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Leveling the playing field is an important policy instrument to guarantee an equitable competition among heterogeneous individuals. However, the incentive effects of those policies are usually not explicitly addressed in empirical studies. In this paper the performance in amateur golf tournaments is analyzed to gain insights into the incentive effects of those types of policies. The empirical analysis takes advantage of the fact that tournaments in amateur golf are of two distinctive types that apply different scoring rules: While one scoring rule is based on gross scores, i.e. the total number of strokes of a player, the second scoring rule is based on net scores where the total number of strokes is normalized with respect to the respective player's handicap. Performance comparisons of players that participated in both types of tournaments suggest that leveling the playing field, as in tournaments based on net score, has positive and significant performance effects.

Introduction

Competitive social situations are frequently interpreted as contests or tournaments where individuals compete for fixed prizes by exerting non-refundable effort. By now there exists an extensive theoretical literature that explicitly addresses the incentive structure that is created in such situations, see [START_REF] Konrad | Strategy and Dynamics in Contests[END_REF] and the relevant sections in [START_REF] Lazear | Personnel Economics[END_REF]. Theoretical predictions from this literature also proved to have predictive power as shown in a number of empirical studies, especially in the area of labor compensation, see [START_REF] Prendergast | The Provision of Incentives in Firms[END_REF] for a survey, sports tournaments, see [START_REF] Malueg | Testing Contest Theory: Evidence from Best-of-three Tennis Matches[END_REF] for a recent study, but also in laboratory experiments, see [START_REF] Schotter | Asymmetric Tournaments, Equal Opportunity Laws, and Affirmative Action: Some Experimental Results[END_REF] for an example.

As the winner of a tournament is determined based on relative performance, the heterogeneity of the players' field will be an important determinant of individual performance. Theoretical studies predict (in line with common intuition) that increased heterogeneity among players reduces the competitive pressure and consequently weakens the underlying incentive structure that is present in such situations. Hence, the implementation of policies that level the playing field (by favoring weak players or handicapping strong players) should increase incentives to exert effort and result finally in enhanced performance. 2 This theoretical prediction has important policy implications in contexts where those types of policies are in fact implemented, for instance affirmative action programs, promotion tournaments within firms, public procurement auctions, etc.

However, empirical studies that explicitly address the incentive effects of heterogeneity are relatively scarce due to lack of available data or problems of 2 The underlying intuition is confirmed by several theoretical studies based on different frameworks, for instance, rank-order tournaments in [START_REF] Lazear | Rank-Order Tournaments as Optimum Labor Contracts[END_REF] and the related experimental study in [START_REF] Schotter | Asymmetric Tournaments, Equal Opportunity Laws, and Affirmative Action: Some Experimental Results[END_REF], optimal auctions in [START_REF] Myerson | Optimal Auction Design[END_REF] and [START_REF] Mcafee | Government Procurement and International Trade[END_REF], as well as rent-seeking contests in [START_REF] Tullock | Efficient Rent Seeking[END_REF], [START_REF] Stein | Asymmetric rent-seeking with more than two contestants[END_REF], [START_REF] Dasgupta | Designing an Optimal Contest[END_REF]. Theoretical studies from the related literature on affirmative action are [START_REF] Fu | A Theory of Affirmative Action in College Admissions[END_REF] and [START_REF] Franke | Does Affirmative Action Reduce Effort Incentives? A Contest Game Analysis[END_REF]. performance measurement. 3 A recent exception is [START_REF] Brown | Quitters Never Win: The (adverse) Incentive Effects of Competing with Superstars[END_REF] where the empirical analysis of PGA golf tournaments reveals the discouraging effects of a participating superstar (which indicates a more heterogeneous playing field): Performance of professional golf players is significantly lower in tournaments where Tiger Woods participates in comparison to tournaments where Tiger Woods is absent.

In the subsequent text an empirical analysis of amateur golf tournaments is presented to address the question whether a systematic leveling of the playing field has performance enhancing effects. Amateur golf is especially suited for this kind of analysis because there are two distinctive types of tournaments that apply different scoring rules to determine the winner of the respective tournament:

1. Tournaments based on gross score, i.e. the total number of strokes that a player needs to finish all the holes of the respective golf course.

2. Tournaments based on net score where the total number of strokes of a player is normalized by taking into account the respective "handicap" of a player (an average measure of its past performance).

As the calculation of the net score takes into account the past performance of the respective players, weak players can compete against strong players on an equal footing.

Hence, in tournaments based on net score the playing field can be considered as being fully balanced. 4 This unique feature of amateur golf tournaments makes it possible to identify the incentive effects of leveling the playing field on an individual level. The fact that players participate in both types of tournaments implies that the incentive effects of leveling the playing field can be derived by comparing individual performance under the two scoring rules. Hence, the empirical strategy is based on a within-subject design The empirical analysis of golf tournaments has a number of additional advantages, for instance, data availability and a convenient measure of individual effort (i.e. total number of strokes). Therefore, some empirical studies use data from professional golf tournaments to verify different theoretical predictions from the tournament literature: Ehrenberg andBognanno (1990a, 1990b) verify the incentive enhancing effects of larger tournament prizes, [START_REF] Pope | Is Tiger Woods Loss Averse? Persistent Bias in the Face of Experience, Competition, and High Stakes[END_REF] find evidence for loss aversion of golf players, while [START_REF] Guryan | Peer Effects in the Workplace: Evidence from Random Groupings in Professional Golf Tournaments[END_REF] show that there is no evidence for direct peer effects among tournament participants. However, an analysis of systematically leveling the playing field as it is applied in amateur golf tournaments has not been carried out so far.

The rest of the paper is structured as follows: In section 2 the two different tournament types in amateur golf and the respective scoring rules are discussed. Section 3 contains a description of the data set. The empirical analysis is carried out in section 4, while section 5 concludes. A description of the used explanatory variables, as well as alternative econometric specifications are provided in the Appendix.

Amateur Golf Tournaments

The two mentioned tournament types in amateur golf are distinct with respect to the applied scoring rule. The first scoring rule, applied in 'gross tournaments', is based on the total number of strokes (gross score) that a player scores at all the holes of the respective tournament course. The respective winner of a gross tournament is that player with the lowest gross score; hence, absolute performance is the decisive measure in this type of tournament. The scoring rule based on gross score is generally applied in professional golf tournaments but also in some amateur tournaments.

The second scoring rule that is applied in 'net tournaments' is not only based on the gross score but also takes into account the individual 'handicap' (a proxy for the Besides the different scoring rules there exists another difference between professional and amateur golf: Monetary prizes are generally prohibited in amateur golf. 8 Hence, the motivation of amateur players to participate in tournaments is based on non-monetary incentives and intrinsic motivation, for instance the prestige of winning. 9 Additionally, participation in tournaments is the only way for a player to improve (or worsen) its official personal handicap. Moreover, even in professional golf tournaments where monetary prizes are substantive, the empirical results regarding incentive effects of monetary prizes are rather mixed. 10 Hence, the empirical analysis based on data from amateur tournaments is not confounded by the ambiguous role of monetary incentives and relies instead on direct measurable performance differences between two different scoring rules.

The Data

The data set consists of tournament results of 94 players from the same golf club that participated in 240 tournaments in a period of five months in 2008. Of those 240 7 In contrast, the gross score, i.e. the absolute number of strokes, is not available for net tournaments.

8 The rules on amateur golf are very explicit with respect to accepting prizes of monetary or material value: An amateur golf player that accepts such a prize will immediately loose her/his amateur status which implies that she or he is excluded from participation in any future amateur golf tournament. 9 The roles and implications of non-monetary incentives have been extensively analyzed in several experimental studies, see [START_REF] Fehr | Psychological Foundations of Incentives[END_REF] for a survey.

10 While Ehrenberg and Bognanno (1990a) derive significantly positive incentive effects of larger prizes, this result is questioned by [START_REF] Orszag | A new Look at Incentive Effects and Golf Tournaments[END_REF]. He does not find significant effects of the total prize sum which is also confirmed by [START_REF] Brown | Quitters Never Win: The (adverse) Incentive Effects of Competing with Superstars[END_REF].

6 

Empirical Analysis

Based on the theoretical literature already mentioned, tournaments with a leveled playing field should induce higher competitive pressure and therefore lead to increased performance by the participating players. Hence, the theoretical prediction is that the performance of a player that competes in net tournaments should be significantly higher than of the same player competing in gross tournaments. 

Frequency

This simple comparison suggests that leveling the playing field does in fact spur competitive pressure and hence performance. The subsequent regression analysis confirms this observation by additionally controlling for player and tournament specific characteristics as well as other unobserved heterogeneity among players or tournaments.

The following final-score equation is estimated, based on the specification introduced in Ehrenberg and Bognanno (1990a), where additionally the variable of interest, TYPE, is included: As the focus of this analysis is the effect of leveling the playing field with respect to performance, the relevant coefficient in the regression is 1 α for the regressor TYPE.

ijt t j i j ijt Z Y X TYPE SCORE ν α α α α α + + + + + = 4 3
Incentive enhancing effects of a leveled playing field would result in a positive coefficient 1

α . This is in fact the case in the two specifications: In the pooled OLS specification no. (1) the coefficient is 1.312 and significant at 5 percent. Note however, that the pooled OLS estimator is only consistent if the error term is not correlated with the regressors. A robust Hausman test strongly rejects this assumption (at p-values of 0.000). Hence, the preferred specification is the fixed effect approach, as presented in no.

(2) and (3). Here, the coefficient is slightly larger than before with higher significance level in specification no. (3). 12 These results imply that a player that participates in a net tournament has a significantly higher performance of 1.3 to 1.5

Stableford score points in comparison to a gross tournament, i.e. the player needs roughly 1.3 -1.5 strokes less if she/he competes in tournaments where the playing field is leveled. This is a substantive difference in performance in a usual PAR 72 course where the differences between first and second rank frequently amount to just one or two Stableford points. for to some extent. The estimation results are also robust with respect to alternative estimation techniques, i.e. Poisson regressions, which would be the appropriate approach if the Stableford score is interpreted as a count variable, see specification no.

(6) and ( 7) in Table A2 in appendix 2.

An additional remark with respect to the potential issue of self-selection of players should be in order at this point. The variable THANDICAP is not significant in the fixed effects specification, which suggests that the heterogeneity of the playing field among the two tournament types does not play an important role. 13 Moreover, the results of a random effects estimation based on tournament specific effects confirm the derived results in the sense that coefficient 1 α remains positive and significant also in this alternative specification, see specification no. (5) in table A2 in appendix 2. Both observations indicate that the differences in performance between the two tournament types are not driven by systematic differences in handicap due to self-selection of players into the respective tournament types.

An obvious question of interest is whether players of different handicap levels show identical performance differences in net vs. gross tournaments. To address this question, the estimations from specification no. ( 1 to players with lower handicap. Although to a lesser extent, the general tendency is also preserved for players with lower handicap.

Concluding Remarks

By now there exists ample theoretical and empirical evidence for the adverse incentive effects of large skill or ability differences in tournament-like situations. Based on this well established relation between incentives and heterogeneity a potential policy recommendation would be to (artificially) reduce the underlying heterogeneity of the participating agents to rebuild competitive pressure and spur effort exertion. Policies of balancing the playing field are frequently applied, for instance as affirmative action policies, in sports tournaments, public procurement auctions etc. 14

The empirical approach presented here analyzes the consequences of those types of policies based on data from amateur golf tournaments. It thereby uses a unique feature of amateur golf tournaments to identify the incentive effects of balancing the playing field based on two different types of tournaments that apply different normalized measures of individual player performance. The empirical results suggest that the same set of players that competes in tournaments with a balanced playing field exerts significantly more effort in comparison to tournaments where the playing field is not balanced.

Hence, besides guaranteeing competition on an equitable basis this study indicates that there are also incentive enhancing effects of this type of policy. A potential limitation of the study could be the fact that tournaments in amateur golf are not incentivized by monetary rewards. Although previous empirical studies found rather mixed evidence with respect to monetary incentives, further research in high-stakes environments would be a valuable contribution to investigate the robustness of these results.

14 Some empirical studies that analyze those types of policies based on firm specific data from public procurement auctions are [START_REF] Marion | Are Bid Preferences Benign? The Effect of Small Business Subsidies in Highway Procurement Auctions[END_REF] and [START_REF] Krasnokutskaya | Determinants of the Participation Decision in Highway Procurement Auctions[END_REF].
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  methods. The inclusion of additional information about tournament and player characteristics controls for other player or tournament specific factors that might affect performance.

  individual skill or ability) 5 of the respective player. This is achieved by constructing for each tournament an individually adjusted benchmark, the so called 'playing or course handicap' 6 which is based on the individual handicap of a player in combination with a measure of the difficulty of the respective golf course. Hence, players with different skills might have different course handicaps at the same hole. The net score of a player is obtained by comparing the number of strokes that a player obtains at a specific hole with the individual course handicap for that hole. Negative differences indicate better relative performance (in comparison to the individual handicap) and are rewarded with so called Stableford points on a hole by hole-basis. The Stableford points obtained at each hole along the tournament course are then summed up to yield the final Stableford score of a player. The winner of a net tournament is that player with the highest Stableford score, i.e. the player with the highest relative performance. Hence, the playing field in net tournaments can be interpreted as being perfectly balanced because different ability or skill levels of the players are balanced through the inclusion of the individual handicap into the Stableford scoring rule.The Stableford score is the decisive measure for net tournaments. Moreover, it is routinely calculated also for gross tournaments by the player's golf club to provide the actual updated handicap of the respective player. Handicap updating is carried out after each tournament participation based on the obtained Stableford score. Hence, the golf club has information on the individual performance of its members expressed as Stableford score for each tournament (irrespective of the applied scoring rule) in which participated. This facilitates the performance comparison between net and gross tournaments as the Stableford score is a convenient and normalized performance measure that is available for both types of tournaments. 7 If leveling the playing field has incentive enhancing effects then the Stableford score obtained in net tournaments should be significantly higher than in gross tournaments.

  Figure 1: Individual Performance Difference Net vs. Gross

  Most of the other variables, including all time dummies, are not significant which is not surprising since the Stableford score is calculated based on the course handicap which incorporates some tournament characteristics as well as the individual handicap such that individual and tournament specific characteristics are automatically controlled

  tournaments 64 are gross tournaments, while in the 176 remaining tournaments the playing field is leveled, i.e. these tournaments are net tournaments based on the Stableford score. All players participated at least once in both types of tournaments such that the data set has an unbalanced panel structure with, in total, 1218 observations. For each player and each tournament an observation consists of the following information: SCORE, the Stableford score of the player, the TYPE (gross or net) of the tournament, HANDICAP, a measure for ability or skill of a player, and a vector of other tournament specific characteristics (i.e. LOC, TIME, PAR, SR, and CR). Additionally, the gender (FEMALE) and the age group (AGE) can be inferred for each player, as well as the average handicap for a player (PHANDICAP) within the respective time period and the average handicap per tournament (THANDICAP) of all the players that participated in a respective tournament and on which information is available, i.e. that belong to the set of the 94 players. More detailed information about the mentioned variables including the mean and the range is provided in the summary statistics in table A1 in the appendix.
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  The Stableford score is an appropriate measure for the performance of a player taking into account the individual handicap that is available for both types of tournaments. A direct comparison between gross and net tournaments based on this measure reveals that players in net tournaments obtain on average 30.81 Stableford points compared to 30.36 Stableford points in gross tournaments. This difference of 0.45 Stableford points is relatively small and basically

	pronounced: The difference in individual average performance between net and gross
	tournaments is calculated as	Δ	i	=	x	gross i	-	x	net i	for all players i=1,…,94. In Figure 1 the
	distribution of differences		is presented. The graph suggests that the difference in
	individual average performance in net versus gross tournaments is positive which is
	confirmed by statistical tests (the mean difference across all players is 1.22 which is
	statistically different from zero with p-values of 0.000 for the t-test and 0.000 for the
	non-parametric Mann-Whitney test).				
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non-significant (p-value of 0.160 for a two-sided t-test and 0.115 for a two-sided nonparametric Mann-Whitney test). However, if the performance in gross and net tournaments is compared on an individual basis, the difference becomes more
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	where	SCORE	ijt	is the Stableford score of individual i that participated in
	tournament j at date t,	TYPE	j	is a dummy variable that indicates whether tournament j is
	a net or gross tournament, X i is a vector of individual specific characteristics (e.g.
	FEMALE, PHANDICAP and AGE), Y j is a vector of tournament specific characteristics
	(e.g. LOC, PAR, SR, CR and THANDICAP), Z t is a time dummy (for the week in which
	the tournament was played) and ijt ν is a random error term.
	Table 1 provides regression results from specifications based on pooled OLS and
	fixed effect (FE) models using robust and clustered errors 11 , including 23 week
	dummies to capture time-specific effects, for instance, weather conditions in the week in F o r which the tournament took place.
				P
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Table 1 :

 1 Regression Results

	Dependent Variable:	(1) Pooled OLS	(2) FE	(3) FE-DK
	SCORE			
	TYPE	1.300**	1.494**	1.494***
		(0.590)	(0.605)	(0.494)
	PAR	-0.195**	0.001	0.001
		(0.291)	(0.308)	(0.353)
	SR	-0.005	0.005	0.005
		(0.068)	(0.065)	(0.056)
	CR	0.483	0.221	0.221
		(0.329)	(0.300)	(0.289)
	LOC	-0.575	-0.308	-0.308
		(0.655)	(0.657)	(0.459)
	THANDICAP	-0.037	0.016	0.016
		(0.091)	(0.084)	(0.061)
	PHANDICAP	-0.181	-	-
		(0.075)		
	FEMALE	0.159	-	-
		(0.708)		

11 

In specification (3) the FE specification with clustered standard errors is modified by using Driskoll-Kraay standard errors that are robust with respect to general cross-sectional and temporal dependencies; see

Driscoll and Kray (1998)
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Table A1 :

 A1 Summary Statistics and Description of Variables

			Submitted Manuscript		Page 16 of 17
	8.	Appendix 2	
	Code		Description of Variables	Mean	Range
	TYPE		Type of tournament: 0=gross, 1=net.	0.704	0 or 1
	SCORE		Stableford score of a player for a specific	30.675	12 (worst) -
			tournament.		48 (best)
	PHANDICAP	Average handicap of a player.	14.747	4.35 (strong) -
					27.63 (weak)
	THANDICAP LOC	Average handicap of players that com-peted in the respective tournament and for which data is available Location of the tournament: 0=home course, 1=foreign course. F o r	14.812 0.319	5.6 -27.2 0 or 1
	AGE FEMALE		4 age groups: Junior, Young Senior, Senior and others that do not fall into any of the first 3 categories. P e Gender: 0=male, 1=female. e r	Junior: 0.126 Young Sen.: 0.218 Senior: 0.521 0.221	0 or 1 0 or 1 0 or 1 0 or 1
	PAR		Number of average strokes that a professional player would obtain on a specific golf course R (frequently interpreted as a measure for the length of the course). e	71.819	64 (short) -74 (long)
	SR (Slope Rate) CR (Course Rate)	Additional measure of the difficulty of the course (which incorporates aspects that are not captured by PAR) Additional measure of difficulty of the course for weak players. v i e w 126.030 71.714	113 (easy) -137 (hard) 64 (easy) -75.1 (hard)
					15
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Table A2 :

 A2 Alternative Specifications All specifications include robust standard errors in parenthesis that are clustered at the individual level; RE on Players = random effects for players, RE on Tournaments = random effects for tournaments, FE-Poisson = Fixed effects for players based on Poisson-regressions.

				Submitted Manuscript
	Dependent Variable:	(4) RE		(5) RE	(6) Poisson	(7) FE-Poisson
	SCORE		on Players	on Tournaments	on players
	TYPE		1.439**		1.004*	0.042**	0.049**
			(0.595)		(0.546)	(0.019)	(0.020)
	PAR		-0.071		-0.390	-0.006	0.000
			(0.291)		(0.419)	(0.010)	(0.010)
	SR CR	0.006 (0.064) 0.287 (0.299) F o r	0.013 (0.082) 0.554 (0.363)	-0.000 (0.002) 0.016 (0.011)	0.000 (0.002) 0.007 (0.010)
	LOC		-0.412 (0.651) P -0.505 (0.552)	-0.019 (0.021)	-0.010 (0.021)
	THANDICAP PHANDICAP		-0.003 (0.084) -0.178**	-0.016 (0.074) e -0.180*** e r	-0.001 (0.003) -0.006**	0.000 (0.003) -
			(0.077)		(0.033)	(0.002)
	FEMALE JUNIOR YOUNG-SENIOR		0.604 (0.703) -0.171 (1.002) -0.513 (0.761)		0.103 (0.578) R 0.236 (0.716) e 0.005 (0.023) 0.007 (0.030) -0.642 (0.463) -0.024 (0.023) v i e	---
	SENIOR		-1.139 (0.763)		-1.029** (0.440)	-0.036 (0.023) w	-
	Constant		19.677		23.482	2.961***	-
	(14.730) Time (Week) Dummies Yes No. of observations 1218 NOTE: (17.108) Yes 1218 Pseudo R-squared 0.0369 0.0375	(0.482) Yes 1218 -	Yes 1218 -
	"*": p<0.10.				

"**": p<0.05. "***": p<0.01. 16 Page 17 of 17 Editorial Office, Dept of Economics, Warwick University, Coventry CV4 7AL, UK

Table A3 :

 A3 High vs. Low Handicap All specifications include robust standard errors in parenthesis that are clustered at the individual level; FE = fixed effects for players; FE-DK = fixed effects for players based on Driskoll-Kraay standard

	Dependent	(8) Pooled OLS	(9) FE	(10) FE-DK	(11) Pooled OLS	(12) FE	(13) FE-DK
	Variable:	Low	Low	Low	High	High	High
	SCORE	Handicap	Handicap	Handicap	Handicap	Handicap	Handicap
	TYPE	1.129	1.322	1.322***	1.597**	1.875**	1.875**
		(0.777)	(0.811)	(0.461)	(0.726)	(0.767)	(0.720)
	PAR	-0.192	0.242	0.242	-0.071	-0.369	-0.369
		(0.400)	(0.348)	(0.427)	(0.537)	(0.563)	(0.588)
	SR	0.005	0.037	0.037	-0.147	-0.124	-0.124
		(0.094)	(0.085)	(0.077)	(0.157)	(0.157)	(0.149)
	CR	0.468	-0.015	-0.015	0.480	0.588	0.588
		(0.488)	(0.414)	(0.357)	(0.540)	(0.529)	(0.512)
	LOC	-1.308	-1.213	-1.213*	-0.388	0.103	0.103
		(0.987)	(1.023)	(0.704)	(0.773)	(0.855)	(0.554)
	THANDICAP -0.131	-0.105	-0.105	0.034	0.074	0.074
		(0.101)	(0.111)	(0.102)	(0.140)	(0.118)	(0.137)
	PHANDICAP -0.373**	-	-	0.067	-	-
		(0.140)			(0.193 )		
	FEMALE	0.902	-	-	0.020	-	-
		(1.331)			(0.938)		
	JUNIOR	-0.074	-	-	0.749	-	
		(0.864)			(1.345)		-
	YOUNG-	-0.176	-	-	-0.315	-	
	SENIOR	(0.938)			(1.207 )		-
	SENIOR	-0.191	-	-	-0.855	-	-
		(0.852)			(1.208)		
	Constant	20.057	14.753	14.853	9.800	26.121	18.594
		(21.096)	(22.43)	(20.609)	(17.806)	(18.234)	(18.822)
	Time (Week)	Yes	Yes	Yes	Yes	Yes	Yes
	Dummies						
	No. of	586	586	586	632	632	632
	observations						
	Pseudo R-	0.114	0.0720	0.0720	0.083	0.072	0.072
	squared						
	NOTE: errors.	"*": p<0.10.	"**": p<0.05. "***": p<0.01.		

Individual effort in real life tournaments is frequently not directly observable.[START_REF] Sunde | Heterogeneity and Performance in Tournaments: A Test for Incentive Effects Using Professional Tennis Data[END_REF] analyzes this case in professional tennis tournaments and shows that also in this context there are significantly adverse incentive effects of heterogeneity.

A quotation from the United States Golf Association (USGA) Handicap Manual 2008 is illustrative: "The purpose of the USGA Handicap System is to make the game of golf more enjoyable by enabling players of differing abilities to compete on an equitable basis."

For details on the handicap system in Continental Europe see the European Golf Association (EGA) Handicap System Manual, available at the EGA homepage http://www.ega-golf.ch. For the slightly different handicap system used in the US, see the USGA Handicap Manual 2008, available at http://www.usga.org.

The playing handicap for a specific player is calculated based on the typically obtained score of a professional player (with handicap zero) at the respective course, called PAR, corrected by the individual handicap of the respective player, as well as some course specific characteristics, i.e. slope rate SR and course rate CR, see Appendix 1 and the EGA Handicap System 2007, p. 14 for details.

This result is also confirmed by a random effects estimation based on players, see specification no. (4) in table A2 in appendix 2.

However, the informational content of this constructed variable might be limited due to data availability.
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