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Abstract

We derive a forward partial integro-differential equation for prices of
call options in a model where the dynamics of the underlying asset under
the pricing measure is described by a -possibly discontinuous- semimartin-
gale. This result generalizes Dupire’s forward equation to a large class of
non-Markovian models with jumps and allows to retrieve various forward
equations previously obtained for option prices in a unified framework.
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Since the seminal work of Black, Scholes and Merton [6, 27] partial differen-
tial equations (PDE) have been used as a way of characterizing and efficiently
computing option prices. In the Black-Scholes-Merton model and various exten-
sions of this model which retain the Markov property of the risk factors, option
prices can be characterized in terms of solutions to a backward PDE, whose
variables are time (to maturity) and the value of the underlying asset. The use
of backward PDEs for option pricing has been extended to cover options with
path-dependent and early exercise features, as well as to multifactor models
(see e.g. [1]). When the underlying asset exhibit jumps, option prices can be
computed by solving an analogous partial integro-differential equation (PIDE)
(2, 13].

A second important step was taken by Dupire [15, 16, 18] (see also Derman
& Kani [14]) who showed that when the underlying asset is assumed to follow
a diffusion process

dSt = O'(t, St)th

prices of call options (at a given date () solve a forward PDE in the strike and
maturity variables:

3C’t0 3C’t0 + K20'(T, K)2 820,50
oT oK 2 OK?

on [tg, 00[x]0, 0o[ with the initial condition: VK >0 Ci,(to, K) = (S, — K) 4.
This forward equation allows to price call options with various strikes and ma-
turities on the same underlying asset, by solving a single partial differential
equation. Dupire’s forward equation also provides useful insights into the in-
verse problem of calibrating diffusion models to observed call and put option
prices [5].

Given the theoretical and computational usefulness of the forward equation,
there have been various attempts to extend Dupire’s forward equation to other
types of options and processes, most notably to Markov processes with jumps
[2, 9, 11, 24, 8]. Most of these constructions use the Markov property of the
underlying process in a crucial way.

As already noted by Dupire [17], the forward PDE holds in a more general
context than the backward PDE: even if the (risk-neutral) dynamics of the
underlying asset is not necessarily Markovian, but described by a continuous
Brownian martingale

=—r(TK

dSt = Stgtth

then call options still verify a forward PDE where the diffusion coefficient is
given by the local (or effective) volatility function o(¢,.S) given by

o(t,S) =/ Elo}|S: = 5]

This method, also known as “Markovian projection”, is linked to the construc-
tion of a Markov process which mimicks the marginal distributions of a mar-
tingale [4, 21, 26]. Such “mimicking processes” provide a method to extend the
Dupire equation to non-Markovian settings.



We show in this work that the forward equation for call prices holds in a
more general setting, where the dynamics of the underlying asset is described by
a -possibly discontinuous- semimartingale. We present two different derivations
of this result. The first derivation (Section 1) is based on a generalization [4] of
Gyongy’s [21] “mimicking theorem” to semimartingales. The second derivation
(Section 1.3), based on the Tanaka-Meyer formula, has the merit of requiring
weaker assumptions on the local characteristics of the process. Neither of the
two methods requires ellipticity or non-degeneracy of the diffusion coefficient;
the results are thus applicable to pure jump models and point process models
used in equity and credit risk modeling.

Our result extends the forward equation from the original diffusion setting
of Dupire [16] to various examples of non-Markovian and/or discontinuous pro-
cesses and implies previous derivations of forward equations [2, 7, 9, 8, 11, 16,
17, 24, 25] as special cases. Section 2 gives examples of forward PIDEs obtained
in various settings: time-changed Lévy processes, local Lévy models and point
processes used in portfolio default risk modeling. In the case where the under-
lying risk factor follows, an Ito process or a Markovian jump-diffusion driven by
a Lévy process, we retrieve previously known forms of the forward equation. In
this case, our approach gives a rigorous derivation of these results under precise
assumptions in a unified framework. In some cases, such as index options (Sec.
2.5) or CDO expected tranche notionals (Sec. 2.6), our method leads to a new,
more general form of the forward equation valid for a larger class of models than
previously studied [3, 11, 30].

The forward equation for call options is a PIDE in one (spatial) dimension,
regardless of the dimension of the factors driving the underlying asset. It may
thus be used as a method for reducing the dimension of the problem. The case
of index options (Section 2.5) in a multivariate jump-diffusion model illustrates
how the forward equation projects a high dimensional pricing problem into a
one-dimensional state equation.

1 Forward PIDEs for call options

1.1 General formulation of the forward equation

Consider a (strictly positive) price process S whose dynamics under the pricing
measure P is given by a stochastic volatility model with jumps:

T T T ptoo ~
Sr :So+/ r(t)Stfdt—i—/ Stfétth—i—/ / S, (e¥ — 1)M(dt dy) (1)
0 0 0 —o00

where 7(t) > 0 represents a (deterministic) bounded discount rate, §; the (ran-
dom) volatility process and M is an integer-valued random measure with com-
pensator pu(dtdy;w) = m(t,dy,w) dt, representing jumps in the log-price, and
M = M — pu is the compensated random measure associated to M. (see [12, 29]
for definitions). Both the volatility §; and m(t,dy), which represents the in-
tensity of jumps of size y at time ¢ are allowed to be stochastic. In particular,



we do not assume the jumps to be driven by a Lévy process or a process with
independent increments.
We assume the following integrability condition:

Assumption 1.

vI'>0, E lexp <; /OT 62 dt + /OT dt/R(ey —1)%m(t, dy))] < o0 (H)

The value Cy, (T, K) at time tg of a call option with expiry T > ¢y and strike
K > 0 is given by
T
Coo (T, K) = e J10 "% E¥[max(Sy — K, 0)|Fy, (2)

As argued below (see Section 1.3) under Assumption (H), the expectation in (2)
is finite.
Our main result is the following;:

Theorem 1 (Forward PIDE for call options). Let 1; be the exponential double
tail of the compensator m(t, dy)

) Sodre [T mit,du) 2 <0
’(/)t(Z) - { fz+oo dr e® fzoo m(t,du) 2> 0 (3)

and define
{a(hz) = VE?[S: =2; n
Xey(2) =E [ (2)|S- =y]

Under assumption (H), the call option price (T, K) — Cy,(T, K), as a function
of maturity and strike, is a solution (in the sense of distributions) of the partial
integro-differential equation:

80250 - 66750 KQO'(T, K)2 820750 +oo 820t0 K
(5)

on [to, 00[%x]0, 00| with the initial condition: VK >0 Cy,(to, K) = (S, — K)+.

Remark 1. The discounted asset price
ST — e S r(t)dt Sr,

is the stochastic exponential of the martingale U defined by

T T R

UT = / (St th +/ /(ey - 1)M(dt dy)

0 0

Under assumption (H), we have
1
vT >0, E [exp <2<UC, Ut + (Ud,Ud)T>} < 0

and [28, Theorem 9] implies that (St) is a P-martingale.



The form of the integral term in (5) may seem different from the integral
term appearing in backward PIDEs [13, 23]. The following lemma gives an
interpretation of x7 ,(z) in terms of call payoffs, which casts this term into a
more familiar form:

Lemma 1. Let n(t,dz,y,w)dt be a random measure on [0, T] x R x R verifying

oo

vt € [0,T], / (e Az|?)n(t, dz,y,w) < oo a.s.

—0o0

Xt,y(2) its exponential double tail defined as

) o dae” ffoo n(t,du,y) 2z <0
Z) =
Xt,y f;oo dx e* f;o n(t,du,y) z>0

(6)
Then

[l = K = ety = K = K = Do lattsdsa) = e (1 (5))
Proof.

Jellyer = K)T —e*(y — K)t — K(e* — 1)1, ky]n(t, dz, y)
e — K)o sy — €50 — K)Lymscy — K€" — Dyt d2.9)
= fR[(yez B K)lz>1n(%)} + (K - yez)1y>K}]n(ta dz, y)

o If K >y, then

[ el = K01 sy + (K =y dz.)
R Yy

+o0o X
= [ v =it dz ) 7)
1

n (%)

o If K <y, then

/ L eyyl(ye® — K)oy, )y + (K — ye*) Ly iy n(t, dz, y)
R Y

ln(%)

+oo
/1 ((ye” — K) + (K — ye)In(t, dz,y) + / K — yeln(t, dzy)

n(%) —o0

n(K) B
- / y(€" ) - e*)n(t, dz, y)

oo

Using integration by parts, x:, can be equivalently expressed as

_ [ (e —e")n(t,duy) z<0
Xt,y( ) - { fZOO(eu _ ez)n(t,du,y) 2> 0



Hence:

Auwz—Kﬁ>w%y—Kﬁ>J«é—wﬂw«ﬂMuww>=ymy(m(f))

O
We will now present two different derivations of Theorem 1:

e The first derivation (Section 1.2) is based on a generalization [4] of Gyongy’s
[21] “mimicking theorem” to discontinuous semimartingales: aside from
the forward equation, this method also yields a mimicking process which
has the same marginals as the price process.

e The second derivation (Section 1.3), based on the Tanaka-Meyer formula,
has the merit of requiring weaker assumptions on the local characteristics
of the process.

1.2 Derivation using a mimicking process

We present in this section a probabilistic proof of Theorem 1 based on a gener-
alization [4] of Gy6ngy’s [21] “mimicking theorem” to semimartingales. We first
construct, using results from [4], a simpler process which has the same marginal
distributions as (S¢)¢>0. But to proceed, we need to make stronger assumptions
on the characteristics of (S¢):

vT > 0,3er > 0,Vt € [0,T],

|0¢] < er a.s (Aiq)
JANy*)m(t,dy,w) <ep <oo a.s. (Ay)
fOT fy>1 ezym(t? dy?w) S cr < o0 a.s. (A3a)

Under these assumptions, we have the following result:

Proposition 1 (Mimicking a stochastic volatility model with jumps).
Assume (A1,), (A2q) and (Asg). Define fort >0, z € R, A € B(R\{0}),

o(t.2) = VE?IS, =2 n(tAz) =EmtA)S =2  (9)

If o and n are continuous in (t,z) on [0,T]x]0, 00|, there exists a weak solution
((Ye)tepo,11, Qs,) to the stochastic differential equation

T T T p+oo ~
Y: =5 +/ r(t)Y},dt—i-/ Yi_o(t,Y;—)dB, +/ Yi_(e¥ —1)N(dt dy)
0 0 0 J-oco
(10)
where (By) is a Brownian motion, N an integer-valued random measure on

[0, T] x R with compensator n(t,dy,Y;_)dt, N the compensated random measure
associated with N .



Y is the unique solution of the martingale problem for the infinitesimal generator
L given, for f € C§°(]0,T) x R), by

Li(tz) = xr(t)%(t,x) + M%(m)
of

(11)
/ (b e¥) = £(t,2) ~ Uyjazle? —1)- 52 ). dy, )

and the marginal distributions of Y mimick those of S:
vt e [0,T],Y; = S,.

(9) means that for any function f : R — R such that E [ [ f(y) m(t, dy)] < oo

o[ s~ - [

Proof of Proposition 1. Applying the Ité formula to X = In (St), we obtain

T T
XT = ln(50)+/0 Sti—dSt ;A 52 (St 51&) (12)
+ Z [111 (S,- +AS) —In(S,-) — SASt} (13)

t<T

= In(S) + /T ( (t) — (52) dt+/ 5 AW, (14)
/ [ @y - / / j (¥ — 1~ y) M(dt dy)(15)

Note that |e¥ —1—y1,<1| < & 1‘y|<1 +C1ly<—1+€*1,~1. Using assumptions
(Az,) and (Asg), for all T there exists Kp > 0 such that

+

T froo
/ / (ey 71*y1|y\§1) m(t,dy) dt < Kr
0 —o0



allowing us to write
T +oo _ T +oo
/ (e = 1)M (dt dy) — / / (e —1—y) M(dtdy)
0

— 1=yl <1) M(dtdy)

I
C\ﬂ
P
2 +

3
6y

@

|

=
=
B
oW
s

I
O\ﬂ
P
8%

/oT/_;( DM (e dy) - //m Y= 1= ylyj<a) M(dt dy)
_ /OT/_OO( — 1=yl <1) m(t,dy) dt+/ /y>1 M (dt dy)
/

o0 B 400
Y1y <1 M(dt dy) — / / (e¥ —1—ylyy<1) m(t,dy)dt
0 —0o0

+ /OT/||>1yM(dtdy)

We obtain the following decomposition of Xp

T T T
XT = X0+/ ﬁt dt+/ 6,5 th-f—/ / dtdy / / dtdy
0 0 0 \y\gl y\>1

(16)

I
S—
N
|
8

with )

B =r(t) — 5(53 - / (e =1 =yl <1) m(t,dy)dt
Define:

B2(t,2) = E[B| X;- = In(2)];

With the notations of [4, Theorem 1]: §; and §; satisfy (H;) and n satisfies (Hs).
The continuity of o(¢,2) and n(t,y, z) in (¢,2) on [0,T] x [0, co[ guarantees the
continuity of (¢,z) — E[B|X;- = In(z)]. Applying [4, Theorem 1], there exists
(Z;) weak solution of

t t t t
2= %o+ [ BV dut [ otuviaser [ [ yNawa+[ [ yN@uay
0 0 0 Jyl<1 0 Jly|>1

where N is an integer-valued random measure on [0,7] x R with compensator
n(t,dy,Y;_)dt, N the associated compensated random measure, such that (Z;)
mimicks the marginal laws of (X%).

Therefore, Y; = exp(Z;) has the same marginal distributions as S; and Y;
satisfies the following SDE:

T “+oc0

T
Yo o(t, Y, )dB, + / Yo (¢! — 1) N (dtdy)

0 —o0

T
=S50+ / r(t)Yi—dt +

0 0
This ends the proof. O



Remark 2. Conditions (A14), (A2,) and (As,) are indeed stronger than (H):

(ey;zl)Q is bounded on

since y — (e¥ — 1)? is bounded on | — 0o, —1], y —
[~1,1] and y — (e¥ —1)? is bounded by y — €Y on |1,+oc[, there exist positive
constants C1,Ca, Cs such that

1
U Uy + (U, U

T T
= / 62 dt +/ /(ey —1)%m(dt dy)

0 0

T T
/ 62 dt + Cy / / 1m(dtdy) + Cs / y% m(dt dy)
0 0 Jy<-1 ly|<1
T
+ 03/ / e m(dt dy).
0 Jy>1

So by [28, Theorem 9], S = E(U) is a martingale under P (see remark 1). The
mimicking process preserves the martingale property: since YT = ¢~ Jo r(at Yr
also satisfies assumption (H), exp(Y) is a martingale under Qg, .

IN

Proof of Theorem 1. We first note that, by replacing P by the conditional mea-
sure Pz, given Fy, we may replace the conditional expectation in (2) by an
expectation with respect to the marginal distribution p3.(dy) of Sz under Pz, -
Thus, without loss of generality, we put ¢ty = 0 in the sequel, consider the case
where Fy only contains null sets and we denote Cy(T, K) = C(T, K) for sim-
plicity. Consider X; = In (S¢) as in (16). Define the infitesimal generator Hy as
follows: for f in C§°(R),

Hrf(y) = <T(T) - lCT(T, y)? — /OO (6" = 1—21,<1) n(T,dz,y) dt) f'(y)

2 —00
o(T,y)?

M

() + /}R Fly+2) — F) — 2 @)n(T, dzy)

The distribution p# (dy) of Xt given Fy solves a forward Kolmogorov equation
[4, Theorem 3]:

Opx

57 = Hrrt,s
where H% is the L?-adjoint of Hy. For all f in Cgc( ), E[f = [o f(w)p7 (dy
but also E[f(Xr)] = E[f(In(S7))] = [ f( pT(dy) hence 88’4 fly) =

pa (dy)Hr.f(y) = p3(dy)Hr.f(In (y )) leadmg to after change of variable, the
Kolmogorov forward equation for ((S¢), Pz, ):

ops3
o7 = Lrpt,

where L% is the L?-adjoint of L, defined for all f in C§°(R) by

Lrf(y) = r(T)yf'(y) + LoL2° pr(y)
+ Jolf(ye*) = f(y) —y(e = 1) f' (y)]n(T, dz, y)



We decompose L into a differential and an integral component: Ly = Ar+ By
where

20’T 2
Yy (2,1/) )

Bri(y) = / [Fwe?) — F@) — u(e® — D) @)]n(T, dz, y)

Arfly) = r(Dyf'(y) +

Using the fact that ya%(y—K)‘”‘ = K1,y +(y—K)4 and GB—I;(y—K)‘*‘ =ex(y)
where €x is a unit mass at K, we obtain

Ar(y— K)* = r(D)[K s + (g — K)] + LIT

5 €x(y)

and

Br(y— K)* = [plye” = K)" —(y — K)t — (e* = 1) (K1ysky + (y — K)7)In(T, 2,y) dz
= pllye* = K)* —e*(y — K)" — K(e = D15y |n(T, 2,y) dz

Applying Lemma 1 to the random measure n(T, dz,y) yields

Br(y — K)* =x1y (hl (5))

(2) can be expressed as

C(T,K) = e I ‘“/ (y = K)" p(dy) (17)
R+
We observe that for all ¢ in [0, T7:
+ oy
ot

= pP(dy)r(®) KLy + (y — K)T1+pf(dy

(y— K) (dy) = p;(dy) Ly. (y — K)©
)yQa(t,y)Q

5 €x(y)

+oo
n (&
+ pf(dy)ley}/ y(e* — ") n(t, dz, y)

ln(%)
S ln(%) ln(ﬁ)
b lkeypi(dy) / y(€" ) — eIn(t, dz,y)
— 00
2.2

C n
erlKLysxy + (v = K) 4+ 5 e (u) + locyery (1 - ¢

< Krp (18)

() ) e

IN

er + 1> k) yeln

Therefore using a dominated convergence argument, one may differentiate (17)

10



with respect to T":

oC

T ops.
Gr = o)+ e ios [ gt Py

- aT

CHT)C(T,K) + e I e / (y— K)" Lt pS(dy)
R+

—H(T)C(T, K) + e i roa / p(dy) Ly (y — K)*

R+
By differentiating with respect to K, we get:

oC *° 02C
ST K) = = K0 | iy STy = e KOy (19)

Note that, unless p% has a density with respect to the Lebesgue measure,
0?C/OK? is in general a positive measure, not a function.

ac K20(T, K)? 9*C

7y ar /R P Ar(y=K) = —r(D)K g (DO K+

0K
+oo K
e dor t)‘“/ p(dy) X1,y <1H <y>)
0

teo 920 K
Yo (T, dy) xr, <ln <>)
We conclude therefore that

oC T
= H0n [ iy (A + Br)(y - K)
R

T
00  K?0(T,K)? 9*C oo 920 K
= —T(T)K% + > By +/0 YoKe (T, dy) X,y <ln (y))

O

On the other hand

T
e o T(t)‘“/+ p7(dy) Br(y — K)*
R

1.3 Derivation using the Tanaka-Meyer formula

In this section we present a proof of Theorem 1 using the Tanaka-Meyer for-
mula for semimartingales [22, Theorem 9.43] under assumption (H). Unlike
the previous method, this proof does not require continuity assumptions on the
coefficients of the forward PIDE.

Proof. Let p3.(dy) be the conditional law of St given F,. As in Section 1.2,
we put {9 = 0 in the sequel and consider the case where F{ only contains null
sets. We recall:

aC >

o=k /K p(dy) = —E [1s, > k)]

o%C dt. S .
gz (Tdy) = e o 7O pii(dy)

11



Let LE = LK(S) be the semimartingale local time of S at K under P (see [22,
Chapter 9] or [29, Ch. IV] for definitions). For h > 0, applying the Tanaka-
Meyer formula to (S; — K)* between T and T + h, we have

T+h
1
(Sran — K)t =(Sr — K)* —|—/ lg, >xydSt + §(L¥+h —LY)
T
(21)
+ Z (8¢ — K)* = (Si— — K)" — 15, >k} AS;.

T<t<T+h
As noted in Remark 1, the integrability condition (H) implies that 5; = e~ Jo 7(®)ds g, —

E(U); is a martingale under P. So (1) can be expressed as dS; = r(t)S;_dt+dS;
where the discounted price :

T+h T+h . T+h
/ ls,_>KkydS; =/ ls,_>KkydS; +/ r(t)Si—1s,_sxydt
T T T

where the first term is a martingale. Taking expectations, we get:
eJd "t o(T 4 b K) — elo T A C(T, K)
=E [ r(0)Si 1, srdt+ S(LE,, - LE)]
+E [ZT<t§T+h(St —K)t = (Si- —K)* — 1St_>K}ASt} :

Noting that Si_1g, ~x} = (Si— — K)™ + Klg, -k}, we obtain

E

T+h T+h . aC
/ r(t)Si-1s, sxydt| = / r(t)elo r(s) ds [C’(t, K) - K(t,K)} dt
using Fubini’s theorem and (20). As for the jump term,

E {ZT<t§T+h(St - K)+ - (Stf - K>+ - 1St_>K}ASt}
=E |[7 " dt [ mt,da) (Si-e* — K) = (Sim = K)* —1s_ss) S (e" ~ 1)

- E[ TR dt [ m(t, de) ((S—e® — K)t — (S, — K)+
~(Si- = K)*(e" = 1) = Klg,_sry(e” = 1)]
— [ th[f m(t, dz)((Si_e® — K)*
~(Si — K)F - Klg s (e — 1))

Applying Lemma 1, to the random measure m and its exponential double tail

b:
/m(t7dm)((St,e’”—K)Jr—e”(Stf—K)+—Klst_>K}(ex—1)> = St— Y5, (ln (;j_))

12



holds, leading to:

E| Y (S—EK)" (S —K)" 1,5k} AS,
T<t<T+h

A e ;st b5, (m (;j_))]
_ /Tﬂh At E :St_E [zm,st (ln (5)) |St_”
[ ()

Let ¢ € C§°(]0, 00[) be a test function. The occupation time formula (see [22,
Theorem 9.46]) yields:

“+o00 T+h T+h
/ dK () (LK, , — LK) = /T o(Si_)d[S]¢ = /T dt (S, )52 8
0

(S7) is a martingale, hence : E[Sp] < oo. Since (Spin — K)t < Sryn,
(ST—.K')+ < ST, |ZT<t§T+h(St—K)+_(St* _K)+_1St,>K}ASt| < SSt and

E [ TT+h 1St_>K}dSt} < oo then (21) leads to : E[L%,, — LE] < co; further-

more, since ¢ is bounded and has compact support, one may take expectations
on both sides and apply Fubini’s theorem to obtain:

T+h
/ @(St)Sffi?dt]

B | [T axemet, - 15)] - e8| [

T+h
= [ aEusysiel

T

T+h
[ atE [ [p(si)st 6] IS

T

T+h
= E / dtg@(S’t,)SthU(LSt,)Q

T

oo T+h
/0 /T o(K)K%0(t, K)?p? (dK) dt

T Jir(s)d - 2 2820
= dt elo "848 K)K*o(t, K
| aeron [ o S

where the last line is obtained by using (20). Gathering together all the terms,

13

(t, dK)



we obtain:

/ dK o(K) {e o Wt o 4 p K) — elo "Wt o(T, K
0

= / T+hdtr(t) eJor(s)ds / h dK o(K)[C(t, K) k%, K)]
0

- ax

T+h o] K 2
fJ r(s)ds 90( ) 2 2a c
/T dte /0 Ko (1 K)o (1 dE)

[aoao [asfsos (n(E))] e

Dividing by h and taking the limit h — 0 yields:

_|_

_|_

> efoTr(t)dt 8£ r
/0 dK p(K) { CH(TK) + (T)C(T,K)]
oC

_ e oo r(t)ydt |, o
~ [ aret) KOO K) - (K S|

+ / (2 ) k20 (t, K)%elo T(t)dtZC(T dK)

+ / dK (K |:St XT,S7_ (IH(SI;))]
- /0 dKp(K)elo 70 dt {r(T)C(T,K)—r(T)K(O;IC;(T,K)]

oK) 0 S dtac
+ /0 5 K?0(t, K)%e 8K2(T,dK)

+ /Ooodmp( K)elo t)dt/0+ooygj(c;(Tdy)XTy<1H<I;>) (24)

Since this equality holds for any ¢ € C§°(]0, o[, R), C(.,.) is a solution of

ac K20(t, K)2 62C ac
0wy = BACRTC 0 1)k 9, )
e 92 K
o vty ()
/0 yaKQ( YIXT,y )
in the sense of distributions on [0, T]x]0, col. O
2 Examples

We now give various examples of pricing models for which Theorem 1 allows to
retrieve or generalize previously known forms of forward pricing equations.

14



2.1 Ito processes

When S is an Ito process i.e. when the jump part is absent, the forward equation
(5) reduces to the Dupire equation [16]. This result can be derived from the
mimicking theorem of Gyongy [21] in the case where the volatility process d;
verifies a non-degeneracy (i.e. uniform ellipticity) condition. In this case our
result gives an alternative set of assumptions under which the Dupire equation
holds, which do not require this non-degeneracy condition:

Proposition 2 (Dupire PDE). Consider the price process S whose dynamics
under the pricing measure P is given by:

T T
ST = S() + / r(t)S’tdt +/ St(stth (25)
0 0

Define
o(t,z) = \/E[62]S; = 7]

E lexp (; /0T5t2 dt)] <ooa.s. (Hp)

the call option price (2) is a solution (in the sense of distributions) of the partial
differential equation:

If

80150 QC’tO + KZO'(T, K)2 (‘)ZC’tD
oT 0K 2 0K?

on [to, 00[%x]0, 0o[ with the initial condition: VK >0 Cy,(to, K) = (S, — K)+.

= —r(T)K (26)

Proof. Tt is sufficient to take p = 0 in (1) then equivalently in (5). We leave the
end of the proof to the reader. O

2.2 Markovian jump-diffusion models

Another important particular case in the literature is the case of a Markov
jump-diffusion driven by a Poisson random measure. Andersen and Andreasen
[2] derived a forward PIDE in the situation where the jumps are driven by a
compound Poisson process with time-homogeneous Gaussian jumps. We will
now show here that Theorem 1 implies the PIDE derived in [2], given here in
a more general context allowing for a time- and state-dependent Lévy measure,
as well as infinite number of jumps per unit time (“infinite jump activity”).

Proposition 3 (Forward PIDE for jump diffusion model). Consider the price
process S whose dynamics under the pricing measure P is given by:

T T T +oo B
St = SO + / T(t)Stfdt + / St,o(t, Stf)dBt + / / Stf (ey - ].)N(dtdy)
0 0 0 —00
(27)
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where By is a Brownian motion and N a Poisson random measure on [0,T] x
R with compensator v(dz)dt, N the associated compensated random measure.

Assume:
o(.,.) is bounded (Hy)

fy>1 e?Yu(dy) < oo (HY)
Then the call option price
Cio(TK)=¢" Jigr(®) th]P[max(ST — K,0)|F,]

is a solution (in the sense of distributions) of the partial integro-differential
equation:

aCy,

Cr, , K2o(T.K)* 0°C,
aT

0K 2 OK?
+ / v(dz)e* [CtO(T, Ke™?)—Cy(T,K)— K(e™* —1)
R

=—r(TK

o0, 1 @)

0K

on [to, 00[Xx]0, oo with the initial condition: VK >0 Ci, (to, K) = (St, — K) 4.

Proof. We first note that, by replacing P by the conditional measure P r, given
Fo, we may replace the conditional expectation in (2) by an expectation with
respect to the marginal distribution p3.(dy) of S under Pz, T hus, without
loss of generality, we put ;5 = 0 in the sequel, consider the case where Fy only
contains null sets and we denote Cy(T, K) = C(T, K) for simplicity.

By (2) differentiating in the sense of distributions with respect to K, we get:

oC _ (T, °

S (T8 = = 50 | iay) (29)
9*C T,

Sica (Tdy) = e Jo 7 i (dy) (30)

In this particular case, m(t,dz) dt = v(dz) dt and v, is simply defined by:

JPodver [F_v(du) z<0

Yi(2) = () = { [ de e [Fu(du) 2> 0

Then (4) yields x¢,(2) = x(2) = ¥(2). Let now focus on the term

AN

16



n (5). Applying Lemma 1:

I, vam e (= (5))

/oo — [T r(t) dt S(dy)/[(yez —K)" —e*(y— K)T — K(e* — 1)1ys kylv(dz)

_ / / T r(t) dt S(dy)[( —Ke )" —(y—K)" - K(1 - 672)1y>K}] v(dz)

/omyﬁlz i (»(5))
= /Rez [C(T, Ke™*)-C(T,K)—K(e* — l)aK} v(dz)
This ends the proof. O

2.3 Pure jump processes

We now consider price processes with no Brownian component. Assumption
(H) then reduces to

T
E |exp (/0 dt/(ey —1)%m(t dy))] < 00 (Hsz)

and the forward equation for call option becomes

oC oC teo 92C K
S gl = [Tyg S, (n(2)) e

vT > 0,

It is convenient to use the change of variable: v = Iny,k = In K. Define,
c(k,T) = C(e*,T). Then one can write this PIDE as:

oc L sk ((O%c  dc
=+ (T)% = /_Oo e <8k2 - 8k> (T, dv) x7,0(k —v) (33)

where xr,, is defined by:

X10(2) = E[{r(2)|Sr- = ']

with:
F o drve” m(T,du) 2z<0
Ur(z) = f 2 If )
[ dx e [ m(T,du) z>0
In the case considered in [8], where the Lévy density my has a deterministic

separable form:
my (t,dz,y) dt = a(y,t) k(dz) dz dt (34)

17
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Equation (33) allows us to recover® equation (14) in [8]: (33) becomes

oc [ 2v—k) (20 d%c  Oc
S r(T)SE = / k(k — v)e2=F) (20, T) (akz - ak) d(v)

—00

where k is defined as the exponential double tail of k(u) du, i.e:

Fodr et [T k(u)du z<0
() 00 00
k(z) =

f;oodxe””f;ok(u)du z2>0

The right hand side can be written as a convolution of distributions:

Oc Oc 0%c  Oc
T + r(T)% = [ap(.) (8k:2 - ak)] *g where (35)
g(u) = e 2k(u) ar(u) = a(e®™,T) (36)

Therefore, it implies that from the knowledge of ¢(.,.) and a choice for x(.)
we can recover ar hence «f.,.). As noted by Carr et al. [8], this equation is
analogous to the Dupire formula for diffusions: it enables to “invert” the struc-
ture of the jumps-represented by a— from the cross-section of option prices.
Note that, like the Dupire formula, this inversion involves a double deconvolu-
tion/differentiation of ¢ which illustrates the ill-posedness of the inverse problem.

2.4 Time changed Lévy processes

Time changed Lévy processes were proposed in [7] in the context of option
pricing. Consider the price process S whose dynamics under the pricing measure
P is given by:

t
(ST = o ()t XT) X:=exp (L) T, = / Osds (37)
0

where L; is a Lévy process with characteristic triplet (b,02,v), N its jump
measure and (0;) is a locally bounded positive semimartingale. We assume L
and 6 are Fi-adapted.

X, = (e~ Jo "4t G} is a martingale under the pricing measure P if exp (L;) is
a martingale which requires the following condition on the characteristic triplet
of (Lt)I

1
R

Define the value Ci, (T, K) at time ¢y of the call option with expiry T > to and
strike K > 0 of the stock price (S;):

Cyo (T, K) = e~ Jo "0 4 EPlmax(Sy — K, 0)|Fy (39)

I'Note however that the equation given in [8] does not seem to be correct: it involves the
double tail of k(z) dz instead of the exponential double tail.

18



Proposition 4. Define
aft,x) = B0 X— = a]
and x the exponential double tail of v(du)

B fZodr e [T _v(du) 2<0
X(Z){ f+°od;v e [Fu(du) z>0 (40)

Then under assumption (H}), the call option price Cy, : (T, K) — Cy (T, K)
at date to, as a function of maturity and strike, is a solution (in the sense of
distributions) of the partial integro-differential equation:

oC 0C  K?a(T,K)o? 9°C

o7 = L E)KGE e

+ /0 CuiSmaara (X))

on [t,00[x]0, 00| with the initial condition: VK >0 Cy,(to, K) = (St, — K)+.

Proof. Using [4, Theorem 4], (L,) writes

Lr, — Lo+ Ji 0V/8:.dB, + [} b0,ds
+ fot 0, f|2|§1 zN(dsdz) + fot 0, f|z|>1 2N (dsdz)

where N is an integer-valued random measure with compensator v(dz) dt, N its
compensated random measure.
Applying the It6 formula yields

t
X, = X0+/ S{b& +2a2e}ds+/x _o+\/8, dB,

/X _0s /|<1 (dsdz) /X _0s /|>1 zN(dsdz)
/0 /RXS,HS(eZ —1—-2)N(dsdz)

Under assumption (H3), [(e* —1— z1},<1)r(dz) < oo, hence:

t
X, = X0—|—/ s— {b@ + 020 —|—/(6 —1—=z1<1)0s I/(dz] ds+/ X,_oV0dB,
R

+ //X 0.(¢* — 1)N(ds d2)

X0+/X U\FdB+//X _6,(e* —1)N(ds dz)
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and (S;) may be expressed as:

t t t
S, :so+/ Se_r(s) ds+/ Ss_aﬁst+/ /SS_Qs(ez—l)N(dsdz)
0 0 0 JR

(S;) is now in the suitable form (1) to apply Theorem 1, which yields the
result. 0

2.5 Index options in a multivariate jump-diffusion model

Consider a multivariate model with d assets:

T T T
Si. = S+ / r(t)Si_dt+ [ S;-8idW; + / Si-(e% — 1)N(dt dy)
0 0 0 R4

where §% is an adapted process taking values in R representing the volatility of
asset i, W is a d-dimensional Wiener process, N is a Poisson random measure
on [0,T] x R? with compensator v(dy)dt, N denotes its compensated random
measure.

The Wiener processes W are correlated: for all 1 < (i,5) < d, (W W), =
pi}jt, with Pij > 0 and p;; = 1.

An index is defined as a weighted sum of the asset prices:

d
It = Z U}ZSZ
i=1

The value C, (T, K) at time ¢y of an index call option with expiry T' > ¢y and
strike K > 0 is given by

O (T, K) = ¢ Jo ™ U B2 [mmax (I — K, 0)|F,y (42)

The following result generalizes the forward PDE studied by Avellaneda et al.
[3] for the diffusion case to a setting with jumps:

Theorem 2. Forward PIDE for index call options. Assume
VI'>0 E [exp (% fOT ||5t\|2dt>} < 00 (A1)
Jad WA Tl v(dy) < o0 a5, (Asz) (43)
Jiwi>1 AWly(dy) < 0o a.s. (Asp)

Let k(.,t,dy) be the random measure:

, w; SE_eYi 4 wgSe e¥
k(t, dy) :/ In <Zl§’§d‘1 ! i )u(dyhm ,dya—1,dy)
Ri-1—{0}

T,
and n(z) its exponential double tail:

) [ dr et [T k(t,du) z<0
n(z) = { [ dr e [ h(tdu) >0 (44)
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Define:

d

1 L
o(t,z) = 2 E HzlwiwjpijégégSLSL [I;- =z |; (45)
i,j=
Xty(2) = Efm(2) |- =y (46)

The index call price (T, K) — C¢ (T, K), as a function of maturity and strike,
is a solution (in the sense of distributions) of the partial integro-differential
equation:

oc oC  o(T,K)? 9°C oo 92C K
g1 = DK g+ P S+ [ vy (m ()
(47)

on [tg, 00[X]0, co[ with the initial condition: VK >0 Cy,(to, K) = (It, — K) 4.

Proof. (By)i>o defined by
Yo, Si_6idWi

P i o \?
(Zm‘ﬂ pij 0467 St—Sg—)

dBt =

is a continuous local martingale with quadratic variation ¢: by Lévy’s theorem,
B is a Brownian motion. Hence I may be decomposed as

d T T d 2
Ir =Y w;S;+ / ()1, dt + / > wiw;pi; 6161 S;_S]_ | dB,
i=1 0 0 \ij=1 (48)

T d
+/ / Zwﬁf_(eyi — 1)N(dt dy)
0 JRYG

The essential part of the proof consists in rewriting (I;) in the suitable form (1)
to apply Theorem 1.
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Applying the It formula to In (I1) yields:

T 1T & NP
IH(IT) = IH(I())‘F\/0 Kd1t+§A ItT_ i;Iwiwjpij 5;(5? 527557 dt

+ Z {ln (I + AlL) —In([-) — ItlAIt]

t<T

T d
1 i i o .
= ln (Io) + A ’l"(t) — ﬁ igz:l wiwjpij (5t(5§ SFS{_ dt
1

2

T d
1 i o .
+ /0 Iti Z W; Wy Pig Jtéi St_Sg_ dBt

ij=1

T M lcieqWiSi_eYi .
1<i<d Widi—
== — 1| N(dtd
i /O/R< I ) ()

T w; St e _w;St_eY:
B / / di<i<d t 1-In 2cica WiSi N(dt dy)
0o Jrd Ii- I

T d
1 S
In (Ip) + / (r(t) ~ 5 E ww;pi; 0407 Sy_S7_
0 t—

ij=1

o w;Si_eYi _w; Si_e¥
(Bt (Bt
t— t—

2

T d
1 L
+ /O - > wiw;pi; 661 S;_S]_ | dB,

i,j=1

T _w;StoeYi\
+ / / 1n<21<1<d ! )N(dtdy)
0 Rd It_

The last equality is obtained since
; iSi_evi i iSi_evi .
Ik (ZKde = _1-In <Zl<‘<dw i=C )) v(dy) < oo: using the convex-

Ii_ I

ity property of the logarithm ( one recalls that ), ., % = 1), and the
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Holder inequality:

) wiSi_eyi iSi
(Bemsie)| |- mst, “

1<i<d “tT
1/2
< DS wml | Y v =l Gy
1<i<d 1<i<d
(52)
hence the functions y — In W) and y — M are in-

tegrable with respect to v(dy) by assumptions (Agp) and (Agp). We furthermore

observe that
o w;St_eYi
In (ZKKCZ ! ) D v(dy) < oo a.s.

1A
T olin (Zlgigd w;Si_eYi
e
0 Jlyl>1

-)
f- v(dy)dt < oo a.s.
Similarly, since (Ag) and (Asgp), forall 1 <i <d, [ (e —1— 1, <1 ) v(dy) <
oo and In (S%) rewrites:

(53)

In(Sy) =1 (S + J (r(t) — 1092 — [7 (¥ — 1 =1, <1y ) v(dy) dt) dt
T8 AWE 4 [ fou vi N(dt dy)

Define the d-dimensional martingale W, = (W},--- , W' B,). For all 1 <
ivj < d— ]-7 <Wi7Wj>t = pi:jt;

d . .

i
(W*, B)y = - ) L 1/2
oy SEST Qi QJ
(Zi,j:l WiW; Py 5t5t Stfst7>
Define
o . p1.d—1 Zios st St
d— 7 o1 o N1/2
(S 1 wiwjpi; 6(6] 57_5]_)
@ _ a4 : . .
. _— i 31 wipa—1,;5{_8
L ~1d- 5l 51 51 1177
o o (3¢ =1 wiwspij 8167 Si_57_)
Sd_ w1 ;5_61 . =1 wipa—1,;57_8 1
75 o \1/2
(Sf =y wiwspi 6j6] si_s]_)" (5t s wiwgeig 8}5] si_s] )"

There exists a standard Brownian motion (Z;) such that W; = AZ; where A is
a d x d matrix verifying
0 ="4A.

23



Define X7 = (In(S%), - ,In(S4 1), In (I7));
1 d A

r(t) = 3(60)" =[5, (e =1 =) v(dy)

(Z1§i§d w;Si_eYi

fr= r(t) = 560712 — [ (91 — 1 — yarr) v(dy)
L . 0o ; wiS?_eyi
r() = s X wiwipis 0101 SEST — [, (2155% —1-In
and
Y1
vely) = Yd—1

In Zlgigd wisti— el
T,_

T T T
XT:X0+/ @dm/ 5tAdZt+/ i) N(dt dy)
0 0 0 R4

then (X7) may be expressed as:

Let us now compute the inverse ¢ of :
¢: [0,T] x QxR+~ R?
tw, (1, sya)  (Ge(w, )1, de(w,y)a)
For all ¢ in [0, T],for all y € R?
Dr(w, Ve (w,y)) = Ye(w, ¢e(w,y)) =y
Obviously, for 1 < ¢ < (d—1), (¢+(y))i = ;. For i = d:

ZlgigdwiSLe(d%(y))i
G(on)a = m( S

<Zl<i<d1 w; St_e¥ + wgSe elPr))a >
= In .

I

Hence:

Ply) = <y1 Yd—1,1n (eydlt — Dicicd-1 wiSfeyi>>
t = AN 1,

wdStd,
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Observe that t:(.,0) = 0, ¢ is predictable, and ¢;(w,.) is differentiable with
Jacobian matrix V, ¢ (y):

1 0 0 0
(vyd)t (y))ij = 0 . 1 0
eylwlsg_ eydflwd,lsf__l eYdI,
e¥lli_ —> 1 cicq1 wiS_eYi eVdl_ —3 cjcq1wiSi_e¥i  eYdli_ —3 i icqq wiS{_eVi

(1, v) satisfies [4, Assumption (H3)]: since (Agp), for all T and for all ¢ in [0, T,
T
EV [ A )l ) d
0 Jre

. 2
T icq WiS;_eY:
//1/\ yi+--+yi +n 2<icd Wi v(dy) dt
0o JRd I

IN

T
| [ anellP) v de < o
0 Jre
Define vy, the image of v by ¢:
VA € BRY—{0}) vg(w,t, A) = v(d:(w, A)) (59)
Applying [4, Lemma 2], X7 may be expressed as:

T T T _
XT:X0+/ ﬂth/ 5tdZt+/ /yM(dtdy)
0 0 0

where M is an integer-valued random measure (resp. M its compensated ran-
dom measure) with compensator

p(wsdt dy) = m(t, dy;w) dt

defined via its density with respect to v4:

—1
wiSi_ <w) eYi—Ya ) (60)

dp
@(W’t?y) =|1- Z It,(w)

1<i<d—1

Considering now the d-th component of X, one obtains the semimartingale
decomposition of In (I;):

1
217

In(lr) = 1n(10)+/0T (r(t) |

d
is] Qi QJ
W; Wy Pig 5t5t St—St—
Jj=1

1,)=

g WiSi_evi g WiSi_evi
_/ (Zlgzgi t - <Z1§1§(} t )) V(dy)) gt
t— t—

1
T d U U T ~
+ /O o > wiwipi; 6167 S;_ ST | dBy+ /O / y K (dt dy)

i,5=1
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where K is an integer-valued random measure on [0,7] x R with compensator
k(t,dy) dt defined by: VB € B(R — {0}),

k(t, B) = u(t,R¥! x B) (61)

and K its compensated random measure. Therefore

Nl

T T( d S T -
IT = Io+/ T(t)]t_ dt+/ Z W;Wj Pi5 (525% SZ_S]?_ dBt+/ / (By — ].) It_K(dt dy)
0 0 0 R4

ij=1

The volatility of I; satisfies for all ¢ in [0, T,

>4 _ wiw;pij 0167 Si_ ST d i
%,J i < Z Pij 5t5f
i— ij=1
and ;
Di<ica WiSi_e”
m( st <yl
Hence:
d isi gi i
LT w80 SLSL T
5/ L=t lezj B dt+/ (¥ = 1)%k(t, dy) dt
0 t— 0
d isi Qi QJ
1T o wiwypi 0167 i S dt
2/ Iz
. 2
T S cicar WiSi_eYi +wgSEe¥
+ //d< 1sisd—] Itt T 1) wldyr, dya-r,dy) dt
o Jr -

d T
1 o
< 5Dl P+ /O /Rd(e”y“ —1)2u(dy1, -, dyg—1,dy) dt

i,j=1

Using assumptions (Ayp), (A2p) and (Asp), the last inequality implies that (1)
satisfies (H). Hence (I;) is now in a suitable form to apply Theorem 1, which
yields the result. We leave the end of the proof to the reader. O

2.6 Forward equations for CDO pricing

Portfolio credit derivatives such as CDOs or index default swaps are derivatives
whose payoff depends on the total loss L; due to defaults in a reference portfolio
of obligors. Reduced-form top-down models of portfolio default risk [19, 20, 30,
10, 31] represent the default losses of a portfolio as a marked point process
(L¢)t>0 where the jump times represents credit events in the portfolio and the
jump sizes AL; represent the portfolio loss upon a default event. Marked point
processes with random intensities are increasingly used as ingredients in such
models [19, 20, 25, 30, 31].
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In all such models the loss process (represented as a fraction of the portfolio
notional) may be represented as

t el
L= / / x M(dsdx)
o Jo

where M (dt dz) is an integer-valued random measure whose compensator u(dt de; w) =
m(t,dr;w) dt has finite mass

M) = [ it i)

N; represents the number of defaults and A represents the default intensity i.e.
the (random) jump intensity of the point process Ny = M ([0,¢] x [0, 1]). Denote
by T7 < T < .. the jump times of N. The marked point process L may also be

represented as
Ny
Li=> 7
k=1

where the “mark” Z; taking values in [0, 1] is distributed according to

mx (t, dz; w)

Fi(dz;w) = @)

Note that the percentage loss L; belongs to [0,1], so AL; € [0,1— L;_]. For the
equity tranche [0, K|, we define the expected tranche notional at maturity T as

Cio (T, K) = E[(K — Lt)+|F%,] (62)

As noted in [10], the prices of portfolio credit derivatives such as CDO tranches
only depend on the loss process through the expected tranche notionals. There-
fore, if one is able to compute Cy, (T, K) then one is able to compute the values
of all CDO tranches at date ty. In the case of a loss process with constant loss
increment, Cont and Savescu [11] derived a forward equation for the expected
tranche notional. The following result generalizes the forward equation derived
by Cont and Savescu [11] to a more general setting which allows for random,
dependent loss sizes and possible dependence between the loss given default and
the default intensity:

Proposition 5 (Forward equation for expected tranche notionals). Define the
integer-valued random measure My (dt dy) with compensator my (t,dy,Y;_)dt
defined by :

VA€ B([Oa 1])v mY(taAa Z) = E[mx(t, A, ')|Lt— = Z] (63)

and the effective default intensity

1—2
At 2) = / my (£, dy, 2) (64)

0
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The expected tranche notional (T, K) — Cy, (T, K), as a function of maturity
and strike, is a solution of the partial integro-differential equation:

oc (K oC

ar ), OK?

K-y
(T, dy) VO (K —y—z)my (T, dz,y) — (K —y)\¥ (T, y)

(65)
on [to, 00[x]0, 1[ with the initial condition:
VK € [O, 1] Cto(t(),K) = (Lto - K)+

Proof. By replacing P by the conditional measure Pz, given Fy, we may re-
place the conditional expectation in (62) by an expectation with respect to the
marginal distribution pr(dy) of Ly under P, Fio Thus, without loss of general-
ity, we put tg = 0 in the sequel and consider the case where Fy only contains null
sets. Observe that the definition of my consists in defining the compensator of
the mimicking process of Ly.

Define the operator Hr as follows: for f in C§°([0,1]),

Hrf(y) = / Ut 2) - )y (T, dzy)

Applying [4, Theorem 4] leads to the Kolmogorov forward equation for ((L¢), Pz, ):

dpr
— = Hx.
5T T-PT,

where H% is the L?-adjoint of Hy. Hence for y — (K —y)™

-t = VI —y— 2 — (K — ) my (T dz.y)
1-y
- /0 (5 — g~ g yony — (K — )1k yo0ymy (T, dz,y)
K >y,
K-y 1—y
Hy (K —y)t = / (K —y—2)— (K —y)] my<T,dz,y>+/K? (0 — (K — )] my (T, dz. )

1-y K-y
/ my (T, dz,y) — / my (T, day)}
0 0

K-y
- —/0 (K —y — 2) my (T, dz,y) — (K — )Y (T, )

K-y
= —/0 zmy (T,dz,y) — (K —y)

For K <y, Hp.(K —y)™ = 0. (62) can be expressed as

1
(T, K) = / (K — )" pr(dy) (66)
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By differentiating with respect to K, we get

o= [ prlan)  SST ) = prlay)
N USTA
= / (K —y)" Hy.pr(dy) =/ pr(dy) Hr. (K —y)"
0 0
K K—y
= —/ pr(dy) V (K —y—2)my (T, dz,y) — (K —y)\" (T, y)
0 0
Then
oc (K oC

K-y
87 = - 0 M(Tvdy) [/O (K —Y—- Z) mY(T’ dz,y) - (K - y))‘Y(T7 y)

O

In [11], loss given default (i.e. the jump size of L) is assumed constant
0 = (1 — R)/n: the marks Zj, are then deterministic and equal to 6 : Ly = 6Ny
and one can compute C(T, K) using the law of N;. Setting ¢y = 0 and assuming
as above that F;, only contains null sets,

SC(T) = C(T, K) = E[(K — Ly)*] = E[(ké — Lr)*] = SE[(k — Nr)*] (67)

The compensator of L; is \; €5(dz) dt, where €5(dz) is the point mass at the point
0. The effective compensator becomes: my (t,dz,y) = E[M\|Li— = y] e5(dz) dt =
\Y (t,y) es(dz) and the effective default intensity is A\Y (t,y) = E[\|Li— = y].

If we set y = jd then : A\Y (t,j6) = E[\|Li— = j0] = E[\|Ni— = j] = a;(t)
and p(dy) = >_7_ ¢j(t)ejs(dy) with the notations in [11].
Let us focus on (65) in this case. We recall from the proof of Proposition 5 that:

1

oC
pr(dy) Hr. (k6 —y)*

pr(dy) / RSy — ) — (k6 — )TN (Toy) e(d2)
pr(dy) N (T, y) [(kd —y — 8)T — (k6 — ) "] Ls<1_y

n

= =0y q;(T)a;(T) Lj<p (68)
§=0

I
o— — —
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This expression can be simplified as in [11, Proposition 2], leading to the forward

equation
k—2
8C;T(T) = ap(T)Cr_1(T) — ap_1(T)CW(T) =Y  C;(T)[aj1(T) — 2a;(T) + aj_1(T)]

N

—2

= [a(T) = ax—r(T)]Crr(T) = Y _(V?a);C5(T) = a—1(T)[Ci(T) = Cr—r(T)]

1

J

Hence we recover [11, Proposition 2] as a special case of Proposition 5.
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