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Abstract

We presente a new method for signal restoration/quantization based on diffusion reaction model with
memory term. We prove that the model is stable, with the existence and uniqueness results. We also
propose a numerical approximation that we prove the convergence and present some experiments on
noisy signals.
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1 Introduction

In recent years, partial differential equations have became a useful framework for signal restoration. Since
the pioneerning works of Witkin [14] and Malik and Perona [11], signal restoration has profited of a great
deal of ideas and advancements using partial differential equations tools.

The classical method to quantify a signal ug into a certain values Viy = {A1, Az, ..., An} is to considere
a potential function H(s) satisfying H(+o00) = H(—00) = 400 having {)\;} as local minimas and to solve
the minimum problem : “min W (u) = [ H(u)dz”, with u = ug as initial data. The minimum is interpreted
as the stady state of the following ordinary differential equation :

0

5= —hw ul,0)=u, 1)
where h = H’. In the practice, the set of the values Vy depends on the initial data ug and the classical
method to fixe Vv is given by Lloyd [10] which consists to estimate the quadratic error of uwg with respect
to Vv by minimizing the following energy :

N Bit+1
E(VyUWy) =Y / (= A)2dF(N),



where f(A) = P(uo(s) < A) is the the probability distribution assosiated to the signal ug, and Wy =
Bo, ..., BN+1 represents the set of separator such that ; < A\ < Bi41. Alvarez and Esclarin [1] have
improved the Lloyd’s method by the introduction of two terms in the energy F(Vy) in ordre to penalize
quatization values for being too close. They propose the folowing :

N Bit1
E(VNUWy) = Z/ A= X)2df(N) + C1(Bir1 — Bi)~F + Co2(Bi + Big1 — 2)\)3,
i=1 "B

where C1,Cy are positif constants. The first added term mean that |8;11 — ;] must be sufficiently large
and the last term that 8; and (;41 are symmetrical with respect to A;. This improvement removes some
nonuniqueness problems that can appear when the Lloyd energy is used.

Since generaly signals are noisy, me must include a denoising process in the diffusion equation (1). This
process must avoiding all introduction of blur effect or any other artifact in order to to preserve the local
tendancy of the initial signal. In this sens one of the most popular model arising in signal and image
restoration hase been proposed by Malik and Perona [11] by the following partial differential equation :

O~ v (g Py u(0) = o 2
where ¢ is a smooth non-increasing positive function with g(0) = 1 and sg(s?) — 0 at infinity. The idea
of the equation (2) is that the restoration process obtained is conditional in the sens where : if |u/(z)| is
large then g(|u’|?) ~ 0 and the diffusion will be stoppped and if |u/(x)| is small then g(Ju’|?) ~ 1 and the
diffusion will tend to smooth around z as the isotropic heat equation. This model (2) has been considered
as an important improvement of the signal restoration and the edge detection theory [12].

Unfortunately, the Malik and Perona model is ill posed. Indeed, by writing the equation in the form :

= (ol )+ 2l ()

we observe that the diffusion is inverted in the regions where || is large and the process can be interpreted
as a backward heat equation which is known to be ill posed. The ill posedness means that very close initial
signals could produce divergent solutions [7].

and at understanding whether (2) can be given a ”well-posedness” theory. We can refer to the papers of
Kawohl and Kutev [8] and Kichenassamy [9] in which we find the confirmation that in general case, we have
non existence of a weak solution and non uniqueness results.

The most interesting approach is to slightly modify the equation (2) by putting a regularized term in
place of |u/|? in order to have a well-posed equation. There are essentially two propositions which we consider
as a "direct derivation” from the Malik-Perona Model. The first, proposed by Catté, Lions, Morel and Coll,
consists of special regularization

whereby |u/|? is replaced by |p * u’|?, where p is a smooth kernel, for example p = G, a Gaussian with
variance o. This term play an important role to reduce the noise by estimating of the variance o (see [14]).
In [5], the well posedness of the model is proved. The second proposition is time-delay regularization, where
one replaces |u’|? by an average of its values from 0 to ¢. The idea of Nitzberg and Shiota [13] is to use an
exponential kernel such that |u/|? is replaced by :

/|2

t
v(z,t) = e tug(x) —|—/ eI/ (2, 5)|? ds,
0

where v is an initial data (for example vy = |uf|?). The avantage of this model is to make the inhibition
term v ”less sensible” with respect to the variation of the scale ¢, and then the diffusion process is more
stable then (2). In [2] the author of the present paper have shown that this model, in any dimension, admits
a unique classical solution (u,v) which can blow up in finite time, and with A. Chambolle [3], we study it
from a numerical viewpoint (after a slight change). Unfortunately this model, as the Malik-Perona equation,
is enable to reduce noise with large slop.



For this raisons our choice is to define v as a combination of the above two regularization types by the
following :

t
v(z,t) = e |p*up)(z) +/ e pxu (z, 5)|? ds. (3)
0
that we associate to the denoising/quantization equation :

20 (o))~ 0(1)h(w)

where the term (g(v)u')" is as Malik et Perona, v is given by (3), h is a quantization function and 6(¢) is a
function that performs a balance between denoising and quatization. The goal of the introduction of this
parameter, 6(t), is to favorise the denoising process for small scales by the inhibition of the quantization
function h(u). The principal motivation is to avoid that the quatization effect enhance the noise before that
the denoising process reduces it. For example by choosing 6(t) ~ 0 for small ¢ and 6(t) ~ 1 if ¢ is large.
Therefore, the proposed diffusion-reaction process is described by the system :

% = (gw)) = 0®)h(w),  u(-0) = u, 4)
% P v(-,0) = [p up|>. (5)

This paper is organized as follows : In section 2.1 we prove the consistency and the stability of the model.
In section 2.2 we construct an iterative scheme that we considere as numerical approximation of (4)-(5) and
we prove the convergence. Finally, in the section 3, we present a discretization of the model and in section
4 we show some experiments on noisy signals.

To close this section let us note that, in the image processing context, there exists some efficient methods
[1, 6] using the diffusion reaction process that perform image quantization. The adaptation of this methods
into signal processing (dimension one) is not “clear” since they use 2D-geometric arguments. Indeed, Cottet
and Germain propose a diffusion tensor [6] using the projection of the gradient in an “appriori estimate” of
its orthogonal direction, and Alvarez and Esclarin [1] use the mean curvature motion as denoising operator.
As we know these operators make a sens only if the dimension is strictly higher then one.

2 Mathematical and numerical analysis

Let T < 0o and Qp :=]0, 1[x]0, T'[. In this section we study and approximate numerically the system :

ou

il (g(v)u) —0(t)h(u) in Qr, u(-,0) =wuy on]0,1[, «'(0)=1u'(1)=0, (6)
% = |p xul* —v in Qr, v(-,0) =wvy on |0,1]. (7)

The function g is as the Malik and Perona Model and we choose : g(s) = (1 + s)_l. h is assumed to be
continous and Lipschitz function satisfying h(s) = s— M if s > M and h(s) =s— M if s <m, with m = X\
and M = Ay (see figure 1). 6(¢) is a continous positif function such that 0 < 0(t) < 1. p is a positif relguar
kernel, for instance a gaussian with variance o > 0. In the term |p’ * u|, u(-,t) is assumed be extended
linearly and continously in all R.

2.1 Consistency and stability of the model
Theorem 1. Let T' > 0 and (ug,vo) € (H'(0, 1))2.

(i) There exists a unique weak solution (u,v) € (HY(Qr) N LOO(QT))2 of system (6)-(7).



Figure 1: The potential function H and its derivative.

(i) w satisfys the mazimum principle :

min{m, minup} < u(z,t) < max{M,maxup} a.e. in Qr. (8)

(iii) Let (u,v) a solution of system (6)-(7) with an other initial that (uo,vo) € (H(0, 1))2. Then there
exists a constant C which depends only on |volloo, |%oloo, [|Tolloos p5 g, b and T such that

(-, t) =, t)||2L2(0,1) < C(lluo - ﬂ0||2L2(0,1) + [lvo — 50||2Loo(071))-

PROOF : The existence part is given in the section (2.2) and the uniqueness is a consequence of (ii1).

First we prove the maximum principle (8) by using the truncation Stampacchia method [4]. Let ¢ €
C*(R) a bounded function such that 1’ > 0 on ]0, +oo[, ¥ = 0 on | — 00, 0[, and ¥ the primitive of 1 such
that ¥(0) = 0. Define K = max{maxug, M} and ¢(t) = fol U(u(z,t) — K)dx. We easily prove that ¢ is
positive function, belonging in C/([0, +-00[; RT) N C1((0, +oo[; RT), ¢(0) = 0 and

! ou
00 = [ vty -0F
= — [ ¥(u(z,t) - K)g(v)|/ (,t)* dz — 9(75)/ P(ule,t) — K)h(u(z, 1)) dx
0 0
< 6(t) ; Y(u(z,t) — K)(u(z,t) — K — h(u(z,t))) de — H(t)/o Y(u(z,t) — K)(u(z,t) — K) dz.

Since we have s — K — h(s) < s— M — h(s) <0 and si(s) > 0 we deduce that ¢’ <0 in ]0, 1], consequently
¢ = 0. Thus for all ¢ > 0 we have u(-,t) < K a.e. in |0, 1].

As consequence of (8), v is bounded in L>°(Qr) and we have [v[|fe(0,) < max(||lvo| e (0,1 C||u||%oo(QT)).
(To simplify the notations, we denote by C' all constant depending only on ||vg]|sc, |tuo|os [[Tolso, £5 g, h and
T.) We also deduce that u is bounded in L?(0,T; H'(0,1)). Indeed, multiplying (6) by u and integrating on
10, 1], we get

1d 2 /1 T /1
wl|7 2 g)|u'|*dx —0(t h(u)udz.
B t” Iz (0,1) ) ()| (t) ) ()

Then by integration on [0, 7] and using the fact that 0 < g(|v||L=(0.)) < g(v) and 0(t)|h(u)u| < Clul L~ (g,
we obtain
[0/1Z2 (@) < ClluolZz0,1y = Iuls DIZ20,1) + Cllullz(@r)) < CllullL(qr)-



Now we prove the stability claim (ii¢). Denote F = u —u and W = v — . Then we easily write

92 _ (4o’ = (o) — )Y — 00)(ht0) (). ®

Multiplying (9) by E and integrating on |0, 1],

IN

1
IWLee 0,0l 20,0 1 E | 22¢0,1) — 9(75)/0 (h(u) — h(w))E dz,

1,1
( IWIZ e 0,0y 14/132(0,1) + CIE 1 2(0,1)) + CIEN72 (0,1

2 o ||E||L2(o nt C”E/”L2 0,1)

IN

Then we obtain the inequality :

||E||L2 o1 = ||W||L°°(O Wl1Z20.1) + CIEIZ2(0,1)- (10)

In other hand we have

(WI(,t)

IN

||Wo||Lm<01>+|/ (0w ulrs) +  # T, ) (0 % ul8) — o #T( 5)) d]

IN

t
IWollLo(0,1) + Clu + @l Lo 0,7:02(0,1) /O IE(, 8)]L2(0,1) ds-

Using the last inequality and the fact that u,u,u’ are in L?(Qr) and after integrating (10) over [0, 1], we
can write it in the form :

t 2 t
B O < 1l +C(Walmon + € [ 1EC o ds) +C [ 1BC ) ds
Then by the inequalities (z +y)? < 3/2(2% + y?) and ([ | f|dz)?> < C [|f|*dx we obtain :
1EC, )72,y < 1Eol72(0,1) + CIWol 7 (0,1) + C/ 1B, $)1Z2(0,1)

This implies, using gronwall’s Lemma, that

1£(, )”L2 0,1) (”EO”L2 o T ||W0||L°°(O 1))

which is the desired estimate.(J

2.2 Numerical approximation

For all fixed 6 > 0, we define the sequence (u(s,5), V(5,n))n Dy the following interative scheme :

2
(w(5,0) v(5,0)) = (w0, v0) € (H'(0,1))7, vg 20, (11)
U(s,n+1) — U(5n) / ’ 4 /
—— = (9En)uni) — 0m0)h(uem), U4 (0) = U npn (1) =0, (12)
w = [P *ugnin* = VG- (13)

First remark that if we have 0 < v(s5,,) € L>°(0,1) then the equation (12) is strictly elliptic and we know
that there exists a unique solution u(s 1) in H 1(0,1) given by the following minimum problem :

. 1 1 1
U5 ny1) = ATgMIN,, ¢ 1o 1) {/0 9(vs,m) W' dx + %/0 lw — ugs,m)l? do + 9(n5)/0 H(w) da:} . (14)

Therefore u (s 1) satisfys the maximum principle given by the following lemma :



Lemma 1. Assume that 0 < v(s,) € L>(0,1) and dsup |h'| < 1, then we have :
min{m, min us )} < U pe1) < max{ M, maxug )} (15)

Remarks 1. Since 0 < vy € L*°(0,1) and using Lemma 1, its clear that u; € L*°(0,1). In other hand
equation (13) allows to write vy explicitly as linear combinaison of |p’ * ui|*> and vg, then we easily obtain
that 0 < v; < max(C, ||ul||2Lm(071)7 lvollLoe(0,1)). Therefore, by induction we deduce that 0 < v(s,) € L>(0,1)
for all n, and consequently Lemma 1 holds for all n. It follows that :

min{m, minug} < us,,) < max{M, maxug}. (16)

PROOF OF LEMMA 1. Let 9 as in the proof of Theorem 1 and define 3, = max{supus ), M}. Multi-
plying by 9 (u(s,n41) — Bn) the equation (12) and integrating on 0, 1[ we get

1 1 1
5/0 (U(sn41) = weEn) )Y (UG 1) — Bu)dr = —/0 905 15 i1y PO (W(s,mr1) — Bn) d

1
- e(nd)/o h(u(é,n))dj(u(é,n—kl) _ﬁn) dx

After simple calculus we obtain :

1
/0( Gnt1) — Bn)Y(Us g1y — Bn) dr = —5/ V)W gy |20 (W mr1y = Bn) da

4 /0 (s — 008 (ts.my) — Bo)b(uigmss) — B) da

Remark that the inequality 0 sup |h/| < 1 implies that s — s — §0(nd)h(s) is a non decreasing function, and
since we have h(s) > 0 if s > M, we obtain u(s ) — d0(nd)h(u(sn)) < Bn — 60(nd)h(Bn) < Bn. Thus

1
/ (u(é,nJrl) - ﬁn)¢(u(6,n+l) - ﬁn) dx <0.
0

Using the fact that si(s) is a positive function we obtain that (u(s,+1) — Bn)¥(Usne1) — Bn) = 0 a.e. in
10, 1[. Then w(s 41y < By a.e. in ]0, 1.

With the same arguments, we prove the ”inf” part by using ¢(a, —u(s,5,+1)) Where o, = min{inf U(s,n)» m}
and since (s ,41 is continuous in [0, 1] (H'(0,1) € C([0,1])), we can replace ”sup” by "max” and "inf” by
"min”. [J

We define the piecewise constant (in time) interpolations ([-] denotes the integer part) us(z,t) = w(s t/5141) (%),
vs(x,t) = v(s,u/s41)(x) and O5(t) = O(([t/d] + 1)) and the piecewise affine interpolations us(x,t) =
(L =n)ugs /6 (€) +nucs,e5+1) (@) and Vs (@, 1) = (1—=n)v(s /6] (€) +00(s t/8)+1) (€), where (n =1t/6—[t/d] €
[0,1)). Then the discrete system (12)-(13) can be written in the form (779 is defined by 77 °f(-,t) =
f('a t— 6))

o
T~ (gl — (700D s). 5(0.1) = (1) =0, a)
o5

% = |p xus)® — vs. (18)

The main result of this section is the following theorem:

Theorem 2. Let T > 0. There ezists (u,v) a weak solution of the system (6)-(7) in (H*(Qr) N L"O(QT))2
such that, we have the convergences, as § — 0:

Us,us — U strongly in L*(0,T; H*(0,1)), (19)
Vs, 05 — U strongly in L*(0,T; H*(0,1)), (20)
(us,vs) — (u,v) weakly in H (Qr). (21)

The proof of this theorem will be given in section 2.3.



2.3 A priori estimates and convergence

Lemma 2. The sequence (uf) is bounded in L*(Qr) and we have :
/ usl? dedt < (1+ JvollL=(o,1)) (lwolZ2(0,1) + 2T 1Al oe () lus ] o= (@r))-
T

where I = [min{m, min ug}, max{M, maxug}].

PROOF : Multiplying equation (12) by w(s5,41) and integrating on ]0, 1], we get
1 1 1
[3 |U(5)n+1)|2 = —5/0 g(v([g,n))|u’(5)n+1)|2da} +/0 (U(&n) - 50(n5)h(u(5,n)))U(l;’nJrl)da:,

1
< / (U((;)n) — 59(n5)h(u(5,n)))u((g,n_‘_l)dx.
0
Then using Holder inequality its clear that we obtain

lu(smr1)lLe < llugsn) — 00(nd)h(wen)llL2,

and

A

1
/O e ds < lugmlzelun — 80(n6)h(ugsm)l Lz

IN

lues,ml7z + 0lugsm 2R (usn))lze.

Therefore we can write, using (22)

1
5/0 9@ i de < Juemlie = lu@ninlze + 81h(uen) ez (lue iz + lueninlc:),

and we obtain for all ¢ € (0,7)

¢ S[t/s] 1 ¢ 1
// |us|? deds = / / |us|? da:ds—i—/ / |ujs|? dx ds
0Jo 0 0 s[t/8) Jo

6[1&/6] 1 1 9 t 1 1 9
1 oo N2 da d N2 da d
(1+ sl >(/0 / s s+/W/O s dods)
t — 6[t/8)

IN

IN

t
I s (1 sl + ) ds).

Finally, since 6[t/d] <t < §([t/d] + 1), we obtain for all ¢t € (0,T)

tpl t
L sl dat < 1t st (Ruolsony + [ W u0)les (17~ uslis + fuslo2)ds).
This prove the Lemma.[]

For simplicity, we introduce the notations :

(22)

(1 + [lvs ||L°°)((||U0||%2 — s ieopl72) + T(Hu(é,[t/s])ﬂiz = llugs,ie/s1+1) L2

1 1 1
1
Ay ::/0 ﬁl%,z)lzd% Bk, ¢=/O |us k) — upl? do and 0n=9(n5)/0 H(un) de, (24)

1T+ v,
and remark that the minimum problem (14) allows to obtain :

1
%B(n,nJrl) < (A(mn) - A(n7n+1)) + (Cn - On+1)-

(25)



Lemma 3. The following assertions holds :

(i) (905/0t) is uniformly bounded in L°°(Qr), and we have :

00
1%2] .. < max(Cpluslimuy Poslim@n): 26)

L>=(Qr)
(ii) (us) is uniformly bounded in H* (QT) and satisfies the inequality

%, +| %]

1
< 2(Jub 2 o) sl +00) [ Hw)ds). )

L2(Qr) L>(Qr)
(iii) (vs) is uniformly bounded in L>(0,T; H*(0,1)) and we have
W5l o0, 7):22(0,1)) < CT |us) Lo (@) luslLos ((0,7);22(0,1)) + V0] £2(0,1), (28)

with C = |p'|| Lo 0,1)[p" | L= (0,1)-

PROOF : Since vs > 0 its clear that —vs < 905/0t < |p’ * us|* in Qr from which we easily deduce (26).
To prove (i) we use the notations (24) and inequality (25), then we can write (we denote o7 = T'/5—[T'/4])

o\ 2 3[T/d]
// (%) dt dz / / 8“‘* dt dz +/ / 8“5 dt dz
L~ \ Ot 5[T/6)

/o1
= Z Bnn+1)+5T S ([T/8],[T/6]+1)
n=0
(/51
< 2 Y A = Apnrn) + 01 (Agrsay sy — Aqryanirrasn))  (29)
n=0
[r/5]-1
+ 2( > (Cn—Cn+1)+5T(C{T/6]—C[T/s1+1))~ (30)
n=0

To estimate (29), we use the fact that A ) >0 and 0 < 7 < 1, and we write

(T/6]—1
> (Am) — Agmsy) + 67 (Aol zye) — Aqrysliz/si+n))
n=0
(T/8]-1
= Apo+ D (Amm = Aw-1.m) — Aqzye-viz/s) + 00 (Aqre) irye) — Azyslr/s+1)
n=1
(r/8)-1
< Apoy+ Y, (Awm) — Am-1m) + (Aqyeizye) — Aqrsa-1iz/e))
n=1
8’05
< Wblan + | By | o 6122000

LOO
and to estimate (30), we use the fact that C,, > 0 and we write

[T/8]-1
> (Co—=Copa) + (T/5=1[T/8])(Cirss) — Crryair1) = Co— Crrys) + 01 (Crrye) — Crrys)

n=0
< Cy.

Then we obtain (27) by replacing the two last inequalities in (29) and (30).



To prove (#ii), we derive equation (13) and obtain

1

6 99
Vsmt1) = 1—+52(Pl *UGn1) (07 * Uon+) T 750

Then by using the L? norm, we get

s nanlz20,1) < H_(SCHWHLoo @) llw@ 1l + 14_5||U smyllz20,1)-
with C = [ p'[ o 0,1)l” | Lo (0,1)-Then by induction we get for all n

CluslL=(@r) ~ 1 \n— 1
||Uzts,n)||L2(o,1) < T&T; (m) 5||U5J||L2(O 1)+ (1+5) ”U(/J”LQ(OJ)

IN

Clusl L@y Y dlue.pllz2o.1) + 106l 20.1)
j=1

from which we easily deduce (28).00

PROOF OF THEOREM 2. According to the lemma 1, 2 and 3 we know that there exists two subsequences
still denoted by (us), (s) (resp. (vs), (Vs)), and a function u (resp. v) € HY(Q7) N L>®(Qr) such that
Us,us — u (resp. Us,vs — v) strongly in L?(Qr), weakly in L?(0,T; H'(0,1)) and %5 — u (resp. 05 — v)
weakly in H'(Qr). We can also assume that up a subsequence we have that (us) and (77%us) — u a.e. in

Qr (resp. (vs) and (77%vs5) — v a.e. in Q7). L
Now Multipying the equation (17) by ¢ € C*°(Qr) and integrating the result in Q7, we get

/ 5¢al dt = // u‘i : dxdt—l—// 69 h(t™ u)(bdxdt
5) )
0Jo Ot 0 L+7-

Using the weak convergence dts/0t — du/0t in L?(Qr), we obtain

// %gbda:dt // —(bdxdt as 0 — 0.

Combining the weak convergence uf — v/ in L*(Qr) with the strong convergence (1 + 7 "vs)~1¢/ —
(1+v)71¢' in L?(Q7) (this convergence is obtained by using the Lebesgue Theorem), we deduce that

T r1 !l T r1 IPY;
// u‘;iadxdt — // u'e dxdt as 6 — 0.
0Jo 1+ 7% 0Jo 14w

Since we have (77%05(t))h(77%u) — O(t)h(u) a.e. in Qr and [(77°05(t))h(r7%u)¢| < |hl|so|d] € L2(Qr), its

also clear that —
// (77%05(t))h(r 0w dtdr  — // O(t)h(u)pdtdr as § — 0.
0Jo

/OT/Ol%¢dxdt // e dxdt—l—// O(t)h(u)¢ dtdz. (31)

which mains that u is a weak solution of (6) and since we know that p’ * us uniformly converges to p’ * u in
Qr, we also deduce that v is a solution of (7).

Finally, by uniqueness of the solution (u,v) of the system (6)-(7), we know that the whole sequence
(us,vs) weakly converges in L2(0,T; H'(0,1))? to (u,v).0

Then we obtain




3 Discretization

First we describe how we discretize the coupled system (12)-(13). We denote by u (resp. v}*) the approx-
imation of u (resp. v) at point (¢h) (0 < i < N) and time ¢t = nJ, where the size of the initial signal ug is
aqual to N and h = 1/N. Using the classical finite-differences, we write the approximation of (g(v)u’)" at
point ih and at scale t = (n 4 1) 4 by:

5 (e ! = ) = (gl (! = i),

Then the equation (12) becomes:

U?Jrl — U;L 1 n n n n n n n
5 = ﬁ((g(vi )(%:11 - “iH)) - (9(%41)(“1Jrl - Uljf))) — 0(nd) h(ug'), (32)
with the Neumann boundary condition ugH =u?* and u?fr_ll = u%“. Rearranging the right hand side of
(32), we get
un+1 _ un
h? (f + 0(nd) h(u?)) AW =0, (33)

where the matrix A(v") is tridiagonal and positive defined. By classical arguments we know that [I +
Sh=2A(v")] is invertible. The discretization of (13) is written by :

1
vt = 1—+5(5h72|(Pl xu”)i|? +of!).

4 Experiments

Figure 2 shows a noisy signal and its quantized version by different models. The original signal 2-(a) is
piecewise constant taking the values m = Ay = 50, Ao = 100, A3 = 150, M = A4 = 200 and the signal 2-(b) is
obtained by adding a gaussian noise with variance 20% to the signal 2-(a). We then construct the function
h by using the values {\;} as indicated in the begining of the section 2 (see also figure 1), by :

xr — )\1 if x S )\1,
ha) = al(@ =A@ = M) + (0 = A)P@ = X)) i @ € [ A,
T — )\4 if Z )\4,

where a > 0 is choosen such that §sup |h'| < 1, here we use § = 0.1. The signal 2-(¢) is obtained without
denoising process by using only the evolution equation du/dt = —h(u). As we remark, in this case, the
quantization enhance the noise since the attraction of the value of the signal at a point # depends only on
min; |A; — up(z)| and not on the local analysis of the signal. The signal 2-(d) is obtained with Laplacian
as denoising process du/dt = Au — h(u). In this case we observe that the regularization effect of the heat
equation combined with the quantization function creat a sort of staircase in the slopes going from \; into
Airr with |k| > 2, for example around z = 100. In the signal (e), we clearly remark that our model (used
with 6(¢) = 1 for all ) performs the required quantization. All the experiments have been done at scale
o = 100 which correponds to the evolution time ¢ = 5000 (t = 0.502).

In figure 3 we show the evolution steps with our model of the piecewise signal 2-(a) where 50% of gaussian
noise is added. In this experiments we have used 6(t) = (¢/7)2. This choice clearly favorise the denoising
process for small scales as we remark in the figures 3-(b) at ¢t = 10, 3-(¢) at t = 25 and 3-(d) at ¢t = 50, and
yields a quantized signal 3-(f) at t = T.
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