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Abstract

We study multi-dimensional normal approximations on the Poisson space by means
of Malliavin calculus, Stein’s method and probabilistic interpolations. Our results yield
new multi-dimensional central limit theorems for multiple integrals with respect to Pois-
son measures — thus significantly extending previous works by Peccati, Solé, Taqqu and
Utzet. Several explicit examples (including in particular vectors of linear and non-linear
functionals of Ornstein-Uhlenbeck Lévy processes) are discussed in detail.
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1 Introduction

Let (Z,Z,u) be a measure space such that Z is a Borel space and p is a o-finite non-
atomic Borel measure. We set Z, = {B € Z : u(B) < oo}. In what follows, we write
N = {N(B) : B € Z,} to indicate a compensated Poisson measure on (Z, Z) with control
. In other words, N is a collection of random variables defined on some probability space
(2, F,P), indexed by the elements of Z, and such that: (i) for every B,C € Z,, such that

BN C = @, the random variables N (B) and N(C) are independent; (ii) for every B € Z,,

N(B) (fav) N(B) — u(B), where N(B) is a Poisson random variable with paremeter u(B). A

random measure verifying property (i) is customarily called “completely random” or, equiv-
alently, “independently scattered” (see e.g. [4)]).

Now fix d > 2, let F = (F,...,F;) C L*(o(N),P) be a vector of square-integrable
functionals of N, and let X = (X,...,Xy) be a centered Gaussian vector. The aim of this
paper is to develop several techniques, allowing to assess quantities of the type

dy (F, X) = sup [Elg(F)] — E[g(X)]], (1)

where H is a suitable class of real-valued test functions on R%. As discussed below, our princi-
pal aim is the derivation of explicit upper bounds in multi-dimensional Central limit theorems
(CLTs) involving vectors of general functionals of N. Our techniques rely on a powerful com-
bination of Malliavin calculus (in a form close to Nualart and Vives [[[4]), Stein’s method for
multivariate normal approximations (see e.g. [, [0, PJ] and the references therein), as well
as some interpolation techniques reminiscent of Talagrand’s “smart path method” (see [RF],
and also [B, f]). As such, our findings can be seen as substantial extensions of the results and
techniques developed e.g. in [§, [l0, [7], where Stein’s method for normal approximation is
successfully combined with infinite-dimensional stochastic analytic procedures (in particular,
with infinite-dimensional integration by parts formulae).

The main findings of the present paper are the following:

(I) We shall use both Stein’s method and interpolation procedures in order to obtain explicit
upper bounds for distances such as ([l). Our bounds will involve Malliavin derivatives and
infinite-dimensional Ornstein-Uhlenbeck operators. A careful use of interpolation techniques
also allows to consider Gaussian vectors with a non-positive definite covariance matrix. As



seen below, our estimates are the exact Poisson counterpart of the bounds deduced in a Gaus-
sian framework in Nourdin, Peccati and Réveillac [[Ld] and Nourdin, Peccati and Reinert [{].

(IT) The results at point (I) are applied in order to derive explicit sufficient conditions for
multivariate CLT's involving vectors of multiple Wiener-It6 integrals with respect to N. These
results extend to arbitrary orders of integration and arbitrary dimensions the CLTs deduced
by Peccati and Taqqu [[[§] in the case of single and double Poisson integrals (note that the
techniques developed in [[[§] are based on decoupling). Moreover, our findings partially gen-
eralize to a Poisson framework the main result by Peccati and Tudor [IJ], where it is proved
that, on a Gaussian Wiener chaos (and under adequate conditions), componentwise conver-
gence to a Gaussian vector is always equivalent to joint convergence. (See also [I(].) As
demonstrated in Section 6, this property is particularly useful for applications.

The rest of the paper is organized as follows. In Section 2 we discuss some preliminaries,
including basic notions of stochastic analysis on the Poisson space and Stein’s method for
multi-dimensional normal approximations. In Section 3, we use Malliavin-Stein techniques to
deduce explicit upper bounds for the Gaussian approximation of a vector of functionals of a
Poisson measure. In Section 4, we use an interpolation method (close to the one developed
in [d) to deduce some variants of the inequalities of Section 3. Section 5 is devoted to
CLTs for vectors of multiple Wiener-It6 integrals. Section 6 focuses on examples, involving
in particular functionals of Ornstein-Uhlenbeck Lévy processes. An Appendix (Section 7)
provides the precise definitions and main properties of the Malliavin operators that are used
throughout the paper.

2 Preliminaries

2.1 Poisson measures

As in the previous section, (Z, Z, u) is a Borel measure space, and N is a Poisson measure on
Z with control p.

Remark 2.1 Due to the assumptions on the space (Z, Z, 1), we can always set (2, F,P) and
N to be such that

n
0= w:Z(Szj,neNU{oo},zj €z
§=0
where J, denotes the Dirac mass at z, and N is the compensated canonical mapping

w N(B)(w) =w(B) —u(B), Be€Z, we,

(see e.g. [Rd] for more details). For the rest of the paper, we assume that  and N have this
form. Moreover, the o-field F is supposed to be the P-completion of the o-field generated by
N.

Throughout the paper, the symbol L?(1) is shorthand for L?(Z, Z, ). For n > 2, we write
L?(p™) and L2?(u™), respectively, to indicate the space of real-valued functions on Z" which
are square-integrable with respect to the product measure x", and the subspace of L?(u™)



composed of symmetric functions. Also, we adopt the convention L2(u) = L2(u) = L*(p') =
L?(p!) and use the following standard notation: for every n > 1 and every f,g € L?(u"),

o)y = | Fers )9 2 (@21, e dn)s WSl = (F ) ol

For every f € L?(u™), we denote by fthe canonical symmetrization of f, that is,

- 1
Flr e smn) = =37 F@orys o Totm)

where o runs over the n! permutations of the set {1,...,n}. Note that, e.g. by Jensen’s
inequality,

IF 122y < NN n2gumy (2)

For every f € L2(u™), n > 1, and every fixed z € Z, we write f(z,-) to indicate the function

defined on Z"~! given by (z1,...,2n-1) = f(2,21,...,2n_1). Accordingly, f(z,-) stands for
the symmetrization of the function f(z,-) (in (n — 1) variables). Note that, if n = 1, then
f(z,-) = f(z) is a constant.

Deﬁnition 2.2 For every deterministic function h € L*(u), we write Iy(h) = N(h) =
fz N(dz) to indicate the Wiener-1t6 integral of h with respect to N. For every n > 2
and every f € L*(u™), we denote by I,(f) the multiple Wiener-It6 integral, of order n,
of f with respect to N. We also set I,(f) = L,(f), for every f € L*(u™), and Io(C) = C for

every constant C'.

The reader is referred e.g. to Privault [R1] for a complete discussion of multiple Wiener-It6
integrals and their properties (including the forthcoming Proposition P.J and Proposition P.4))

— see also [[4, 4.

Proposition 2.3 The following properties hold for every n,m > 1, every f € L?(u™) and
every g € L2(u™):

1. E[I.(f)] =0,
2. ElL.(f)Im(9)] = n!{f, 9) r2(un) L(n=m) (isometric property).

The Hilbert space composed of the random variables with the form I,,(f), where n > 1 and
f € L%(u"), is called the nth Wiener chaos associated with the Poisson measure N. The
following well-known chaotic representation property is essential in this paper.

Proposition 2.4 (Chaotic decomposition) Every random variable F € L?(F,P) = L?(P)
admits a (unique) chaotic decomposition of the type

FI+ ) In(fa) (3)

where the series converges in L*(P) and, for each n > 1, the kernel f, is an element of

Lz (u™).



2.2 Malliavin operators

For the rest of the paper, we shall use definitions and results related to Malliavin-type opera-
tors defined on the space of functionals of the Poisson measure N. Our formalism is analogous
to the one introduced by Nualart and Vives [[4]. In particular, we shall denote by D, ¢, L and
L1, respectively, the Malliavin derivative, the divergence operator, the Ornstein-Uhlenbeck
generator and its pseudo-inverse. The domains of D, § and L are written domD, domd and
domL. The domain of L~ is given by the subclass of L?(P) composed of centered random
variables, denoted by L3(P).

Albeit these objects are fairly standard, for the convenience of the reader we have collected
some crucial definitions and results in the Appendix (see Section [f). Here, we just recall
that, since the underlying probability space ) is assumed to be the collection of discrete
measures described in Remark R.1], then one can meaningfully define the random variable
w F(w) = F(w+46,), w e Q, for every given random variable F' and every z € Z, where
0, is the Dirac mass at z. One can therefore prove that the following neat representation of
D as a difference operator is in order.

Lemma 2.5 For each F' € domD,
D,F =F,—F, a.e.-u(dz).

A proof of Lemma P.§ can be found e.g. in [[[4, [7]. Also, we will often need the forthcoming
Lemma P.G, whose proof can be found in [[7] (it is a direct consequence of the definitions of
the operators D, § and L).

Lemma 2.6 One has that F € domL if and only if F € domD and DF € domd, and in this
case
0DF = —LF.

Remark 2.7 For every F' € L3(P), it holds that L™1F € domL, and consequently

F=LL'F=6§-DL'F)=—-§(DL'F).

2.3 Products of stochastic integrals and star contractions

In order to give a simple description of the multiplication formulae for multiple Poisson
integrals (see formula (), we (formally) define a contraction kernel f L g on ZPT4="—! for
functions f € L2(uP) and g € L?(u9), where p,g > 1, r =1,...,pAqgandl =1,...,r, as
follows:

f*f, 9Vt Y=t e g STy Sqer) (4)
= /l pidzy, o dz) f(21, o 20, - - Y=l t1y s tper)
z
Xg(Zl,,. o RL Vs Ur=1 8155 - ,Sqfr)-

In other words, the star operator “x.” reduces the number of variables in the tensor product

of f and ¢ from p+ q to p+ ¢ —r — I: this operation is realized by first identifying r variables



in f and g, and then by integrating out ! among them. To deal with the case [ = 0 for
r=0,...,pAq, we set

f*gg(’yla"'777‘7t177"'7tp—7’78177"'7sq—7’)
= f(’yla"'alyrytlaa"'atpfr)g(lyla"',77“,81??"'78q*7')a
and
f*gg(tl,,...,tp,sl,,...,sq) =f@g(ti,, - tp,S1,5---,8¢) = f(t1,,.. ., tp)g(s1,,...,5q).

By using the Cauchy-Schwarz inequality, one sees immediately that f ] g is square-integrable
for any choice of 7 =0,...,p A q , and every f € L2(uP), g € L2(u).

Ase.g. in [, Theorem 4.2], we will sometimes need to work under some specific regularity
assumptions for the kernels that are the object of our study.

Definition 2.8 Let p > 2 and let f € L2(uP).

1. The kernel f is said to satisfy Assumption A, if (f xh ' f) € L*(u") for every r =
1,....,p. Note that (f *g f) € L2(pP) if and only if f € L*(uP).

2. The kernel f is said to satisfy Assumption B, if every contraction of the type

(Zla ---,ZZp—r—l) = |f| *ﬁ" |f|(zla ---aZ2p—r—l)

is well-defined and finite for everyr = 1,...,p, everyl = 1,...,r and every (21, ..., Zop—r—1) €
Z2p7rfl.

The following statement will be used in order to deduce the multivariate CLT stated in
Theorem [p.7. The proof is left to the reader: it is a consequence of the Cauchy-Schwarz
inequality and of the Fubini theorem (in particular, Assumption A is needed in order to
implicitly apply a Fubini argument — see step (S4) in the proof of Theorem 4.2 in [[[7] for an
analogous use of this assumption).

Lemma 2.9 Fiz integers p,q > 1, as well as kernels f € L2(uP) and g € L2(u?) satisfying
Assumption A in Definition .§. Then, for any integers s,t satisfying 1 < s <t <pAgq, one
has that f x§ g € L*>(uP+971=%), and moreover

1.

t

IIf % gH%ﬁ(uerq*FS) =(f *ﬁis f7g*3i§ 9>L2(ut+8)a

(and, in particular,

1 %5 Fllzager—s—vy = I %5 Fllzzge+s )i

—t —t
1f#5 gll72wra-i-sy < IF %z Fllrogess) X 19 xa—s all 2+

= Hf *f fHLQ(ﬂQp—s—t) X ||g *f gHLQ(ﬂQq—s—t).



Remark 2.10 1. Writing k = p+q—t— s, the requirement that 1 < s <t < pAq implies
that | —p| <k <p+q—2.

2. One should also note that, for every 1 < p < g and every r =1, ..., p,
| et = [ (g oy g )
Zp+a—r zr

for every f € L2(pP) and every g € L2(u?), not necessarily verifying Assumption A.

Observe that the integral on the RHS of (f) is well-defined, since f *b " f > 0 and
q—r

g*q 9=0.

3. Fix p,q > 1, and assume again that f € L?(uP) and g € L?(u9) satisfy Assumption A in
Definition P.§. Then, a consequence of Lemma P.9 is that, for every r = 0,...,pAq—1
and every [ = 0,...,r, the kernel f(z,-) *. g(2,-) is an element of L?(uPT97t=5=2) for
u(dz)-almost every z € Z.

To conclude the section, we present an important product formula for Poisson multiple
integrals (see e.g. [, B3] for a proof).

Proposition 2.11 (Product formula) Let f € L?(uP) and g € L?(u9), p,q > 1, and
suppose moreover that f *f, g € L2(up+q*”*l) foreveryr=1,....,pAqandl=1,...,r such
that | # r. Then,

B =S () () () e (7479). ©

r=0 =0

with the tilde ~ indicating a symmetrization, that is,

1
f*f» g(xla- . ,xp-l—q—r—l) = —Zf*i g(xa(l)" < Lo (pt+ —r—l))a
p+g—r—< r

where o runs over all (p + q — r — 1)! permutations of the set {1,...,p+q—1r—1}.

2.4 Stein’s method: measuring the distance between random vectors

We write g € CF(R?) if the function g : R? — R admits continuous partial derivatives up to
the order k.

Definition 2.12 1. The Hilbert-Schmidt inner product and the Hilbert - Schmidt

norm on the class of d x d real matrices, denoted respectively by (-,-)mg.s. and || - || m.s.,
are defined as follows: for every pair of matrices A and B, (A, B)g.s. := Tr(ABT) and
Al m.s. = (A, A)m.s., where Tr(-) indicates the usual trace operator.

2. The operator norm of a d x d real matriz A is given by || Al|op := SUD|[]|g =1 | Az ||ga-

3. For every function g : R* — R, let

xTr) —
T —C i C)l]
x#y Hx _y”Rd

7



where || - ||ga is the usual Buclidian norm on R?. If g € CHR?), we also write

Vg(x) — Vg(y
Mg) e sup 1798 = Vo)
a2ty 2 — yllga

If g € C3(RY),
[Hess g(x) — Hess g(y)||
M;5(g) := sup °p
z#y H$ - yHRd

where Hess g(z) stands for the Hessian matriz of g evaluated at a point z.

4. For a positive integer k and a function g € C*(R?) , we set

ak

(G -

ax
1<i1 <...<ig<d pa

In particular, by specializing this definition to ¢® = ¢” and ¢©® = ¢"", we obtain
32
"
= max sup |———g(z)|.
llg" lloo nax_, sup, 8gcila%g( )

83

8.%'i1 8-%'1'2 8-%'1'3

"o = max  sup g(x)] .

”g 1<i1<ia<iz3<d . cpd

Remark 2.13 1. The norm ||g||zip is written M;(g) in [[.

2. If g € CH(RY), then ||g||Lip = sup |Vg(z)||ga- If g € C*(R?), then
z€RY

Ms(g) = sup [|Hess g(z)][op-
z€R4

Definition 2.14 The distance dy between the laws of two R*-valued random vectors X and
Y such that E|| X ||ga, E||Y ||ge < 00, written do(X,Y), is given by

dy(X,Y) = sup [Elg(X)] - Elg(Y)],

where H indicates the collection of all functions g € C*(R?) such that ||g||Lip < 1 and Ma(g) <
1.

Definition 2.15 The distance ds between the laws of two R*-valued random vectors X and
Y such that B| X||2,, E[Y[2, < oo, written d3(X,Y'), is given by

d3(X,Y) = sup [E[g(X)] — E[g(Y)]],

where H indicates the collection of all functions g € C3(R?) such that ||g" || < 1 and [|g" ||eo <
1.



Remark 2.16 The distances do and ds are related, respectively, to the estimates of Section
B and Section [l Let j = 2,3. Tt is easily seen that, if dj(Fn,F') — 0, where F,, F' are
random vectors in R?, then necessarily F, converges in distribution to F. It will also become
clear later on that, in the definition of dy and d3, the choice of the constant 1 as a bound
for ||l Lips M2(9), 19" loos lg"”"||o is arbitrary and immaterial for the derivation of our main
results (indeed, we defined do and d3 in order to obtain bounds as simple as possible). See the
two tables in Section .3 for a list of available bounds involving more general test functions.

The following result is a d-dimensional version of Stein’s Lemma; analogous statements
can be found in [, [L0, PJ] — see also Barbour [[] and Gétze [[], in connection with the so-
called “generator approach” to Stein’s method. As anticipated, Stein’s Lemma will be used
to deduce an explicit bound on the distance dy between the law of a vector of functionals of
N and the law of a Gaussian vector. To this end, we need the two estimates () (which is

proved in [I(]) and (B) (which is new).

From now on, given a d x d nonnegative definite matrix C, we write Ny(0,C) to indicate
the law of a centered d-dimensional Gaussian vector with covariance C.

Lemma 2.17 (Stein’s Lemma and estimates) Fiz an integerd > 2 and let C = {C(3i,j) :
i,j=1,...,d} be a d x d nonnegative definite symmetric real matriz.

1. Let Y be a random variable with values in R?. Then Y ~ Ny(0,C) if and only if,
for every twice differentiable function f : R s R such that E|(C,Hess f(Y))m.s.| +
EY,Vf(Y))ga| < 00, it holds that

E[(Y,Vf(Y))ga — (C,Hess f(Y))r.s] =0
2. Assume in addition that C is positive definite and consider a Gaussian random vec-

tor X ~ Ny(0,C). Let g : R s R belong to C*(RY) with first and second bounded
derivatives. Then, the function Uy(g) defined by

1
Uog(z) = / SElo(Vir + VT EX) — g(X)dt
0
is a solution to the following partial differential equation (with unknown function f):

g(x) —E[g(X)] = (x,Vf(z))ge — (C,Hess f(x))m.s., = € R

Moreover, one has that

sup [Hess Uog(2) |25, < 1C lop ICN1S54 19 Lips (7)
xre
and
V2m,
M3(Upg) < THC y 3;/;2 1Clop M2(g)- (8)

Proof. We shall only show relation (f), as the proof of the remaining points in the state-
ment can be found in [IJ]. Since C is a positive definite matrix, there exists a non-singular



symmetric matrix A such that 42 = O, and A~'X ~ Ny(0,1;). Let Uyg(x) = h(A™1x),
where

11
h(z) = / SEloa(Viz + VT—TA'X) — ga(A” Xl
0
and ga(z) = g(Ax). As A1 X ~ Ny(0, 1), the function h solves the Stein’s equation
(z, Vh(z))ga — Ah(z) = ga(r) — E[ga(Y)],

where Y ~ Ny(0, I4) and A is the Laplacian. On the one hand, as Hess g4(z) = AHess g(Az)A
(recall that A is symmetric), we have

Ms(ga) = sup |Hessga(z)|lop = sup |[AHess g(Az)Allop
z€R4 z€R4
= sup ||AHess g(x)Allop < [|A]|2,M2(g)
z€R4
= HCHOPMQ(Q)7

where the inequality above follows from the well-known relation ||AB||op < ||Allopl|Bllop- Now
write hy-1(z) = h(A~1x): it is easily seen that

Hess Upg(x) = Hess hy—1(x) = A 'Hess h(A™'z)A™L.
It follows that

M3(Uog) = Ms(ha-1)
||Hess hg-1(x) — Hess h 4-1(y)||op

= sup
xFy ||$—yH
|A~ Hess h(A 1) A™1 — A~ Hess h(A™y) A~ Yo
= sup
up Tyl
Hess h(A—1z) — Hess h(A~1y)|l,, [ A~lw — A1
< [ ATH3, x sup [Hess MA~ @) — Hess A )lp | _136 _1yH
vty = yll A=l — A1y
|[Hess h(A~1x) — Hess h(A™1y)]lop

< [lA7Y2, x su
Ay

= (IO M (h).

A*l
Az — ATy A e

Since M3(h) < @Mg(g/;) (according to [[], Lemma 3]), relation (f) follows immediately. m

3 Upper bounds obtained by Malliavin-Stein methods

We will now deduce one of the main findings of the present paper, namely Theorem B.3. This
result allows to estimate the distance between the law of a vector of Poisson functionals and
the law of a Gaussian vector, by combining the multi-dimensional Stein’s Lemma with
the algebra of the Malliavin operators. Note that, in this section, all Gaussian vectors are
supposed to have a positive definite covariance matrix.

We start by proving a technical lemma, which is a crucial element in most of our proofs.

10



Lemma 3.1 Fird > 1 and consider a vector of random variables F := (F\, ..., Fy) C L*(P).
Assume that, for all 1 <i < d, F; € dom D, and E[F;] = 0. For all ¢ € C*(R?) with bounded
derivatives, one has that

d
d
D,p(Fy,... Fy) = Z&E ¢(F)(D.,F,
=1

where the mappings R;; satisfy

d
+ > Rij(D.F;,D.F)), z€ Z,
i,j=1

2 1
¢(w)\ X |y1y2| < 119" [loolyry2l- 9)

1
Rij(y1,y2 5 Sup
’ ]( )‘ e]Rd|8 a

Proof. By the multivariate Taylor theorem and Lemma P.H,

Deb(Fiy o Fa) = O(Fir. .., Fa)w+62) — 6(F, -, Fa)(w)

= (b(Fl w—i—éz) d(w—l—éz))—(b(Fl(w),...,Fd(w))

d
0

= Z axﬁ(Fl(W),---,Fd(w))(ﬂ(wﬂL(Sz) - Fi(w))+ R
121 ,

= > 5, 9D:F)+R,
i=1 "

where the term R represents the residue:

d
R=R(D.F,...,D.Fy) = Y Ri;(D.F,, D.F}),
ij=1

and the mapping (y1,y2) — Rij(y1,y2) verifies (fl). m

Remark 3.2 Lemma B.1] is the Poisson counterpart of the multi-dimensional “chain rule”
verified by the Malliavin derivative on a Gaussian space (see [}, [[(]). Notice that the term R
does not appear in the Gaussian framework.

The following result uses the two Lemmas and B, in order to compute explicit
bounds on the distance between the laws of a vector of Poisson functionals and the law of a
Gaussian vector.

Theorem 3.3 (Malliavin-Stein inequalities on the Poisson space) Fiz d > 2 and let
C={C(,j):1,7=1,...,d} be ad x d positive definite matriz. Suppose that X ~ Ny(0,C)
and that F = (Fy,. .., Fy) is a R%*-valued random vector such that E[F;] = 0 and F; € dom D,
1=1,...,d. Then,

d
da(F, X) < |07 |oplICll5p” Z —(DF, =DL™'Fj)2())?] (10)

/o~ d
+T2”C 12 C op /Z p(d2)E (szm) <Z|D2L—1F@-|> : (11)
i=1 i=1

11



Proof. If either one of the expectations in ([[() and ([[1]) are infinite, there is nothing to prove:
we shall therefore work under the assumption that both expressions (L[0)—([L]]) are finite. By
the definition of the distance da, and by using an interpolation argument (identical to the
one used at the beginning of the proof of Theorem 4 in [fl]), we need only show the following
inequality:

|E[g(X)] — E[g(F)]|

d
< Aflc” lopcl/QJ > E[(C(i,j) = (DF;, =DL'Fj) 12())?] (12)

ig—1
2
5 d d )
L BICTC /Z w2k | (S p.Rl) (Y Ip.rtF
=1 =1

for any g € C>®(R?) with first and second bounded derivatives, such that ||g|/;, < A and
Mjs(g) < B. To prove ([1J), we use Point (ii) in Lemma to deduce that

[Elg(X)] - E[g(F)]]
= [E[(C, Hess Uog(F)>Hs. —(F, VUog(F)> H

= Z C(i ] U()g ZFk UOQ
i,7=1
d r 5 7 d r
0 0

=|D_E C(i,5) 55 Vog(F) +) E 5(DL_1Fk)a—kaog(F)

ij=1 L v i
= dE—C" aQU F— dE aU DL 'F
= Z (Z’j)amiaxj 0g(F)| = . 09(F) |, — !

i,j=1 L i k=1 i L2(w)

0
We write a—UOg(F) = ¢p(F, ..., Fy) = ¢x(F). By using Lemma B.1], we infer
Tk

D.F;) + Ry,

d
0
=1

d
with Ry = > R x(D.F;, D.F;), and
i,j=1

1 02
|Rijk(y1,92)| < 5 sup | 5——0k(2)| X [y192].

- 2$6Rd 8 8
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It follows that

IE[ (X)] = E[g(F)]]

32
- ZE

Z]
) Ox (9:6]

82
8£Cla£l? k

|2

(Uog(F))(DFE;, _DL_le>L2(,u)]

d
+ > E[(Ri;jx(DF,, DF;),—DL " Fp)r2()]

i,5,k=1
d
< \/E[HHess Uog(F)|3s] % | D E {(C(M) - <DFi7_DL_1Fj>L2(u))2] + [Ral,
ij=1
where
d
Ry= > E[(R;;jx(DF,,DF;),~ DL Fy)r2(,)-
i,j,k=1

Note that (@) implies that |[Hess Upg(F)|m.s. < [|C™|op ”CHOp g/l Lip- By using (B) and the
fact ||¢" |lco < M3(g), we have

1 3
|R; jk(y1,y2)] < 5 sup X |y1y2|

2 e m%(g(y))
V2r

B V2T
< LM 0)|CTYAIC oy X gl < SBICTH I ICllp X Ly,

from which we deduce the desired conclusion. m

Now recall that, for a random variable F' = N(h) = I;(h) in the first Wiener chaos of N,
one has that DF = h and L~'F = —F. By virtue of Remark P.16, we immediately deduce
the following consequence of Theorem B.3,

Corollary 3.4 For a fized d > 2, let X ~ Ny(0,C), with C positive definite, and let

A

Fp=(Fui,s Fnag) = (N(hp), o, N(Bp.a)), n > 1,

be a collection of d-dimensional random vectors living in the first Wiener chaos of N. Call
K, the covariance matriz of Fy, that is: K,(i,j) = E[N(hni)N(hnj)] = (hnishng) 2 -
Then,

d? \/
d3(Fpy X) < |C7 M lopllClleg 1€ = Konllrr.s. +

d
Sl ||3/2||CH0pZ/Z|hn,i(z)|3ﬂ(dz)-
i=1

In particular, if
Knlid) 5 C(isg) and [ [hai(2)Pa(dz) =0 (13)
Z

(as n — oo and for every i,j =1,...,d), then da(F,, X) — 0 and F,, converges in distribution
to X.

13



Remark 3.5 1. The conclusion of Corollary B.4)is by no means trivial. Indeed, apart from
the requirement on the asymptotic behavior of covariances, the statement of Corollary
B-4 does not contain any assumption on the joint distribution of the components of the
random vectors F,. We will see in Section 5 that analogous results can be deduced for
vectors of multiple integrals of arbitrary orders. We will also see in Corollary [i.g that
one can relax the assumption that C' is positive definite.

2. The inequality appearing in the statement of Corollary B.4 should also be compared
with the following result, proved in [[[J], yielding a bound on the Wasserstein distance
between the laws of two Gaussian vectors of dimension d > 2. Let Y ~ Ny(0, K) and
X ~ Ny(0,C), where K and C are two positive definite covariance matrices. Then,

dw (Y, X) < Q(C,K) x |C — K||i.s., where
Q(C, K) == min{|C op [IClI5% 1K lop K117
and dy denotes the Wasserstein distance between the laws of random variables with
values in RY.
4 Upper bounds obtained by interpolation methods

4.1 Main estimates

In this section, we deduce an alternate upper bound (similar to the ones proved in the previous
section) by adopting an approach based on interpolations. We first prove a result involving
Malliavin operators.

Lemma 4.1 Fiz d > 1. Consider d + 1 random variables F; € L*(P), 0 < i < d, such that
F; € dom D and E[F;] = 0. For all g € C%(R?) with bounded derivatives,

E[g(Fi, ..., Fy)Fy]=E +E [(R,—DL ™ Fo) 20,

d

0 _
§ —ax'g(Fl,...,FdXDFi,—DL YED) p20
i=1 "

where
E[(R,~ DL Fo) (| (14)
2
<l " @) [ e S0 DL E
—max sup |———q¢(x)| X 2 . .
2 i meﬂgi 6mi6xjg Z’u =1 k 0

Proof. By applying Lemma B.]],

Elg(FY, ..., Fy)Fy
= E[(LL'Fy)g(Fy, ..., Fy)]
= —E[§(DL™ ' Fy)g(Fy, ..., Fy)]
= E[Dg(F1,...,Fy),—DL™ ' Fy)12(,)]
0

d
:EZ;8

g(F1,...,Fg)(DF;,~DL™ Fy) 12, | + E[(R,—DL™ " Fo) 2],

14



and E[(R, —DL_1F0>L2(M)] verifies the inequality ([4). m

As anticipated, we will now use an interpolation technique inspired by the so-called “smart
path method”, which is sometimes used in the framework of approximation results for spin
glasses (see [RF]). Note that the computations developed below are very close to the ones
used in the proof of Theorem 7.2 in [f.

Theorem 4.2 Fiz d > 1 and let C = {C(i,7) : i,j = 1,...,d} be a d x d covariance
matriz (not necessarily positive definite). Suppose that X = (Xi,...,Xq) ~ Ny(0,C) and
that F = (F,...,Fy) is a R-valued random vector such that E[F;] = 0 and F; € dom D,
1=1,...,d. Then,

d
d3(F,X) < .| Y E[(C(i,) — (DFi;,—=DL7'F})12(,)?] (15)
ij=1
1 d 2 /4 .
+1 [ e (;mzm) (;sz m) . (16)

Proof. We will work under the assumption that both expectations in ([[5) and ([L6) are finite.
By the definition of distance d3, we need only to show the following inequality:

d

Elp(X)] —E[p(F)]] < %HQSHHOO > E[C(i,§) — (DF;, = DL Fj) pa(]
ij=1

1 d 2 /4 1
10" || oo dz)E D, F; D,L™"F;
416" [ () (D |> <Z| |>

for any ¢ € C3(RY) with second and third bounded derivatives. Without loss of generality,
we may assume that F' and X are independent. For ¢ € [0, 1], we set

U(t) = Elp(v1—t(F,. .., Fa) + ViX)]

We have immediately
[@(1) = T(0)] < sup [W'(1)].
te(0,1)
Indeed, due to the assumptions on ¢, the function ¢ — W(t) is differentiable on (0,1), and
one has also

U(t) = ZE ai'(ﬁ(‘/l_t(Fl""’Fd)+\/ZX> (2\1/5Xi—2 11_tFZ->
i=1 !
1 1

= A — B.
2/t 21—t

15



On the one hand, we have

P
A = Y E aigb(\/l—t(Fl,...,Fd)+\/¥X)Xz‘]
i=1 ¢

d
- ZE E
=1

0 o(V1—ta+ \/ZX)Xi] ]
la=(F1,....,Fq)

)

_ .
— \/_ZCZ] E[@xiﬁxj¢(\/1_ta+\/%X) ]
wi=l B la=(F1,....Fy)
62
- \/—”ZIC i,j)E amiaxj¢(\/1—t(Fl,...,Fd)Jr\/ZX)] ,

On the other hand,

%:

)
am¢(‘/1 —t(Fy,...,Fy) + VtX)F;

‘DQQ“

N
Il
—

E

0
S (VI—H(F1,... ) + VD) F;

I
Atg&

N
Il
—

lb=X

We now write qﬁf’b(-) to indicate the function on R? defined by

0 d(VI—t(F1, ..., Fy) +Vib)

tb
(Fy, . Fy) =
¢; (Fi,...,Fy) oz,

By using Lemma [[.], we deduce that

E[qsé’b(Fl’ cee ’Fd)E]

(2

_ {Zaqb“’ Fu)(DFj, =DL™Fy) g | +E [(Rp, =DL™ F) 2]

where R}; is a residue verifying

[E[(R}, —~DL™'Fy) 12| (17)

2
9 b d | .
3$k3xl¢’ (@D /ZM(dZ)E |:(jlesz) |D.L Fz] .

1
— maX sup
2 k.l J:E]Rd

16



Thus,

d
B = MltZIE[E ST,

ij=1

d(V1—t(Fy,...,Fy) + Vtb)(DF;, —DL_1F]~>L2(MI ]
[b=X

+ ZE [ (Ry, —DL™'Fi) 2] |b:X}
2

- 1=t ZE axzaxj

’l_]f

+ZE [E [( g’_DL_lF»LQ(M)hb:X} :
i=1

Putting the estimates on 2l and 25 together, we infer

o(V1—t(Fy,...,Fy) +VtX)(DF;, —DLle>L2(M)]

- ‘Z [ax Dz Vl_t(Fh---,Fd)-i-\/%X)(C(i,j)—<DF‘i,—DL_1Fj>L2(H))]

4,7=1
1
_1_ ZE[ (Ri,~DL 'F}) 2, )]|b:X},
‘We notice that
32
vV1—t(Fy,..., F th)| < 6" ]|
szamjgb( ( 1s ’ d)+\/_) = ||¢ || s
and also
L )| = (1-t o VI—t(F,...,Fy) +/tb
axkaxl i ( Tyeeey d) - ( - )X 8$@a$ka$l¢( — ( Tyeoes d)+ )

< (@ =0)[¢" oo
To conclude, we can apply inequality ([[7) and deduce the estimates

[E[e(X)] — E[o(F)]|

< sup |[W/(t)]
te(0,1)
1 " a .. -1
< 3lé oo > ElIC(i,§) = (DF;, —=DL ™' F}) 2]
ij=1
d 2 /4
16" [l oo ( IDze|> ( IDzL1F¢|>
e frae | (3 2
1 d
< §II¢”||oo > E[(C(i,5) — (DF;, —=DL ' F})12(,))?)

i,j=1

1 d 2 /4
+Z||¢m||oo/ﬂ(dz)E {(ZDze> <ZDleFi>] ;
z i=1 i=1
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thus concluding the proof. m

The following statement is a direct consequence of Theorem [[.9, as well as a natural
generalization of Corollary B.4.

Corollary 4.3 For a fivzed d > 2, let X ~ Ny(0,C), with C a generic covariance matrixz. Let
F, = (Fn,la '--,Fn,d) = (N(hn,l), "'aN(hn,d))’ n>1,

be a collection of d-dimensional random vectors in the first Wiener chaos of N, and denote
by K, the covariance matrixz of F,,. Then,

ds(Fa, X) < 210 — Kullws + 5 Z/mm )P u(dz).

In particular, if relation ([13) is verified for everyi,j =1,...,d (asn — o), then d3(Fy, X) —
0 and F,, converges in distribution to X.

4.2 Stein’s method versus smart paths: two tables

In the two tables below, we compare the estimations obtained by the Malliavin-Stein method
with those deduced by interpolation techniques, both in a Gaussian and Poisson setting. Note
that the test functions considered below have (partial) derivatives that are not necessarily
bounded by 1 (as it is indeed the case in the definition of the distances dy and d3) so that
the L° norms of various derivatives appear in the estimates. In both tables, d > 2 is a given
positive integer. We write (G, G1,...,Gq) to indicate a vector of centered Malliavin differen-
tiable functionals of an isonormal Gaussian process over some separable real Hilbert space $)
(see [T} for definitions). We write (F, I, ..., Fy) to indicate a vector of centered functionals
of N, each belonging to domD. The symbols D and L' stand for the Malliavin derivative
and the inverse of the Ornstein-Uhlenbeck generator: plainly, both are to be regarded as
defined either on a Gaussian space or on a Poisson space, according to the framework. We
also consider the following Gaussian random elements: X ~ N(0,1), X¢ ~ Ny(0,C) and
Xnr ~ Ng(0,M), where C' is a d x d positive definite covariance matrix and M is a d X d
covariance matrix (not necessarily positive definite).

In Table 1, we present all estimates on distances involving Malliavin differentiable ran-
dom variables (in both cases of an underlying Gaussian and Poisson space), that have been
obtained by means of Malliavin-Stein techniques. These results are taken from: [§ (Line 1),
0] (Line 2), [[{] (Line 3) and Theorem B.d and its proof (Line 4).

In Table 2, we list the parallel results obtained by interpolation methods. The bounds
involving functionals of a Gaussian process come from [[I], whereas those for Poisson func-
tionals are taken from Theorem [L.9 and its proof.

Observe that:

e in contrast to the Malliavin-Stein method, the covariance matrix M is not required to
be positive definite when using the interpolation technique,

e in general, the interpolation technique requires more regularity on test functions than
the Malliavin-Stein method.

18



Table 1: Estimates proved by means of Malliavin-Stein techniques

Regularity of Upper bound
the test function A

[E[R(G)] = E[M(X)]] <
[2llzip/EI(1 — (DG, —DL~1G)4)?]

HhHLip is finite

|E[R(G1,...,Gq)] — E[h(Xc)]| <
IllzipllC oplICllsh" |/ S5 BI(C G 4) = (DGi, —DL71Gy))?]

||| Lip is finite

[E[R(F)] - E[h(X)]| <
IAllLip(\/EL(L = (DF. =DL~F) 12, )’
+ [ m(d2)E[(|1D-F|?|D.L F)

||| Lip is finite

h € C?(RY)

HhHLip is finite

[E[A(F, ..., Fy)] — E[h(X0)]| <
Il CH lopIC 155 /S5t BU(C . 5) — {DF;, ~DL-\Fj)p2(,)?)

V2 d 2 /4
M) YNC R C o f, w2 | (£ 10.51) (102 R

Ms(h) is finite

Table 2: Estimates proved by means of interpolations
Regularity of Upper bound
the test function ¢

¢ € C*(R)
||¢"]| 0o is finite

[E[¢(G)] - E[p(X)]| <
116"l /E[(L = (DG, —DL~1G)5)?]

¢ € C*(RY)
|¢” |loo is finite

E[¢(Gy, .. Ga)] — E[p(Xn)]| <
U6 lloo\/ 251 EI(M (i, §) — (DG, ~DL~1G;))?]

¢ € C(R)
|¢"]| 0o is finite

|¢" ||oo is finite

El6(F)] - E[p(X)] <
316" ey [EI(1 — {DF, ~DL-1F) a(,))?
46" [ (2 E[(1D- F)2(D-L ™ F)

¢ € C3(RY)
|¢” |loo is finite

|¢" ||oo is finite

E[¢(Fy, ..., Fy)] — E[¢p(Xum)]| <
%WHoo\/ZijlE[(M(z‘,j) — (DF,,=DL"'F}) 12(,)?]

d 2 /4
6" oo [, 1(d)E (; |DzFi|) (; |DZL—1Fi|)
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5 CLTs for Poisson multiple integrals

In this section, we study the Gaussian approximation of vectors of Poisson multiple stochastic
integrals by an application of Theorem B.3 and Theorem [1.3. To this end, we shall explicitly
evaluate the quantities appearing in formulae ([Iq)—([]) and (3)-([L6).

Remark 5.1 (Regularity conventions) From now on, every kernel f € L2(uP) is supposed
to verify both Assumptions A and B of Definition P.§. As before, given f € L2(uP), and for
a fixed z € Z, we write f(z,-) to indicate the function defined on ZP~! as (21,...,2p-1) —
f(z,21,...,2p—1). The following convention will be also in order: given a vector of kernels
(f1, .-, f4) such that f; € L2(uPi), i = 1,...,d, we will implicitly set

fi(z,)) =0, i=1,...,d,
for every z € Z belonging to the exceptional set (of p measure 0) such that

Filz, ) # fi(z,) gL (PP =102)

for at least one pair (4, ) and some 7 = 0,...,p; Apj —1and I = 0,...,7. See Point 3 of Remark

2.1(.

5.1 The operators G}'? and @

Fix integers p,¢ > 0 and |¢ — p| < k < p + ¢, consider two kernels f € L2(uP) and g €
L2(u9), and recall the multiplication formula (). We will now introduce an operator G,
transforming the function f, of p variables, and the function g, of ¢ variables, into a “hybrid”

function Gg’q( f,9), of k variables. More precisely, for p, ¢, k as above, we define the function

(215 21) = GPAU(f, 9) (21, ..., 2k), from ZF into R, as follows:
PAqQ T p q r —
G%q(f7 g)(Zl, SRR Zk) - Z; lzg 1(p+q77‘fl=k)7a! ( r > < r > < l ) f *5‘ 9, (18)

where the tilde ~ means symmetrization, and the star contractions are defined in formula ()
and the subsequent discussion. Observe the following three special cases: (i) when p = ¢ =
k =0, then f and g are both real constants, and Gg’o(f, g) = f x g, (ii) when p = ¢ > 1 and
k =0, then GGP(f, 9) = p(f, 9) 12(ur), (ili) when p =k =0 and ¢ > 0 (then, f is a constant),
Gg’p(f, 9)(21, ...y 2q) = [ X g(21, ..., z4). By using this notation, (f) becomes

pt+q
L(NLe) = Y (GYU(f,9) (19)

k=|q—p|

The advantage of representation ([[J) (as opposed to (f)) is that the RHS of ([[g) is an or-
thogonal sum, a feature that will greatly simplify our forthcoming computations.

~_For two functions f € L2(pP) and g € L%(u?), we define the function (z1,...,z;)
GYA(f,g)(=1, ..., 2k), from Z* into R, as follows:

GI(f,9)() = /Z W(d2)GE TN (f (2, ), g2 ),
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or, more precisely,

GP(f,9) (=1, -, 20)

pAg—1 r

/ (dz) Zzl(erquQk)!

r=0 [=0

x<p;1><q;1><§>f@jﬁjggghnw%)

_g%E:hmqtskt_l)<t_i><3:i><t_1>fhg@hnw%)(%)

t=1 s=1

Note that the implicit use of a Fubini theorem in the equality (R0) is justified by Assumption
B - see again Point 3 of Remark R.10.

The following technical lemma will be applied in the next subsection.

Lemma 5.2 Consider three positive integers p,q,k such that p,qg > 1 and |¢g —p|V 1<k <
p+q—2. For any two kernels f € L2(uP) and g € L?(u9), both verifying Assumptions A and
B, we have

- PG
/Zk i (GEF,0) 2P £ O Licumel £ 4 gl 2 &
t=1

where s(t,k) =p+q—k—t fort=1,...,pAq. Also, C is the constant given by

PAqQ 2
_ p—1 qg—1 t—1
= e () (2GSl
Proof. We rewrite the sum in (Rq) as
PAg —

GYUf,9) (215 2) = Zatllgs(t,k)gtf *f(t’k) g(z1,- -, 21), (22)

. p—1 q—1 t—1
—(t— 1) <t< .
with a; = (t 1)<t—1><t—1><s(t,k)—1>’ 1<t <pAgq. Thus,

/ZIC duk(@(f,g)(zl,,_.7zk))2

PAg 2

= / (Z arly<s(e k)<t S *t (Zla .- -,Zlc))

4 t=1

PAQ PAQ /7]9/
< (Z af) /Zk dp® (Z(llgs(t,k)gtf xy )9(217---7212))2)

t=1

™ (t,k)
= CZ/de,U 11<stk<t(f*s g(2 7---7Zk))2

PAg o
= O Licsum<llf < gl7a g

t=1
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with

-, X —1\[q-1 t—1 ?
o= at=3 [e-0(720) (120) (ummnr )]
Note that the Cauchy-Schwarz inequality

(&) < (E4) (5

has been used in the above deduction. m

5.2 Some technical estimates

As anticipated, in order to prove the multivariate CLTs of the forthcoming Section p.3, we
need to establish explicit bounds on the quantities appearing in ([[d)-([(T]) and ([(5)-(14), in
the special case of chaotic random variables.

Definition 5.3 Let the integers p,q > 1 be such that max(p,q) > 1. The kernels f € L2(uP),
g € L2(u?) are said to satisfy Assumption C if, for every k = |¢g—p|V1,...,p+q— 2,

/Z[\/ Zk(GZ*l,qfl(f(Z,.),g(z7.)))2duk ],u(dz)<oo, (23)

Remark 5.4 By using ([L§), one sees that (R3) is implied by the following stronger condition:
for every k =|q¢—p|V1,...,p+q—2, and every (r,1) satisfying p+q—2—r —1 = k, one has

/ [\/ / (F(z,) 2L gz ))2dut ]u(dz)<00- (24)
7Z Zk

One can easily write down sufficient conditions, on f and g, ensuring that (B4) is satisfied. For
instance, in the examples of Section 6, we will use repeatedly the following fact: if both f and
g verify Assumption A, and if their supports are contained in the finite union of rectangles of
the type B x ... x B, with u(B) < oo, then (P4) is automatically satisfied.

Proposition 5.5 Denote by L1 the pseudo-inverse of the Ornstein- Uhlenbeck generator (see
the Appendiz in Section [1), and let F = IL,(f) and G = I,(g9) be such that the kernels
f € L2(uP) and g € L2(u?) verify Assumptions A, B and C. If p # q, then
El(a — (DF,—DL™'G)r2(,))’]
p+q—2

< d?+p” Y k'/ dpf(GRA(f,9))?
k=lq—pl
pta—=2  pNg
< a®+Cp° Z k'zll<stk <t”f*8(tk)gH%2(ﬂk)
k=lg—p| t=1
pta=2  pNg
< a’+ CP Z k'211<stk <t Hf (tk)fH]ﬂ ts(tk)) X Hg*q i(tk gH]ﬂ(;ﬁﬂ(tk)))

k=lg—p| t=1
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If p = q, then

El(a — (DF,—~DL™'G) ()]

2p—2 o
< U912y —a) 07> k!/Zk (GRS 9))
k=1
2p—2 PAq
s(t,k
< (Xf, 9>L2(;ﬂ7) 2+ CP Z k! le<s t,k) <t”f* (t )QH%%@
< (PN, 9) r2(uey — @)

2p—2 PAQ
+ CP Z k'zl1<stk <t(Ilf %5 *p— s(tk fHLQ(,uHS(tJC)) x ”g*Z:i(t,k)gHLQ(u“rs(t,k)))

where s(t,k) =p+q—k—t fort=1,...,pA\q. Finally, the constant C is given by

PAg 2
1 g—1 t—1
=l () (o) G )
Proof. We select two versions of the derivatives D, F' = pI,_1(f(z,-)) and D,G = ql,—1(g9(z,-)),

in such a way that the conventions pointed out in Remark p.]] are satisfied. By using the
definition of L~! and ([[9)), we have

(DF,—DL™'G)r2(y = (DL(f),q ' DI4(9)) 2
= » [ W@ g(e0)
A

p+q—2

— p /Z u(dz) S LGNz, ), (2 )

k=|q—pl|
Notice that for ¢ # j, the two random variables
/ZM(dZ)Ii(Gfl’ql(f(% ),9(2,+)) and /ZM(dZ)Ij(Gﬁ?l’ql(f(Z, ),9(2,-)))

are orthogonal in L?(P). It follows that

El(a — (DF,—DL™'G)r2(,))’] (25)

([ asrmicr s ->,g<z,->>>)2]

for p # ¢, and, for p = ¢,

El(a — (DF,—DL™'G)12(,))’] (26)
2p—2 2
_ . —a2 2 z p—1,q—1 5. 5. )
= (Pf, 92wy — @) +p ;E [(/Zu(d Mk (G, (f(z,),9(2, )))> ]
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We shall now assess the expectations appearing on the RHS of (R) and (Rf]). To do this, fix
an integer k and use the Cauchy-Schwartz inequality together with (R3) to deduce that

/ M(dZ) / M(dZ,)E HIk(GziLqil(f(zv ')7 9(27 )))Ik‘ (GziLqil(f(Zc ')79(2/7 )))H
Z Z
/Z p(dz) /Z u(d2 )W ELZGE 7 (F(2, ), gz D) ELRGE M (£(2,), (2, )

= K [/Zu(dz)\//zk duk(GE M (f (2,0, 9(2,))2 ]
/ p=La—Llieir o
X [/Zu(dz)\//Zk dﬂk(Gk (f(=',-), (7, )))2 ]

2
k! [/Z ,U(dZ)\//ZIc d'uk(Gz_l’q_l(f(z, D, 9(2,4)))2 ] < oo, @

IN

Relation (@) justifies the use of a Fubini theorem, and we can consequently infer that

2
E [( [ @G 7 (e o -)))) ]
= [ ) [ BIGE T ) DG )0 )
Z A
= & [ utde) [ e [ R (I CO WO ER W E)
2
= # [ ant| [ ulaop e (f o)
S R

The remaining estimates in the statement follow (in order) from Lemma b.9 and Lemma P.9,
as well as from the fact that ||f||z2(un) < [|f[lL2(un), for alln > 2. =

The next statement will be used in the subsequent section.

Proposition 5.6 Let F' = (Fy,...,Fy) = (I4,(f1),...,1q,(fa)) be a vector of Poisson func-
tionals, such that the kernels f; verify Assumptions A and B. Then, by noting ¢, := min{qu, ..., g4},

d 2 /4
/Zu(dz)ﬂ-z {(Z |D2F¢|> (Z IDZL‘1Fi|>

22 & ¢ b—1
S 1 <Q§\/(Qi = DUIANZ: iy ¥ ;Z% Li<atbzagi—1(a+b— 11" (g —a—1)!
1= =1 a=

qi — 1 2 qi — 1—a a
8 ql - 1 —a ql — b ”f*b f”L2(MQQi7a7b))'
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Proof. One has that

d 2 /4
o] ($05) (S500m)
d 2 /4 1
:/Z,u(dz)E (Zymm) <Zq—D2Fi\>

1 d ’
EL/MﬁE<;y@E>

o d

d
< ©5 [ wdo)E DL,
qx i1 Y Z

IN

To conclude, use the inequality

/MMWW%UW
Z

(=

—1

q
< qg\/(q - 1)!Hf”%2(uq) X Z licatp<og—1(a+b— D2 (g—a—1)!
b=1 a=0

q—1 ? g—1—a u
% qg—1—a qg—>b ||f*b fHLQ(ﬂQq—a—b)

which is proved in [[[7, Theorem 4.2] (see in particular formulae (4.13) and (4.18) therein). m

5.3 Central limit theorems with contraction conditions

We will now deduce the announced CLT's for sequences of vectors of the type
FO = (", F) = T () L (F) m> 1 (28)

As already discussed, our results should be compared with other central limit results for
multiple stochastic integrals in a Gaussian or Poisson setting — see e.g. [§, [1, [2, [3, [[§, [T
The following statement, which is a genuine multi-dimensional generalization of Theorem 5.1
in [[[7, is indeed one of the main achievements of the present article.

Theorem 5.7 (CLT for chaotic vectors) Fizd > 2, let X ~ N (0,C), with
C={C(,j):4,5=1,....d}

a d X d nonnegative definite matriz, and fiz integers qi,...,qq > 1. For any n > 1 and
i=1,...,d, let fl-(n) belong to L2(u%). Define the sequence {F™ :n > 1}, according to (28)
and suppose that

lim E[FEM] =1, g % 1im (f7, [ 20 = C(i5),  1<ij<d. (29

N—00 J n—00

Assume moreover that the following Conditions 1—4 hold for every k =1,...,d:

25



1. For every n, the kernel f,gn) satisfies Assumptions A and B.

2. For everyl=1,...,d and every n, the kernels f,gn) and fl(n) satisfy Assumption C.

3. For everyr =1,...,q; and everyl =1,...,7 A (qx — 1), one has that

Hflgn) *lr f]gn)HLQ(ﬂqu_T_l) — 0’

as n — oo.
4
4. Asn — oo, fz% dudx (f,gn)> — 0.

Then, F™ converges to X in distribution as n — oo. The speed of convergence can be assessed
by combining the estimates of Proposition and Proposition .4 either with Theorem
(when C is positive definite) or with Theorem [[.4 (when C' is merely nonnegative definite).

Proof. By Theorem [£.9,

d
3" E[(Ci,5) — (D™, ~DL-F™) 12(,))?) (30)
ij=1

d 2 /4
1 n _ n
+7 [ wd (}jmzfﬂ) (zmzL 1FM> , (31)
z i=1 i=1

so that we need only show that, under the assumptions in the statement, both (B() and (BI))
tend to 0 as n — oo. That (BJ) tends to 0 is a direct consequence of the estimates in Propo-
sition p.J, whereas Proposition p.g shows that (BI) converges to 0. This concludes the proof.

d3(F™, X) <

DO | =

If the matrix C' is positive definite, then one could alternatively use Theorem B.J instead
of Theorem £.3. m

Remark 5.8 Apart from the asymptotic behavior of the covariances (RY) and the presence
of Assumption C, the statement of Theorem .7 does not contain any requirements on the
joint distribution of the components of F(™). Besides the technical requirements in Condi-
tion 1 and Condition 2, the joint convergence of the random vectors F(™) only relies on the
‘one-dimensional’ Conditions 3 and 4, which are the same as condition (II) and (III) in the
statement of Theorem 5.1 in [[F]. See also Remark B.5.

6 Examples

In what follows, we provide several explicit applications of the main estimates proved in the
paper. In particular:

e Section [6.1] focuses on vectors of single and double integrals.

e Section .9 deals with three examples of continuous-time functionals of Ornstein-Uhlenbeck
Lévy processes.
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6.1 Vectors of single and double integrals

The following statement corresponds to Theorem [B.3, in the special case

F = (Fl, e ,Fd) = (11(91), e ,Il(gm),fg(hl), e ,Ig(hn)) (32)

The proof, which is based on a direct computation of the general bounds proved in Theorem
B.3, serves as a further illustration (in a simpler setting) of the techniques used throughout
the paper. Some of its applications will be illustrated in Section f.9.

Proposition 6.1 Fix integers n,m > 1, let d = n+ m, and let C' be a d X d nonnegative
definite matriz. Let X ~ Ny(0,C). Assume that the vector in (33) is such that

1. the function g; belongs to L*(p) N L3(p), for every 1 <i < m,

2. the kernel h; € L?(u?) (1 <i < n)is such that: (a) hy*sh;, € L2(ub), for 1 <iy,ip <mn,
(b) h; € L*(u?) and (c) the functions |hq, | %5 |hiy|, [hiy| %9 [hiy| and |hiy | %9 |hiy| are well
defined and finite for every value of their arguments and for every 1 < ij,ip < n, (d)
every pair (h;, hj) verifies Assumption C, that in this case is equivalent to requiring that

/\// p(da)h?(z,a)h?(z,a)u(dz) < 0.
z\Jz

Then,
1
d3(F,X) < 5V51+ 5+ 55+ 5
1
< 5V/51+ S5+ S5 + S
where
S1 o= Z (C(il7i2) - <gi1=gi2>L2(u))2
i1,da=1
Sy = > (Clm+ji,m+j2) = 20y, by 2.2)* + Ay x5 By 720 + 8l *1 1|72 ,2
J1,52=1
Sy = > > 20(i,m+§)*+5)gi %1 byl
i=1 j=1

Suo= m2> gl + 802 S sl (I [ 2age + V2l 4 iy llr2s)
i=1 j=1

S5 = > (Clm+ji,m+j2) — 2(hj,, by r2gee))® + kg, S by 2y % g, %3 Byl 22
J1,J2=1
8|1, %1 Ry 2 a2y X s *1 hjall 122

Ss = Y 2C(i,m+ ) +5llgill 720 x by *1 hillr2e)
i=1 j=1
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Proof. Assumptions 1 and 2 in the statement ensure that each integral appearing in the
proof is well-defined, and that the use of Fubini arguments is justified. In view of Theorem
[.9, our strategy is to study the quantities in line ([[§) and line ([[f)) separately. On the one
hand, we know that: for 1 <i<m,1 < j <n,

D.11(gi(-)) = gi(2), —D.L™ ' 1(gi(+)) = gi(2)
D.Iy(hj(-,) = 2L (hj(2,-)),  —D:L7'I(hy(,-)) = Li(hy(z,))
Then, for any given constant a, we have:

—for1<i<m,1<j<n,
E((a — (D1 (gi,), —D-L™ ' 11(9:,)))*] = (a = (giy> 9ix) 12()) "

- fOI’ 1 S j17j2 S n,

El(a — (D:Iz(hj,), —D:L ™' I(h;,)))?)
= (a— 2<hj17 hj2>L2(u2))2 + 4”hj1 *% hj2H%2(u) + 8th1 *% hj2“%2(u2)§

—for1<i<m,1<j<n,
, g W2 2 L2
El(a — (D:Ix(h;), =D.L™ " 11(9:)))"] = a” + 4llgi 1 hjll 72,
El(a = (D:11(g:), =D-L™ ' I2(h))’] = a® + ||gs %1 Pl 72()-

So
1
1L9) = 5\/ S1 4 S2 + 53

where S1, 59,53 are defined as in the statement of proposition.

On the other hand,

2

2 2 m n
(ZIDde) = (D olg@+2d 1h(hi(z))] ]
=1 =1 7j=1

d m n
SUID.LTE =Y lgi(2)] + Y 1 (hy(z,0)-
=1 i=1 j=1

As the following inequality holds for all positive reals a, b:

(a+2b)%(a+b) < (a+ 2b)3 < 4a® + 3203,
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we have,

2

E <§d: |DzFZ-|> (i |DleFz‘|>

i=1

= E|[[D gz \+2Z\Il z,0))| Z!gi(z)HZ!h(h](z

1=

[y

3

4<Zlg¢(2)|> +32 [ > 1 (hy(z,)]

=1 j=1

IN
=

< 4m22!gz \3+32n221h z,)P]-

7j=1

By applying the Cauchy-Schwarz inequality, one infers that

/Zu(dZ)EHIl(h(Zw))\B] < \/E UZ u(dZ)!h(h(Zr))\“} X1l L2 2y -

E [ /Z p(d2)| 1 (h(z, ->>|4] = 2|[hwy Al + Rl 72 ()

Notice that

We have

1 d 2 /4
@ = I 1C o /Z p(d2)E <Z|DZF@-|> (ZiDzL‘1E|>
=1 i=1

IC3C o (1 Zugznm(ﬂ

IN

+8n22||h 2y (s ) + V21A5 54 hslzg) )

= [lc” ||3/2\|C||op54

We will now apply Lemma P.9 to further assess some of the summands appearing the definition
of 55,53. Indeed,

— for 1 <j1,72 <n,
Ry %3 P72y < W #2 Ry 2 gusy X [hys %3 Bl 2 sy
g %1 Ry 222y < IBg *1 hiillgeey X g, %1 P [l L2 a2
—for1<i<m,1<j<n,
lgi %1 Al 72 < 19ill7200 X 1Ry %1 Bl L2 2y

. . k
by using the equality ng( *0 gZ ||L2(u2) ng( )H‘}JQ
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Consequently,

Sy < Z (C(m +J1,m +j2) - 2<hj1=hj2>L2(u2))2 + 4th1 *(1] hjl ”LQ(M?’) X th2 *(1) hj2HL2(M3)
J1,52=1
8|1, %1 Ry 2 a2y X s *1 hjall 122
= 555

m

Ss < DN 2C(,m+5)° +5llgill 72 * 1 %1 Billz2e
i=1 j=1

Remark 6.2 If the matrix C' is positive definite, then we have

V=
F

do(F, X)

IN

IC™ oplICII23V/S1 + Sz + S5+ ~——[|CHIEL2 (1Ol opSa

IN

1C ™ loplICllep? /51 + S5 + S5 + ——ICH 321 CllopS

by using Theorem B.3.

The following result can be proved by means of Proposition p.], or as a particular case of
Theorem B.7.

Corollary 6.3 Let d = m+n, with m,n > 1 two integers . Let X ~ Ny(0,C) be a centered
d-dimensional Gaussian vector, where C' = {C(s,t) : s,t = 1,...,d} is a d X d nonnegative
definite matrixz such that

C(i,j+m)=0, VI<i<m,1<j<n.
Assume that

FO = (F® L EOY = (1), ... L™, (0P, ... L(h®))

where for all k, the kernels ggk), . ,gg;) and hgk), .. .,hslk) satisfy respectively the technical
Conditions 1 and 2 in Proposition [6.1 . Assume moreover that the following conditions hold
for each k > 1:

1.
lim E[F* )F(k)] C(s,t), 1<s,t<d.

k—00

or equivalently

tim (g, g0} 12y = Clinyia),  1<iiz <m,
klglf0102<h§lf)7h§2)>L2(u2) = C(m+j1,m + j2), 1< 71,52 < n.
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2. For every i = 1,...,m and every j = 1,...,n, one has the following conditions are
satisﬁed as k — oo:

k)
() 195" 135 = 05 (8) 11”134,y = 07
k) k) (k (k
(c) |1h" <} h< 2y = 10 %8 B2y = 0;

(@) |nS*) +1 h(k - 0.

HLQ(#

Then F®) — X in law, as k — oo. An explicit bound on the speed of convergence in the
distance ds is provided by Proposition [6.1.

6.2 Vector of functionals of Ornstein-Uhlenbeck processes

In this section, we study CLTs for some functionals of Ornstein-Uhlenbeck Lévy process.
These processes have been intensively studied in recent years, and applied to various domains
such as e.g. mathematical finance (see [[§]) and non-parametric Bayesian survival analysis
(see e.g. [B, []). Our results are multi-dimensional generalizations of the content of [,
Section 7] and [[L§, Section 4].

We denote by N a centered Poisson measure over R x R, with control measure given by
v(du), where v(-) is positive, non-atomic and o-finite. For all positive real number A, we
define the stationary Ornstein-Uhlenbeck Lévy process with parameter A as

Y =1L(f) = \/ﬁ/t / wexp(—=A(t — z))N(du,dz), t>0
—oo JR

where f(u, ) = V2A1(_ o y(@)uexp(—A(t — x)). We make the following technical assump-
tions on the measure v: [pu/v(du) < oo for j = 2,3,4,6, and [, u’v(du) = 1, to ensure
among other things that Y;* is well-defined. These assumptions yield in particular that

Var(Y;)) = E[(Y))?] = 2\ /_t /]RUQ exp(—2A(t — x))v(du)dx =

We shall obtain Central Limit Theorems for three kind of functionals of Ornstein-Uhlenbeck
Lévy processes. In particular, each of the forthcoming examples corresponds to a “realized
empirical moment” (in continuous time) associated with Y*, namely: Example 1 corresponds
to an asymptotic study of the mean, Example 2 concerns second moments, whereas Example
3 focuses on joint second moments of shifted processes.

Observe that all kernels considered in the rest of this section automatically satisfy our
Assumptions A, B and C.

Example 1 (Empirical Means)
We first recall the definition of Wasserstein distance.

Definition 6.4 The Wasserstein distance between the laws of two R%-valued random vec-
tors X and Y with E|| X||ge,E||Y ||ga < 0o, written d,(X,Y"), is given by

du(X,Y) = SEE E[g(X)] — E[g(Y)]],

where H indicates the collection of all functions g € CL(R?) such that ||g||Lip < 1.
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1
We define the functional A(T, \) by A(T,\) = Woa fOT Y\dt. We recall the following limit
theorem for A(T, \) , taken from Example 3.6 in [ﬁf
Theorem 6.5 As T — oo,

A(T,)\) N
N QT/ / yirdr 1

and there exists a constant 0 < a(\) < oo, independent of T and such that

d AT A X <o
w \/2/—)\7 = ﬁ

Here, we present a multi-dimensional generalization of the above result.

1) X ~ N(0,1),

Theorem 6.6 For \i,..., g >0, as T — oo,

AT) = (AT, A1), .., AT, M) ™9 X, (33)

where Xp is a centered d-dimensional Gaussian vector with covariance matriz B = (Bij)dxd;
with Bij = 2/y/AiXj, 1 < 4,5 < d. Moreover, there exists a constant 0 < a = a(\) =
a(A, ..., Ag) < oo, independent of T and such that

ds(A(T), Xp) <

Proof. By applying Fubini theorem on A(T,\), we have

1 T
ﬁ/o Yt = Ii(gar)

[2x [T
a1 = L oo (T)u T / exp(—A(t — x))dt
zV0

where

E[A(T,

T, M) A(T, X))
0
= /]RU2V(dU)(/oo T\/_exp( (i + Aj)z) x (1 —exp(=NT)) x (1 —exp(—=A;T))
T
+

/0 T\/_exp( (Ni + Aj)z) x (exp(=Aiz) — exp(=AT)) x (exp(—\jz) — exp(—)\jT))>
2 1 1
N Ailj ()\i IV (1= exp(=AT)) x (1 = exp(=\T)) + T ~ 3, ¢ (L= exp(=AT))

_)\ij(l — exp(—)\jT)) + N )\j(l —exp(—(\; + )\j)T)))

2 1
= Ol = T .
)\i)\j + (T) asI'— oo
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1
And we may verify that ]]gA,T\\?i3(dde) ~ I for all A € R. (See [[7] and [[[§] for details.)
Finally, we deduce the conclusion by using Corollary .3 m

Example 2 (Empirical second moments)
We are interested in the quadratic functional Q(7', \) given by:

T,)\) =T ! TY“d 1 T>0,)A>0
Q(?)_ (TA(t) t_>7 > U, A >

In [[7] and [[L§], the authors have proved the following limit theorem for Q(T, \). (See Theorem
7.1 in [[[q] and Proposition 7 in [[[§])

Theorem 6.7 For every A >0, as T — oo,

T
Q(T, \) ::ﬁ(%/ (Y;A)th_1> (tow) \/§+cg x X
0

where X ~ N(0,1) is a standard Gaussian random variable and c? = Jz utv(du) is a constant.
And there exists a constant 0 < B(\) < 0o, independent of T and such that

Q(T, ) B

X | <22
Vite

d <
w ﬁ
We introduce here a multi-dimensional generalization of the above result.

Theorem 6.8 Given an integer d > 2. For A\y,..., g >0, as T — oo,

QUT) = (Q(T, 1), ..., QT M) U X, (34)

where X¢ is a centered d-dimensional Gaussian vector with covariance matriz C = (Cij)dxd;

defined by

i +c? 1<iji<d
>\@+>\] Cya _Za.]_ 9

and ¢2 = [p utv(du). And there exists a constant 0 < B(X) = B(A1, ..., Aq) < 0o, independent
of T and such that

Cij =

ds(Q(T), Xc) < %

Proof. For every T' > 0 and A > 0, we introduce the notations

~—

1w ) !
%M(exp (Az +2')) x (1 — exp(—2AT)) x 1 (zva/<0)

+exp (Mz + ') x (exp(—2A(z V 2')) — exp(—2AT)) x 1(mw/>0))

Hyp(u,z;u',2") = (uxu)

1 —00
H} p(u,x) = u2(+T)(x)(exp(2)\x) x (1 —exp(—2AT)) x 1(;<p)

+exp(2Az) x (exp(—2Az) — exp(—2AT)) x 1(m>0)>

33



By applying the multiplication formula () and a Fubini argument, we deduce that
Q(T7 )‘) = Il(\/fH;,T) + IQ(ﬁH)wT)?

which is the sum of a single and a double Wiener-It6 integral. Instead of deducing the
convergence for (Q(T,\1),...,Q(T, \q)), we prove the stronger result:

law
(W(VTH, 1), E(VTH, ), (VT Hy, 1), ..., (VT Hy, 7)) % Xp (35

as T — oo. Here, Xp is a centered 2d-dimensional Gaussian vector with covariance matrix

D defined as:
2 if1<i,j5<d

1284

4

A+ A j ’
0, otherwise.

D(i,j) = ifd+1<i,j<2d

We prove (BY) in two steps (by using Corollary [.). Firstly, we aim at verifying
lim EFVF") =D@,j), 1<ij<2d,
T—o0 J

for

2T _ Il(\/THXk’T), Hf1<k<d
| (WTH, 1), ifd+1<k<2d

Indeed, by standard calculations, we have

T H3, p(u,2)H3, p(u, x)v(du)dz

RxR
1,, 1 1
= fcy<m x (1 —exp(=2A\T)) x (1 —exp(—2\,T)) + T — ™ x (1 —exp(=2A\T))
1
“gn % (L= (=24 T) 4 g (1 - exp(-200 + M)T)))
= 40 h T —
= G T ’ as 00,

and
2T / Hy, r(u,z;u', 2" ) Hy, p(u, 250, 2" )v(du)v(du')deds’
R4

2 /(1 —exp(=2M\T)) x (1 — exp(—=2\;T)) 2

1
- T( TR W (T - 2—/\i(1 — exp(—2\,T))
1 1
= 1 0] . T
Ry + 7 as T — oo.

Secondly, we use the fact that for A = A\1,..., Ay, the following asymptotic relations holds as
T — oo:
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(a’) ”ﬁH;,THi?’(dudar) ~

ol
1
®  IVTHxr s wanp) ~
1
(0 NTHx7) % VTHAD) | 12(dvde) = |(VTHa) £ (VT Hy 1) |12 (dvde)s) ~ =
1

(©)  I(VTH} ) % (VTHAT) | 22 vy ~ %

The reader is referred to [[[7, Section 7] and [[I§, Section 4] for a proof of the above asymptotic
relations. m

Example 3 (Empirical joint moments of shifted processes)
We are now able to study a generalization of Example 2. We define

1 T
Qn(T,\) :=VT <f/ YAV, dt — exp(—)\h)> ., h>0,T>0,A>0.
0

The theorem below is a multi-dimensional CLT for Qp(T, \).

Theorem 6.9 For A\q,...,A\g >0 and h >0, as T — oo,

Qn(T) = (Qn(T.M)s .-, Qu(T, M) ™ Xp, (36)
where Xg is a centered d-dimensional Gaussian vector with covariance matrix E = (Eij)dxd,
with

B 4
v i+ )\j

and ¢ = [y utv(du). Moreover, there exists a constant 0 < v(h,A) = y(h,A1,...,Aq) < 00,
independent of T and such that

—i—clz,exp(—()\i—l—)\j)h), 1<ij<d

v(h, X)

d3(Qn(T), Xp) < T

Proof. We have
T T—h
| vivdae = [ nednd
0 OT—h
= /0 <12(ft>‘ *0 ﬁf‘th)%-h(ftA X ft)\+h)+ft)\*% ft/\+h)dt

T—h . S
_ / (Lahi) + () + C) e
0
= L(TH} ;) + L(THY}) + C(T — h)

by using multiplication formula (f) and Fubini theorem. By simple calculations, we obtain
that
hi\,h(u7 Z; ’LL/, .%'/) - 2)‘1(foo,t]><(foo,t+h} (.%', .%'/) x uu' eXp(_)‘(zt +h—x— .%'/))

35



B;’}i‘(u, 7) = 2A1 (o () X u? exp(—A(2t + h — 2x))
as well as
*,h 1 T, *,
Hyr(u,z) = T/ hy p, (u, x)dt
0

_ u21(_°°#ﬂ(x) x exp(A(2x — h)) x <1{$>0} X (exp(—2Azx) — exp(—2AT))

+1ip<op x (1= exp(~227)))

1 /T,
H,}\l,T(Uax?U/’OC,) = T/o h;\,h(u,m;u’,x’)dt
Lo (@)1 o /
T -2 @) ZE 7+ (@) x exp(A(x + 2’ — h))
X (1{xv(x'—h)>0} X (exp(—2)\(:ﬂ V(z' —h))) — exp(—2)\T))

+1iav@—ny<oy X (1 — eXP(—Q)\T))>
Similar to the procedures in the precedent example, we prove the stronger result:

* * law
(W(VTHY"), .. . h(VTHY"), L(VTHY, 1),... . L(VTHY, 1)) ) X (37)

as T' — oo. Here, Xpn is a centered 2d-dimensional Gaussian vector with covariance matrix

D" defined as:
cpexp(—(\i +Aj)h), if1<i,j<d

4
DM, j) = ifd+1<i,j<2d
(i, ) N ifd+1<i,j<
0, otherwise.
We have
T H;:g(u,x)H;:]%(u,x)y(du)dx
RxR
1, 0
= TC”</_OO dzexp (X + Aj)(2z — h)) x (1 —exp(—=2X\,T)) x (1 — exp(—2\;T))

T
+ /0 dzexp (A + Aj)(2z — h)) x (exp(—2X;z) — exp(—2\T)) x (exp(—2X;z) — exp(—QAjT))>

1
= cexp(—(\i +\j)h) +0 <T> . as T — oo,

‘We notice that
Hf\L,T(%?C; o' 2’) = Hyr(u,z;u', 2" — h)

Then, as shown in the proof of Theorem [.§, we have

4 1
2T H! H! du)dz = ol|l=]. T )
. )\7T(u7$) A,T(U,HU)V( u)dzx Nt + (T) as T — oo
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Just as the precedent example, we may verify that for A = A1,..., Ay and h > 0, the following
asymptotic relations holds as T — oo:

(a) H\/_H;g"HL?’(dudw %;

O IVTH s o) ~ =

(0 I(VTH}p) (\/THQ,THB(dde) = (VT Hx 1) <) (VTH )l 12 (dvda)?) ~ %;
(@) ITHED) * (VTHE D ooy ~ %;

©  IWTH) A VT Hy ) ) ~ =

We conclude the proof by analogous arguments as in the proof of (B4). =

The calculations above enable us to derive immediately the following new one-dimensional
result, which is a direct generalization of Theorem 5.1 in [L7].

Corollary 6.10 For every A >0, as T — oo,

Qr(T,\) — (faw) \/)\ + 2 exp(—2Ah) x

where X ~ N(0,1) is a standard Gaussian random variable. Moreover, there exists a constant
0 <v(h,\) < oo, independent of T and such that

V2/A + Zexp(—2\h)
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7 Appendix: Malliavin operators on the Poisson space

We now define some Malliavin-type operators associated with a Poisson measure N , on the
Borel space (Z, Z), with non-atomic control measure p. We follow the work by Nualart and
Vives [[[4], which is in turn based on the classic definition of Malliavin operators on the Gaus-

sian space (see e.g. [fl, [(1]).

(I) The derivative operator D.
For every F € L?(P), the derivative of F, DF is defined as an element of L2(P;L?(u)),
that is, of the space of the jointly measurable random functions u :  x Z +— R such that

E[[,u2u(dz)] < co.

Definition 7.1 1. The domain of the derivative operator D, written domD, is the set of
all random variables F € L?(P) admitting a chaotic decomposition ([l) such that

S Rk fil 2y < 00,
k>1

2. For any F € domD, the random function z — D,F is defined by
o
D.F = kIi_1(fr(z,")).
E>1

(IT) The divergence operator 9.
Thanks to the chaotic representation property of N, every random function u € L?(P, L?(u))
admits a unique representation of the type

Uy = ZIk(fk(Za ))’ z € Z, (38)
k>0

where the kernel fy is a function of k + 1 variables, and fj(z,-) is an element of L2(u*). The
divergence operator §(u) maps a random function u in its domain to an element of L?(P).

Definition 7.2 1. The domain of the divergence operator, denoted by domd, is the col-
lection of all w € L*(P,L?(n)) having the above chaotic expansion (3§) satisfied the
condition:

> (e DUl 72 g0y < 00
k>0

2. For u € domd, the random variable 6(u) is given by

S(u) =Y Teya(fr),

k>0

where fi, is the canonical symmetrization of the k + 1 variables function fj.

As made clear in the following statement, the operator § is indeed the adjoint operator of D.
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Lemma 7.3 (Integration by parts) For every G € domD and u € domd, one has that
E[Gé(u)] = E[(DG, u) 2]

The proof of Lemma [7.d is detailed e.g. in [4].

(ITTI) The Ornstein-Uhlenbeck generator L.

Definition 7.4 1. The domain of the Ornstein-Uhlenbeck generator, denoted by domlL, is
the collection of all F € L?(IP) whose chaotic representation verifies the condition:

D ER il 2y < 00
k>1

2. The Ornstein-Uhlenbeck generator L acts on random variable ' € domL as follows:

LF = =Y kI(f)-

k>1

(IV) The pseudo-inverse of L.

Definition 7.5 1. The domain of the pseudo-inverse of the Ornstein- Uhlenbeck generator,
denoted by L1, is the space LE(P) of centered random variables in L*(P).

2. For F =Y Ii(fx) € L3(P) , we set
k>1

40



