier, with higher sense of community, higher quality of life and lower crime rates Previous studies have identi…ed the importance of personal and household characteristics for residential mobility (Speare et al., 1982; Varady, 1983). In particular, age, marital status, educational attainment and job type are found to have signi…cant e¤ects on the preference to stay. It is not surprising that younger people are more likely to move, so as to pursue new economic or educational opportunities (Lichter et al., 1995). The impact of age on attachment o¤ers an interesting picture. Being in the 25-34 age interval reduces by about 4% (with respect to respondents in the reference age interval) the joint probability of being attached and satis…ed with the neighborhood. Both the bi-variate and the univariate probit models highlight a negative e¤ect on attachment. This is also the case when individual unobservable e¤ects à la Mundlak (1978) are accounted for (see Table 7). Having most of their life ahead, respondents in this age class are likely to have the ambition to improve their social position, experience new places and move elsewhere. Tables 5 and 7 also suggest that elderly people are associated with higher probabilities to be attached and satis…ed with the neighborhood. This can result from the fact that elderly respondents tend to attach a higher weight to personal and social stability, compared to their younger counterparts. The expected marginal e¤ect estimated for the category "Age over 65" is rather strong, implying a positive change in the joint probability of responding "Yes, I like my neighborhood and I prefer to stay", which ranges from 12.8% to 13.6%, depending on whether quasi-…xed e¤ects are considered or not. This e¤ect is expected on a priori grounds, as habits, unwillingness to be subject to the hurly-burly of moving out, together with the di¢ culty to get in touch with friends among the neighbors renders moving out of the neighborhood a harder decision for old people. Moreover, the sense of community in the elderly population is likely to acquire higher importance compared to people in other age intervals. Overall, we con…rm previous evidence showing how di¤erent stages in the life cycle are important in in ‡uencing the propensity to move (see Harbison, 1981; Lee et al., 1994).

As to the role of the marital status, being married is associated with a higher probability 16

Page 17 of 37 http://mc.manuscriptcentral.com/cres Email: regional.studies@fm.ru.nl ). A possible explanation comes from the fact that separated and divorced respondents tend to opt for smaller or otherwise less attractive housing, often due to the emergence of …nancial constraints (induced, for example, by a drop in the household disposable income, the occurrence of legal costs, etc.).

Regional

Also respondents characterized by graduate or professional training beyond the college are less likely to be attached to their neighborhood than those with lower education. This is generally the case as more educated people are meant to be culturally open-minded and incline to experience di¤erent environments. These are generally keen to change neighborhood, even after controlling for individual income.

Inter-personal and Social E¤ects at the Individual and Group

Level

Among the set of variables capturing inter-personal e¤ects at the neighborhood level, the average availability of someone providing assistance in the event of a crisis/emergency exerts a positive e¤ect on individual attachment to the neighborhood, while having no statistically meaningful e¤ect on individual neighborhood satisfaction, as reported in Table 5. In general, a marginal increase in the average availability of assistance exerts the following e¤ects: (i) it increases the joint probability of being satis…ed with and attached to the neighborhood; (ii) it reduces the joint probability of being satis…ed and unattached; (iii) it increases the marginal probability of being attached. a¤ected by the presence of a broad network of social ties at the neighborhood level. This evidence complements the …ndings of Kan (2007), who shows that the availability of emergency assistance to a household from someone living nearby does deter the household from moving, with a stronger negative e¤ect on long-distance mobility than short-distance mobility. Our results carry important additional information compared to the evidence of this paper, as we are able to disentangle the individual from the social impact of help availability or assistance.

To account for the e¤ect exerted by the tenancy status at the individual level, we control for respondents who rent an accommodation in a given neighborhood, as compared to homeowners. Furthermore, we distinguish between public and private housing renters. Table 5 shows that the expected marginal e¤ect on the joint probability of being satis…ed with and attached to the neighborhood is negative in the case of both private and public housing renters, although marginally stronger in the former case (-7% vs -5.6%). Concurrently, the marginal probability of being attached to the neighborhood is expected to decrease by 7.2% for private renters and by 4.5% for public renters. When accounting for individual unobservable e¤ects the results are rather similar, although the magnitude of the coe¢ cients is now …ltering out individual latent traits, as observed at di¤erent stages of the analysis. Overall, the reason why renters (public and private) are tendentially more mobile than homeowners and less attached to their neighborhood may be that homeownership creates incentives to improve the quality of the neighborhood, which is typically capitalized into housing values. Therefore, homeowners might be expected to be more active then renters in maintaining or improving neighborhood conditions because they will bene…t both economically and socially from these activities.

When considering the e¤ect exerted by the average share of renters in the neighborhood, indicates that factors other than homeownership may be important at the neighborhood level.

For instance, a strand of the literature (e.g., DiPasquale and Glaeser, 1999) shows that the length of residence is more important than homeownership per se in a¤ecting neighborhood satisfaction and community involvement. Our evidence complements this result, indicating that neighborhoods that are in majority composed of renters may be as good as those mainly made up of homeowners. In this respect, social factors are a crucial element. In fact, after controlling for the presence of the respondents within the same neighborhood for at least one year, a marginal increase in the share of renters (either private or social) living in the same neighborhood exerts a positive e¤ect on the joint probability of being satis…ed and attached to the neighborhood. As Table 5 shows, if the percentage of private renters increases, the joint probability to be satis…ed and attached to the neighborhood also increases by 17.7%, while the marginal e¤ect is weaker for public renters (11.2%). Also the expected marginal e¤ect on the probability of being attached re ‡ects the same pattern when comparing private to public renters (18.6% vs 10.8%). Table 7 shows that accounting for individual unobservable e¤ects does not substantially a¤ect these estimates and their relative magnitudes.

To some extent, these results may be helpful to evaluate social housing policies designed to enhance individuals'responses to their neighborhoods. Diaz-Serrano (2006) indicates that in most of the EU-15 countries lower-income dwellers feel as satis…ed with their neighborhoods as their higher income counterparts, suggesting that in these countries'governments (at the central, regional or local level) succeed in their social housing policies, since they are able to remove di¤erentials between private and social rents. In the speci…c case of the UK, such an outcome is attained because the public sector is the most important supplier in the rental market. 23 Our analysis adds to this study in at least two directions. First, we contemplate an important criterion, along with neighborhood satisfaction, represented by self-reported attachment: as discussed in Section 2, this measure allows us to account for individuals' a¤ective evaluations of their neighborhoods, which may be as important as cognitive ones, for the reasons explained above. Second, from a policy viewpoint it appears that designing incentives that promote private over public renting may be welfare improving, in consideration of the higher multiplier e¤ect on both attachment and satisfaction indicated by our estimates. In fact, such a distinctive feature may be explained by higher e¤ectiveness of private landlords in selecting their tenants, as compared with the government, whose selection criteria are mainly income-based and often abstract from other evaluations on tenants'social characteristics and their potential matching with the rest of the neighborhood.

Conclusions

This paper explores personal and social determinants of individuals'responses to their neighborhoods. To this end, we identify a cognitive and an a¤ective dimension along which individuals evaluate neighborhood quality. We then allow for various individual, social and contextual factors to a¤ect the joint determination of individual neighborhood satisfaction (the cognitive component) and attachment to the neighborhood (the a¤ective component).

We use an econometric framework that emphasizes the inter-dependence between individual preferences and the formation of social capital through di¤erent factors a¤ecting attachment and neighborhood satisfaction. Moreover, we allow for unobservable correlated e¤ects acting on individual preferences, which re ‡ect the potential overlapping between satisfaction and attachment in individuals' perception of neighborhood quality. We rely on bi-variate probit techniques, using data from the British Household Panel Survey.

Three main results are produced. First, measures of satisfaction with the neighborhood and attachment are positively correlated, although each displays signi…cant variation not explained by the other. Yet, accounting for the impact of endogenous, exogenous and contextual e¤ects does not allow us to entirely capture such correlation. This evidence lends support to our initial conjecture, as it appears that neighborhood satisfaction and attachment may tap both cognitive and a¤ective aspects of neighborhood quality. Concurrently, this result implies that exploring cognitive and a¤ective individual responses in a separate fashion may entail a substantial bias due to the omission of relevant regressors.

Second, endogenous e¤ects captured by the reference group average degrees of satisfaction and attachment are crucial determinants of individual preferences. In particular, the joint probability of being satis…ed with and attached to the neighborhood increases substantially following a marginal increase in the average number of neighbors that prefer to stay (i.e., 20 display attachment to the neighborhood). This re ‡ects the implicit observation that higher residential turnover restricts the ability of individuals to develop informal ties and friendship networks with other residents in the neighborhood, thus depleting social capital.

Third, neighborhood contextual e¤ects such as crime and vandalism, pollution and street noise display negative correlation with both dependent variables. In this respect, our estimates suggest that policies aimed at removing unfavorable contextual aspects and improve the quality of people's surroundings are likely to improve not only individuals'objective satisfaction, but also their sense of attachment, ultimately improving the overall evaluation of neighborhood quality.

Our analysis could be extended in a number of directions, which pertain to both econometric and policy-related aspects. We envisage three main avenues along which future research in this …eld could be conveniently deepened. First, as for many other social contexts, we could assume self-selection of individuals into neighborhoods, so that each individual actively decides where to live. Benabou (1993, 1996) and Durlauf (1996) have put forward frameworks that link social interactions to neighborhood choice. This usually implies that the individual error terms will be correlated with neighborhood characteristics. To control for self-selection

Durlauf and Ioannides (2010) suggest to treat group choice and behaviour within a group as a set of joint outcomes. In this respect one might argue that self-selection represents the outcome of an individual decision which depends on the social interactions that occur in all the neighborhoods over which each individual is choosing. To resolve econometrically the issue of self-selection the model necessitates the inclusions of the information on all the neighborhoods. This conditioning re ‡ects the fact that the choice of a neighborhood depends on its characteristics as well as on those of the neighborhoods that were not chosen.

Second, in the present paper we have focused on the area of residence identi…ed through postcodes. However, a di¤erent spatial range of analysis could be assumed. For instance, as stressed by Hidalgo and Hernandez (2001), attachment to and satisfaction with the neighborhood relate to di¤erent spatial scales. To complement this evidence, one could extend the analysis to see how attachment and satisfaction di¤er across households, areas of residence and cities. In fact, people can develop feelings of attachment towards places with a smaller spatial range, like a house or a street, while developing their sense of satisfaction with respect 21 Finally, it should be acknowledged that, unlike attachment, satisfaction might not provide us with a clear idea of the level of commitment that people have at improving living conditions in the neighborhood (Connerly and Marans, 1985). In fact, it is plausible to expect that people with higher attachment (induced, for instance, by the presence of a social network) should be more prone to upgrade their neighborhoods. In this respect public expenditure aimed at promoting neighborhood revitalization should not just consider the objective conditions of a certain area, but account for individuals'deep perceptions of their neighborhoods' quality. To this end future research needs to be focused on understanding to which extent attachment and satisfaction may proxy the level of commitment of incumbent residents at shaping the quality of their neighborhoods. In this respect, the availability of suitable survey and experimental data is of fundamental importance. 2. In addressing these questions, it is important to acknowledge that the distinction between satisfaction and attachment re ‡ects the standpoint of a vast literature exploring various aspects of subjective well-being (Kahneman and Deaton, 2010).

3. Individuals can derive …nancial and/or emotional support from social networks. Under this perspective, changing neighborhood is likely to deplete the stock of social capital. 11. In turn, these contain, on average, 2,500 delivery points, which are approximately equivalent to addresses.

12. For the variable proxying individual neighborhood satisfaction (attachment) the fraction of missing values is around 4.7% (5.2%).

13. We do not include standard measures of socio-economic and occupational status. This choice is justi…ed by the strong correlation of these variables with household income. 17. In the remainder we will use, with no distinction, the expressions "attachment" and "preference to stay", as the latter summarizes the variable used to proxy the former. 23. This is also the case in the Netherlands, Denmark and Ireland. Diaz-Serrano (2006) shows that analogous results can alternatively be obtained in two ways: (i) …rstly, by giving an incentive to private homeowners to o¤er their ‡ats in the rental market, which in turn implies a larger supply of dwellings for rent, and hence lower rents (this is the case of Germany); (ii) secondly, by providing housing allowances to low-income renters (this is the case of Belgium, France and Finland).
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 2 tions and social capital (see Ioannides and Zabel, 2003; Durlauf and Fafchamps, 2005; Brock and Durlauf, 2006). With reference to neighborhood e¤ects, social capital characterizes the way individual behavior is in ‡uenced by the behavior and characteristics of those who share a common resource or social space. Having friends or family members in one's .e. social networks), especially those who are geographically close and willing to help, is an example of social capital (O'Brien et al., 2005; Western et al., 2005).

  Durlauf and Fafchamps (2005) provide a broad overview of the empirical literature on social capital. In our setting, social capital indicators are further classi…ed into: (i) endogenous e¤ects induced by neighbors' attitudes/behavior (i.e., neighbors'satisfaction and attachment); (ii) inter-personal and social group e¤ects, which capture the density of inter-personal linkages and social ties developed 5

15 Page

 15 than low-income neighborhoods (Pickett and Pearl, 2001; Brisson and Usher, 2005;Ortalo-Magne and Rady, 2008). We also …nd that a marginal increase in the proportion of younger adults in the neighborhood aged 25-34 and 35-44 has a positive e¤ect on the probability that an individual is both attached to and satis…ed with the neighborhood. Typically, this is the age range in the life cycle during which many adults seek out a place to settle down and start a family. Indeed, families with young children are more likely to relate with the neighborhood in many di¤erent ways. For example, children play and socialize with the attend school in the neighborhood. The presence of children may also reinforce local organizational and social ties as sources of support. This centrality of place in the socialization process increases the importance that families with young children play in the community, thus nurturing individual attachment(Mesch and Manor, 1998).

  to the current place of residence, while exerting no statistically signi…cant e¤ects on the probability of being satis…ed with the neighborhood. This could indicate that married respondents prefer a pleasant and safe environment where they can build a stable relationship with their family. Conversely, being separated or divorced increases individuals'preference to change neighborhood, which signals the propensity of these respondents to change their life and build up a new perspective, establishing new social relationships. As a matter of fact, the positive trend in the number of separation/divorce events represents one of the main causes of a wider variation in life courses. Recent research shows the occurrence of a separation or divorce appears as one of the main determinants of residential mobility(Fischer and Malmberg, 2001

  partly reversed, compared to what is observed at the individual level. This
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 4579 See alsoDurlauf (2002). In this respect,Iyer et al. (2005) recognize the importance of pursuing a more region-speci…c approach towards examining social capital development and impacts. 6. A comprehensive list and classi…cation of the covariates is reported in Section 3. Manski (1993) considers three factors a¤ecting individual choices (i) endogenous e¤ects, intended as the propensity of an individual to conform to the average behavior in her peer group; (ii) exogenous e¤ects, i.e. those e¤ects exerted by the characteristics of the reference group; (iii) correlated e¤ects, or the propensity of the individuals who belong to the same group to behave similarly because they have similar characteristics or just face and live in the same institutional and social environment. 8. As in Blume and Durlauf (2005) we assume agents'information set to include values of other determinants within their group, as well as the equilibrium expected choice in their group. Agents are assumed to be unable to observe the choice of others or their random payo¤ terms (u kig ; k = 1; 2). Children in the original household are interviewed when they reach the age of 16. 10. The BHPS aims at providing cross-sectional population estimates for the lifetime of the study in order to facilitate longitudinal research. The BHPS provides timely data on the short-term processes of change at the individual and household level for several domains (i.e. labour markets, income, savings and wealth, household and family organization, housing, consumption, health, social and political values, education and training). For further details, please refer to the Institute for Social and Economic Research Report, University of Essex (2006).

18 . 24 Page

 1824 The selection of a discrete choice setting is also driven by a further consideration. As suggested byBlume and Durlauf (2005), whereas the re ‡ection problem highlighted byManski (1993) arises naturally in linear-in-means frameworks -producing lack of identi…cation -it does not necessarily generalize to alternative data structures such as binary choice models. The logic of the re ‡ection problem as it emerges in the linear model indicates why identi…cation does not fail in binary choice models, as the dependent discrete variable that proxies our latent variables, bounded between zero and one, cannot be linearly dependent on contextual and exogenous factors. Non-linearity is crucial in this sense.19. For more details on the implementation of bi-variate probit techniques, see Wooldridge (2002), Monfardini and Radice (2008). As to the application of these models to the analysis of social interactions, see Jaenicke (2009). Biprobit for STATA has been used to perform the estimation. 20. Note that we have reintroduced, without loss of generality, the time-subscript to account for the di¤erence between individual …xed e¤ects and other variables. 21. See, e.g., Ioannides (2002), Ioannides and Zabel (2003), Durlauf (2004).22. Once quasi-…xed e¤ects are considered, the endogeneity problem associated with this regressor is removed. Alternatively, a ceteris paribus analysis that does not account for quasi-…xed e¤ects may not allow us to determine the causal e¤ect exerted by the potentially endogenous variable (average satisfaction) on the dependent variables (individual satisfaction and attachment), the reason being that variations in the regressor re ‡ect into variations in error term, thus confounding the e¤ect of the regressor on the dependent variables.

Table 2

 2 

	reports the

  share social values and norms, thus enabling them to exert informal social control. By contrast, lower attachment to the neighborhood restricts the ability of individuals to develop informal ties and friendship networks with other residents (seeElliott et al., 1996). Lower attachment increases the likelihood that neighbors are strangers, reducing their ability to form and maintain informal social relationships, and impairing their ability to work collectively to enforce local social control, ultimately lead to the breakdown of informal social ties.
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Analogously, attachment at the individual level is positively a¤ected by its average counterpart at the neighborhood level. As a matter of fact, lower residential turnover (which should re ‡ect higher attachment) increases social integration, as well as the likelihood that neighbors know each other, watch out for each other,

  Table 7 reports the results for the case with individual latent traits that may a¤ect the propensity to receive help: we …nd that a 1% increase in the average availability of support in the neighborhood lowers the joint probability of being satis…ed with the neighborhood but unattached to it by 19.1%, while increasing the marginal probability of being attached by 17.4%. Overall, these results suggest that the average availability of help in a crisis might represent an a¤ective support of last resort that makes more convenient but not necessarily more pleasant to remain in the neighborhood. Moreover, the e¤ect of the average availability of help in a crisis is stronger than that exerted by the same covariate at the individual level, which signals that neighborhood satisfaction and attachment are predominantly
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  to places with a greater range, such as a city. This focus should help us at quantifying the importance of varying social and physical dimensions over which attachment and satisfaction develop and interact.
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  levels of mobility predict high levels of social capital(Glaeser et al., 2002). Several works have emphasized that homeownership increases with social capital as homeowners usually invest more in long-term relationships with their neighbors (see, in particular, Rohe and Stewart, 1996; DiPasquale and Glaeser, 1999). 15. See Connerly and Marans (1985). 16. All correlation coe¢ cients are between individual-level variables, with the exception of contextual e¤ects such as crime, pollution, light, street and neighbors' noise, which are measured at the neighborhood level.
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14. Social capital displays strong correlation with homeownership. Because of high transaction costs in the real estate market, homeowners tend to be relatively less mobile, and low

Table 1 :

 1 List of Variables Individuals in the BHPS are sampled using the Primary Sample Unit (PSU) area-code and are interviewed when they reach the age of 16.1) The dummy variable 'Prefer to Stay'has been built from the following BHPS question 'If you could choose, would you stay here in your present home or would you prefer to move somewhere else?': Value label 1=Stay here 2=Prefer to move.2) Contextual e¤ects denote the proportion of people in the neighborhood (PSU) responding 1=Yes to individual questions on perceived neighborhood problems for Crime, Pollution, Light, Neighbors'and Street noise.3) Social and interpersonal group e¤ects denote the proportion of people in the neighborhood (PSU) responding 1=Yes to the binary questions on Help and Religiosity or for whom the dummies related to Residence and Housing tenure are equal to 1.4) Further education comprises 'Nursing schools/Teaching Hospital', 'College of further-higher education', 'Other college or training establishment', 'Polytechnic', 'University'.
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Table 2 :

 2 Summary StatisticsThe statistics refer to variables measured at the individual level. The variable 'Real Personal Income'is the log of the average weekly real personal income. The summary statistics are de…ned over a number of 128313 observations which is the total number of observations, net of missing values.

	Variable	Means (% if counts) Std. Dev.	Min	Max
	Like Neighborhood	0.911	0.284	0	1
	Prefer To Stay	0.685	0.464	0	1
	Crime and Vandalism	0.184	0.387	0	1
	Pollution	0.078	0.268	0	1
	Not enough Light	0.064	0.245	0	1
	Street Noise	0.164	0.370	0	1
	Neighbors'Noise	0.108	0.310	0	1
	Help in a Crisis	0.210	0.407	0	1
	Religious	0.628	0.483	0	1
	Same Residence Previous Year	0.858	0.349	0	1
	Homeowner	0.730	0.443	0	1
	Private Housing Renter	0.081	0.273	0	1
	Public Housing Renter	0.187	0.390	0	1
	Age 16-24	0.118	0.323	0	1
	Age 25-34	0.162	0.368	0	1
	Age 35-44	0.184	0.387	0	1
	Age 45-54	0.150	0.357	0	1
	Age 55-64	0.123	0.329	0	1
	Age over 65	0.196	0.397	0	1
	Male	0.456	0.498	0	1
	Single	0.263	0.440	0	1
	Married	0.550	0.498	0	1
	Separated/Divorced	0.106	0.307	0	1
	Widowed	0.082	0.274	0	1
	Number of Children	0.538	0.950	0	9
	Higher Education	0.381	0.486	0	1
	Real Personal Income	8.987	1.143	-1.514	13.957

Notes:

Table 3 :

 3 Pairwise Correlations Between the Dependent Variables and Each Covariate

		Like Neighborhood Prefer To Stay
	Like Neighborhood	1.00	0.30
	Prefer To Stay	0.30	1.00
	Crime and Vandalism	-0.21	-0.17
	Pollution	-0.09	-0.11
	Not enough Light	-0.09	-0.10
	Street Noise	-0.15	-0.18
	Neighbors'Noise	-0.19	-0.20
	Help in a Crisis	0.02	0.02
	Religious	0.03	0.09
	Same Residence Previous Year	0.01	0.01
	Homeowner	0.12	0.10
	Private Housing Renter	-0.01	-0.07
	Public Housing Renter	-0.13	-0.07
	Age	0.05	0.19
	Male	0.02	-0.01
	Married	0.04	0.06
	Single	-0.04	-0.10
	Separated/Divorced	-0.03	-0.05
	Widowed	0.02	0.11
	Number of Children	-0.03	-0.06
	Higher Education	0.03	-0.03
	Real Personal Income	0.04	0.01
	Notes: All correlation coe¢ cients are between individual-level variables, with the exception of the
	contextual e¤ects for crime, pollution, light, street and neighbors'noise, which are measured
	at the neighborhood level.		

Table 4 :

 4 Model Estimates Standard errors in parentheses. Robust clustered errors for repeated observations by individuals.

			Bi-variate Probit			Probit Models	
		Like Neighborhood Prefer To Stay	Like Neighborhood Prefer To Stay
		Coe¢ cient S:E:	Coe¢ cient S:E:	Coe¢ cient S:E:	Coe¢ cient S:E:
	Neighborhood Level								
	Endogenous Group Effects (z g )							
	Like Neighborhood	3.411***	(0.219) -0.827***	(0.204)	3.529***	(0.224) -0.834***	(0.204)
	Prefer To Stay	0.345**	(0.139)	2.889***	(0.122)	0.275*	(0.142)	2.892***	(0.122)
	Contextual Effects ( g )								
	Crime and Vandalism	-0.446***	(0.015) -0.311***	(0.013)	-0.455***	(0.015) -0.308***	(0.013)
	Pollution	-0.074***	(0.022) -0.140***	(0.019)	-0.071***	(0.022) -0.140***	(0.019)
	Not enough Light	-0.209***	(0.022) -0.255***	(0.020)	-0.210***	(0.022) -0.254***	(0.020)
	Street Noise	-0.242***	(0.016) -0.273***	(0.014)	-0.236***	(0.016) -0.273***	(0.014)
	Neighbors'Noise	-0.457***	(0.017) -0.494***	(0.016)	-0.459***	(0.017) -0.490***	(0.016)
	Interpersonal and Social group Effects ( g )						
	Help in a Crisis	-0.392	(0.346)	0.578*	(0.300)	-0.478	(0.352)	0.593**	(0.300)
	Religious	-0.032	(0.079) -0.200***	(0.070)	-0.034	(0.080) -0.201***	(0.070)
	Same Residence Previous Year -0.043	(0.328)	0.245	(0.289)	-0.024	(0.332)	0.224	(0.289)
	Private Housing Renter	0.111	(0.170)	0.539***	(0.149)	0.099	(0.173)	0.545***	(0.149)
	Public Housing Renter	0.250***	(0.093)	0.313***	(0.081)	0.232**	(0.095)	0.310***	(0.081)
	Socio-Demographic Group Controls (w g )							
	Age 25-34	0.446	(0.283)	0.711***	(0.239)	0.455	(0.288)	0.721***	(0.240)
	Age 35-44	0.086	(0.293)	0.502**	(0.249)	0.091	(0.297)	0.503**	(0.250)
	Age 45-54	0.069	(0.364)	0.321	(0.304)	0.081	(0.369)	0.338	(0.304)
	Age 55-64	0.026	(0.322)	0.219	(0.284)	0.053	(0.331)	0.239	(0.284)
	Age over 65	0.007	(0.255)	0.126	(0.213)	0.032	(0.256)	0.134	(0.214)
	Male	-0.353*	(0.207) -0.060	(0.176)	-0.367*	(0.213) -0.059	(0.176)
	Married	-0.060	(0.164) -0.204	(0.143)	-0.109	(0.165) -0.203	(0.143)
	Separated/Divorced	0.175	(0.232)	0.209	(0.208)	0.105	(0.236)	0.211	(0.208)
	Widowed	-0.165	(0.292) -0.334	(0.252)	-0.255	(0.294) -0.336	(0.253)
	Number of Children	0.020	(0.066)	0.012	(0.059)	0.023	(0.067)	0.014	(0.059)
	Higher Education	0.019	(0.096)	0.130	(0.084)	0.003	(0.098)	0.124	(0.084)
	Real Personal Income	0.179***	(0.066)	0.013	(0.057)	0.189***	(0.067)	0.013	(0.058)
	Individual Level								
	Interpersonal and Social Effects ( ig )							
	Help in a Crisis	0.067***	(0.020)	0.070***	(0.015)	0.069***	(0.020)	0.071***	(0.015)
	Religious	0.059***	(0.017)	0.083***	(0.015)	0.058***	(0.018)	0.084***	(0.015)
	Same Residence Previous Year 0.050***	(0.014)	0.013	(0.010)	0.049***	(0.014)	0.012	(0.010)
	Private Housing Renter	-0.068***	(0.025) -0.201***	(0.021)	-0.069***	(0.026) -0.201***	(0.021)
	Public Housing Renter	-0.255***	(0.020) -0.128***	(0.019)	-0.261***	(0.021) -0.128***	(0.019)
	Socio-Demographic Controls (w ig )							
	Age 25-34	0.020	(0.020) -0.129***	(0.017)	0.015	(0.021) -0.128***	(0.017)
	Age 35-44	0.038*	(0.023)	0.001	(0.018)	0.032	(0.023)	0.001	(0.018)
	Age 45-54	-0.024	(0.024)	0.115***	(0.020)	-0.027	(0.025)	0.115***	(0.020)
	Age 55-64	0.039	(0.027)	0.196***	(0.022)	0.029	(0.028)	0.197***	(0.022)
	Age over 65	0.161***	(0.030)	0.437***	(0.025)	0.142***	(0.030)	0.435***	(0.025)
	Male	0.041**	(0.016) -0.016	(0.014)	0.040**	(0.017) -0.015	(0.014)
	Married	0.021	(0.022)	0.043**	(0.018)	0.024	(0.022)	0.043**	(0.018)
	Separated/Divorced	-0.040	(0.028) -0.082***	(0.024)	-0.040	(0.028) -0.081***	(0.024)
	Widowed	0.107***	(0.041)	0.313***	(0.035)	0.094**	(0.042)	0.308***	(0.035)
	Number of Children	-0.016*	(0.009) -0.001	(0.008)	-0.021**	(0.009) -0.001	(0.008)
	Higher Education	0.045***	(0.017) -0.053***	(0.015)	0.045**	(0.018) -0.052***	(0.015)
	Relative Personal Income	0.021***	(0.006) -0.016***	(0.005)	0.019***	(0.006) -0.015***	(0.005)
	Region Dummies								
	England	0.190***	(0.053) -0.024	(0.045)	0.177***	(0.053) -0.023	(0.045)
	Wales	0.187***	(0.054) -0.024	(0.045)	0.180***	(0.054) -0.023	(0.046)
	Scotland	0.217***	(0.052) -0.033	(0.044)	0.206***	(0.052) -0.031	(0.044)
	Constant	-3.315***	(0.651) -1.236**	(0.567)	-3.394***	(0.662) -1.233**	(0.569)
	Year Dummies 1996-2005								
			0.514		-		-	
			3370		-		-	
	Pr ob > 2		0			-		-	
	Log-Likelihood		-101659		-33918		-71273	
	Wald 2		9691		5136		6765	
	Degrees of freedom		106		53		53	
	Pr ob > 2		0			0		0	
	Observations		128313		128313	128313
	Number of Clusters		23258		23258		23258	
	Signi…cance Level at *** 1%, **5%, *10%							
	Notes:								

Table 5 :

 5 Average Marginal E¤ectsp(z 1 = 1 [ z 2 = 1) p(z 1 = 1 [ z 2 = 0) p(z 1 = 0 [ z 2 = 1) p(z 1 = 0 [ z 2 = 0) p(z 1 = 1) p(z 2 = 1)

	dy=dx	dy=dx	dy=dx	dy=dx	dy=dx	dy=dx
	Neighborhood Level					
	Endogenous Group Effects (z g )					

Table 6 :

 6 Model Estimates with Individual Unobservable E¤ects

			Bi-variate Probit			Probit Models	
		Like Neighborhood Prefer To Stay	Like Neighborhood Prefer To Stay
		Coe¢ cient S:E:	Coe¢ cient S:E:	Coe¢ cient S:E:	Coe¢ cient S:E:
	Neighborhood Level								
	Endogenous Group Effects (z g )							
	Like Neighborhood	3.250***	(0.219) -0.996***	(0.204)	3.367***	(0.224) -1.004***	(0.204)
	Prefers To Stay	0.268*	(0.140)	2.801***	(0.122)	0.200	(0.143)	2.802***	(0.123)
	Contextual Effects ( g )								
	Crime-Vandalism	-0.289***	(0.015) -0.176***	(0.011)	-0.298***	(0.015) -0.174***	(0.011)
	Pollution	-0.092***	(0.022) -0.079***	(0.017)	-0.094***	(0.022) -0.078***	(0.017)
	Not enough Light	-0.121***	(0.022) -0.111***	(0.017)	-0.128***	(0.023) -0.110***	(0.017)
	Street Noise	-0.164***	(0.017) -0.158***	(0.013)	-0.161***	(0.017) -0.157***	(0.013)
	Neighbors'Noise	-0.293***	(0.018) -0.315***	(0.015)	-0.295***	(0.018) -0.311***	(0.015)
	Interpersonal and Social group Effects ( g )						
	Help in a Crisis	-0.395	(0.349)	0.504*	(0.303)	-0.477	(0.355)	0.519*	(0.303)
	Religious	-0.065	(0.079) -0.225***	(0.070)	-0.074	(0.080) -0.226***	(0.070)
	Same Residence Previous Year -0.360	(0.331) -0.072	(0.292)	-0.331	(0.335) -0.098	(0.293)
	Private Housing Renter	0.085	(0.172)	0.550***	(0.151)	0.079	(0.175)	0.558***	(0.151)
	Public Housing Renter	0.213**	(0.095)	0.264***	(0.082)	0.193**	(0.096)	0.262***	(0.083)
	Socio-Demographic Group Controls (w g )							
	Age 25-34	0.464	(0.285)	0.768***	(0.240)	0.488*	(0.290)	0.782***	(0.241)
	Age 35-44	0.041	(0.296)	0.510**	(0.250)	0.038	(0.299)	0.511**	(0.251)
	Age 45-54	-0.001	(0.364)	0.293	(0.305)	-0.001	(0.369)	0.314	(0.305)
	Age 55-64	-0.007	(0.323)	0.245	(0.285)	0.021	(0.331)	0.268	(0.285)
	Age over 65	0.034	(0.254)	0.182	(0.214)	0.068	(0.256)	0.194	(0.214)
	Male	-0.408*	(0.209) -0.080	(0.177)	-0.432**	(0.214) -0.079	(0.177)
	Married	-0.065	(0.163) -0.240*	(0.144)	-0.108	(0.164) -0.240*	(0.144)
	Separated/Divorced	0.244	(0.231)	0.280	(0.208)	0.185	(0.234)	0.285	(0.208)
	Widowed	-0.175	(0.291) -0.363	(0.253)	-0.274	(0.293) -0.364	(0.253)
	Number of Children	0.024	(0.066)	0.014	(0.059)	0.028	(0.067)	0.017	(0.059)
	Higher Education	0.035	(0.096)	0.138*	(0.084)	0.020	(0.098)	0.133	(0.084)
	Real Personal Income	0.165**	(0.066) -0.002	(0.057)	0.175***	(0.068) -0.001	(0.058)
	Individual Level								
	Interpersonal and Social Effects							

Table 7 :

 7 Average Marginal E¤ects with Individual Unobservable E¤ectsp(z 1 = 1 [ z 2 = 1) p(z 1 = 1 [ z 2 = 0) p(z 1 = 0 [ z 2 = 1) p(z 1 = 0 [ z 2 = 0) p(z 1 = 1) p(z 2 = 1)

	2	0	-	-
	Log-Likelihood	-100892	-33604	-70666
	Wald 2	9817	5249	6758
	Degrees of freedom	134	67	67
	Pr ob > 2	0	0	0
	Observations	128313	128313	128313
	Number of Clusters	23258	23258	23258

Signi…cance Level at *** 1%, **5%, *10%. Robust clustered errors for repeated observations by individuals.
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